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Abstract
With the popularisation of dockless bicycle sharing in cities around the planet in the recent years, studies have increas-

ingly focused on its intrusion to privacy through the extraction and monetisation of users’ personal data and travel tra-

jectories. This raises the concern of surveillance capitalism that is often embedded within urban mobility platforms. While

some research has analysed the business models of dockless bikeshare and identified data extraction as their core value

proposition, how bikeshare users themselves perceive and interact with data extraction has so far remained unexplored.

Using survey data and interview data with dockless bike users in Shenzhen, China, this study explores users’ perspectives
on data extraction in dockless bikeshare with both quantitative and qualitative methods. The result indicate that socio-

demographic backgrounds, mobility patterns and location of residence have significant impacts on users’ attitudes to shar-

ing data with dockless bike operators. In addition, a considerable portion of bikeshare users in Shenzhen on the one hand

normalise data extraction while on the other problematise receiving financial compensation for their data. Users’ acqui-
escence to data extraction is likely to sustain and reinforce the extractive model of surveillance capitalism in dockless

bikeshare.
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Introduction
In the most recent decade, China has witnessed a resurgence
of urban cycling in major metropolitan areas spearheaded by
different bicycle sharing schemes. Dockless bicycle sharing
was introduced in major Chinese cities in 2016 and has pro-
liferated rapidly. Compared to traditional public bikeshare
schemes, dockless bikeshare requires no fixed docks and
allows for picking up and parking almost anywhere, which
provide users with more flexibility (Jia and Fu, 2019; Sun
et al., 2024). While traditional public bicycle sharing
schemes in China are fully or partially funded by the local
government and rely on IC cards for borrowing and returning
bikes, dockless bicycle sharing schemes are run by private
operators that platformise the service on their mobile
APPs, which require real-name verification and link to the
user’s other profiles. In addition, in order to track the bikes
and verify parking spots, GPS tracking is installed on both
the dockless bikes and their APPs. The platform-based busi-
ness model and the collection of locational data enable dock-
less bicycle operators to collect much more user information
than traditional public bicycle operators.

Thus, despite its presumed benefits of reducing carbon
emissions (Zhang and Mi, 2018), facilitating last-mile

transit (Chu et al., 2021) and offering affordable mobility
(Qian et al., 2020), dockless bikeshare has been scruti-
nised because of the behavioural data extraction and mon-
etisation embedded in its business model (Lin and
Spinney, 2021; Spinney and Lin, 2018, 2021). Spinney
(2020: 188) has argued that revenue from bicycle rental
alone is unlikely to sustain the business model of dockless
bikeshare in China and the monetisation of users’ personal
information and behavioural data in the form of ‘behav-
ioural surplus’ (Zuboff, 2019) may be playing a significant
role in how dockless bike firms (seek to) make profit and
attract investment. In addition, through their acquisition of
dockless bike firms in recent years (Spinney and Lin,
2021), Chinese internet platform companies could poten-
tially benefit from cyclists’ personal and behavioural
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data by using it to train artificial intelligence algorithms,
which can be applied to tailor advertisements to indivi-
duals or social groups (Creutzig, 2021; Spinney, 2020).
This raises the concern that instead of a new means of
micromobility provision, dockless bicycle sharing could
be ultimately focusing on extracting users’ data, serving
as a vehicle for what Zuboff (2019) termed ‘surveillance
capitalism’.

While there have been detailed studies on the mechan-
ism of data extraction embedded within dockless bike
sharing (Spinney and Lin, 2018, 2021), they mostly
relied on interviews with representatives of operators
and the government. How dockless bike users themselves
perceive and interact with the data extraction practices
remains unaddressed. As Big Data has been increasingly
framed as human subject data in Critical Data Studies
(Dalton et al., 2016; Iliadis and Russo, 2016), a critical
and comprehensive understanding of data extraction in
dockless bikeshare cannot be achieved without consider-
ing the voices and experiences of data subjects them-
selves. In addition, almost all studies on data extraction
of urban mobility platforms have focused on the business
model, while the mobility aspect is often neglected. As
mobility is inherently political and every specific aspect
of mobility has its own politics (Cresswell, 2010; Squire,
2010), incorporating users’ mobility enables this study
to speak to the literature that criticises data extraction by
platforms from a political-economic perspective
(Srnicek, 2017; Zuboff, 2019). Since users constitute the
nexus between dockless bikeshare’s mobility and personal
data extraction sides, an investigation into their percep-
tions and experiences can provide further insight into
how users interact with data extraction practices by mobil-
ity platforms.

This paper aims to achieve a nuanced understanding of
users’ perceptions of and experiences with dockless
bike’s data extraction by adopting a mixed-method
approach that combines quantitative data from an online
survey and qualitative data from interviews with dockless
bicycle users in Shenzhen, China. With three major opera-
tors and more than 1 million trips daily (Shenzhen
Transport Bureau, 2022), Shenzhen is one of the largest
dockless bikeshare markets in China. The city also strictly
regulates the business and was the first in the world to
pass legislation on dockless bikes, stipulating detailed man-
agement rules and restricting the size of fleets (The standing
Committee of the seventh Shenzhen People’s Congress,
2021a). In terms of data privacy standards, Shenzhen is
the first Chinese city to legislate for personal rights to
data and restrict online platforms’ handling of sensitive per-
sonal data (The standing Committee of the seventh
Shenzhen People’s Congress, 2021b). Users of dockless
bikes in this ‘Silicon Valley of China’ (Cheng, 2021) also
tend to be younger and have higher digital literacy than
the average user in other cities. All these factors make

Shenzhen a particularly relevant site to investigate users’
perceptions of and experiences with dockless bike’s data
extraction.

Literature review

Platform economy and data-driven capitalism
Studies on the political–economic relations between data,
online platforms and capitalism have proliferated in the
recent years (Sadowski, 2019). Several terms have been
coined to describe those relations, including ‘surveillance
capitalism’ (Foster and McChesney, 2014; Zuboff, 2019),
‘platform capitalism’ (Srnicek, 2017) and ‘informational
capitalism’ (Fuchs, 2010). A common emphasis among
these concepts is the rising value of user data and modern
capitalist organisations’ internal demand to extract and
monetise this value as much as possible (Fourcade and
Healy, 2016) under a strong monopolisation drive
(Yeşilbag, 2022). Compared to platform capitalism’s
emphasis on online platform-based monopoly and informa-
tional capitalism’s emphasis on surplus proliferation and
exacerbated exploitation through information technology,
the concept of surveillance capitalism is deemed the most
suitable analytical framework for this paper. This is
because this concept denotes a form of accumulation
based on extraction and commodification of user data and
it revolves around the ‘behavioural surplus’ that platforms
accumulate through tracking users’ mundane behaviours
(Zuboff, 2019). This idea fits the model of extracting and
monetarising users’ behavioural data through tracking
their commutes and other trips through GPS involved in
some bicycle sharing platforms and it has been invoked
by previous works such as Spinney (2020) to conceptualise
bicycle sharing platforms as vehicles for surveillance
capitalism.

