Aligning public and private incentives for

development: essays on tax and investment

policy

Priya Manwaring

Trinity College
University of Oxford

A thesis submitted for the degree of

Doctor of Philosophy in Economics

September 2025



Some of the content originally presented here cannot be made
freely available via ORA at this time, as it is pending publication.

Aligning public and private incentives for development:

essays on tax and investment policy

Priya Manwaring

University of Oxford

September 2025

Abstract

This thesis consists of three empirical essays on tax and investment policy,
with a focus on low-income country development. Chapter 1 uses a difference-
in-difference methodology to study the introduction of tax incentives aimed at

promoting local raw material purchases in Uganda between 2018 and 2022. {54

E SOOI Chaptcr 2 (with Tanner Regan) stud-

ies the effect of public disclosure policies in Kampala, Uganda. We work with the
city government to implement two large-scale cross-randomized multi-arm exper-
iments to examine the “direct’ effect of warning property tax payers that their pay-
ment behaviour will be publicly disclosed, and the subsequent “indirect” effect on
recipients of this information. Compliance increases 17% for those threatened with
public reporting but falls 16% for those promised recognition, a finding consistent
with limited shame in delinquency but strong preferences for privacy in property
ownership in this context. Disseminating tax behavior causes recipients to update
compliance beliefs downward and reduces actual compliance by 20%. Chapter 3
(with Alonso Alfaro-Urefia, Banu Demir, Cédric Duprez, Isabela Manelici and Jose
P. Vasquez) uses detailed administrative data from four countries at different lev-

els of development to explore the behaviour of MNEs in receiving economies. i}
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Introduction

Facing twin challenges of severe budget constraints and limited enforcement ca-
pacity, governments in low-income countries have limited tools at their disposal with
which to encourage the development of competitive industries and to raise revenues
to provide supportive infrastructure and services for growth.

In this context, public policy often appears at odds with the interests of the pri-
vate sector. Government efforts to raise taxes are met with particularly strong resis-
tance due to poor service delivery and weak social contracts between citizens and
state (Besley and Dray, 2023; Eissa et al., 2022; Besley and Persson, 2014). Efforts to
attract investment - particularly foreign investment - are seen to come at the expense
of domestic firms, with limited gains for local employment and growth (ActionAid &
TIN-A, 2015; Klemm and Parys, 2012). Large tax breaks are often deemed necessary to
encourage private firms to undertake socially beneficial activities, but these are often
given without effective monitoring of how businesses are responding, and if foregone

revenues are ultimately helping to achieve government aims (IMF, 2015).

The further government policy is from private sector interests, the less likely it is
to be effectively implemented. My research seeks to provide evidence that can help
inform policy in such a way that better aligns private and public incentives for devel-
opment. This thesis consists of three empirical essays on tax and investment policy,
with a particular focus on low-income country development. My research combines
analysis of detailed administrative data, quantitative and qualitative surveys, as well
as the implementation of a large-scale randomised control trial, to explore some of the
key questions facing policymakers in seeking to promote competitive industries and
in raising public revenues. Chapter 1 explores the effect of tax incentives made contin-
gent on local content use in Uganda, examining both the effect on firms that became
eligible for these incentives and on their local suppliers. Chapter 2 examines the po-
tential for public disclosure policies in raising tax revenues in the context of Kampala,
Uganda. Chapter 3 brings together data from four countries spanning the develop-
ment spectrum to examine the differential behaviour of MNEs as buyers and sellers in

local economies.

Buy local, build local? Tax incentives and local content promotion
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No shame in my name: Public disclosure and tax compliance in a low-capacity state

A key challenge for governments in low-income countries is revenue collection. In
an effort to raise tax compliance, a number of governments have implemented pub-
lic disclosure policies that publicise the behaviour of tax-eligible individuals (OECD,
2017). The underlying idea behind these policies is that social norms will mean people
will be encouraged to pay their taxes if their payment or non-payment may become
publicly known. Public disclosure policies have been studied in different contexts
and have been found to be effective at raising compliance of those threatened with
reporting and promised recognition (Slemrod et al., 2022; Dwenger and Treber, 2022;
Perez-Truglia and Troiano, 2018; B et al., 2015). However, there is limited evidence on
the mechanisms underlying the effectiveness of these policies, and — relatedly — how

applicable they may be in contexts where pro-compliance norms are not as strong.
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In Chapter 2 (joint work with Tanner Regan), I study the effect of public disclosure
policies on tax compliance in Kampala, Uganda. Following a large-scale enumeration
and valuation of properties in the city between 2014-2019 that expanded the property
tax net considerably, compliance rates remained low, with only 10-11% of properties
having their annual liability paid between 2019-2021. In an effort to combat this, the
city government planned to implement a public disclosure program to recognise com-

pliance and report non-compliance with property taxes in the city.

We worked closely with the Directorate of Revenue Collection at the Kampala
Capital City Authority to implement two cross-randomized, multi-armed, field ex-
periments with roughly 70,000 tax-liable property owners in the city. We study both
the “direct” effects of public disclosure on those individuals who were warned about
public disclosure, and the ‘indirect” effects on those individuals who subsequently
receive this information on others” compliance. Our experiment was implemented
over two years; in the first year, taxpayers are warned that their behaviour would
be made public (some are warned their non-compliance would be reported to oth-
ers, while others are promised their recognition would be reported to others). In the
second year, information on compliant or non-compliant taxpayers is shared publicly.
To better understand baseline norms around compliance, we complement administra-
tive data with taxpayer surveys at baseline and endline, as well as follow-up inter-
views. To interpret our first wave estimates and determine the empirical relevance of
different mechanisms, we model tax evasion in the style of the canonical Allingham
and Sandmo (1972), formalizing mechanisms as social payoffs following Bursztyn and
Jensen (2017).

We have three main findings from our experiment: first,the threat of public report-
ing is effective at raising compliance, raising compliance by 17% while the promise of
recognition actually lowers compliance by 16%. Our preferred explanation for these
findings is that in the context of Kampala, social sanctions against non-compliance
with taxes are limited, and instead what is driving the effect of both of these policies
is the desire by property tax owners to keep their ownership private. This is corrob-
orated by our qualitative surveys that reveal a strong desire for privacy in property
ownership to maintain financial and personal security. Second, we find a negative ‘in-
direct” effect of public information on tax compliance among taxpayers who receive
this information. Taxpayers who receive messages with information on both compli-
ers and non-compliers in the city lower their own tax payments in response (by 19%
and 21% respectively). Evidence from taxpayer surveys reveals a likely mechanism;
taxpayers are on average overly optimistic about compliance rates in the city, and
receiving both types of public disclosure messages reduces recipients’ beliefs about
compliance rates in the city by 3-4%. Third - we benchmark our public disclosure mes-

14



sages against standard enforcement ‘nudges’ that provide taxpayers with information
on enforcement measures the city can take. We find that these enforcement messages
are twice as effective in raising compliance than the threat of public reporting before,
even accounting for negative ‘indirect effects. As such, in contexts like Kampala, pub-
lic disclosure policies may not be the most effective way to raise compliance.

Our paper contributes to two main literatures. By examining both public report-
ing and recognition policies and direct and indirect effects in the same experimental
setting, we are able to provide new insights into drivers of ‘tax morale” (Luttmer and
Singhal, 2014). In particular, we build on existing literature examining the effect of
public disclosure Slemrod et al. (2022); Dwenger and Treber (2022); Perez-Truglia and
Troiano (2018); Bo et al. (2015) and explore mechanisms of such policies. We show
that in our context, shame in tax delinquency plays a limited role, and instead taxpay-
ers are motivated by a desire to maintain privacy in their asset ownership, something
their is little evidence on to date Slemrod (2025). At the same time, we show that
beliefs about tax compliance in the city have an effect on ones” own motivation to
pay taxes. We also contribute to a growing literature on public finance in developing
countries (Jensen et al., 2024; Okunogbe and Tourek, 2024), specifically as it relates to
public disclosure Slemrod et al. (2022). To my knowledge, we are the first paper to iso-
late the direct effects of public recognition. At the same time, by studying the effects of
public disclosure on those that receive this information, we provide new insights into
potential backfiring that can occur from public disclosure policies. Finally, by bench-
marking our public disclosure policies against standard information ‘nudges’, we are

able to compare the effectiveness of different policy measures in this setting.

The Ins and Outs of Multinational Firms in National Production Networks
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Together, these three papers provide an evidence base from which to better under-
stand how public incentives for development can be better aligned with private sector
interests. In doing so, I seek to contribute to the formulation of more realistic — and

therefore effective — policies for development.
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Buy local, build local?

Tax incentives and local content promotion
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No shame in my name:
Public disclosure and tax compliance

in a low-capacity state

Priya Manwaring & Tanner Regan®

Abstract

Public disclosure of tax behavior is potentially promising for raising compli-
ance in low-capacity states. This paper provides evidence on the social determi-
nants of tax compliance through two cross-randomized experiments in Kampala,
Uganda. We estimate effects of reporting delinquents and recognizing compliers.
Compliance increases 17% for those subject to reporting but falls 16% for those
promised recognition. Results support a model where being publicly known as
tax-liable is costly but social sanctions for delinquency are limited. Further, dis-
seminating tax behavior causes recipients to update compliance beliefs downward
and reduces actual compliance by 20%. Overall, simple enforcement reminders

raise more revenue.
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Keywords: property tax, tax morale, public disclosure, social image, Africa
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2.1 Introduction

Raising tax revenue is a challenge in many low-income countries where, despite widen-
ing tax nets, collection rates remain low and means of enforcement are limited (Besley
and Persson, 2014). One potential policy tool to raise compliance is public disclosure of
tax behavior; shaming tax delinquents, recognizing tax compliers, or indiscriminately
publishing tax behavior. Already common in developed countries (OECD, 2017), such
programs can be particularly appealing to governments in low-income countries due
to their relatively light administrative burden.

Despite growing empirical evidence on the impact of public disclosure policies,
few studies have been able to identify the tax morale mechanisms through which these
policies affect tax behavior (Luttmer and Singhal, 2014). This is particularly important
when considering the applicability to low-income settings where, among other things,
high rates of delinquency may shape norms around tax evasion (Besley et al., 2022).

Public disclosure could encourage payment through at least three mechanisms.
First, through social image effects of compliance status (Bursztyn and Jensen, 2017),
e.g. the threat of disclosing delinquents could raise tax payments if individuals are
ashamed to appear as reneging on their social obligations. Second, through prefer-
ences for external privacy (Slemrod, 2025), e.g. disclosing an individual’s status as tax
liable signals asset ownership which may impose a social cost through informal tax-
ation (Jakiela and Ozier, 2015; Carranza et al., 2025).36 Third, public disclosure may
indirectly affect the taxpayers to whom the information is disseminated. Depending
on prior beliefs, information about others’ tax behavior can cause recipients to update
their beliefs and potentially their decision to comply (Del Carpio, 2022; Nathan et al.,
2024).

This paper aims to shed light on these social dimensions of tax morale. In particu-
lar, we ask: do public disclosure policies affect tax compliance in a low-income setting,
and if so, what are the mechanisms that drive effects? Do taxpayers feel social pres-
sure to pay their taxes? Are privacy costs induced by public disclosure? How does

dissemination of tax behavior affect recipients?

To answer these questions, we study the impact of publicly disclosing tax behav-
ior in the city of Kampala where incomes are low, baseline tax compliance is min-
imal, and administrative capacity is relatively weak. In Kampala, owners of rental
properties are subject to a tax, called ‘Property Rates’, on their assessed annual prop-
erty income. We work with the Kampala Capital City Authority (KCCA) to design

two cross-randomized, multi-armed, field experiments with roughly 70,000 tax-liable

3 A social gain to signaling wealth could drive opposing effects (Glazer and Konrad, 1996).
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property owners to test the effects of both delinquent reporting and complier recogni-

tion policies on tax payments using administrative data.

Our experiment was designed with two broad aims. First, to separately identify
the effect of notifying that behavior will be publicly disclosed (direct effects) from the
effect of publicly disseminating this information on the tax behavior of recipients (in-
direct effects). To do so, we implement our experiment across two waves preceding
two tax deadlines and cross-randomize our treatments, so that direct effects are tested
in the first wave, and indirect effects are tested in the second wave. Our second aim is
to estimate the effects of publicly reporting delinquent taxpayers separately from the
effects of publicly recognizing compliant taxpayers. To do so, we compare randomly
assigned public disclosure sub-treatments that can be either positively (compliance)
or negatively (delinquency) framed. In all cases, treatments are administered by text
message: wave one treatment messages inform taxpayers whether they will be dis-
closed for delinquency or for compliance,®” and wave two treatment messages contain
information about past delinquents or compliers.

To interpret our first wave estimates and determine the empirical relevance of dif-
ferent mechanisms, we model tax evasion in the style of the canonical Allingham and
Sandmo (1972), formalizing mechanisms as social payoffs following Bursztyn and
Jensen (2017). Public disclosure policies can affect behavior by changing the proba-
bility that peers believe an individual to be tax compliant as well as the probability

that peers believe an individual to own property.

We complement administrative data with taxpayer surveys at baseline and endline,
as well as follow-up interviews. The baseline survey provides a broad set of descrip-
tive statistics for a sample of taxpayers, whilst the endline survey provides a narrow
set of beliefs for an expanded set of taxpayers. The latter allows us to estimate second
wave treatment effects on proximate outcomes such as beliefs about compliance rates
of different peer groups. Our follow-up interviews give further detail on perceived
social image payoffs from a smaller sample of taxpayers.

There are three key takeaways from our study. First, our results suggest that there
is limited social pressure to pay taxes, but that public disclosure induces a privacy
cost. Estimates of the direct effects of reporting tax delinquents (the “stick’) are posi-
tive; taxpayers are 17% more likely to comply when they are warned that they will be
disclosed as delinquents if they do not pay.3® On the other hand, estimates of the direct

%In addition, we compare these treatments with different types of text message nudges from the literature
(e.g., Cohen, 2024; Brockmeyer et al., 2023; Mascagni and Nell, 2022; De Neve et al., 2021; Collin et al,,
2021; Okunogbe, 2019).

38This estimate is very similar in magnitude to the 21% increase of payment probability found in a field
experiment shaming tax delinquents in the USA (Perez-Truglia and Troiano, 2018).
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effects of publicly recognizing compliers (the ‘carrot’) are negative; taxpayers are 16%
less likely to comply when they are promised that they will be honored as compliers if
they pay. The magnitude and sign of these direct effects of reporting and recognition
can be rationalized in the framework of our model only if there is both a privacy cost
of being revealed as tax liable (as an owner of rental property) and no shame or pride
in tax payment behavior. Qualitative evidence from our follow-up survey strengthens
this interpretation as respondents perceive a variety of financial and material costs to
having their ownership of rental properties publicly known.

Second, we find evidence that disseminating information about the tax behavior
of others affects compliance. Our estimates of the indirect effects of publicly report-
ing tax delinquents are negative; taxpayers are 21% less likely to comply when they
receive reports of delinquents. Our estimates of the indirect effects of publicly recog-
nizing compliers are also negative; taxpayers are 19% less likely to comply when they
receive lists of compliant taxpayers. To better understand the mechanisms through
which both reporting and recognition policies induce negative indirect effects, we es-
timate treatment effects of disseminating lists of compliers and of delinquents on a
range of taxpayer beliefs and sentiments in our endline survey. We find that both
treatments significantly lower taxpayer beliefs about the city wide compliance rate by
3-4% and the compliance rate of the wealthy by 6-7%, but have no significant effect on
measured alternative beliefs (compliance rate of immediate neighbors, state detection
capacity, or whether the KCCA acts in the best interest of citizens). This is consistent
with baseline survey evidence where respondents overestimate the general compli-
ance rate and the compliance rate of the wealthy in particular, and so are likely to
update beliefs downwards when shocked with information on actual compliers and
delinquents. Our evidence suggests this is a likely mechanism through which public
disclosure reduces individuals” payment propensity.

Third, our results suggest that public disclosure policies are not particularly ef-
fective at raising revenue, at least in settings similar to Property Rates in Kampala.
Publicly recognizing compliers clearly backfires since both direct and indirect effects
are negative. Publicly reporting delinquents does raise compliance through direct ef-
fects, but also leads to an important unintended consequence where the indirect effects
lower morale. Our estimates suggest that the direct effects are essentially canceled out
by the indirect effects on average. In addition, we benchmark the direct effect of public
disclosure policies and find that simple reminders of the different legal penalty mea-
sures that the government can take against delinquents are relatively more effective
at raising compliance. Even if the indirect effects are ignored, enforcement reminder

messages are about twice as effective as public reporting.
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This paper contributes to the literature on “tax morale” (Luttmer and Singhal, 2014)
along three dimensions: social image effects of delinquency, tax privacy, and first-
order beliefs of compliance. As the first paper to study both public reporting and
recognition in the same experimental setting, we can isolate the relative importance of
social image effects of tax delinquency and the preference for tax privacy. In a semi-
nal paper, Perez-Truglia and Troiano (2018) find similar effects of shaming tax delin-
quents in the USA, but could not separately identify the general effect of disclosing
tax liabilities.* In our context, results suggest that the reduced form effect of publicly
disclosing delinquents is not driven by the social pressure to pay taxes, but instead
by a preference for tax privacy.* In a recent review, Slemrod (2025) concludes that
“very little research attempts to measure the value people place specifically on tax pri-
vacy”; our paper provides evidence in this under-explored space. Our results suggest
that first-order beliefs of tax compliance positively affect one’s own decision to com-
ply, mediating the effect of dissemination on compliance. In an early study on Peru,
Del Carpio (2022) found concurring effects but could not statistically distinguish these
from standard reminders. More recently, Nathan et al. (2024) have found similarly that
property taxpayers in the USA are more likely to pay when they perceive that others
pay as well.

We also contribute to the literature on public finance in developing countries (Jensen
et al., 2024; Okunogbe and Tourek, 2024), building on sparse evidence of public dis-
closure policies. Most closely related, Slemrod et al. (2022) use a natural experiment
in Pakistan to study the effect of publishing taxpayers names along with their self-
reported taxable income by comparing those who are more versus less saliently pub-
licized. Our experiment is designed to test not only this direct effect of public disclo-
sure, but also the indirect effect of disseminating the information, which we show to
be quantitatively important in our setting.*! To our knowledge, our paper is also the
tirst to isolate the effect of public recognition policies and compare with public report-
ing in the same setting, which we show is important for understanding the underlying
economic mechanisms in our conceptual framework.*? Further, we benchmark direct

31n their setting, a privacy cost might be born by having one’s total debt amount disclosed if this signals
income or wealth, or even more simply a distaste for having their personal information shared publicly.
Of course, the US setting is also very different from ours and so we would not necessarily expect the
same mechanisms at play. As discussed in Section 2.7.2, weak compliance norms may be particular to
contexts similar to ours that have low baseline compliance and poor relationships between citizens and
state.

#0Here we also add to a broader literature on how social image affects economic behavior more generally
(Bursztyn and Jensen, 2017; Butera et al., 2022; Bursztyn et al., 2019).

“IWhile there have been some efforts to separately estimate indirect effects in developed countries (Perez-
Truglia and Troiano, 2018; Blaufus et al., 2017; Wenzel, 2005), as far as we know, our study is the first to
use experimental variation in the field to separately identify these indirect effects on a large population
of information recipients.

42Slemrod et al. (2022) study the effect of rewarding the top 100 taxpayers in Pakistan. However, they are
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effects against other types of tax morale ‘nudges’ to compare easily substitutable poli-
cies. ¥ Finally, there is an active literature on various policies aimed to raise property
tax compliance in African cities, such as lowering the tax rate (Bergeron et al., 2024);
using chiefs as collectors (Balan et al., 2022); algorithmic property valuation (Knebel-
mann et al., 2024); and text-message nudges (Cohen, 2024; Collin et al., 2021), and we
are the first in this literature to study the effects of public disclosure policies.

