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Ten-year trends of the digital divides and
its effect on healthy aging among older
adults in China from 2011 to 2020
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Shaojie Li1,2, Yingying Ouyang3 & Mingzheng Hu4

We examined decade-long trends in digital divides and their causal impact on healthy aging among
older adults in China. Using five waves of nationally representative data from the China Health and
Retirement Longitudinal Study (2011–2020; n = 46,674, aged ≥60), we applied instrumental variable
method with two-way fixed effects to address endogeneity. From 2011 to 2020, digital access divide
declined from 88.0% to 47.3%, and digital usage divide from 99.0% to 75.7% (P for trend < 0.001).
However, both divides were significantly associated with poorer healthy aging outcomes across
physical, cognitive, emotional, and social domains. The digital access divide was linked to increased
functional limitations, multimorbidity, cognitive impairment, depressive symptoms, social isolation,
and lower overall healthy aging index. The digital usage divide showed the same pattern. Subgroup
analyses revealed heterogeneity by urban-rural residence, sex, economic level, marital status,
education level, and region.

The rapid adoption of digital technologies has reshaped many aspects of
daily life, including healthcare, communication, and social participation.
These advancements have the potential to significantly improve the health
and well-being of individuals, particularly older adults1. However, not all
populations have equally benefited from this digital transformation.Among
older adults, the digital divide remains a significant issue2. Digital access
divide refers to the lack of household internet access, while digital usage
divide refers tonot using the internetdue tovarious reasons, such asunequal
skills and knowledge3. Access and usage can diverge among older adults for
several reasons. Common barriers include limited digital skills and health
literacy, visual or cognitive limitations, concerns about privacy and fraud,
the cost of devices and data plans, and interfaces that are not age-friendly4.
The rapid shift of public andcommercial services into app-based ecosystems
has also raised the skills needed to participate, which can widen the usage
divide even when household access improves. The divide is especially
pronounced in developing countries, where a large proportion of the older
population remains disconnected from the digital world5. In China, this
usagedivide is often larger than the access divide, reflectingbarriers indigital
literacy and engagement6,7.

Limited internet access and low digital literacy have been linked to
poorer health outcomes among older adults in China8. Older individuals
without access to digital technologies face challenges in managing
chronic conditions, accessing healthcare services, and maintaining

social ties9. As digital tools become increasingly integrated into health-
care systems and social networks, those who are excluded from these
advancementsmay experience greater isolation and difficulty navigating
the modern healthcare landscape10. Previous studies have documented
the trends in digital access and usage among older adults in other
countries, but similar analyses in China are scarce, especially in the
context of the rapid changes in digital infrastructure in China over the
past decade11. Between 2011 and 2020, China rapidly expanded fixed
broadband and mobile networks, smartphones became widespread, and
many everyday services moved online, including communication,
transport ticketing, payments, appointment booking, and social benefit
enquiries12,13. Although these reforms markedly expanded internet
access for numerous households, the trend of access and usage among
older adults remains unclear, and importantly, may be uneven across
subgroups and regions. For instance, the eastern region (e.g., Beijing and
Shanghai) benefited from earlier infrastructure rollout and broader
digital service penetration, whereas the western region (e.g., Qinghai and
Ningxia) continues to face greater constraints due to geography and
delayed development14.

Given the accelerating pace of urbanization and digitalization,
understanding the digital divide’s role in aging is essential for addressing the
needs of the elderly and ensuring equitable access to resources that can
support healthy aging9. The concept of healthy aging encompasses a broad
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range of physical, mental, and social well-being15, including the absence of
functional limitations, multimorbidity, cognitive decline, depressive
symptoms, and social isolation. Each of these factors is essential for an
individual’s ability to live independently andmaintain quality of life in later
years. Previous studies on the digital divide and health outcomes have
primarily focused on associations, often using cross-sectional designs16.
These studies have highlighted the association between digital access and
various aspects of health and well-being, such as functional dependence17,
cognitive function18, mental health19, and social participation20. However,
they have not been able to definitively establish causal links between digital
divides and healthy aging outcomes. Most existing research suggests that
digital inclusion may improve health outcomes, but without causal evi-
dence, the direction and strength of this relationship remain uncertain.
Moreover, much of the research has been cross-sectional, providing a
snapshotof associationsbut failing to capture thedynamic changes indigital
engagement and its long-term effects on aging7. Establishing causality is
crucial forpolicymakers andhealthcareproviders designing interventions to
reduce health disparities and improve the quality of life for older adults.
Without a causal understanding, the potential for targeted, effective inter-
ventions is limited21.

