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Abstract 

As artificial intelligence (AI) is revolutionizing education, bringing unprecedented 

opportunities yet reshaping teachers' roles, AI literacy has become essential for teachers to 

ensure effective, critical, and ethical integration of AI into teaching. Situated in four tier-1 

mega-cities (Beijing, Shanghai, Guangzhou, and Shenzhen) in China, this study examined 

differences between public and private secondary school English teachers in AI literacy, the 

school support they receive for its development, and their motivation for AI-related CPD, 

and explored the relationships between these three areas. A mixed-method approach was 

used for a comprehensive understanding, combining an online-questionnaire (n=133 

participants) and nine follow-up semi-structured interviews. Drawing on Ng et al.'s four-

dimension conceptualization, teachers' AI literacy was assessed in terms of Knowing and 

Understanding AI (KUAI), Applying AI (AAI), Evaluating AI Application (EAIA), and AI 

Ethics (AIE). Three types of need-satisfaction support (competence, autonomy, and collegial 

support) and five types of motivation (amotivation, external, introjected, identified, and 

intrinsic) were also examined based on Ryan and Deci's (2020) Self-Determination Theory. 

Quantitative findings revealed that public school teachers scored significantly higher than 

their private school counterparts in overall AI literacy, KUAI, EAIA, collegial support, 

overall motivation, and controlled motivation (external and introjected). Qualitative findings 

supported these disparities and highlighted the need for joint action from government and 

schools. Across school types, teachers reported relatively high levels of overall AI literacy, 

school support, and motivation for AI-related CPD, although qualitative data to some extent 

contradicted the results for the first two aspects. Teachers experienced most collegial support, 

and were largely motivated by autonomous motivation (identified and intrinsic). Significant 

positive correlations were consistently observed among the three domains, as well as among 

some of their sub-dimensions. These findings revealed the inequitable resource distribution 

between the two school types and the associated disparities in teachers' AI literacy, school 

support, and motivation for AI-related CPD, although caution is needed in interpreting the 

results. . 

Key words: AI literacy, school support, motivation, Continuous Professional 

Development (CPD), Self-Determination Theory (SDT), public and private schools 
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1. Introduction 

Artificial intelligence (AI) has become pervasive across industries, greatly influencing and 

even revolutionizing the field of education (Molefi et al., 2024; Ng et al., 2021). Its 

transformative potential has been demonstrated in a wide range of educational applications 

such as intelligent tutoring systems that enable adaptive and personalized learning 

experiences (Lukin & Holmes, 2016; Koraishi, 2025). Such transformative power has even 

sparked debates on whether human teachers will be replaced by AI (Selwyn, 2019), posing 

great challenges to teachers' role. Besides this, AI has brought up other challenges in 

education, including ethical concerns (Zaman, 2024), academic integrity (Chiu, 2023), and 

the potential to exacerbate inequities, particularly in under-resourced schools (Ozer,2024). In 

this light, only those teachers who can artfully manipulate this "magic tool" can survive and 

thrive in their transformed roles in the new era of AI (Xu, 2020), underscoring the urgent 

need for teachers to develop relevant abilities. 

One response to this need is the development of various conceptualizations of AI literacy, a 

multidimensional and still emerging construct. For example, Long and Magerko (2020) 

define it as a set of competencies enabling individuals to critically evaluate AI technologies, 

collaborate effectively with AI, and use it across contexts, while Pinski and Benlian (2024) 

propose a two-dimensional model comprising five proficiency dimensions and six subject 

areas. Compared with these two comprehensive yet complex conceptualizations, Ng et al.'s 

(2021a, 2021b) four-dimension framework offers a more focused and manageable basis for 

empirical investigation in educational contexts, and thus is adopted by the present study. 

According to their conceptualization, AI literacy includes four dimensions: Knowing and 

Understanding AI (KUAI), Applying AI (AAI), Evaluating and Creating AI (ECAI), and AI 

Ethics (AIE). 

However, subsequent research has placed greater emphasis on students' AI literacy, leaving 

teachers' AI literacy comparatively under-explored. The limited studies available suggest 

that teachers' AI literacy is generally low (Li et al., 2023; Yoon & Jang, 2024), with a lack 

of deep understanding of AI principles (Pei et al., 2025) and insufficient attention to AI 

ethics (Ayanwale et al., 2024; Sperling et al., 2024; Xu, 2020). While research specifically 

targeting language teachers is even more scarce, two recent studies indicate that AI literacy 

among language teachers may be at a moderate-to-high level (Wang & Pan, 2025; Ma et al., 

2024), higher than that revealed in earlier studies. Such a difference may be related to 
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teachers' increasing exposure to AI in recent years, contextual differences, or the nature of 

this specific teacher group, underscoring the importance of investigating the current state of 

AI literacy among language teachers, English as a Foreign Language (EFL) teachers in 

particular for the present study, and in different contexts. 

Continuous Professional Development (CPD), encompassing all formal and informal 

learning experiences that contribute to growth or development, is widely recognized as a key 

factor in improving teachers' development. Motivation is a decisive factor in determining 

whether CPD participation is effective (McMillan et al., 2016; Osman & Warner, 2020). 

According to Self-Determination Theory (SDT; Ryan & Deci, 2020), support for teachers' 

basic psychological needs for autonomy, competence, and relatedness can enhance 

motivation, particularly intrinsic motivation. Therefore, it is important to investigate both the 

need-satisfaction support teachers receive in their school contexts and their motivational 

profiles for AI-related CPD to better understand factors that encourage and hinder their CPD 

engagement. 

However, research focusing on teachers' experiences in these areas remains limited. Existing 

studies on school support indicate that such support is often insufficient (Kohnke et al., 2025; 

Su et al., 2023), while the few studies on motivation for AI lack transparency in both 

methodology and presentation of results (e.g. Tang et al., 2025). Building on these and other 

research gaps identified, the present study then investigates three interrelated areas among 

EFL teachers: their AI literacy, the need-satisfaction support they receive, and their 

motivation for AI-related CPD. 

The study is rooted in the context of Chinese public and private secondary schools, which, as 

evidenced by both policy documents and personal observations, differ substantially in a wide 

range of aspects including funding sources and access to educational resources. Pubic 

schools, being state-funded, generally enjoy more government budgets, greater policy 

support/regulation, and more formalized teacher training/evaluation systems, while private 

schools, being market-oriented, have greater flexibility but limited government support. 

When it comes to newly emerging trends or technologies like AI, these structural differences 

can result in great disparities between two types of school. For example, in recent years, 

government-led initiatives promoting "smart classrooms" and AI-enhanced teaching have 

often prioritized well-resourced public schools as pilot sites, potentially providing their 
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teachers with earlier and more systematic exposure to AI tools. As a result, public school 

teachers' AI literacy and access to AI-related CPD may be more actively supported, whereas 

private school teachers may face greater barriers in engaging with AI integration. Such 

potential disparities sparked the initial interest in a comparative investigation between the 

two school types from teachers' perspectives and experiences. 

The present study then seeks to bring together three areas that have typically been 

investigated in isolation: AI literacy, need-satisfaction school support, and motivation for 

AI-related CPD. Situated in the Chinese EFL context, it investigates to what extent teachers 

in public and private schools differ across those three areas, and explores the relationships 

among them. To achieve these aims, a mixed-methods approach, is used, combining an 

online questionnaire and follow-up semi-structured interviews to obtain a more 

comprehensive understanding. 

2. Literature Review 

This chapter reviews the literature relevant to the present study. Section 2.2 explores key 

research on AI literacy, including the integration of AI in education, conceptual frameworks 

of AI literacy, and existing studies on teachers' AI literacy. Section 2.3 examines how 

teachers' perceived school support is related to their AI literacy and motivation, as well as 

how teachers' are motivated to participate in AI-related CPD, drawing on self-determination 

theory (SDT). Section 2.4 outlines the rational and the research questions of this study. 

2.1. AI Literacy 

2.1.1. AI in Education 

Artificial Intelligence (AI) was first defined by John MacCarthy in 1956 as the science of 

making intelligent machines that can "use language, form abstractions and concepts, solve 

kinds of problems now reserved for humans, and improve themselves" (MacCarthy, 2007, 

cited in Russel & Norvig, 2010, p.17). Since then, AI has been defined in increasingly 

diverse ways, and a universally accepted definition has yet to be established (Wang, 2019). 
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This chapter reviews the literature relevant to the present study. Section 2.2 explores key 

research on AI literacy, including the integration of AI in education, conceptual frameworks 

of AI literacy, and existing studies on teachers’ AI literacy. Section 2.3 examines how 

teachers’ perceived school support is related to their AI literacy and motivation, as well as 

how teachers’ are motivated to participate in AI-related CPD, drawing on self-determination 

theory (SDT). Section 2.4 outlines the rational and the research questions of this study.

2.1. AI Literacy

2.1.1. AI in Education

Artificial Intelligence (AI) was first defined by John MacCarthy in 1956 as the science of 

making intelligent machines that can “use language, form abstractions and concepts, solve 

kinds of problems now reserved for humans, and improve themselves” (MacCarthy, 2007, 

cited in Russel & Norvig, 2010, p.17). Since then, AI has been defined in increasingly 

diverse ways, and a universally accepted definition has yet to be established (Wang, 2019).
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For example, Baker and Smith (2019) defined AI as "computers which perform cognitive 

tasks, usually associated with human minds, particularly learning and problem-solving (p.10), 

while Goel and Davies (2019) proposed that AI includes three sub-fields, namely, "robotics, 

machine learning, and cognitive systems" (p.602). These definitions reflect the 

interdisciplinary characteristics of AI (Long & Magerko, 2020). In other words, rather than 

refer to a single, specific technology, AI encompasses a wide range of technologies such as 

machine learning, algorithms, and natural language processing (Zawacki-Richter et al., 

2019). 

With rapid advancements in these technologies, AI has become pervasive across industries, 

including finance, business or medicine (Lukin & Holmes, 2016), and plays an increasingly 

important role in many aspects of everyday life (Ng et al., 2021a; 2021b). Education is no 

exception. In fact, AI has begun to revolutionize the field, ushering in a new era of teaching 

and learning (Molefi et al., 2024; Su et al., 2023; Zhang & Zhang, 2024). For example, 

Lukin and Holmes (2016) described three kinds of educational software applications that 

help provide more personalized, inclusive, and engaging learning environments, including 

intelligent personal tutors, intelligent support for collaborative learning, and intelligent 

virtual reality to support learning in authentic environments. They also highlighted that to 

fully realize the transformative power of AI, teachers undoubtedly play a central role and 

should develop new and sophisticated knowledge and skills of AI application. 

Later, Zawacki-Richter et al. (2019) conducted a systematic review of 146 publications on 

AI applications in higher education, identifying four main areas, including `Iprofiling and 

prediction, intelligent tutoring systems, assessment and evaluation, and adaptive systems and 

personalisation" (p.20). Such AI applications have increasingly adopted and transformed 

language teaching (Koraishi, 2025). For instance, language learning platforms such as 

Duolingo use AI to adapt learning contents to learners' levels of proficiency, and 

standardized testing organizations like ETS employ automated scoring systems to assess 

writing and even speaking performances and provide accurate feedback (Chen et al., 2021; 

ETS Global, 2024). These AI applications facilitate personalized and adaptive learning 

experience with improved efficiency. 

While these AI applications hold significant potential to enhance teaching and learning 

practices, they also bring substantial challenges and risks. One of the most frequently 
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discussed concerns is the ethical use of AI in education (Ozer, 2024; Zaman, 2024). For 

instance, AI tools have been increasingly used by students to complete assignments, projects, 

or essays. Excessive reliance on these tools, especially when used to generate entire pieces of 

work, can lead to unethical behaviors such as plagiarism and academic dishonesty. Currently, 

there still exists a lack of robust and reliable detection tools, making such practices often go 

unnoticed and potentially resulting in unfair grading (Chiu, 2023). Students who use AI 

extensively may receive higher marks than their peers who complete work independently, 

thereby undermining the fairness and integrity of educational assessment systems (Sok & 

Heng, 2023). Moreover, inequitable access and digital divides are exacerbated by disparities 

in digital and AI literacy across and within countries, disadvantaging under-resourced 

schools, teachers, and students (Ozer, 2024). While many teachers are often found to be 

underprepared to integrate AI into teaching practice, lacking both sufficient AI literacy and 

relevant pedagogical skills (Su et al., 2023), teachers from disadvantaged educational 

environments may face even more fundamental barriers, lacking access to AI technologies 

and AI literacy. Additionally, the educational transformation driven by AI advancements is 

reshaping teachers' professional roles. As the capabilities of AI technologies continue to 

evolve, the role of teachers is increasingly being questioned, with ongoing debates over 

whether AI might replace human teachers (Selwyn, 2019). 

In response to these challenges, many researchers argue that teachers in the era of AI need to 

acquire not only professional knowledge or skills but also but also competencies to use AI 

effectively, efficiently and appropriately (Ayanwale et al., 2024; Fenwick, 2018; Lacity & 

Willcocks, 2017; Xu, 2020; Zhai et al., 2021) . In this light, it would be reasonable to expect 

that increasing research attention has been devoted to understanding and enhancing teachers' 

AI literacy, which incorporates a range of competencies such as critically evaluating AI, 

communicating and collaborating with AI, and effectively using AI (Long & Magerko, 

2020). However, this area remains largely under-explored within the field of teacher 

education (Konnke et al., 2025; Ng et al., 2023; Sperling et al., 2024; Wu & Miller, 2025). 

Some scholars further argue that AI users, including teachers, to a large extent have been AI 

illiterate, without sufficient AI-related knowledge or competencies (Pinski & Benlian, 2024; 

Wilton et al., 2022).These all highlight the need to investigate and understand teachers' AI 

literacy in specific educational contexts so as to improve it. 
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In China, the government has actively promoted AI integration into education in recent year, 

launching initiatives such as tmart classrooms", `emote synchronous classroom", and 

"smart campus". These initiatives have often prioritized public schools, with large-scale pilot 

projects supported by substantial infrastructure investments as well as technical and 

professional development support. Private schools, however, due to differences in 

governance and funding models, may have limited access to such AI-related resources and 

training. Addressing this gap, the present study examines the AI literacy of teachers in 

Chinese public and private schools, aiming to provide a deeper understanding of their AI 

literacy, and to determine whether disparities in AI literacy exist between the two school 

types. 

2.1.2. Conceptualization of AI Literacy 

As AI continues to reshape various sectors of society, including education, the concept of AI 

literacy has emerged as a growing area of global research interest (Sperling, 2024). Although 

still in its infancy, AI literacy has been described and defined in diverse ways, prompting 

many researchers to call for further conceptual refinements (Laupichler et al., 2022; Sperling, 

2024). 

AI literacy, widely recognized as a multidimensional construct (Pei et al., 2025), was 

initially defined by Kandlhofer et al.(2016) as the ability not only to use AI technologies or 

applications, but, more importantly, to understand the underlying techniques and concepts 

behind them. Since then, the concept has been further explored and redefined, resulting in 

various conceptualizations that differ in terms of the composition and configuration of 

relevant abilities and competencies. 

Long and Magerko (2020) define AI literacy as `a set of competencies that enable 

individuals to critically evaluate AI technologies; communicate and collaborate effectively 

with AI; and use AI as a tool online, at home, and in the workplace"(p. 2). They further 

distill a list of 17 specific competencies from a wide range of interdisciplinary literature, 

organized under five key themes including 'What is AI; What can AI do?; How does AI 

work?; How should AI be used?; and How do people perceive AI?" (p. 3). This 

conceptualization offers a broad understanding of AI literacy that goes beyond technical and 
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conceptual knowledge, encompassing cognitive, social, and ethical dimensions, and thus is 

often frequently cited as a comprehensive definition of AI literacy. 

Similarly, Kong et al. (2021) conceptualize AI literacy through three competence 

components: understanding AI concepts, as well as using those concepts to evaluate and 

understand the real world through problem solving. While this conceptualization broadly 

aligns with that of Long and Magerko (2020), it is less comprehensive and omits dimensions 

such as AI ethics, which is increasingly recognized as an integral part of AI literacy that 

requires greater attention (Dabbagh et al., 2025; Sperling et al., 2024; Wilton et al., 2022; Xu, 

2020). 

More recently, based on a review of 68 multidisciplinary studies, Pinski and Benlian (2024) 

propose a two-dimensional framework of AI literacy, in which five proficiency dimensions 

(knowledge, awareness, skills, competencies, and experience) are closely interrelated with 

six AI subject areas (AI models, data for AI, AI interfaces, AI tools, 

humans/organizations/society, cross area). They argue that the integration of these 

proficiency dimensions across subject areas enables "purposeful, efficient, and ethical" (p. 1) 

use of AI, thereby conceptualizing AI literacy as a "holistic proficiency concept" (p. 16) with 

"an enabling character" (p. 4). Additionally, they point out that different user groups (e.g., 

experts vs. non-experts, doctors vs. Teacher), require and demonstrate different AI literacy, 

highlighting the relevance of focusing the present study specifically on English teachers' AI 

literacy in China. 

While Long and Magerko (2020) and Pinski and Benlian (2024) have proposed theoretically 

inclusive and comprehensive conceptualizations of AI literacy, their definitions to some 

extent are less practical in empirical research, with the former containing a list of 17 

competencies and the latter encompassing the holistic and complex interrelations between 

five proficiency dimensions and six subject areas. This study then adopts Ng et al.'s (2021a, 

2021b) conceptualization, which comprises four dimensions that are more focused and 

manageable for empirical investigation of teachers' AI literacy and directly relevant to 

educational contexts. 

According to Ng et al. (2022), AI literacy, despite variations in its definitions, is generally 

conceptualized as a range of technological attitudes, skills, and competencies enabling 

effective and ethical use of AI in daily life. In earlier work, through systematic reviews of 18 
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and 30 peer-reviewed articles in the field of education respectively, Ng et al. (2021a, 2021b) 

identified four core dimensions of fostering AI literacy. These dimensions—knowing and 

understanding AI (KUAI), applying AI (AAI), evaluating and creating AI (ECAI), and AI 

ethics (AIE)—are mapped onto the cognitive domains of Bloom's Taxonomy, extending 

from lower-order thinking skills such as remembering and understanding to higher-order 

skills including applying, analyzing, evaluating, and creating, and provide a structured 

framework for AI literacy. 

In this framework, KUAI refers to knowing the foundational knowledge of AI concepts, 

skills, and how AI systems function; AAI involves the ability to apply AI knowledge, 

concepts, and applications in different contexts; ECAI encompasses higher-order thinking 

skills, including evaluating, communicating and collaborating with, designing AI 

applications; ATE focuses on human-centered considerations such as issues related to 

fairness, accountability, transparency, and ethics. While most of the reviewed studies foster 

AI literacy primarily by enhancing the dimensions of KUAI and AAI, the other two 

dimensions, ECAI and especially ATE, are relatively less discussed or emphasized as integral 

components of AI literacy. This imbalance highlights the importance of adopting a 

comprehensive framework, such as that proposed by Ng et al. (2021a, 2021b), which equally 

values all four dimensions, to fully understand components of teachers' AI literacy and 

address the existing weaknesses to foster improvements. 

2.1.3. Research on Teachers' AI Literacy 

As highlighted by World Economic Forum (2022), `Building an AI-powered society that 

benefits all requires each of us to become literate about AI", demonstrating the growing 

global awareness of the importance of AI literacy in all walks of life. While much attention 

has been paid to equipping students with AI literacy, teachers, who are expected to both 

adopt AI in their teaching and foster students' AI literacy, are often overlooked (Pan & 

Wang, 2025). Compared with the rapidly expanding body of research on students' AI 

literacy, studies focusing on teachers' AI literacy remain relatively limited. 

Among the existing studies, many report that teachers' current levels of AI literacy are far 

from ideal, with gaps in different dimensions. For example, Li et al. (2023) and Yoon and 

8 

and 30 peer-reviewed articles in the field of education respectively, Ng et al. (2021a, 2021b) 

identified four core dimensions of fostering AI literacy. These dimensions—knowing and 

understanding AI (KUAI), applying AI (AAI), evaluating and creating AI (ECAI), and AI 

ethics (AIE)—are mapped onto the cognitive domains of Bloom’s Taxonomy, extending 

from lower-order thinking skills such as remembering and understanding to higher-order 

skills including applying, analyzing, evaluating, and creating, and provide a structured 

framework for AI literacy.

In this framework, KUAI refers to knowing the foundational knowledge of AI concepts, 

skills, and how AI systems function; AAI involves the ability to apply AI knowledge, 

concepts, and applications in different contexts; ECAI encompasses higher-order thinking 

skills, including evaluating, communicating and collaborating with, designing AI 

applications; AIE focuses on human-centered considerations such as issues related to 

fairness, accountability, transparency, and ethics. While most of the reviewed studies foster 

AI literacy primarily by enhancing the dimensions of KUAI and AAI, the other two 

dimensions, ECAI and especially AIE, are relatively less discussed or emphasized as integral 

components of AI literacy. This imbalance highlights the importance of adopting a 

comprehensive framework, such as that proposed by Ng et al. (2021a, 2021b), which equally 

values all four dimensions, to fully understand components of teachers’ AI literacy and 

address the existing weaknesses to foster improvements.

2.1.3. Research on Teachers’ AI Literacy

As highlighted by World Economic Forum (2022), “Building an AI-powered society that 

benefits all requires each of us to become literate about AI”, demonstrating the growing 

global awareness of the importance of AI literacy in all walks of life. While much attention 

has been paid to equipping students with AI literacy, teachers, who are expected to both 

adopt AI in their teaching and foster students’ AI literacy, are often overlooked (Pan & 

Wang, 2025). Compared with the rapidly expanding body of research on students’ AI 

literacy, studies focusing on teachers’ AI literacy remain relatively limited.

Among the existing studies, many report that teachers’ current levels of AI literacy are far 

from ideal, with gaps in different dimensions. For example, Li et al. (2023) and Yoon and

8



Jang (2024) examined the overall levels of AI literacy among 323 pre-service teachers in 

China and 105 in Korea, respectively. The former developed a Likert-scale questionnaire 

measuring AI knowledge, ability, awareness, and ethics, drawing on measurement 

frameworks for digital and information literacy. The latter adopted Hwang et al.'s (2024) 

scale, which assesses five dimensions of AI literacy: identification, understanding, usage, 

application, and creation. Analyzing quantitative data from self-reported surveys, both 

studies found that the overall levels of AI literacy were relatively low. Notably, while Li et al. 

identified teachers' particularly low competence in AI ethics, whereas Yoon and Jang did not 

include ethics as a dimension at all, showing that AI ethics may be overlooked not only by 

both pre-service teachers but also by some researchers. In addition, the instruments used by 

both studies were not well-developed based on comprehensive frameworks of AI literacy. 

Instead, they either based their research on conceptualizations of other forms of literacy or 

employed poorly constructed Likert scales, with some dimensions measured by as few as 

two items—a number generally insufficient to ensure acceptable internal consistency and 

reliability. Such limitations may potentially compromise their ability to capture the full 

picture of teachers' AI literacy—an issue that future research should address. 

Similarly, Pei et al. (2025) examined 200 pre-service teachers' AI literacy in the US. 

However, unlike the two studies reviewed above, they used a well-designed questionnaire 

developed under the guidance of Bloom's Taxonomy and technology acceptance model 3, 

with four layers to measure participants' understanding of AI, perceptions of applying AI, AI 

ethical issues, and professional development. Drawing on both qualitative and thematic 

analysis, the study revealed teachers' limited awareness of AI ethics, an issue noted in many 

other studies (Ayanwale et al., 2024; Li et al., 2023; Selwyn, 2019; Sperling et al., 2024; Xu, 

2020),In addition, they found that participants, although with relatively strong knowledge of 

AI concepts, showed weaker understanding of AI mechanisms, indicating a superficial 

understanding of AI. Such insufficient understanding appeared to further affect their 

confidence in AI knowledge, comfort in using AI, and confidence in future AI application. 

This finding echoes earlier research that highlights the critical role of understanding 

fundamental knowledge of AI in improving the willingness and confidence in the integration 

of AI technologies (Stolpe & Hallstrom, 2024; Zhao et al., 2022). Despite the robust research 

design, the relatively small sample size limited the power of this study, highlighting the need 

for future research with larger samples across diverse contexts. 
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Among larger participant groups (1013 Chinese middle school teachers and 529 Nigerian 

pre-service teachers, respectively), Zhao et al. (2022) and Ayanwale et al. (2024). not only 

examined teachers' overall levels and components of AI literacy but also explored the 

relationships among these dimensions. While the former grounded their research and Likert-

scale questionnaire in Ng et al.'s (2021a, 2021b) four-dimensional framework of AI literacy, 

the latter developed their study and survey scale by integrating multiple frameworks, 

including those proposed by Long and Magerko (2020), Ng et al.(2021a, 2021b), and 

Caroulus et al. (2023). Despite their differing conceptualizations of AI literacy, both studies 

offered comprehensive investigation of the relationships among similar variables including 

Knowing and understanding of AI (KUAI), AI Ethics, Apply AI, Evaluate/Create AI, using 

structural equation modeling. Their findings highlighted the foundational role of knowing 

and understanding AI (KUAI) in positively influencing other dimensions. 

In contrast to the subjective measurements of AI literacy used by studies above, Ding et al. 

(2024b) designed and validated their own instrument incorporating 25 objective-based items 

in the form of "multiple-choice questions, true/false statements, and sorting inquiries. They 

categorized the 17 competencies proposed by Long and Magerko (2020) into five facets, and 

constructed items to assess each facet from references cited by Long and Magerko's work 

and other existing academic materials, which were further discussed, reviewed, revised by an 

additional professor and the primary researcher. They administered the assessment among 

pre- and in-service teachers in the US and collected 196 responses. Descriptive results 

indicated that both types of teachers had moderate levels of AI literacy, with in-service 

teachers slightly outperforming pre-service teachers. They also revealed teachers' lack of 

solid or in-depth knowledge of the mechanisms of how AI works, aligned with Pei et al.'s 

(2025) findings. In addition, they used diverse approach to validate the assessment they 

developed, including expert review and statistical analyses such as exploratory factor 

analysis and item response theory, thereby confirming its the validity. However, as Lintner's 

(2024) systematic review of 16 AI literacy scales revealed, most scales for AI literacy still 

lacked certain forms of statistical validation (e.g. content/construct validity and 

responsiveness) and, more importantly, had not been tested across different cultural contexts. 

This suggests that Dint et al.'s (2024b) objective assessment, along with other self-reported 

instruments used in studies reviewed earlier, should be further examined for validity in 

varied educational and cultural settings. 
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While general teachers' AI literacy has been explored to some extent, studies specifically 

investigating language teachers' remain even more scare (Koraishi, 2025; Liu, 2025; Pan & 

Wang, 2025). Although language teachers, especially English language teachers, have 

generally responded positively, showing enthusiasm for adopting AI tools to enhance 

teaching practices (Molefi et al., 2024), their levels of AI literacy haven't been the focus of 

most studies. Wang and Pan (2025) conducted a mixed-methods study, including a self-

designed and validated online survey and semi-structure interviews, among 782 English 

teachers in Chinese universities to investigate teachers' AI literacy in the context of English 

as a foreign language (EFL). They found that most of English teachers had moderate, good 

or excellent AI literacy (45.5%, 28.4%, and 14.1% respectively), while only 12.1% of 

teachers self-reported to have poor AI literacy. The results appeared to be better than those 

reported in studies previously reviewed. Such a difference may be related to teachers' 

increasing exposure to AI in recent years, contextual differences or characteristics specific to 

this teacher group, underscoring the importance of investigating the current state of AI 

literacy among language teachers, English as a Foreign Language (EFL) teachers in 

particular for the present study, in diverse contexts. 

Taken together, limited research on teachers' AI literacy depicts a picture of teachers who 

demonstrate unsatisfactory yet dynamic and developing overall levels of AI literacy. Results 

on components of teachers' AI literacy revealed their lack of awareness of AI ethics and 

variations in their other aspects. These make it important to conduct studies in different 

contexts on AI literacy of teachers, especially language teachers, in order to have a more 

comprehensive understanding of their AI literacy profiles and thus inform the design of 

relevant programs to foster improvements. 

2.2. School Support and Teachers' Motivation for AI-Related Continuous Professional 

Development (CPD) 

2.2.1. AI-Related CPD and Its Effectiveness 

The conceptualizations of teacher Continuous Professional Development (CPD) have 

evolved over the years. Earlier definitions tended to equate CPD with training events held 
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occasionally to deliver cognitive knowledge or skills to maintain teachers' quality, 

competence, and accountability (Bolam, 1982; Kennedy, 2007; Sturrock & Lennie, 2009). 

More recent perspectives emphasize life-long learning for both professional and personal 

development as well as the importance of teachers' individual needs and attitudes (Bolam & 

McMahon, 2004; Earley & Bubb, 2004; Hargreaves, 1995). The present study adopts a more 

comprehensive definition of CPD proposed by Day (1999, p4): 

Professional development consists of all natural learning experiences and those 
conscious and planned activities which are intended to be of direct or indirect benefit 
to the individual, group or school, which contribute through these, to the quality of 
education in the classroom. It is the process by which, alone and with others, teachers 
review, renew and extend their commitment as change agents to the moral purposes 
of teaching; and by which they acquire and develop critically the knowledge, skills 
and emotional intelligence essential to good professional thinking, planning and 
practice with children, young people and colleagues throughout each phase of their 
teaching lives. (Day, 1999, p.4) 

According to this definition, teachers' CPD encompasses a wide range of formal and 

informal learning experiences that contribute to their growth, development, and positive 

change. These activities are not limited to the acquisition of professional knowledge, skills, 

and competence necessary for delivering high-quality education; they also address the 

emotional and moral dimensions of teachers' personal and professional lives. Importantly, 

CPD is defined as a lifelong, reflective process that evolves across the different phases of a 

teacher's career, involving both individual and collaborative learning. 

Building on this conceptualization, the present study defines AI-related CPD activities as 

any natural or planned learning opportunities—such as workshops, training sessions, self-

directed exploration, or collaborative discussions—that aim to enhance any aspect of 

teachers' AI literacy in educational contexts. These activities may be school-supported or 

self-driven and reflect varying degrees of engagement, from raising basic awareness to 

facilitating pedagogical applications of AI. 

As CPD has been widely recognized as a key factor in improving teacher quality and thus 

students' achievements across various contexts (Avalos, 2010; Lessing & De Witt, 2007; 

Saleem et al., 2021; Wan, 2011; ), numerous studies have been focused on how to design and 

deliver more effective CPD programs (Guskey, 2003). This has resulted in the identification 

of a series of characteristics of effective CPD, including a strong content focus, sustained 

12 

occasionally to deliver cognitive knowledge or skills to maintain teachers’ quality, 

competence, and accountability (Bolam, 1982; Kennedy, 2007; Sturrock & Lennie, 2009).

More recent perspectives emphasize life-long learning for both professional and personal 

development as well as the importance of teachers’ individual needs and attitudes (Bolam & 

McMahon, 2004; Earley & Bubb, 2004; Hargreaves, 1995). The present study adopts a more 

comprehensive definition of CPD proposed by Day (1999, p4):

Professional development consists of all natural learning experiences and those 
conscious and planned activities which are intended to be of direct or indirect benefit 
to the individual, group or school, which contribute through these, to the quality of 
education in the classroom. It is the process by which, alone and with others, teachers 
review, renew and extend their commitment as change agents to the moral purposes 
of teaching; and by which they acquire and develop critically the knowledge, skills 
and emotional intelligence essential to good professional thinking, planning and 
practice with children, young people and colleagues throughout each phase of their 
teaching lives. (Day, 1999, p.4)

According to this definition, teachers’ CPD encompasses a wide range of formal and 

informal learning experiences that contribute to their growth, development, and positive 

change. These activities are not limited to the acquisition of professional knowledge, skills, 

and competence necessary for delivering high-quality education; they also address the 

emotional and moral dimensions of teachers’ personal and professional lives. Importantly, 

CPD is defined as a lifelong, reflective process that evolves across the different phases of a 

teacher’s career, involving both individual and collaborative learning.