The remainder of this paper is organized as follows. In Section 2.2, we present
background evidence on the property tax, compliance, and enforcement capacity in
Kampala that informs our study. In Section 2.3 we outline key mechanisms through
which public disclosure policies may affect compliance and their relevance in the Kam-
pala context. In Section 2.4, we detail our experimental sample, design, estimation
strategy, and main outcomes of interest. In Section 2.5, we develop a model of tax
evasion to help interpret our findings. Our empirical results and their discussion are
presented in Section 2.6. Section 2.7 explores potential alternative explanations, exter-

nal validity, and policy implications of our results. Section 2.8 concludes.

2.2 Property taxes in Kampala

Property taxes can offer a significant source of funding for city governments in low-
income settings who are faced with limited municipal revenues, rapidly growing pop-
ulations, and rising demand for urban public services. Property taxes play an im-
portant role in revenue collection for the Kampala Capital City Authority (KCCA),
contributing 47% of own-source revenues in FY 2021/22. As shown in Figure 2.A.1,
property tax revenues far exceed revenues from all other collection instruments at the
KCCA'’s disposal.

The property tax in Kampala is called “Property Rates”. It taxes a share (6%) of a
property’s “Rateable Value”, which is a professional assessor’s estimate of the typical
rental income for a property with given characteristics, minus a fixed proportion to
account for vacancies.* Taxing rental value, rather than capital value, is common
practice in Africa with Franzen and McCluskey (2017) identifying 26 of 55 countries

doing so.

Property Rates are applied to all rented residential, commercial and institutional

unable to compare with an equivalent reporting policy and the program combines public recognition
with other material privileges. They find that this policy bundle raises income tax payments.

#3In benchmarking we also corroborate existing literature that finds a positive effect of enforcement re-
minders (Brockmeyer et al., 2023; Cohen, 2024; De Neve et al., 2021; Dwenger et al., 2016; Castro and
Scartascini, 2015).

#There are some exceptional cases where property rates are not based on rental value, but rather business
income. These special cases occur when the property owner runs a business from their own property.
The most common cases of these are high end hotels, hospitals, and gas stations.
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properties across the five urban divisions of the city. Owner-occupied properties are
exempt, so our study population is exclusively landlords who earn rental income from
their property. This is also fairly common practice in Africa, with four countries that
tully exempt and another six that partially exempt primary residences out of the 26
mentioned above (Franzen and McCluskey, 2017). From our baseline survey, the me-
dian property owner’s liability is 2.1% of their household total income, and 5% of their

household rental income.

The property tax roll had been limited to a relatively small set of properties. How-
ever, from 2016 to 2019, the KCCA expanded the property tax net through mass enu-
meration, addressing, and valuation of properties in the city. In this process they
collected ownership information, GIS coordinates, and property attributes for over
300,000 properties in the city. This lead to growth of the relative importance of prop-
erty rates in revenue collection (see Figure 2.A.1 panel b).

Property Rates collections are conducted on an annual basis. A bill is produced
for each tax-owing property in July and payments are made through a digital system
called ‘eCitie’. Due to historical and political reasons there are two recognized dead-
lines. Effectively the KCCA encourages payments before Dec. 31st in their communi-
cations, but penalties and interest are only charged on payments made after June 30th.
To communicate with taxpayers the KCCA uses phone calls, e-mails, and in-person
visits, but primarily SMS text-messages. Typically their campaigns are more targeted
and so our study is the first time that the KCCA has implemented a city-wide SMS tax

payment reminder campaign over the course of several weeks.

2.21 A compliance challenge

Despite its importance for KCCA own-source revenues, compliance rates with the
property tax are very low. Each year from 2019 to 2021, only 10-11% of properties
paid their annual liabﬂity.45 While low, Kampala is not an outlier for cities in low-
income countries. Figure 2.A.2 plots compliance rates for property taxes in a select set
of cities around the world where studies are available. Kampala’s compliance rate is
similar to that of cities in other African countries, and while cities in Latin America
tend to perform better their compliance does not exceed the 60% mark.

Revenue collection figures look more encouraging than compliance rates since com-
pliance is positively correlated with liability. In Figure 2.A.3, we plot actual and po-
tential revenue collection by ventiles of property value over the years 2019-2021. It is
apparent that the highest value properties contribute the largest share of revenue. In

45Unless otherwise noted, statistics in this section come from authors calculations using the administra-
tive and survey data outlined in Section 2.4.3.
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sum, the KCCA has collected 39% of the potential revenue from property taxes over
this period.

2.2.2 Weak capacity for enforcement

While there are many different factors that may affect a taxpayer’s decision to pay
taxes, the literature agrees that enforcement capacity is the dominant determinant of
compliance (Slemrod, 2019; Luttmer and Singhal, 2014). Cities in low-income coun-
tries like Kampala often have severely limited enforcement capacity, especially in the

face of very low compliance rates that would require enforcing penalties on a majority.

In theory, there are a number of enforcement measures that the KCCA can take once
property tax payments are not received by the June 30 deadline. First, the city has legal
authority to take tax delinquents to court to recover the amount by warrant. Second,
taxes can be demanded from tenants, allowing them to deduct those payments from
rent. Third, properties in arrears can be locked up to prevent use until payments are

made.*® Finally, interest payments are charged to properties in arrears.

However, according to our baseline survey, less than half of taxpayers find the
threat of fines, court action, or lock ups to be “very important” in making tax payment
decisions. This is in large part because taxpayers do not see these as credible threats.
Of those who did not find these measures to be important, 49-62% either believed the
KCCA is unlikely to take these actions, or that they do not have the legal authority to
do so.

2.3 Public disclosure as a “social’ enforcement

Public disclosure is a generally popular policy instrument. The OECD (2017) cites
disclosure as the fourth most used instrument of tax debt enforcement in developed
countries behind: obtaining a lien over assets; initiating bankruptcy or liquidation;
and imposing a liability on company directors for company tax debts, and ahead of:
temporarily closing a business or withdrawing a license; denying access to govern-

ment services; and imposing restrictions on international travel.

In contexts of low compliance and limited enforcement capacity, policy makers are
exploring the potential for public disclosure as a low-cost means to raise compliance.
Examples include efforts by the Federal Board of Revenue in Pakistan to publish total
amounts of tax paid by companies and individuals, and reports by the Philippine’s
Department of Finance on the 500 highest contributing taxpayers (Nakayama, 2021).

46Property lock-ups to enforce tax payments are typically reserved for commercial properties, and not
used on residential rentals.
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In Uganda, the Uganda Revenue Authority conducts an annual public disclosure of in-
come taxpayers, which includes a Taxpayers’ Appreciation Awards ceremony as well
as publicized information on top taxpayers. Public disclosure schemes also go beyond
raising tax revenues, e.g., water usage during droughts has been publicized in an effort
to enforce lower consumption in South Africa (The Conversation, 2018). Our project
was initiated after the Research Division at the KCCA proposed public disclosure as a

new policy instrument to improve property tax compliance in Kampala.

We consider three possible mechanisms through which public disclosure can affect
property tax compliance: shame in delinquency or pride in compliance, a preference
for tax privacy, and the effect of information dissemination on compliance beliefs and
tax morale. Here we outline these, and discuss their relevance in the Kampala con-

text.”

2.3.1 Shame in delinquency or pride in compliance

Perhaps the main mechanism through which public disclosure policies are thought
to operate is the shame of delinquency, or pride in compliance. When their tax delin-
quency is made public, tax delinquents may feel that this heightens the expected social
sanctions they will face from members of the public. Similarly, when tax compliance is
made public, tax compliers may feel that this heightens the expected social gains they

receive.

This positive social recognition of compliance is consistent with experimental find-
ings from Church taxes in Germany (Dwenger et al., 2016). However, it is possible that
the norms are entirely different in other contexts - particularly where compliance rates
are very low and service provision limited as they are in many African cities. In theory,
it could even be that net social sanctions are actually imposed on compliers rather than
delinquents. These type of anti-compliance norms may exist if for instance, people are
ashamed to be seen as one of the few ‘suckers” who pay their taxes in a population of

delinquents.

In our baseline survey, we asked respondents questions relating to social norms
around compliance and delinquency. More than 70% of respondents considered not
paying property rates “wrong but understandable”. When asked explicitly about so-
cial gains to tax compliance, the modal response is that taxpayers are ‘very unlikely” to
gain respect if they are known to pay, and the majority believe that it is ‘very unlikely’

for a known delinquent to face social costs (see Figure 2.1a). This suggestive evidence

47There is no clear ‘whistle blower’ channel for property taxes (whereby third parties can inform tax au-
thorities about discrepancies in reported tax liability) because the liability is known to the government.
In other contexts public disclosure can also affect incentives to truthfully report tax liabilities, e.g. for
self-reported income tax (Slemrod et al., 2022).
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that tax compliance norms in our context are weak, and so we may expect the shame

and pride mechanisms in the effects of public disclosure policies to be muted.

2.3.2 Preferences for tax privacy

In disclosing tax compliance or non-compliance, an individual’s taxable status is also
disclosed. In the case of Kampala, this may be a pertinent issue since ownership of
rental properties is not widely known - there is no public database of property owners
in Kampala and almost half of the respondents in our follow-up survey noted that
property ownership may be kept secret even from family inside the household (see
Figure 2.A.5).

Having ownership made public could be seen as beneficial. It may signal wealth
and raise a taxpayer’s perceived social status. As respondent #302 noted in our follow-
up survey, “people want to associate with someone who has something”. Public
knowledge may also enhance security of ownership in a context where, according
to our baseline survey, 45% of taxpayers do not have documented proof of property
ownership such as land titles, property transfer certificates, tax receipts, rental con-
tracts or utility bills.

However, it could also result in additional taxation in the form of pecuniary or
in-kind demands from family or other social connections. As noted by follow-up re-
spondent #352, “When they know you are the owner of that building, the family is on
your neck”. This type of mechanism has been studied in many African contexts (e.g.
Carranza et al., 2025; Riley, 2024; Squires, 2024; Macchi, 2023; Jakiela and Ozier, 2015;
Baland et al., 2011) but not in the context of formal taxation. Related to this, property
owners may want to maintain privacy of their ownership status due to security con-

cerns.

So while the norms around compliance and delinquency appear to be weak, there
is good reason to believe that taxpayers may perceive costs to having ownership of
rental properties made public. In Section 2.6.1 we will see that this is consistent with

our main experimental findings of direct effects.

2.3.3 Compliance beliefs and morale

The primary aim of public disclosure policies is to incentivize taxpayers to comply
by threatening to publish their delinquency or publicly recognize their compliance.
However, the publication of tax behavior has the potential to induce a secondary in-
direct effect by causing the recipients of this information to change their beliefs about
compliance in their city. If taxpayers are motivated to pay when they know that others
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pay too, then public disclosure policies may also affect the compliance of recipients.

These indirect effects may come about as the result of taxpayers being influenced
by the behavior of particular groups of taxpayers - the wealthy, celebrities, or politi-
cians, for example - or simply by general compliance rates in the city. Both of these
appear to be true in Kampala - 78% of taxpayers in our baseline survey completely
or somewhat agreed that they would be more likely to pay their taxes if they knew
that the majority of properties in Kampala were paying their share. Additionally, 70%
completely or somewhat agreed that they would be more likely to pay their taxes if

they knew that wealthier and more influential individuals were paying their taxes.

The expected effect of disseminating true information about the compliance rate
will depend on baseline beliefs of the compliance rate. If taxpayers already know
the compliance rate, providing information on this is unlikely to affect their behavior.
If they are pessimistic, information about the compliance rate may improve their tax
morale, whilst if they are overly optimistic, information may actually demotivate them
from paying their taxes. In Kampala, perceived compliance at baseline is low, but still
substantially overestimates the actual compliance rate. Figure 2.1b plots histograms
of beliefs about compliance from our baseline survey. The average belief for city-wide
property tax compliance is just under 50% compliance, much higher than the true 10%
rate. Respondents correctly believe that compliance is higher for wealthy taxpayers,
but overall remain substantially optimistic relative to the true 22% rate. Since prior
beliefs are highly optimistic and taxpayers report that they are positively influenced
by the compliance of others, signals about the true compliance rate could lead them to
update their beliefs downwards, and become demotivated to comply. In Section 2.6.2
we will argue that this is consistent with our main experimental findings of indirect
effects.

2.4 Experimental design and estimation strategy

We designed an experimental intervention in collaboration with the KCCA Directorate
of Revenue Collection to achieve two broad research aims. First, to separately iden-
tify the effects of publicly reporting delinquents (the “stick”) from those of publicly
recognizing compliers (the “carrot”). To do so, we randomly assign property owners
to sub-treatments that vary by disclosure type (reporting or recognition). Second, to
separately identify the direct effect of public disclosure on those warned their behav-
ior will be made public from the indirect effect of publicly disclosing this information
on other’s behavior. To do so, we stagger our experiment across two waves and cross-
randomize our treatments so that direct effects are tested in wave one (May-June 2021),
and indirect effects are tested in wave two (Nov-Dec 2021). Table 2.A.1 gives the full
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study timeline.

Outcomes are measured at the property level, so the observational unit is the prop-
erty. However, randomization was clustered at the phone number level so that all
properties with the same phone number receive the same treatment. In our empiri-
cal analysis we always cluster standard errors at the phone number level. We block-
randomized, stratifying wave one treatments into 40 strata based on ventiles of total
property value and a dummy for whether tax was paid at baseline (2019/2020) for at
least one of the properties. The second wave additionally adds the eight treatment
groups from wave one to give a total of 320 strata. We use machine randomization
to generate lists of properties for each treatment group. Lists were uploaded by staff
at the KCCA to automatically send treatment messages through their standard SMS

communication system.

Six weeks in advance of a payment deadline, an initial standard message is sent out
for each property (multi-property owners receive multiple standard messages) in both
English and Luganda. This message is identical regardless of the treatment group and
notifies the recipient of the amount due on the property as well as the deadline for pay-
ments. As a reminder, the standard message is sent again with two weeks remaining
until the deadline. The exact wording and translations of the standard message and
all other messages can be found in Tables 2.A.2 and 2.A.3. Experimental variation is
introduced through a set of follow up messages. In both waves, each property owner
receives three text messages corresponding to their treatment group sent periodically
up until the deadline. The following sections describe these treatment messages and
their content.

2.4.1 Direct Effects: randomizing notice of public disclosure

The first intervention focuses on the direct effects of public disclosure by randomly
varying the type of disclosure an individual will face. Property owners are assigned
to one of three broad groups: Control, Public Disclosure, and Benchmark Nudges. The
Public Disclosure group is split into Reporting and Recognition, which are each split
further by the mode of disclosure (SMS or an online list). The Benchmark Nudges
group is split into three subgroups: Enforcement, Reciprocity, and Relationship Man-

agement. Figure 2.3a gives a diagram of the treatments arms.

Here we summarize the content of wave one treatment messages (see Table 2.A.2
for details). The Control group is simply sent a reminder to pay by the deadline. The
Reporting group is notified that the KCCA will publicly report them as a defaulter if
they do not pay their taxes on time. The Recognition group is notified that the KCCA
will publicly recognize their contribution if they do pay their taxes on time. Finally,
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the Benchmark Nudges groups are sent different types of information messages: on
enforcement measures the city can implement, on public services property rates con-
tribute to, and on details of client relationship managers that taxpayers can contact

with any issues.
Direct Effects: Estimating equation

The empirical specification for estimating direct effects is given below:

Yyi =Ts reporting, ;) + Ty recognition,, ;, (18)
+ 71 enforcement, ;) + 72 reciprocity, ;) + 73 relationship management,

+ Ms1(0) + €

where y; is one of the outcomes outlined in subsection 2.4.4 for property i. The terms
reporting, ;, recognition,, ;), enforcement, ;), reciprocity, ;, and relationship management, ;)
are all dummies for treatment assignment to owner o of property i. Finally, 7, (,) are
fixed effects for the wave one strata s; that owner o falls into, and ¢; is an error term

for property i.

Our main parameters of interest are 7s and tp, i.e. the effects of reporting and
recognition respectively. We are also interested in <1, 2, and <y3 to benchmark 75 and
Ty against effects of standard nudges. We also consider alternative specifications that

estimate heterogeneous effects, or effects for subgroups.

2.4.2 Indirect Effects: randomizing public dissemination

The second intervention focuses on indirect effects by randomly varying the type of
tax behavior disseminated. Property owners are assigned to one of two broad groups:
Control, or Public Dissemination which is split into three. The first two, Delinquents
List and Compliers List, receives names of tax delinquents or compliers from wave
one.*® A third group, Wealthy Compliers List, receives names of compliers from wave
one who have paid at least 2mn UGX (which represents the top 5% city-wide property
wealth).* Figure 2.3b gives a diagram of the treatment arms.

Table 2.A.3 details the content of wave two treatment messages and here we sum-

#8We focus on these two, but they are also further split into three sub-groups by the pool of people from
which to list and different modes of dissemination. First, around 15 names of randomly sampled neigh-
bors (3 messages each with around 5 different names). Second, around 15 names randomly sampled
from the city as a whole (again 3 messages each with around 5 names). Third, an SMS link to complete
lists for the whole city on a webpage.

There is no Wealthy Delinquents List. The wealthy are just as likely to be disclosed, but we were
unable to publicize the wealth status of reported delinquents. We treat it as a third group to keep the
Delinquents and Compliers List treatment groups compositionally comparable.
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marize. Recall that each message is sent three times periodically up until the deadline.
The Control group is simply sent reminders to pay their tax by the deadline. The
Delinquents List receives messages explaining that owners who did not pay in the
previous year are being reported, and given lists of these owner names and parishes.
The Compliers List receives messages explaining that owners who did pay in the pre-
vious year are being publicly recognized for their contribution, and given lists of these
owner names and parishes.”® Importantly, the actual lists of names contain only indi-
viduals who were assigned to the relevant reporting or recognition treatment group in

wave one, and have therefore been warned.
Indirect Effects: Estimating equation

The empirical specification for estimating indirect effects is below:
Yi =Ks delinquentso(i) + Ky complierso(l-) + sy (0) T €i (19)

where the terms delinquents,;, and compliers ;) are dummies for treatment assign-
ment for owner o of property i, and 7, (,) are fixed effects for wave two strata s,.
Our main parameters of interest are x5 and xp, i.e. the effects of receiving lists of
delinquents and compliers respectively. We also consider alternative specifications for
heterogeneous effects, effects for subgroups and the distinct Wealthy Compliers List

group.

2.4.3 Data and Sample
Administrative data

We use administrative data from the Kampala Capital City Authority (KCCA) to create
our primary outcomes of interest, baseline covariates, and sampling frame. These are
data extracts from the property owner registry, annual property bills, and property
rate payment histories from the KCCA eCitie tax database.

The main sample that we use in this study is based on the set of properties for
which we have administrative data. We take all properties that had a positive tax
balance due by the next deadline date as of the start of our interventions.”! Recall
that property rates are billed and paid on an annual basis, but there are effectively

%0Notably the treatments in wave two contain a preface “by paying property taxes, you contribute to
essential services for the city” that is not in the control group. The KCCA considered this necessary
to give a clear motivation why compliers would be recognized and delinquents reported. Since the
‘reciprocity” benchmark effect is a very precise zero in wave one there is less concern that this would
bias our wave two estimates.

>INote that for this reason, in our estimating samples the control group mean compliance rate is around
4-5% while the full compliance rate is closer to 10-11%.
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two deadlines within each year. Wave one of our survey is conducted up until June
30 2021, the second deadline of the 2020/2021 fiscal year. Wave two is conducted up
until Dec. 31 2021, the first deadline of the 2021/2022 fiscal year. So all properties in
wave two have had new bills issued since the end of wave one, i.e. payments in wave
one do not mechanically affect whether a property has an outstanding bill at the start
of wave two.

Given that our two experimental interventions are conducted before a different
deadline for property tax payments, for wave one, we select properties with a remain-
ing balance on May 14th 2021 from their bill in July 2020, and for wave two we select
properties with a remaining balance on Nov. 17th 2021 from their bill in July 2021.
We discarded properties that had recorded official objections to their valuations that
had not yet been resolved in court. This leads our wave one and wave two samples
to differ slightly; at wave one we have 174,304 properties and at wave two we have
176,762 properties.