This study seeks to fill this gap by analyzing the trends of the digital
access divide and the digital usage divide among older adults in China over
the past decade and examining the causal relationship between these divides
and healthy aging. By utilizing data from the five-wave China Health and
RetirementLongitudinal Study (CHARLS), this studyuses longitudinal data
to explore how the digital access and usage divides impact various dimen-
sions of healthy aging. Additionally, by employing instrumental variables
(IV) with fixed effects, this study aims to establish causality, offering amore
robust understanding of how digital divides influence the healthy aging
process.

Results
Characteristics of participants and ten-year trends in digital
divides
Figure 1 shows the selection process of participants. This study included a
total of 46,674 observations of the CHARLS survey. Table 1 shows the
characteristics of participants. From2011 to2020, both thedigital access and
usage divides experienced significant declines. The digital access divide,
measured as the proportion of older adults without household internet

access, decreased from 88.0% in 2011 to 47.3% in 2020. The digital usage
divide, defined as the proportion of older adults not using the internet,
declined from 99.0% to 75.7% over the same period. These trends indicate
substantial progress in digital inclusion among older Chinese adults (P for
trend < 0.05). However, subgroup analyses revealed persistent inequalities
in both digital access and digital usage divides. Male participants experi-
enced a slightly faster improvement in bridging the digital access divide
compared to females. Urban residents consistently had lower levels of both
digital access and digital usage divides than their rural counterparts. Older
adults living in the eastern region, as well as those with higher education or
income levels, were more likely to benefit from reductions in both types of
digital divides. More details are displayed in Fig. 2. In addition, we also
present the trends of digital access and usage divides in each province from
2011 to 2020 in Table S1.

Gaps between digital access and usage divides
Over the past decade, although both the digital access divide and the digital
usage divide among older adults in China have narrowed, the gap between
them has widened. Nationally, the difference between the proportion of
older adultswithout household internet access (access divide) and those not
using the internet (usage divide) increased from 11.0% in 2011 (99.0% vs.
88.0%) to 28.4% in 2020 (75.7% vs. 47.3%).

This pattern was observed consistently across various subgroups. By
sex, the usage-access gap amongmales increased from10.8% in 2011 (98.7%
vs. 87.9%) to 25.0% in 2020 (70.9% vs. 45.9%), while among females, it
expanded from11.1% to 31.7% (99.4%vs. 88.3% in 2011; 80.4% vs. 48.7% in
2020). Urban–rural differences were also evident. In urban areas, the gap
grew from 20.5% in 2011 (97.6% vs. 77.1%) to 27.6% in 2020 (64.5% vs.
36.9%), whereas in rural areas, it expanded more dramatically from 4.5%
(99.9% vs. 95.4%) to 29.2% (86.7% vs. 57.5%).

By educational attainment, older adults with no formal education
showed a usage-access gap that increased from 7.3% in 2011 (99.9% vs.
92.6%) to34.4% in2020 (94.7%vs. 60.3%).Among thosewithmiddle school
education or above, the gap reduced from 20.7% to 18.5% (95.3% vs. 74.6%
in2011;49.2%vs. 30.7% in2020).Economically, theusage-access gap for the
low-level groupgrewfrom3.4% to22.6%(99.8%vs. 96.4% in2011; 81.3%vs.
58.7% in 2020), and for the high-level group from20.1% to 34.2% (98.2%vs.
78.1% in2011; 70.3%vs. 36.1% in2020) over the studyperiod.Regionally, all
areas experienced an expansion of the usage-access gap. For example, in the