Under surveillance capitalism, the extraction of behav-
ioural surplus can be efficiently carried out through plat-
forms, which have a ‘unique ability to link together and
consolidate multiple network effects’ (Srnicek, 2017: 95).
A typology of platform trajectories offered by Stehlin
et al. (2020) suggests that while this ability enables plat-
forms to coordinate existing assets and increase resource
use efficiency, it also exacerbates marginalisation and
exploitation. Thus, there are criticisms of surveillance cap-
italist platforms creating threats to civil rights and liberty
(Foster and McChesney, 2014), as well as exacerbating sys-
tematic digital risks through its incessant imperative to
collect and connect (Curran, 2023). Thatcher et al. (2016)
termed the alienation process of users in data collection
‘data colonialism’, while Harvey’s (2004) concept of ‘accu-
mulation by dispossession’ has also been invoked to describe
capital’s valorisation of previously non-commodified per-
sonal data and movements (Sadowski, 2019; Spinney and
Lin, 2021).
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The use of cycling data
A common justification for the collection of cycling data is
its high value for urban transport and infrastructure plan-
ning (Gössling, 2018). For instance, user-generated
cycling data from the fitness tracking app Strava provide
valuable resources for research on urban cycling patterns
(Musakwa and Selala, 2016), bicycle safety incidents
(Ferster et al., 2021) and cyclists’ exposure to air pollution
(Lee and Sener, 2021). Similarly, GPS-based tracking data
generated by dockless bikeshare users have served to aid
operation and urban planning by describing spatial and tem-
poral patterns of dockless bike usage (Ma et al., 2020),
exploring route choice by cyclists (Scott et al., 2021) and
forecasting demands for dockless bike (Xu et al., 2018).
However, Spinney and Lin (2018) found that instead of
being open source for research and planning, bikeshare
data in Shanghai was only accessible to a few research insti-
tutions and the government. They also speculated that dock-
less bikeshare operators could possibly have leveraged data
as a strategic resource to navigate public relations and influ-
ence policymaking by only providing data to district gov-
ernors who publicly supported the brand. These findings
challenge the proclaimed public-oriented use of cycling
data.

One major commercial usage of cycling data is to make
profit by extracting the ‘behavioural surplus’ from users’
trips (Spinney and Lin, 2018, 2021; Zuboff, 2019: 127).
While raw locational data itself is of little economic
value, its combination with users’ personal data from
other platforms can be used to train algorithms for tailored
advertisement (Frith, 2013; Spinney and Lin, 2018). This
encourages a business model of dockless bike operators
engaging in the collection and selling of raw personal
behavioural data. Meanwhile, Internet platform giants
may purchase these data, merge them with data from their
platform and create the end product of detailed personal
information for advertisers. Thus, compared to crowd-
sourced cycling data, which is usually anonymised in a dis-
cretised format (Raturi et al., 2021) and only used for public
purposes (Lee and Sener, 2021), dockless bike data may be
commercialised to a greater degree. Both Han (2020) and
Lin and Spinney (2021) have suggested that the drive for
accessing personal travel data could be the rationale for
the active investment in and acquisition of dockless bike-
share businesses by Chinese Internet giants such as
Tencent and Meituan.

Users’ experience with data extraction
According to Srnicek (2017), the invasion of personal
privacy is the foundation of the platform capitalism busi-
ness model and platform companies are constantly attempt-
ing to push the envelope of socially acceptable levels of
data collection. Previous research on self-tracking fitness

apps have critiqued how platforms extract data from users
by encouraging self-surveillance and datafication of the
body (Couture, 2021; French and Smith, 2016). Similarly,
a recent study of the women’s health software Femtech
found that its users’ sensitive information, including
period cycles, had been shared with third-party data aggre-
gators for targeted advertising purposes (Erickson et al.,
2022). Compared to data generation through voluntary self-
tracking, data collection by dockless bikeshare platforms is
arguably more extractive due to the non-existence of
opting-out options. Looking at the platform users them-
selves, studies have depicted them as both active generators
of behavioural surplus and passive victims of data extrac-
tion who hand over personal data to operators without
even knowing (Duarte, 2016; Spinney and Lin, 2018,
2021; Zuboff, 2019). In this way, users have effectively
been portrayed as ‘prosumers’ that are infinitely exploitable
as they both pay for the service and produce data to be
exploited (Fuchs, 2010; Thatcher et al., 2016).

Research in the fields of management science and digital
studies has sought to understand users’ experiences with the
collection of their personal data through online interfaces.
Debates have evolved around whether and how users care
about the terms and conditions of data collection. For
instance, Vitale et al. (2018) suggest that transparency is a
critical factor affecting users’ experiences with data collec-
tion and that clearer explanations of how the data will be
used are likely to increase their willingness to share data.
In addition, Zhang and Sundar (2019) argue that customisa-
tion of privacy settings improves users’ experience by
giving them a sense of control. However, other researchers
have challenged the idea that users’ agreement to data col-
lection terms is a free and voluntary move. For instance,
both Zuboff (2019) and Lin et al. (2012) have concluded
that terms and conditions regarding privacy were rarely
read by smartphone users due to the complexity of these
documents.

When it comes to mobility data, previous studies have
explored users’ perceptions of locational data collection.
For example, Cottrill and Thakuriah (2015) found that
smart mobility users are much more willing to share their
locational information such as trip origin and destination
than their regular personal information such as name and
address. They also discovered that users’ willingness to
share information is impacted by their sociodemographic
attributes, trust towards collecting agency and perceived
benefits of data-sharing. Similarly, Cabalquinto and
Hutchins (2020) highlighted the critical need to understand
how users with different socio-technical literacy levels
approach and understand geolocation data collection
through smartphones. Furthermore, Leszczynski (2015)
suggested that users tend to be more concerned about trans-
parency in location data collection than the specific practice
of data capture and their eventual monetarisation process. In
a more practical sense, other studies on users’ awareness on
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privacy related to their location data have informed the
designs of various location-based services, such as mobility
pricing systems (Iqbal and Lim, 2007) and location-sharing
services (Abbas, 2011). These studies highlight the signifi-
cance and usefulness to understand data collection embed-
ded within platform mobility from the users’ perspectives.
However, how bicycle sharing users perceive and interact
with personal data collection remains unclear. Spinney
and Lin (2018, 2021) have been the first to look into the
use of cyclists’ data in bike sharing, but they mostly
focused on how data extraction shaped the interactions
between dockless bike operators and the local government.
While touching upon the changing social relationship
between users that resulted from data extraction, their
work has largely neglected the users’ own attitudes and
responses to giving away their personal data.