The registry includes all property owners in Kampala and each is identified with
an ID called COIN. The registry records contact information for the property owner:
first and last name, or name of legal entity (when relevant), phone number, and vil-
lage of residence. The bills are created every year on July 15t for each taxable property
identified with an ID called propertyno. The bills record the rateable value of the
property, the annual liability (which is 6% of the rateable value) and the outstanding
balance. The payment histories record the amount and date of each payment made
towards a property. Both bills and payments are extracted for the entire study period
starting from the 2019/2020 financial year. We match owners from the registry to bills
by COIN, and then bills to payments by propertyno. Further, each property has an ID
called CAMVID that links to characteristics of the property collected for the Computer-
Assisted Mass Valuation (CAMV) programme. These characteristics include the prop-
erty’s location (parish, village, and GPS coordinates), type (residential, commercial,
institutional, etc.) and other property features. Appendix Table 2.A.4 has full defini-
tions of all administrative data variables used in our analysis.

Baseline survey

In November and December 2020 we conducted a baseline survey with 1,172 property
owners that were assigned to our control or public disclosure treatments (about 2% of
the full sample) to collect information on their baseline characteristics, behaviors, and

beliefs.>? This data is used to run descriptive statistics of the property tax context in

52To create a representative sample, we randomly sampled taxpayers from the KCCA registry. The ran-
domization was stratified by total property value, past compliance, and wave 1 treatment. We com-
pleted 1,172 surveys after having approached a total of 2,076 taxpayers.
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Kampala (Section 2.2).53 As can be seen in Table 2.A.5 column 1, our baseline survey
respondents are somewhat selected to be higher value properties, and in areas with
lower population density.

Endline survey

In January and February 2022, after both waves of treatments had been completed, we
conducted an endline survey with 4,960 property owners (about 5% of the full sam-
ple). By providing a sub-sample of with proximate outcomes like beliefs, this data will
be used to complement our main analysis which uses the full sample of administra-
tive data. To create a representative sample, we randomly sampled taxpayers from the
KCCA registry. The randomization was stratified by total property value, past com-
pliance (a dummy if the property paid at least their annual liability in the 2019/2020
tinancial year), and wave 1 and wave 2 treatment groups.

We completed 4,960 surveys after having called a total of 8,525 taxpayers. Of the
3,853 that we were unable to survey, 63% never answered phone, 22% claimed not to
be the correct person from the KCCA database, and 13% refused to be surveyed. The
endline survey is used to create an important sample in our analysis. For specifications
where we use outcomes from our endline, we use the same main sample as outlined
for the administrative data, but further restrict properties to those owned by an owner
that was selected for and completed our endline survey. This implicitly means that
non-valid phone numbers and unanswered phone calls are excluded from our endline
samples, but not from our main sample. Appendix Table 2.A.6 has full definitions of

all endline survey data variables used in our analysis.

In Table 2.A.5 column 2 we investigate whether attrition in the endline survey is
correlated with characteristics. This sample includes both those who are ultimately
in the survey data, and those who were approached but did not complete a survey.
From here we can see that individuals who had paid their taxes the year previously
were about 8 percentage points more likely to be in our endline survey. None of the
other baseline characteristics are significantly correlated with attrition. We take three
steps to address selection bias due to attrition in our endline survey. First, for all
of our results using the endline survey outcomes, we have confirmed robustness to
Inverse Probability of Attrition Weighting.>* Second, results in Table 2.A.7 Column 2
demonstrates that none of our treatments have a significant effect on endline attrition.
Third, our main results with the administrative data hold even when restricted to the
endline survey sample, as is shown in the results below.

The baseline survey is not large enough to conduct heterogeneity analysis of our main results.
>4With weights estimated by a logit regression on the baseline characteristics in Table 2.A.5.
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Follow-up survey

In April 2024 we conducted a final follow-up survey with 56 property owners across
Kampala city that were assigned to our public disclosure treatments to better under-
stand mechanisms underlying results. We talked to these taxpayers in detail about
costs and benefits to public knowledge of ownership, tax delinquency, and tax compli-
ance, and their reactions to our experiment messages. This survey involved a combi-
nation of quantitative questions and open discussion both of which we use as detailed
descriptive evidence on perceived social costs and benefits of public disclosure. Our
respondents were sampled by randomly selecting 20 parishes stratified by four differ-
ent types - either high or low mean property value, and either from Central areas of
the city or from the districts on the outskirts. From these parishes we invited a random
selection of property owners to attend our follow-up survey.

2.4.4 Outcome measures
Outcomes from administrative data

Our main outcome in both waves is tax compliance and we measure it in three dif-
ferent ways: 1) an indicator if total payments made in the treatment period covered
at least the annual liability of the property, 2) an indicator if any payment was made
towards the property during the treatment period, and 3) the share of the annual li-
ability made in payments towards the property in the treatment period. All of these
outcomes are scaled so that they can be interpreted as percentage points.

Outcomes from survey data

We use our endline survey to measure more proximate outcomes for a sample of prop-
erties. Here we focus on five taxpayer sentiments: 1) belief about the compliance rate
of properties in Kampala as a whole, 2) belief about the compliance rate of owners
with the most expensive properties in Kampala, 3) belief about the compliance rate of
owners in the same village as the respondent, 4) belief that the KCCA can detect who
pays tax, and 5) belief that the KCCA acts in the best interest of its citizens. All of these

outcomes are scaled so that they can be interpreted as percentage points.

2.4.5 Pre-treatment balance

Tables 2.A.8 and 2.A.14 report balance tests for effects of treatments in the first and sec-
ond waves on baseline property characteristics. For each row of the table we regress
a baseline variable on treatment indicators. Inevitably some treatment coefficients are
significantly different from zero, so we also conduct a joint orthogonality test follow-
ing Ozler et al. (2018). We first estimate a Multinomial Logit where the dependent

127



variable is the vector of wave one treatments, the explanatory variables are the base-
line characteristics, and the base group is the control group. Then for each treatment
group, we test the null that the coefficients are jointly zero. The p-values are given in
the bottom row of the tables and across both tables the p-values are generally large
and not significant at the 10% level.”> We further conduct the tests for Reporting vs
Recognition in wave one and Delinquents List vs Compliers List in wave two and
these p-values, reported in the table footnotes, are also large. Further, as discussed in
Bruhn and McKenzie (2009), even small imbalance can be problematic if the variable
is highly correlated with the outcome of interest. So, we also demonstrate robustness

of our main results to inclusion of all baseline variables as controls (see Tables 2.A.9
and 2.A.15, discussed below).

2.5 Modeling evasion under social image concerns

Here, we provide a simple structural framework to interpret our empirical estimates
of the direct effects of public disclosure, drawing on the Allingham and Sandmo (1972)
model of tax evasion and following Bursztyn and Jensen (2017) to incorporate social
image effects. More details are provided in Appendix Section 2.C.

Tax-liable property owners get utility as a function of their decision to evade, e €
{0,1}. Evasion can affect utility through social payoffs and other payoffs including
monetary penalties and intrinsic motivation. Utility can be expressed as: U(e) = up +
so+e(u+s)+ (1 —e)v, where s is the net expected utility if choosing to evade from
social image effects is and from other sources is #, and the idiosyncratic preference for
compliance v with CDF F(v). Property owners will choose to evade if v < u + s and
so the aggregate evasion rate is A = F(u + s).

We focus on two types of social payoffs, the payoff to being perceived as an owner
of rental properties, s°, and the payoff to being perceived as a property tax delinquent
s¥. Property owners care about the expected payoffs, so compliance decisions also de-
pend on the probability that an individual is publicly known as an owner of rental
properties, p?, and the probability that an individual is known as a property tax delin-
quent p?. Public disclosure policies disclose an individual’s type, t = (o0,d), with
probability 6, and therefore affect compliance decisions by altering p¢ and p¥. If an
agent is not discovered through a public disclosure program, they face baseline prob-

abilities denoted with an underline, i.e. p? and p.

The key assumptions are that social payoffs are additively separable in utility (Gor-

55One exception is the ‘benchmark’ sub-treatment Reciprocity group in wave one. Because we have mul-
tiple treatment arms we may over-reject the null in this case. Notably, if we pool all three benchmark
treatments together the corresponding chi-square test is not significant at the 10% level.
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don, 1987), that being discovered through our public reporting treatment is equally
likely as through public recognition (§s = 0y = 0)°%, and that deciding to evade in the
control group (i.e. in the absence of public disclosure) does not affect the likelihood of
being perceived as a property owner (p? = p°). As detailed in Appendix Section 2.C,
with these assumptions the model implies that, relative to the control group, the direct
effect of public reporting 7s and public recognition 75 on compliance can be expressed

as:

g = —0[s°(1 — p°) + (1 - p)]F (20)
T =—0[-s"(1-p°) + sdgg]F’ (21)
where underscores denote baseline (control group) probabilities and F' > 0 is the

derivative of the distribution of idiosyncratic preferences for compliance.

Intuitively, effects will be zero if there is no chance of being discovered through the
public disclosure scheme (i.e. § = 0), or if there is no variation in the idiosyncratic
motivation to comply near the baseline state (i.e. F/ = 0). Notably however, the effect
of public reporting or recognition alone confounds the social image payoffs s and s“.
To isolate the role of social payoffs to delinquency, we can take the sum of effects:

T+ Ty = — GSd[l — E’li +Bg]F’ (22)

where privacy payoffs notably drop out. A positive sum suggests that being perceived
as a delinquent is costly (s? < 0), while a negative sum suggests delinquent status
provides some gain (s? > 0), and a sum of zero suggests there are no net payoffs
from delinquent status. In Section 2.6.1 we use this structure to test empirically for

delinquency status payoffs.

2.6 Results
2.6.1 Direct Effects: estimates of public disclosure

We first test for direct effects of public disclosure on tax compliance. Our main results
are reported in Table 2.1 Panel A, following the specification in equation 18 with our
three measures of tax compliance as outcomes. We show that the results presented
here are robust to the inclusion baseline controls in Appendix Table 2.A.9.

%650 long as taxpayers believe that the discovery rate is the same under both regimes then this assumption
is valid. We cannot test this directly, but we do know from our baseline survey that taxpayers believe
the compliance rate to be around 50%. So they would expect the pool of compliers and the pool of
delinquents to be of similar size, and have little reason to expect that they would be more or less visible
in one pool over the other.
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There are three takeaways on public disclosure effects from Panel A of Table 2.1.
First, the direct effect of reporting delinquency raises compliance. Properties whose
owners are told that tax delinquency will be publicly reported are 0.58 percentage
points more likely to pay their liability. While small in magnitude, this is a substantial
increase of 17% on the control group mean of 3.4% (col. 1).>” The percentage change on
the control mean is slightly higher (19%) if we measure tax compliance as any payment
being made (col. 2), or as the share of the property’s liability paid (col. 3).

Second, the direct effect of recognizing compliance lowers compliance. Properties
whose owners are told that their tax compliance will be publicly recognized are 0.55
percentage points less likely to have their liability paid for, a 16% decline on the control
group mean (col. 1). The percentage decline on the control mean is slightly larger
(19%) if we measure tax compliance as any payment being made (col. 2), and slightly
higher still (20%) measuring compliance as the share of the property’s liability paid
(col. 3).

Third, the recognition and reporting effects are opposite signed, but of similar mag-
nitude, i.e. Ts + Ty ~ 0. From column 1, the difference in point estimates is just 0.028
(around 5% of the size of either treatment effect) and the p-value for the test that these
coefficients sum to zero is 0.94 (see foot of panel). This finding has important implica-
tions in the section that follows.

Linking to the model: what do direct effects tell us?

Treatment effect estimates for both recognition and reporting are both non-zero. Using
equations 20 and 21, this implies that § > 0 and F’ > 0. Equations 20 and 21 show
that each treatment effect alone confounds privacy and delinquency status payoffs. To
separately identify the two channels, we can use equation 22. As discussed above,
the sum of the treatment effect point estimates is close to zero and we cannot reject
that they are zero. Following equation 22, this implies that s¢ ~ 0. Therefore, under
the structure of the model, our empirical results cannot reject the null hypothesis that

there is no shame cost to property tax delinquency on average.

Returning to equations 20 and 21 with s? = 0, our empirical estimates imply that
the social payoff to ownership status being known is negative on average.”® Therefore,
what is driving the direct public disclosure effect is not a social cost to delinquency

status being made public, but to ownership status being made public (a ‘privacy cost’).

Note that the control group mean compliance is less than the annual rate reported in Section 2.2. This
is due to the sample restriction: we exclude properties which have fully cleared their annual balance
before our experiment began.

T 0 _
—F(1p) <0ands® =

58 0 _ TH
eg. s’ = ) <0.
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We investigate this further in our follow-up survey, in which we ask respondents to
list any possible costs and benefits to compliance and delinquency being made public.
While a full 91% of interviewed property owners say that they see some costs to being
perceived as a delinquent or gains to being perceived as a complier, when asked to
describe what these costs are, delinquency being immoral and compliance being seen
as moral are cited by 38% and 43% of respondents respectively, four to five times more
likely than any other costs or gains (see Figures 2.2a and 2.2b). Very few respondents
cite financial or material costs to delinquency status.”® When asked about ownership
status being made public, 96% said that there would be privacy costs. Further, when
describing these costs, kin taxes are the most frequently cited (see Figure 2.2c). Re-
spondents cited financial favours from family outside the home (38%), friends (33%),
family inside the home (36%) or their spouse (36%). In addition, risk of robbery and
risk of violence are each cited by 23% of respondents. Stated privacy costs appear pre-
dominately financial and material in nature, which may have greater sway over tax

payment decisions as observed in our experiment.

To summarize, our model, empirical estimates, and descriptive interviews all sug-
gest that concerns about the privacy of property ownership, rather than the shame of
delinquency, drive the direct effects of public disclosure in our context. Disentangling
these mechanisms is important to understand the underlying tax morale determinants

of compliance. In this case, social image motivations to comply appear limited.
Direct Effects: heterogeneity

We have established that our empirical results are consistent with there being no
shame cost to delinquency on average. It could be that most people’s preferences
are similar to this average, or there could be heterogeneity. Perhaps some taxpayers
feel shame costs, while others see a benefit to being publicly known as a delinquent.
We explore treatment effect heterogeneity across three key dimensions along which
we might expect privacy and shame costs to differ: the value of the property, the total
value of the owner’s properties, and the local compliance rate (either in the village or
parish of the property) at baseline.

Table 2.A.10 gives results estimating heterogeneity in treatment effects by tercile of
each baseline measure. The direct effect of recognition is significantly more negative
for the highest value properties, while the reporting effect is not significantly different
across these terciles (col. 1). The results are similar along other dimensions (cols. 2-
4), though the differential recognition effect in the third tercile tends to be weaker.

In no cases can we reject the null that the reporting and recognition effects sum to

»In addition, we do not find any suggestive evidence of anti-compliance norms. Very few respondents
cited any costs to public compliance or gains to public delinquency (see Figure 2.A.4a and 2.A.4b).
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zero (our test for shame costs) for any of the terciles. Therefore, while there is some
indication that shame costs may be relatively more important with lower property
value or owner wealth,*® we do not have strong evidence for this.

Comparing Direct Effects with Benchmarks

Returning to Table 2.1 Panel A, we report estimates of benchmark effects in the bot-
tom of the panel. While there is no effect of messages that appeal to reciprocity (re-
minding taxpayers of the services their tax payments contribute to) and relationship
management (reminding taxpayers of the contact number to call for any questions
or concerns), we do find relatively large effects of enforcement reminder messages.
Properties whose owners were reminded of legal action that the government can take
against delinquents are 1.29 percentage points more likely to pay their liability, a 38%
increase on the control group mean. This is roughly twice the magnitude of the di-
rect effects of reporting. These effects are consistent with a growing literature that
tinds modest positive effects of enforcement messages (Brockmeyer et al., 2023; Co-
hen, 2024; De Neve et al., 2021; Dwenger et al., 2016; Castro and Scartascini, 2015).

Direct Effects: sub-treatments and endline beliefs

In addition to the preceding analysis of direct effects, we look at sub-treatment effects
by mode (SMS vs online disclosure) and find no evidence that the direct effects of
public disclosure (recognition or reporting) vary by whether disclosure will be online
rather than SMS (see Appendix Table 2.A.11). We also explore whether our treatments
from wave one affect endline survey beliefs in Appendix Table 2.A.12. We find no
significant effects of direct effects on these beliefs. It could be that any such effects
dissipated over the seven month gap between wave one of our experiment and the
endline survey.

2.6.2 Indirect effects: estimates of public dissemination

In the second wave, we test for indirect effects of public disclosure on tax compliance.
Our main results are reported in Table 2.1 Panel B, following the specification in equa-
tion 19 with our three measures of tax compliance as outcomes. We show that the
results presented here are robust to the inclusion baseline controls in Appendix Table
2.A.15. There are two takeaways on indirect effects of public disclosure from Panel B
of Table 2.1.

First, and perhaps unsurprisingly, the indirect effect of reporting delinquency low-

ers compliance. Properties whose owners received lists of tax delinquents are 0.65

0 A more negative treatment effect in the top terciles suggests that either privacy costs are larger or shame
costs are smaller or even negative for this group, and vice versa for those in the bottom terciles.
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percentage points less likely to pay their liability, a 21% decline on the control group
mean of 3.1% (col. 1). The percentage decline on the control mean is slightly smaller
(19%) if we measure tax compliance as any payment being made (col. 2), and slightly
larger (22%) for share of liability paid (col. 3). So, while the threat of being reported
induces compliance, disseminating these reports lowers others” compliance. On net,
the 0.58pp direct effect from threatening to report delinquency is canceled out by the

-0.65pp indirect effect from disseminating delinquent lists.

Second, the indirect effect of recognizing compliers also lowers compliance. Prop-
erties whose owners received lists of tax compliers are 0.78 percentage points less
likely to pay their liability, a 24% decline on the control group mean of 3.1 percent-
age points (col. 1). The percentage decline on the control mean is smaller (17%) if we
measure tax compliance as any payment being made (col. 2) or for share of liability
paid (22% from col. 3). Across all columns we cannot reject that the Delinquent List
and Complier List effects are equal, i.e. ks = Ky (see p-values at foot of table).

These results already help rule out some ex ante plausible explanations for negative
delinquent list effects: that receiving a list of delinquents makes that particular choice
more salient, or that seeing delinquents demotivates taxpayers. Both of these ‘framing’
explanations would imply opposite effects from receiving complier lists. These results
also rule out the possibility lists signal that tax behavior in wave two will be published.
In this case, we would expect indirect effects to mirror direct effects, e.g. receiving a
list of delinquents should raise compliance.®! We discuss plausible explanations for
our indirect effects in the next section.

Indirect Effects: endline survey outcomes

To explore further what could cause both Delinquents List and Complier List treat-
ments to lower compliance, we turn to our endline survey which measures more prox-
imate outcomes. Results are in Table 2.2, and here we focus on the sample of properties
with an owner responding to our endline survey.®? We first discuss results on compli-
ance beliefs in Panel A, and then turn to compare these with alternative beliefs (that
represent ex ante likely channels) and apply multiple hypothesis corrections in Panel
B.

Starting with column 1 of Table 2.2 Panel A, the estimates of indirect effects on

compliance show that results from the full sample hold for the survey respondents. In

®1Further, Appendix Table 2.A.18 shows small and insignificant effects on the endline belief that tax be-
havior will be published in the future (panel B col 3).