Fig. 1 | The selection process of participants. Participants in
the CHARLS
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Table 1 | Characteristics of participants by years

Variables 2011 2013 2015 2018 2020

Sample N = 7176 N = 8356 N = 9762 N = 10,726 N = 10,654

Age, mean ± SD 68.3 ± 6.9 68.4 ± 7.0 68.5 ± 7.0 69.2 ± 7.1 69.0 ± 6.9

Sex, n (%)

Males 3609 (50.3) 4197 (50.2) 4817 (49.3) 5231 (48.8) 5153 (48.4)

Females 3567 (49.7) 4159 (49.8) 4945 (50.7) 5495 (51.2) 5501 (51.6)

Residence, n (%)

Rural 4338 (60.5) 5057 (60.5) 5888 (60.3) 6482 (60.4) 6382 (59.9)

Urban 2838 (39.5) 3299 (39.5) 3874 (39.7) 4244 (39.6) 4272 (40.1)

Regions, n (%)

Eastern 2392 (33.3) 2786 (33.3) 3313 (33.9) 3674 (34.3) 3758 (35.3)

Central 2358 (32.9) 2751 (32.9) 3171 (32.5) 3496 (32.6) 3469 (32.6)

Western 2426 (33.8) 2819 (33.7) 3278 (33.6) 3556 (33.2) 3427 (32.2)

Marital status, n (%)

Married 5578 (77.7) 6565 (78.6) 7664 (78.5) 8343 (77.8) 8131 (76.3)

Unmarried 1598 (22.3) 1791 (21.4) 2098 (21.5) 2383 (22.2) 2523 (23.7)

Education, n (%)

Illiterate 2668 (37.2) 3029 (36.2) 3421 (35.0) 3463 (32.3) 3359 (31.5)

Primary school 3153 (43.9) 3664 (43.8) 4316 (44.2) 4616 (43.0) 4555 (42.8)

Middle school and above 1355 (18.9) 1663 (19.9) 2025 (20.7) 2647 (24.7) 2740 (25.7)

Economic level, n (%)

Low 4075 (56.8) 4307 (51.5) 4915 (50.3) 5921 (55.2) 5632 (52.9)

High 3101 (43.2) 4049 (48.5) 4847 (49.7) 4805 (44.8) 5022 (47.1)

Smoking, n (%)

No 4146 (57.8) 5289 (63.3) 6772 (69.4) 7927 (73.9) 7918 (74.3)

Yes 3030 (42.2) 3066 (36.7) 2990 (30.6) 2799 (26.1) 2736 (25.7)

Drinking, n (%)

No 5041 (70.2) 5743 (68.7) 6659 (68.2) 7428 (69.3) 7229 (67.9)

Yes 2135 (29.8) 2613 (31.3) 3103 (31.8) 3298 (30.7) 3425 (32.1)

Exercise, n (%)

Hardly 4451 (62.0) 5547 (66.4) 7814 (80.0) 7534 (70.2) 5549 (52.1)

Regularly 2725 (38.0) 2809 (33.6) 1948 (20.0) 3192 (29.8) 5105 (47.9)

Health insurance, n (%)

No 475 (6.6) 328 (3.9) 912 (9.3) 333 (3.1) 574 (5.4)

Yes 6701 (93.4) 8028 (96.1) 8850 (90.7) 10,393 (96.9) 10,080 (94.6)

Digital access divide, n (%)

Yes 6416 (89.4) 7056 (84.4) 7863 (80.5) 7013 (65.4) 5363 (50.3)

No 760 (10.6) 1300 (15.6) 1899 (19.5) 3713 (34.6) 5291 (49.7)

Digital usage divide, n (%)

Yes 7101 (99.0) 8207 (98.2) 9527 (97.6) 10,083 (94.0) 8384 (78.7)

No 75 (1.0) 149 (1.8) 235 (2.4) 643 (6.0) 2270 (21.3)