Building on this conceptualization, the present study defines AI-related CPD activities as 

any natural or planned learning opportunities—such as workshops, training sessions, self- 

directed exploration, or collaborative discussions—that aim to enhance any aspect of 

teachers’ AI literacy in educational contexts. These activities may be school-supported or 

self-driven and reflect varying degrees of engagement, from raising basic awareness to 

facilitating pedagogical applications of AI.

As CPD has been widely recognized as a key factor in improving teacher quality and thus 

students’ achievements across various contexts (Avalos, 2010; Lessing & De Witt, 2007; 

Saleem et al., 2021; Wan, 2011; ), numerous studies have been focused on how to design and 

deliver more effective CPD programs (Guskey, 2003). This has resulted in the identification 

of a series of characteristics of effective CPD, including a strong content focus, sustained

12



course duration, relevance to teaching practice and school goals, and opportunities for 

collaboration (Murray, 2014). In the context of AI-related CPD, the newly emerging area in 

teacher education, some initial efforts have been made to propose programs effective in 

supporting teachers' development in AI literacy. 

Several recent studies have argued that specific types of AI-related CPD programs can be 

effective in enhancing teachers' AI literacy. For example, based on Ng et al's (2021a, 2021b) 

framework of AI literacy, Ding et al. (2024a) designed a four-hour AI-related CPD program 

consisting of a lecture, discussions of three video-recorded cases of AI pedagogical 

application, and online surveys, and investigated its influence on AI literacy among seven 

middle school science teachers in the US. It was found that the overall levels of teachers' 

self-reported AI literacy significantly increased after the program, with most gains in their 

understanding of AI concepts and their pedagogical application of AI. Similarly, Vazhayil et 

al. (2019) described a two-day workshop for 34 computer science teachers without any prior 

knowledge about AI concepts. Through self-paced learning of training materials and hands-

on, game-based activities—such as developing chatbots and image recognition tools—

teachers engaged in collaborative and reflective learning, which fostered a deeper 

understanding of AI. Qualitative data, including interviews and video reflections, revealed 

participants' highly positive attitudes towards the program design. In another study, 

Kandlhofer et la. (2019) attempted to design a standardized certification system for AI 

education, involving validated multiple-choice questions and interactive tasks to test learners' 

AI knowledge. The curriculum included five-day classes and 50 hours of online learning, in 

which teachers are trained to be certified trainers who then delivered the training to certify 

students as certified trainees. 

While these studies developed and to some extent confirmed the effectiveness of some forms 

of AI-related CPD programs, they are mostly small in scale, often involving limited numbers 

of participants within specific institutional or regional contexts. Furthermore, there is no 

control group or comparison condition to determine the relative effectiveness of the 

programs, and no follow-up assessments were conducted to evaluate their long-term 

effectiveness. Additionally, the CPD activities examined are often stand-alone or short-term 

interventions, rather than part of a coherent, sustained, and systematically designed pathway 

for CPD. Moreover, these programs often lack a clear theoretical or scientific framework to 

inform curriculum design, making it difficult to determine what content should be included 
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or prioritized to develop comprehensive AI literacy. These limitations make it difficult to 

draw firm conclusions about the effectiveness of such AI-related CPD programs, pointing to 

the need for further validation across diverse educational settings and larger teacher 

populations. However, these early efforts represent important first steps in addressing the 

gap in AI-related teacher education. They highlight the potential and value of AI-related 

CPD programs to support teachers' AI literacy. 

However, regardless of how well these programs are designed and delivered, they cannot 

reach their full potential if teachers are not willing or motivated to participate. Increasingly, 

scholars argue that it is not merely the effectiveness of CPD design, but rather teachers' 

motivation to participate that plays a decisive role in determining the impact of CPD 

activities (Liu et al., 2014; McMillan et al., 2016; Osman & Warner, 2020). In the context of 

teachers' AI literacy, therefore, it is essential to investigate what motivates them to 

participate in AI-related CPD activities to ensure meaningful and effective CPD. 

2.2.2. School Support and Motivation: A Self-Determination Theory (SDT) Perspective 

Motivation, as a complex and multifaceted concept (Dornyei, 2001), has been extensively 

researched, resulting in a variety of conceptualizations and theoretical frameworks ranging 

from Maslow's (1954) hierarchy of needs and Herzberg et al.'s(1959) two-factor theory to 

Deci and Ryan's (1985) Self-Determination Theory (SDT). The present study adopts SDT, a 

classical and influential theory widely used to interpret studies on teachers' motivation (Lam 

et al., 2010; Yang, 2021). 

According to SDT, motivation is categorized into amotivation, extrinsic motivation, and 

intrinsic motivation. Amotivation refers to 'the lack of any forms of regulation, whether 

extrinsic or instrinsic" (Dornyei & Ushioda, 2011:27). Extrinsic motivation refers to 

engaging in activities for external rewards or incentives, whereas intrinsic motivation refers 

to doing activities for their inherent interest, enjoyment or curiosity. 

Despite the seemingly opposing nature of extrinsic and intrinsic motivation, Ryan and Deci 

(2000) argue that these constructs lie along a continuum rather than forming a dichotomy, 

reflecting different degrees of autonomy or self-determination. The continuum places 

participating in activities out of heteronomy (e.g. external obligation) and autonomy (internal 

desires) at each end. While intrinsic motivation is autonomous and self-determined, extrinsic 
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motivation is not necessarily heteronomous. When individuals internalize the external 

obligation, their extrinsically-motivated behaviors can become more autonomous. According 

to SDT, the greater the degree of internalization, the more self-determined the individual's 

regulation is likely to be. In this light, extrinsic motivation is further divided into four sub-

types, namely: external regulation, introjected regulation, identified regulation, and 

integrated regulation, varying in the degrees of internalization and self-determination. 

External regulation is the least internalized, with actions controlled by external incentives; 

introjected regulation involves partial internalization, with individuals engaging in activities 

to avoid anxiety or improve self-esteem; identified regulation involves relatively higher 

levels of self-determination as individuals perform an action because of their recognition and 

acceptance of its value; integrated regulation is highly self-determined and autonomous, with 

individual engaging in an activity due to its importance to their sense of self. While 

individuals can be simultaneously motivated by multiple types of motivation, and different 

types of motivation are all important, it has been widely supported in literature that intrinsic 

motivation and autonomous or well-internalized forms of extrinsic motivation can predict 

better achievements in different educational contexts (Froiland & Worrell, 2016; Hein et al., 

2012; Ryan & Deci, 2020; Taylor et al., 2014). 

SDT argues that while individuals have innate or autonomous motivational tendencies to 

seek psychological growth, learning, mastery and connection, these propensities are not 

automatic. In fact, they entail supportive conditions from the environment to be robust. 

According to SDT, individuals are driven by three basic psychological needs for autonomy, 

competence, and relatedness. The need for autonomy refers to the need to feel that one's 

actions are self-initiated and self-regulated, rather than externally controlled; the need for 

competence involves the need to feel capable and experience mastery of tasks or skills; and 

the need for relatedness is the need for belonging and connection with others (Wut et al., 

2025; Ryan & Deci, 2020). These needs play a critical role in individuals' healthy 

development and should be supported and satisfied. When the environment is supportive 

enough to meet all these needs, higher levels of motivation for engaging in activities can be 

fostered (Chui et al., 2024; Lam et al., 2010; Ryan & Deci, 2020). Furthermore, Ryan and 

Deci (2020) argue that supports for basic psychological needs can enhance intrinsic 

motivation and the internalization of extrinsic motivation. In other words, when these basic 

needs are satisfied, individuals can feel their behaviors are internally initiated and self-
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determined, resulting in enhanced intrinsic motivation and internalized extrinsic motivation, 

and thus achieving better well-being and development (Yang. 2021). 

Based on SDT, schools, as the environments that can facilitate or hinder motivation, play a 

critical role in shaping teachers' motivation. To be specific, when schools provide sufficient 

support to satisfy teachers' needs for autonomy, competence, and relatedness, teachers are 

more likely to have enhanced intrinsic motivation or more internalized forms of extrinsic 

motivation. However, in practice, many teachers are forced to support students' 

psychological needs without theirs being well supported, often facing various institutional 

constraints (Ryan & Deci, 2020). This imbalance is evident in the context of AI literacy 

education, where teachers are encouraged and expected to integrate and even teach AI, yet 

may lack institutional support to meet their needs for the development of AI literacy. 

Addressing this gap, the present study investigates the extent to which teachers' basic 

psychological needs are supported within school environments, and how such school 

supports relate to their motivation to engage in activities to enhance AI literacy. 

2.2.3. Research on School Support and AI Literacy 

Although school support has been investigated in a range of studies for its role in promoting 

students' AI literacy (Lee et al., 2020; Shen & Cui, 2024; Xia et al., 2023) , limited research 

has explored how schools support teachers' three psychological needs for autonomy, 

competence, and relatedness in the context of AI literacy development. 

Some studies have found that their access to relevant institutional support remains limited, 

further hindering teachers' successful integration of AI in education. For example, Kohnke et 

al. (2025) conducted a qualitative study with 15 pre-service teachers studying in a teacher 

education program in Hong Kong to explore their perceptions of AI integration and AI 

literacy development. Thematic analysis of semi-structured interviews revealed that, 

although participants consistently acknowledged the importance of developing AI literacy 

and expressed a strong need for institutional guidance, the institutional support they received 

varied considerably. While some reported access to occasional workshops, lectures, or short 

courses aimed at building AI-related skills, others stated that their university provided no 

relevant support at all. Participants also emphasized that AI-related training should not be 
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one-off or isolated; rather, schools should encourage ongoing and sustained professional 

development to ensure meaningful and long-term growth in teachers' AI literacy. 

Additionally, Su et al. (2023) and Laupichler et al. (2022) reviewed literature on AI literacy 

in early, higher and adult education contexts. Both reviews identified a widespread lack of 

AI knowledge, skills, and confidence in AI integration among teachers. Teachers were also 

found to lack the competence to design AI courses or determine appropriate content, and 

they did not have access to school-level guidelines or institutional direction. These findings 

collectively demonstrated that schools failed to provide adequate support to meet teachers' 

needs for competence in AI literacy. 

While these studies collectively highlight the lack of institutional support for teachers' AI 

literacy development, they tend to adopt largely descriptive approaches, focusing on general 

perceptions of school support or teachers' performances in teaching AI-related content. In 

the absence of guiding theoretical frameworks for school support, such as need-supportive 

theory in SDT, these studies offer limited insight into the underlying mechanisms. 

Specifically, they do not examine what kinds of support teachers receive or lack, nor how 

different forms of school support relate to their motivation to engage in AI-related CPD 

activities and their AI literacy levels. 

Addressing this gap, some studies have explored how school environments that align with 

teachers' basic psychological needs can enhance their AI-related knowledge, motivation, and 

classroom integration (Chiu et al., 2024; Shen & Cui, 2024; Wu& Miller,2025; Wut et al., 

2025) . For example, drawing on Falloon's (2020) framework of teacher digital competence 

(TDC), which includes personal-professional and personal-ethical competences, Chiu et al. 

(2024) employed a mixed-methods approach to investigate how school environments 

support teachers' psychological needs, contribute to their competences in using digital 

technologies including AI-related technologies and influence their engagement in TDC 

development activities. The researchers collected quantitative data from 370 in-service 

secondary school teachers through a structured questionnaire, measuring perceived school 

learning support, need satisfaction (autonomy, competence, relatedness), and digital 
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psychological needs for autonomy, competence, and relatedness (belonging, connection, 

collegial support). The study also proposed 12 need-supportive strategies to be embedded in 

professional development systems to satisfy teachers' three needs, and thus foster strong 

TDC and motivation to engage in TDC professional development. This well-designed study 

provide valuable insights into the relationships perceived school support and TDC including 

AI-related skills. However, it does not isolate AI literacy as a distinct domain, overlooking 

the specific demands and distinct nature of AI literacy. 

To address this gap, Wut et al. (2025) conducted a quantitative study in the higher education 

context to investigate how perceived institutional support and perceived risk of AI relate to 

teachers' AI literacy. Based on survey data from 123 university teachers, the results showed 

that perceived autonomy and competence support were positively associated with AI literacy, 

consistent with the relevant findings of Chiu et al. (2024). However, perceived relatedness 

support (feeling cared/close/connected with others) was not found to have a significant effect 

on AI literacy, diverging from Chiu et al.'s study, where perceived relatedness support also 

predicted digital competence. This divergence may be attributed to contextual differences 

between two studies. While Chiu et al. (2024) focused on secondary school teachers, who 

may experience more collegial collaboration and peer learning, Wut et al.'s (2025) 

participants were university faculty, who tend to work more independently. These findings 

suggest that the role of relatedness support in AI literacy development may vary across 

educational settings, highlighting the need to examine how different forms of institutional 

support function in diverse teaching contexts. 

2.2.4. Research on Teachers' Motivation for AI-related CPD 

While AI literacy has emerged as a globally significant research area, it remains largely 

underexplored within the context of teacher education, particularly in relation to teachers' 

own AI literacy development and their motivation to engage in relevant CPD activities. This 

can be seen from Sperling et al.'s (2024) review of 34 peer-reviewed articles on AI literacy 

and teacher education published over the past 23 years. Their analysis identified six major 

research themes: curriculum development, AI literacy frameworks, teachers' attitudes and 

(mis)conceptions, teaching with and about AI, professional development, and AI ethics. 

Among these, studies on professional development primarily focused on strategies to 
18 

psychological needs for autonomy, competence, and relatedness (belonging, connection, 

collegial support). The study also proposed 12 need-supportive strategies to be embedded in 

professional development systems to satisfy teachers’ three needs, and thus foster strong 

TDC and motivation to engage in TDC professional development. This well-designed study 

provide valuable insights into the relationships perceived school support and TDC including 

AI-related skills. However, it does not isolate AI literacy as a distinct domain, overlooking 

the specific demands and distinct nature of AI literacy.

To address this gap, Wut et al. (2025) conducted a quantitative study in the higher education 

context to investigate how perceived institutional support and perceived risk of AI relate to 

teachers’ AI literacy. Based on survey data from 123 university teachers, the results showed 

that perceived autonomy and competence support were positively associated with AI literacy, 

consistent with the relevant findings of Chiu et al. (2024). However, perceived relatedness 

support (feeling cared/close/connected with others) was not found to have a significant effect 

on AI literacy, diverging from Chiu et al.’s study, where perceived relatedness support also 

predicted digital competence. This divergence may be attributed to contextual differences 

between two studies. While Chiu et al. (2024) focused on secondary school teachers, who 

may experience more collegial collaboration and peer learning, Wut et al.’s (2025) 

participants were university faculty, who tend to work more independently. These findings 

suggest that the role of relatedness support in AI literacy development may vary across 

educational settings, highlighting the need to examine how different forms of institutional 

support function in diverse teaching contexts.

2.2.4. Research on Teachers’ Motivation for AI-related CPD

While AI literacy has emerged as a globally significant research area, it remains largely 

underexplored within the context of teacher education, particularly in relation to teachers’ 

own AI literacy development and their motivation to engage in relevant CPD activities. This 

can be seen from Sperling et al.’s (2024) review of 34 peer-reviewed articles on AI literacy 

and teacher education published over the past 23 years. Their analysis identified six major 

research themes: curriculum development, AI literacy frameworks, teachers’ attitudes and

(mis)conceptions, teaching with and about AI, professional development, and AI ethics.

Among these, studies on professional development primarily focused on strategies to
18



enhance teachers' AI literacy through CPD initiatives. However, teachers' motivation to 

participate in such CPD programs has received little direct attention across the papers 

reviewed in their study. 

The few studies that have focused on this area tend to lack methodological rigor and 

theoretical grounding. For example, Indrayani et al. (2024) conducted a survey among 502 

Indonesian teachers to investigate how teachers' awareness, perception, and learning 

motivation influence classroom learning evaluation. Although the study included fifteen 

items intended to measure teachers' motivation to learn about AI, no explanation was 

provided regarding how these items were developed or theoretically grounded. While the 

authors stated that the instrument's validity and reliability were assessed using SPSS 21, the 

specific procedures and statistical outcomes were not reported. Moreover, the results related 

to learning motivation were not presented in detail, leaving teachers' motivational profiles 

unclear. Similarly, Tang et al. (2025) examined the motivation for AI literacy education 

among older adults rather than focusing on teachers. Although this study reported a high 

average level of motivation based on overall mean scores, it did not investigate how various 

factors contributed to participants' motivation, leaving the underlying drivers largely 

unexplored. Overall, these two studies reviewed represent valuable initial attempts to address 

teachers' motivation in the context of AI-related CPD; however, their research design and 

presentation of results could have been more systematically structured and methodologically 

rigorous, indicating a significant gap that calls for more robust investigations in this area. 

While research specifically focusing on teachers' motivation to engage in AI-related CPD 

remains scarce, a number of studies have investigated teachers' motivation for general or 

specific CPD programs. These studies have examined a range of motivational factors 

influencing teachers' participation in CPD, and explored the role of motivation in CPD 

engagement and outcomes, using diverse methodological approaches and situated in varied 

contexts (Calleja, 2018; Gorozidis and Papaioannou, 2014; Jamaliade & Fatehi Rad, 2022; 

McMillan et al., 2016; Wal et al, 2014; Yang, 2021; Zhang et al., 2021). 

Some of this research has examined teachers' motivational profiles for general or specific 

CPD, using qualitative and mixed-methods approaches with small samples across different 

contexts. For instance, Calleja (2018) investigated seven Maltese secondary school 

mathematics teachers' motivation to participate in a specific CPD program involving 
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workshops and follow-up peer support sessions. Using interviews, observations, and 

reflective journals, the study revealed that teachers were largely intrinsically motivated, 

driven by their desire to develop pedagogical understanding and improve classroom teaching. 

Similarly, MaMillan et al. (2016) used two focus groups (n=9) and a follow-up questionnaire 

(n=74) to investigate the CPD motivation of Irish teachers pursuing a master's degree, based 

on Herzberg et al.'s (1959) two-factor theory, which classified motivational factors into 

motivators (e.g. achievement, work itself) and hygiene factors (e.g. contextual factors such 

as pay, working conditions that prevent dissatisfaction but not directly motivate). The study 

found that teachers were highly motivated to engage in CPD, with intrinsic factors including 

personal growth and achievement being the primary motivators. Extrinsic factors, including 

interpersonal relations, school policy, and compulsory CPD, also played a role and should be 

promoted to motivate teachers to engage in CPD. Zhang et al. (2021) extended the scope 

with a larger quantitative sample of 472 secondary school teachers in China, examining how 

personal and school-level factors can influence teachers' CPD motivation for a specific CPD 

program. They found that personal factors such as successful prior experience, self-efficacy 

and teachers' perceptions about learning, and the school-level factor of principal leadership 

positively influenced teachers' autonomous motivation, while school-level factor of 

emotional pressure was negatively related to autonomous motivation. 

More directly relevant to the English language teaching context, Yang (2021) and Jamaliade 

and Fatehi Rad (2022) explored EFL teachers' CPD motivation. Yang's (2021) large-scale 

mixed-methods study surveyed 402 Chinese university English teachers and conducted 

follow-up interviews to explore teachers' motivational profiles. Grounded in SDT, findings 

showed a strong identified and intrinsic motivation among teachers, indicating that teachers' 

participated in CPD activities primarily out of inherent interest or internalized goals rather 

than external incentives. In another study, Jamaliade and Fatehi Rad (2022) examined 42 

EFL teachers in Iran, identifying 18 personal, school-level, and systemic factors affecting 

motivation. They acknowledged that while intrinsic motivation played a critical role in 

shaping teachers' engagement in CPD, extrinsic motivation also contributed meaningfully, 

suggesting that both forms of motivation interact in influencing teachers' participation. They 

also investigated the influence of personal factors including age, gender, and working 

experience on teachers' motivation, but found no significant differences. However, the small 

sample size limited the generalizability of the findings. 
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While these studies have explored the constitutes of teachers' CPD motivation, some studies 

have further explored and supported the crucial role of motivation in CPD engagement. For 

example, Wal et al. (2014) conducted a large-scale survey involving 2360 secondary school 

teachers to examine motivational dimensions based on SDT, as well as their relationships to 

teachers' engagement in professional development and the satisfaction of teachers' basic 

psychological needs for autonomy, competence, and relatedness. Their findings indicated 

that teachers with more autonomous motivation including identified regulation (recognition 

of the value) and intrinsic motivation (e.g. achievement, interest) engaged more in 

professional development activities. Moreover, teachers' motivational profiles were found to 

be predicted by autonomy satisfaction (feeling self-regulated) and relatedness satisfaction 

(feeling connected). Likewise, among a relative smaller sample of 218 teachers, Gorozidis 

and Papioannou.(2014) investigated teachers' motivation to engage in the training and 

teaching of an innovative research project. Combining quantitative survey items with open-

ended questions and written interviews, they aimed to gain a more comprehensive 

understanding of teachers' perceptions. Results showed that teachers with autonomous 

motivation positively related to teachers' intention to participate in such training and 

implement innovation. 

Overall, while little research has examined teachers' motivation for AI-related CPD, 

particularly within EFL contexts, these studies on motivation for general CPD or specific 

CPD programs nonetheless offer valuable insights into this emerging area. Addressing this 

gap, the present study is situated in the Chinese EFL context, and aims to gain a more 

comprehensive understanding of teachers' motivational profiles for AI-related CPD 

activities. 

2.3. Research Questions 

The literature review indicates that, despite growing global interest in AI integration in 

education, research on teachers' AI literacy, particularly within EFL contexts, remains scarce. 

Existing studies underscore the importance of teacher AI competence for effective classroom 

implementation and student learning; however, empirical evidence suggests that many 

teachers still lack sufficient AI knowledge and pedagogical skills. This highlights the need to 

examine both the overall levels and specific components of teachers' AI literacy to inform 
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strategies for its enhancement. Given that need-satisfaction school support plays a critical 

role in fostering teachers' motivation and AI literacy development, it is also necessary to 

explore teachers' access to such support. Furthermore, while CPD is widely recognised as a 

key mechanism for improving teachers' competence, evidence on effective AI-related CPD 

and on teachers' motivation to participate in such activities remains limited, highlighting the 

need to conduct investigations in these areas. 

Additionally, as a Chinese EFL teacher, the researcher is aware that the advent of smart 

educational AI technologies and products, such as chatbots, English learning applications, or 

smart translation devices, may significantly challenge the teaching of English and the role of 

English teachers in China. This makes it important to understand English teachers' levels of 

AI literacy, the school support they receive, and their motivation to participate in AI-related 

CPD activities, in order to shed light on strategies to enhance AI literacy. 

Addressing these gaps, the present study then examines the overall levels and components of 

teachers' AI literacy, the school support they perceive, and their motivation for AI-related 

CPD activities, particularly in the Chinese EFL context. Given Chinese public and private 

schools differ significantly in a range of aspects, as evidenced in both policy documents and 

personal observations, which have the potential to shape teachers' AI literacy and CPD, the 

study also compares teachers across school types to provide a more nuanced understanding 

of how institutional contexts influence teachers' AI literacy development and their 

motivation to engage in AI-related CPD. The research questions are as follows: 

1. To what extent does public school teachers' level of AI literacy differ from that of 

private school teachers? 

2. To what extent do public and private school EFL teachers differ regarding the school 

support for AI-related CPD activities they receive? 

3. To what extent does EFL teachers' motivation for AI-related CPD activities differ 

between public and private schools? 

1) How are public and private school EFL teachers motivated to participate in AI-related 

CPD activities? 
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2)What factors impede EFL teachers to pursue AI-related CPD activities in public and 

private schools? 

4. What are the interrelationships among teachers' AI literacy, perceived school support, and 

their motivation to engage in AI-related CPD activities? 

1) What is the relationship between school support and AI literacy? 

2) How does perceived school support relate to teachers' motivation towards AI-related CPD? 

3) How does teachers' motivation towards AI-related CPD relate to AI literacy? 

3. Methodology 

This chapter outlines the methodology employed in this study. A mixed-methods approach 

was adopted, combining an online questionnaire and follow-up semi-structured interviews, 

to collect both quantitative and qualitative data regarding Chinese EFL teachers' AI literacy, 

the school support they receive for enhancing AI literacy, and their motivation for 

participating in AI-related CPD activities. How the questionnaire and interviews were 

devised and conducted among targeted participants, as well as how the data collected were 

analyzed, will be further explained in this chapter. 

3.1. Research Design 

Mixed-methods approaches can help achieve a more comprehensive understanding of 

targeted phenomena or research questions, measuring overlapping, different, and 

complementary perspectives of these phenomena or questions (Dornyei, 2007; Greene & 

Caracelli, 2003). Therefore, this study used a mixed-methods approach, combining an online 

questionnaire and follow-up online interviews. The questionnaire with close-ended questions 

was used to reach a greater number and range of respondents effectively. Since 

questionnaires can result in surface-level understanding of the areas explored (Dornyei, 

2007), semi-structured interviews were conducted to focus the discussions on key topics 

identified in the questionnaire and at the same time explore new relevant themes. 

23 

2)What factors impede EFL teachers to pursue AI-related CPD activities in public and 

private schools?

4. What are the interrelationships among teachers’ AI literacy, perceived school support, and 

their motivation to engage in AI-related CPD activities?

1) What is the relationship between school support and AI literacy?

2) How does perceived school support relate to teachers’ motivation towards AI-related CPD?

3) How does teachers’ motivation towards AI-related CPD relate to AI literacy?

3. Methodology

This chapter outlines the methodology employed in this study. A mixed-methods approach 

was adopted, combining an online questionnaire and follow-up semi-structured interviews, 

to collect both quantitative and qualitative data regarding Chinese EFL teachers’ AI literacy, 

the school support they receive for enhancing AI literacy, and their motivation for 

participating in AI-related CPD activities. How the questionnaire and interviews were 

devised and conducted among targeted participants, as well as how the data collected were 

analyzed, will be further explained in this chapter.

3.1. Research Design

Mixed-methods approaches can help achieve a more comprehensive understanding of 

targeted phenomena or research questions, measuring overlapping, different, and 

complementary perspectives of these phenomena or questions (Dörnyei, 2007; Greene & 

Caracelli, 2003). Therefore, this study used a mixed-methods approach, combining an online 

questionnaire and follow-up online interviews. The questionnaire with close-ended questions 

was used to reach a greater number and range of respondents effectively. Since 

questionnaires can result in surface-level understanding of the areas explored (Dörnyei, 

2007), semi-structured interviews were conducted to focus the discussions on key topics 

identified in the questionnaire and at the same time explore new relevant themes.

23



To recruit participants for the questionnaire, non-probability sampling, such as convenience 

sampling and snowball sampling, was employed, in which participants are selected based on 

accessibility or identification by others rather than through random selection. After 

completing the collection of quantitative data through the questionnaire, participants who 

volunteered for follow-up interviews were selected. To minimize the researcher's biased 

selection while ensuring a balanced number of participants representing each school type and 

city, stratified random sampling was used. From the pool of individuals who had agreed to 

participate in both parts of the study, a random sample was drawn within each school type 

and city. Once the interviewees were selected, they were contacted to arrange for interviews 

on Microsoft Teams. 

3.2. Participants 

The target participants of this study were Chinese EFL teachers in both public and private 

secondary schools. When deciding where the research should be conducted, accessibility of 

teacher participants was among the main concerns. Given the researcher had been working in 

Beijing, the capital city of China, for many years and thus had some resources to reach 

teachers in several schools, Beijing was the first target city for the research. Since Shanghai 

(a global financial hub), Guangzhou (a major trade and manufacturing city), and Shenzhen (a 

leading tech city), together with Beijing, are widely recognized as China's four "super tier-

1" mega-cities with comparable levels of economic development and global influence, this 

study focuses on secondary school in these four cities, where teachers may be more likely to 

access, learn about, and adopt newly emerging technologies such as AI. 

A total number of 133 teachers from approximately 55 schools participated in the 

questionnaire between 25th May and 15th June 2025. Among them, 68 teachers were from 

public schools and 65 from private schools. In terms of school location, the sample included 

28 teachers each from Beijing and Shanghai, 53 from Guangzhou, and 24 from Shenzhen. 

Detailed demographic information is provided in the Appendix 1. 

43 teachers volunteered for follow-up interviews, and nine of them were interviewed. 

Among them, three teachers were from Beijing (one from a public and two from private 
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schools), while each of the other three cities was represented by two teachers (one public and 

one private). The only male participate was from a public school in Guanzhou. 

3.3. Instruments 

3.3.1. Questionnaire 

The questionnaire (Appendix 2) used in the present study was first drafted in English, and 

then translated into a participant-friendly Chinese version. One round of initial piloting was 

conducted for the English version and one for the Chinese version, each involving four of the 

researcher's Oxford classmates or former colleagues (see Section 3.5.1 for details), to 

improve the clarity and accessibility (Dornyei, 2007). The final Chinese questionnaire 

comprised seven sections and took approximately ten minutes to complete. 

The first section of the questionnaire provided detailed information of participation and 

asked for participants' consent, followed by a section to collect their contact emails and 

willingness to participate in follow-up interviews and receive research results. Section 3, 4, 5 

incorporated three scales previously used in other studies. In those studies, all three scales 

demonstrated high internal consistency, with Cronbach's alpha coefficients exceeding 0.9, 

well above the commonly accepted threshold of 0.7. The present study also did further post-

hoc validation (see 3.7.1). 

Section 3 measured teachers' levels of AI literacy using a 5-point Likert-scale questionnaire 

adopted from Zhao et al. (2022), which was originally developed to examine AI literacy of 

1013 Chinese primary and middle school teachers, a research focus similar to that of the 

present study. 

Section 4 and 5 included two 6-point Likert-scale quesitonnaires that were primarily adapted 

from those used in Lam et al. (2010). Those scales were originally developed to explore the 

school support teachers received to meet their needs for competence, autonomy, and 

relatedness, as well as their motivation to implement project-based learning under self-

determined theory (Ryan & Deci, 2000). They were then revised and adapted to suit the 

context of participating in AI-related CPD activities. Since amotivation, an important 

motivation type at one end of the continuum of self-regulation, was not measure in Lam et 
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al.'s (2010) scales, items measuring amotivation were adapted from Yang's (2021) scale 

investigating Chinese TEFL teachers' motivation for CPD. Overall, Section 4 contained 15 

items, with five items each measuring competence, autonomy, and collegial (relatedness) 

support; Section 5 included 23 items in total: three measuring amotivation, and five items 

each for external, introjected, identified, and intrinsic motivation. 

Section 6 consisted of ten questions that were newly developed for the current study to 

explore teachers' perceptions about the challenges they met in participating AI-related CPD 

activities, differences between public and private schools, and responsibilities of 

stakeholders. The first nine were closed-ended questions in the form of multiple-

choice/response and ranking questions, while the last one was an open-ended question 

designed to collect teachers' suggestions on how to enhance teachers' AI literacy and 

motivation to participate in AI-related CPD activities. 

Demographic information was collected in the last section, following Dornyei's (2007) 

recommendation that personal questions be placed at the end of the questionnaire to avoid 

potential negative influence of providing private information on respondents' answers. 

3.3.2. Semi-Structured Interview 

The interviews were semi-structured and conducted in Chinese, with 15 pre-prepared 

questions to investigate teachers' perceptions about their AI literacy, school support they 

received, and their motivation for AI-related CPD activities. An interview guide was 

(Appendix 3) was drafted, revised after pre-piloting with two colleagues, and finalized for 

data collection. In the interviews, participants were asked the same set of questions, and the 

questions were open-ended, allowing participants to elaborate on the topics. Each interview 

lasted about 30 minutes. Throughout the interviews, the researcher always encouraged the 

participants to further explain any important issues they had newly brought up, thus resulting 

in richer qualitative data. 
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3.4. Procedure 

3.4.1. Pilot 

Since piloting is significant and necessary to design effective instruments (Cohen,2007; 

Dornyei, 2007), the instruments used in this study including the questionnaire and interviews 

were piloted many times. 