62Respondents may select into the survey, so we confirm that all results using the endline survey are ro-
bust to re-weighting to account for attrition as predicted by baseline characteristics (not shown). Specif-
ically, we run all specifications applying Inverse Probability of Attrition weights estimated from a logit
regression on the baseline characteristics in Appendix Table 2.A.5.
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fact, they are about 2.3-2.5 times larger when compared to Table 2.1 Panel B column
1.3 As noted above, 39% of those sampled either could not be reached by phone
or were the wrong person, so the larger magnitude could reflect the endline sample

mechanically excluding taxpayers with a disconnected phone or a wrong number.®*

Columns 2-4 in Table 2.2 Panel A show indirect effects on compliance beliefs. Delin-
quent Lists cause a decline in beliefs about the city wide compliance rate of —2.3 per-
centage points (col. 2) and beliefs about the compliance rate of owners with the most
expensive property by —4.6 (col. 3), but beliefs about the compliance rate in the village
is unchanged (col. 4). Receiving a list of tax compliers has similar but noisier effects:
beliefs on the city wide compliance rate fall by an imprecise —1.6 (col. 2), beliefs on the
compliance rate of the most expensive properties by a precisely estimated —3.5 (col.
3), and beliefs on the compliance rate in their village rise by an imprecise 1.3 (col. 4).
We return to discuss column 5 at the end of this section.

Moving to Panel B, columns 1-3 repeat the compliance beliefs and we add two ad-
ditional belief outcomes: whether the KCCA has the ability to detect who does and
does not pay taxes (col. 4) and whether the KCCA acts in the best interests of citi-
zens (col. 5). The former aims to capture belief updating on taxpayer legibility to the
state (Okunogbe, 2019), and the latter to capture changes to the perceived relationship
with the state, or ‘reciprocity” (Luttmer and Singhal, 2014). This panel tests multi-
ple alternative hypotheses and so we apply corrections for the False Discovery Rate
(Benjamini et al., 2006). The only estimates with p-values (square brackets) below the
conventional 5% level of significance are the three significant estimates on compliance
beliefs from Panel A mentioned above. Once we apply corrections for the False Dis-
covery Rate, only the treatment effect of Delinquent Lists on the belief that the rich
comply is significant at the 5% level (sharpened g-value in curly braces). In sum, our
results suggest that a likely channel through which Delinquent and Complier lists af-
fect compliance is the proximate effect on compliance beliefs, especially of the rich, yet
evidence for the effects of Complier lists is weaker.

These results are consistent with baseline overoptimism of compliance. Both Delin-
quent and Complier Lists providing an informative signal of the true compliance rate,
and therefore causing taxpayers to lower their beliefs downwards towards the truth.
Figure 2.1b showed overoptimism about compliance at baseline, which is replicated in
the endline survey. The control group mean belief of the compliance rate is 53% versus
the actual 10%, and for the compliance rate of the top 5% of property owners it is 62%

%3Notably this is still true after applying attrition weights, so baseline characteristics do not fully capture
this selection.

4This can explain much of the difference in the point estimates between the two samples, e.g., —1.76 x
0.61 40+ 0.39 = —1.06 is close to the —0.78 from Table 2.1 Panel B.
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versus the actual 22%. Further, note that control group mean beliefs of compliance in
their own village are much lower (34%) and we find no evidence of treatment effects
on this belief. This suggests people are, understandably, better informed about their

own village and so treatments do not shift their beliefs in this dimension.

It is important to consider how the treatment messages could have affected com-
pliance beliefs in this way. Neither list treatment provides statistics on the compliance
rates, so how might taxpayers infer that their priors were overestimates? It is possi-
ble that even short lists of names can be informative for rational bayesian updating.®®
It could also be that a conspicuous lack of statistics itself signal to taxpayers that the
KCCA is strategically avoiding sharing the true compliance rate, so it must be low.
For instance, follow-up survey respondent #33404 explains “they could have commu-
nicated in percentages those who paid and those who did not pay ... like 70%, then
you would think that ‘I may be amongst the remaining 30% that has not paid. Let
me also go and pay.” But from the message, since just a few people who paid are
listed, it is discouraging.” Finally, it could simply be that the very act of sending out
lists sends a signal to taxpayers that the city government is going to extreme measures
to raise compliance, and so current compliance must be low. Notably, in all cases, if
recipients were more overoptimistic about the compliance of the wealthy, they may
respond more strongly with respect to these beliefs.

This evidence suggests a causal chain of public dissemination effects on compli-
ance. First, the lists cause people to update their beliefs about the compliance of
others downwards, and second, these diminished beliefs reduce tax morale and the
propensity to comply. This is our preferred explanation as it is most consistent with
the available evidence, however we also explore alternative explanations in Section
2.7.1 below.

Returning to Panel A column 5 of Table 2.2, we estimate this second causal effect
with an instrumental variables approach. We instrument for compliance beliefs using
our list treatments under the assumption that treatments do not directly affect com-
pliance except through this channel.® In column 5, raising beliefs about compliance

of the rich by one percentage point raises own compliance by 0.4 percentage points

®For instance, consider a recipient of the compliers list who knows that there are 70,000 tax-eligible
individuals and knows 25 specific individuals to be compliers. For simplicity, suppose that they have
beliefs over two possible states of the world: high compliance (90%) and low compliance (10%), and
their prior is that each is equally likely. If they receive 15 randomly sampled compliers and none match
their 25 known compliers, their posterior belief of the high compliance state will rise to just over 51%.
If instead at least one matches the 25 known compliers their posterior of the high compliance state will
fall to only 10%. The latter scenario is expected to occur in about 5% of cases because the actual rate of
compliance is 0.1, so the average posterior belief of the high state of compliance will fall to 49% (one
point below the prior).

6Qur evidence presented above suggests this is at least the case for observable measures.
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on average. Given the small magnitude of effects in our first stage, the F-statistic is
slightly low but near 10 (see foot of panel). We consider this exercise as more specu-
lative, but still suggestive evidence of a “compliance trap”, where taxpayers are less

inclined to pay when they believe others are not paying (Besley et al., 2022).
Indirect Effects: heterogeneity and sub-treatments

In addition to the preceding analysis of indirect effects, we explore heterogeneity in
effects across baseline characteristics of properties, owners, and neighborhoods. Table
2.A.16 gives results and we find no evidence of heterogeneous indirect effects across
any of the dimensions we consider (property value, owner’s total value, or local com-
pliance rates at baseline). Further, we can never reject the null hypothesis that effects
of Delinquent Lists are equal to effects of Complier Lists within terciles (top rows at
foot of table).

We also look at sub-treatment effects by SMS message content (short list from city,
short list from neighborhood, and link to full city list) and find no evidence that the
indirect effects of public dissemination (Delinquent or Complier lists) vary by these
sub treatments (see Appendix Table 2.A.17). It may seem that lists of fifteen names
would shift beliefs by less than the online sub-treatment where full lists are made
available, however, many many recipients would not have smartphones and therefore
may never have accessed the webpage (which is why the standard communication is
by SMS). For Complier lists, we also consider the third treatment arm that sent lists of
compliers sampled only from the wealthiest (top 5%) property owners in the city. Our
estimates are negative but with large standard errors and we can never reject that it is
zero, nor that it is different from the effect of receiving a list of random taxpayers. It
could be that these messages induce a framing effect by highlighting that the wealthy
are paying, and so this mitigates the demotivation effect that is found from the other
lists. We may simply be underpowered to detect these effects given this relatively

small sub-treatment group.

2.7 Discussion
2.7.1 Alternative explanations
Direct effects imply no shame in tax delinquency

We find average direct effects of public disclosure that are negative if disclosing delin-
quents and positive if recognizing compliers. Our explanation is that, on average,
taxpayers aim to avoid a negative social payoff to their property ownership status be-
ing made public, and that there is no motivation from shame in delinquency or pride

in compliance. Here, we explore three alternative explanations and highlight why our
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privacy cost explanation is preferred.

First, perhaps the public imposes costs on both those known as delinquents and
those known as compliers relative to those whose compliance status is ambiguous.
For instance, if the public is heterogeneous with some imposing pro-compliance so-
cial sanctions on those perceived as high probability delinquents and others imposing
pro-delinquency social sanctions on those perceived as high probability compliers,
then agents may wish to be perceived ambiguously to avoid social costs from either
‘camp’ in this polarized public. While theoretically possible, we do not find much ev-
idence from our endline and follow-up surveys on social costs to being perceived as a
complier: 93% of respondents in our endline survey believe that not paying property
rates that are owed is wrong, while only 14% of respondents in our follow-up survey
see any costs at all to being known publicly as a complier. As such, we see our simpler

explanation as more likely.

Second, perhaps taxpayers interpret both messages as sending a signal about com-
pliance rates in the city. Receiving a message that threatens reporting may suggest that
non-compliance is rare, whilst promising recognition may suggest that compliance is
rare. This would still suggest no shame costs on average, but provides an alternative
explanation to privacy costs for what is driving direct effects. However, our follow-up
survey suggests privacy costs are likely to be present, with 96% of respondents ex-
pressing perceived social costs to the public listing of property owners.

A third alternative is that, by receiving a message that promises recognition, tax-
payers may feel favoured and thus less obligated to pay their taxes (and vice versa for
reporting messages). However, this would imply taxpayers trust this implicit signal
above the content of the message and we did not hear any evidence of this interpreta-
tion in our follow-up survey. Further, as discussed below, we do not find evidence of
spatial spillovers suggesting that property owners are not comparing messages they

receive which would be necessary to infer that one is “favoured” over others.
Indirect effects lower payments through compliance beliefs

We find average negative indirect effects of receiving either a list of delinquents or
compliers. Our explanation is that these lists send a signal about the true compliance
rate, which is far below baseline compliance beliefs, so taxpayers adjust their beliefs
downwards and consequently comply at a lower rate. Here, we explore key alter-
native explanations in order to highlight why our compliance beliefs explanation is
preferred.

First, perhaps treatment messages caused taxpayers to believe the KCCA was act-
ing unfairly, demotivating them from paying their rates and resulting in lower compli-
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ance. However, we have already seen in Table 2.2 Panel B column 5 that estimates of
treatment effects on the belief that KCCA acts in the interest of its citizens are insignif-
icant and small for Delinquent lists and insignificant and even positive for Complier
lists. We do find in 2.A.18 the belief that ‘compliance is better kept private” increases
for the Delinquent List group, which could suggest that these lists are perceived as
violating privacy. However, we find small and insignificant effects of the Complier
List on this outcome and so are less able to explain how this mechanism would lower
payments from both groups.

Second, perhaps indirect effects are driven by a reduction in trust from receiving
a published list in the second wave was different than the list warned about in wave
one, e.g. the negative effect of receiving a compliers list is driven by those who were
in the wave one reporting group. In Appendix Table 2.A.20 we look at heterogeneity
of indirect effects by the wave one treatment groups. For the wave one control group,
the effect of receiving a Delinquent List or a Complier list is negative and significantly
different from zero, consistent with our main estimates. The differential effects are
small and insignificant for the groups that received the same framing in both waves,
and the groups that received different framing across waves. So, this explanation is

unlikely to have driven our main effects.

Third, perhaps treatment messages negatively signal the KCCA's ability to detect
who does and does not pay. Again, we saw Table 2.2 Panel B column 4 shows insignif-
icant treatment effects on the belief that KCCA can detect who pays taxes. In addition,
the standard message sends a strong signal of this legibility (all recipients are notified
of their tax dues by name, regardless of treatment).

Fourth, it could be that receiving a delinquent list signals that enforcement is weak,
and conventional penalties are rare, because they are resorting to ‘desperate’ public
disclosure measures as enforcement. For example, taxpayers could think that tak-
ing taxpayers to court is costly, and therefore KCCA is resorting to public disclosure.
While we cannot rule this explanation out, as enforcement beliefs were not measured
at endline, we do not see any evidence to support this explanation in our follow-
up survey. We see it as more likely that receiving a list providing information on
(non)compliance would affect compliance beliefs, but it is possible that our indirect

treatment effects work through enforcement beliefs in addition to compliance beliefs.

A fifth alternative explanation is simply that taxpayers misread the complier lists
as a list of delinquents. However, it seems unlikely that the complier lists were the
only message that were systematically misread. Also, the messages emphasized that
the list was “recognising the contribution made by property owners who PAID” their
taxes (see Appendix Table 2.A.3).
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Finally, we note that some readers may perceive tension between the interpreta-
tions of direct and indirect effects, i.e. having limited social image concerns of delin-
quency, but a responsiveness to information about delinquency rates. However the
two need not contradict one another. For instance, beliefs about the compliance rate
may operate through the perceived likelihood that delinquency is formally penalized

and so be independent from social image concerns.

2.7.2 External validity: “Structured speculation”

This section discusses the external validity of some of our key results. We follow
Banerjee et al. (2017) to provide “structured speculation” on how our results may dif-
fer when our intervention is scaled up, when treatments are assigned to a different
population, and when treatments are assigned to the same population but in different
circumstances. In doing so we aim to make precise speculations that apply our practi-

cal knowledge built in the field and are falsifiable by future research.
How scalable is the intervention?

The intervention in this paper is effectively implemented at scale (for all of Kampala),
but we randomize a variety of treatments at the property owner level and so physical
or social ‘neighbors” may receive differing treatments. If the intervention was scaled

up as a uniform treatment then results may differ for at least two reasons.

The first is the potential presence of spillovers and violation of SUTVA. In theory, if
there were spillovers across treatment groups we might worry about different results
if a uniform treatment was rolled out across the city. Recent work in Austria found
that enforcement letters sent to TV license delinquents not only raised compliance of
treated individuals, but also for neighbors within 50m (Drago et al., 2020). In Ap-
pendix Table 2.A.13, we present “spillover tests” for wave one where we include the
shares of neighbors within 50m of a property that received a ‘benchmark’, ‘reporting’,
and ‘recognition” message. Having more neighbors with a reporting or recognition
message does not have a significant effect on compliance. Further, the treatment effect
estimates are very stable after the inclusion of these controls compared to the main
estimates in Table 2.1 Panel A. Similarly for indirect effects in wave two (Appendix
Table 2.A.19).

A more pertinent issue is that we purposefully designed our study to minimize the
chance of spillovers, e.g. by targeting the treatments privately to individuals. This
limited our ability to conduct a more conventional campaign using newspaper, radio,
and dissemination by word of mouth. If this intervention was implemented by an-
other actor, such as the city government, they would not face this concern. Therefore
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they could initiate much more salient information campaigns than we were able to.

For this latter reason, a uniform scaling of our intervention is likely to be more
salient. We would speculate that all of our treatment effects, both wave one and wave
two, would be of larger magnitude in such a case (analogous to a scaling up of 6 in

section 2.5).
Results in a different population?

This study was conducted on rental property owners in Kampala Uganda. Results
may differ if implemented for a different geographical location, or tax base. As high-
lighted in Antinyan and Asatryan (2024), our treatment effects are generally lower
than other studies looking at the effectiveness of ‘nudge’ policies on tax compliance,
and a large part of the reason for this may be the low-income context in which our
study was carried out, where levels of compliance and government legitimacy may be

lower.

Our speculation is that a defining feature of our population is the low baseline level
of compliance. As discussed in Besley et al. (2022), social motivations to pay tax may
be endogenous to the level of compliance. Therefore, the shame mechanism in our
framework may be stronger in contexts where baseline compliance rates are high. In
such contexts of high compliance, we expect (direct) reporting and recognition effects
to both be more positive. We did explore this within our population using heterogene-
ity analysis, but we cannot detect any differences in treatment effects between bot-
tom, middle, and top terciles of baseline compliance rates (see Appendix Table 2.A.10
columns 3 and 4). A key issue is that we do not observe any local areas with high
absolute levels of compliance at baseline, e.g. the 95th percentile village compliance
rate is only 29%. In addition, we speculate that a context with much higher baseline
compliance would have less room for initially optimistic taxpayers to be demotivated
by reports of delinquents, and so the indirect effects would likely be more positive
than they are in our context. However, this would obviously also depend on the prior

beliefs of the taxpayers.

Another important feature of our population is that the city government is gener-
ally seen unfavourably. There are multiple reasons, but three common themes from
focus groups and follow-up interviews are that there is under-provision of public ser-
vices, issues with the property valuation process, and poor sensitization of property
tax procedures. For instance, follow-up respondent #21509 explains: “KCCA is like a
bottomless pit ... paying taxes taxes taxes but what is there to show? ... most of the
communities do things for themselves”. Our speculation is that this diminishes the

social motivation to pay by providing delinquents an excuse that taxes are not put to
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a socially productive use. Respondent #21509 explains: “To be proud of your tax pay-
ment means getting back benefits from the people you paid taxes to. ... but here you
pay and you are not getting anything”. So if our treatments were assigned in a pop-
ulation with higher perceived productive state capacity, we would expect our direct
effects to be more positive.

In addition, a distinctive feature of property taxes is that the tax base is highly
observable. The government knows what is owed by each property and can easily
identify delinquents and compliers. This is different from other tax bases, like personal
income, where liability is more difficult to observe. Effectively this means that in other
contexts, reporting and recognition effects can operate through an additional ‘whistle
blower” channel. Upon publicly disclosing tax payments, a third party can inform
the government that a particular individual’s reported income is less than their true
income. Our speculation is that our direct treatment effects on a tax base that is less
observable would be more positive due to the additional whistle blower channel. This
is one important dimension that our context differs from Slemrod et al. (2022) who
study public disclosure of self-employed income taxpayers in Pakistan.

Finally, and related to the previous point, owner occupied properties are exempted
in our context. If instead the tax was levied also on owner occupiers, then the privacy
channel may be muted because it is more likely that ownership is already publicly

known. Our speculation is that this would attenuate treatment effects towards zero.
Results in the same population in different circumstances?

In this paper we study public disclosure of property taxpayers over the course of one
year without repetition. If the program was implemented repeatedly over time, or
under different circumstances, our results may differ.

We speculate that treatment effects would attenuate towards zero over time if they
were implemented on a repeated basis. First, consider a tax delinquent who gets re-
ported in the first year. Once reported, the government has less leverage over them
as it becomes increasingly likely over time that the privacy costs have already been
incurred. Equivalently, the effect of recognition will become less negative. So, di-
rect effects should attenuate over time. Second, consider a taxpayer who receives a
delinquent or complier list and updates their beliefs about the compliance of others
downwards. Over time, these beliefs will converge, i.e. taxpayers will be sufficiently
pessimistic about compliance that they will no longer update. Again, this would mean
that indirect effects tend towards zero overtime. Finally, a similar argument can be
made about the benchmark enforcement message. This treatment may remind taxpay-

ers of the legal enforcement actions that the government can take, but its effectiveness
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is likely to decline unless actual enforcement is increased and perceived by taxpayers.

Finally, our experimental interventions were conducted in 2021, the year following
the COVID pandemic. Importantly, the city government put out a waiver on late pay-
ment penalties during the year 2020. This may have temporarily lowered taxpayers’
social motivation to pay because it became more acceptable to be delinquent. As dis-
cussed above in considering results in a different population, we believe that there are
more fundamental reasons for limited social motivation to pay, and that the relative
effect of the pandemic on social motivations was limited. However, it is possible that
if our intervention was implemented in a later year then our reporting and recogni-
tion treatment effects would be more positive due to this temporary decrease in social

motivations passing over time.

2.7.3 Policy Implications

Our study has important implications for policy makers in looking to raise property
tax compliance in low-income settings like Kampala. There are three main takeaways

for policymakers.

First, public disclosure policies in such a context seem to have, at best, limited ef-
fects on compliance, and at worst may even reduce tax compliance. The small positive
direct effect of publicly reporting delinquents was counterbalanced by a negative in-
direct effect of disseminating information about these delinquents. Assuming that the
average policy effect can be calculated as the sum of direct and indirect average effects,
this gives a very small and negative (-0.075 percentage point) total effect on tax compli-
ance. Even worse, recognition of compliant taxpayers completely backfires, with both
direct and indirect effects of recognition reducing tax compliance. The average policy
effect of recognition is a relatively large negative effect on compliance (-1.33 percent-
age points). We recommend against public disclosure policies in similar contexts.