Literature gaps
This paper addresses two gaps in the literature. Firstly, as most
political economy studies of digital platforms and data are
highly critical of capitalism, they tend to focus on the platform
companies rather than the users of the services those compan-
ies offer. How users perceive and interact with the data extrac-
tion by platforms is understudied. Secondly, while some
studies on users’ opinions on data and privacy have mentioned
urban mobility platforms (e.g. Cabalquinto and Hutchins,
2020; Leszczynski, 2015), they have not focused on mobility
data or the interaction between surveillance capitalism and
mobility. It is therefore unclear how data extraction by
urban mobility platforms shapes, or is shaped by, individuals’
mobility in cities. This study addresses these two gaps by
looking into how users perceive and interact with personal
data collection in dockless bikeshare and how this interaction
is mediated by their mobility.

Methodology
This study is based on a mixed-method approach consisting of
an online survey and a series of interviews. The online survey
was conducted first to examine cyclists’ general attitudes to
sharing personal data with dockless bike operators and identify
correlates of those attitudes. In order to obtain more in-depth
understandings of users’ perspectives on sharing data, inter-
views were then conducted with dockless bicycle users in
Shenzhen. Since the study was conducted by a researcher at
the University of Oxford, which requires research ethics clear-
ance for all research involving human participants, it has
received approval from the Central University Research
Ethics Committee (CUREC) at that University.

Online survey
An online survey targeting adult Shenzhen residents was
conducted in July 2021 to collect respondents’ views on

dockless bikeshare in general and its data collection prac-
tices in particular. The survey intends explore how users’
willingness to share data and their attitude to compensation
for data are affected by a wide range of variables. The first
three parts of the survey collects information on demo-
graphic variables, use pattern of dockless bicycle and atti-
tude to dockless bicycle. The specific variables were
informed by previous studies focusing on the use pattern
of bicycle sharing schemes (Bernatchez et al., 2015; Jia
and Fu, 2019). An additional set of variables on users’ opi-
nions on data collection were then designed by the author
and added to the survey to explore whether there are corre-
lations between users’ willingness to share data and their
attitudes on various aspects of dockless bicycle sharing.
The survey was experimented with 15 participants in a
pilot test before being distributed via a Chinese online
survey platform Wenjuanxing. This platform was chosen
due to the age verification and geographic positioning func-
tions it offers. Eventually, the survey received valid
responses from 425 individuals, almost all (98%) of
whom had used dockless bike sharing services in
Shenzhen. Table 1 shows that the survey sample was rela-
tively younger and more educated; included more women;
and had higher socio-economic status in terms of income,
education and hukou (household registration) than the
wider Shenzhen population.

Interviews with cyclists
60 semi-structured street interviews have been conducted
with dockless bicycle users. To obtain a geographically
balanced sample, the city was first divided into three
parts: core sub-districts (all sub-districts in the three down-
town districts), inner-suburb sub-districts (all sub-districts
adjacent to core sub-districts) and outer-suburb sub-districts
(all other sub-districts). 6 target sub-districts for interviews
were randomly selected, with 2 in each part of the city
(Figure 1). 10 interviews were conducted in each sub-
district, with 7 in weekdays and 3 in weekends to control
for temporal difference. Interviewees were randomly
selected and approached when they were locking or

Table 1. Demographics of survey sample compared to wider

Shenzhen population.

Sample Shenzhena

Median age 28.6 34.7

Median gross monthly income in RMB 9898 5199

Sex ratio (number of males per 100

females)

71.4 122.4

Average years of education 15.8 11.9

Percentage with Shenzhen hukou 44.0% 29.2%

Percentage living in core 40.7% 25.6%

aSource: Shenzhen Bureau of Statistics (2021).
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unlocking a dockless bike near metro or bus stations. Most
of the interviews were conducted in the morning or after-
noon, and each interview took approximately 15 minutes.
Since most interviews took place at an outdoor setting
with busy commuters in summer, the interview structure
was designed to be concise in order to increase the rate of
acceptance (Vindrola-Padros et al., 2020) and overcome
barriers related to time and environment (Walshe and
Law, 2024).

The semi-structured interview asked questions about
respondents’ opinion on and experience with dockless
bicycle sharing in general and data-sharing with dockless
bicycle operators in particular. In the interview, respon-
dents were first asked about their use pattern and opinions
on the operation and management of dockless bicycles.
Then, they were asked about their attitude to sharing per-
sonal data with dockless bikeshare operators, as well as
their ideas on and experiences of sharing different types
of data. Lastly, they were invited to consider a hypothet-
ical situation where they could be rewarded with a dis-
count for using dockless bike if they agreed to share
personal data with the operators. Interviews were con-
ducted in either Mandarin Chinese or Cantonese. They
were transcribed in Chinese and then translated into
English for further analysis.

Analysis
The questionnaire data were used to obtain insight into two
issues, namely participants’ willingness to share data with
dockless bike operators and to exchange their data with
those operators for a service discount. The first issue was

analysed through participants’ reported willingness to
share data on a ten-point scale. The second issue is relevant
in light of the literature on platforms, data extraction and
surveillance capitalism because the extractive nature of
data collection by dockless bike firms is largely based on
the lack of appropriate compensation to users (Sadowski,
2019; Thatcher et al., 2016). It was analysed through
users’ responses to a series of statements regarding receiv-
ing compensation. The quantitative analysis of survey data
was performed using SPSS version 28.