The questionnaire was drafted and developed in English in the beginning, and four of the 

researcher's Oxford classmates who had good English proficiency and the researcher's 

supervisor were invited to participate in the piloting and give their feedback. Several 

revisions were made. For example, instead of collecting participants' emails and willingness 

to participate in follow-up interviews at the end of the questionnaire, this part was moved to 

the second section to ensure better response rates. Additionally, the demographic 

information was moved to the end of the questionnaire, and the wording of some items were 

modified to simplify the language or avoid ambiguity. The questionnaire was then translated 

into Chinese by the researcher, and four of the researcher's former colleagues, teachers of 

subjects other than English, were invited to complete the Chinese version to identify any 

unnatural or ambiguous expressions, as well as the layout of the online Chinese 

questionnaire. After the final revision, the questionnaire was launched online on 25th May. 

Although piloting seems less important in qualitative studies compared with quantitative 

ones (Dornyei, 2007), the interview questions in this study were piloted with two former 

colleagues who also participated in piloting the questionnaire to enhance the wording and 

clarity of the questions. One of them also participated in a mock interview to prepare the 

researcher for the actual interviews. 

3.4.2. Questionnaire 

Because conducting research online can minimize time and space constraints, the 

questionnaire was administered online via Microsoft Forms. Snowball sampling and 

convenience sampling were used to recruit participants, whereby participants are selected 

based on accessibility or identification by others rather than through random selection. The 

link and poster of the questionnaire were sent to the researcher's personal contacts in certain 
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schools, who then helped disseminate the questionnaire link and invited colleagues meeting 

the inclusion criteria. Additionally, Chinese social media platforms, including Akt(WeChat), 

T.', (Little RedNotebook), were also used to post advertisements for the research. 

Potential participants who responded to the advertisement, were provided with the 

questionnaire link and an electronic poster, and were encouraged to invite other eligible 

participants. In this way, a greater number and range of participants were recruited. 

3.4.3. Interview 

Following Dornyei§ (2007) suggestion that 6-10 qualitative interviews are typically 

manageable for a single postgraduate student researcher, eight participants were initially 

targeted for the interviews. As the research was conducted in four tier-1 mega-cities in China 

and aimed to compare public and private schools, two English teachers, one from each 

school type, were randomly selected within each city. Participants were then provided with 

the information sheet and the consent form via Microsoft Forms and gave their informed 

consent electronically by checking relevant boxes and entering their names before the 

interview was arranged. Each interview lasted for 30 minutes, and was conducted on 

Microsoft Teams within two weeks of the questionnaire. 

However, when contacted, one of the selected participants declined to participate. 

Consequently, another participant from the same school type and city was randomly selected 

and invited. After completing the interview with this replacement participant, the originally 

selected participant reconsidered and expressed her willingness to take part. Given that her 

inclusion would not disrupt the sampling balance much and could provide additional 

valuable insights, she was also interviewed. As a result, 

3.5. Ethics 

This research received ethics approval (Appendix 4) in April 2025 from the University of 

Oxford Central University Research Ethics Committee (CUREC). The relevant details of 

informed consent have been given above. Information sheets and consent forms for the 

questionnaire and the interview are provided in Appendix 5 and Appendix 6, respectively. 
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3.6. Data Analysis 

3.6.1. Quantitative Data 

Quantitative data collected through the online questionnaire was analyzed using R. Before 

analysis, textual responses were converted into numerical values according to a predefined 

coding scheme (Appendix 7). For example, Likert-scale responses (e.g., " X[J, n " for 

"strongly agree") were assigned values from 1 ("strongly disagree") to 5 ("strongly agree"), 

and single-choice questions (e.g. school type) were coded using categorical values (e.g., 

public school = 1, private school = 2). Multiple-choice questions were coded dichotomously, 

with "1" indicating that the option was selected and a "0" indicating that the option was not 

selected. For ranking questions, each ranked item was assigned a numerical value 

corresponding to its position, with "1" representing the highest rank and larger numbers 

indicating lower ranks. 

Consistency and Reliability Checks 

Furthermore, Cronbach§ alpha was computed to assess the internal consistency and 

reliability of the three Liker-scale questionnaires used to investigate AI literacy, school 

support, and motivation for CPD activities in the present study. Although these instruments 

had been validated in prior studies (Lam et al., 2010; Yang, 2021; Zhao et al., 2022), with 

high Cronbach's alpha values indicating strong internal consistency, re-validation was still 

important as the scales were applied in a new context—Chinese EFL teachers—and two of 

them were revised and adapted to align with the research focus. For each scale, Cronbach's 

alpha was computed both for the overall scale and for each subscale measuring a specific 

aspect or dimension. Results showed that the scales of AI literacy (a = .91), school support (a 

= .948), and motivation (a = .822) demonstrated acceptable to excellent reliability, and most 

subscales also showed satisfactory internal consistency (a> .70). However, the Knowing and 

Understanding (KUAI) subscale of the AI literacy scale yielded a relatively low alpha value 

(a = .623). A post-hoc analysis revealed that removing the second item of the KUAI 

subscale would slightly increase alpha to .65, which still falls below the 
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conventional threshold of .70. While values below .70 are generally viewed with caution, 

some scholars argue that alpha values between .60 and .70 can be acceptable, especially in 

social and exploratory research or newly developed scales (Hair et al., 2019; Taber, 2018). 

Therefore, the item was retained to preserve the theoretical structure and content validity of 

the construct. Full reliability statistics are presented in Appendix 8. 

Normality Checks and Analysis Methods 

Prior to selecting appropriate statistical tests to answer the research questions, the normality 

of the Likert-scale data was examined. The Shapiro-Wilk test was first conducted for each 

variable within the two school groups. Results showed that only one variable had a p-value 

greater than .05, indicating that the vast majority of the data significantly deviated from a 

normal distribution. Given the sensitivity of the Shapiro-Wilk test to sample size, additional 

checks were performed using skewness and kurtosis statistics and visual inspection of 

histograms and Q-Q plots. These further supported the non-normality of the data: in 14 out 

of the 17 comparison sets, at least one group had skewness and/or kurtosis values falling 

outside the commonly accepted range of -1 to +1, and the graphical patterns also suggested 

non-normality. Based on these findings, the non-parametric Wilcoxon rank-sum test (Mann—

Whitney U test) was employed to compare differences between public and private school 

teachers across all variables. Detailed normality tests are presented in Appendix 9. 

Similarly, normality was tested for each of the variables of AI literacy, school support, and 

motivation for CPD, as well as their selected dimensions, to be used in the correlational 

analyses. Shapiro-Wilk tests indicated that none of the variables met the assumption of 

normality (all p-values < .05). Further examination of skewness and kurtosis values, along 

with visual inspection of histograms and Q-Q plots, confirmed the non-normal distribution 

of the data. Specifically, 20 out of 23 variable pairs had at least one variable with skewness 

and/or kurtosis values falling outside the commonly accepted range of -1 to +1. Given this 

pattern of non-normality, Spearman's rank-order correlation was employed to examine the 

associations between the constructs. Appendix 10 presents the results for normality tests. 

In addition to data from Likert-scale questions, the questionnaire collected data from nine 

supplementary items in the form of multiple-choice, single-choice, and ranking questions, 
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capturing participants' views on impeding factors, perceived differences between public and 

private schools, and responsibilities of stakeholders. Given the categorical and ordinal nature 

of the data, descriptive statistics were first used to summarize participants' responses. For 

single-choice questions, Chi-square tests examined whether the two groups differed 

significantly in their choice distributions. For multiple-choice and ranking questions, 

Spearman's rank-order correlations assessed the association between the groups' overall 

response patterns. 

3.6.2. Qualitative Data 

Automatically-generated interview transcriptions were downloaded from Microsoft 

Teams, and then checked for accuracy before anonymization. Those Chinese 

transcriptions were analyzed thematically, following a deductive, top-down approach 

(Braun & Clarke, 2006) and guided by the research questions and predefined key areas 

reflected in the questionnaire and interview guide. For example, the key area of school 

support was organized into three categories, which served as the initial framework for 

coding. Relevant data were identified, allocated to relevant categories, and further 

organized into subcategories. Representative quotations were selected and translated into 

English for illustration in the result section. 

By contrast, responses to the open-ended question in the questionnaire were analyzed 

using an inductive, bottom-up approach. Initial codes were generated after multiple 

readings of the responses. They were then organized into potential themes. 

The codebooks for each analysis are presented in Appendix 11 and Appendix 12. 

4. Quantitative Results 

This chapter presents the quantitative results of the online questionnaire, followed by the 

qualitative results discussed in the next chapter. The results are organized into four 

sections, each addressing one of the research questions. 
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4.1. Differences in AI Literacy 

This section addresses the first research question, which investigates to what extent 

public and private school teachers differ in their levels of AI literacy. Based on Ng et 

al.'s (2021a, 2021b) framework and Yang's (2022) study, the present study examines 

four dimensions of AI literacy: Knowing and Understanding AI (KUAI), Applying AI 

(AAI), Evaluating AI Application (EAI), and AI Ethics (AIE). The overall AI literacy 

score for each participant was computed based on their average across these four 

components. Wilcoxon rank-sum test was conducted to see if the scores from public and 

private schools differed on this measure. 

Table 4.1 Comparison of overall AI literacy across school types (Wilcoxon rank-sum 

test) 

Public School Private School 

Variable Mean SD Median Mean SD Median 
W 

— 
statistic 

p_value 
Effect_ 

r 

Overall 

AI 

literacy 

4.02 0.65 4.23 3.94 0.41 4.05 1726 0.029* 0.189 

Note: *p<.05, **p<.01, ***p<.001. 

As shown in Table 4.1, although the scores for both public and private school teachers 

indicated relatively high levels of AI literacy, with median and mean scores around 4 on a 5-

point scale, the scores for private school teachers (M=4.02, Mdn=4.23) were higher than for 

public school teachers (M=3.94, Mdn=4.05), and the Wilcoxon rank-sum test indicated that 

this difference was statistically significant (W = 1726, p = .029), with a small effect size (r = 

0.189). 
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Table 4.2 Comparison of dimensional AI literacy across school types (Wilcoxon rank-

sum test with Bonferroni correction) 

Public School Private School 

Variable Mean SD Median Mean SD Median 
W 

— 
statistic 

Effect 

_r 

p_ 

corrected 

KUAI 4.27 0.48 4.4 4.12 0.44 4.2 1657 0.218 0.048* 

AAI 4.02 0.74 4.2 3.91 0.57 4 1799.5 0.161 0.252 

EAIA 4.02 0.76 4.2 3.78 0.55 3.8 1484 0.285 0.004** 

AIE 3.78 1.14 4.3 3.94 0.65 4 1994 0.085 1 

Note: *p<.05, **p<.01, ***p<.001. 

To further explore what underpins this difference (Figure 4.1), a series of Wilcoxon 

rank-sum tests were conducted to compare public and private school teachers for each of 

the component four dimensions of AI literacy. Bonferroni correction was applied to 

adjust for multiple comparisons. As seen from Table 4.2, consistent with the overall AI 

literacy score, means and medians were higher for public schools for KUAI, AAI, and 

EAIA. These differences were statistically significant for KUAI and EAIA, but not for 

AAI. For AIE, the means were in the reverse direction, and the difference was not 

statistically significant. 
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sum test with Bonferroni correction)

Public School Pr ivate School

Var iable Mean SD Median Mean SD Median
W_

statistic

Effect

_r

p_

corrected

KUAI 4.27 0.48 4.4 4.12 0.44 4.2 1657 0.218 0.048*

AAI 4.02 0.74 4.2 3.91 0.57 4 1799.5 0.161 0.252

EAIA 4.02 0.76 4.2 3.78 0.55 3.8 1484 0.285 0.004**

AIE 3.78 1.14 4.3 3.94 0.65 4 1994 0.085 1

Note: *p<.05, **p<.01, ***p<.001.

To further explore what underpins this difference (Figure 4.1), a series of Wilcoxon 

rank-sum tests were conducted to compare public and private school teachers for each of 

the component four dimensions of AI literacy. Bonferroni correction was applied to 

adjust for multiple comparisons. As seen from Table 4.2, consistent with the overall AI 

literacy score, means and medians were higher for public schools for KUAI, AAI, and 

EAIA. These differences were statistically significant for KUAI and EAIA, but not for 

AAI. For AIE, the means were in the reverse direction, and the difference was not 

statistically significant.
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Figure 4.1 Boxplots showing differences in overall AI literacy and the four dimensions 

across school types 
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The second research question investigates the differences between public and private 

schools in term of how much support they have provided to meet teachers' needs for 

competence, autonomy, and relatedness (connection with other). Drawing on Lam et al.'s 

(2010) research, school support in the present study includes competence support, 

autonomy support, and collegial support. Analyses followed a similar procedure as used 

in the AI literacy section. 
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Table 4.3 Comparison of overall school support across school types (Wilcoxon rank-

sum test) 

Public School Private School 

Variable Mean SD Median Mean SD Median 
W 

— 
statistic 

 p_ 

value 

Effect 

_r 

Overall 

school 

support 

4.33 1.13 4.77 4.12 0.10 4.2 1794.5 0.062 0.162 

As presented in Table 4.3, while both both public and private school teachers 

demonstrated relatively high levels of overall school support, with both median scores 

and mean scores above 4, teachers in public schools reported higher levels of overall 

school support (M=4.33, Mdn = 4.77) than their private school counterparts (M=4.12, 

Mdn = 4.20). The difference approached statistical significance (W = 1794.5, p = .062), 

and reflected a small effect size (r = .162). 

Table 4.4 Comparison of dimensional school support across school types (Wilcoxon 

rank-sum test with Bonferroni correction) 

Public School Private School 

Variable Mean SD Median Mean SD Median 
W 

— 
statistic 

Effect_ 

r 

p_ 

corrected 

Competence 4.06 1.37 4.8 3.70 1.21 3.8 1718 0.193 0.079 

Autonomy 4.2 1.26 4.7 4.29 1.08 4.4 2190.5 0.008 1 

Collegial 4.75 1.15 5.2 4.34 1.07 4.6 1526 0.268 0.006** 

Note: *p<.05 **p<.01, ***p<.001. 
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Table 4.4 and Figure 4.2 reveal that both public and private school teachers scored 

highest in collegial support and the lowest in competence support. Collegial support 

differed significantly across both school types (W=1526, p=0.006), with a small-to-

medium effect size (r=0.268). No significant differences were found in the other two 

types of support. 

Figure 4.2 Boxplots showing differences in overall school support and the three 

dimensions across school types 
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4.3. Differences in Motivation for AI-Related CPD Activities 

4.3.1. Differences in Motivation Profiles 

The third research question explores the differences between public and private school 

teachers' motivation for AI-related CPD. Five dimensions were measured: amotivation, 

external regulation, introj ected regulation, identified regulation, and intrinsic regulation. 
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4.3. Differences in Motivation for AI-Related CPD Activities

4.3.1. Differences in Motivation Profiles

The third research question explores the differences between public and private school 

teachers’ motivation for AI-related CPD. Five dimensions were measured: amotivation,

external regulation, introjected regulation, identified regulation, and intrinsic regulation.
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The overall motivation score for each participant was calculated as the average across all 

dimensions except amotivation. Autonomous motivation was defined as the average of 

identified and intrinsic regulation, while controlled motivation was defined as the 

average of external and introjected regulation. Analyses followed the same procedure as 

in the previous two sections. 

Table 4.5 Comparison of overall motivation across school types (Wilcoxon rank-sum 

test) 

Public School Private School 

Variable Mean SD Median Mean SD Median 
W 

— 
statistic 

p_ value 
Effect

r 

Overall 

motivation 
4.74 0.8 5.03 4.47 

0.5 

6 
4.5 1431 

p<0.001 

*** 
0.304 

Note: *p<.05 **p<.01, ***p<.001. 

As shown in Table 4.5, while teachers from both school types scored high in overall 

motivation for AI-related CPD, public school teachers reported higher overall level (Mdn 

= 5.03) than private school teachers (Mdn = 4.50). The group difference was statistically 

significant (W = 1431, p < .001) and of medium effect size (r = .304). 
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Table 4.6 Comparison of dimensional motivation across school types (Wilcoxon rank-

sum test with Bonferroni correction) 

Public School Private School 

Variable Mean SD Median Mean SD Median 
W 

— 
statistic 

Effect 

_r 

p_correc 

ted 

Amotivation 2.17 1.11 2 2.57 1.18 2 2716.5 0.201 0.145 

External 4.48 1.09 4.7 3.78 0.77 3.8 1225 0.385 0* 

Introjected 4.43 1.04 4.8 4 1.01 4 1559 0.255 0.023* 

Identified 5.09 0.87 5.4 5.15 0.71 5 2187 0.009 1 

Intrinsic 4.95 0.94 5.2 4.94 0.78 5 2040 0.067 1 

Controlled 

motivation 
4.46 0.95 4.9 3.89 0.69 3.9 1217.5 0.388 0* 

Autonomous 

motivation 
5.02 0.88 5.2 5.05 0.69 5.1 2036 0.068 1 

Note: *p<.05, "p<.01, ***p<.001. 

Table 4.6 and Figure 4.3 show that teachers from both groups reported the higher levels 

of autonomous motivation (identified and intrinsic) than controlled (external and 

introjected) motivation, with means and medians of approximately 5 and 4.5, 

respectively. Significant differences were found in controlled motivation and its two sub-

dimensions, all with medium effect sizes, whereas no significant difference was found in 

controlled motivation and amotivation. 
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Figure 4.3 Boxplots showing differences in overall motivation, autonomous motivation, 

controlled emotions, and the five dimensions across school types 
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4.3.2. Differences in Impeding Factors for AI-Related CPD 

U 

Private 

Public 

Besides Likert-scale data analyzed above, the questionnaire also included nine 

supplementary items in the form of multiple-choice, single-choice, and ranking questions, 

capturing participants' views on impeding factors, perceived differences between public 

and private schools, and responsibilities of stakeholders. Given the categorical and 

ordinal nature of the data, descriptive statistics were first used to summarize participants' 

responses, followed by relevant statistical analyses to further explore whether two groups 

of teachers differed in their choice distributions or response patterns. 

As for this question, it is part of the third research question related to motivation, 

exploring factors that discouraging teachers from participating in AI-Related CPD. 
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Besides Likert-scale data analyzed above, the questionnaire also included nine 

supplementary items in the form of multiple-choice, single-choice, and ranking questions, 

capturing participants’ views on impeding factors, perceived differences between public 

and private schools, and responsibilities of stakeholders. Given the categorical and 

ordinal nature of the data, descriptive statistics were first used to summarize participants’ 

responses, followed by relevant statistical analyses to further explore whether two groups 

of teachers differed in their choice distributions or response patterns.

As for this question, it is part of the third research question related to motivation, 

exploring factors that discouraging teachers from participating in AI-Related CPD.
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Participants were asked to choose five out of 14 factors that they believed impeded their 

CPD participation. Figure 4.4 shows the percentages distribution of teachers selecting 

each impeding factor, comparing across the two school types. 

Figure 4.4 Top impeding factors across school types 
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As shown in Figure 4.4, workload and policy-related barriers were among the top concerns 

for both groups, and financial constraints also featured in the top five for each. A 

Spearman's rank-order correlation was conducted to examine the similarity in the rankings 

of the percentage of teachers selecting each factor between public and private schools. The 

analysis showed a strong and significant correlation between the two sets of rankings, p= 

0.798, p < .001, indicating that factors ranked highly by public school teachers tended to also 

be ranked highly by private school teachers. 
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As shown in Figure 4.4, workload and policy-related barriers were among the top concerns 

for both groups, and financial constraints also featured in the top five for each. A 

Spearman’s rank-order correlation was conducted to examine the similarity in the rankings 

of the percentage of teachers selecting each factor between public and private schools. The 

analysis showed a strong and significant correlation between the two sets of rankings, ρ=

0.798, p < .001, indicating that factors ranked highly by public school teachers tended to also

be ranked highly by private school teachers.
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4.4. Perceived Differences and Responsibilities 

Besides the question on impeding factors analyzed above, this section presents the results 

of the other eight questions, which investigated teachers' overall perceptions of 

differences in the three key areas and their views on who should be responsible for those 

differences. 

4.4.1. Perceived Differences across School Types 

Three questions focused on to what extent teachers perceived public and private schools 

differ in teachers' AI literacy, school support, and motivation for AI-related CPD. As 

shown in Figure 4.5, across all three areas, a substantial proportion of respondents 

perceived at least slight differences between public and private schools. Perceptions of 

significant differences were the highest for school support (32.3%), while "no difference" 

was reported most often for teachers motivation for AI-related CPD (36.1%). 

Figure 4.5 Perceived differences across school types 
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4.4. Perceived Differences and Responsibilities

Besides the question on impeding factors analyzed above, this section presents the results 

of the other eight questions, which investigated teachers’ overall perceptions of 

differences in the three key areas and their views on who should be responsible for those 

differences.

4.4.1. Perceived Differences across School Types

Three questions focused on to what extent teachers perceived public and private schools 

differ in teachers’ AI literacy, school support, and motivation for AI-related CPD. As 

shown in Figure 4.5, across all three areas, a substantial proportion of respondents 

perceived at least slight differences between public and private schools. Perceptions of 

significant differences were the highest for school support (32.3%), while “no difference” 

was reported most often for teachers motivation for AI-related CPD (36.1%).

Figure 4.5 Perceived differences across school types
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Table 4.7 Chi-square Tests Comparing Choice Distribution Regarding Perceived 

Difference across School Types 

Dimension Chi_sq df p_corrected 

Literacy difference 0.190 2 1.000 

Support difference 2.273 2 0.9631 

Motivation 

difference 
4.280 2 0.353 

As seen in Table 4.7, Chi-square tests revealed no statistically significant differences 

between public and private school teachers in the distribution of choices for perceived 

difference across the three areas (all pcorrected> .35). 

4.4.2. Perceived Higher-Performing School Type in Three Areas 

Three questions investigated teachers' perceptions on which groups of teachers had 

higher levels of AI literacy, school support, and motivation. Figure 4.6 presents the 

percentages of teachers who perceived specific school type demonstrating higher levels 

in each area. For AI literacy and school support, responses were nearly evenly split, with 

similar percentages of teachers selecting each type of school as having higher levels. In 

terms of motivation, a clear majority (61.2%) believed that private school teachers had 

higher motivation. 
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Figure 4.6 Perceptions of higher-performing school type in three areas 
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Table 4.8 Chi-square tests comparing choice distribution regarding higher-performing 

school type across school types 

Dimension Chi_sq df p_corrected 

Higher_literacy 26.985 1 p< 0.001 

Higher_motivation 19.037 1 p< 0.001 

More_support 17.263 1 p< 0.001 

However, Chi-square tests (Table 4.8) revealed significant differences between public 

and private school teachers in their choices of higher-performing school type across all 
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three areas (all p corrected<0.001). This can be further illustrated by Figure 4.7, 

showing that teachers overwhelmingly selected their own group as having higher levels 

regarding all three areas. 

Figure 4.7 Perceptions of higher-performing school type in three areas across school 

types 
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4.4.3. Perceptions on Whose Responsibilities for Differences 

Two questions were included to investigate teachers' perceptions on who should be 

responsible for differences in teachers' AI literacy and motivation for AI-related CPD 

across school types. Participants were asked to rank relevant stakeholders. 
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Figure 4.8 Responsibilities for enhancing teachers' AI literacy and motivation 
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Figure 4.8 indicates a consistent perception that system-level stakeholders, particularly 

schools, carried the primary responsibility for both enhancing teachers' AI literacy and 

fostering their motivation, whereas teachers are seen as playing a more secondary role. 

Spearman's rank-order correlation further demonstrated such consistency, revealing a 

significant correlation between public and private school teachers' ranking patterns in 

these two areas (Table 4.9). 
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Table 4.9 Spearman's rank-order correlation for ranking patterns across school types 

Dimension Rho_p p_corrected 

AI literacy 0.866 0.667 

Overall motivation 1.000 0.000 

4.5. Relationships Among Teachers' AI Literacy, School Support, and Motivation 

The fourth research question focuses on the relationships among teachers' AI literacy, 

school school they receive, and their motivation for AI-related CPD activities. Given that 

the data for these variables were not normally distributed, as discussed in Section 3.7.1, 

Spearman's rank-order correlations were used to examine the relationships among eight 

variables including overall AI literacy, overall school support, the three sub-dimensions 

of school support, overall motivation, controlled motivation, and autonomous motivation. 

Bonferroni correction was applied to adjust for multiple comparisons. 

As shown in Figure 4.9, each pair of variables demonstrated significant correlation, with 

a range of effect sizes from moderate (p = .31) to strong (p = .63). 
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variables including overall AI literacy, overall school support, the three sub-dimensions 
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As shown in Figure 4.9, each pair of variables demonstrated significant correlation, with 

a range of effect sizes from moderate (ρ = .31) to strong (ρ = .63).
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Figure 4.9 Correlations across three areas and sub-dimensions 
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5. Qualitative Results 

This chapter presents the qualitative results of the nine semi-structured interviews and 

one one-ended survey question. Interview participants are identified as PR1-4 and 

PUB5-9, with PR1-4 from private schools and PUB5-9 from public schools. Quotations 

are numbered 1-51. When citing quotations, the code "PUB7-49", for example, means 

public school participant PUB7, quotation 49. Relevant interview quotations are 

presented in Appendix 13 according to different themes, with comparisons made 

between two school types. 
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5.1. AI Literacy 

5.1.1. Differences in AI literacy 

Two main themes were identified: conceptual understanding of AI literacy and levels of 

AI literacy. Differences between public and private school teachers emerged within both 

themes. 

Regarding conceptual understanding, no participant from either type of schools 

spontaneously mentioned issues related to ethics as part of AI literacy. Teachers from 

public schools generally provided more specific and comprehensive definitions of AI 

literacy. For example, apart from ethics, participant PUB7 summarized all the other three 

aspects of AI literacy in detail, including the ability to "understand technical principals 

and concepts", "apply and operate AI tools to write articles, conduct searches, retrieve 

information", and "evaluate quality of the output and be able to combine the generated 

result with our own context to produce an effective outcome"(PUB7-1). In contrast, most 

private school teachers offer vague definitions, explaining AI literacy as the ability to 

"access" and "apply" AI tools for more effective teaching (PR4-4; PR1-5). 

When asked about their AI literacy levels, most teachers from across both groups 

perceived their overall proficiency as average or even limited (PUBS-7; PUB7-8; PR4-10; 

PR3-12). However, they highlighted different AI competences they possessed. Public 

school teachers emphasized "in-depth understanding" of AI (PUB5-7), using AI tools 

"appropriately"(PR3-12), and "verifying information" (PUB8-9), indicating their 

awareness and ability to better understand and evaluate AI besides their application of AI. 

Private school teachers, on the other hand, reported less frequent use (PR3-12) or limited 

use for simple tasks (PUB7-8), and tended to accept AI outputs without substantial 

verification (PR4-10). Ethics-related abilities were rarely mentioned, with several 

explicitly stating that they "seldom consider issues related to ethics"(PUB8-9). 

5.1.2. Reasons for Differences 

In line with the questionnaire results, most teachers perceived differences in overall AI 

literacy across two school types. Their explanations for such differences generally 
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pointed to factors at the school and government levels. School-related reasons mainly 

included "financial resources" (PUB9-13; PR4-15) and "training opportunities"(PR3-14), 

while government-related factors centered on "policies" (PUB7-16; PR1-18) and 

"national support" (PUB6-17). 

Interestingly, when asked to share opinions on whether or why such differences existed, 

some teachers admitted knowing little about the other school type, yet still offered 

critical remarks about it. For example, private school teacher PR1 remarked that public 

school teachers were overly restricted by "certain boundaries and constraints" (PR1-18), 

while public school teacher PUB7 suggested private schools were `Primarily profit-

oriented" and thus to some extent failed to provide "planned and systematic activities" to 

develop teachers' AI literacy (PUB7-16) 

5.2. Perceived School Support 

5.2.1. Differences in School Support 

In terms of competence-related support, teachers from both school types reported 

receiving AI-related 'training" (PUB7-19; PR2-20), mainly in the form of `lectures" 

which several considered sufficient but of limited practical value (PR3-21) or not aligned 

with teachers' needs (PUB7-19). Public school teachers seemed to have more access to 

varied training opportunities than their private counterparts. 

Regarding autonomy support, public school teachers were sometimes required to 

participate in training (PR3-23) but had the freedom to choose among various online and 

offline activities (PUB6-22). Private school teachers, however, participated in AI-related 

activities largely based on their own "interest and resources" (PR2-24), yet appeared to 

have limited access to additional support for developing their AI competence. 

As for collegial support, public school teachers regularly received assistance from 

colleagues through routine meetings and research activities (PUBS-25), whereas private 

school teachers sought or provided support on their own initiative (PR2-27, PR4-26). 
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5.2.2. Reasons for Differences 

Differences in school support were perceived by most teachers from both school types, 

and they reported school and government-level reasons for such differences. School-

related factors included financial burden" (PUB5-28; P9-29) and "school goals"(PR3-30), 

while government-related reasons centered on "government policy and its 

implementation" (PR1-32; PR4-33) that decided the amount and "mandatory" nature of 

some activities (PUB7-31). 

5.3. Motivation for AI-Related CPD Activities 

5.3.1. Differences in Motivation for AI-related CPD activities 

Both external incentives and internal motivation were reported across school types as 

important motivating factors for teachers' participation in AI-related CPD activities. 

Most frequently mentioned external factor was related to external rewards including 

"certificate, cash prize"(PUB9-34), and "salary increase" (PR3-36). Teachers 

participated in AI-related CPD also due to internal motivation, either identifying the 

benefits or helpfulness (PR4-41; PR8-39; PUB9-38) or driven by `curiosity" and 

"enthusiasm" (PUB7-40; PUB9-38). However, public school teachers tended to have 

stronger external motivation, frequently mentioning external incentives such as "pressure 

from authority departments"(PUB7-35) and "professional title evaluation"( PR3 -37). 

As for impeding factors, both groups consistently named workload as the most important 

factors (PUB9-42; PUB8-43; PR4-45). Other important factors were related to the 

duration, time, and quality of CPD activities (PUBS-44, PR3-46). 

5.3.2. Reasons for Differences 

Most interviewees perceived differences in teachers' motivation for participating in AI-

related CPD activities. These differences were attributed to factors at the individual, 

school, and government levels. The most influential factor was institutional, with top-

down "policy" (PR4-51) and "requirements" (PUBS-50, PUB9-48) shaping teachers' 
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participation. At the individual level, differences were related to variations in the nature 

of teachers' motivation, with some teachers having stronger "ideals and aspirations" 

(PR3 -47). 

5.4 Strategies to Improve Teachers' AI Literacy and Motivation for AI-Related CPD 

This section reports responses to the open-ended question in the online questionnaire, 

which explored strategies for improving teachers' AI literacy and motivation for AI-

related CPD. A detailed list of sample strategies, derived from the thematic analysis, is 

presented in Appendix 12. 

To enhance AI literacy, most teachers identified relevant CPD activities as an effective 

solution. Three main strategies emerged: providing more practice-oriented CPD 

activities, offering diverse forms and content, and designing CPD based on teachers' 

needs. Other suggested measures included updating equipment and providing additional 

resources, such as technical and staff support. 

To better motivate teachers' participation in such activities, respondents referred to both 

external incentives and internal motivation. Suggested external incentives included 

policies/honors/rewards, competitive opportunities, and peer assistance. Enhancing 

teachers' awareness of the value of AI-related CPD and fostering a sense of achievement 

through participation were proposed as effective ways to enhance intrinsic motivation. 