Second, standard reminders about the legal enforcement ability of the government
can raise compliance by about 1.3 percentage points. This is over twice the size of
the estimated direct effect of reporting, i.e. even before accounting for the negative
indirect effects. These simple enforcement messages represent a relatively more effec-
tive, though still somewhat weak, policy tool than public disclosure. Taking our 0.019
estimate of the enforcement message effect on the share of liability paid, and noting
that the average liability is 290k UGX, enforcement messages raise about 5,510 UGX

£.67

per property compared to simple reminders at no additional cos We emphasize

however, that despite the relative cost effectiveness of enforcement messages, their

67By contrast, other types of information messages (reciprocity or city contact details) have no effect on
compliance. We explore this further in Ahabwe et al. (2023).
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absolute magnitude is still very small compared to the overall compliance gap. Such
‘nudges’ are very unlikely to make a substantial difference to compliance rates in low

capacity settings.

Finally, our study suggests that SMS can be an effective tool for policy communi-
cation. Taxpayers are reachable by phone: we called 8,525 taxpayers for our endline
survey and of the 6,303 taxpayers that we were able to reach by phone, 87% had correct
phone numbers according to the KCCA database. The majority (88%) of our endline
survey respondents recall receiving a message from KCCA regarding property rate
compliance at some point in the study year. At the same time, even simple reminder
messages appear to have a significant impact on payments. While we did not create
a randomly assigned group of property owners to receive no reminders, we can look
at payments over time in the style of an event study before and after our interven-
tion starts. Appendix Figure 2.A.7 shows striking increases in control group payment
propensities right at the first intervention week that remain elevated throughout the

treatment period.

2.8 Conclusion

Our study investigates the impact of public disclosure policies on property tax com-
pliance in a low-income, low-compliance setting through a field experiment with the

Kampala Capital City Authority.

We find evidence of positive direct effects of reporting, whereby those warned are
more likely to pay their taxes, but negative indirect effects on those who are informed.
On public recognition, however, we find both negative direct effects and indirect ef-
tects. We investigate these effects further to better understand the underlying mecha-
nisms. We find that the positive direct effects of public reporting are similar in magni-
tude but of opposite sign to the direct effects of public recognition. Using a parsimo-
nious model, we show that this can be explained by a privacy cost to being revealed as
a property owner, and no shame cost to tax delinquency nor social gain to compliance.
Further, we provide evidence that public disclosure polices induce negative indirect

effects by updating taxpayers’ beliefs about general compliance downward.

Why is it that public disclosure has such limited effects on tax compliance in this
context? We speculate that in a context of low compliance and low service provision,
payment of taxes does not gain social esteem, resulting in limited shame of delin-
quency. At the same time, public disclosure would be more effective in a context of
high compliance, where disseminating information raises taxpayers beliefs about com-

pliance.
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The findings of our field experiment shed light on options for future policy. It
seems that public disclosure policies are not effective at raising compliance in this
context; instead, a simple message communicating potential enforcement measures is
a cost-effective way of raising compliance by at least as much as the threat of public

reporting.

With the above in mind, it is important to note that the cost-effectiveness of nudge
policies comes largely from the fact that they are so cheap, and not because they are
particularly effective. In the context of property tax collection in sub-Saharan Africa
where compliance rates are extremely low, more ambitious policies are needed in order
to reach high levels of tax compliance. This remains an important avenue for future

research.

144



2.9 Figures

Figure 2.1: Baseline Norms and Beliefs

(a) Perceived norms on compliance and delinquency
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Notes: This figure plots responses from the baseline survey of property owners. Panel a plots the share
of respondents with different stated norms of social gains from tax compliance (blue bars) and social
costs to tax delinquency (red bars) - not specific to property tax - from 1,159 respondents who gave
an answer to both questions. Panel b plots histograms for beliefs of the compliance rate across all
properties city-wide (blue bars) and across all wealthy (top 5% by value) property owners (red bars)
from 1,094 respondents that gave an answer to both questions. The dashed blue line gives the true
compliance rate in the city, the dashed red line gives the true compliance rate for the wealthy property
owners.

145



Figure 2.2: Follow-up survey: perceived costs and benefits of public disclosure

(a) What gains would be incurred if compliance is made public?

45
40
35-
30
@
5
g 25-
I Il Seen as morally good
ﬁ 71 Seen as having money
B 2 7] Seen as contributing fair share (since others pay)
[ Seen as contributing fair share (since earning)
15 [ Helps with future government negotiations
[ Shows others do not have money to spare
10 [ Shows he is reliable, to access loans and business in future
I Avoid future harassment from KCCA or others for this payment
Encourage others to pay which ultimately benefits the owner
5 Encourages tenants to pay their taxes
F— “:' :] Seen as contributing to public services that others enjoy
o

(b) What costs would be incurred if delinquency is made public?
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(c) What costs would be incurred if ownership is made public?
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Notes: This Figure plots responses from our follow-up survey. Questions were asked as open-ended
and subsequently categorized. Responses are not mutually exclusive. Respondents were asked about
all possible gains to compliance being made public (panel a), costs to delinquency being made public
(panel b), and costs to ownership being made public (panel c). Critically, answers to panel a) and b)
were asked conditioning on public knowledge of property ownership.
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Figure 2.3: Treatment group diagrams

(a) Treatment groups in first wave (direct effects)
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Notes: This figure depicts the assignment of properties and property owners to the control and treatment

groups from the first wave (panel a) and second wave (panel b). The number of properties in each group

is denoted N and the number of phone number clusters, the level of randomization, is denoted C.
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2.10 Tables

Table 2.1: Direct and Indirect treatment effects on compliance outcomes

(1) (2) (3)
. Share
Paid Any Liability
Liability Payment .
(pp) (pp) Paid
PP PP (bP)

Panel A: Direct effects from wave one

Public disclosure effects

Reporting (7s) 0.579*** 0.816™** 1.003***
(0.218) (0.251) (0.200)
Recognition (tx) -0.551*** -0.786*** -1.056***
(0.193) (0.213) (0.200)
Benchmark effects
Enforcement 1.290*** 1.509*** 1.911***
(0.316) (0.353) (0.282)
Reciprocity -0.0674 -0.0455 -0.159
(0.311) (0.343) (0.283)
Relationship -0.503* -0.520 -0.595**
(0.274) (0.317) (0.283)
p-value (ts + g = 0) 0.94 0.94 0.88
Control Mean 34 4.2 54

Panel B: Indirect effects from wave two

Delinquent List (xg) -0.654*** -0.880*** -1.314***
(0.176) (0.220) (0.330)
Complier List (xp) -0.782*** -0.810*** -1.309***
(0.185) (0.257) (0.355)
p-value (ks = xp) 0.44 0.77 0.99
Control Mean 3.1 4.6 59

Note: Panel A shows estimates of direct effects on compliance at wave one (may-june 2021), and
Panel B shows estimates of indirect effects on compliance at wave two (nov-dec 2021). The sample
for panel A is 174304 properties and 69584 property owner clusters from the wave one endline. The
sample for panel B is 161709 properties and 64004 property owner clusters from wave two (we exclude
15053 properties in the wealthy compliers treatment to keep the treatment groups compositionally
similar). All outcomes are scaled to be interpretted as percentage points, and full definitions are given
in Appendix Tables 2.A.4 and 2.A.6. Each observation is a property and each model controls for
randomisation strata fixed effects. Standard errors in parentheses are clustered at the mobile phone
number level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.2: Indirect effects on compliance and beliefs in endline survey sample

Panel A: Effects on compliance beliefs and IV

OLS 2SLS
(1) (2) (3) (4) )
Paid Al Rich Own Paid
o Kampala  Kampala Village o
Liability Liability
() Comply Comply Comply (bp)
(pp) (pp) (pp)
Delinquent List -1.69** -2.29** -4.59%** -0.57
(0.66) (1.16) (1.54) (1.22)
Complier List -1.79* -1.58 -3.52** 1.25
(0.74) (1.26) (1.56) (1.33)
Belief Rich 0.42**
(0.20)
F stat (K&P) 9.81
Control Mean 44 52.6 62.2 34.0 4.4
Panel B: Effects on alternative beliefs with multiple hypothesis corrections
1) () €) 4) (5)
All Rich Own KCCA i(icf
Kampala Kampala Village Detection N
. Best
Comply Comply Comply Capacity Interest
(pp) (pp) (pp) (pp) (oD)
Delinquent List -2.29 -4.59 -0.57 -1.73 -0.31
(1.16) (1.54) (1.22) (1.65) (2.43)
[0.05] [0.00] [0.64] [0.30] [0.90]
{0.15} {0.03} {1.00} {0.67} {1.00}
Complier List -1.58 -3.52 1.25 -0.13 2.14
(1.26) (1.56) (1.33) (1.94) (2.55)
[0.21] [0.02] [0.35] [0.95] [0.40]
{0.57} {0.12} {0.67} {1.00} {0.67}
Control Mean 52.6 62.2 34.0 87.0 45.5

Note: The sample for all specifications is 7230 properties and 3458 property owner clusters from
the endline survey. All outcomes are scaled to be interpretted as percentage points, and full definitions
are given in Appendix Tables 2.A.4 and 2.A.6. Each observation is a property and each model controls
for randomisation strata fixed effects. Standard errors in parentheses are clustered at the mobile phone
number level. Panel A columns 1-4 are OLS estimates of treatment effects, and column 5 is IV/2SLS
results for the effect of beliefs about compliance of the rich, instrumented with a dummy equal to 1
if either a delinquents or compliers list was randomly assigned. The Kleibergen-Paap F-statistic is
reported at the bottom of the panel. Panel B columns are OLS estimates of treatment effects on a set of
alternative belief outcomes. In addition, standard p-values for the null hypothesis that the treatment
effect is zero are given in square brackets, and sharpened g-values adjusting for the False Discovery
Rate are given in curly brackets. Note that significance stars are only applied in panel A: *p < 0.1,

*p < 0.05, "**p < 0.01.
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Appendices of Chapter 2

2.A Appendix Figures

Figure 2.A.1: KCCA own-source revenues by collection instrument

(a) Collected Revenues in 2021
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(b) Revenue Share by Instrument 2017-2021
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Notes: This figure plots distributions of own-source revenue collection by the Kampala Capital City
authority. Panel (a) plots collected revenue in the financial year 2021 /22 by collection instrument. Panel
(b) plots revenue share from a select set of instruments over the period 2017/18-2021/22.
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Figure 2.A.2: Property tax compliance rates across countries
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Notes: This figure plots property tax compliance rates from cities around the world. Estimates are taken
from studies of property taxes in low- and middle- income countries where available. The cities or
regions include: Carrefour, Haiti (Krause, 2020); Cong Town, Liberia (Okunogbe, 2019); Kananga, DRC
(Bergeron et al., 2024); Kampala, Uganda (this paper); Dakar, Senegal (Cogneau et al., 2020); Dar es
Salaam, Tanzania (Collin et al., 2021); Quelimane, Mozambique [self reported compliance] (Sandholtz
and Vicente, 2024); MMDAs in Ghana (Dzansi et al., 2020); Mexico City, Mexico (Brockmeyer et al.,
2023); Santa Fe, Argentina (Castro and Scartascini, 2015); Manaus, Brazil (Best et al., 2019); and Lima,
Peru (Del Carpio, 2022).

Figure 2.A.3: Actual and potential revenue collection vs. property value
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Notes: This Figure plots actual and potential revenue collection by ventiles of property value. Revenue
is calculated over three financial years: 2019/20, 2020/2021, and 2021/22. Actual revenue includes all

payments: liabilities, interest, and penalties. Potential revenue is calculated as three years of annual
liability.
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Figure 2.A.4: Follow-up survey: (additional) perceived costs and benefits of public
disclosure

(a) What costs would be incurred if compliance is made public?
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(b) What gains would be incurred if delinquency is made public?
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(c) What gains would be incurred if ownership is made public?
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Notes: This Figure plots responses from our follow-up survey. Questions were asked as open-ended

and subsequently categorized. Responses are not mutually exclusive. Respondents were asked about
all possible costs to compliance being made public (panel a), gains to delinquency being made public
(panel b), and gains to ownership being made public (panel c). Critically, answers to panel a) and b)
were asked conditional on public knowledge of pyeperty ownership.



Figure 2.A.5: Follow up survey: from whom is property ownership kept private?

Who would find out an individual's ownership status from online/SMS lists?
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Notes: This Figure plots survey responses to the question “To whom would publishing [a list of property
owners] reveal that [hypothetical person] is a property owner?”, from our follow-up survey. This was
asked to all respondents who answered “yes” to “Do you think publishing these lists would reveal to
any of [hypothetical person]’s friends, family or wider social network that they are a property owner
(i.e. they would find this out for the first time)?”

Figure 2.A.6: Screenshots of the online KCCA “honoring” and ‘reporting” webpages’

KAMPALA CAPITAL # ABOUTUS DIRECTORATES PROJECTS TENDERS SERVICES CAREERS OPENGOV FAQS CONTACTUS
CITY AUTHORITY

Property Rates: Honouring Compliant Citizens

Paying property rates contributes to essential services for the city of Kampala.

KCCA is publicly honouring citizens who paid their taxes in FY 2020/21. Search below for further details on taxpayers who have paid rates for all their properties on time in
FY 2020/21.

Customer Name

KAMPALA CAPITAL # ABOUTUS DIRECTORATES PROJECTS TENDERS SERVICES CAREERS OPENGOV FAQS CONTACTUS
CITY AUTHORITY

Property Rates: Reporting Non-Compliant Citizens

Paying property rates contributes to essential services for the city of Kampala.

KCCA is publicly reporting citizens who did not pay their taxes in FY 2020/21. Search below for further details on taxpayers who did not pay rates for all their properties in
FY 2020/21

The list below details taxpayers who had outstanding balances on at least one of their properties. The list, therefore, includes taxpayers who may have paid their rates on
some (but not all) of their properties.

Customer Name

Notes: This Figure shows screenshots from the official KCCA webpage. The top image is the page that is
sent to the Online Recognition treatmentment group in public dissemination (indirect effcts in wave 2),
and the bottom image is the page sent to the Online Reporting treatment group in public dissemination
(indirect effcts in wave 2).
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Figure 2.A.7: Event studies SMS reminder effects and placebos

(a) June payment deadline (wave one)
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(b) December payment deadline (wave two)
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Notes: This figure plots the share of properties paying their liability by week leading up to payment
deadlines. Only properties that were in the control group for both wave one and two are included. Panel
A focuses on the June deadline, and panel B the December deadline. The vertical red line represents
the date at which the intervention started sending reminder messages. The black dots represent years
in which the intervention took place, and grey dots are ‘placebo’ years where the intervention did not

take place.
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2.B Appendix Tables

Table 2.A.1: Timeline of study

Date Activity Messages
sent (per
language)

Baseline Survey, 2020

Nov-Dec | In-person baseline Survey conducted by a private surveying company N/A

with 1,172 property owners

Events During First Wave of Experiment, 2021

14 May Colleagues at KCCA generated list of all properties and balances as of N/A

this date

17 May Standard messages sent - one for each property that had an outstanding 174,617

liability

18 May Control, treatment, and benchmark messages sent - one for each phone 70,381

number against which there was an outstanding liability (i.e. among any
of the properties listed as owned by someone with this phone number)

21 May Colleagues at KCCA generated list of all properties and balances as of N/A

this date

24 May Control, treatment, and benchmark messages sent - one for each phone 69,238

number against which there was an outstanding liability (i.e. among any
of the properties listed as owned by someone with this phone number)

11 June Colleagues at KCCA generated list of all properties and balances as of N/A

this date

14 June Standard messages sent - one for each property that had an outstanding 170,942

liability

15 June Control, treatment, and benchmark messages sent - one for each phone 76,902

number against which there was an outstanding liability (i.e. among any
of the properties listed as owned by someone with this phone number)

Events During Second Wave of Experiment, 2021

17 Nov Colleagues at KCCA generated list of all properties and balances as of N/A

this date

18-19 Nov | Standard messages sent - one for each property that had an outstanding | 176,126

liability

19-22 Nov | Control and treatment messages sent - one for each phone number 69,186

against which there was an outstanding liability (i.e. among any of the
properties listed as owned by someone with this phone number)

2 Dec Colleagues at KCCA generated list of all properties and balances as of N/A

this date

3 Dec Control and treatment messages sent - one for each phone number 69,054

against which there was an outstanding liability (i.e. among any of the
properties listed as owned by someone with this phone number)

13 Dec Colleagues at KCCA generated list of all properties and balances as of N/A

this date

14 Dec Standard messages sent - one for each property that had an outstanding | 173,566

liability

15 Dec Control and treatment messages sent - one for each phone number 68,520

against which there was an outstanding liability (i.e. among any of the
properties listed as owned by someone with this phone number)

Endline Survey, 2022

Jan -Feb Endline Survey conducted by a private surveying company over the N/A

phone with 4,960 property owners.

Follow-up Survey, 2024

April | Follow-up Survey conducted by Pl in person with 56 property owners. N/A
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Table 2.A.2: Content of ‘Direct Effects’ messages sent in wave one

Message English Text Luganda Text
Nyabo/Sebo, osabibwa okusasula ([liability]
Please pay UGX [liability] as overdue prop- | sente zobusulu bw’amayumba ezirudde enyo
Standard erty rates balance for [propertyno] in the next | okusasulwa nga za [propertyno] mu sande 6 ez-
6 weeks. For details visit [Division] Division or | ijja. Ebisingawo genda ku [Division] oba kuba
call [KCCA phone contact]. Thank you KCCA essimu [KCCA phone contact]. Webale nyo.
KCCA
Dear [customername], Please remember to pay | [customername], jjukira okusasula sente
Control your overdue property rates in the next [6/4/2] | zobusuulu bw’amayumba ezirudde enyo
weeks. Thank you KCCA mu sande [6/4/2] ezijja. Webale nyo. KCCA
[customername], bw’otosasule sente z’obusuulu
Dear [customername], If you do not pay your bw/envumba vo, KCCA eiia kwongeramu
Benchmark property rates, KCCA will implement enforce- yu , }li ¢ ) S b
Enforcement ment measures (including fines and legal action) amaanyl = g exozesd (omutar}go nembusa
to recover this amount. Thank you KCCA z amz;(téeéi) okkusobozesa okuzisasula. Webale
nyo.
Dear [customername], Paying property rates [customername], okusasula obusuulu
Benchmark makes it possible for KCCA to fund roads, EI‘:V am;(})fumelii aE;ZObZﬁZiaag CC%k (r)lkuk(()ilg
- - drainage, street lighting and other essential ser- nguudo, yaaia, 4 § oxunguu
Reciprocity . : n‘obuwereza obw’enkizo obulala. Sasula
vices. Pay your taxes for a better city. Thank you : )L .
KCCA emlscI)iCé (%XO kulw’ekibuga ekisingako. Webale
nyo.
Dear [customername], KCCA assigns a client re- | [customername], KCCA yatongoza Maneja
Benchmark lationship manager (CRM) for every taxpayer to | akola ku buli kwemulugunya kw’omusasuzi
Relationshi address any query. Please contact your CRM | w’omusolo. Okubirizibwa okumwebuza-
p with any issues: [arm_name] [arm_contact]. | ako singa oba n’ensonga yonna: [arm_name]
Thank you KCCA [arm_contact]. Webale nyo. KCCA
Dear [customername], If you do not pay your [customername], bw’otasasule sente z’abusuulu
property rates within [6/4/2] weeks KCCA will bvl\(/kar’zvurlnbiyo Iﬁunfaggjv [6/111 /21, Il(CC;A e].:
Reporting SMS REPORT you as a DEFAULTER and share your jacewaia figa aeme g okusasuia era €y
1 . jakusasaanya erinya lyo n’omuluka gwo eri
name and parish in an SMS to fellow citizens and .
neighbours. Thank you KCCA Eaétéize banno nebaliranwa bo. Webale nyo.
Dear [customernamel, If you do not pay your [customername], bw’otasasule sente z’obusuulu
property rates within [6/4/2] weeks KCCA b.‘.N kelil y;d m‘;)ayo rnul sarzldde [6/%(/2]’ FCCA
Reporting Web will REPORT you as a DEFAULTER and share e]]: aalilwa a rirrllgaa al emen, V:r?ull(;kgsastflva el:i
your name and parish on keca.go.ug/reporting- ©s i yi erinya fyo nomut 8 Ob ]
citizens. Thank you KCCA mu 111<th Iica.go.ug/ reporting-citizens. Webale
nyo.
Dear [customername], If you pay your property [Zc’uls)tomell‘na}ran e] ! n mgj W orIIT(I)sasurlla:i 6 /:Ze/nZt]e
rates within [6/4/2] weeks KCCA will RECOG- | p 2l 00 P S0y i ayo i oane e sy
Recognition SMS NISE your CONTRIBUTION by sharing your ) y ,
1 " nga esasaanya erinya lyo n‘omuluka gwo nga
name and parish in an SMS to fellow citizens and .
neighbours. Thank KCCA ekozesa obubaka obufunze eri batuuze banno
eighbours. Fhanikyou nebaliranwa bo. Webale nyo. KCCA
Dear [customername], If you pay your prop- | [customername], bw’onosasula sente
erty rates within [6/4/2] weeks KCCA will | z’obusuulu bw’enyumbayo mu sande [6/4/2],
Recognition Web RECOGNISE  your CONTRIBUTION by | KCCA ejjakwenyumiriza mu busasuzi bwo
& posting your name and parish publicly on | ng'eteeka erinnya lyo n‘omuluka gwo mu
kcca.go.ug/honouring-citizens. Thank you | lujjudde ku mukutu kcca.go.ug/honouring-
KCCA citizens. Webale nyo. KCCA
. [customername], webale nyo okusasula sente
Dear [customername], Thank you for paying 2 obusuulu bw’amayvumba. KCCA efiakwenyu-
R - your property rates. KCCA will RECOGNISE o Y : U Y
ecognition SMS our CONTRIBUTION by sharing vour name | Miriza mu busasuzi bwo nga esasaanya erinya
(alternate) y y &Y lyo n"'omuluka gwo nga ekozesa obubaka obu-

and parish in an SMS to fellow citizens and
neighbours. Thank you KCCA

funze eri batuuze banno ne baliranwabo. Webale
nyo. KCCA
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Table 2.A.3: Content of ‘Indirect Effects” messages sent in wave two

Message

English Text

Luganda Text

Standard

Dear [customer name], Please pay UGX [bal-
ance] as property rates balance for [property no]
by Dec 31. For details visit [division] Division
or call your account manager: [arm_contact].
Thank you, KCCA

[Customer name], Osabibwa okusasula UGX
[balance] z’ekizimbe kyo namba [property no]
ezaasigalayo obutasukka 31 Dec. Bwewabaawo
ekyebuuzibwa, tuukirira ekitebe kyaffe e [divi-
sion] Division oba kubira staff waffe ku ssimu
[arm_contact] Weebale nyo. KCCA.