Analysis on the qualitative interview data was then
carried out with NVivo version 12 using inductive
coding. Reflexive thematic analysis was utilised to iden-
tify, analyse and report patterns and themes related to
dockless bicycle users’ opinions on and experiences with
data collection (Braun and Clarke, 2006). Among the
many categories of thematic analysis (Braun et al., 2019;
Fugard and Potts, 2020), reflexive thematic analysis was
selected because it enables an organic, unstructured and
inductive coding process that codes information directly
from participant’s responses without pre-established cat-
egories (Hsieh and Shannon, 2005). Emerging themes
from transcripts were coded into nodes under either of
the two major thematic blocks: ‘attitude to data sharing’
and ‘attitude to compensation’. This has resulted in
several emergent themes under both blocks, which was
further coded in multiple iterative coding cycles.
Subsequent analysis is performed by both identifying
comments and interpretations of data sharing that is
common among respondents and closely examining view-
points that are distinct from others (Couture, 2021: 188).
In addition, based on the results of the regression

Figure 1. Sites of street interview.
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models, quotes that can help to illustrate quantitative
results were identified and stored in a separate node.

Findings

Users’ willingness to share data
Respondents’ willingness to share data with dockless bike-
share operators (Figure 2) can be roughly categorised into
three levels: unwilling [1–4]: 26.6%, somewhat willing
[5–7]: 39.3% and very willing [8–10]: 34.1%.

A regression analysis was conducted to understand the
most important correlates with the survey participants’ will-
ingness to share data with dockless bikeshare operators.
Three sets of variables are considered – socio-demographic
variables, mobility variables and attitude-related variables –
because demographic variables, use pattern of the service
and perception of data-collection process have been com-
monly used as independent variables in regression models
to analyse willingness to share data with a service provider
(Ackermann et al., 2022; Wenz et al., 2019). The second
and third set of variables were added in a stepwise
manner in order to understand how the coefficients for vari-
ables already included in the model may change.

Willingness to share data with dockless bike operators is
only weakly correlated with sociodemographic factors
(Table 2, Model 1). The latter only explain 3% of the vari-
ation in that willingness. Personal income is most strongly
related to willingness to share, with people on higher
incomes being generally more willing to share their data.
The effect of education is weaker and has the opposite
sign, meaning that those with higher educational attainment
are less willing to share their data. Age, gender and house-
hold registration status are not associated with willingness
to share once income and education are considered.

Mobility and spatial variables are much more strongly
correlated with willingness to share data than sociodemo-
graphic variables (Table 2, Model 2). Use frequency

appears to be strongly correlated with willingness to
share, which suggests that frequent users of dockless bike
are more likely to be willing to share their data. In addition,
bike owners tend to be more willing to share data with
dockless bike operators. As previous research has suggested
that bicycle owners tend to view bike sharing more posi-
tively and be more willing to use the service (Chen et al.,
2022; Fishman et al., 2013), it is a distinct possibility that
their willingness to share data to some extent reflects their
more positive attitudes towards the dockless bikeshare busi-
ness. The fact that the effect of bike ownership is dimin-
ished by a third once attitudes towards dockless bikeshare
are included in model 3 is consistent with this argument.
Model 2 also shows that respondents who live in neigh-
bourhoods with denser metro stations and further away
from the CBD tend to be more willing to share their data.
Collectively the spatial variables and use frequency indicate
that regular users who live in sub-urban commuter neigh-
bourhoods are particularly willing to share their data. This
may reflect that they have a strong and relatively inelastic
demand for dockless bikeshare services, which could
have positive impacts on their willingness to share.

Adding attitudes towards dockless bikeshare in general
and beliefs regarding operators’ data collection practices
further improves the explanatory power of the model; the
R2 more than doubles to 0.277 (Table 2, Model 3). Those
who find dockless bike in Shenzhen to be more well-
managed, more affordable, or like dockless bikeshare
more were significantly more willing to share personal
data. Taken together, this reflects the role of overall trust
in dockless bicycle firms as a critical factor in shaping data-
sharing decisions. This is also manifested through another
factor that was not considered during the preparation of
the online survey: the size of the dockless bike platform.
One in every 12 cyclist interviewees explicitly stated that
they trusted bigger operators:

I am confident about giving my personal information to
Meituan Bike because they seem to be more formal. They
have a bigger platform, and their company is more famous,
so compared to other brands, Meituan is more reliable.
(Female, 30–40, uses 1–2 times every week, accountant)

This greater trust in bigger platforms might imply that dock-
less bike operators’ strategy to oversupply and achieve local
monopoly in Chinese cities (Jian and Nie, 2019; Tu et al.,
2019) could in effect establish their brand as reputable among
local cyclists and thereby reduce the cost of data collection.

To conclude by taking three models together, it can be
inferred that dockless bike users’ willingness to share data is
negatively correlated with the level of suspicion to privacy
issues, which tends to be higher for the more well-educated
individuals, while positively correlated with the level of trust
in dockless bike (as reflected by bike ownership, attitude to
dockless bike and perceived trustworthiness of the brand)

Figure 2. Distribution of survey respondents’ willingness to
share personal data with dockless bikeshare operators.
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and the level of dependence on dockless bike (as reflected by
use frequency and walk distance to the CBD).

Users’ interpretations of sharing different types of
data
This section examines users’ interpretations of sharing dif-
ferent kinds of data. Apart from geographic data, other

sensitive personal information such as personal ID and
phone number were frequently highlighted in the street
interviews. The analysis suggests that at least four logics
shape users’ interpretation of sharing different types of
data: necessity, indifference, sensitivity and safety.

Necessity and indifference. Interviewees were generally
more reluctant to share their data if they believed the data
was unnecessary for using the dockless bikeshare service.

Table 2. Regression models for willingness to share personal data with dockless bike operators (n= 425).

Model 1 Model 2 Model 3

Model R2
0.030 0.122 0.277

Beta SE Significance Beta SE Significance Beta SE Significance

Socio-demographic variables
Age [2, 7; 2= 18–24, 7=over 60] −0.065 0.162 0.213 −0.082 0.157 0.110 −0.064 0.148 0.179

Gender [0=male, 1= female] 0.022 0.263 0.649 0.061 0.255 0.198 0.054 0.237 0.226

Household registration [Shenzhen

urban= 1, non-Shenzhen urban= 2,

non-Shenzhen rural= 3]

0.031 0.170 0.555 0.066 0.169 0.215 0.073 0.155 0.134

Years of education [9, 19] −0.106 0.188 0.050 −0.100 0.183 0.057 −0.061 0.171 0.209

Personal gross monthly Income [1, 5;

1= below 2200, 5= above 20,000]

0.193 0.131 <0.001 0.123 0.132 0.032 0.120 0.121 0.023

Mobility and spatial variables
Car ownership [0=No, 1=Yes] 0.095 0.273 0.067 0.067 0.253 0.161