6. Discussion 

This study adopted a mixed-methods approach to examine to what extent Chinese Chinese 

public and private school English teachers differ in three key areas: AI literacy, school 

support they receive, and their motivation to participate in AI-related CPD. While these 

aspects related to AI have received increasing attention in recent years, limited research has 

been conducted to investigate relevant experiences or conditions of teachers, and even fewer 

studies have touched upon the comparison between different types of schools. Drawing on 

observations of the Chinese educational context, the present study anticipated finding 
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significant differences in all three areas. Subsequent analyses of both quantitative and 

qualitative data revealed some differences across each area, to some extent confirming the 

initial assumption. This chapter synthesizes and discusses findings from both types of data in 

relation to the key research questions and relevant literature, and outlines their implications. 

6.1. To What Extent Teachers Differ in AI Literacy 

6.1.1. Common Patterns across School Types 

Quantitative findings indicated that both public and private school teachers in this study 

reported relatively high overall AI literacy, consistent with two mixed-methods studies on 

language teachers' AI literacy by Ma et al. (2024) and Wang and Pei (2025). However, this 

contrasts with earlier studies that identified comparatively low AI literacy among pre-service 

teachers (Li et al., 2023; Yoon & Yang, 2024). One possible explanation may be the rapidly 

increasing exposure to AI technologies in educational contexts in recent years, which may 

have enhanced teachers' self-reported competences. Variations across studies may also be 

related to differences in research contexts and participant profiles. The present study was 

conducted among English teachers, who may hold more positive attitudes and be more 

receptive to AI technologies (Molefi et al., 2024), and in four tier-1 meg-cities in China, 

where teachers can have greater access to AI-related exposure and resources, which may 

contribute to higher AI literacy. All these factors can contribute to the relatively high overall 

AI literacy. However, these self-reported high scores may not reflect actual proficiency in 

effectively, critically and ethically using AI, as self-reported measures are prone to various 

biases. For example, it is likely that teachers are overestimating their own abilities, or they 

have different understanding of the item descriptions such as "easily", "effectively" and 

"sufficient", which could result in scores exceeding their actual proficiency. In this sense, 

caution is needed when interpreting these results. 

Qualitative data reinforced the need for caution, suggesting a more nuanced interpretation of 

the high performance in overall AI literacy. In the interviews, many teachers described their 

AI literacy as average or below average, reporting their limited understanding and use of AI. 

This discrepancy between their self-assessments and scale-based results probably stemmed 

52 

significant differences in all three areas. Subsequent analyses of both quantitative and 

qualitative data revealed some differences across each area, to some extent confirming the 

initial assumption. This chapter synthesizes and discusses findings from both types of data in 

relation to the key research questions and relevant literature, and outlines their implications.

6.1. To What Extent Teachers Differ in AI Literacy

6.1.1. Common Patterns across School Types

Quantitative findings indicated that both public and private school teachers in this study 

reported relatively high overall AI literacy, consistent with two mixed-methods studies on 

language teachers’ AI literacy by Ma et al. (2024) and Wang and Pei (2025). However, this 

contrasts with earlier studies that identified comparatively low AI literacy among pre-service 

teachers (Li et al., 2023; Yoon & Yang, 2024). One possible explanation may be the rapidly 

increasing exposure to AI technologies in educational contexts in recent years, which may 

have enhanced teachers’ self-reported competences. Variations across studies may also be 

related to differences in research contexts and participant profiles. The present study was 

conducted among English teachers, who may hold more positive attitudes and be more 

receptive to AI technologies (Molefi et al., 2024), and in four tier-1 meg-cities in China, 

where teachers can have greater access to AI-related exposure and resources, which may 

contribute to higher AI literacy. All these factors can contribute to the relatively high overall 

AI literacy. However, these self-reported high scores may not reflect actual proficiency in 

effectively, critically and ethically using AI, as self-reported measures are prone to various 

biases. For example, it is likely that teachers are overestimating their own abilities, or they 

have different understanding of the item descriptions such as “easily”, “effectively” and 

“sufficient”, which could result in scores exceeding their actual proficiency. In this sense, 

caution is needed when interpreting these results.

Qualitative data reinforced the need for caution, suggesting a more nuanced interpretation of 

the high performance in overall AI literacy. In the interviews, many teachers described their 

AI literacy as average or below average, reporting their limited understanding and use of AI. 

This discrepancy between their self-assessments and scale-based results probably stemmed

52



from their vague and incomplete conceptualization of AI literacy, as reflected in their partial 

and sometimes fragmented descriptions of the construct in the interviews. . 

Across the four dimensions of AI literacy, KUAI (Knowing and Understanding AI) scored 

the highest for both school types. However, this high performance should be interpreted with 

caution. First, the Cronbach's alpha for items assessing this dimension was acceptable yet 

relatively low, which may have affected the reliability of the results. Furthermore, high 

scores in KAI don't mean that teachers' have in-depth understanding of AI, as Pei et al. 

(2025) found that teachers' in-depth understanding of AI mechanisms was weak although 

they possessed strong knowledge of general AI concepts. In the questionnaire of the present 

study, items under the dimension of KUAI tended to assess the general understanding of AI 

(e.g. I can identify AI technologies), rather than more complex AI mechanisms. In this light, 

high KUAI scores in the present study may reflect a superficial rather than a comprehensive 

and in-depth understanding of AI. Qualitative data also supported this interpretation, as 

participants expressed their need for in-depth understanding of deep principles or 

mechanisms of AI or reported their limited competence to use AI, reflecting a surface-level 

understanding. Therefore, to better understand teachers' in-depth knowledge, which plays a 

critical role in their confidence in applying AI (Pei et al., 2025), further research is needed. 

By contrast, AIE (AI Ethics) received relatively low scores in both groups, echoing earlier 

studies (Ayanwale et al., 2024; Pei et al., 2025). In the qualitative data, AIE was never 

mentioned spontaneously as part of the conceptualization of AI literacy. Furthermore, ethical 

issues were partially or even rarely realized or considered by the interviewees when they 

applied AI. These suggested that ethical considerations remain peripheral in teachers' 

conceptualization of AI literacy, highlighting the need to integrate AIE more explicitly into 

AI-related CPD or school policy to increase awareness. 

6.1.2. Differences between Public and Private Schools 

Despite these common patterns, quantitative data revealed several statistically significant 

differences between the two groups. Public school teachers scored significantly higher than 

private school teachers in overall AI literacy, KUAI, and EAIA (Evaluating AI Application). 

This was also evident in qualitative data. When asked to define AI literacy in the interviews, 
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public school teachers tended to provide more comprehensive definitions that encompassed 

multiple dimensions of the construct, while private school teachers often described a 

narrower set of abilities and were less likely to mention evaluation of AI application. These 

differences, based on both types of data, were largely related to teachers' access to institution 

support ranging from top-down policy, financial support, to AI-related CPD opportunities. 

This aligned with previous studies (Kohnke et al., 2025; Laupichler et al., 2022; Su et al., 

2023) that reported a widespread lack of relevant support for teachers' AI literacy 

development and highlighted the importance of sufficient support to meet teachers' need for 

AI literacy development. 

However, interestingly, regarding which group they believed had higher AI literacy, a 

statistically significant difference emerged, with both groups overwhelmingly selecting their 

own school type. The same pattern was observed for perceptions of higher school support 

and motivation levels. This pattern may be explained by in-group bias (Tajfel & Turner, 

2004), whereby individuals tend to evaluate their own group more favorably than out-groups. 

Interview responses further illustrated this, as some participants acknowledged knowing 

little about the other school type, yet still made some critical remarks about it. These 

findings indicated that teachers' perceptions are shaped not only by direct experience but 

also by professional identity and school type affiliation, which may reinforce existing 

stereotypes and biases. Therefore, caution is needed to interpret self-reported data collected 

through surveys and interviews. To have a more objective and comprehensive picture of 

teachers' AI literacy, future research could explore, validate and adopt objective 

measurements, as Ding et al.(2024b), who developed 25 objective-based items in the form of 

multiple-choice questions, true/false statements, and sorting inquiries to assess teachers' AI 

competences. However, such measurements, together with commonly used subjective 

measurements, need to be further validated through diverse statistical approaches and tested 

in different cultural contexts (Lintner, 2024). 
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6.2. To What Extent Teachers Differ in School Support 

6.2.1. Common Patterns across School Types 

Both public and private school teachers rated the overall school support they received for AI 

literacy development at moderately high levels. This relatively positive ratings contrasts with 

some earlier studies, which identified the scarcity of institutional support for AI-related CPD 

(Kohnke et al., 2025; Laupichler et al., 2022; Su et al., 2023). One possible explanation is 

that schools in the present study's context (tier 1 mega cities) may indeed offer more support 

than those less resourced areas. However, the contrast may also stem from reporting bias or 

limitations of the measurements, calling for cautious interpretation. Consistent with this 

concern, qualitative data revealed that many interviewees still found it difficult to access 

relevant CPD activities or to gain the support they needed. This suggests a gap between 

perceived adequacy in survey responses and teachers' experiences. 

Regarding the three dimensions of support, collegial support emerged as the highest-rated 

aspect across both groups, while competence support scored the lowest. The reliance on 

collegial support was evident in interview responses, where teachers reported routine 

teaching-research group meetings and peer sharing as important channels to gain AI 

knowledge. While collegial support can contribute to higher AI literacy (Chiu et al., 2024), 

over-reliance on it could potentially limit teachers' access to expert-led professional 

development, particularly when institutional competence support is insufficient. The lack of 

sufficient competence support was reflected in the interview accounts, where teachers 

mentioned that the majority of AI-related CPD activities were in the form of one-off lectures 

that they found unhelpful. Such formats often lack characteristics associated with effective 

CPD activities, such as relevance to teaching practice and goals, opportunities for 

corroboration, and sustained course duration (Murray, 2014). To better facilitate 

development of competence, high-quality CPD programs are thus needed. 

6.2.2. Differences between Public and Private School 

Regarding the differences in overall school support across school types, no statistically 

significant difference was identified in the quantitative analysis of the Likert-scale responses. 
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However, in the separate single-choice question asking participants to what extent they 

believed school support differed across school types, consistent responses were provided by 

teachers from both types of school, with the majority of participants perceiving at least slight 

differences and a large number of them perceiving significant differences. The analysis of 

qualitative data may offer some potential explanations for this disparity. 

In interviews, when teachers were asked to reflect on the school support they received, the 

support they mentioned included training to learn how to use AI, colleagues' help with AI 

integration in teaching, or lectures to identify their weaknesses. These kinds of support, 

based on Lee et al. (2020), were more likely to be "perceived principal's learning support" 

that encompassed the principal/leader offering opportunities for skill development, helping 

identify training needs, offering improvement suggestions, and coaching in self-directed 

problem-solving, rather than support for their three basic psychological needs for 

competence, autonomy, and relatedness (feeling connected (Ryan & Deci, 2020). Such 

different understandings of the construct may contribute to the divergence between the scale-

measured results and the results for the separate question, and the seemingly contradictory 

data collected through the separate survey question should be interpreted with caution. 

However, interview participants reported that they perceived differences between two types 

of school, also contradictory to the Likert-scale data results. Therefore, future studies may 

include data obtained from institutional documents or direct observations to have a more 

comprehensive understanding of the differences. 

Despite no significant differences identified in overall school support, public school teachers 

reported significantly higher levels of collegial support than their private counterparts. 

Interview accounts shed light on this gap. Public school teachers reported more collegial 

support probably because they were more strictly regulated by school-level policy 

requirements (e.g. weekly academic group meetings) that enhance connection and 

collaboration. In contrast, private school teachers tended to rely move on self-initiated 

interactions, which gave them more autonomy but less sustained collegial support. Then the 

issue may be how to achieve a balance between autonomy and structured opportunities, 

ensuring that collaboration is frequent and meaningful without becoming too restrictive. 

Based on the interviews, the reasons for these differences appeared rooted in institutional 

factors, including financial support, policy priorities, and school goals, echoing those 

However, in the separate single-choice question asking participants to what extent they 

believed school support differed across school types, consistent responses were provided by 

teachers from both types of school, with the majority of participants perceiving at least slight 

differences and a large number of them perceiving significant differences. The analysis of 

qualitative data may offer some potential explanations for this disparity.

In interviews, when teachers were asked to reflect on the school support they received, the 

support they mentioned included training to learn how to use AI, colleagues’ help with AI 

integration in teaching, or lectures to identify their weaknesses. These kinds of support, 

based on Lee et al. (2020), were more likely to be “perceived principal’s learning support” 

that encompassed the principal/leader offering opportunities for skill development, helping 

identify training needs, offering improvement suggestions, and coaching in self-directed 

problem-solving, rather than support for their three basic psychological needs for 

competence, autonomy, and relatedness (feeling connected (Ryan & Deci, 2020). Such 

different understandings of the construct may contribute to the divergence between the scale- 

measured results and the results for the separate question, and the seemingly contradictory 

data collected through the separate survey question should be interpreted with caution.

However, interview participants reported that they perceived differences between two types 

of school, also contradictory to the Likert-scale data results. Therefore, future studies may 

include data obtained from institutional documents or direct observations to have a more 

comprehensive understanding of the differences.

Despite no significant differences identified in overall school support, public school teachers 

reported significantly higher levels of collegial support than their private counterparts. 

Interview accounts shed light on this gap. Public school teachers reported more collegial 

support probably because they were more strictly regulated by school-level policy 

requirements (e.g. weekly academic group meetings) that enhance connection and 

collaboration. In contrast, private school teachers tended to rely move on self-initiated 

interactions, which gave them more autonomy but less sustained collegial support. Then the 

issue may be how to achieve a balance between autonomy and structured opportunities, 

ensuring that collaboration is frequent and meaningful without becoming too restrictive.

Based on the interviews, the reasons for these differences appeared rooted in institutional 

factors, including financial support, policy priorities, and school goals, echoing those
56



shaping disparities in AI literacy. Such consistency highlighted the critical role of both the 

government and the school in promoting equality between two types of schools. Without 

their effective involvement, individual teachers have limited agency to shape structural 

conditions. 

6.3. To What Extent Teachers Differ in Motivation for AI-Related CPD 

6.3.1. Common Patterns across School Types 

Research on teachers' motivation for general CPD is well established (e.g. Celleja, 201; 

MaMillan et al., 2016; Zhang et al., 2021), yet empirical studies focusing specifically on AI-

related CPD remains scarce. Limited existing studies often suffer from relatively poor 

research design and presentation of results, as seen in Indrayani et al., 2024; Tang et al., 

2015. Against this backdrop, the present study offers some of the first evidence on teachers' 

motivational profiles for AI-related CPD. 

Both public and private school teachers reported relatively high overall motivation to 

participate in AI-related CPD, consistent with Tang et al.'s (2025) study focusing on older 

adults' motivation to AI literacy education. Importantly, both autonomous (e.g.interest, 

improvement) and controlled motivation (e.g. rewards, policy, pressure) scored highly, 

suggesting that both types of motivation operate alongside each other to achieve high 

motivation. This supports Jamaliade and Fatehi Rad's (2022) claim that while intrinsic 

motivation plays a critical role in teachers' CPD engagement, extrinsic motivation also 

contributes meaningfully. 

However, autonomous motivation consistently exceeded controlled motivation across both 

school types, echoing Cellej a' s (2018) and Yang's (2021) findings that teachers were largely 

intrinsically motivated by their desire for both personal and professional development. This 

pattern may indicate the possibility for long-term engagement, as intrinsic motivation is 

generally more long-lasting and linked to more sustained professional learning (Deci & Ryan, 

2020). 

However, consistently high self-reported motivation should be interpreted with caution, as 

having motivation to participate in CPD does not necessarily lead to active participation, 
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especially when substantial barriers exist. Both groups ranked similar top five impeding 

factors primarily related to institutional conditions (e.g. workload, policy) and CPD 

provision (e.g. time, quality, forms). Interview accounts also highlighted these barriers, with 

heavy workload perceived as the most pressing challenge that left teachers no time or energy 

to participate in AI-related CPD. These barriers, if not addressed properly, may prevent 

teachers from actively engaging in AI-related CPD. 

6.3.2. Differences between Public and Private Schools 

Significant differences between different school types were also identified. Public school 

teachers reported significantly higher overall motivation than their private school 

counterparts, with the largest disparity in controlled motivation. This suggests that public 

school teachers are subject to stronger external incentives, such as mandatory participation 

linked to requirements, policy, performance evaluation, or professional title promotion, as 

reflected in qualitative data. 

However, these external incentives may be a double-edged sword. They can function as 

effective triggers for engagement but may also restrict teachers' autonomy, making it 

difficult for teachers to tailor learning to their specific interests or needs. Private school 

teachers, by contrast, reported fewer externally imposed requirements, which explained their 

lower controlled motivation yet similarly high autonomous motivation. However, this 

relative freedom often comes along with more limited institutional support, thereby 

constraining their overall engagement in AI-related CPD. The challenge may lie in how to 

design support systems that maintain necessary regulation yet ensure sufficient autonomy, 

enabling teachers to draw on the benefits of both controlled and autonomous motivation. 

Achieving this will require the active involvement of both the government and school. 

Regarding reasons for differences in teachers' motivation for AI-related CPD, the qualitative 

data results were consistent with those of AI literacy and school support. Teachers appeared 

to consistently attribute variations in motivation for AI-related CPD largely to institutional 

factors such as policies, funding, or CPD provision , highlighting the critical role of 

institutional support in shaping teachers' experiences in those three areas. 
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6.4. Relationships across Three Key Areas 

A notable pattern identified in the present study was the consistent positive correlations 

among school support, AI literacy, and motivation to participate in AI-related CPD. 

Overall school support as well as all three dimensions positively correlated with overall 

motivation, autonomous motivation, and controlled motivation, consistent with Lam et al.'s 

(2010) findings. Similarly, school support and its three sub-dimensions positively correlated 

with overall AI literacy, consistent with Chiu et al.'s (2024) study. However, in terms of the 

predictive role of collegial or relatedness support in AI literacy, the present result contrasted 

with Wut el al.'s (2025) findings, which reported no significant correlation between the two. 

One potential explanation for the variations may be related to the differences among the 

participants. To be specific, secondary school teachers in Chiu et al.'s and the present study 

may rely more on collegial networks and peer collaboration to learn, while university 

teachers in Wu et al.'s study tended to work and learn more independently. Such variations 

in research findings suggest that collegial support may function differently across 

educational contexts. This highlights the need for further research to explore whether, and in 

what way, factors such as teachers' profiles influence its role. 

Both overall motivation and its autonomous and controlled forms were found to be 

positively correlated to AI literacy. While limited research focused on the direct relationship 

between motivation for AI-related CPD and AI literacy, many studies have supported the 

positive role of motivation, particularly autonomous motivation, in predicting teachers' 

engagement in CPD activities (Gorozidis & Papioannou, 2014; Wal et al., 2014). In this light, 

based on this finding of the present study, it is likely that motivation for AI-related CPD can 

indeed facilitate their engagement in relevant CPD activities, and thus enhancing the 

development of AI literacy. However, more research can be conducted in the future to 

further explore their relationships and underneath mechanisms. 

The consistently positive correlations among three constructs indicate a potential reinforcing 

cycle, where supportive environments promote motivation, which in turn facilitates the 

development of AI literacy. From initial motivation to actual engagement in AI-related CPD 

and subsequent improvement of AI literacy, it's likely that the school support for teachers' 
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basic psychological needs for competence, autonomy, and relatedness play a critical role, as 

suggested by Self-Determination Theory (Ryan & Deci, 2000). In this light, future research 

can attempt to test the potential causal direction of these relationships using intervention or 

longitudinal designs to clarify the mechanisms underlying these consistent correlations. Such 

work may also shed light on the design of policies or practices that can simultaneously 

strengthen institutional support, teacher motivation, and AI literacy. 

6.5. Limitations 

The first limitation of the present study is related to sampling. First, the sample size (133 

survey responses from approximately 55 schools and nine interview participants), while 

reasonable, is relatively small and may not fully represent the population of public and 

private school English teachers in the four tier 1 mega-cities in China. This may reduce the 

statistical power and limit the generalisability of findings. In addition, the use of snowball 

and convenience sampling may have introduced self-selection bias, potentially over-

representing teachers who had existing connections with the researcher or were exposed to 

similar school conditions. Moreover, as both the survey and interviews were conducted 

online, the study may have inadvertently excluded or discouraged participation from teachers 

who are less comfortable using new technologies including AI. This exclusion could lead to 

biased the sample toward participants who are more AI literate, thus under-representing the 

perspectives of teachers with lower AI literacy. 

Second, the present research focused exclusively on the influence of school types on the 

differences in three key areas, without considering other potentially influencing factors 

including age, years of working, or gender. Notably, the respondents and interviewees in the 

present study were predominantly female, which may limit the generalisability of the 

findings to male teachers. In addition, it is likely that teachers' of different age ranges may 

have varying levels of interest in new technologies, potentially affecting their AI literacy and 

motivation to relevant CPD activities. Future research should account for such demographic 

variables to provide a more nuanced understanding. 

Furthermore, the binary categorization of Chinese secondary schools into public and private 

may oversimplify the reality. Indeed, substantial differences can exist among schools within 
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the same category, or there may be additional sub-types under each broad classification. The 

absence of controls for such within-group differences may influence the interpretation of the 

findings. 

Finally, while all scales employed in the questionnaire have been validated in previous 

research, the Cronbach's alpha for one dimension (Knowing and Understanding AI) of the 

AI literacy scale was acceptable yet relatively low, which may have affected consistency and 

reliability of the measurement. In addition, in the interviews, teachers were asked several 

times whether differences existed between pubic and private schools. This repeated framing 

may have introduced priming effect, prompting participants to be more likely to perceive 

such differences and resulting in biased perspectives. 

7. Conclusion and Implications 

Drawing on the observed differences between Chinese public and private schools, the 

transformative potential of AI in education, and the critical role of teachers in educational 

change, this study aimed to examine differences between the two school types in three 

domains: teachers' AI literacy, the school support they receive, and their motivation to 

participate in AI-related CPD. The research was conducted in four economically comparable 

tier-one mega-cities in China, which are frequently discussed together due to their similar 

development status. A mixed-methods design was adopted to obtain a comprehensive 

understanding, combining 133 questionnaire responses with nine semi-structured interviews. 

Based on Ng et al.'s (2021a, 2021b) four-dimension conceptualization, AI literacy was 

assessed in terms of Knowing and Understanding AI (KUAI), Applying AI (AAI), 

Evaluating AI Application (EAIA), and AI Ethics (AIE). Guided by Ryan and Deci's (2020) 

Self-Determination Theory, the present study also examined three types of support 

(competence, autonomy,and collegial support) and five types of motivation (amotivation, 

external, introj ected, identified, and intrinsic). 

Analyses confirmed the initial assumption that significant differences exist across the three 

domains. Quantitative results revealed that public school teachers scored significantly higher 

than their private school counterparts in overall AI literacy, KUAI, EAIA, collegial support, 

overall motivation, and controlled motivation (external and introjected), and this was 
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supported by thematic analyses of interviews. These findings pointed to inequalities between 

school types that may require joint action from both government and school leadership to 

address. 

At the same time, several common patterns emerged across school types. Quantitative 

findings showed that teachers from both public and private schools demonstrated relatively 

high levels of overall AI literacy, school support, and motivation, with the quantitative 

results of first two contradictory to relevant qualitative findings. In terms of AI literacy, both 

groups performed best in knowing and understanding AI but weakest in AI ethics, 

highlighting a specific area in need of attention. Moreover, Over-reliance on collegial 

support in both groups suggested that teachers lacked sufficient access to expert-led 

professional CPD. Furthermore, motivation profiles revealed that teachers were largely 

driven by autonomous motivation (identified, intrinsic), which can facilitate teachers' 

sustained engagement in AI-related CPD. However, such motivation would be undermined if 

issues related to workload, policy, and CPD provision cannot be properly addressed. In 

addition, positive correlations were consistently observed among AI literacy, school support, 

and motivation, as well as among some of their sub-dimensions, suggesting 

interconnectedness between these constructs. Such correlations underscore the importance of 

need-satisfaction support in shaping teachers' AI literacy and motivation for engagement in 

relevant CPD, shedding light on future designs of institution-level policies and practices. 

Future research can explore more on the causal directions among constructs to understand 

the underlying mechanisms. 

These findings contribute to the limited body of research on teachers' AI literacy, school-

based support, and motivation for AI-related CPD, particularly in the Chinese EFL context. 

While previous studies have often examined these constructs in isolation or from a student 

perspective, this research valued teachers' voices and situated them within the contextual 

realities of different school types. In doing so, it outlines teachers' specific strengths and 

weakness in AI literacy, offering insights for the design of effective AI-related CPD 

activities that address their specific. More importantly, it reveals disparities in the school 

support available to teachers, providing guidance for the governments and schools on how to 

better support and thus motivate teachers to enhance their AI literacy through relevant CPD. 
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While valuable, the findings should be interpreted with caution due to limitations such as the 

relatively small sample size and flawed instrument. Future research should employ larger 

and more diverse samples, refine measurement tools, and explore a broader range of contexts, 

including rural and less-developed regions. The influence of relevant factors such as age, 

teaching experience, and gender can also be further explored. Longitudinal and intervention 

studies could further clarify causal pathways among institutional support, teacher motivation, 

and AI literacy. 

Overall, as AI continues to transform education, ensuring that teachers are both capable of 

using these technologies effectively, critically, and ethically is vital. This study makes an 

initial attempt to understand teachers' AI literacy profiles and their motivation for AI-related 

CPD in the Chinese EFL context. While the findings need to be interpreted with caution, 

they help bring existing inequalities to light, which may serve as the starting point for 

fostering more equitable conditions across diverse school types and educational contexts. 
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Appendix 1: Demographic Information 

Num ber 

Gender Male 104 

Female 29 

Educational 

background 
Bachelor 35 

Master 84 

Above master 14 

Years of working 1-3 years 28 

4-10 yers 72 

Above 10 years 33 

Age range under 25 9 

25-34 63 

35-44 53 

45-54 8 

Educational stage Junior high school 93 

Senior high school 40 

School type Public 68 

Private 65 

Location Beijing 28 

Shanghai 28 

Guangzhou 53 

Shenzhen 24 

Professional roles English teacher 67 

English teacher+ 1 

administrative role 
50 

English teacher+ 2 
administrative roles 

7 

English teacher+ 

other roles 
9 

73 
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Appendix 2: Questionnaire 

Part 1 
1. Information sheet & Informed consent 
fAkiA flA  
Part 2 
2. Please leave your email address below, and we may send you an invitation to a follow-up 
online interview in May and June 2025. 

ittE, lidim-f1F- TI: 2025 *5 J fn 6 ) 1tidA/Zt5-)ElfAtil<H1-d -W-1A. 

3. Would you like to participate in the follow-up interview? 
auf.,V ;tiViPkihiAN? 
Yes, I'd love to. Zn, AI-cat.-to 
Possibly. MF 1-4E. 
No, thanks.+, 1,11111- 0 

4. Would you like to receive the results of this research? 
fi/PIV&T1I6JFI-Wr*A? 
Yes, please send me the results. 

No, thanks. 
+f 1, t t. 

Part 3: AI literacy 
Please indicate to what extent do you agree or disagree with the following statements. 

Strongly disagree, disagree, neutral, agree, strongly agree 1-5 
AVAiggAr- (1=4M. 173111; 5=4M17311) 
5. Knowing and Understanding AI 
I can distinguish between smart educational devices and non-smart educational devices. 
lidlE VIVAA111-frittrVIAAIII*O 
I know where educational AI can support my teaching or professional work. 
IYJIIIIIAA AI  F  
I can identify AI technologies in educational products. 

n AI RA. 
I feel comfortable when using educational AI products. 
liZA-VJAA Al FiltrialdR/ n 
I believe teachers should actively learn to use AI technologies to support teaching. 
liliAMA9FiRiWtk4--Alffl AI RAiJiii#VA*O 

6. Applying AI 
I can use educational AI products skillfully to support my daily teaching. 
lidEValfflAA AI H 
I can learn new educational AI products relatively easily. 

4' 4- A M IIJAA Al 
I can use educational AI products to enhance my work efficiency. 
liaEftlffl A m AxPlAii /riXz 
I can support and guide students in using educational AI products effectively. 

Al A 
I am able to integrate educational AI technologies into curriculum instruction. 
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Appendix 2: Questionnaire
Par t 1
1. Information sheet & Informed consent
信息说明&知情同意
Par t 2
2. Please leave your email address below, and we may send you an invitation to a follow-up 
online interview in May and June 2025.

__________________
请留下您的电子邮件地址，我们可能会在 2025 年 5 月和 6 月邀请您参加后续的在线访谈。

3. Would you like to participate in the follow-up interview?
您愿意参加后续访谈吗？

Yes, I’d love to. 是的，我愿意参加。
Possibly.有可能。
No, thanks.不，谢谢。

4. Would you like to receive the results of this research?
你希望收到研究结果吗？
Yes, please send me the results.
是的，请给我发送研究结果。
No, thanks.
不用了，谢谢。

Par t 3: AI literacy
Please indicate to what extent do you agree or disagree with the following statements.
请说明您在多大程度上同意或不同意以下陈述。

Strongly disagree, disagree, neutral, agree, strongly agree 1-5
人工智能素养 （1=非常不同意；5=非常同意）
5. Knowing and Understanding AI
I can distinguish between smart educational devices and non-smart educational devices.
我能区分智能教育设备和非智能教育设备。
I know where educational AI can support my teaching or professional work.
我知道教育AI 在哪些方面能辅助我的教学和工作。
I can identify AI technologies in educational products.
我能识别教育产品中的AI 技术。
I feel comfortable when using educational AI products.
我在使用教育AI 产品时觉得适应/自在。
I believe teachers should actively learn to use AI technologies to support teaching.
我认为教师应该积极学习使用AI 技术来帮助教学。

6. Applying AI
I can use educational AI products skillfully to support my daily teaching.
我能熟练使用教育AI 产品来帮助日常教学。
I can learn new educational AI products relatively easily.
我能比较轻松地学习新的教育AI 产品。
I can use educational AI products to enhance my work efficiency.
我能利用教育AI 产品来提高工作效率。
I can support and guide students in using educational AI products effectively.
我能有效地指导学生使用教育AI 产品。
I am able to integrate educational AI technologies into curriculum instruction.
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liaLVTIAMAI=r1rtA AI 

7. Evaluating AI Application 
I can evaluate the functionality and effectiveness of an educational AI product after using it. 

liaEitMAA /2•AL 
I can choose the most appropriate solution from various options offered by an educational AI product. 

AT A /11 ri<JA a4 ito 
I can select an appropriate educational AI product according to specific teaching tasks. 
lidEttER-in&44-q*aff --*Z=n AI A 
I can choose AI-based assessment products (eg. Grammarly) that match students' learning outcomes. 

gaff 4' -4- 4' -4- A VFinnEn AI A ( EL Qia &O.FM I Grammarly). 
I can use educational AI products to provide students with feedback on their learning. 

AT 

8. AI Ethics 
I always follow ethical principles when using educational AI products. 
IfflAh. All pp Fit liaM4f840ti,F. 
I am aware of privacy and information security issues when using educational AI products. 

AT i1  a Fit RiAt,a1;010,R,frifAk iiiA '. 
I am aware of the misuse of educational AI. 
  t.0.1:11TIJ AT Rim ntva. 
I always consider ethical and security issues when applying educational AI technologies. 
RfflAh. AI RAO, liaHVOV.fill ' irA IS. 
I can identify ethical and moral violations during the application of educational AI in a timely 
manner. 
IfflAh. AI Ut, liaEREI4-1;11M1IffiOtfrliTtnfiva. 

Part 4: School support for AI-related CPD activities 
'14tAnT AI htl)t nwria-ek  - AkaR(CPD: continuous professional development) iya a-
Strongly disagree Disagree Slightly disagree Slightly agree Agree Strongly agree 
9. Competence support 
My school provides effective, high-quality AI-related CPD activities so that I know how to integrate 
AI into my teaching . 