Control

Dear [customer name], Please remember to pay
your property rates by Dec 31. Thank you KCCA

[customer name], Jukira okusasula Obusuulu
bw’ennyumba yo obutasukka nga 31 December.
Weebale nnyo. KCCA.

Delinquents List
SMS-city

By paying property rates, you contribute to es-
sential services for the city. KCCA is publicly re-
porting on property owners who DID NOT pay
their balance last year. Here are some of these
non-compliers: [100 characters of five names].
Thank you, KCCA

Bw’osasula obusuulu gw’amayumba, oba
okoze nnyo ku byetaago ebikulu eby’ekibuga.
KCCA egenda kwanika bannanyini bizimbe
abataasasula sente zonna ze babanjibwa. Bano
beebamu kubataamalayo: [100 characters of five
names] Webale nyo. KCCA

Delinquents List
SMS-neighbour

By paying property rates, you contribute to es-
sential services for the city. KCCA is publicly re-
porting on your neighbours who DID NOT pay
their balance last year. Here are some of these
non-compliers: [100 characters of five names].
Thank you, KCCA

Bw’osasula obusuulu bw’amayumba, oba okoze
nnyo ku byetaago ebikulu eby’ekibuga. KCCA
eyatuukiriza baliranwaabo abataasasula sente
ezaasigalayo omwaka oguwedde. Bano bebata-
malayo: [100 characters of five names] Webale
nyo. KCCA

Delinquents List
online-city

By paying property rates, you contribute to es-
sential services for the city. KCCA is publicly re-
porting on your neighbours who DID NOT pay
their balance last year. Visit this link for a list
of these non-compliers: kcca.go.ug/reporting-
citizens. Thank you, KCCA

Bw’osasula obusuulu bw’amayumba, oba
okoze nnyo ku byetaago ebikulu eby’ekibuga.
KCCA eyatuukiriza baliranwaabo ababan-
jibwa. Tuukirira omukutu guno okuli olukalala
Iw’abatamalayo: kcca.go.ug/reporting-citizens.
Weebale nyo. KCCA

Compliers List
SMS-city

By paying property rates, you contribute to es-
sential services for the city. KCCA is publicly
recognising the contribution made by property
owners who PAID their balance last year. Here
are some of these compliers: [100 characters of
five names]. Thank you, KCCA

Bw’osasula obusuulu bw’amayumba, oba okoze
nnyo ku byetaago ebikulu eby’ekibuga. KCCA
eyozaayoza mu lwatu bannanyini bizimbe
abaasasula sente ze baali babanjibwa zonna.
Bano bebamalayo: [100 characters of five
names]. Weebale nnyo. KCCA

Compliers List
SMS-neighbour

By paying property rates, you contribute to es-
sential services for the city. KCCA is pub-
licly recognising the contribution made by your
neighbours who PAID their balance last year.
Here are some of these compliers: [100 charac-
ters of five names]. Thank you, KCCA

Bw’osasula obusuulu bw’amayumba, oba okoze
nnyo ku byetaago ebikulu eby’ekibuga. KCCA
eyozaayoza mu lwatu baliranwaabo abaasasula
sente ezasigalayo omwaka oguwedde. Bano be-
baamalayo: [100 characters of five names]. Wee-
bale nnyo. KCCA

Compliers List
SMS-wealthy

By paying property rates, you contribute to es-
sential services for the city. KCCA is publicly
recognising property owners who PAID their
balance of over UGX 2m last year. Here are
some of these compliers: [100 characters of five
names]. Thank you, KCCA

Bw’osasula obusuulu bw’amayumba, oba okoze
nnyo ku byetaago ebikulu eby’ekibuga. KCCA
eyozaayoza mu lwatu bannanyini bizimbe
abaasasula UGX 2m, oba okusingawo, omwaka
oguwedde. Bano bebaamalayo: [100 characters
of five names]. Weebale nnyo. KCCA

Compliers List
online-city

By paying property rates, you contribute to es-
sential services for the city. KCCA is pub-
licly recognising the contribution made by
property owners who PAID their balance last
year. Visit this link for a list of these cit-
izens: kcca.go.ug/honouring-citizens. Thank
you, KCCA

Bw’osasula obusuulu bw’amayumba, oba okoze
nnyo ku byetaago ebikulu eby’ekibuga. KCCA
eyozaayoza mu lwatu nga esiima bannanyini
bizimbe abaasasula sente ezaali zibabanjibwa
omwaka oguwedde. Tuukirira omukutu guno
okuli abatuuze: kcca.go.ug/honouring-citizens.
Weebale nnyo. KCCA

157




Table 2.A.4: KCCA administrative data variables

Outcome Description

variable

Paid Liability Indicator if total payments made in the treatment period at
least covered the annual liability of the property. The
indicator is multiplied by 100, so units are interpreted as
percentage points.

Any Payment Indicator if any payment was made towards the property in
the treatment period. The indicator is multiplied by 100, so
units are interpreted as percentage points.

Share Liability The total payment amount made towards the property in

Paid the treatment period, divided by the property’s annual
liability. The indicator is multiplied by 100, so units are
interpreted as percentage points.

Paid 2020 Indicator variable which =1 if total payments in the
baseline year (2019/2020) covered at leas the annual
liability of the property.

Liability - The annual tax amount owed for the property, calculated as

Property 6% of the rateable value.

Total Value - The total value of all properties owned by the owner

Owner

Baseline The mean of ‘Paid 2020” across properties in the parish.

Compliance Rate
- Parish

Baseline The mean of ‘Paid 2020” across properties in the village.

Compliance Rate

- Village

Number of The number of unique property owners who own property

Property in the parish where the property is located.

Owners - Parish

Number of The number of unique property owners who own property

Property in the village where the property is located.

Owners - Village

Property Type The type, or use, of the property. Coded as either
Residential, Commercial, or Other.

Legal Entity Indicator if the owner is a legal entity rather than a private
individual.

km to CBD Distance in kilometers of the property to Kampala City
Hall.

Owner Liability | The annual tax amount owed for all properties of the owner.

Population Population in property’s village

Population Population density in property’s village

Density
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Table 2.A.5: Baseline and endline survey attriters characteristics

) ()
Respondent Respondent
Completed Completed

Baseline Endline
(pp) (pp)
Paid 2020 2.90 8.20***
(3.78) (2.53)
Liability (mn UGX) -1.31 -1.05
(0.92) (0.64)
Type=Cmrcl. 0.29 1.15
(3.54) (1.88)
Type=Other 5.17 4.98
(5.87) (3.39)
km to CBD 0.032 -0.38
(0.83) (0.45)
Owner Liability (mn UGX) 0.052*** 0.0056
(0.013) (0.023)
Legal Entity -11.7 0.58
(9.84) (7.79)
Pop. Dense. (th./sqkm) -0.019** -0.0079
(0.0080) (0.0074)
Village Pop. (th.) 0.060 0.20
(0.29) (0.17)
Shr. Vlg. Paid 2020 -18.2 -18.6
(27.0) (16.3)
Shr. Par. Paid 2020 -12.6 -29.2
(32.8) (20.6)
Constant 60.1*** 65.6"**
(6.14) (3.61)
Mean Outcome 57.5 60.2
N 4258 17140
N clusters 2006 8067

Note: This table presents coefficients from regressions of attrition (in baseline and endline surveys) on
pre-intervention characteristics. The samples are all properties of owners who were contacted to be a
part of the baseline survey (column 1) and endline survey (column 2). The outcomes are an indicator
if the baseline survey was completed (column 1) and an indicator if the endline survey was completed
(column 2). Each observation is a property. Standard errors in parentheses are clustered at the property
owner level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.6: Endline survey data variables

Outcome Description

variable

Kampala Respondent’s answer to “Out of every 10 property owners

Comply in Kampala that are supposed to pay property rates, how
many do you think actually pay?”. This is multiplied by 10,
so units are interpreted as percentage points.

Rich Comply Respondent’s answer to “Out of every 10 property owners
with the most expensive (top 5%) property in Kampala that
are supposed to pay property rates, how many do you
think actually pay?”. This is multiplied by 10, so units are
interpreted as percentage points.

Village Comply | Respondent’s answer to “Out of every 10 property owners
in your village that are supposed to pay property rates,
how many do you think actually pay?”. This is multiplied
by 10, so units are interpreted as percentage points.

Detection Indicator if the respondent yes rather than no, don’t know, or

Capacity unsure to “Do you think KCCA has the ability to detect who
does and does not pay taxes?”. The indicator is multiplied
by 100, so units are interpreted as percentage points.

KCCA Acts Best | Indicator if the respondent yes rather than no, don’t know, or
unsure to “Do you think that KCCA generally acts in the
best interests of citizens?”. The indicator is multiplied by
100, so units are interpreted as percentage points.

Better Kept Indicator if the respondent yes rather than no, don’t know, or

Private unsure to “Do you think that information on whether
individuals pay taxes or not should be kept private?”. The
indicator is multiplied by 100, so units are interpreted as
percentage points.

Tax Behav. Indicator if the respondent yes rather than no, don’t know, or

Publish. in unsure to “Do you think people’s tax behaviour will be

Future made public in future?”. The indicator is multiplied by 100,
SO units are interpreted as percentage points.

Unpaid Wrong | Indicator if the respondent yes rather than no, don’t know, or

and Punish. unsure to “Please tell me whether you think that someone
not paying the property rates they owe KCCA is wrong and
punishable?”. The indicator is multiplied by 100, so units
are interpreted as percentage points.

Want others to Indicator if the respondent yes rather than no, don’t know, or

know complied | unsure to “If you had paid your rates, would you want
others to know or not?”. The indicator is multiplied by 100,
so units are interpreted as percentage points.

Picked-up Indicator for those survey respondents who answered the
call for the endline phone survey

Picked-up & Indicator for those survey respondents who picked up their

Correct phones and were either the individual listed in the KCCA

registry, their heir, or their representative on tax matters.
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Table 2.A.7: Survey attrition balance

(1) (2)
Respondent Respondent
g Completed Completed
Panel A: Direct effects Baseline Endline
(pp) (pp)
Reporting 1.10 2.82
(3.51) (2.17)
Recognition -0.78 0.52
(3.57) (2.30)
Enforcement -0.35
(2.78)
Reciprocity -0.20
(2.82)
Relationship -0.82
(2.87)
Control Mean 57.7 59.9
N 4059 16529
N clusters 1929 7886
Respondent Respondent
o Completed Completed
Panel B: Indirect effects Baseline Endline
(pp) (pp)
Delinquent List 3.18 -0.50
(3.38) (1.67)
Complier List 3.99 -1.03
(3.72) (1.78)
Wealthy Complier List 6.69 -1.84
(4.94) (2.76)
Control Mean 54.5 60.1
N 4133 17178
N clusters 1967 8152

Note: This table presents coefficients from regressions of baseline characteristics on a dummy
for whether the property owner completed our endline survey. Each observation is a property and
only property owners targeted for the endline survey are included. Standard errors in parentheses are
clustered at the property owner level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.8: Direct (wave 1) balance tests

Information Public Disclosure
@ @ ®) @ ® 6)
Cl\(/)[r;tal;?l Enforce Reciprocity Relationship Reporting Recognition
Paid 2020 0.081 0.0034 0.0050 0.0029 -0.00080 -0.00063
(0.0057) (0.0052) (0.0051) (0.0034) (0.0035)
Liability (mn UGX) 0.29 0.024 0.0038 0.026 0.0082 -0.0066
(0.024) (0.018) (0.023) (0.012) (0.011)
Type=Cmrcl. 0.17 -0.0010 0.0067 -0.00035 0.0078 0.0051
(0.0066) (0.0069) (0.0063) (0.0050) (0.0055)
Type=Other 0.064 -0.0036 -0.014** -0.0071 -0.0046 -0.0076
(0.0065) (0.0055) (0.0064) (0.0050) (0.0050)
km to CBD 4.90 0.0098 0.053 0.0052 0.014 0.018
(0.043) (0.044) (0.042) (0.036) (0.035)
Owner Liability 21.0 -2.93 -3.24 -0.24 6.11 0.54
(2.83) (3.04) (5.06) (6.66) (3.30)
Legal Entity 0.045 -0.0028 -0.020*** -0.012* 0.0042 -0.0016
(0.0074) (0.0065) (0.0070) (0.0072) (0.0072)
Pop. Dense. (th./sqkm) 30.6 3.27 0.35 -0.92 -0.011 -0.17
(3.63) (1.54) (1.49) (1.14) (1.13)
Village Pop. (th.) 5.60 -0.13 -0.17* 0.028 0.021 0.13*
(0.092) (0.091) (0.095) (0.072) (0.072)
Shr. Vlg. Paid 2020 0.11 0.0025 -0.00055 0.000029 0.0024 -0.0024
(0.0027) (0.0018) (0.0018) (0.0016) (0.0015)
Shr. Par. Paid 2020 011 -0.00052 -0.0028* 0.00038 0.0020 -0.00092
(0.0022) (0.0016) (0.0016) (0.0016) (0.0013)
Joint Orthogonality
Chi-Squared Test 0.140 0.004 0.553 0.303 0.444
(p-value)

Note: This table presents coefficients from regressions of each baseline characteristic on treatment groups from wave one. Each
observation is a property. Any property that is missing any baseline characteristic is dropped so that the sample is held constant
for all specifications at 170341 properties. Standard errors in parentheses are clustered at the mobile phone number level. The
bottom row shows the p-values of a series of Joint Orthogonality Tests where we follow Ozler et al. (2018): first estimate a
Multinomial Logit where the dependent variable is the vector of wave one treatments, the explanatory variables are the variables
in this table, and the base group is the control group. Then for each column, we test the null that the coefficients of explanatory
variables that refer to the corresponding treatment group are jointly zero. Finally, we reestimate the Multinomial Logit using the
Reporting group as a base group, and test the null that the coefficients that refer to the Recognition group are jointly zero giving
a p-value of 0.217. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.9: Direct (wave 1) treatment effects with baseline controls

(1) 2) 3)
Paid Any She}rg
C s Liability
Liability Payment .
(Pp) (op) Paid
PP PP (pp)
Panel A: Public Disclosure Effects
Reporting (7s) 0.619*** 0.821*** 1.013***
(0.214) (0.241) (0.202)
Recognition (tx) -0.545%** -0.774*** -1.017%**
(0.190) (0.207) (0.201)
Panel B: Benchmark Effects
Enforcement 1.271%** 1.463*** 1.933***
(0.315) (0.346) (0.285)
Reciprocity -0.112 -0.119 -0.200
(0.309) (0.339) (0.286)
Relationship -0.545** -0.605* -0.657**
(0.276) (0.315) (0.286)
p-value (ts + g = 0) 0.83 0.90 0.99
Control Mean 3.4 4.3 54
N 170341 170341 170341
N clusters 68362 68362 68362

Note: This table presents treatment effects from wave one.
ments towards a property in wave one (may-june 2021) and are scaled to be interpretted as percentage
points. Full definitions of outcomes are given in Appendix Tables 2.A.4 and 2.A.6. Each observation is a
property and each model controls for randomisation strata fixed effects and baseline controls: (dummy
if property paid liability in previous year (2019/20), property liability, a dummy for commercial
properties, a dummy for other non-residential properties, distance to the city centre, total liability of
property owner, a dummy if the property owner is a legal entity (not an individual), population and
population density of the property’s village, and the share of properties paying their liability in the
previous year at both the village and parish level.). Standard errors in parentheses are clustered at the

mobile phone number level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.10: Direct (wave 1) heterogeneous treatment effects

dependent variable: Paid Liability (pp)

1) ) 3) 4)
Annual Total Baseline
Liability Value Compliance Rate
Property Owner Parish Village
Reporting 0.65** 0.94*** 0.40 0.50*
(0.31) (0.29) (0.29) (0.27)
Reporting x T2 0.13 -0.69 0.53 0.19
(0.36) (0.42) (0.40) (0.39)
Reporting x T3 -0.33 -0.31 -0.55 -0.11
(0.48) (0.47) (0.77) (1.07)
Recognition -0.24 -0.065 -0.31 -0.36
(0.26) (0.27) (0.27) (0.25)
Recognition x T2 -0.091 -0.37 -0.057 -0.19
(0.30) (0.40) (0.37) (0.36)
Recognition x T3 -0.85** -0.71* -1.12* -0.89
(0.40) (0.42) (0.66) (0.93)
T2 0.54** 1.12*** 0.14 0.29
(0.23) (0.35) (0.28) (0.27)
T3 1.69%** 2.27%%* 1.31** 1.59**
(0.30) (0.38) (0.51) (0.68)
T1 p-value (s + 7y = 0) 0.39 0.07 0.86 0.76
T2 p-value (ts + g = 0) 0.31 0.72 0.22 0.77
T3 p-value (ts + 7y = 0) 0.24 0.80 0.17 0.60
N 130805 130257 130805 130805
N clusters 52173 51956 52173 52173
Control Mean 3.4 34 3.4 34
First Tercile 97k 2898k 6 8
Second Tercile 211k 7367k 15 20