Bike ownership [0=No, 1=Yes] 0.134 0.268 0.005 0.097 0.248 0.028

Use frequency [1, 5; 1= never used in

the previous month, 5= uses almost

every day]

0.231 0.012 <0.001 0.082 0.012 0.086

Density of metro stops in residential

sub-district [0, 3.7]

0.147 0.270 0.049 0.033 0.252 0.639

Density of bus stops in residential

sub-district [0.2, 39.8]

−0.019 0.021 0.816 0.036 0.019 0.621

Walk distance from residential

sub-district to the nearest CBD [1.9,

54.7]

0.130 0.015 0.038 0.090 0.014 0.118

Attitudes towards dockless bikeshare and beliefs about data collection
Perceived convenience of dockless bike

[1, 10; 10=most convenient]

0.022 0.177 0.648

Perceived affordability of dockless bike

[1, 10; 10=most affordable]

0.202 0.137 <0.001

Perceived management of dockless bike

[1, 10; 10=most well-managed]

0.141 0.146 0.005

Attitude towards dockless bike [1, 10;

10=most positive]

0.179 0.089 <0.001

Belief about extent to which DB

operators collect data on preference
[1, 10; 1= none, 10= collect all

preference data]

0.064 0.075 0.259

Belief about extent to which DB

operators collect data on location [1,

10; 1= none, 10= collect all location

data]

−0.121 0.073 0.016

Belief about extent to which DB

operators collect data on behavioural
pattern [1, 10; 1= none, 10= collect

all behavioural data]

0.064 0.069 0.237
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For instance, registration of the Chinese personal ID, which
is the combination of name and a serial number assigned by
the state to identify the person, is required for accessing
dockless bicycle in Shenzhen. Some cyclists drew on argu-
ments of necessity to justify the sharing of this information:

It is fine to register some of my personal ID information for
the real-name registration system. It is definitely necessary
because it can hold people responsible for their parking
behaviour. (Male, 40–50, uses 2–3 times every week)

This cyclist’s justification through the practical need to
regulate parking suggests that data collection is inseparable
from the mobility side of dockless bikeshare, especially its
use and management. Dockless bike operators’ failure to
effectively manage their fleets has given rise to urban nui-
sances such as randomly parked bikes and clogged side-
walk in China (Guo et al., 2017; Spinney and Lin, 2018).
However, this very failure could help dockless bike opera-
tors justify the collection of personally identifiable data by
implying it as the only way to improve parking.

A similar argumentation focusing on necessity for oper-
ation can be observed in the following quote:

If I do not give them any GPS information, maybe they will
not be able to manage their bike fleets or improve their bike
distribution. I want to make sure that the information I pro-
vided is solely used for benefitting the users. (Female, 20–30,
uses once every week, student)

This cyclist justified the sharing of geographic informa-
tion by referring to the necessity for managing fleets and
implied that her data serves the greater good. Both exam-
ples of sharing personal IDs and sharing GPS positions
indicate that the perceived purpose of collecting a certain
type of personal data has a significant impact on cyclists’
judgement on whether such collection is necessary and
thereby the willingness to accept it. Moreover, users’ judge-
ments regarding necessity also have a temporal dimension:

It is okay if they use my information like GPS position
when I am using the bike. However, when I am not using
the bike, I do not want them to access my location data.
(Female, 40–50, uses 7–8 times every week, office clerk)

In this quotation the necessity of collecting geographical
data depends on whether the respondent is using the bike,
which reflects the user’s fear of the dockless bikeshare
smartphone app acting as ‘spyware’ that tracks her location
and movement incessantly. However, as it is an inherent
requirement for the commodification of data to link it
across time and space (Thatcher et al., 2016), tensions are
likely to rise between users’ desire to limit data-sharing to
specific times and purposes they deem necessary and opera-
tors’ natural drive to push the limit of ‘necessity’ further.

While some cyclists drew on a logic of necessity in
determining what data to share, others were more indiffer-
ent. Indifference is usually the result of a lack of knowledge
about the data collection or a lack of interest, as reflected by
the following quote:

I have no concern over sharing specific kinds of data. I just
directly click accept all, no matter with dockless bike or
with other (platforms). I don’t know about all these, and I
don’t think this will be a problem. (Male, 20–30, uses
twice every day, shop assistant)

This cyclist is neither aware of the specificities of data
collection nor motivated to understand them, as he does
not perceive data collection by dockless bike or other plat-
forms to be a problem. There are, however, other cyclists
who understands data collection but still expressed indiffer-
ence due to a sense of disempowerment:

I don’t care about what types of data are being collected
because they are the same. If I say you (dockless bike oper-
ator) cannot collect a specific type of data, will it really
count? I am just a small citizen and what I say is useless,
because it will remain the same. (Female, 20–30, uses
once every day, tutor)

While this cyclist also does not ‘care’ about sharing spe-
cific types of data, her indifference originates from her
belief that her choice will not be taken seriously and her
voice as a ‘small citizen’ will not make a difference. This
suggests that individuals’ interpretation of data sharing
are related to not only knowledges about data collection,
but also personal beliefs about the general power dynamic
within the bikeshare system and the greater society.

Sensitivity and safety. Interviewed cyclists also referred to
the logics of sensitivity and safety on their decisions of
data-sharing. While their interpretations of what counts as
‘sensitive’ vary, they all centred around the characteristics
of Personally Identifiable Information (PII): the information
that is directly linkable to an individual’s identity
(McCallister et al., 2010). For some cyclists, however, the
criterion of sensitive information depended not only on
practical privacy concerns, but also on social norms and
common practices:

I can accept giving them my phone number. Nowadays you
give out phone number everywhere, so it is fine. However, I
am quite uncomfortable that they collect my personal ID
information. It is more private and sensitive, and I don’t
know why they need this. (Male, 20–30, uses 8–10 times
every week, engineer)

In China, a phone number can easily be used to identify
the owner. Although both phone number and personal ID
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are used for real-name verification, this cyclist perceives the
two types of information with significantly different levels
of sensitivity. He is used to sharing his phone number and
understands it to be more acceptable, which illustrates the
effect that societal and cultural customs can have on sensi-
tivity. The previously discussed logic of necessity also
mediated his reasoning, as his reluctance to share personal
ID information rested upon a lack of understanding of why
such information was required.