Functional limitations, n (%)

No 4435 (61.8) 5275 (63.1) 5308 (54.4) 6184 (57.7) 6194 (58.1)

Yes 2741 (38.2) 3081 (36.9) 4454 (45.6) 4542 (42.3) 4460 (41.9)

Multimorbidity, n (%)

No 3839 (53.5) 4263 (51.0) 4109 (42.1) 5120 (47.7) 3225 (30.3)

Yes 3337 (46.5) 4093 (49.0) 5653 (57.9) 5606 (52.3) 7429 (69.7)

Cognitive impairment, n (%)

No 5792 (80.7) 7011 (83.9) 7962 (81.6) 8714 (81.2) 8821 (82.8)

Yes 1384 (19.3) 1345 (16.1) 1800 (18.4) 2012 (18.8) 1833 (17.2)
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western region, the gap widened from 7.7% in 2011 (99.5% vs. 91.8%) to
30.2% in 2020 (81.6% vs. 51.4%).

Effect of digital access divide and digital usage divide on
healthy aging
Using instrumental-variable models via two-stage residual inclusion
(2SRI), both the digital access and digital usage divides were associated
with significantly lower odds of healthy aging outcomes (Table 2). For
the five binary components, the access divide was consistently detri-
mental: no functional limitation (OR = 0.548; 95%CI: 0.460–0.653), no
multimorbidity (OR = 0.718; 95% CI: 0.588–0.877), no cognitive
impairment (OR = 0.408; 95% CI: 0.318–0.523), no depressive symp-
toms (OR = 0.556; 95% CI: 0.462–0.668), and no social isolation
(OR = 0.603; 95% CI: 0.498–0.731). The usage divide showed a similar
pattern: no functional limitation (OR = 0.694; 95% CI: 0.540–0.893),
no multimorbidity (OR = 0.761; 95% CI: 0.590–0.982), no cognitive
impairment (OR = 0.461; 95% CI: 0.272–0.782), no depressive symp-
toms (OR = 0.638; 95% CI: 0.496–0.820), and no social isolation
(OR = 0.619; 95% CI: 0.555–0.691).

For the overallHealthyAging Index (HAI, 0–5), analyzed as an ordinal
outcome, the access divide was linked to lower odds of being in higher HAI
categories (proportional OR = 0.459; 95% CI: 0.393–0.536), and the usage
divide likewise indicated worse healthy aging profiles (proportional OR=
0.756; 95% CI: 0.623–0.916). To aid interpretation on the absolute scale,
Supplementary Table S2 reports average marginal effects: the digital access
divide reduced the probability of HAI = 5 by 1.43% (95% CI:− 1.74% to
−1.13%) and HAI = 4 by 5.29% (95% CI: −6.37% to −4.22%); the digital
usage divide reduced these probabilities by 0.58% (95% CI: −0.93% to
−0.22%) and 2.12% (95%CI:−3.43% to−0.82%), respectively. These ratio-
scale estimates are directionally consistentwith the 2SLS results presented in
Supplementary Table S3, which provide effects on the absolute prob-
ability scale.

Selection and robustness to differential follow-up
At baseline in 2011, participants whowere lost to follow-up by 2020were
older and showed poorer healthy aging profiles, with lower HAI scores
and poorer performance across component indicators. In contrast,
digital access and usage divides were similar between retained and lost
groups (Table S4). We re-estimated all instrumental-variable models
using inverse probability weights for retention, and the weighted 2SRI
estimates were directionally and statistically consistent with the main
results (Table S5).