Note: This table presents heterogeneous treatment effects from wave one. The sample is re-
stricted to the control and public disclosure treatment groups (benchmark treatments are discarded).
The outcome is always a dummy if at least the annual liability was paid in wave one (may-june 2021).
We set the dummy as (0,100) so that the outcome can be interpretted as percentage points. Each
column considers a different dimension of heterogeneity broken into terciles: annual liability of the
property (col. 1), total property value owned by owner (col. 2), baseline compliance rate in the parish
(col. 3), and baseline compliance rate in the village (col. 4). Each observation is a property and each
model controls for randomisation strata fixed effects. Standard errors in parentheses are clustered at
the property owner level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.11: Direct (wave 1) treatment effects with sub-treatments

(1) ) (3)
Paid Any .Sha.r.e
N Liability
Liability Payment .
(pp) (pp) Paid
pp pp (pp)
Public Disclosure Effects
Reporting 0.587** 0.613** 0.8777**
(0.285) (0.312) (0.245)
Reporting x Online -0.0160 0.409 0.253
(0.324) (0.389) (0.283)
Recognition -0.630*** -0.820*** -1.089***
(0.224) (0.252) (0.244)
Recognition x Online 0.159 0.0696 0.0660
(0.254) (0.283) (0.282)
Benchmark Effects
Enforcement 1.290*** 1.509*** 1.911***
(0.316) (0.353) (0.282)
Reciprocity -0.0674 -0.0454 -0.159
(0.311) (0.343) (0.283)
Relationship -0.503* -0.520 -0.595**
(0.274) (0.317) (0.283)
N 174304 174304 174304
N clusters 69584 69584 69584
Control Mean 34 4.2 54

Note: This table presents treatment effects from wave one. Treatments are interacted with sub-
group treaments: the base sub-treatment is always public disclosure by text message. Each outcome
is a measure of payments towards a property in wave one (may-june 2021): a dummy if at least the
annual liability was paid (col. 1), a dummy if some payment was made (col. 2), and the share of
annual liability paid (col. 3). We set dummies as (0,100) so that these outcomes can be interpretted as
percentage points. Each observation is a property and each model controls for randomisation strata
fixed effects and baseline controls: (dummy if property paid liability in previous year (2019/20),
property liability, a dummy for commercial properties, a dummy for other non-residential properties,
distance to the city centre, total liability of property owner, a dummy if the property owner is a legal
entity (not an individual), population and population density of the property’s village, and the share
of properties paying their liability in the previous year at both the village and parish level.). Standard
errors in parentheses are clustered at the property owner level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.12: Direct (wave 1) effects in endline survey sample

(1) ) 3) 4) ) (6)
Paid Any Share All Rich Own
Panel A Liability Payment L1ab¥l1ty Kampalla Kampalla V111ag1e
(pp) (bp) Paid Comply Comply Comply
(pp) (pp) (pp) (pp)
Reporting -0.21 -0.26 -0.40 -2.00 -1.90 -2.56
(0.97) (1.09) (1.29) (1.75) (2.14) (1.64)
Recognition -0.29 -0.69 -0.69 0.28 0.26 0.40
(0.85) (0.93) (1.19) (1.48) (1.96) (1.58)
Control Mean 4.13 5.45 6.43 50.81 59.50 33.27
N 7400 7400 7400 6238 6255 6192
N clusters 3495 3495 3495 2939 2934 2903
KCCA KCCA Tax Unpaid Compliance Want
Detection Acts in Behav. Wrong Better others
Panel B Capacit Best Publish. and Kept to know
(p ) Y Interest inFuture Punish. Private complied
PP (pp) (pp) (pp) (pp) (pp)
Reporting -0.37 1.32 -0.79 1.65 2.37 -1.93
(2.03) (2.88) (1.93) (1.70) (2.88) (2.92)
Recognition -1.83 -1.05 -0.39 4.79* 1.68 0.93
(2.63) (2.76) (1.97) (2.48) (3.00) (3.12)
Control Mean 90.44 45.50 86.74 10.93 35.94 60.65
N 7003 6793 6771 7400 6991 7112
N clusters 3335 3231 3246 3495 3327 3349

Note: This table presents treatment effects from wave one in the survey sample on payment and
state belief outcomes. In panel A, outcomes vary by column: the first three columns are the same
as those in Table 2.1, and the next three are beliefs about the compliance rate for all of Kampala, the
richest 5% of owners by property value, and the other owners in the respondent’s own village. In panel
B, outcomes vary by column: believes the KCCA can detect who pays tax (col. 1), believes the KCCA
acts in the best interest of it’s citizens (col. 2), believes that tax behaviour will be publicly disclosed
in the future (col. 3), believes that tax delinquency is wrong and punishable (col. 4), believes that tax
behaviour is better kept private (col. 5), and believes they would want it known that they pay taxes
if they comply (col. 6). Each observation is a property and each model controls for randomisation
strata fixed effects. In all specifications we apply Inverse Probability of Attrition weights estimated
from a logit regression on the baseline characteristics in Table 2.A.5. Standard errors in parentheses
are clustered at the property owner level. Standard errors in parentheses are clustered at the property
owner level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.13: Direct (wave 1) spillover tests

) 2) ®) 4) ) (6)
Paid Paid Any Any Share Share
- s Liability ~ Liability
Liability = Liability = Payment Payment . .
(pp) (pp) (op) (op) Paid Paid
PP PP PP PP (PP) (PP)
Enforcement 1.25%** 1.26%** 1.45%** 1.45%** 1.86%** 1.89***
(0.32) (0.32) (0.35) (0.35) (0.48) (0.48)
Reciprocity -0.24 -0.23 -0.24 -0.23 -0.38 -0.35
(0.30) (0.31) (0.34) (0.34) (0.48) (0.48)
Relationship -0.54** -0.54** -0.55* -0.55* -0.70 -0.70
(0.27) (0.27) (0.32) (0.32) (0.46) (0.46)
Reporting 0.60*** 0.62%** 0.76*** 0.78** 0.94*** 0.98***
(0.22) (0.22) (0.24) (0.24) (0.36) (0.36)
Recognition -0.56"** -0.54*** -0.81%** -0.79%** -1.05%** -1.01%**
(0.20) (0.20) (0.22) (0.22) (0.32) (0.32)
Share Nghbs. Benchmark 0.28 0.25 0.56 0.52 0.63 0.58
(0.49) (0.49) (0.55) (0.55) (0.75) (0.75)
Share Nghbs. Report 0.060 0.10 0.44 0.49 0.62 0.70
(0.48) (0.48) (0.55) (0.55) (0.74) (0.74)
Share Nghbs. Recognition -0.31 -0.32 -0.023 -0.042 -0.30 -0.32
(0.49) (0.49) (0.55) (0.55) (0.73) (0.73)
N Nghbs. FE v’ v’ v’
Control Mean 3.4 3.4 4.3 4.3 5.4 54
N 166406 166403 166406 166403 166406 166403
N clusters 67883 67883 67883 67883 67883 67883

Note: This table presents treatment effects from wave one with spillover estimates from neigh-
bours within 50m. Local exposure is measured as the share of distinct property owners within 50m
of the property assigned to each treatment group: benchmark effects, reporting, and recognition.
Columns 2,4, and 6 include FEs for the number of distinct property owners within 50m. The outcomes
are the same as in Panel A of Table 2.1. We multiply this dummy by 100 so that these outcomes can
be interpretted as percentage points. Each observation is a property and each model controls for
randomisation strata fixed effects. Standard errors in parentheses are clustered at the property owner
level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.14: Indirect (wave 2) balance tests

@) @) ®) )
Control . . Lo Wealthy
Mean Delinquent List ~ Complier List Complier List
Paid 2020 0.11 -0.00068 0.0047 0.0047
(0.0038) (0.0044) (0.0069)
Liability (mn UGX) 0.34 -0.022 -0.020 -0.019
(0.016) (0.017) (0.029)
Type=Cmrcl. 0.18 0.0035 -0.0012 0.0072
(0.0043) (0.0047) (0.0067)
Type=Other 0.065 -0.0031 -0.0080* -0.0079
(0.0042) (0.0043) (0.0055)
km to CBD 4.90 -0.034 -0.028 0.043
(0.029) (0.032) (0.046)
Owner Liability 27.4 -6.41 -4.49 -4.54
(4.54) (5.03) (7.00)
Legal Entity 0.049 -0.0069 -0.0039 0.0000050
(0.0051) (0.0061) (0.0084)
Pop. Dense. (th./sqkm) 30.0 1.97 0.60 -0.70
(1.28) (1.10) (1.31)
Village Pop. (th.) 5.52 -0.00088 -0.0068 -0.092
(0.061) (0.065) (0.094)
Shr. Vlg. Paid 2020 0.11 -0.0017 -0.000058 0.00082
(0.0016) (0.0019) (0.0029)
Shr. Par. Paid 2020 0.11 -0.0011 -0.00079 -0.00043
(0.0014) (0.0017) (0.0026)
Joint Orthogonality
Chi-Squared Test 0.200 0.392 0.589
(p-value)

Note: This table presents coefficients from regressions of each baseline characteristic on treatment groups from wave two. Each
observation is a property. Any property that is missing any baseline characteristic is dropped so that the sample is held constant
for all specifications at 173062 properties. Standard errors in parentheses are clustered at the mobile phone number level. The
bottom row shows the p-values of a series of Joint Orthogonality Tests where we follow Ozler et al. (2018): first estimate a
Multinomial Logit where the dependent variable is the vector of wave two treatments, the explanatory variables are the variables
in this table, and the base group is the control group. Then for each column, we test the null that the coefficients of explanatory
variables that refer to the corresponding treatment group are jointly zero. Finally, we reestimate the Multinomial Logit using the
Delinquent List group as a base group, and test the null that the coefficients that refer to the Compliers List group are jointly zero
giving a p-value of 0.535. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.15: Indirect (wave 2) treatment effects with baseline controls

(1) 2) 3)
Paid Any Shgr?
s Liability
Liability Payment .
(pp) (pp) paid
(pp)
Delinquent List (xg) -0.639*** -0.832%** -1.294***
(0.175) (0.218) (0.333)
Complier List (xp) -0.773*** -0.788*** -1.301***
(0.185) (0.257) (0.359)
p-value (ks = xp) 0.41 0.85 0.98
Control Mean 3.2 4.6 5.9
N 158151 158151 158151
N clusters 62911 62911 62911

Note: This table presents treatment effects from wave two.
ments towards a property in wave two (nov-dec 2021) and are scaled to be interpretted as percentage
points. Full definitions of outcomes are given in Appendix Tables 2.A.4 and 2.A.6. Each observation is a
property and each model controls for randomisation strata fixed effects and baseline controls: (dummy
if property paid liability in previous year (2019/20), property liability, a dummy for commercial
properties, a dummy for other non-residential properties, distance to the city centre, total liability of
property owner, a dummy if the property owner is a legal entity (not an individual), population and
population density of the property’s village, and the share of properties paying their liability in the
previous year at both the village and parish level.). Standard errors in parentheses are clustered at the

mobile phone number level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.16: Indirect (wave 2) heterogeneous treatment effects

dependent variable: Paid Liability (pp)

(1) () 3) 4)
Annual Total Baseline
Liability Value Compliance Rate
Property Owner Parish Village
Delinquent List -0.81*** -0.54*** -0.71%** -0.92%***
(0.17) (0.19) (0.23) (0.22)
Delinquent List x T2 0.21 -0.30 -0.091 0.45
(0.22) (0.28) (0.32) (0.31)
Delinquent List x T3 0.31 -0.074 0.52 0.47
(0.38) (0.37) (0.62) (0.81)
Complier List -0.67*** -0.70*** 117 -1.10%**
(0.19) (0.19) (0.23) (0.21)
Complier List x T2 -0.13 -0.0057 0.33 0.50*
(0.24) (0.30) (0.33) (0.30)
Complier List x T3 -0.15 -0.18 0.80 0.66
(0.41) (0.38) (0.64) (0.92)
T2 0.51*** 0.92*** 0.19 0.066
(0.17) (0.24) (0.26) (0.23)
T3 2.17%** 2.08*** 0.98** 1.45**
(0.28) (0.29) (0.46) (0.63)
T1 p-value (ks = xp) 0.42 0.38 0.04 0.32
T2 p-value (ks = xp) 0.30 0.51 0.89 0.57
T3 p-value (ks = xp) 0.36 0.37 0.84 0.99
N 161709 161002 161709 161709
N clusters 64004 63712 64004 64004
Control Mean 3.1 3.1 3.1 3.1
First Tercile 97k 2899k 6 8
Second Tercile 211k 7367k 15 20

Note: This table presents heterogeneous treatment effects from wave two.
stricted to the control and public disclosure treatment groups (the recognition of wealthy treatment
group is discarded). The outcome is always a dummy if the property paid their annual liability in wave
two (nov-dec 2021). We set the dummy as (0,100) so that the outcome can be interpretted as percentage
points. Each column considers a different dimension of heterogeneity broken into terciles: annual
liability of the property (col. 1), total property value owned by owner (col. 2), baseline compliance rate
in the parish (col. 3), and baseline compliance rate in the village (col. 4). Each observation is a property
and each model controls for randomisation strata fixed effects. Standard errors in parentheses are

clustered at the property owner level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.17: Indirect (wave 2) treatment effects with sub-treatments

(1) ) 3)
Paid Any Shgr?
L. Liability
Liability Payment .
(pp) (op) Paid
PP PP (pp)
Delinquent List -0.868"** -1.130*** -1.619%*
(0.234) (0.300) (0.409)
Delinquent List x Online 0.339 0.366 0.470
(0.264) (0.342) (0.461)
Delinquent List x Neighbours 0.334 0.422 0.480
(0.275) (0.353) (0.491)
Complier List -0.751*** -0.699** -1.305***
(0.239) (0.308) (0.431)
Complier List x Online 0.0465 0.0220 0.327
(0.301) (0.487) (0.589)
Complier List x Neighbours -0.0573 -0.268 -0.253
(0.285) (0.382) (0.499)
Wealthy Complier List -0.258 -0.352 -0.763
(0.408) (0.507) (0.603)
N 176762 176762 176762
N clusters 69853 69853 69853
Control Mean 3.1 4.6 0.0

Note: This table presents treatment effects from wave two. Treatments are interacted with sub-
group treaments: the base sub-treatment is always an SMS list of compliers (for recognition) or
delinquents (for reporting) drawn randomly from the city. Each outcome is a measure of payments
towards a property in wave two (nov-dec 2021): a dummy if at least the annual liability was paid
(col. 1), a dummy if some payment was made (col. 2), and the share of annual liability paid (col.
3). We set dummies as (0,100) so that these outcomes can be interpretted as percentage points. Each
observation is a property and each model controls for randomisation strata fixed effects and baseline
controls: (dummy if property paid liability in previous year (2019/20), property liability, a dummy
for commercial properties, a dummy for other non-residential properties, distance to the city centre,
total liability of property owner, a dummy if the property owner is a legal entity (not an individual),
population and population density of the property’s village, and the share of properties paying their
liability in the previous year at both the village and parish level.). Standard errors in parentheses are
clustered at the property owner level. *p < 0.1, **p < 0.05, ***p < 0.01.
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Table 2.A.18: Indirect (wave 2) effects on compliance and beliefs

(1) ) 3) (4) 5) (6)
Paid Any Share All Rich Own
Panel A Liability Payment Llab%hty Kampalla Kampalla Vlllagle
() (bp) Paid Comply Comply Comply
(pp) (pp) (pp) (pp)
Delinquent List  -1.69** -2.40%* 325 -2.29** -4 59%** -0.57
(0.66) (0.79) (1.23) (1.16) (1.54) (1.22)
Complier List -1.79** 2,17 -3.69*** -1.58 -3.52%* 1.25
(0.74) (0.91) (1.33) (1.26) (1.56) (1.33)
Control Mean 4.41 6.09 8.05 52.62 62.19 34.05
N 7230 7230 7230 7230 7230 7230
N clusters 3458 3458 3458 3458 3458 3458
KCCA KCCA Tax Unpaid Compliance  Want
Detection Acts in Behav. Wrong Better others
Panel B Capacit Best Publish. and Kept to know
(p ) Y Interest inFuture Punish. Private complied
PP (Pp) (Pp) (pp) (pp) (pp)
Delinquent List -1.73 -0.31 -1.69 -0.38 4.66** -4.18*
(1.65) (2.43) (1.84) (1.80) (2.32) (2.39)
Complier List -0.13 2.14 -1.74 -3.05 -0.19 0.42
(1.94) (2.55) (2.10) (1.95) (2.36) (2.54)
Control Mean 87.04 45.45 82.74 14.25 31.00 62.16
N 7230 7230 7230 7230 7230 7230
N clusters 3458 3458 3458 3458 3458 3458

Note: This table presents treatment effects from wave two in the survey sample on payment and

state belief outcomes. In panel A, outcomes vary by column: the first three columns are the same

as those in Table 2.1, and the next three are beliefs about the compliance rate for all of Kampala, the

richest 5% of owners by property value, and the other owners in the respondent’s own village. In panel

B, outcomes vary by column: believes the KCCA can detect who pays tax (col. 1), believes the KCCA
acts in the best interest of it’s citizens (col. 2), believes that tax behaviour will be publicly disclosed

in the future (col. 3), believes that tax delinquency is wrong and punishable (col. 4), believes that tax

behaviour is better kept private (col. 5), and believes they would want it known that they pay taxes

if they comply (col. 6). Each observation is a property and each model controls for randomisation

strata fixed effects. Standard errors in parentheses are clustered at the property owner level. *p < 0.1,

**p < 0.05,**p < 0.01.

172



Table 2.A.19: Indirect (wave 2) spillover tests

1) @) ) @) ) (6)
Paid Paid Any Any 'Sha.r'e Shér?
A, - Liability — Liability
Liability  Liability ~Payment Payment . .
(pp) (pp) (pp) (pp) Paid Paid
PP PP PP PP (PP) (PP)
Delinquent List -0.68***  -0.67***  -0.89***  -0.87***  -1.35""* = -1.34**
(0.17) (0.17) (0.21) (0.21) (0.32) (0.32)
Complier List -0.84*** -0.85%** -0.93*** -0.94** -1.43%** =144+
(0.18) (0.18) (0.23) (0.23) (0.34) (0.34)
Share Nghbs. Delinquent List ~ -0.031 0.013 0.020 0.079 0.050 0.12
(0.38) (0.38) (0.50) (0.50) (0.70) (0.71)
Share Nghbs. Complier List -0.074 -0.070 -0.047 -0.039 -0.46 -0.45
(0.40) (0.40) (0.49) (0.49) (0.69) (0.69)
N Nghbs. FE v’ v’ v’
Control Mean 3.1 3.1 4.5 4.5 5.8 59
N 154011 154008 154011 154008 154011 154008
N clusters 62413 62413 62413 62413 62413 62413

Note: This table presents treatment effects from wave two with spillover estimates from neigh-
bours within 50m. Local exposure is measured as the share of distinct property owners within 50m of
the property assigned to each treatment group: delinquent list, and complier list. Columns 2,4, and
6 include FEs for the number of distinct property owners within 50m. The outcomes are the same as
in Panel B of Table 2.1. We multiply this dummy by 100 so that these outcomes can be interpretted as
percentage points. Each observation is a property and each model controls for randomisation strata
fixed effects. Standard errors in parentheses are clustered at the property owner level. *p < 0.1,

**p < 0.05, ***p < 0.01.
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Table 2.A.20: Direct (wave 1) by Indirect (wave 2) treatment effects on wave 2 out-
comes

(1) (2) 3)
Paid Any Share
A Liability
Liability Payment .
(pp) (pp) Paid
PP PP (pp)
Delinquent or Complier List -0.801*** -1.095*** -1.494***
(0.268) (0.307) (0.536)
Delinquent or Complier List 0.297 0.495 0.494
x SameFramingWaveOne (0.356) (0.410) (0.749)
Delinquent or Complier List 0.0858 0.221 -0.109
x OppositeFramingWaveOne (0.354) (0.411) (0.730)
Control Mean 2.5 3.5 4.9
N 115104 115104 115104
N clusters 46451 46451 46451

Note: This table presents heterogeneity of wave two treatment groups of treatment effects by
treatment groups in wave one. We pool the Delinquent List and Complier List treatments from
wave two, and interact this with having recieved the same framing in wave one (i.e. recognition for
complier lists and reporting for delinquent lists) and again with having recieved the opposite framing
in wave one (i.e. reporting for complier lists and recognition for delinquent lists). The sample includes
all properties that were in both wave one and wave two, and drops those that were in wave one
Benchmark or wave two Wealthy Compliers groups. The outcomes are the same as in Panel B of Table
2.1. Each observation is a property and each model controls for randomisation strata (including wave
one treatment groups) fixed effects. Standard errors in parentheses are clustered at the mobile phone
number level. *p < 0.1, **p < 0.05, ***p < 0.01.
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2.C Model for direct effects of public disclosure

Here we elaborate on the model summarized in Section 2.5. We extend the Allingham
and Sandmo (1972) model of tax evasion to incorporate social image effects. For social
image effects we start with the more general framework from Bursztyn and Jensen
(2017) and then simplify in order to tie it more closely with our empirical setting. The
model provides a structural framework to interpret our empirical estimates of public

disclosure effects.