For some individuals and under some circumstances,
their sensitivity of data sharing are explicitly expressed
through the more serious concerns over safety. The safety
concern is reflected by the significant negative correlation
between perceived extent of location data collection and
the willingness to share data in Table 2. This is in line
with the findings of a previous study that out of 52 types
of personal information, American consumers viewed
sharing their ‘GPS location’ to pose the greatest risk
(Milne et al., 2017). The relevance of this finding in the
Shenzhen context is suggested by responses in the cyclist
interviews, as some users explicitly linked the sharing of
geographic location with physical safety concerns:

I am afraid that if I leak too much locational information,
maybe someone would be able to find me by knocking
my door one day. (Male, 20–30, uses over 10 times every
day, deliveryman)

Apart from location data, phone number also raised the
safety concerns of some respondents due to fears of fraud
calls. By describing fraud calls as ‘uncomfortable’ and
‘dangerous’, they elevated giving away their phone
number to dockless bike operators from a matter of
privacy to a personal security issue:

I registered my phone to (dockless bike) operators, and now
my phone frequently receives unknown phone calls or mes-
sages for no reason. This makes me uncomfortable and
worried about my safety. (Female, 30–40, uses once
every week, beauty salon owner)

The gendered nature of the logic of safety is also worth
highlighting. Previous research in the US and Taiwan has
found that men are more likely to provide their phone
number and address on their social media profile
(Tufekci, 2008), while women tend to express greater
privacy concerns due to different perceptions of security
and vulnerability (Tifferet, 2019). When discussing the
types of data that they considered suitable or unsuitable
for sharing with dockless bike operators, the majority of
interviewees who explicitly considered personal safety in
the current study were female. Moreover, in the case of
sharing their phone number, all interviewees who consid-
ered fraud calls or unknown calls to be dangerous were
female. This could result from gendered differences in

perceptions of social safety related to mobility practices,
as women tend to be more aware of social risks when
cycling (Xie and Spinney, 2018). In addition, it could
suggest gender differences when it comes to the linkage
between privacy and social safety (Froomkin and
Colangelo, 2020).

In the context of Shenzhen, the rising level of attention to
one’s phone number is also grounded in the rampant fraud
call crime nationwide. A report by the China Internet
Network Information Centre (2016) found that over 1
billion spam calls and over 0.3 billion fraud calls were
reported in China in 2015. Large-scale leakage of telephone
numbers through Internet-based platforms was believed to
be a core reason for the spike of spam and fraud calls in
recent years (Li and Yuan, 2017; Zhao et al., 2018). In
response to this, the Chinese government launched an anti-
fraud awareness campaign in 2021 that sought to reduce
data leakage from the users’ side (Houweling, 2021;
Xinhua, 2021). This awareness campaign clearly had an
impact on cyclists’ growing attention to fraud calls as a
source of danger:

The community police have reminded us not to give away
our telephone number to avoid fraud calls. The anti-fraud
campaign radio broadcast on the street says similar
things. (Male, 20–30, uses once every day, security guard)

The interviewee’s concerns on sharing telephone
number shows the impact the external environment, in
this case the anti-fraud awareness campaign, could have
on individual’s interpretations of what data is safe/unsafe
for sharing.

Users’ attitudes to monetary compensation for data:
Normalisation and problematisation
This section explores dockless bike users’ attitudes to
potential monetary compensation for data sharing. Table 3
shows an overview of responses to the four statements
regarding monetary compensation that were included in
the survey. The idea behind the statements was to identify
whether a financial compensation can increase users’ will-
ingness to share data and the conditions that users tend to
place upon such compensation. The table indicates that
only a small percentage (19.8%) of respondents will
accept data-sharing whenever a discount is offered and
the increase of the value for discount has only resulted in
a modest increase in willingness (statement 2). On the
other hand, compared to the scenario in which they are
only offered a discount (statement 1 and 2), users are
much more willing to share data if the purpose of using
their data is articulated (statement 4) or if data security is
guaranteed (statement 3). This is in line with the
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significance of necessity and safety on data-sharing deci-
sions that the previous sub-section has illustrated.

The question about compensation for data-sharing was
also structured in the cyclist interviews, which revealed a
particularly interesting phenomenon. There seems to be a
tension between interviewed cyclists’ willingness to share
data and their attitude towards monetary compensation for
data. 25 out of 60 (40%) interviewees said they were
either unaware of or did not care about personal data collec-
tion, but then refused the hypothetical deal of sharing data
to receive discounts. This discrepancy in attitude can be
attributed to two aspects: viewing current practices to be
‘normal’ and ‘inevitable’ and viewing compensation for
data collection as ‘abnormal’ and ‘problematic’. The nor-
malisation usually occurred through references to the preva-
lence of data collection in contemporary society:

Data collection is normal. Even if you go to the bank or you
go to the government, I don’t believe that they will handle
your personal information properly. That being said, how
can I have any expectation about the data standards of dock-
less bicycle providers? (Male, 40–50, uses 3–5 times every
week, service industry)

This cyclist believed that data leakage is already preva-
lent, even within organisations that are usually seen as
more trustworthy than dockless bike operators. Thus, he
adopted an attitude of indifference and normalised data col-
lection practices. Other interviewed cyclists, however, have
taken normalisation to a larger scale, referring to modernity
and the big-data era for justification:

I don’t care (about data collection). I work in the IT indus-
try, and I know how the industry is like. If you are a modern
person, you are losing your privacy every day. This is how

the era of information intelligence works, so you have to
adapt to it. (Male, 20–30, uses twice a day, programmer)

The era of IT was used as a discursive resource to argue
that omnipresent data extraction is the norm and that indivi-
duals have to adapt. The referral to a ‘modern person’ also
highlights the tension between digital modernity and
privacy (O’Hara, 2018), hinting that privacy is a price
that people have to pay in order to adapt to current trends.
In China, the more relaxed regulations of data privacy
have sometimes been equalled to a more open mind
towards modernity and progress (Hess, 2019), as
Alibaba’s chief AI engineer claimed ‘Chinese people
have less concern with privacy, which allows us to move
faster’ at the World Summit AI in 2017 (Revell, 2017).
The positive notions attached to modernity and big-data
era could discursively prompt users to justify and normalise
giving away data, especially in a city like Shenzhen where
IT is a pillar industry.

The other part of the tension is the problematisation of
receiving monetary compensation for sharing data. In the
online survey, 12.5% of participants have indicated their
problematisation of sharing data for compensation by
selecting the option ‘I am not willing to share my data
with dockless bicycle operators for a discount under any
occasion’. Table 4 summarises the difference between the
problematisation group (those who choose ‘Yes’ for this
option) and the rest of participants in their attitude
towards dockless bike and their willingness to share data.
A subsequent one-way ANOVA test has confirmed that
there was a statistically significant difference between the
two groups in terms of their attitude towards dockless

Table 4. Descriptive statistics on participants’ problematisation

of sharing data for compensation.