M ii r-n AI CPD au 1, Pfilj.aArliittP4 AI Vit A&44-
My school provides sufficient AI-related CPD activities so that I have opportunities to learn to apply 
AI. 
RA4/111; 1 Ait n AI CPD au J, Pfi O.RA-tIV-k4-4- 71 ffl AI. 
My school considers my workload, gives me room and time to do well in AI-related CPD activities. 

fri Y.Alzt5 AI hti CPD au }IO 
The time table for AI-related CPD activities is reasonable in my school so that I can effectively 
engage in those activities. 
liz .T4r] AI CPD Pfi EAlz 
There is good coordination in my school so that I can complete my task (e.g. participate in AI-related 
CPD activities, integrate AI into teaching) smoothly. 

Pfi0.1JaE10f1M .*1* -7 (TTit5- AI CPD a JJ, %Wl- AI VitAM-4-
) 

10. Autonomy support 
I am involved in formulating the direction and contents of AI-related CPD activities. 

AI ht JCPDa 4]ri<J}J frig
My school considers teachers' opinions or needs when arranging AI-related CPD activities. 
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我能够在课程教学中融入教育AI 技术。

7. Evaluating AI Application
I can evaluate the functionality and effectiveness of an educational AI product after using it.
使用教育AI 产品后，我能评估其功能和效果。
I can choose the most appropriate solution from various options offered by an educational AI product. 
我能从教育AI 产品提供的众多选项中选择最合适的方案。
I can select an appropriate educational AI product according to specific teaching tasks.
我能根据具体的教学任务选择合适的教育AI 产品。
I can choose AI-based assessment products (eg. Grammarly) that match students’ learning outcomes. 
我能选择与学生学习成果相匹配的AI 评估产品（比如语法检测工具Grammarly)。
I can use educational AI products to provide students with feedback on their learning.
我能使用教育AI 产品为学生提供学习反馈。

8. AI Ethics
I always follow ethical principles when using educational AI products.
使用教育AI 产品时，我始终遵循伦理原则。
I am aware of privacy and information security issues when using educational AI products.
使用教育AI 产品时，我清楚意识到隐私和信息安全问题。
I am aware of the misuse of educational AI.
我清楚意识到教育AI 被误用的情况。
I always consider ethical and security issues when applying educational AI technologies.
应用教育AI 技术时，我始终考虑伦理和安全问题。
I can identify ethical and moral violations during the application of educational AI in a timely
manner.
使用教育AI 时，我能及时识别违背伦理和道德的情况。

Par t 4: School suppor t for AI-related CPD activities
学校对于 AI 相关的教师持续专业发展(CPD: continuous professional development)的支持
Strongly disagree Disagree Slightly disagree Slightly agree Agree Strongly agree
9. Competence support
My school provides effective, high-quality AI-related CPD activities so that I know how to integrate 
AI into my teaching .
我校提供有效、高质量的AI 相关的CPD 活动，所以我知道怎样将AI 融入教学中。
My school provides sufficient AI-related CPD activities so that I have opportunities to learn to apply 
AI.
我校提供了充足的AI 相关的CPD 活动，所以我有机会学习使用AI。
My school considers my workload, gives me room and time to do well in AI-related CPD activities.
我校会考虑我的工作负担，给予我空间和时间来有效参与AI 相的CPD 活动。
The time table for AI-related CPD activities is reasonable in my school so that I can effectively
engage in those activities.
我校安排的AI 相关的CPD 活动时间合理，所以我能有效参与其中。
There is good coordination in my school so that I can complete my task (e.g. participate in AI-related 
CPD activities, integrate AI into teaching) smoothly.
我校各方协调良好，所以我能顺利完成任务（如参与AI 相关的CPD 活动、将AI 融入教学
中）。

10. Autonomy support
I am involved in formulating the direction and contents of AI-related CPD activities.
我参与定制AI 相关的CPD 活动的方向和内容。
My school considers teachers’ opinions or needs when arranging AI-related CPD activities.
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AI hi] CPD AI A x*O 
I participate voluntarily in AI-related CPD activities. 
liCZnItt5t AI hi] 7 CPD n 
I have the freedom to choose specific AI-related CPD activities based on my professional needs. 
ttE En - ALAV, IJZFS Ehaff-vA AI hi] CPDa 41O 
I feel that my opinions or needs are respected or addressed. 

lILiA*T4TIJ 4ipllin O 

11. Collegial support 
I get encouragement from my colleagues, who are passionate about participating in AI-related CPD 
and integrating AI into teaching. 

  CPDa JJ, #'14 4L41Y- trANtliZt5)Ei O 
My colleagues share useful resources for AI-related CPD with me. 

n AI hi] CPD A' -41M/f.O 
My colleagues share their experiences with me regarding how to integrate AI into teaching. 

4' 14-LiiiTI: AI   rw,§O 
My colleagues care about the difficulties I face in learning and applying AI through AI-related CPD 
activities. 
liznirMtdba,T1.- 4' 4-AfriRffl AI iiRrrATIMMA0 
My colleagues and I collaborate to learn about and implement AI through AI-related CPD activities. 
  ri -M- kL*fr, AI CPD au J' ' 74R)EU AI° 

Part 5: Motivation for AI-related CPD activities 
AI h-Fl j CPD -41411'n 
Strongly disagree Disagree Slightly disagree Slightly agree Agree Strongly agree 
12. Amotivation - lacking the intention for CPD 
I do not understand the purpose of participating in AI-related CPD activities. 

itrt5- AI CPD au4,rijFirl30 
I do not see the relevance of participating in AI-related CPD activities. 
liz-i,xyv - AI CPD 
I do not know the reasons of participating in AI-related CPD activities. 
liZ+014-Yvit t5- AI h-Fi n CPD - )•] 

13. External regulation *iintiV 
I participate in AI-related CPD activities because it is a duty, requirement, or policy set by my school. 

  CPD J,'(p_v /AO 
I participate in AI-related CPD activities because my school would assess how well AI is integrated 
into my teaching. 
liZt,%-)111 AI htotn CPD a JJ, ZillYT4-4-,•1 --1t1MJZAIA'44-rM AI nlffltviy„, 
I participate in AI-related CPD activities because head of my group/grade/department may be upset if 
I don't. 
Rt5)111 AI h-Fl iy] CPD liZ4M6JHR-Ki*Mi-KiM 
)it 

I participate in AI-related CPD activities to increase my chances of promotion or financial benefits. 
  AT CPD a JJ, ziiviattfryl  AR'fiWagtNt 0 

I participate in AI-related CPD activities to keep up with my peers. 
liZt,%-)111 AI htotn CPD O

14. Introjected regulation RIA-pigiv 
I participate in AI-related CPD activities because I would feel embarrassed to explain to others my 
absence. 
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在安排AI 相关的CPD 活动时，我校会考虑教师的意见或需求。
I participate voluntarily in AI-related CPD activities.
我是自愿参加AI 相关的CPD 活动的。
I have the freedom to choose specific AI-related CPD activities based on my professional needs.
根据自己的专业需要，我可以自由选择某些AI 相关的 CPD 活动。
I feel that my opinions or needs are respected or addressed.
我感受到我的意见或需求得到了尊重或回应。

11. Collegial support
I get encouragement from my colleagues, who are passionate about participating in AI-related CPD 
and integrating AI into teaching.
我的同事热衷于参与AI 相关的CPD 活动，并将AI 融入教学，他们会鼓励我参加。
My colleagues share useful resources for AI-related CPD with me.
我的同事与我分享有用的AI 相关的CPD 活动资源。
My colleagues share their experiences with me regarding how to integrate AI into teaching.
我的同事与我分享他们在AI 与教学融合方面的经验。
My colleagues care about the difficulties I face in learning and applying AI through AI-related CPD 
activities.
我的同事关心我在学习和应用AI 过程中遇到的困难。
My colleagues and I collaborate to learn about and implement AI through AI-related CPD activities. 
我与同事一起合作，在AI 相关的 CPD 活动中学习并应用AI。

Par t 5: Motivation for AI-related CPD activities
AI 相关的 CPD 活动动机
Strongly disagree Disagree Slightly disagree Slightly agree Agree Strongly agree
12. Amotivation - lacking the intention for CPD
I do not understand the purpose of participating in AI-related CPD activities.
我不明白参与AI 相关的CPD 活动的目的。
I do not see the relevance of participating in AI-related CPD activities.
我认为参与AI 相关的CPD 活动没有太大意义。
I do not know the reasons of participating in AI-related CPD activities.
我不知道为什么要参与AI 相关的 CPD 活动。

13. External regulation 外部调节
I participate in AI-related CPD activities because it is a duty, requirement, or policy set by my school. 
我参加AI 相关的CPD 活动，是因为这是学校的职责、要求或政策。
I participate in AI-related CPD activities because my school would assess how well AI is integrated 
into my teaching.
我参加AI 相关的CPD 活动，是因为学校会评估我在教学中对AI 的使用情况。
I participate in AI-related CPD activities because head of my group/grade/department may be upset if 
I don’t.
我参加AI 相关的CPD 活动，是因为如果我不参加，我们教研组长/年级组长/部门领导会不高
兴。
I participate in AI-related CPD activities to increase my chances of promotion or financial benefits.
我参加AI 相关的CPD 活动，是因为我想晋升或获得经济奖励。
I participate in AI-related CPD activities to keep up with my peers.
我参加AI 相关的CPD 活动，是因为我不想落后于我的同事们。

14. Introjected regulation 内摄调节
I participate in AI-related CPD activities because I would feel embarrassed to explain to others my 
absence.
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liZt5ti AI h-Fi ri] CPD a JJ, ZIllYv+At MACM-Yvit lilat;)Ei 
I participate because I could demonstrate to others my willingness to accept new things. 
liZt5ti AI CPD AF- AfLALi--,--liZ/VAAMMVI-to 
I participate because I would feel uncomfortable if I refused to get involved. 

  AI CPD 
I participate because I would feel bad if I cannot strive for good teaching performance (through these 
AI-related CPD activities). 
liZt5ti  AI CPD ,)J/ 11 1-1 

I participate because I don't want others to think that I am incapable of doing it. 
liZt5ti AI h-Fl n CPD ZIINIJZ+AtiLMAtruT4'lila-KJ A*O 

15. Identified regulation -usitinv 
I participate in AI-related CPD activities because they involve important contents that I should learn. 
liZt5ti AI CPD a J, QYvA t'-x -liZffi 
I participate in AI-related CPD activities because I believe AI is an important tool that can support 
my teaching. 
liZt5ti AI CPD a JJ, ZIIIViZh-ITIA AI ZI tlif[Vt44-IYMI -A-, liltLIV5)J11  

I participate in AI-related CPD activities because I believe students can also benefit if I master AI-
related knowledge. 
liZt5ti AI CPD a JJ, ZIllYvliZtruT4' nWC4iN AI h-Fl ril;i1, 
I participate in AI-related CPD activities because I believe mastering AI-related knowledge enhances 
my teaching quality. 
liZt5ti AI h-J ri] CPD au JJ, ZIIIViZh-ITIAViA' AI 01;m- OA' JI 
I participate in AI-related CPD activities because these activities are meaningful and worthwhile to 
be promoted. 

fh1410- O 

16. Intrinsic motivation ph-{±i9ja 
I participate in AI-related CPD activities because I'm interested in learning about and integrating AI 
into teaching. 
liZt5ti AI h-Fl n CPD frITM4-4- itr At* AI VYSX4__RO 
I participate in in AI-related CPD activities to satisfy my inquiring mind. 

ziviatAltn 
I participate in AI-related CPD activities to realize my self-worth. 

  Yv n 
I participate in AI-related CPD activities because I feel satisfied when overcoming the obstacles in 
the learning process. 
liZt5ti AI CPD a JJ, ZIllYvliZV- AJJK',4-4-A nIMMTLIV. 
I participate in AI-related CPD activities because I find it enjoyable to learn new things like AI. 
liZt5ti AI h-Fl n CPD ViZtruT4L4-4- 2 AI ) tY nmv -t; - 4__ko 

Part 6: Challenges and perceived differences 
What factors do you think impede you to pursue AI-related CPD? Please choose up to Five  from the 
list below. 
rVAIIIAMMTZ - Al *rnA9rigii)11 (CPD)  ? i,vm -Fa4itaff ikix 5 4o 

heavy workload 

lack of financial support 
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我参加AI 相关的CPD 活动，是因为不想向别人解释为什么我没有参加。
I participate because I could demonstrate to others my willingness to accept new things.
我参加AI 相关的CPD 活动，是因为我可以向他人展示我愿意接纳新事物。
I participate because I would feel uncomfortable if I refused to get involved.
如果不参与AI 相关的CPD 活动，我会感到不安。
I participate because I would feel bad if I cannot strive for good teaching performance (through these 
AI-related CPD activities).
我参加AI 相关的CPD 活动，是因为如果我不能(通过参加这些活动）努力提升教学表现，我
会感到不安。
I participate because I don’t want others to think that I am incapable of doing it.
我参加AI 相关的CPD 活动，是因为我不想让别人觉得我没能力做这些事。

15. Identified regulation 认同调节
I participate in AI-related CPD activities because they involve important contents that I should learn. 
我参加 AI 相关的CPD 活动，是因为其内容对我而言很重要，我应该学习。
I participate in AI-related CPD activities because I believe AI is an important tool that can support 
my teaching.
我参加 AI 相关的CPD 活动，是因为我相信 AI 是帮助教学的重要工具，因此我参加相关培
训。

I participate in AI-related CPD activities because I believe students can also benefit if I master AI- 
related knowledge.
我参加 AI 相关的CPD 活动，是因为我觉得如果我掌握 AI 相关知识，学生也能从中受益。
I participate in AI-related CPD activities because I believe mastering AI-related knowledge enhances 
my teaching quality.
我参加 AI 相关的CPD 活动，是因为我相信掌握 AI 知识可以提升教学质量。
I participate in AI-related CPD activities because these activities are meaningful and worthwhile to 
be promoted.
我参加这些培训，是因为这些活动有意义且值得推广。

16. Intr insic motivation 内在动机
I participate in AI-related CPD activities because I’m interested in learning about and integrating AI 
into teaching.
我参加 AI 相关的CPD 活动，是因为我对学习和在教学中融合 AI 很感兴趣。
I participate in in AI-related CPD activities to satisfy my inquiring mind.
我参加这些活动，是因为我想满足自己的求知欲。
I participate in AI-related CPD activities to realize my self-worth.
我参加这些活动，是因为我想实现自我价值。

I participate in AI-related CPD activities because I feel satisfied when overcoming the obstacles in 
the learning process.
我参加 AI 相关的CPD 活动，是因为我享受克服学习中的困难的过程。
I participate in AI-related CPD activities because I find it enjoyable to learn new things like AI.
我参加 AI 相关的CPD 活动，是因为我觉得学习像AI 这样的新事物很有趣。

Par t 6: Challenges and perceived differences
What factors do you think impede you to pursue AI-related CPD? Please choose up to Five from the 
list below.
哪些因素阻碍了您参与 AI 相关教师培训（CPD）？请从以下选项中选择最多 5 项。

heavy workload
工作量大
lack of financial support
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lack of school policy support 

Inconvenient timing (e.g. on weekdays or too long) 
IA HiAA-I -011114-R1I-K) 

Inconvenient location (e.g. too far away) 
  ( nYFA' f_L) 

limited opportunities 

low quality of AI-related CPD activities 
A.-4Jifi. I+ 
ineffective designs of AI-related CPD activities 

limited forms of AI-related CPD activities (e.g. only lectures) 

Irrelevant contents to teaching needs 
A'44--X4+h-FOt 

lack of interest in AI-related CPD activities 
4_k 

feeling unnecessary to participate in AI-related CPD activities 

personal circumstances (e.g.health issues, pregnancy) 
OTPV-) 

others 

Do you think EFL teachers in public and private schools differ regarding their overall levels of AI 
literacy? 
' '-1A,Yv/z_ _AfFIK)744- 4IYM-1, Al)FITI: AI APOJ 

Yes, significantly zn, k)C 
Yes, slightly zn, 
No, almost the same. aA-, mi4FIrijo (Skip to Question 3) 

If YES, in which type of schools do you think teachers generally have higher levels of AI literacy? 
RIB l lMMAYfi AI Ar.-7E-YEA? 

public schools 
private schools R\P1244-Se. 

Do you think EFL teachers in public and private schools receive different levels of school support for 
AI-related CPD? 
Z-1AA/z__AfFIK)F44--InXigMFITI:t -ti AI htotn CPD , 

Yes, significantly zn, 
Yes, slightly zn, 

No, almost the same. aA-, 4_"*Flrijo (Skip to Question 4) 

If YES, in which type of schools do you think teachers receive more school support for AI-
related CPD? 

public schools it_A24-',734 
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缺乏经济支持
lack of school policy support
缺乏学校政策支持
Inconvenient timing (e.g. on weekdays or too long)
时间不合适（如安排在工作日或者培训时间过长）
Inconvenient location (e.g. too far away)
地点不方便（如距离太远）
limited opportunities
机会有限
low quality of AI-related CPD activities
活动质量不高
ineffective designs of AI-related CPD activities
活动设计不合理
limited forms of AI-related CPD activities (e.g. only lectures)
活动形式单一（如仅为讲座）
Irrelevant contents to teaching needs
活动内容与教学需求不相关
lack of interest in AI-related CPD activities
对这些活动缺乏兴趣
feeling unnecessary to participate in AI-related CPD activities
觉得没必要参加这些活动
personal circumstances (e.g.health issues, pregnancy)
个人原因（如健康问题、怀孕等）
others
其他

Do you think EFL teachers in public and private schools differ regarding their overall levels of AI 
literacy?
您认为公立和民办学校的英语教师在 AI 素养方面整体水平有差异吗？

Yes, significantly 是的，差异很大。
Yes, slightly 是的，有些差异。
No, almost the same. 没有，基本相同。 (Skip to Question 3 )

If YES, in which type of schools do you think teachers generally have higher levels of AI literacy?
如果您认为有差异，哪类学校的教师 AI 素养水平更高？
public schools 公立学校
private schools 私立学校

Do you think EFL teachers in public and private schools receive different levels of school support for 
AI-related CPD?
您认为公立和民办学校的英语教师在参加 AI 相关的 CPD 活动方面，学校给予的支持是否有
差异？

Yes, significantly 是的，差异很大。
Yes, slightly 是的，有些差异。

No, almost the same. 没有，基本相同。 (Skip to Question 4 )

If YES, in which type of schools do you think teachers receive more school support for AI- 
related CPD?

如果您认为有差异，哪类学校的教师获得更多学校支持？

public schools 公立学校
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private schools R\A:44_ 

Do you think EFL teachers in public and private schools differ in terms of their motivation to 
participate in AI-related CPD? 
Z -DOViz_AfFIK)Y44-,73-411Aig&KITI:t5- AI grolIn44,11*Ti., _ 

Yes, significantly zn, 
Yes, slightly zn, 
No, almost the same. aA-, mi4FIril. (Skip to Question 3) 

If YES, in which type of schools do you think teachers are generally more motivated? 
ri<J t5- -4tItg? 

public schools lz_ _A2,1 
private schools R\PLI-734 

To what extent do you think each of the following should be responsible for improving teachers' AI 
literacy? 

&)ri AIAPOJ R7f(til flq? idAgifi/V/J,4,TVit. WY, ())0TIJ 
/j.) 

government and educational authorities 

121 

school leadership (e.g. principals, heads of department, school owners) 
Se. jJ) 

teachers themselves 
&)ri 

To what extent do you think each of the following should be responsible for motivating teachers for 
AI-related CPD activities? 
Z -DOV 0,-F- -/JT1.14AN-M9rit5- - CPD au JJJ IiI7f(til flq? 

WY, ())0TIJ/J,) 
government and educational authorities 

school leadership (e.g. principals, heads of department, school owners) 
40 ( A6)1H-1].-K. Se. jJ) 

teachers themselves 
Wri 

Could you please share1-3 suggestions on how to enhance teachers' AI literacy and motivation to 
participate in AI-related CPD? (You may reponsde in English or Chinese.) 
idA/2.3V- '- 1-3 1 -)tT- niqfk' il  Wri AI A4-_filt5- AI CPD ' -4J-4Jt/t II/Ai/5C 

Part 7: Demographic Information 
1. Your birth sex 
znw—itimiz? 

Male .114 
Female A 

2. Highest educational qualification 

Below Bachelor's degree ±0CF 
Bachelor's degree ± 
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private schools 私立学校

Do you think EFL teachers in public and private schools differ in terms of their motivation to 
participate in AI-related CPD?
您认为公立和民办学校的英语教师在参与 AI 培训的动机水平上，是否存在差异？

Yes, significantly 是的，差异很大。
Yes, slightly 是的，有些差异。
No, almost the same. 没有，基本相同。 (Skip to Question 3 )

If YES, in which type of schools do you think teachers are generally more motivated?
如果您认为有差异，哪类学校的教师的参与动机更强？

public schools 公立学校
private schools 私立学校

To what extent do you think each of the following should be responsible for improving teachers’ AI 
literacy?
您认为以下各方在提升教师 AI 素养方面应承担多少责任？请按责任大小依次排序（从大到
小）。

government and educational authorities
政府及教育主管部门
school leadership (e.g. principals, heads of department, school owners)
学校领导层（如校长、教研组长、校方）
teachers themselves
教师自身

To what extent do you think each of the following should be responsible for motivating teachers for 
AI-related CPD activities?
您认为以下各方在激励教师参与 AI 相关的 CPD 活动方面应承担多少责任？请按责任大小依
次排序（从大到小）。

government and educational authorities
政府及教育主管部门
school leadership (e.g. principals, heads of department, school owners)
学校领导层（如校长、教研组长、校方）
teachers themselves
教师自身

Could you please share1-3 suggestions on how to enhance teachers’ AI literacy and motivation to 
participate in AI-related CPD? (You may reponsde in English or Chinese.)
请您分享 1–3 条关于如何提升教师 AI 素养和参与 AI 相关 CPD 活动动机的建议。

Par t 7: Demographic Information
1. Your birth sex
您的出生性别是？

Male 男
Female 女

2. Highest educational qualification
最高学历

Below Bachelor’s degree 学士以下
Bachelor’s degree 学士

79



Master's degree 
Above master's degree R±r),±. 

3. Years of working 
ifr*I3R 
1-3years 1-3 
4-10 years 4-10* 
over 10 years 10 *r),_E. 
4. Age 
*tkt 

Under 25 25 V 0,-F 
25-34 
35-44 
45-54 
55+ 

5. Your educational stage 
POW-

Junior high school 
)7 1:!1
Senior high school 

6. School type 

4" 4--
Public school 

Private school (Gaokao-oriented) 
MA-jJ ) 

Private school (International) 
R\ ( Q MTh rrir ) 

7. School name 

8. Current professional role 
Ntil/IDEVE 

English teacher 
pia ~Jfi 
English teacher+ one administrative role (e.g. principal, head of department/ grade; head teacher) 
XigVri+-1/ 1a1EIPL *M11.-K. *t/( 4) 
English teacher+ 2 or more administrative roles 

English teacher+ other role(s) not mentioned 

Thank you very much for taking this survey! 
Please feel free to send this survey on to anyone who meet the inclusion criteria and might be 
interested. You can copy and paste this link [ ], which will take them straight to the survey. 
If you have any comments, suggestions or questions, please feel free to contact *** 

dra8i1-1-Zt5- -
Aai',V4ILLI,Aa0MftV1-*4-:-I hTFilEYSXLM V-41 4111 . 1, 
fLiiib,t  NP AF- A.AiiiAat -

/amqicall. iXpJc ip7, Aailitoo***, oeimittov: 
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Master’s degree 硕士
Above master’s degree 硕士以上

3. Years of working
工作年限

1-3years 1-3 年
4-10 years 4-10 年
over 10 years 10 年以上
4. Age
年龄

Under 25 25 岁以下
25-34
35-44
45-54
55+

5. Your educational stage
所教学段

Junior high school
初中

Senior high school
高中
6. School type
学校类型

Public school
公立学校
Private school (Gaokao-oriented)
私立学校（高考方向）
Private school (International)
私立学校（国际方向）

7. School name
学校名称
8. Current professional role
目前担任职位

English teacher
英语老师
English teacher+ one administrative role (e.g. principal, head of department/ grade; head teacher) 
英语老师+一个管理职位（如校长、部门主管、年级组长、班主任等）
English teacher+ 2 or more administrative roles
英语老师+两个或更多管理职位
English teacher+ other role(s) not mentioned
英语老师+其他职位

Thank you very much for taking this survey!
Please feel free to send this survey on to anyone who meet the inclusion criteria and might be
interested. You can copy and paste this link [ ], which will take them straight to the survey.
If you have any comments, suggestions or questions, please feel free to contact ***

非常感谢您参与本次问卷调查！

欢迎您将此问卷转发给符合参与条件并可能感兴趣的同事或朋友。您可以分享这个链接 [ ]，
他们点击后即可直接进入问卷填写页面。

如果您有任何意见、建议或疑问，欢迎随时联系***，邮箱地址为：***。
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Appendix 3: Semi-Structured Interview Questions/Guide 

The semi-structured interview will be conducted in Chinese, the participants' native language. The 
interview questions are provided below in Chinese, followed by an English translation for reference. 

Draft Interview Questions 

E (ii/r*[cR, 
VEV-) 

Could you please briefly introduce yourself (e.g., years of working, positions) and your school? (e.g., 
name, location, public/private school, status) 

ATvggA t- AI Literacy 

1. ZtruT41/1-[- ZAIMEA_ h (AI literacy) nftE)J? 
moth-Fi npvd-N? ) 

In your opinion, what is AI literacy? What competencies should it include? (Have you considered 
issues like ethics related to AI application?) 
2. 2StuT4rAithilEAPAN? )rriiiM- /11 1-1 fiV7IA? 
Do you think AI literacy is important? Is it necessary for teachers to improve their AI-related skills? 
3. ZtruT42.ViM<JAIMIEt niq? RAPAIJ nflE)JVYLit-i, rVAIJ ni EL ARIA? 121 

How would you assess your own AI literacy? In which areas do you perform well, and in which areas 
do you feel you lack competence? 
4. 2. ig-W-Mt nEnATMEAVA? 1 aT7# JI nEATMEAM<J? 
Are you willing to further enhance your AI literacy? How do you usually develop your AI-related 
competencies? 
5. twozwin 
How would you assess the overall AI literacy of your colleagues? 
6. 24;02.4vin n En AI APA? TEM% _ 

Aitro<r? 
Do you think your colleagues are willing to improve their AI literacy? Based on your observations, 
how do they usually work on developing their AI-related competencies? 
7. Ztru'i'41 AI h-Fi niv3t - Ava -4A- A? (yv/it ? ) 
Do you think AI-related continuing professional development (CPD) activities are necessary? (Why? 
How?) 
8. 2.tru'r .A. AI APV.ii--IA? 

To what extent do you think levels of AI literacy differ for teachers in public and private schools? 
What are the reasons for these differences if there are some? (What? Why? Who should be 
responsible for these differences/ improving teachers' AI literacy?) 

  AvaRlyaa- School support for AI-related CPD activities 

9. Ztru;f4WfiTi.- 11<T4-4-14 -/AANt 9I-1-11M1111 AI hEt 11<1443t  - kaRIWAIA? 

1;' a TA--11)2? 
Does your school encourages teachers to participate in AI-related CPD activities? What kind of 
support does your school provide? Do you think the support is sufficient? 
10. 1 WT': rl<T4-4- tIaLRFPA AT #1 CPD A--4711)2? 1Mt4ntly- -

MirMalA? fimi4riA-AfxAlA9F14-43t_- kaRm-4A-avimit 9I-Pfrin 
AvaRgvm? yv/1-[- _,02? 

4FA-1=)./k1
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Appendix 3: Semi-Structured Interview Questions/Guide
The semi-structured interview will be conducted in Chinese, the participants’ native language. The 
interview questions are provided below in Chinese, followed by an English translation for reference.

Draft Interview Questions

请您简单介绍一下您自己（工作年限，职位等）及所在的学校（名称，地域，学校类型，地

位等）

Could you please briefly introduce yourself (e.g., years of working, positions) and your school? (e.g., 
name, location, public/private school, status)

人工智能素养 AI Literacy

1. 您觉得什么是人工智能素养（AI literacy），它应该包含哪些方面的能力？（有关注到使
用伦理相关的内容吗？）

In your opinion, what is AI literacy? What competencies should it include? (Have you considered 
issues like ethics related to AI application?)
2. 您觉得人工智能素养重要吗？老师们有必要提升这方面能力吗？
Do you think AI literacy is important? Is it necessary for teachers to improve their AI-related skills? 
3. 您觉得您整体的人工智能素养如何？哪些方面的能力表现优秀，哪些方面比较欠缺？
How would you assess your own AI literacy? In which areas do you perform well, and in which areas 
do you feel you lack competence?
4. 您愿意继续提升自己的人工智能素养吗？您是如何提升自己人工智能素养的？
Are you willing to further enhance your AI literacy? How do you usually develop your AI-related 
competencies?
5. 您觉得您身边的同事老师们的人工素养如何？
How would you assess the overall AI literacy of your colleagues?
6. 您觉得您身边的同事老师们愿意提升自己的AI 素养吗？据您观察，他们是如何提升自身
人工素养的？

Do you think your colleagues are willing to improve their AI literacy? Based on your observations, 
how do they usually work on developing their AI-related competencies?
7. 您觉得AI 相关的持续专业发展活动有必要吗？(为什么？如何提升？）
Do you think AI-related continuing professional development (CPD) activities are necessary? (Why? 
How?)
8. 您觉得公立、私立学校英语老师的AI 素养有差异吗？有什么样的差异？为什么会有这样 
的差异？谁应该为这种差异负责呢？

To what extent do you think levels of AI literacy differ for teachers in public and private schools? 
What are the reasons for these differences if there are some? (What? Why? Who should be 
responsible for these differences/ improving teachers’ AI literacy?)

学校对于人工智能相关的专业发展的支持 School suppor t for AI-related CPD activities

9. 您觉得您所在的学校支持/鼓励老师们参加AI 相关的持续专业发展的活动吗？学校可以提
供哪些支持呢？这些支持充足吗？

Does your school encourages teachers to participate in AI-related CPD activities? What kind of 
support does your school provide? Do you think the support is sufficient?
10. 您所在的学校都提供哪些AI 相关的CPD 活动呢？您有足够的机会参与这些活动吗？您对
它们的数量、质量满意吗？你觉得这些促进教师持续专业发展的活动有没有满足老师们的

专业发展需要呢？为什么呢？
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What kinds of AI-related CPD activities does your school typically offer to support teachers' 
professional development? Do you have sufficient opportunities to participate in these activities? Are 
you satisfied with their quantity and quality? Do you think these activities meet teachers' professional 
development needs? Why or why not? 
11. Ztru'r4lz_ _AfrifLti:4-4- .A.- AI htotn CPD } J I-Pflif I u n 

To what extent do you think the opportunities for teachers in public and private schools to participate 
in AI-related CPD activities differ? What are the reasons for these differences if there are some? 
12. f's -1A.Yv-11M1Ajv ? ? 
Who do you think should be responsible for these differences? How should the government, schools, 
and teachers address or manage these disparities? 