Each tax liable property owner gets utility depending on their decision to evade
the tax or not, e € {0,1}. Evasion can affect utility through social s payoffs and other
payoffs u including monetary penalties and intrinsic motivation. To keep the problem
tractable, we treat these as additively separable in utility following Gordon (1987). For
notational convenience we denote each of these payoffs as the utility value for com-
pliers plus the net expected utility value for evaders, e.g., sop + ¢ - s where s is the
expected utility from social payoffs given the choice to comply, and s is the net ex-
pected utility if choosing to evade. There is an idiosyncratic preference for compliance
v with CDF F(v). Therefore, utility is given by: U(e) = ug +so+e(u +s) + (1 —e)v.
Given this random utility setup, a utility maximizing property owner will choose to

evade if v < u + s, which allows us to write the aggregate evasion rateas A = F(u +s).

2.C.1 Social image payoffs

Our analytical focus is on the social dimensions of the motivation to pay. In order
to make it clear which types of social image effects we aim to identify, we follow the
general framework of Bursztyn and Jensen (2017) and then narrow the focus to better
tie with our empirical setting. First, it is possible that there are different ‘reference
groups’ that matter for social image concerns. In the analysis here we only consider a
representative reference group.®® Then an individual receives social payoffs from this

representative reference group:
s'(e) = 0'"E(w")Pr(tle) (23)

where Pr(t|e) is the probability the reference group perceives the individual’s type to
be t conditional on the individual’s evasion decision, e. In the analysis that follows,
this will be the key dimension through which public disclosure policy influences the
evasion decision. The term E(w') captures the individual’s expectation about the so-

cial desirability of being perceived as t. The term 6’ captures how much the individual

%In our experimental sub-treatments, we do vary the reference group that public disclosure targets
(neighbors or the city as a whole). However we do not find evidence of heterogeneity by the groups
that we tested.
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cares about being perceived as t.

We consider two categories of perceived types, t € {0,d}. First, an individual can
be perceived as owner of tax-liable property, 0. Second, conditional on being perceived
as an owner, an individual can be perceived as a property tax delinquent, d. In our
empirical setting we will not attempt to distinguish the § and w terms and so simplify
as s° = 6°FE(w°) and s = §?E(w?). In other words, there is a potential payoff s to
being perceived as an owner of tax-liable property, and a potential additional payoff s
to being known as a delinquent. For example, an agent may bear a shame cost, s* < 0,
if the public imposes pro-compliance social sanctions, w? < 0, and individuals tend
to be conformist, 87 > 0. As another example, an individual may face a privacy cost,
s° < 0, if the reference group sees property owners as more able to provide favours,
w® > 0, but individuals prefer to avoid providing favours, 6° < 0. Finally, for

notational convenience we denote Pr(o|e) = p¢ and Pr(d|e) = pZ.

Therefore the net social image benefit to evasion can be written as s = [p] — p3s® +

P4

— pi]s?. Together this gives us a structural equation for the aggregate evasion rate:

A= F(u+[p} — pgls° + [p] — pils”) (24)

This is the formulation of the evasion rate that we will analyse in the following sub-

section to help us interpret empirical estimates of direct effects from our experiment.

2.C.2 Analysis of public disclosure policies

In this section we examine the share of evaders under different public disclosure policy
regimes denoted {C, S, H}, where C denotes no public disclosure (control), S denotes
public reporting, and H public recognition. These states represent our empirical treat-
ments outlined in Section 2.4. The government’s choice of policy regime will affect
both the probabilities of being perceived as a property owner, p?, and the probabilities
of being perceived as a property tax delinquent, p¥. The counterfactual exercise we
consider here holds all other payoffs constant.

Baseline perceptions and chance of public disclosure discovery

We introduce 0 as the individual’s perceived chance of being discovered through the
public disclosure program. We think of “discovery” as the probability that people

®While it is intuitive to think of privacy and shame costs, we do not impose signs on either s° or s*

and leave these as empirical questions. Further, as in Bursztyn and Jensen (2017) the social image term
in the utility function might arise from instrumental (e.g. your reference group excludes you from
social networks) or hedonic (e.g. you get a bad feeling when strangers think you are a tax delinquent)
motivations, and we do not try to separate these.
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in the reference group identify the individual through the policy. For example, not
everyone who is delinquent and reported through the public disclosure program will
be discovered since text message dissemination may be ignored, people may not take
the time to read online lists, etc. If an agent is not discovered through the public
disclosure program, they face baseline probabilities denoted with an underline, i.e.
E? and p?. Further we simplify p? = p° implicitly assuming that, without public
disclosure, the decision to evade does not affect the likelihood that one is detected as

a property owner.

Next, we outline how each public disclosure regime affects the probabilities of be-
ing perceived as a particular type. If an agent is discovered through a public disclo-
sure program their disclosed types are known with certainty. So, under the reporting
regime, an agent who chooses to evade is believed with certainty to be a delinquent
owner if they are discovered, and otherwise they take the baseline probabilities for an
evader, ie. p{ =0 -1+ (1—0)p° and pil=0-1+(1- G)E‘f. Alternatively, an agent
who chooses to comply in the reporting regime faces baseline probabilities. Under the
recognition regime, an agent who chooses to comply is believed with certainty to be a
compliant owner if they are discovered, and otherwise they take the baseline probabil-
ities for a complier, i.e. pj =0 -1+ (1 —0)p° and pi=0-0+(1— Q)Eg. Alternatively
an agent who chooses to evade in the recognition regime faces the baseline probabili-

ties of perceived status.
Getting an expression for treatment effects

Plugging the perceived probabilities under each regime back in to equation 24 and
simplifying notation by denoting the baseline regime net benefits of evasion as B =
u+ s [B‘f - Eg], the share of evaders under each regime will be:

Ac =F(B)
As =F(B+0[s°(1 - p°) +s%(1—q7)])
A =F(B+6[—s°(1 - p°) +s74{])

We assume that public disclosure policies induce a small enough change in ex-
pected payoffs that their effect on compliance can be approximated by a first order
Taylor series, i.e. F(v) ~ F(B) + (v — B)F/(B). Therefore, the direct effect of public

reporting Ts and public recognition T on compliance (note that complianceis 1 — A)
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can be expressed as:

s =Ac—As = —0[s°(1— p°) +%(1— p)]F'(B)
T =Ac—Ag=—0[=s"(1—p°) + sdEg]F’(ﬁ)

which are equations 20 and 21 in the main text. Also mentioned in the main text,
effects will be zero if there is no chance of discovery (6 = 0), or that no variation in
the idiosyncratic motivation to comply near the baseline state (F/(B) = 0). There are
also some edge cases that could lead to zero effects.”’ We can discard these theoretical
cases, however, based on our empirical results in Section 2.6.1 which find that both

reporting and recognition effects are significantly different from zero.

2.D Sub-treatment direct and indirect effects by mode

In Table 2.A.11 we break down direct public disclosure effects by mode. We find no
evidence that the direct effects of public disclosure (recognition or reporting) vary by
whether disclosure will be online rather than SMS.

In Table 2.A.17 we breakdown indirect public dissemination effects by mode and
sample. Again, we find no evidence that the indirect effects of public dissemination
(Complier or Delinquent Lists) vary by whether the taxpayers disclosed are sample

from the city as a whole, the local neighbourhood, or posted to a searchable online list.

Why is there no heterogeneity in terms of public disclosure mode, i.e. SMS or
online lists - particularly for indirect effects? We explore this further in our endline
survey, where we ask taxpayers about messages they received over the course of the
year. In general, there does not appear to be accurate recall regarding receiving a
link to an online list - out of those taxpayers who received a message, 11% recall the
message containing a link, but this 11% holds even when we focus on only those that
were in a treatment group with a link. Further, only 15% of those claiming to have
received a link report opening it. This suggests that the added effort and/or phone
capacity needed to open online links limits the effectiveness of sending information in
this way. Therefore, given that we find effects of similar magnitude for SMS and online
lists, it could be that the treatment on the treated effects for online lists are much larger,
or simply that many respondents pay similarly limited attention to the SMS lists.

7OThere will be no effect of reporting when property owner status is believed with certainty at baseline
(p° = 1) and the probability of being believed as a delinquent under evasion is also believed with

certainty (p? = 1). Likewise, there will be no effect of recognition when (p° = 1) and (p? = 0).
Yy B 1 & B BO
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2.E Follow-up survey: selected quotations

In this section we report a broad and representative sample of quotes from our follow

up survey respondents. Quotes are categorized by topic.

2.E.1 Public ownership costs

Financial Favours

¢ 302: “If it is known that so and so is a landlord and many don’t know I will get problems
sixfold. Someone would expect money from me because of what he sees. So they would
expect much from you. They believe you have money and if they come any time you
should be able to give them. No doubt about that. You find so many people who would

come to borrow money from you.”

e 22320: “We have people at home who don’t know that you have a property somewhere
and you get some money from it. But should they know they start pinning you “You get
this and that money. We want this and that” and they demand forcefully.”

¢ 352: “When they know you are the owner of that building the family is on your neck.”
Access to / paying back loans

® 22340: “Currently most people live on loans. Now if that list is published someone who

loaned you money comes to know about it don’t you see him coming to you anytime?”

* 1262: “Yes because let’s say you owe some people money. When they get to know that

you own property they come demanding for their money.”

¢ 1228: “When they see a building like that and come to know that you are a landlady they
would say 'No this person lied to us. She can afford the school fees. We shall not give
her a bursary. Let her pay the fees.””

Robbery/violence

¢ 1216: “You can even be living with someone when you don’t know how much they earn.
And people don’t want to open up. There are some reasons because even the people you
are with after telling them you have such a property take it wrongly or might even want
to seal it and use it for their own purpose. They can be dangerous to you. I have this
bad feeling that people usually don’t open up much on the property they own. ...Not
everybody has a positive attitude towards people having things.”

¢ 1231: “Take an example if all it is a high place like say Kololo the value sometimes people
target that for bad intentions. They say "This man has these things around him. We can

do away with him and get the money!””
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* 33404: “Like there are so many thieves around they get to know that you have such kind
of wealth you must be having money. You see sometimes even seeing where you work
then they come and attack you at night. So now if they know you have a number of
rental properties they come and attack you demanding for money because the month

has ended since they imagine the tenants have paid you.”

Resentment from others

* 954: “Some people hire others to hurt you while others decide to do it by witchcraft.”

2.E.2 More Taxes from URA

e 22721: “URA will come to know about and tax impose more tax.”

Revealing illicit ownership

¢ 1231: “Land has never been straight and there are a lot of interests when it comes to
land, more so when you disclose the ownership. If it is the right ownership it is okay.

But when it comes via the wrong motives, it becomes dangerous.”

¢ 123: “They may say you stole the money. They may say you stole the property. The

property is not yours you grabbed it from another person. Those kinds of things.”

* 337: “Most probably by nature they don’t want to be exposed or maybe because of the
way they got the money still or the position of work they hold wherever they work from.
And they want to be discreet in what they own...I think Africans have a mentality of
let’s keep our wealth in brick and mortar. So you find that most of these apartments that
are coming up most of these commercial properties that are coming up are as a result of

let me just quote ‘unclean money.”’

Fighting within the family

¢ 128: “There are some laws which had been passed sometimes back that the moment you
have married a wife and she’s a married wife any properties of yours the moment you
die they will have to share...The woman maybe you even got the property before you
married her ah? So if it comes to death she will come and claim what she has not worked

4

for.

e 221547: “Even the children can be a threat. The current generation of children is unbe-
lievable. One can say let’s eliminate her so we can get the property. That is the world we

are in. Everyone knows the kind of people they live with.”
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* 440: “For example if he has more than one wife it is possible one of them may not know
about some of his properties.” ... “Due to a lack of trust in one of the wives he decides
to hide information about his properties from her. So if the wife finds out from the public
list it could bring about fights within the family because she would feel hurt and accuse
him of mistrust...One of the disadvantages of his relatives knowing about his properties
is the possibility of them fighting over the inheritance if he passes away therefore causing

instability in the home.”

2.E.3 Public ownership benefits
Pride in wealth
¢ 151: “An advantage would be prestige. Because people didn’t know that you own an

aeroplane. Now they know you have an aeroplane. They would look at you in another
level.” [on benefits of public ownership knowledge]

Security of tenure

¢ 1231: “Maybe for people who are directly involved in land wrangles because if I am at
all a neighbor to somebody the list is there and in the system they are saying you are the

rightful owner it sends a message to the other party.”
Access to loans

e 22744: “When he wants to take a loan and they know he owns property it would be easy
to lend him money unlike if he does not have any such things because the lender would
wonder where he would find the money to pay back. A landlord can use his property as

collateral for a loan to start another business.”

2.E4 Public delinquency costs
Seen as immoral
* 440: “Most people are quick to judge others without fully understanding the circum-
stances. You may come and tell me that for this house you would pay 150000 shillings
for it but the fact would be that the house goes for 80000 shillings. So these people

would quickly judge you without understanding the taxes over which you are being ap-

prehended and how it was determined /evaluated.”
Seen as Poor

¢ 221102: “Even money lenders who would access that information would not lend you

money because they would assume you would not pay it back.”
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Not contributing their fair share

e 221102: “I think you would be associated with someone who does not wish his country
well. It is like you don’t wish your own Country well... You are not contributing your

share.”

e 22325: “People will start discussing you in public "You see that man doesn’t pay taxes
and so on and so on. ... it is an embarrassment for him before his friends brothers and so
on. ... They will say he is stubborn. He is a defaulter. Some people default not because
they don’t have the money but they choose to not pay taxes. ... Public services come

from the taxes and so if they are not there people will say it’s because of his defaultness.””’
Issues with tenants

e 22744: “Even the tenants get worried because they know that any time the premises
may be locked up. We see this happening even in this area. So one can incur costs for
not paying.”

2.E.5 Public Compliance Benefits
Encouraging tenants to pay

¢ 1231: “When I am talking to my tenants I have proof that really I need the rental money
on the first of every month. [ have a background that really I'm not the only one needing
the money but it is a responsibility also for me to pay the taxes in time.”

2.E.6 Year 1 messages sending a signal about compliance

e 221102: “Actually by the time they decide to send such a message it means people are
not paying.” ... “This message indicates that people are not paying.” [after seeing year
1 reporting message]
2.E.7 Indirect Effect Mechanisms
Higher compliance beliefs from complier lists
¢ 123: “KCCA wouldn’t have released this if the number of people who paid had not
increased.”

e 337: “I feel by the time they send these messages they are only trying to awaken those
who are still asleep but they have a substantial number of people who have complied.
And that is why they feel confident to put their names out.”

Lower compliance beliefs from complier lists
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¢ 123: 22718: “From these names I could look for those who were compliant and here they
are missing from this list. It can make me think that since so and so are not on the list it

seems the number of those paying has reduced.”

¢ 33404: “Based on these people shown here I feel that a lot more people could have paid
than are shown here. But when only these people are shown as those who paid their
balances it shows that the number had reduced. This is because they could have com-
municated in percentages those who paid and those who did not pay like 50%. Or that
those who paid are like 70% then you would think that ‘I may be amongst the remaining
30% that has not paid. Let me also go and pay.” But from the message since just a few
people who paid are listed it is discouraging. Many people would say let me just pay

what I can.”
KCCA acting unfairly in using public disclosure

¢ 1231: “Not relevant to me now to publish another list to other people. Let it be a business
between me and KCCA. Not with the rest of the people because we also have different

scenarios. Yeah we are all property owners but have different challenges.”

¢ 1008: [Listing people will] “harden their hearts”

2.E.8 Low tax morale

Lack of adequate public services

¢ 221509: “To be proud of your tax payment means getting back benefits from the people
you paid taxes to. In that case you feel proud about what you have done. But here you
pay and you are not getting anything. Talk about the KCCA taxes we pay but waste

management is so poor and many other things.”

* 352: “We feel even the taxes are not being used to our benefit. So, we would not care if
you pay, or if you don’t pay...if you pay, it is not going to benefit me. I don’t know, I
don’t see where it benefits me. So, if you pay or don’t pay;, it’s the same.”

e 22309: “KCCA is like a bottomless pit. ... Paying taxes taxes taxes but what is there to
show? Why can’t they give back to the communities? Maybe there’s something positive
but I've never really gone out and seen it. ... But what I've realized is most of the
communities do things for themselves. ...” [in response to year 2 reporting message

which says “contribute to the essential services for the city”]

¢ 1231: “When you look at the environment of Kololo it is quite different from here. But
remember we are all contributing to the national cake of development. And we have
projections. If at all KCCA would come and say that within [respondent area] here this
is our plan. For [respondent area]. I also get that urge to really pay the taxes because I

have seen where our plan is projected.”
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e 221112: “What is the value of KCCA to us as we give them these taxes? They even
gave us very high rates. Eh? They gave us very high taxes. How do they help us? We
pay electricity for ourselves we pay the water bills for ourselves everything. Yet they
don’t help us even though we are paying them all this money. What is their value to us
because we pay them taxes? They demand what I labor for. When I fail they confiscate
the property.”

Taxes unaffordable

¢ 302: ““If  am not a thief, I don’t have any problem with [delinquency being published]...
if it so happens to come out like that, I could defend myself. They just rate the taxes too
highly and we fail to pay.”

Lack of Sensitisation/Community Engagement

¢ 1128: “If anything is going to be affected people need to be informed or sensitized so
that they are committed...people have to come like you did today and we are talking.
And if there was anything you told me today about taxes I would happily pay but those
people (KCCA) did not do anything like this.”

¢ 458: “KCCA is not acting fairly. This is because sometimes they send the messages before

without finding out what is on the ground.”

¢ 440: “KCCA should have started by coming to the ground before sending messages to
the people based on what they discovered.... Messages are sent to people’s phones but
they don’t take them seriously and they don’t even read them. Someone may read it a
bit but ignore it once find out it’s from KCCA. It means that for KCCA to get what it
wants from the people it must reach out physically to them and find out their thoughts.”
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The chapter originally presented here cannot be made freely
available via ORA at this time, as it is pending publication.
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Some of the content originally presented here cannot be made
freely available via ORA at this time, as it is pending publication.

Conclusion

Together, these three chapters explore different aspects of tax and investment pol-
icy, with a focus on identifying areas for improvement in designing realistic and im-
plementable reforms for development.
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way of encouraging tax payments in this context; while the threat of public reporting

raises compliance, actually disseminating this information to others lowers their com-

effective at raising compliance. It is important to note that all the policies studied have
at most marginal effects on total tax revenues, and more ambitious policies to improve
service delivery and accountability of tax collection are likely to be needed to shift into
a high-compliance equilibrium. It is perhaps in that context that social sanctions for

non-payment would be higher and public disclosure policies more effective.
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Encouragingly, all three papers benefit from newly collected, detailed administra-
tive tax data in Uganda. The continued collection of such data, alongside policy efforts
to improve the quality of such data through, for example, electronic billing machines,
and to share data for research, opens the door for exciting and important work moving
forward.
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