N Mean SD

95%

CI

lower

bound

95% CI

higher

bound

Attitude towards

dockless bike

[1, 10;

1= absolutely

negative,

10= absolutely

positive]

No 372 8.06 1.48 7.91 8.21

Yes 53 7.58 1.70 7.12 8.05

Total 425 8.00 1.51 7.85 8.14

Willingness to

share data with

dockless bike

operators

[1, 10;

1= absolutely

unwilling,

10= absolutely

willing]

No 372 6.38 2.48 6.13 6.63

Yes 53 3.94 2.76 3.18 4.70

Total 425 6.08 2.64 5.82 6.33

Table 3. User’s attitudes to sharing data for discounts in using

dockless bike (n= 425).

No. Statement in survey

Percentage of

‘yes’
Percentage of

‘no’

1 I am willing to share data

for any level of discount

19.8 80.2

2 I am willing to share data

for a discount, but the

discount needs to be

attractive enough

29.9 70.1

3 I am willing to share data

for a discount if it can be

guaranteed that my data

will not be leaked

65.9 34.1

4 I am willing to share data

for a discount if I am

informed about what data

I am sharing

51.1 48.9
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bike (F(1423)= 4.54, p= 0.03) and their willingness to
share data with dockless bike operators (F(1423)= 43.43,
p < 0.001). A more negative attitude towards dockless
bike and a lower willingness to share data with operators
could indicate a lower level of trust in dockless bicycle plat-
forms, which could have effects on participants’ problem-
atisation of sharing data for compensation.

This problematisation was much more prevalent in the
cyclist interviews, as 44 interviewees out of the 60 rejected
the hypothetical compensation for data. Among the 25 of
them who also normalised data collection, their problem-
atisation of compensation is mainly based on three
reasons. Firstly, some cyclists considered safety and
privacy to be a non-negotiable, non-exchangeable ‘hard’
demand that is inelastic to price:

The issue of safety is the foremost, and it cannot be used to
exchange with money. (Female, 20–30, uses 2–3 times
every week, teacher)

As this respondent considers safety to be paramount and
objects the monetary compensation to data collection, it
seems paradoxical that she is still using dockless bikeshare
regularly and has agreed to all of its data-sharing condi-
tions. This could be related to the second reason of proble-
matising compensation: the change of attitude when a
‘choice’ is perceived to be given:

I can accept if I am asked to provide it, but I will not volun-
tarily provide it for discount if I am given a choice over
whether to provide or not. (Male, 30–40, uses once every
week, service industry)

The key to this cyclists’ differing attitude between data
sharing with and without compensation seems to be
whether he perceives he is ‘given a choice’. Monetary com-
pensation for data can possibly evoke a conception of vol-
untary exchange, which presents a more equal power
dynamic between users and operators. The observed prob-
lematisation of monetary exchange for data by some
respondents can therefore also be viewed as a changing atti-
tude to data extraction once they feel their autonomy over
personal data is restored by being given an exchange
option.

Finally, some respondents have problematised compen-
sation for data collection based on a fundamentally different
value system, which amounts to the resistance against the
commodification and marketisation of data:

I am not willing to accept. I will not explicitly say that you
can take away this and that information, and you give me
this cash. This is weird. (Male, 40–50, uses 3–4 times
every week, after-sales service)

I cannot accept this deal because I cannot sell it. Me
handing my privacy over to them in exchange of some dis-
count, this is a different thing (from them collecting from
me). (Female, 20–30, uses twice every day, foreign trade)

Both respondents have problematised monetary com-
pensation for data by stating the ‘selling’ of data to be
‘weird’ and ‘different’ from normal data collection. In
this case, it could be that they are not objecting to data col-
lection per se, but to the commodification of their data in a
capitalist set of relations. However, the very business model
of dockless bikeshare is inseparable from ‘exchanging
privacy for money’ that many cyclists have problematised.
Most users of dockless bikeshare in China have their data
extracted and commodified regardless of compensation
(Spinney and Lin, 2018, 2021) and this problematisation
could further benefit dockless bike operators by absolving
them from the responsibility of data compensation
(Sadowski, 2019). Nevertheless, the resistance against com-
modifying data that some problematisation entails also
raises the question of whether monetary compensation is
the only justifiable way to compensate users. Given the pre-
viously discussed different valuation of personal data
related to social safety by men and women (Sun et al.,
2017), a unified renumeration for personal data could also
induce gender-based discrimination and injustice.

Moving forward, this lack of equivalence between data
and remuneration could potentially open the space for
exploring non-monetary ways that enable users to benefit
from their data. One possibility for addressing this issue
is what Creutzig (2021) termed the ‘digital urban
commons’ approach, which utilises a public integrated
user data platform to de-commercialise behavioural data
and use them for public welfare purposes such as transport
system optimisation. In this case, users are able to enjoy the
benefits from improved operation of bicycle fleets, which
ensures that mobile big data is used for the social good
(Poom et al., 2020). While this approach is clearly in
clash with the surveillance capitalist business models,
local authorities could leverage the licensing of shared
mobility operation to set conditions for data-sharing,
thereby pushing shared mobility platforms to publicise
data and channelling these data to ways of use that
benefit users. This is especially relevant in the Shenzhen
case, where the municipal government has strong manage-
ment and control over the licensing and fleet quotas of
dockless bicycle sharing platforms.

Conclusion
The objective of this paper is to shed light on how dockless
bikeshare users in Shenzhen perceive and interact with the
personal data collection practices by dockless bikeshare
operators and platforms. Three main findings have been dis-
cussed in the preceding section. Firstly, while users’
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willingness-to-share was indeed correlated with certain
socio-demographic characteristics such as income and edu-
cation, these correlations turned out to be relatively weak.
Users’ mobility patterns and personal attitudes to dockless
bikeshare had more significant impacts on willingness to
share. Those with higher and more inelastic mobility
demands for dockless bikeshare and higher level of trust
on the sharing platform tended to be more willing to
share data, while those who perceive greater risk of data
safety tended to be less willing to share. Secondly, analysis
on users’ interpretations of sharing different types of data
has illustrated that they are impacted by two groups of
logics: necessity/indifference and sensitivity/safety.
Cyclists interviewed tend to be more willing to share the
types of data that they believe to be necessary for using
the dockless bikeshare service, while being more cautious
when sharing what they consider unnecessary, sensitive,
or could pose threat to their safety.