121 

#tnATVggffl):1E)IkaRriT4flt 
13. f;144Z114 91-1-117 -AI htl niA--eklfMkaArl<VAIAIN? tWVAIIIVANt 9FPflit5 

)Ja -.1±-vA-402? liltwuJviazit rim? ) 
What do you think motivates teachers to engage in AI-related CPD activities? What is the primary 
motivation? Are they driven more by intrinsic or extrinsic factors? 
14. filf4141rAPAIIIAMV4Vriiiit5t AI h-Fi niA-43tc4kaanm? ItItV<J111 .Z/1-[- 02? 
What factors prevent teachers from participating in AI-related CPD activities? What do you think is 
the biggest barrier? 
15. f'„Walz_P-1-fr-IfLvtli"4-4-~Sc1 91-1-111t5- - h-Fi nfmkawA-mntly-fri-44,1-3 T-4-A.-to 

( mtn*T 4' —'AU)? ) 
/ 

To what extent do you think public and private school teachers may differ in terms of opportunities 
and motivation levels for participating in AI-related CPD activities? (Which group has more 
opportunities? Which group tends to be more motivated?) What do you think causes this difference? 
Who should be responsible for addressing it? 
16. filf44ZOVTAIEMITitz 9I--)11 -Z* AI htl niA--ek Akaanm? 
In your opinion, what can be done to better motivate teachers to engage in AI-related CPD activities? 
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What kinds of AI-related CPD activities does your school typically offer to support teachers' 
professional development? Do you have sufficient opportunities to participate in these activities? Are 
you satisfied with their quantity and quality? Do you think these activities meet teachers' professional 
development needs? Why or why not?
11. 您觉得公立和私立学校在AI 相关的CPD 方面给老师们提供的支持有差异吗？有怎样的差
异呢？为什么会有这样的差异？

To what extent do you think the opportunities for teachers in public and private schools to participate 
in AI-related CPD activities differ? What are the reasons for these differences if there are some?
12. 你认为谁应该为这样的差异负责？政府、学校、老师应该怎样对待、处理这些差异呢？
Who do you think should be responsible for these differences? How should the government, schools,
and teachers address or manage these disparities?

参加人工智能相关职业发展的动机
13. 你觉得老师们参与AI 相关的持续职业发展活动的动机强吗？都有哪些因素激励老师们参
加这些活动呢？最主要的动机又是什么呢？（更多受内在还是外在动机驱动呢？）

What do you think motivates teachers to engage in AI-related CPD activities? What is the primary 
motivation? Are they driven more by intrinsic or extrinsic factors?
14. 你觉得哪些因素阻碍老师们参加AI 相关的持续职业发展呢？最主要的因素又是什么呢？
What factors prevent teachers from participating in AI-related CPD activities? What do you think is
the biggest barrier?
15. 你觉得公立和私立学校的老师们参与AI 相关的职业发展活动的机会和动机水平存在怎样
的差异？（哪类学校的老师机会多一些、动机水平要高一些呢？）是什么导致了这种差异

呢？／谁应该对这种差异负责呢？
To what extent do you think public and private school teachers may differ in terms of opportunities 
and motivation levels for participating in AI-related CPD activities? (Which group has more 
opportunities? Which group tends to be more motivated?) What do you think causes this difference? 
Who should be responsible for addressing it?
16. 你觉得怎样才能更好的激励老师们去追求AI 相关的持续专业发展呢？
In your opinion, what can be done to better motivate teachers to engage in AI-related CPD activities?
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Appendix 4: CUREC Approval 

Applicant: LiW ang 

Principal Investigator: Elizabeth W onnacott 

Department: Education 

Study title: Chinese EFL Teachers' AI Literacy and Motivation for AI-Related CPD Activities: 
A Comparison Between Public and Private Schools 

(Version: 1.0) 

Ethics reference: Education (Educ) DREC - 1388905 

Dear Elizabeth W onnacott, 

On behalf of the Committee, I confirm that the above research study described in the application and 
other supporting documentation submitted to the committee has been carefully considered on behalf 
of the Education (Educ) DREC in accordance with the University's regulations and policy for ethics 
approval of research involving human participants, human tissue and/or personal data. The opinion is 
as follows: 

Opinion of Research Ethics Committee: Favourable Opinion 

Subject to the following conditions: 

Decision Date: 6 May 2025, 10:26 

Opinion End Date: 6 Nov 2026 

If favourable, insurance-provided indemnity arrangements will be in place between the decision date 
and opinion end date and you may now commence your study activities. Should you plan to continue 
the research beyond the end date above, it is your responsibility to ensure that you request, and 
receive, an extension (via amendment) from the committee for indemnity to remain in place. You 
may be required to provide a justification. 

Please note the following: 

Amendments: Should there be any subsequent changes to the reviewed study, applications for 
amendments can be made via the Oxford Ethics Application System (Worktribe Ethics). 

Reports: Studies considered by OxTREC are expected to submit an annual progress report on each 
anniversary of study approval, until the study is completed. An end of study report is also required. 

Audit: This study may be selected for audit at the discretion of the Research Governance, Ethics and 
Assurance Team. 

Data safety: It is the responsibility of the PI to ensure that all data collected during the course of the 
study is stored and transferred safely and securely in accordance with University requirements. 
Further guidance and advice are available from the Research Data Team. Additional information is 
available at https://researchsupport.web.ox.ac.uk/governance/ethics 

Yours Sincerely 

Education Ethics Officer 
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Appendix 4: CUREC Approval

Applicant: LiW ang

Pr incipal Investigator : Elizabeth W onnacott
Depar tment: Education

Study title: Chinese EFL Teachers’ AI Literacy and Motivation for AI-Related CPD Activities: 
A Compar ison Between Public and Pr ivate Schools

(Version: 1.0)

Ethics reference: Education (Educ) DREC - 1388905 

Dear Elizabeth W onnacott,

On behalf of the Committee, I confirm that the above research study described in the application and 
other supporting documentation submitted to the committee has been carefully considered on behalf 
of the Education (Educ) DREC in accordance with the University's regulations and policy for ethics 
approval of research involving human participants, human tissue and/or personal data. The opinion is 
as follows:

Opinion of Research Ethics Committee: Favourable Opinion

Subject to the following conditions:

Decision Date: 6 May 2025, 10:26

Opinion End Date: 6 Nov 2026

If favourable, insurance-provided indemnity arrangements will be in place between the decision date 
and opinion end date and you may now commence your study activities. Should you plan to continue 
the research beyond the end date above, it is your responsibility to ensure that you request, and 
receive, an extension (via amendment) from the committee for indemnity to remain in place. You 
may be required to provide a justification.

Please note the following:

Amendments: Should there be any subsequent changes to the reviewed study, applications for 
amendments can be made via the Oxford Ethics Application System (Worktribe Ethics).

Repor ts: Studies considered by OxTREC are expected to submit an on each
anniversary of study approval, until the study is completed. An end of study report is also required.

Audit: This study may be selected for audit at the discretion of the Research Governance, Ethics and 
Assurance Team.

Data safety: It is the responsibility of the PI to ensure that all data collected during the course of the 
study is stored and transferred safely and securely in accordance with University requirements. 
Further guidance and advice are available from the Research Data Team. Additional information is 
available at https://researchsupport.web.ox.ac.uk/governance/ethics

Yours Sincerely

Education Ethics Officer
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Appendix 5: Participant Information Sheet 

Chinese EFL Teachers' Al Literacy and Motivation for AI-Related CPD Activities: A 
Comparison Between Public and Private Schools 

PARTICIPANT INFORMATION SHEET 

Central University Research Ethics Committee Approval Reference: [EDUC_1388905] 

Introductory paragraph 

You are being invited to take part in a research project. Before you decide it is important 

for you to understand why the research is being done and what it will involve. Please take 
time to read the following information carefully and discuss it with others if you wish. Ask 

us if there is anything that is not clear or if you would like more information. Take time to 

decide whether you wish to take part. 

Why is this research being conducted? 

The rapid emergence and increasingly widespread adoption of artificial intelligence (AI) 

across various fields have made it essential for individuals to develop the ability to 

understand and utilize AI effectively and properly. AI literacy, a newly emerging concept, 

involves four key dimensions: a) Knowing and Understanding AI (KUAI); b) Applying AI (AAI); 
c) Evaluating AI Application (EAIA); d) AI Ethics (AIE) (Ng et al., 2021). In the field of 

education, teachers play a critical role in guiding students to use AI responsively and 

effectively, which requires them to be equipped with a high level of AI literacy. 

This study aims to investigate Chinese EFL (English as a Foreign Language) teachers' AI 
literacy levels and their motivation to engage in AI-related Continuing Professional 

Development (CPD) activities, comparing teachers from public and private schools 

regarding these aspects. The findings of the research may offer insights into how to 

improve EFL teachers' AI literacy and provide recommendations for designing more 

effective AI-related CPD activities. 

Why have I been invited to take part? 

You have been invited to participate as you are English teachers in secondary schools, 

whether public or private schools, in four Tier-1 cities in China, including Beijing, Shanghai, 

Guangzhou, and Shenzhen. You have completed the questionnaire and showed interest in 
the follow-up interview. Approximately 20 interviews will be conducted. 

Do I have to take part? 

No. It is up to you to decide whether to take part. You can withdraw yourself from the 
research, without giving a reason, by advising me of this decision. If you complete the 

interview but would like to withdraw the data you have contributed, you should email the 

researcher within two weeks of the interview. After data anonymization (e.g. removal of 

voice identifier, pseudonym replacement) and data analysis, data withdrawal will no longer 
be possible. 

What will happen to me if I take part in the research? 

The interview will be conducted and recorded online via Microsoft Teams. 
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Appendix 5: Participant Information Sheet

Chinese EFL Teachers’ AI Literacy and Motivation for AI-Related CPD Activities: A 
Comparison Between Public and Private Schools

PARTICIPANT INFORMATION SHEET

Central Univers ity Research Ethics Committee Approval Reference: [EDUC_1388905]

Introductory paragraph

You are being invited to take part in a research project. Before you decide it is important 
for you to unders tand why the research is being done and what it will involve. Please take 
time to read the following information carefully and discuss it with others if you wish. Ask 
us if there is anything that is not clear or if you would like more information. Take time to 
decide whether you wish to take part.

Why is this research being conducted?

The rapid emergence and increas ingly widespread adoption of artificial intelligence (AI) 
across various fields have made it essential for individuals to develop the ability to 
unders tand and utilize AI effectively and properly. AI literacy, a newly emerging concept, 
involves four key dimens ions : a) Knowing and Unders tanding AI (KUAI); b) Applying AI (AAI);
c) Evaluating AI Application (EAIA); d) AI Ethics (AIE) (Ng et al., 2021). In the field of
education, teachers play a critical role in guiding s tudents to use AI respons ively and 
effectively, which requires them to be equipped with a high level of AI literacy.
This s tudy aims to inves tigate Chinese EFL (English as a Foreign Language) teachers ' AI
literacy levels and their motivation to engage in AI-related Continuing Profess ional 
Development (CPD) activities , comparing teachers from public and private schools 
regarding these aspects . The findings of the research may offer ins ights into how to 
improve EFL teachers’ AI literacy and provide recommendations for des igning more 
effective AI-related CPD activities .

Why have I been invited to take part?

You have been invited to participate as you are English teachers in secondary schools , 
whether public or private schools , in four Tier-1 cities in China, including Beijing, Shanghai, 
Guangzhou, and Shenzhen. You have completed the ques tionnaire and showed interes t in 
the follow-up interview. Approximately 20 interviews will be conducted.

Do I have to take part?

No. It is up to you to decide whether to take part. You can withdraw yourself from the 
research, without giving a reason, by advis ing me of this decis ion. If you complete the 
interview but would like to withdraw the data you have contributed, you should email the 
researcher within two weeks of the interview. After data anonymization (e.g. removal of 
voice identifier, pseudonym replacement) and data analys is , data withdrawal will no longer 
be poss ible.
What will happen to me if I take part in the research?

 The interview will be conducted and recorded online via Microsoft Team s.
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To facilitate a more engaging and interactive discussion, I kindly request that you 

enable your camera during the session. However, if you are uncomfortable with 

video recording, you may choose to turn off your camera and participate via audio 

only. 

You will receive the consent form via email, and I kindly request that you return it as 

soon as possible before we conduct the interview. 

With your consent, I would like to video record and transcribe the interview to 

ensure an accurate and comprehensive record of our conversation for future 

analysis. As soon as the transcription has been checked, we will delete the video 

and audio, and only the transcript will be retained. Any personal information (e.g. 

your name, years of working, and school name) will be redacted from the 

transcripts. 

The interview lasts for approximately 30 minutes, and you only need to participate in 

the interview once. 

You will be asked open-ended questions about your understanding of Alliteracy, 

experiences about Al-related activities, and attitudes towards those activities. 

You can ask to pause or stop the interview at any time. 

What are the possible disadvantages and risks in taking part? 

I sincerely appreciate your time and effort in participating in this research. My goal is to 

make the interview engaging, comfortable, and respectful of your perspectives. If at any 

point you feel uncomfortable or prefer not to answer certain questions, please let me know, 

and we can adjust or skip those questions. Additionally, I would like to assure you that all 

data collected will be anonymized during analysis and in any research outputs (e.g., the 

dissertation). No personally identifiable information will be included, and your participation 

will remain confidential. 

Are there any benefits in taking part? 

While there are no immediate benefits for participants participating in the research, it is 

hoped that this research will lead to a better understanding of EFL teachers' AI literacy and 

motivation towards AI-related CPD activities, which may provide insights in the provision of 

AI-related CPD. 

What information will be collected and why is the collection ofthis information relevant for 

achieving the research objectives? 

We will collect information relevant to answering our research questions which will include 

years of working and school type/name. The name of the school and any personal 

information will be redacted from the interview transcripts and not included in any 

publications. The interview will explore key topics including your understanding of AI 

literacy, exposure to Al-related CPD activities, perceptions of the effectiveness, motivation 

for those activities, and challenges in participating relevant CPD activities. The interview is 

expected to last approximately 30 minutes. 
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To facilitate a m ore engaging and interactive discussion, I kindly request that you 
enable your cam era during the session. However, if you are uncom fortable with 
video recording, you m ay choose to turn off your cam era and participate via audio 
only.
You will receive the consent form via em ail, and I kindly request that you return it as
soon as possible before we conduct the interview.
With your consent, I would like to video record and transcribe the interview to 
ensure an accurate and comprehens ive record of our conversation for future 
analys is . As soon as the transcription has been checked, we will delete the video 
and audio, and only the transcript will be retained. Any personal information (e.g. 
your name, years of working, and school name) will be redacted from the 
transcripts .
The interview lasts for approxim ately 30 m inutes, and you only need to participate in
the interview once.
You will be asked open-ended questions about your understanding of AI literacy, 
experiences about AI-related activities, and attitudes towards those activities.
You can ask to pause or stop the interview at any tim e.

What are the possible disadvantages and risks in taking part?

I sincerely appreciate your tim e and effort in participating in this research. My goal is to 
m ake the interview engaging, com fortable, and respectful of your perspectives. If at any 
point you feel uncom fortable or prefer not to answer certain questions, please let m e know, 
and we can adjust or skip those questions. Additionally, I would like to assure you that all 
data collected will be anonym ized during analysis and in any research outputs (e.g., the 
dissertation). No personally identifiable inform ation will be included, and your participation 
will rem ain confidential.

Are there any benefits in taking part?

While there are no immediate benefits for participants participating in the research, it is 
hoped that this research will lead to a better unders tanding of EFL teachers ’ AI literacy and 
motivation towards AI-related CPD activities , which may provide ins ights in the provis ion of 
AI-related CPD.

What information will be collected and why is the collection of this information relevant for 
achieving the research objectives?

We will collect inform ation relevant to answering our research questions which will include 
years of working and school type/nam e. The nam e of the school and any personal 
inform ation will be redacted from the interview transcripts and not included in any 
publications. The interview will explore key topics including your understanding of AI 
literacy, exposure to AI-related CPD activities, perceptions of the effectiveness, m otivation 
for those activities, and challenges in participating relevant CPD activities. The interview is 
expected to last approxim ately 30 m inutes.
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The interview will be recorded on Microsoft Teams, including video and audio. After the 

interview has been transcribed the original video and audio will be deleted. In the 

transcription, we will replace your name and the name of the school with pseudonyms. 

During the study we keep a linkage file which links you to your pseudonym, but this will be 

deleted at the end of the study. All of your data will be stored in a password-protected 

electronic file on University of Oxford secure servers. The findings will be used in the 

researcher 's MSc dissertation and possibly written up for publication or presented at 

academic conferences. You will not be identifiable. 

The researcher and the supervisorwill have access to the research data. 

Identifiable data (including consent forms) will be stored in a password-protected 

electronic file on University of Oxford secure servers for 3 years afterthe submission ofthe 
dissertation. 

Willthe research be published? Could Ibe identified from any publications or other 

research outputs? 

The findings from the research will be written up in a dissertation, and the participants are 

not identifiable from the data and the research outputs. 

A copy of my dissertation will be deposited online in the Oxford University Research 

Archive where it will be publicly available to facilitate its use in future research. The 

research may also later be written up for a publication in an academic journal and 
presented at research conferences. 

Data Protection 

The University of Oxford is the data controller with respect to your personal data, and as 

such will determine how your personal data is used in the research. The University will 

process your personal data for the purpose of the research outlined above. Research is a 

task that is performed in the public interest. Further information about your rights with 
respect to your personal data is available from the University's Information Compliance 

website at https://compliance.admin.ox.ac.uk/individual-rights. 

Who has reviewed this research? 

This research has received ethics approval from a subcommittee of the University of 

Oxford Central University Research Ethics Committee. (Ethics reference: EDUC_1388905). 

Who do I contact if I have a concern about the research or I wish to complain? 

If you have a concern about any aspect of this research, please contact Li Wang via 
li.wang !Yellogg .ox.ac .uk or Elizabeth Wonnacott via 

elizabeth.wonnacott*ducation.ox.ac.uk, and we will do our best to answer your query. 

We will acknowledge your concern within 10 working days and give you an indication of 

how it will be dealt with. If you remain unhappy or wish to make a formal complaint, please 

contact the University of Oxford Research Governance, Ethics &Assurance (RGEA) team 

at rgea.complaints@admin.ox.ac.uk or on +44 (0)1865 616480. 

Further Information and Contact Details 
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The interview will be recorded on Microsoft Team s, including video and audio. After the 
interview has been transcribed the original video and audio will be deleted. In the 
transcription, we will replace your nam e and the nam e of the school with pseudonym s. 
During the study we keep a linkage file which links you to your pseudonym , but this will be 
deleted at the end of the study. All of your data will be stored in a password-protected 
electronic file on University of Oxford secure servers. The findings will be used in the 
researcher ’ s MS c dissertation and possibly written up for publication or presented at 
academ ic conferences. You will not be identifiable.

The researcher and the supervisor will have access to the research data.

Identifiable data (including consent forms) will be s tored in a password-protected 
electronic file on Univers ity of Oxford secure servers for 3 years after the submiss ion of the 
dissertation.

Will the research be published? Could I be identified from any publications or other 
research outputs?

The findings from the research will be written up in a dissertation, and the participants are 
not identifiable from the data and the research outputs.

A copy of my dissertation will be depos ited online in the Oxford Univers ity Research 
Archive where it will be publicly available to facilitate its use in future research. The 
research may also later be written up for a publication in an academic journal and 
presented at research conferences .

Data Protection

The Univers ity of Oxford is the data controller with respect to your personal data, and as 
such will determine how your personal data is used in the research. The Univers ity will 
process your personal data for the purpose of the research outlined above. Research is a 
task that is performed in the public interes t. Further information about your rights with 
respect to your personal data is available from the Univers ity’s Information Compliance 
webs ite at https ://compliance.admin.ox.ac.uk/individual-rights .

Who has reviewed this research?

This research has received ethics approval from a subcommittee of the Univers ity of 
Oxford Central Univers ity Research Ethics Committee. (Ethics reference: EDUC_1388905).

Who do I contact if I have a concern about the research or I wish to complain?

If you have a concern about any aspect of this research, please contact Li Wang via
li.wang@kellogg.ox.ac.uk or Elizabeth Wonnacott via
elizabeth.wonnacott@education.ox.ac.uk, and we will do our bes t to answer your query. 
We will acknowledge your concern within 10 working days and give you an indication of 
how it will be dealt with. If you remain unhappy or wish to make a formal complaint, please 
contact the Univers ity of Oxford Research Governance, Ethics & Assurance (RGEA) team 
at rgea.complaints@admin.ox.ac.uk or on +44 (0)1865 616480.

Further Information and Contact Details
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If you would like to discuss the research with someone beforehand (or if you have 

questions afterwards), please contact: 

Li Wang 

Department of Education 
University of Oxford 

15 Norham Gardens, Oxford OX2 6PY 

University email: li.wang@kellogg.ox.ac.uk 
University tel: +44 (0)7561 540374 
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If you would like to discuss the research with someone beforehand (or if you have 
ques tions afterwards), please contact:

Li Wang
Department of Education
Univers ity of Oxford
15 Norham Gardens , Oxford OX2 6PY
Univers ity email: li.wang@kellogg.ox.ac.uk
Univers ity tel: +44 (0) 7561 540374
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Appendix 6: Consent Forms 

Consent to take part in 

Chinese EFL Teachers' Al Literacy and Motivation for Al-Related 
CPD Activities: A Comparison Between Public and Private Schools 

Central University Research Ethics Committee (CUREC) approval reference: 
EDUC_1388905 

Purpose of Study: This research is to investigate Chinese EFL (English as a Foreign 

Language)teachers' AI literacy levels and their motivation to engage in AI-related 

Continuing Professional Development (CPD) activities, comparing teachers from 

public and private schools regarding these aspects. 

I confirm that I have read and understand the information sheet for the 

above research. I have had the opportunity to consider the information, 

ask questions and have had these answered satisfactorily. 

I understand that my participation is voluntary and that I am free to 

withdraw at any point within two weeks of the interview, until 1

without giving any reason. 

I understand who will have access to personal data provided, how the 
data will be stored and what will happen to the data at the end of the 

project. 

I understand that I will not be identifiable from any publications. 

I consent to being audio and video recorded. 

Please initial 
each box if you 

agree with the 
statement 

The exact date will be updated once the interview is scheduled with the interviewee. 
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Consent to take part in

Chinese EFL Teachers’ AI Literacy and Motivation for AI-Related 
CPD Activities: A Comparison Between Public and Private Schools

Central Univers ity Research Ethics Committee (CUREC) approval reference:
EDUC_1388905

Purpose of Study: This research is to inves tigate Chinese EFL (English as a Foreign 
Language) teachers ' AI literacy levels and their motivation to engage in AI-related 
Continuing Profess ional Development (CPD) activities , comparing teachers from 
public and private schools regarding these aspects .

Please initial 
each box if you
agree with the

statement

I confirm that I have read and unders tand the information sheet for the
above research. I have had the opportunity to cons ider the information,
ask ques tions and have had these answered satis factorily.

I unders tand that my participation is voluntary and that I am free to
withdraw at any point within two weeks of the interview, until______1,
without giving any reason.

I unders tand who will have access to personal data provided, how the
data will be s tored and what will happen to the data at the end of the
project.

I unders tand that I will not be identifiable from any publications .

I consent to being audio and video recorded.

The exact date will be updated once the interview is scheduled with the interviewee.1
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I understand how audio recordings and videos will be used in research 
outputs. 

Use of quotations: Please indicate your preference (select one option): 

a)I agree to the use of quotations in research outputs if I am not 

identifiable. or 

b)I agree to the use of direct quotations, attributed to my name, in 

research outputs. or 

c)I do not wish to be quoted. 

I give permission for you to contact me again to clarify information. 

I understand how to raise a concern or make a complaint. 

I agree to take part and thereby assign to the researcher all copyright in 

my contribution for use in all work stemming from this project and future 

projects. 

I agree that my personal contact details can be retained in a secure 
database so that the researchers can contact me about future studies. 

Name of participant 

Name of person taking 

consent 

YES / 
NO 

Date Signature 

Date Signature 
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I unders tand how audio recordings and videos will be used in research
outputs .

Use of quotations : Please indicate your preference (select one option):

a) I agree to the use of quotations in research outputs if I am not 
identifiable. or

b)I agree to the use of direct quotations , attributed to my name, in
research outputs . or

c) I do not wish to be quoted.

I give permiss ion for you to contact me again to clarify information.

I unders tand how to raise a concern or make a complaint.

I agree to take part and thereby ass ign to the researcher all copyright in
my contribution for use in all work s temming from this project and future
projects .

I agree that my personal contact details can be retained in a secure YES /
database so that the researchers can contact me about future s tudies . NO

______________________ 

Name of participant

______________________

Name of person taking 
consent

dd / mm / yyyy

Date

dd / mm / yyyy

Date
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______________________

Signature

______________________

Signature



Appendix 7: Questionnaire Coding Scheme 

V ariable nam e L ab et() uestion T ext R esponse Type V Ale Lab les/C oding 

KUAI 1-5 

5 item s assessing 

teachers' know ing and 

understanding ofA I L left (1-5) 

1-5= strongly disagree 1k 2 + ri I b„ 

disgree + ri qb„ neutral illIA, disgree + 

ri q b„ strongly agree 1k %-' n-0, 

AA I 1-5 

5 item s assessing 

teachers' application of 

A I L left (1-5) 

1-5= strongly disagree 1k 2 + ri I b„ 

disgree +n b„ neutral illIA, disgree + 

ri q b„ strongly agree 1 k %-' H ,0", 

EA IA 1-5 

5 item s assessing 

teachers' evaluation ofA I 

application L left (1-5) 

1-5= strongly disagree 1k 2 + ri I b„ 

disgree + ri qb„ neutral illIA, disgree + 

ri q b„ strongly agree 1k %-' H ,-0, 

A IE 1-5 

5 item s assessing 

teachers' A I ethics L left (1-5) 

1- 5= strongly disagree 1 k 2 + ri I b„ 

disgree + ri qb„ neutral illIA, disgree + 

ri q b„ strongly agree 1k %-' H ,-0, 

competence 1-5 

5 item s assessing 

competence support 

teachers have received L lett (1-6) 

1-6= strongly disagree 1 k 2 + ri I b„ 

disagree + PI b„ slightly disagree h ., 

+ n,, slightly agree - h -, ri q b„ agree 

ri q b„ strongly agree 1k %-' H ,-0, 

autonom y 1-5 

5 item s assessing 

autonom y support 

teachers have received L lett (1-6) 

1-6= strongly disagree 1 k 2 + ri I b„ 

disagree + PI b„ slightly disagree h ., 

+ n,, slightly agree - h -, n,, agree 

ri q b„ strongly agree 1k %-' H ,-0, 

collegial 1-5 

5 item s assessing 

collegial support teachers 

have received L left (1-6) 

1-6= strongly disagree 1 k 2 + ri I b„ 

disagree + PI b„ slightly disagree h ., 

+INA, slightly agree - h -, ri q b„ agree 

ri q b„ strongly agree 1k %-' H ,-0, 

am otivation 1-3 

3 item s assessing 

teachers' am otivation L left (1-6) 

1-6= strongly disagree 1 k 2 + ri I b„ 

disagree + n,, slightly disagree h ., 

+ n,_„ slightly agree - h -, ri q b„ agree 

ri q b„ strongly agree 1k %-' H ,-0, 

external 1-5 

5 item s assessing 

teachers' external 

regulation L left (1-6) 

1-6= strongly disagree

disagree +rilb„ slightly disagree

+ H b„ slightly agree - h -, ri q b„ agree 
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Appendix 7: Questionnaire Coding Scheme

V ariable nam e Label/Q uestion Text R esponse Type V alue Lables/Coding

K U A I_1-5

5 item sassessing

teachers'knowing and

understanding ofA I Likert(1-5)

1-5=strongly disagree 非常不同意,

disgree 不同意,neutral 中立,disgree 不 

同意,strongly agree 非常同意

AAI_1-5

5 item sassessing

teachers'application of

A I Likert(1-5)

1-5=strongly disagree 非常不同意,

disgree 不同意,neutral 中立,disgree 不 

同意,strongly agree 非常同意

EAIA _1-5

5 item sassessing

teachers'evaluation ofAI 

application Likert(1-5)

1-5=strongly disagree 非常不同意,

disgree 不同意,neutral 中立,disgree 不 

同意,strongly agree 非常同意

AIE_1-5

5 item sassessing

teachers' A Iethics Likert(1-5)

1-5=strongly disagree 非常不同意,

disgree 不同意,neutral 中立,disgree 不 

同意,strongly agree 非常同意

com petence_1-5

5 item sassessing

com petence support

teachershave received Likert(1-6)

1-6=strongly disagree 非常不同意,

disagree 不同意,slightly disagree 有点

不同意,slightly agree 有点同意,agree 

同意,strongly agree 非常同意

autonom y_1-5

5 item sassessing

autonom y support

teachershave received Likert(1-6)

1-6=strongly disagree 非常不同意,

disagree 不同意,slightly disagree 有点

不同意,slightly agree 有点同意,agree 

同意,strongly agree 非常同意

collegial_1-5

5 item sassessing

collegialsupportteachers 

have received Likert(1-6)

1-6=strongly disagree 非常不同意,

disagree 不同意,slightly disagree 有点

不同意,slightly agree 有点同意,agree 

同意,strongly agree 非常同意

am otivation_1-3

3 item sassessing

teachers'am otivation Likert(1-6)

1-6=strongly disagree 非常不同意,

disagree 不同意,slightly disagree 有点

不同意,slightly agree 有点同意,agree 

同意,strongly agree 非常同意

external_1-5

5 item sassessing

teachers'external

regulation Likert(1-6)

1-6=strongly disagree 非常不同意,

disagree 不同意,slightly disagree 有点 

不同意,slightly agree 有点同意,agree
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ri q b„ strongly agree it  g H ,-0, 

intro j!cted 1-5 

5 item s assessing 

teachers' intro j!cted 

regulation Llert (1-6) 

1-6= strongly disagree 1 k 2 + ril b„ 

disagree + PI b„ slightly disagree - h -, 

+INA, slightly agree - h -, ri q b„ agree 

n,, strongly agree it  g H ,-0, 

identified 1-5 

5 item s assessing 

teachers' identified 

regulation Llert (1-6) 

1-6= strongly disagree 1 k 2 + ril b„ 

disagree + PI b„ slightly disagree h, 

+ ri q b„ slightly agree - h -, ri q b„ agree 

n,, strongly agree it  g H ,-0, 

intrinsic 1-5 

5 item s assessing 

teachers' intrinsic 

motivation Llert (1-6) 

1-6= strongly disagree 1 k 2 + ril b„ 

disagree + PI b„ slightly disagree h, 

+INA, slightly agree - h -, ri q b„ agree 

ri q b„ strongly agree it  g H ,-0, 

im peding factors m ultiple choices 

1= the choice is chosen; 0= the choice is not 

chosen 

literacy difference m ultiple choices 

1-3=Y es,significantly zn , Vdi -V. 
)C,Y es, slightly zn, IA v. R__ , N o, 

aim ostthe sam e aA- , 4 ikhfl ril 

higher literacy m ultiple choices 

1-2=public schools lz_ _A:1-17)e, private 

schools fLA:4-4-,73-Le

support difference m ultiple choices 

1-3=Y es,significantly zn , Vdi -V. 
)C,Y es, slightly zn, IA v. R__ , N o, 

aim ostthe sam e aA- , 4 ikhfl ril 

m ore support m ultiple choices 

1-2=public schools lz_ _A:1-17)e, private 

schools fLA:4-4-,73-Le

m otivation 

difference m ultiple choices 

1-3=Y es,significantly zn , Vdi -V. 
)C,Y es, slightly zn, IA v. R__ , N o, 

aim ostthe sam e aA- , 4 ikhfl ril 

higher m otivation m ultiple choices 

1-2=public schools lz_ _A:1-17)e, private 

schools fLA:4-4-,73-Le
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同意,strongly agree 非常同意

introjected_1-5

5 item sassessing

teachers'introjected

regulation Likert(1-6)

1-6=strongly disagree 非常不同意,

disagree 不同意,slightly disagree 有点

不同意,slightly agree 有点同意,agree 

同意,strongly agree 非常同意

identified_1-5

5 item sassessing

teachers'identified

regulation Likert(1-6)

1-6=strongly disagree 非常不同意,

disagree 不同意,slightly disagree 有点

不同意,slightly agree 有点同意,agree 

同意,strongly agree 非常同意

intrinsic_1-5

5 item sassessing

teachers'intrinsic

m otivation Likert(1-6)

1-6=strongly disagree 非常不同意,

disagree 不同意,slightly disagree 有点

不同意,slightly agree 有点同意,agree 

同意,strongly agree 非常同意

im peding_factors m ultiple choices

1=the choice ischosen;0=the choice isnot

chosen

literacy_difference m ultiple choices

1-3=Y es,significantly 是的，差异很

大,Yes,slightly 是的，有些差异,No,

alm ostthe sam e 没有，基本相同

higher_literacy m ultiple choices

1-2=public schools 公立学校,private

schools 私立学校

support_difference m ultiple choices

1-3=Y es,significantly 是的，差异很

大,Yes,slightly 是的，有些差异,No,

alm ostthe sam e 没有，基本相同

m ore_support m ultiple choices

1-2=public schools 公立学校,private

schools 私立学校

m otivation_

difference m ultiple choices

1-3=Y es,significantly 是的，差异很

大,Yes,slightly 是的，有些差异,No,

alm ostthe sam e 没有，基本相同

higher_m otivation m ultiple choices

1-2=public schools 公立学校,private

schools 私立学校
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literacy 

responsibility ranking 1-3=rank 1st 2nd, 3rd 

m otivation 

responsibility ranking 1-3=rank 1st 2nd, 3rd 

gender multiple choices 1-2=m ale A' , fem ale A 

education multiple choices 

1-4=below bachelor's degree, bachelor's 

degree, m aster's degree, above m aster's 

degree 

years of working m ultiple choices 1 3=1 3years, 4—10years, over lOyears 

age range multiple choices 1-5=under25, 25-34, 35-44,45-54,55+ 

educational stage m ultiple choices 

1-2= juniorhigh school )] it, seniorhigh 

school 4 it 

school type m ultiple choices 

1-3=public schools lk_ti:4-4-/Se, private 

schools (gaokao-oriented)R\ A 4' = /3-e. ( 4 
}j A),private schools (intemational)R\ A 

4' -4-Se ( Ill Fif\-4-4- ,Se) 

school location m ultiple choices 

1-4=beijing jMshanghai I. 