Subgroup analysis of the effect of digital divides onhealthy aging
As shown in Figs. 3 and 4, both digital access and usage divides were
significantly associated with poorer HAI across most of the subgroups, but
the strength of effects varied. Females experienced larger negative associa-
tions than males for most healthy aging indicators in both divides. While
urban and rural residentswere adversely affected by the digital access divide,
the effect appeared somewhat greater among urban residents. When
comparingmarital status groups, the adverse associations between both the
digital access divide and the digital usage divide and healthy aging were
more pronounced among married individuals than among unmarried
individuals. With respect to education, two digital divides showed the
negative effects among all educational groups. Regionally, the digital access
divide was associated with poorer healthy aging in eastern, central, and
western China. For the digital usage divide, the negative associations with
healthy aging and its most components were most pronounced in the
western region, followed by the central and eastern regions. In terms of
economic status, both low and high economic levels experienced negative
associations between digital divides and most healthy aging indicators.

Discussion
This study provides causal evidence on the relationship between digital
divides and healthy aging among older adults in China, using ten-year
nationally representativepanel data andan IVapproach.Thefindings reveal
two key patterns: first, digital access and usage among older adults have
substantially improved over the past decade; second, both digital access and
usage divides exert significant negative effects on healthy aging.

The observed narrowing of digital divides is encouraging and reflects
the success of China’s large-scale digital infrastructure initiatives, particu-
larly in extending coverage to rural andwestern areas22,23. These trends align
with prior findings that national investments in broadband and mobile
technology can reduce access gaps over time8. However, despite this sub-
stantial progress,China continues to face challenges in addressing thedigital
divide among older adults. Our findings show that older adults who are
female, rural, less educated, or economically disadvantaged remain dis-
proportionately digitally excluded, which is consistent with previous
research11,24,25. Such disparities are shaped not only by sociodemographic
disadvantages but alsoby regional differences indevelopment,urbanization,
and the pace of digitalization, which affect both household connectivity and
whether older adults actually go online. From a regional perspective, access
and usage divides are smallest in the eastern provinces but appear larger in
central andwestern regions. This pattern stands in contrast to experiences in
many high-income countries, where infrastructure and digital literacy

Table 1 (continued) | Characteristics of participants by years

Variables 2011 2013 2015 2018 2020

Depressive symptoms, n (%)

No 4414 (61.5) 5914 (70.8) 6557 (67.2) 7069 (65.9) 6832 (64.1)

Yes 2762 (38.5) 2442 (29.2) 3205 (32.8) 3657 (34.1) 3822 (35.9)

Social isolation, n (%)

No 4820 (67.2) 6039 (72.3) 5315 (54.4) 5801 (54.1) 7224 (67.8)

Yes 2356 (32.8) 2317 (27.7) 4447 (45.6) 4925 (45.9) 3430 (32.2)

Healthy ageing index, n (%)

0 128 (1.8) 76 (0.9) 238 (2.4) 214 (2.0) 214 (2.0)

1 550 (7.7) 473 (5.7) 993 (10.2) 975 (9.1) 951 (8.9)

2 1315 (18.3) 1356 (16.2) 2163 (22.2) 2274 (21.2) 2391 (22.4)

3 1883 (26.2) 2173 (26.0) 2726 (27.9) 3036 (28.3) 3015 (28.3)

4 2029 (28.3) 2592 (31.0) 2456 (25.2) 2878 (26.8) 2897 (27.2)

5 1271 (17.7) 1686 (20.2) 1186 (12.1) 1349 (12.6) 1186 (11.1)

Note: The percentages presented in this table are unweighted and may differ slightly from those reported in Fig. 2, which are weighted estimates of the digital access and usage divides.

https://doi.org/10.1038/s41746-025-02076-1 Article

npj Digital Medicine |           (2025) 8:710 4

www.nature.com/npjdigitalmed


programs have been implemented more evenly across regions, resulting in
narrower divides between population groups26.