Thirdly, this study has identified a tension between some
dockless bike users’ normalisation of data collection and
problematisation of monetary compensation for data.
Normalisation occurred in the interviews through partici-
pants repeatedly referring to practices positioned as
common and ‘modern’, including ubiquitous data collec-
tion in an era of big data. Such references were most
common among frequent users, regular long-distance com-
muters and IT industry workers, which illustrates the impact
of mobility demand and occupation on users’ interpretations
on data collection. When such normalisation is combined
with the problematisation of monetary compensation for
data, it could possibly reduce users’ incentive to demand
further compensations and sustain the current data extraction
and monetarisation model.

Given the results, this study makes a threefold contribu-
tion to the literature. Firstly, this study contributes to the
urban platform mobility literature by furthering Spinney
and Lin’s (2018, 2021) analysis of personal data extraction
within dockless bikeshare through examining the nexus
between data extraction and urban mobility from dockless
bikeshare users’ side. It presents a case study of users’ inter-
action with data extraction in China and highlights specific
demographic, mobility and perception factors that influence
both users’ willingness to share data and users’ interpret-
ation of data collection. The result of this study contributes
to the debates around the commodification of urban mobil-
ity and its implications for the process of capitalist
exploitation.

Secondly, this study contributes to the conceptual debate
around surveillance capitalism by analysing how the data
extraction and monetarisation practices of a for-profit
urban shared mobility platform is interpreted, normalised
and sustained from the users’ side. While most studies of
surveillance capitalism focused on political-economic and
structural factors, this study has identified some users’ nor-
malisation of data collection and problematisation of

monetary compensation for data as factors that consolidate
and sustain data extraction, highlighting the highly
entrenched nature of surveillance capitalism. The findings
suggest that different from the traditional, global online
platforms such as Google and Facebook that have informed
the surveillance capitalism literature (Netchitailova, 2012;
Zuboff, 2019), shared mobility platforms could be a new
frontier where surveillance capitalism interact with indivi-
duals’ everyday mobility to further its agenda of behav-
ioural surplus extraction. Thirdly, on a related note, this
study contributes to the evolving debate around big data
and data justice (Dencik et al., 2016; Heeks and Renken,
2018; Taylor, 2017) by engaging with monetary compensa-
tion as a means to reduce extractivism in data collection,
and how users have perceived and interpreted such compen-
sation. This study has questioned the justifiability of mon-
etary compensation for personal data from the users’
perspective and proposed the data commons approach
based on public intervention as a possibility for change.

Finally, while this study has explored users’ attitude to
monetary compensation for data sharing, the effect of the
amount of compensation offered has not been tested.
Future research can use economic experimental methods,
such as choice experiments (Ladenburg et al., 2022), to
analyse cyclists’ willingness to accept payment for data
sharing. In addition, only dockless bike users have been
sampled in the field interview, which may create selectivity
bias if non-users’ beliefs on sharing data and receiving com-
pensation differ from those articulated by users. Thus, a
broader follow-up study targeting non-users can reveal
whether dockless bike users have significantly different atti-
tude to data extraction from non-users. Furthermore,
although this study has identified the effect of users’ mobil-
ity patterns on their attitude to data sharing, it remains
unclear whether data extraction could also shape the mobil-
ity of certain individuals by limiting their access to dockless
bike. It can be in dockless bike operators’ interests to con-
centrate services in neighbourhoods with a wealthier and
more digitally active population. Whether the business
logic of data extraction will simultaneously induce mobility
injustice (Sheller, 2018) and data injustice (Taylor, 2017)
by producing the closely interweaving of virtual and phys-
ical mobility (Sheller and Urry, 2006) through spatially dif-
ferentiated dockless bike service provision should be more
thoroughly investigated by future research. Lastly, future
research can also test the generalisability of results in this
study by examining other mobility platforms that poten-
tially profit from data extraction, such as ride hailing and
e-scooter sharing and other platforms used to offer and
consume everyday services.
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Yeşilbağ M (2022) New geographies of platform capitalism: The
case of digital monopolization in Turkey. Big Data and Society
9(2.

Zhang B and Sundar SS (2019) Proactive vs. reactive personal-
ization: Can customization of privacy enhance user experi-
ence? International Journal of Human-Computer Studies
128: 86–99.

Zhang Y and Mi Z (2018) Environmental benefits of bike sharing:
A big data-based analysis. Applied Energy 220: 296–301.

Zhao Q, Chen K, Li T, et al. (2018) Detecting telecommunication
fraud by understanding the contents of a call. Cybersecurity
1(1): 8.

Zuboff S (2019) The Age of Surveillance Capitalism: The Fight for
the Future at the New Frontier of Power. London: Profile
Books.

Zhou 15

http://sf.sz.gov.cn/fggzsjcx/content/post_9025754.html
http://sf.sz.gov.cn/fggzsjcx/content/post_9025754.html
http://sf.sz.gov.cn/fggzsjcx/content/post_9025754.html
https://www.sznews.com/zhuanti/content/2021-07/07/content_24368291.htm
https://www.sznews.com/zhuanti/content/2021-07/07/content_24368291.htm
https://www.sznews.com/zhuanti/content/2021-07/07/content_24368291.htm
http://dx.doi.org/10.1145/3171221.3171269
http://dx.doi.org/10.1145/3171221.3171269
http://english.www.gov.cn/statecouncil/ministries/202104/27/content_WS60880f3cc6d0df57f98d8ad1.html
http://english.www.gov.cn/statecouncil/ministries/202104/27/content_WS60880f3cc6d0df57f98d8ad1.html
http://english.www.gov.cn/statecouncil/ministries/202104/27/content_WS60880f3cc6d0df57f98d8ad1.html

	 Introduction
	 Literature review
	 Platform economy and data-driven capitalism
	 The use of cycling data
	 Users’ experience with data extraction
	 Literature gaps

	 Methodology
	 Online survey
	 Interviews with cyclists
	 Analysis

	 Findings
	 Users’ willingness to share data
	 Users’ interpretations of sharing different types of data
	 Necessity and indifference
	 Sensitivity and safety

	 Users’ attitudes to monetary compensation for data: Normalisation and problematisation

	 Conclusion
	 References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile ()
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 5
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2003
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    33.84000
    33.84000
    33.84000
    33.84000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    9.00000
    9.00000
    9.00000
    9.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames false
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks true
      /AddColorBars false
      /AddCropMarks true
      /AddPageInfo true
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