* , g-u an gzhou rjtl, shenzhen i;)&gl 

positions m ultiple choices 

1-4= english teacher )"-- ig 9ri, english 

teacher+one adm inistrative role X ig 9i5 

+—  li 4-0 ₹ I 4; tr. , english teacher+2 or 

m ore adm inistrative roles )"-- ig 9F-i+M 

li A 4-0 a1 p'(1., english 

teacher+other roles notm entioned pia 

ifI-i+MLITP,VE 
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literacy_

responsibility ranking 1-3=rank 1st,2nd,3rd

m otivation_

responsibility ranking 1-3=rank 1st,2nd,3rd

gender m ultiple choices 1-2=m ale 男,fem ale 女

education m ultiple choices

1-4=below bachelor'sdegree,bachelor's

degree,m aster'sdegree,above m aster's

degree

years_of_working m ultiple choices 1-3=1-3years,4-10years,over10years

age_range m ultiple choices 1-5=under25,25-34,35-44,45-54,55+

educational_stage m ultiple choices

1-2=juniorhigh school 初中,seniorhigh

school 高中

school_type m ultiple choices

1-3=public schools 公立学校,private

schools(gaokao-oriented)私立学校（高考 

方向),private schools(international)私立

学校（国际学校）

school_location m ultiple choices

1-4=beijing 北京,shanghai 上

海,guangzhou 广州,shenzhen 深圳

positions m ultiple choices

1-4=english teacher 英语老师,english

teacher+one adm inistrative role 英语老师 

+一个管理职位,english teacher+2 or

m ore adm inistrative roles 英语老师+两

个或更多管理职位,english

teacher+otherrolesnotm entioned 英语老 

师+其他职位
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Appendix 8: Test for Instrument Reliability: Cronbach's Alpha 

D im ension R aw A 1pha Std _A 1pha A vg _R 

A I literacy 0.91 0.908 0.33 

KUAI 0.623 0.618 0.245 

AA I 0.793 0.797 0.44 

EA IA 0.801 0.798 0.442 

A IE 0.911 0.912 0.674 

School support 0.948 0.948 0.547 

competence 0.924 0.924 0.71 

autonomy 0.889 0.889 0.616 

collegial 0.91 0.91 0.668 

M otivation 0.822 0.84 0.186 

am otivation 0.849 0.85 0.653 

external 0.728 0.723 0.343 

intro j!cted 0.765 0.771 0.402 

identified 0.859 0.861 0.553 

intrinsic 0.855 0.858 0.548 

Appendix 8: Test for Instrument Reliability: Cronbach’s Alpha

D im ension R aw_A lpha Std_A lpha A vg_R

A I_literacy 0.91 0.908 0.33

K U A I 0.623 0.618 0.245

A A I 0.793 0.797 0.44

EA IA 0.801 0.798 0.442

A IE 0.911 0.912 0.674

School_support 0.948 0.948 0.547

com petence 0.924 0.924 0.71

autonom y 0.889 0.889 0.616

collegial 0.91 0.91 0.668

M otivation 0.822 0.84 0.186

am otivation 0.849 0.85 0.653

external 0.728 0.723 0.343

introjected 0.765 0.771 0.402

identified 0.859 0.861 0.553

intrinsic 0.855 0.858 0.548
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Appendix 9: Normality Tests for Wilcoxon Rank-Sum Test 

V ariab le Group N Skewness Kurtosis Shapiro p Nom ality 

AI 

Literacy 
Public 68 - 1.345 1.998 0 No 

KU AI Public 68 - 1.731 4.698 0 No 

AA I Public 68 - 1.365 1.86 0 No 

EA IA Public 68 - 1.309 1.048 0 No 

A IE Public 68 - 1.223 0.074 0 No 

AI 

Literacy 
Private 65 - 0.133 - 0.291 0.0229 No 

KU AI Private 65 - 0.353 0.502 0.036 No 

AA I Private 65 - 0.694 1.691 0.0021 No 

EA IA Private 65 - 0.066 - 0.41 0.0227 No 

A IE Private 65 - 0.724 0.051 0.0045 No 

Variable Group N Skewness Kurtosis Shap irop Nom ality 

School 

Support 
Public 68 - 1.111 0.239 0 No 

competence Public 68 - 0.866 - 0.649 0 N o 

autonomy Public 68 - 0.921 - 0.227 0 No 

collegial Public 68 - 1.579 1.758 0 No 

School 

Support 
Private 65 - 0.526 - 0.625 0.0085 No 

competence Private 65 - 0.413 - 0.637 0.0326 N o 

autonomy Private 65 - 0.931 0.272 0.0003 No 

collegial Private 65 - 0.945 0.49 0.0005 No 

Variable Group N Skewness Kurtosis Shapiro p Normality 

Motivation Public 68 - 1.481 2.004 0 N o 
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Appendix 9: Normality Tests for Wilcoxon Rank-Sum Test

V ariable G roup N Skewness K urtosis Shapiro_p N orm ality

A I

Literacy
Public 68 -1.345 1.998 0 N o

K U A I Public 68 -1.731 4.698 0 N o

A A I Public 68 -1.365 1.86 0 N o

EA IA Public 68 -1.309 1.048 0 N o

A IE Public 68 -1.223 0.074 0 N o

A I

Literacy
Private 65 -0.133 -0.291 0.0229 N o

K U A I Private 65 -0.353 0.502 0.036 N o

A A I Private 65 -0.694 1.691 0.0021 N o

EA IA Private 65 -0.066 -0.41 0.0227 N o

A IE Private 65 -0.724 0.051 0.0045 N o

V ariable G roup N Skewness K urtosis Shapiro_p N orm ality

School

Support
Public 68 -1.111 0.239 0 N o

com petence Public 68 -0.866 -0.649 0 N o

autonom y Public 68 -0.921 -0.227 0 N o

collegial Public 68 -1.579 1.758 0 N o

School

Support
Private 65 -0.526 -0.625 0.0085 N o

com petence Private 65 -0.413 -0.637 0.0326 N o

autonom y Private 65 -0.931 0.272 0.0003 N o

collegial Private 65 -0.945 0.49 0.0005 N o

V ariable G roup N Skewness K urtosis Shapiro_p N orm ality

M otivation Public 68 -1.481 2.004 0 N o
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A utonom ous 

M otivation 
Public 68 - 2.296 6.388 0 No 

E xtemal 

M otivation 
Public 68 - 1.062 0.177 0 No 

amotivation Public 68 1.189 1.132 0 No 

external Public 68 - 0.841 0.039 0.0002 No 

intro j!cted Public 68 - 1.206 0.948 0 No 

identified Public 68 - 2.372 7.12 0 No 

intrinsic Public 68 - 1.974 4.546 0 No 

M otivation Private 65 - 0.321 0.343 0.384 Yes 

A utonom ous 

M otivation 
Private 65 - 1.02 1.301 0.0001 No 

E xtemal 

M otivation 
Private 65 0.232 0.249 0.7818 Yes 

amotivation Private 65 0.932 0.328 0 No 

external Private 65 0.401 - 0.239 0.2516 Yes 

intro j!cted Private 65 - 0.163 - 0.453 0.5105 Yes 

identified Private 65 - 1.33 2.957 0 No 

intrinsic Private 65 - 0.906 0.571 0.0001 No 

A utonom ous

M otivation
Public 68 -2.296 6.388 0 N o

External

M otivation
Public 68 -1.062 0.177 0 N o

am otivation Public 68 1.189 1.132 0 N o

external Public 68 -0.841 0.039 0.0002 N o

introjected Public 68 -1.206 0.948 0 N o

identified Public 68 -2.372 7.12 0 N o

intrinsic Public 68 -1.974 4.546 0 N o

M otivation Private 65 -0.321 0.343 0.384 Y es

A utonom ous

M otivation
Private 65 -1.02 1.301 0.0001 N o

External

M otivation
Private 65 0.232 0.249 0.7818 Y es

am otivation Private 65 0.932 0.328 0 N o

external Private 65 0.401 -0.239 0.2516 Y es

introjected Private 65 -0.163 -0.453 0.5105 Y es

identified Private 65 -1.33 2.957 0 N o

intrinsic Private 65 -0.906 0.571 0.0001 N o
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Appendix 10: Normality Tests for Spearman's Correlation 

Name N Skewness Kurtosis Shapiro p Norm ality 

A I L iteracy 133 - 1.063 2.089 0 No 

School Support 133 - 0.841 - 0.174 0 No 

competence (School Support) 133 - 0.628 - 0.741 0 No 

autonomy (SchoolSupport) 133 - 0.959 0.089 0 No 

collegial 6chool Support) 133 - 1.22 0.913 0 No 

M otivation 133 - 0.435 - 0.208 0.031 N o 

A utonom ous M otivation 133 - 1.641 3.65 0 N o 

E xtemal M otivation 133 - 0.157 - 0.634 0.025 No 

Appendix 10: Normality Tests for Spearman’s Correlation

N am e N Skewness K urtosis Shapiro_p N orm ality

A ILiteracy 133 -1.063 2.089 0 N o

SchoolSupport 133 -0.841 -0.174 0 N o

com petence (SchoolSupport) 133 -0.628 -0.741 0 N o

autonom y (SchoolSupport) 133 -0.959 0.089 0 N o

collegial(SchoolSupport) 133 -1.22 0.913 0 N o

M otivation 133 -0.435 -0.208 0.031 N o

A utonom ousM otivation 133 -1.641 3.65 0 N o

ExternalM otivation 133 -0.157 -0.634 0.025 N o
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Appendix 11: Codebook for the Open-Ended Survey Question 
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Appendix 11: Codebook for the Open-Ended Survey Question

主题 子主题 编码 描述 引文

提升 AI素养

更多实操

性强的活

动

AI 实操

培训

跟实际教

学相关的

培训活动

多多开展 AI 培训，让 AI 与教学结

合，开展贴合教学场景的 AI 实践培

训，让教师快速掌握实用技能

基于教师教学实际，开展 AI 工具实操

培训，展示 AI 如何解决教学痛点

实践机会

在教学实

践中应用

AI

打造“AI教学工作坊”，定期组织教师

用 AI工具打磨英语课例，如借助 AI生

成个性化阅读材料，在实践中提升应用

能力。

打造“AI+ 英语教学”实践基地，教师

在基地可沉浸式用 AI 设计情景对话课

堂、开发智能听力训练，通过真实教学

场景应用，强化 AI 素养

丰富活动

形式与内

容

多样化培

训形式

不同的培

训形式

也可结合线上线下方式，完成相关的学

习活动

设立跨校 AI 教学协作项目，不同学校

英语教师组队，借助 AI 开展联合教

研、跨校学生 AI 英语互动活动

针对性内

容

跟教学内

容相关

组织“AI 教学工作坊”，邀请技术团队

与英语骨干教师合作，针对词汇、阅读

等教学场景，手把手教教师用 AI 设计

互动课程。

提供满足

老师需求

的活动

倾听意见

尊重教师

意见和想

法

AI 相关 CPD 活动应该多听取老师对于

活动的想法、意见、形式。而不是学校

领导层单独决定。

满足教学

需求

教学需求

为导向

构建分层培训体系，针对 AI 基础薄弱

教师开展入门实操课，如 AI 辅助英语

作文批改工具使用；为有基础教师开设

进阶班，探索 AI 生成个性化英语学习

路径，满足不同需求提升参与动力。

分析不同学段不同学科老师需要用的 ai

技术，怎么与学科课堂融合，进行针对

性实操
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硬件、技

术支持

更新资源/ 

设备

AI 设

备、资源

相关

学校花资金引进先进的 AI 技术，AI 设

备。让老师能快速上手，设备或技术能

流畅使用。

搭建区域 AI教学资源库，汇聚适配英语

学科的 AI工具（像智能作文批改、口语

测评 AI）、优质案例，方便教师随时学

用。

技术支持

AI 使用

技术层面

支持

学校需要多多提供培训，费用，技术和

人员支持

缺少对学生设备监管的有效途径

提升动机

增强外部

激励

政策、荣

誉、奖励

涉及政策

荣誉奖励

等

把提升 AI 素养纳入教师绩效考核，与

职称评定、评优挂钩，给予优秀师物质

奖励和更多的职业发展机会

竞赛机制

用比赛竞

赛的方式

激励老师

开展跨校 AI 教学交流赛，以赛促学，

增强教师提升 AI 素养、参与 CPD 活

动的动力

同伴激励

涉及同事

互助、激

励等

让掌握 AI 技能的教师与其他教师结

对，通过“传帮带”，在日常教学研

讨、备课中融入 AI 应用指导，降低学

习难度，提升教师参与 AI 相关提升活

动的意愿。

增强内部

动机

认可价值

认可 AI 

的作用、

价值等

开设适量有实际教学意义的活动，让教

师切实体会到正确使用 ai 对其教学实践

的辅助作用，例如可以减轻教学负担以

及提升学生某方面技能，这样可以更有

动力。

成就感
内心获得

成就感

建立“AI 教学成果展示机制”：定期开

展校内 AI 教学应用成果展，教师用 AI 

设计的英语课件、智能作业、个性化学

习方案等可进行展示交流，优秀成果在

校内推广，增强教师成就感，
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Theme Sub-theme Code Description Quotation 

Enhancing AI 
Literacy 

More practice- 
oriented activities 

Practical AI 
training 

Training 
activities 
related to 
practical, 

teaching-related 
AI applications 

"Organise more AI training 
that integrates AI with 
teaching, offering AI 
practice sessions closely 
aligned with classroom 
contexts to help teachers 
quickly acquire practical 
skills." 

"Based on teachers' teaching 
needs, conduct AI tool 
hands-on training to 
demonstrate how AI can be 
integrated into teaching." 

Practice 
opportunities 

Applying AI in 
teaching 
practice 

"Establish `AI + English 
teaching' workshops to 
allow teachers to design 
English reading materials 
with AI tools, such as AI-
assisted personalised reading 
exercises, and to improve 
their functional abilities in 
practice." 

"Create `AI + English 
teaching' practice bases, 
where teachers can develop 
lesson plans and materials 
for real-life teaching 
contexts, and conduct 
application training through 
authentic scenarios." 

Enriching activity 
formats and content 

Diverse 
training 
formats 

Various types 
of training 
formats 

"Combine online and offline 
modes to complete relevant 
training activities." 

"Design cross-disciplinary 
teaching projects so that j 
teachers from different 
subjects can collaborate and 
integrate AI into activities 
such as English language 
events." 
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Theme Sub-theme Code Descr iption Quotation

Enhancing AI
Literacy

More practice- 
oriented activities

Practical AI
training

Training 
activities 
related to 
practical,

teaching-related
AI applications

“Organise more AI training
that integrates AI with 
teaching, offering AI 
practice sessions closely 
aligned with classroom 
contexts to help teachers 
quickly acquire practical 
skills.”

“Based on teachers’ teaching
needs, conduct AI tool 
hands-on training to 
demonstrate how AI can be 
integrated into teaching.”

Practice 
opportunities

Applying AI in 
teaching 
practice

“Establish ‘AI + English
teaching’ workshops to 
allow teachers to design 
English reading materials 
with AI tools, such as AI-
assisted personalised reading
exercises, and to improve 
their functional abilities in 
practice.”

“Create ‘AI + English
teaching’ practice bases, 
where teachers can develop 
lesson plans and materials 
for real-life teaching 
contexts, and conduct 
application training through 
authentic scenarios.”

Enriching activity 
formats and content

Diverse 
training 
formats

Various types 
of training 
formats

“Combine online and offline
modes to complete relevant 
training activities.”

“Design cross-disciplinary
teaching projects so that 
teachers from different 
subjects can collaborate and 
integrate AI into activities 
such as English language 
events.”

99



Subject-related 
traing 

AI training 
content related 
to specific 
subjects 

"Organise `AI teaching 
workshops' where teachers 
use AI tools to create 
subject-specific teaching 
materials, such as 
developing courses for 
reading and vocabulary 
learning using AI." 

Providing AI-
related CPD 

activities based on 
teachers' needs 

Listening to 
teachers 

Respecting 
teachers' ideas 
and opinions 

"In AI-related CPD 
activities, listen more to 
teachers' suggestions 
regarding content, format, 
and focus, and avoid top-
down, leader-imposed 
arrangements." 

Meeting 
teaching needs 

Teaching 
needs-oriented 

"Design tiered AI training 
tailored for teachers with 
different levels of AI 
literacy, such as introductory 
sessions for AI basics, AI-
assisted writing tools, and 
personalised lesson 
planning." 

"Analyse the AI technical 
needs of teachers across 
different subjects and 
integrate them into 
curriculum design and 
practical teaching." 

Updating 
resources/equipment 

AI equipment 
and resources 

AI hardware, 
software, and 
facilities for 
teaching 

"Allocate funds to purchase 
AI teaching devices so 
teachers can easily use them; 
ensure sufficient devices, 
quality internet, and 
necessary classroom 
infrastructure." 

Establish a regional AI 
teaching resource repository 
that compiles AI tools 
suitable for the English 
subject (such as intelligent 
essay grading and oral 
assessment AI) and high-
quality teaching cases, 
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Subject-related 
traing

AI training 
content related 
to specific 
subjects

“Organise ‘AI teaching
workshops’ where teachers 
use AI tools to create 
subject-specific teaching 
materials, such as 
developing courses for 
reading and vocabulary 
learning using AI.”

Providing AI-
related CPD 

activities based on
teachers’ needs

Listening to 
teachers

Respecting 
teachers’ ideas 
and opinions

“In AI-related CPD
activities, listen more to 
teachers’ suggestions 
regarding content, format, 
and focus, and avoid top- 
down, leader-imposed 
arrangements.”

Meeting 
teaching needs

Teaching 
needs-oriented

“Design tiered AI training
tailored for teachers with 
different levels of AI
literacy, such as introductory
sessions for AI basics, AI- 
assisted writing tools, and 
personalised lesson 
planning.”

“Analyse the AI technical
needs of teachers across 
different subjects and 
integrate them into 
curriculum design and 
practical teaching.”

Updating
resources/equipment

AI equipment 
and resources

AI hardware, 
software, and 
facilities for 
teaching

“Allocate funds to purchase
AI teaching devices so 
teachers can easily use them; 
ensure sufficient devices, 
quality internet, and 
necessary classroom 
infrastructure.”

Establish a regional AI
teaching resource repository 
that compiles AI tools 
suitable for the English 
subject (such as intelligent 
essay grading and oral 
assessment AI) and high- 
quality teaching cases,
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enabling teachers to access 
and apply them at any time. 

Technical 
support 

AI technical 
and staff 
support 

"Schools should increase 
technical support, funding, 
and staff assistance for AI 
use." 

"There are no appropriate 
and effective ways to 
regulate students' use of AI 
devices. ." 

Enhancing 
Motivation 

Strengthening 
external incentives 

Policies, 
honours, 
rewards 

Including AI 
literacy in 
appraisal 
systems, 
linking with 
awards and 
promotions 

"Include AI literacy in 
teacher performance 
appraisal, link with 
promotions, and provide 
more rewards and career 
development opportunities 
for teachers who perform 
well in AI-related CPD." 

Competitive 
opportunities 

Using 
competitions to 
encourage 
participation 

"Organise inter-school AI 
teaching competitions to 
enhance AI literacy and 
increase enthusiasm for CPD 
participation." 

Peer assistance 
and 
encouragement 

Promoting 
mutual support 
and learning 
among 
colleagues 

"Encourage teachers with 
strong AI skills to mentor 
others through workshops, 
sharing sessions, and 
collaborative projects to 
enhance participation." 

Strengthening 
internal motivation 

Recognising 
value 

Helping 
teachers 
recognise the 
value and 
benefits of AI 
in teaching 

"Let teachers see concrete 
examples of AI assisting 
teaching and improving 
efficiency, so they perceive 
its value." 
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enabling teachers to access
and apply them at any time.

Technical 
support

AI technical 
and staff 
support

“Schools should increase
technical support, funding, 
and staff assistance for AI 
use.”

“There are no appropriate
and effective ways to 
regulate students' use of AI 
devices. .”

Enhancing 
Motivation

Strengthening 
external incentives

Policies, 
honours, 
rewards

Including AI 
literacy in 
appraisal 
systems, 
linking with 
awards and 
promotions

“Include AI literacy in
teacher performance 
appraisal, link with 
promotions, and provide 
more rewards and career 
development opportunities 
for teachers who perform 
well in AI-related CPD.”

Competitive 
opportunities

Using
competitions to 
encourage 
participation

“Organise inter-school AI
teaching competitions to 
enhance AI literacy and 
increase enthusiasm for CPD 
participation.”

Peer assistance 
and 
encouragement

Promoting 
mutual support 
and learning 
among 
colleagues

“Encourage teachers with
strong AI skills to mentor 
others through workshops, 
sharing sessions, and 
collaborative projects to 
enhance participation.”

Strengthening 
internal motivation

Recognising 
value

Helping
teachers 
recognise the 
value and 
benefits of AI 
in teaching

“Let teachers see concrete 
examples of AI assisting 
teaching and improving 
efficiency, so they perceive 
its value.”
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"Provide platforms for 
teachers to showcase AI-

Creating assisted teaching 
opportunities achievements, such as lesson 

Sense of for teachers to designs, intelligent marking 
achievement feel systems, and personalised 

accomplished learning materials, to 
in AI use enhance their sense of 

achievement and 
motivation." 
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Sense of 
achievement

Creating 
opportunities 
for teachers to 
feel 
accomplished 
in AI use

“Provide platforms for
teachers to showcase AI- 
assisted teaching 
achievements, such as lesson 
designs, intelligent marking 
systems, and personalised 
learning materials, to 
enhance their sense of 
achievement and 
motivation.”
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Appendix 12: Codebook for Interview

编码 描述 例子

认识了解 AI A I 相关的知识、原理等

对 AI 基础的认知，比如我们通常很多

人都知道 AI 是啥，但是对于 AI 背后

的原理，AI 是怎么工作的，这些都不

了解

应用 AI 对 A I 的应用能力

我可能最多就是用 AI 回家长邮件，因

为这种的话，我可以迅速的把我的需求

输进去。它就会出来一个模板，然后我

再去修改

评价 AI 的使用

使用 AI 之后对于使用情况

（合适与否、产出内容是否

满意等）的评价

包括我常常认为 AI 给的东西一定就是

真的、对的，然后 AI 给的翻译也一定

是最好的，这样其实是不好的。

AI 伦理 隐私、安全等
但伦理道德，比如隐私、安全等方面我

觉得就我就没有考虑那么多

能力支持

学校通过各种相关的活动支

持帮助老师们提升个人和专

业能力

公立学校活动更加多，教研、上课比

赛、公开课都会比较多

自主性支持
学校支持老师们自主选择参

与、组织相关活动等

我们会有很多的活动提供给我们，然后

我们去自愿参加。

同事支持
学校同事之间互相帮助、氛

围很好等

我们学校是周二一天是不给英语老师排

课表的，所以我们周二就是我们统一教

研活动，老师们针对不同主题进行研讨

和分享，然后下午就去统一进修。

内在动机

为了个人兴趣、喜好、成就

感等参加相关活动，意识到

很重要而参加活动

他可能对 AI 比较有热情，本身又比较

好学

外在动机
因为政策、奖励、压力等外

在因素参加活动

看得见回报，评优加分和一些奖金补

贴，还有绩效补贴。如果看得见回报的

话，他们可能就会主动参与，然后会有

热情、愿意参与
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C ode Description Example 

Understanding A I 
Knowledge ofA I-related 

concepts, principles, etc. 

Basic know ledge aboutA I, m any people know 

thatA I is " stn art" butthey do notunderstind 

the principles behind itor how kw orks. 

Applying A I Ability to apply A I 

M y ability m ightbe to reply to students' em ails 

using A I. If itcan generate a draft accord ing to m y 

needs, I can then m ake revisions. 

E valuating A IU se 

Evaluation ofA I use in 

term s of appropriateness, 

usefulness, and satisfaction 

U sing A I for translation — itm ightbe fast and 

accurate, but the translation may not always be 

the best so this is a drawback. 

A IEthics 
Issues such as privacy and 

security 

I seldom consider problem s regarding privacy 

and security. 

Ability Support 

Activities organized by 

schools to support teachers 

in im proving their personal 

and professionalab lilies 

Public schoolteachers have m ore activities, 

training sessions, open classes, and lectures. 

Autonomy Support 

Support for teachers to 

choose and organize 

activities independently 

M any activities are offered to us, and then we 

decide whether to participate voluntarily. 

104 

个人原因
兴趣、喜好、时间冲突、经

济等个人相关的因素

可能私立学校的老师更多会有一些理想

抱负吧，如果觉得学习这个有用，感兴

趣，他们会去学。

学校相关原因

学校层面的因素，比如学校

内的政策、机会、经济、工

作量、工作安排等

因为他们会有业绩、教学成果的要求，

把学校的升学率、家长的满意度作为考

核的目标。

政府/国家相关原因

政府国家层面的因素，比如

自上而下的政策、经济、导

向等

我们教育局主办的这些普惠性的一些培

训，是上级安排下来，政策要求必须参

加，这类培训会比较多。而私立学校我

觉得他们更多的是为了提升一些自身的

产品自身的竞争力，开展一些主动的一

些培训。

Code D escription Exam ple

U nderstanding A I
K nowledge ofA I-related

concepts,principles,etc.

Basic knowledge aboutA I, m any people know

thatAIis“sm art,” butthey do notunderstand 

the principlesbehind itorhow itworks.

A pplying A I A bility to apply A I

M y ability m ightbe to reply to students’ em ails

using AI.Ifitcan generate a draftaccording to m y 

needs,Ican then m ake revisions.

Evaluating A IU se

Evaluation ofA Iuse in

term sofappropriateness,

usefulness,and satisfaction

U sing A Ifortranslation — itm ightbe fastand

accurate,butthe translation m ay notalwaysbe

the best,so thisisa drawback.

A IEthics
Issuessuch asprivacy and

security

Iseldom consider problem sregarding privacy

and security.

A bility Support

A ctivitiesorganized by

schoolsto supportteachers

in im proving theirpersonal 

and professionalabilities

Public schoolteachershave m ore activities,

training sessions,open classes,and lectures.

A utonom y Support

Supportforteachersto

choose and organize

activitiesindependently

M any activitiesare offered to us,and then we

decide whetherto participate voluntarily.
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Colleague Support 

M utualhelp am ong 

colleagues in the schooland 

a good ati ()sphere 

In our school, teachers take tams giving 

dem onstration lessons, and we often share 

teaching ideas and conduct group discussions 

every Tuesday afternoons. 

Intrinsic M otivation 

Participation in activities 

because ofpersonal interes 

enkm ent, sense of 

achievem ent etc., 

considering them im portant 

and en Pyab le 

Some teachers m ay pin because they find the 

topic interesting orpersonally valuable. 

Extrinsic M otivation 

Participation in activities 

because of external factors 

such as policies, rewards, or 

pressure 

Som e teachers pin because they can gain points 

for perform ance evaluation, awards, or 

certificates. 

P ersonal F actors 

Factors related to personal 

interest enkm ent 

available tim e, energy, and 

finances 

Som e teachers in private schools m ay feel 

passionate aboutA I, and consider ithelpful and 

interesting, so they participate. 

School-LevelFactors 

Factors related to school 

policies, opportunities, 

finding, workload, and 

career developm ent 

Schools m ay encourage teachers' professional 

growth and offer prom otions, which increase 

m otivation. 

G ovemm en (National-

LevelFactors 

Factors related to policies, 

finding, and leadership from 

the govemm ent 

G ovemm ent-led initiatives and requirem entsm ay 

push teachers to participate in training and 

developm entm ore actively. 
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Colleague Support

M utualhelp am ong

colleaguesin the schooland 

a good atm osphere

In ourschool,teacherstake turnsgiving

dem onstration lessons,and we often share

teaching ideasand conductgroup discussions

every Tuesday afternoons.

Intrinsic M otivation

Participation in activities

because ofpersonalinterest, 

enjoym ent,sense of

achievem ent,etc.,

considering them im portant 

and enjoyable

Som e teachersm ay join because they find the

topic interesting orpersonally valuable.

Extrinsic M otivation

Participation in activities

because ofexternalfactors

such aspolicies,rewards,or 

pressure

Som e teachersjoin because they can gain points

forperform ance evaluation,awards,or

certificates.

PersonalFactors

Factorsrelated to personal

interest,enjoym ent,

available tim e,energy,and

finances

Som e teachersin private schoolsm ay feel

passionate aboutA I,and considerithelpfuland

interesting,so they participate.

School-LevelFactors

Factorsrelated to school

policies,opportunities,

funding,workload,and

careerdevelopm ent

Schoolsm ay encourage teachers’ professional

growth and offerprom otions,which increase

m otivation.

Governm ent/National- 

LevelFactors

Factorsrelated to policies,

funding,and leadership from 

the governm ent

Governm ent-led initiativesand requirem entsm ay 

push teachersto participate in training and

developm entm ore actively.
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Appendix 13: Thematic Tables of Interview Quotations 

AI literacy 
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ffl Y.-)Yz_ . 'À.E-./J Hi, ocx -T-
X -T- A I pfiArimitAn-Durifrim_-n. 
IIIIM. A I /---1 -itr 2_VI, lidii 

- ii ot1, "nicirwiiic, #ri  &WS 

--/ -5-km. 

/1- PUB6 
nrifiJ),1J- 11 AI ri4JWkfIJ , ai -iin 

ITI ri4Aktg-9.1nAl*K MEM . 