In addition to structural inequalities, our study reveals a diver-
gence between the digital access divide and the digital usage divide
among older adults in China. Nationally, the gap between digital access
and usage divides expanded from 11.0% in 2011 to 28.4% in 2020. This
pattern indicates that although more households now have internet

access, many older adults are still not using digital technologies. Bar-
riers such as limited skills, lack of motivation, and low confidence
continue to prevent many older adults from engaging with digital
tools27. This divergence is also observed when examining subgroups.
The gap has widened more rapidly among women than men, sug-
gesting that improvements in infrastructure have not translated into
equal gains in digital participation for older women. Similarly, while
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Fig. 2 | Ten-year trends of the digital access and usage divides among older adults
in China from 2011 to 2020. Blue lines represent the digital access divide, and red
lines represent the digital usage divide across survey years. The figure is divided into
multiple panels labeled a–u, each corresponding to a specific group. a shows the
overall population of older adults. b, c show results for males and females,

respectively. d, e compare rural and urban residents. f, g depict differences between
low economic level and high economic level groups. h, i show the patterns among
married and unmarried older adults. j, k, l represent the eastern, central, andwestern
regions of China. m, n, o correspond to education levels, specifically illiterate, pri-
mary school, and middle school and above.
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usage-access gaps were once more evident in urban area, the gap has
expanded in rural areas in recent years, underscoring the persistence of
contextual barriers beyond connectivity. These findings show that
expanding infrastructure alone is not enough to achieve digital inclu-
sion among older adults28. Many individuals continue to face obstacles
to meaningful digital participation. Closing these second-level digital
divides will require targeted policies and programs that promote digital
literacy, strengthen motivation, and build confidence among older

adults, so that they can fully benefit from the opportunities of the
digital age29–31.

Importantly, by leveraging an IV strategy with two-way fixed effects,
this study goes beyond correlational analysis and provides stronger causal
inferences between digital divides and healthy aging32,33. This supports and
strengthens prior observational findings from high-income settings, and
places them in the context of a rapidly aging, middle-income country with
significant digital disparities34. Both digital access and usage divides were

Table 2 | The second stage estimation of 2SRI regression of the digital access and usage divide on healthy aging

Outcomes Digital access divide Digital usage divide

OR SE P 95%CI OR SE P 95%CI

No functional limitation a 0.548 0.049 <0.001 0.460 ~ 0.653 0.694 0.089 0.004 0.540 ~ 0.893

No multimorbidity a 0.718 0.073 0.001 0.588 ~ 0.877 0.761 0.099 0.036 0.590 ~ 0.982

No cognitive impairment a 0.408 0.051 <0.001 0.318 ~ 0.523 0.461 0.124 0.004 0.272 ~ 0.782

No depressive symptoms a 0.556 0.052 <0.001 0.462 ~ 0.668 0.638 0.082 <0.001 0.496 ~ 0.820

No social isolation a 0.603 0.059 <0.001 0.498 ~ 0.731 0.619 0.035 <0.001 0.555 ~ 0.691

Healthy ageing index b 0.459 0.036 <0.001 0.393 ~ 0.536 0.756 0.074 0.004 0.623 ~ 0.916

Note: a represents the outcomeas a binary variable and b represents theoutcomeas anordinal variablewith proportionalOR.Allmodels adjust for covariates listed inMethods and include year andprovince
fixed effects; SEs clustered at the individual level.

Subgroups

Sex

Healthy aging

Males

POR (95% CI)

Females

Residence

No functional limitation

Urban

No functional limitation
OR (95% CI)

Rural

No multimorbidity

Marital status

No multimorbidity
OR (95% CI)

Married

No cognitive impairment

Unmarried

No cognitive impairment
OR (95% CI)

Education

No depressive symptoms

Illiterate

No depressive symptoms
OR (95% CI)

      Primary school

No social isolation

Middle school and above

No social isolation
OR (95% CI)

Regions

Eastern

Central

Western

Economic level

Low

High

0.76 (0.58~0.99)

0.71 (0.63~0.79)

0.73 (0.55~0.96)

0.70 (0.62~0.79)

0.73 (0.67~0.79)

0.75 (0.46~1.23)

0.74 (0.56~0.98)

0.63 (0.55~0.71)

0.63 (0.41~0.98)

0.73 (0.64~0.83)

0.69 (0.50~0.94)

0.57 (0.39~0.83)

0.72 (0.65~0.80)

0.65 (0.51~0.84)