A A PUB5 

OaVril A I iR-n— ,-o-,1;1, mv, 
gvilAtimroif4A):A=AiR_n H n 
IZ/it , iff ri  fi'MEI0v—lA9ri, 
flEViAtMaid A I Wv- I -A-A.-

A',44--niirrpfit)-mnfiA-L z/f-[- _\ . 

fL\ PR 4 

VOM- ri141-U-44tffl AITA, 
4[931“,1AflEfiti”ri141- _- )EIJ AI 

- trifiAs 4_, RENI--LfiMftfIJI:t 
— 1,1 141- 1),IJ AI ntAf5tAqE, 

Fl  ht*-1,P,[93Plqr 8 trffl AI MA 
t*I 4J. 

fL\ PR1 
A I   tr*an.RIET, ". n E 
WA AI ri4ALM. 

106 

Appendix 13: Thematic Tables of Interview Quotations 

AI literacy

主题 子主题
被采访者学

校类型

被采访者序

号
引文

人工智能素

养
概念理解

公 PUB7

我觉得它应该包含这几个方面，一是

对 AI 基础的认知，另一个就是对它

的技术原理和概念的理解能力和 AI 

工具的应用和实操能力。大家根据自

己的工作和生活场景来具体使用某一

个 AI 产品，就比如有的用 AI 写写

文章啊，有的用 AI 做做搜索，做信

息检索，有的用来生成图片呀，有的

用来办公。还有第三方面，就是对于

对于 AI 所返回的结果的认知和处理

能力。AI 生成一个结果之后，我们要

有最基本的质量的判断，并且能够结

合它生成的结果及自身的实际来生成

一个有效的成果。

公 PUB6
比如利用一些 AI 的应用，进行简

单的数据处理和分析的能力。

公 PUB5

运用这种 AI 工具的一个意识，然后

能够清楚的知道你用这些工具的目的

是什么，而且你自己做为一个教师，

能够清楚的知道 AI 做为一个工具在

教学当中所扮演的角色是什么。

私 PR4

要知道如何去获得使用 AI 工具，
它有哪些功能能够如何去运用 AI 
去帮助教学，同时也能够给到学生

一些如何去运用 AI 的技巧技能，
并且能够识哪些作品是用 AI 帮助
生成的。

私 PR1
A I 素养就是你去管理和把控自己

应用 AI 的能力。
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私 PR3

知道怎么选择怎么去应用 AI，或者怎

么去更高效更专业应用 AI，然后更能

给学生一个很好的方法去利用这个

AI。老师们要具有个人学习能力，根

据不同 AI 工具的不同特色去选择不

同的工具。

AI 素养水

平

公 PUB5

我觉得可能也就是个非常一般的水平

吧，就是可能一个及格边缘...但是教

研活动呢中发现，有老师在深度融合

AI进听说读写课堂这块做得非常好，

对于各种 AI工具的应用很广泛，我在

这方面就比较欠缺。

公 PUB7

我觉得我自己吧水平一般般，就像我

开始说的那 3 个 A I 应该包含哪几方

面能力，我其实现在更多的都聚焦在

第二点上面，就是在 AI 的使用上，

然后对于第一点，AI 的它的底层逻

辑，它的技术原理，我一直还在慢慢

琢磨中，

公 PUB8

我觉得我检索信息的能力就是这种熟

练能力，包括多平台验证啊，这种能

力应该还是有的，就是我会多方面去

验证，但伦理道德，比如隐私和安全

等方面我觉得就我就没有考虑那么

多，甚至完全没有在我考虑范畴上。

私 PR4

我觉得我的素养应该不算很高...没

有这么的依赖 AI，我可能最多就
是用 AI 回家长邮件，因为这种的

话，我可以迅速的把我的需求输进

去，它就会出来一个模板，然后我

再去修改，这样比我直接打字会快

很多，我也不需要去思考太多托词

什么的，但是如果是给学生布置作

业，或者是说批改作业什么的，我

基本都是自己来的
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私 PR1

现在很多的老师，包括我常常认为 AI

给的东西一定就是真的、对的，然后

AI 给的翻译也一定是最好的，这样其

实是不好的。

私 PR3

A I 应用方面不是特别好，可能是我坚

持用的不够久吧，因为觉得它比较麻

烦，就是每次你在给它输入一些指令

的时候，其实你给它说特别详细，让

它做符合你的要求的那种课程设计，

但是它理解不了，花很多时间做不出

来自己想要的

学校相关原

因

公 PUB9

我们公立学校可能就比较依赖学校统

一采购的一些 AI 的系统，比如智慧

校园平台，然后财务方面可能就受到

一些限制。像一些私立的学校，他们

可能更敢花钱，因为学校比较有钱，

而且就是愿意投资，然后资金也比较

灵活。公立学校我们会定期培训，让

我们学一些比较新的知识，但像私立

的学校的话，老师他们可能就是会自

己去探索，竞争也比较激烈。

私 PR3

学校给提供的 AI 培训或者是 AI 的

学习机会多少有一定关系。公立学

校，他们可能会就是已经习惯了当下

的一种教学模式啊，为了中考、高

考，他们不使用 AI 也可以拿出很好

的成绩，就是也可以完成他们的

KPI，他们也不会说有太多的额外的学

习、改革革新的压力。私立学校可能

年轻人就会多一些，然后大家的不稳

定性其实比公立要更强一些，各方面 

压力可能会更多一点，更需要学习 AI 

这种新事物。
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私PR4
跟内部培训有关吧，但是说实话，我

们这里也没有系统性的培训。

政府相关原

因

公PUB7

我可能觉得公立学校的在 AI 这一块

的宣传推广上面可能会更好一点。因

为公立学校，毕竟他是一个普遍教

育，更受国家的一些政策的引导。比

如我们上级部门，政府教育局，他会

对这方面有一些规划，所以说呢，我

们接触的安排可能会更有计划性，规

划性，而私立学校据我了解，他们当

然是以盈利生存为主，他们的老师当

然也会去接触这些东西，但他们更多

的是为了实用性，也为了解决现有的

问题。

公PUB6

公立校总的负责群体是包括政府，学

校的领导，甚至于国家的一些政策支

持，是这些群体去负责活动规划及经

费、政策支持的。私立校的话可能他

需要自己去承担或者老板去承担这个

经济支出...所以我觉得可能公立校机

会会更多吧，我们反正是比较多的

私PR1

公校老师是有边界边界和限制的。就

是在这个边界内，他们才可以进行一

些活动....我不知道政策的推出和实际

的落实中间会差了多少，但是至少你

要有一个文件给到学校，或者你要给

一个方向到学校，你现在什么都没

有...
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School support

主题 子主题
被采访者学

校类型

被采访者

序号
引文

学校支持

能力支持

公 PUB7

我听过的这些培训课，他们更多的

在介绍的层面上，我觉得比较单

一，比如那些介绍一些 AI 产品使

用的培训，他可能整堂培训课下

来，就单独针对那个产品做介绍，

教你怎么用，在各种场景下给给你

做一些 dem o...不是站在我们英语老

师这个角度来思考，我们想怎么用

这个产品。贴合我们工作实践的培

训还是比较少。大家都是从某个很

小的一个切口，在使用这些 AI 产

品，没有完全挖掘出 AI 在教学这

一块的能力。

私 PR2

印象当中公立学校活动更加多，教

研、上课比赛、公开课都会比较

多。那可能他们都这方面的培训也

会更加多一点。私立学校的话，没

有政府的把控，所以要完全看学校

本身，

私 PR3

提供最多的就是 AI 方面的讲座，

这个是比较多的，然后其他形式的

支持个人觉得不多，有用的活动好

像也并不多。

自主性支持

公 PUB6

我们会有很多的活动提供给我

们，然后我们去自愿参加，包括

一些线上的线下的一些活动都会

有。

私 PR3

公立学校老师他们就很忙，学校也

不会说给给他们去安排额外的休

息，就要求他们参加培训。

私 PR2

目前的话，就是我们（私立学校）

参加和使用全凭老师们自己的兴

趣、个人的喜好和资源。
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同事支持

公 PUB5

我们学校是周二一天是不给英语老

师排课表的，所以我们周二就是我

们统一教研活动，老师们针对不同

主题进行研讨和分享，然后下午就

去统一进修。

私 PR4

没有每周的统一教研，都是老师自

己单独问来问去的，都是自己个人

去问的，或者是说同事之间会在办

公室分享一些内容，比如哪个 AI 

用来给家长写邮件比较好用之类

的。

私 PR2

主要形式可以是分享吧，比如说

某一个老师，他用什么东西用的

特别好一起分享一下。或者做一

个分享会，大家都分享自己当下

所用到的一些软件，然后一起去

讨论。

学校相关原

因

公 PUB5

费用蛮高的，我这个学校会报销费

用，但对私立学校老师来说可能就

有负担。还有就是名额很有限，我

们校内都还要先到先得抢名额，私

立学校老师也不知道会不会有机

会。

公 PUB9

我们公立学校可能就更加依赖学校

的财政拨款，钱就比他们少。

钱少的话，一些培训可能就是会受

限于教育部门的预算。超过预算

了，那可能就没办法进行了。私立

学校的话他们可能就会就出大价

钱，去请一些比较年长的或者说比

较专业的老师去给他们开展一些研

讨会或者讲座。
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私 PR3

公校跟私校，它的目的是不

一样的，公校可能更多的还

是为了中考高考的成绩。但

私校其实它可能会更加注

重，除了成绩以外，会注重

学生的综合能力和素质的提

升，会有更多的实践活动、

学术活动。那 AI 其实也可

以算作学生学术活动里面的

重要的部分，会更注重老师

和学生这方面能力的培养。

政府相关原

因

公 PUB7

我们教育局主办的这些普惠

性的一些培训，是上级安排

下来，政策要求必须参加，

这类培训会比较多。而私立

学校我觉得他们更多的是为

了提升一些自身的竞争力，

参加一些培训。

私 PR1

我不知道推出政策和实际落实中

间会差多少，但是至少你要有一

个文件给到这里，或者你要有一

个就是方向给到学校。你现在什

么都没有。

私 PR4

国内对于 AI 的培训肯定是会有

政府或者是区里，从上至下的培

训。因为我感觉公立学校，它肯

定是受政府的监管会比较多，那

肯定会有一些制度上的规范和要

求，会有比较系统性的培训，那

AI 相关的培训机会应该也不会

少。
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Motivation

主题 子主题
被采访者学

校类型

被采访者序

号
引文

参与动

机

外在动机

公 PUB9

看得见回报，评优加分和一些奖

金补贴，还有绩效补贴。如果看

得见回报的话，他们可能就会主

动参与，然后会有热情、愿意参

与。

公 PUB7

我觉得是外在压力的主导，就像

我们前面说的那些被动学习，上

级要求你学，你必须得学。然后

还有一个就是绩效驱动，比如在

教学中，把 AI 和英语教学相结

合应用这一块儿来制定一些绩效

评价机制，那这可能驱动我们参

加。

私 PR3

如果能帮助我提升工资，能帮助

我的事业越来越好，然后能帮助

我发展越来越好，那我肯定是愿

意去参加的。

私 PR3

公立学校的老师有评职称之类

的，你如果不去学这个的话，或

者说你不参加学校安排好这个培

训的话，可能会影响你的工作，

所以就必须参加。

内在动机

公 PUB9

有一些教师可能就是想通过一些

AI 的技能去提升自己的教学效

率，或者说提升自己，同时他可

能对 AI 比较有热情，本身又比

较好学

公 PUB8

为了提升自身的能力，这件事情

对我有利，我才去做。意识到提

升 AI 素养对个人前途、发展或

者教学能力，教学质量有帮助，

就想去提升。
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公 PUB7

我觉得还是个人对知识，对前沿

信息的好奇心驱动吧。至少我们

这个年龄段的老师，对于这些前

沿技术感兴趣。不是把学习 AI 

相关知识当做一个外在的工作任

务去做，更多的是主动愿意去接

受这些信息，愿意去学，愿意把

它和我们的工作实践、教育教学

相结合，这个欲望和驱动，我觉

得这也应该占 70% 是有的。

私 PR4

那如果是长期坚持下来有帮助的

事情，而且不会在短期时间内影

响太多我目前的工作量。那应该

是会比较愿意去参加...还有就是

如果老师参加或者分享了，他们

一个 title 或者奖励，让他获得荣

誉感...

阻碍因素

公 PUB9

我感觉最大的最阻碍因素应该是

工作超负荷了。工作量特别大，

就超负荷了，就会不喜欢教学。

然后每天还需要去教学，改作

业，去处理学校和个人私事，处

理学生的一些事情，就没有时间

去参加这些额外的培训。感觉很

累，就很抗拒参加。还有就是感

觉自己可能学不会，然后就不想

去学

公 PUB8

就是他有自己的一套东西，他就

钻研自己的那一套方法，就可以

搞出成绩，他可能他就觉得没必

要、也不想去参加这些 AI 相关

的培训活动了。

公 PUB5

一些客观的原因，比如说我可能

家里有孩子要养，或者是有老人

要赡养。因为培训基本上都是一

天，他从早上 8 点可能到下午 4 

点，中间有一个中午吃中餐的时

间，这一天就会蛮累的。
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私 PR4

就时间吧，因为我觉得我我们学

校排课量是非常满的，每天一共

五节课，我平均就是每天上 3/4 

节一个小时的课。

私 PR3

现在学校提供给老师的培训也真

的是没有什么用，就是很虚的一

些东西。

个人相关

原因
私 PR3

可能私立学校的老师更多会有一

些理想抱负吧，如果觉得学习这

个有用，他们会去学。

学校相关

原因

公 PUB9

私立学校老师动机可能会更强，

因为他们会有业绩、教学成果的

要求，把学校的升学率、家长的

满意度作为考核的目标。

公 PUB7

我觉得培训机会和资源或多或少

也有一些影响。比如在我们单位

内部，经常开展相关的培训活

动，甚至是专门有这么一堂课，

大家随时可以去学，或者这种类

型的线上课程。大家随时随地有

空了，都可以去学。所以说这个

资源的丰富度，这个资源可获得

的难易度，我觉得也是一个影

响。

公 PUB5

公立学校的很多老师因为要去评

职称，要求老师必须完成一定的

继续教育培训课时

政府相关

原因
私 PR4

那如果是区里或者政府要求

的，他就不得不去呀，那像私

立学校，没有什么硬性要求去

参加什么培训，或者是说一定

要发言什么的
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Al Literacy 

Theme Subtheme SchoolType Interviewee ID Quotation 

A I 

Literacy 

Conceptual 

Understanding 

Public PU B 7 

1. I think it should cover several 

aspects. The first is a basic 

uncle's-boding of A I, and the 

second is the ability to 

com prehend its technical 

principles and concepts, as well 

as the ability to apply and opera-1p 

A I tools. People use specific AI 

products according to their work 

and life contexts—for exam p le, 

some use A I to w rite articles, 

som e to conduct searches, retrieve 

inform ation, generate im ages, or 

perform office tasks. The third 

aspect is the ability to interpret 

and process the results returned 

by A I. A fterA I generates an 

output, we should have at leasta 

basic ability to evaluate its quality 

and be able to combine the 

generated resultwith our own 

context to produce an effective 

outcom e. 

Public PUB6 

2. The ability to apply A I in real-

life contexts and conduct 

analytical thinking about its 

application is essential 

Public PUB5 

3. W hen applying A I tools, one 

needs to not only understand the 

functions butalso integrate them 

with teaching goals to m axim ize 

their effectiveness. 

Private PR 4 

4. It is in portantto know how to 

access A I resources and the tools 

used m ustbe capable of 

im proving teaching. Teachers also 
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AI Literacy

Them e Subthem e SchoolType Interviewee ID Q uotation

A I

Literacy

Conceptual

U nderstanding

Public PU B7

1.Ithink itshould coverseveral

aspects.The firstisa basic

understanding ofA I,and the

second isthe ability to

com prehend itstechnical

principlesand concepts,aswell

asthe ability to apply and operate 

A Itools.People use specific A I

productsaccording to theirwork

and life contexts—forexam ple,

som e use A Ito write articles,

som e to conductsearches,retrieve 

inform ation,generate im ages,or

perform office tasks.The third

aspectisthe ability to interpret

and processthe resultsreturned

by A I.A fterA Igeneratesan

output,we should have atleasta

basic ability to evaluate itsquality 

and be able to com bine the

generated resultwith ourown

contextto produce an effective

outcom e.

Public PU B6

2.The ability to apply A Iin real-

life contextsand conduct

analyticalthinking aboutits

application isessential.

Public PU B5

3.W hen applying A Itools,one

needsto notonly understand the 

functionsbutalso integrate them 

with teaching goalsto m axim ize 

theireffectiveness.

Private PR 4

4.Itisim portantto know how to

accessAIresources,and the tools 

used m ustbe capable of

im proving teaching.Teachersalso
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need practical skills to operate 

them and problem -solving 

abilities to use them effectively in 

teaching. 

Private PR 1 

5. A I literacy should include both 

knowledge and the ability to apply 

A I tools in practical teaching. 

Private PR 3 

6. Teachers should know how to 

choose and apply A I tools 

appropriately, designing teaching 

according to differentfunctions of 

the tools. 

A I L iteracy 

Level 

Public PUB 5 

7. I think m y own A I literacy level 

is average. From research 

activities, I have observed that 

som e teachers' A I literacy levels 

are really high. They have in-

depth understanding ofA land the 

skills to operate A I tools, butt to 

some extent lack such 

com petences 

Public PUB 7 

8. I think m y own A I literacy level 

is average. I can use A I for certain 

tasks, butm y knowledge ofA I' s 

broader application and 

principles is lim ited. Regarding 

deep hum an - A I interaction, I 

have been learning continuously. 

Public PUB 8 

9. I think my ability to filter and 

verify inform ation is not bad, 

including being able to evaluate 

inform ation from multiple 

perspectives and verify reliability. 

I seldom consider issues related to 

ethics. 
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need practicalskillsto operate

them and problem -solving

abilitiesto use them effectively in 

teaching.

Private PR 1

5.A Iliteracy should include both

knowledge and the ability to apply 

A Itoolsin practicalteaching.

Private PR 3

6.Teachersshould know how to

choose and apply A Itools

appropriately,designing teaching 

according to differentfunctionsof 

the tools.

AILiteracy 

Level

Public PU B5

7.Ithink m y own A Iliteracy level

isaverage.From research

activities,Ihave observed that

som e teachers’AIliteracy levels 

are really high.They have in-

depth understanding ofA Iand the

skillsto operate AItools,butIto 

som e extentlack such

com petences

Public PU B7

8.Ithink m y own A Iliteracy level

isaverage.Ican use A Iforcertain 

tasks,butm y knowledge ofA I’s 

broaderapplication and

principlesislim ited.R egarding

deep hum an–AIinteraction,I

have been learning continuously.

Public PU B8

9.Ithink m y ability to filterand

verify inform ation isnotbad,

including being able to evaluate

inform ation from m ultiple

perspectivesand verify reliability. 

Iseldom considerissuesrelated to 

ethics.
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Private PR 4 

10. I feelm y A I literacy is 

Jim ited. For example, I m ay only 

be able to use A I for sim p le tasks 

such as generating tem plates. I do 

m ost tasks m yself such as giving 

students assignm ents. 

Private PR 1 

11. M any teachers including m e 

often think whatA I has provided 

for them is real, and correct For 

exam ple, they think A I translates 

better. This is not good. 

Private PR 3 

12. I don't do w ell in A I 

application, m gybe because I 

don'tuse A I m uch. I think it isn't 

efficient som etim es. W hen I give 

A I detailed inform ation and 

expect it to give m e a good course 

design, it som etim es fails m e and 

takes too m uch tim e. 

School-

Related 

R easons 

Public PUB 9 

13. In our public school, w e may 

rely m ore on A I system s procured 

centrally by the school, such as 

stn art cam pus platform s, but our 

financial resources m ay be 

som ewhatlim ited depending on 

the govemm ent support In 

contrast, som e private schools 

m ightbe m ore w illing to spend 

m oney because they are better 

funded by them selves, m ore 

w illing to invest and have m ore 

flexible budgets. In public 

schools, we have regular training 

to learn new knowledge, but in 

private schools, teachers m ay 

explore on their own, and the 

corn petition can be m ore intense. 
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14. The am ountofA I training or 

learning opportunities provided 

by the schooldoes m ake a 

difference. Public schools m ay be 

m ore accustom ed to the current 

teaching m ode], focusing on the 

high schooland college entrance 

exam inations. Even w ithoutusing 

A I, they can still  achieve good 

results and m eet their K P Is, so 
Private PR 3 

they m ay not feelm uch additional 

pressure for extra learning, 

reform , or innovation. In private 

schools, there m ay be m ore young 

teachers, and overall, instability 

tends to be higher than in public 

schools, with greaterpressures in 

various aspects, which m ight 

m ake teaming new things lice A I 

m ore necessary. 

15. Itm ightbe related to internal 

Private PR 4 training, but to be honest we do 

nothave system atic training here. 

16. I think public schools m ay do 

a better j3b in prom of ing and 

publicizing A I, because public 

schools are part of general 

education and are m ore 

influenced by nationalpolicies. 

Govemm ent 
For example, higher-level 

authorities like the local 
R elated 

R easons 

Public PUB 7 education bureau m ay have plans 

in this area, so the arrangem ents 

we encounter tend to be m ore 

planned and system atic. In private 

schools, from what I know, they 

are prim arily profit-oriented. 

Their teachers w ill also engage 

w ith A I, butm ore for practical 

purposes and to solve im m ediate 
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mob tem a 

17. In public schools, the groups 

responsible include the 

govemm ent schoolleaders, and 

even nationalpolicy support 

These groups handle activity 

planning, finding, and policy 

Public PUB6 support In private schools, they 

m ay need t) cover the costs 

them selves or the ownerm ay bear 

the expenses. So, I think public 

schoolteachers m ay have m ore 

opportunities; we do getquite a 

lot 

18. Public school teachers w otk 

w ithin certain boundaries and 

constraints. W ithin these 

boundaries, they can carry out 

certain activities. I am not sure 

how m uch difference there is 

Private PR 1 between the introduction of 

policies and their actual 

im plem entation, but atthe very 

least you need to have a fain al 

docum ent sent to the school or 

provide a clear direction. R ight 

now, there is nothing. 
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School Support 

School 

Support 

Can petence 

Support 

Public PUB7 

19. The A I training courses I have 

attended focus m ostly on product 

introductions, which I find rather 

narrow in scope. For exam ple, in 

som e sessions, the entire training is 

devoted to introducing a single A I 

product teaching participants how to 

use it and dem onstrating it in 

various scenarios. The training is not 

usually designed from the 

perspective ofE nglish teachers, nor 

does it fully address how we m ight 

use such products in our own 

teaching practice. Training closely 

aligned with our actualw olk is 

relatively rare. M ostpeople approach 

these A I tools from a very narrow 

entry point w ithout fully exploring 

their potential for teaching. 

Private PR 2 

20. I think public schools are 

generally m ore system atic in 

arranging such activities They m ight 

provide m ore opportunities for 

training, research activities, 

com petitions, open classes, and 

practicalapplication. W ithout such 

arrangem ents, private schools rely 

entirely on their own resources. 

Private PR 3 

21. The m ost com m on form of 

supportprovided is lectures on A I, 

which are relatively frequent 0 ther 

types of support are, in m y view, 

Jim iced, and there do not seem to be 

m any activities that are genuinely 

useful 

Autonomy 

Support 
Public PUB6 

22. W e have m any activities to 

choose from , and we can voluntarily 

participate. Som e are even online 
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activities thatw e can -take part in. 

Private PR 3 

23. Public schoolteachers are 

already very busy, and the school 

does not arrange additional rest 

periods for them ; instead, they are 

required to participate in the 

training. 

Private PR 2 

24. A tpresent, in our (private) 

school, the use and learning ofA I is 

fullof our own interests and 

resources, and everyone is quite free 

to explore A I. 

C ollegial 

Support, 

Public PUB 5 

25. 0 ur school has research activities 

every Tuesday, so w e often 

communicate with other teachers. 

The teachers are very w illing to share 

w ith each other. 

Private PR 4 

26. There are no reg-ularm eetings 

every week, so sharing and 

com m unication m ainly happen 

between individual teachers. 

Som etim es colleagues w ill share 

som e ways to use A I m ore effectively 

in the office, such as how to use A I 

and which A I to use to w rite em ails. 

Private PR 2 

27. It is m ostly inform al sharing. For 

exam p le, if a teacher has a special 

skill, they m fight share it 0 r, during 

a sm all sharing session, everyone 

m ight share a few tools they 

personally use and then try them 

together. 
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School-related 

Reasons 

Public PUB5 

28. The costs are quite high, though 

m y school reim burses them . For 

private schoolteachers, however, this 

m ightbe a financialburclen. In 

addition, the num ber ofp laces is 

very lim iced, and even w ith in m y 

school they are allocated on a first-

com e, first-served basis. It is 

uncertain whetherprivate school 

teachers would have the sam e 

opportunities. 

Public PU B9 

29. In public schools, the purchase of 

A I equipm ent needs approval, and if 

the budget is exceeded, training 

sessions may not go ahead. In private 

schools, such restrictions m ay be less 

strict They m ay invite experienced 

teachers to conduct a sem roar. 

Private PR 3 

30. Public and private schools have 

different goals Public schools m ight 

focus m ore on students' academ ic 

perform ance. Private schools m ay 

value overall quality and capability 

m ore, and therefore putm ore 

em phasis on practicalactivities and 

academ ic events. A I m ay also be 

seen as partof the overall 

developm ent of teachers and 

students. 

Govemm ent 

related 

R easons 

Public PU B7 

31. Som e basic training arranged by 

the education bureau is m andatory 

focus, as it com es from higher-level 

authorities. Private school teachers 

participate in those activities m aybe 

because they want to enhance 

com petitiveness. 
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32. I do notknow the exact gap 

between govemm entpolicy and its 

in plem entation, but at least you need 

Private PR 1 to have an official docum ent sent to 

the school, or give the schoola clear 

direction. R ightnow, we have 

nothing. 

33. Training on A I in C hina is 

generally provided through a top-

down approach from the govemm ent 

or districtauthorities. Since public 

schools are m ore closely supervised 

Private PR 4 by the govemm enl there are certain 

regulations and requirem ents in 

place, which lead to relatively 

systematic training. Opportunities for 

A I-related training should therefore 

be relatively abundant 

Motivation 

Theme Sub—theme SchoolType ParticipantlD Quotation 

34. If there is a reward, such as 

an award certificate or a cash 

prize, and it is effective, if the 

Public PUB9 reward is substantial, they may 

be m ore w illing to participate 

and w illbe m ore m otivated to 

,pin. 

Participation External 35. I think it ism ainly driven by 

M otivation M otivation extemalpressure, just lle the 

passive learning we m entioned 

earlier— when authority 

Public PUB7 departm ents require you to 

learn, you have to leant Another 

factor is perform ance- driven 

m otivation; for exam ple, in 

teaching, incorporating A I into 

English language teaching to 
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and willbe m ore m otivated to
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develop certain perform ance 

evaluation m echanism s m ay 

drive us to participate. 

Private PR 3 

36. It can help m e increase m y 

salary, im prove m y teaching 

efficiency, and then help m e 

w ith m y career developm ent 

That is actually the m otivation 

for participating. 

Private PR 3 

37. F or pub lic schoolteachers, 

there are things like evaluation 

for professional titles — if you 

don' t team this, or you don' t 

attend the training arranged by 

the school, itm ay affect your 

work, so you have to participate. 

Internal 

M otivation 

Public PUB 9 

38. Some teachers m ay sim ply 

want to use certain A I skills to 

im prove their teaching 

efficiency, or to im prove 

them selves. A tthe sam e tim e, 

they m ay be quite enthusiastic 

aboutA I and are, by nature, 

eager to learn. 

Public PUB8 

39. In order to im prove m y own 

abilities, I w ill on ly do it if it 

benefits m e. R ealizing that 

im proving A I literacy helps m y 

career prospects, professional 

developm ent, or teaching ability 

and quality motivates m e to work 

on it 
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40. I think it is still  m ainly 

driven by personal curiosity 

aboutknow ledge and cutting-

edge inform ation. A t leastfor 

teachers in our age group, we are 

interested in these em erging 

technologies. W e don' t  treat 

Public PUB 7 learning A I-related know ledge 

as jistan extemalwork task, but 

rather as som ething we are 

w filling t) actively em brace, 

learn, and integrate with our 

teaching practice and education. 

This desire and drive probably 

accounts for about 70% . 

41. If it is som ething that is 

helpful in the long term and w ill 

not significantly affectm y 

currentworkload in the short 

Private PR 4 tun, I would be m ore w illing ID 

participate. A Iso, if teachers 

receive a title or award after 

participating or sharing, it gives 

them a sense ofhonor. 

42. If the workload athand are 

too heavy, itm ay be hard to 

balance work and training. It 

takes too m uch tim e and energy, 

and som etim es it' s really 

tiring. For example, p le, if I have to 
Im peding 

Public PUB 9 teach, prepare lessons, manage 
Factors 

students, and dealw ith personal 

m afters, it' s too exhausting. 

Som etim es I have to work 

overtim e to handle urgent issues 

and ifthathappens, Iwon' t 

w ant to participate. 
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Public PUB8 

43. If they already have a set of 

plans and routines, they w ill jest 

follow them , and they m ay not 

feel it is necessary to participate 

in additional training or 

activities. 

Public PUB 5 

44. There are also som e 

ob,ctive reasons. For exam ple, I 

m ay have children to raise or 

elderly fam ily m em bets to care 

for. Since m ost training lasts an 

entire day — from around 8 a.m . 

to 4 p.m ., with a lunch break in 

between — itcan be quite 

exhausting. 

Private PR 4 

45. Time is tightbecause I 

already have a heavy class 

schedule. I have three to four 

classes a day, and each class last 

for one hour. 

Private PR 3 

46. A tpresent, the training 

provided to teachers in our 

school is not very useful, and 

some is irrelevant to m y w olk. 

Personal 

R easons 
Private PR 3 

47. Private schoolteachers m ay 

have m ore ideals and 

aspirations. If they think 

learning this is useful, they w ill 

take the initiative to learn it 

School— 

R elated 

R easons 

Public PUB9 

48. The m otivation for private 

schoolteachers m ay be stronger 

because they have requirem ents 

for teaching outcom e, and they 

take the school' s university 

adm ission rate and parents' 

satisfaction as evaluation targets. 
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49. I think the availability of 

training opportunities and 

resources also has som e 

influence. For example, in our 

institution, relevant training 

activities are often held, and 

there is even a dedicated course 

for this. Teachers can learn it at 
Public PUB7 

any tim e, or take this type of 

online course. A s long as they 

have spare tim e, they can learn 

anytim e and anywhere. So I 

think the abundance of 

resources and the ease ofaccess 

to these resources are also 

influential factors. 

50. M any public schoolteachers 

need to corn plete a certain 

Public PUB5 num ber of continuing education 

training hours for evaluation of 

professional title or certificate. 

G ovemm ent- 

51. If it' s required by the 

schoolorby a superior, then you 

have to go. If there is no 

R elated 

R easons 

Private PR 4 requirem ent, then you may or 

may not go, but if there is a 

requirem ent you definitely have 

to attend. 

/ 
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Public PU B7

49.Ithink the availability of

training opportunitiesand

resourcesalso hassom e

influence.Forexam ple,in our

institution,relevanttraining

activitiesare often held,and

there iseven a dedicated course 

forthis.Teacherscan learn itat 

any tim e,ortake thistype of

online course.A slong asthey

have spare tim e,they can learn

anytim e and anywhere.So I

think the abundance of

resourcesand the ease ofaccess 

to these resourcesare also

influentialfactors.

Public PU B5

50.M any public schoolteachers

need to com plete a certain

num berofcontinuing education 

training hoursfor evaluation of 

professionaltitle orcertificate.

Governm ent- 

R elated

R easons

Private PR 4

51.Ifit’srequired by the

schoolorby a superior,then you 

have to go.Ifthere isno

requirem ent,then you m ay or

m ay notgo,butifthere isa

requirem ent,you definitely have 

to attend.
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