0.73 (0.51~1.05)

0.66 (0.45~0.95)

0.68 (0.59~0.78)

0.72 (0.62~0.84)

0.63 (0.47~0.83)

1.11 (0.60~2.05)

0.61 (0.12~2.98)

0.43 (0.24~0.78)

0.58 (0.34~0.98)

0.78 (0.66~0.92)

0.61 (0.41~0.92)

0.51 (0.32~0.83)

0.66 (0.44~0.97)

0.75 (0.65~0.86)

0.85 (0.61~1.20)

0.65 (0.43~0.97)

0.72 (0.50~1.04)

0.61 (0.38~0.98)

0.69 (0.55~0.87)

0.86 (0.43~1.72)

0.21 (0.04~1.09)

0.91 (0.50~1.63)

1.10 (0.63~1.90)

0.59 (0.38~0.91)

0.84 (0.55~1.27)

0.94 (0.57~1.55)

0.79 (0.54~1.16)

0.75 (0.54~1.03)

0.54 (0.27~1.08)

0.21 (0.09~0.50)

0.57 (0.27~1.18)

0.42 (0.32~0.56)

0.42 (0.33~0.53)

0.26 (0.06~1.07)

0.39 (0.27~0.56)

0.37 (0.27~0.52)

0.39 (0.10~1.56)

0.41 (0.27~0.61)

0.38 (0.26~0.56)

0.42 (0.29~0.60)

0.44 (0.32~0.59)

0.36 (0.27~0.48)

0.78 (0.55~1.12)

0.52 (0.36~0.76)

0.55 (0.38~0.79)

0.83 (0.71~0.96)

0.66 (0.49~0.87)

0.72 (0.39~1.32)

0.51 (0.10~2.68)

0.41 (0.22~0.74)

0.48 (0.28~0.82)

0.67 (0.43~1.06)

0.65 (0.44~0.96)

0.49 (0.30~0.79)

0.84 (0.57~1.23)

0.46 (0.33~0.63)

0.73 (0.49~1.07)

0.56 (0.47~0.66)

0.52 (0.45~0.61)

0.68 (0.56~0.81)

0.48 (0.42~0.56)

0.68 (0.50~0.93)

0.67 (0.44~1.03)

0.51 (0.42~0.62)

0.52 (0.44~0.62)

0.54 (0.44~0.66)

0.49 (0.40~0.59)

0.59 (0.48~0.73)

0.59 (0.49~0.70)

0.51 (0.44~0.59)

Independent variable is digital usage divide .
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Fig. 4 | Subgroup analysis of digital usage divides and healthy aging and its
components. Forest plots show odds ratios (OR) with 95%CIs from IV-logit (2SRI)
models for each binary component of healthy aging. Models include the same

covariates and fixed effects as in Table 2; SEs clustered at the individual level. POR is
proportional odds ratio.

Subgroups

Sex

Healthy aging

Males

POR (95% CI)

Females

Residence

No functional limitation

Urban

No functional limitation
OR (95% CI)

Rural

No multimorbidity

Marital status

No multimorbidity
OR (95% CI)

Married

No cognitive impairment

Unmarried

No cognitive impairment
OR (95% CI)

Education

No depressive symptoms

Illiterate

No depressive symptoms
OR (95% CI)

      Primary school

No social isolation

Middle school and above

No social isolation
OR (95% CI)

Regions

Eastern

Central

Western

Economic level

Low

High

0.46 (0.36~0.57)

0.45 (0.36~0.56)

0.37 (0.29~0.46)

0.54 (0.44~0.67)

0.44 (0.37~0.52)

0.50 (0.36~0.70)

0.41 (0.31~0.55)

0.38 (0.30~0.48)

0.59 (0.43~0.80)

0.49 (0.37~0.64)

0.42 (0.32~0.55)

0.46 (0.35~0.60)

0.48 (0.39~0.60)

0.40 (0.33~0.49)

0.52 (0.41~0.68)

0.57 (0.44~0.72)

0.42 (0.32~0.54)

0.74 (0.57~0.95)

0.49 (0.40~0.60)

0.86 (0.59~1.24)

0.60 (0.43~0.84)

0.52 (0.40~0.68)

0.48 (0.34~0.69)

0.57 (0.42~0.77)

0.48 (0.36~0.65)

0.65 (0.48~0.89)

0.54 (0.42~0.70)

0.53 (0.42~0.67)

0.69 (0.52~0.91)

0.75 (0.57~1.00)

0.73 (0.55~0.97)

0.74 (0.56~0.99)

0.66 (0.53~0.83)

1.07 (0.69~1.64)

0.66 (0.44~0.97)

0.57 (0.42~0.78)

1.13 (0.78~1.64)

0.80 (0.57~1.12)

0.74 (0.53~1.04)

0.63 (0.44~0.89)

0.67 (0.51~0.89)

0.77 (0.60~0.98)

0.45 (0.30~0.68)

0.39 (0.28~0.53)

0.24 (0.16~0.36)

0.63 (0.45~0.87)

0.41 (0.31~0.55)

0.42 (0.26~0.67)

0.50 (0.36~0.70)

0.34 (0.22~0.51)

0.17 (0.06~0.47)

0.48 (0.31~0.74)

0.45 (0.29~0.70)

0.28 (0.19~0.43)

0.53 (0.36~0.78)

0.29 (0.21~0.40)

0.57 (0.43~0.75)

0.55 (0.43~0.70)

0.43 (0.32~0.56)

0.72 (0.56~0.93)

0.50 (0.40~0.62)

0.75 (0.52~1.09)

0.57 (0.40~0.81)

0.48 (0.36~0.63)

0.59 (0.40~0.87)

0.49 (0.35~0.68)

0.64 (0.47~0.88)

0.55 (0.40~0.76)

0.58 (0.44~0.75)

0.46 (0.36~0.58)

0.54 (0.41~0.72)

0.63 (0.48~0.82)

0.62 (0.47~0.82)

0.60 (0.45~0.80)

0.61 (0.50~0.76)

0.41 (0.26~0.64)

0.54 (0.37~0.77)

0.59 (0.44~0.80)

0.61 (0.41~0.91)

0.60 (0.43~0.84)

0.52 (0.37~0.73)

0.64 (0.46~0.89)

0.51 (0.38~0.69)

0.65 (0.51~0.84)

Independent variable is digital access divide .
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Fig. 3 | Subgroup analysis of digital access and healthy aging and its components. Forest plots show odds ratios (OR) with 95% CIs from IV-logit (2SRI) models for each
binary component of healthy aging. Models include the same covariates and fixed effects as in Table 2; SEs clustered at the individual level. POR is proportional odds ratio.
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found to significantly impair multiple dimensions of healthy aging,
including physical, cognitive, emotional, and social well-being35. This
finding is consistent with existing cross-sectional studies on this topic in
China, as well as research conclusions fromother developing and developed
countries17,36. Access to and use of digital technologiesmay promote healthy
aging by increasing access to health information, enabling remote con-
sultations, facilitating social connections, and supporting health-related
behaviors37,38. Conversely, digital exclusion can exacerbate isolation, reduce
access to resources, and limit health self-management39.

Notably, our findings indicate that the health impact associated with
the digital access divide is even greater than that of the usage divide. This
suggests that for older adults in China, the primary barrier to achieving
healthy aging within the digital divide may still lie at the first level of the
digital divide, which is access to the internet and related infrastructure.
While theoretical arguments have emphasized the significance of the
second-level digital divide, which involves skills, motivation, and actual
engagement40–42, our results highlight that without foundational access,
opportunities for digital participation and its potential health benefits
cannot be realized in thefirst place. This interpretation is consistentwith the
“capability approach” in digital inclusion research43, which underscores that
resources remain aprerequisite for exercising capabilities44. Policiesaimedat
bridging the digital divide among older adults should therefore prioritize
ensuring equitable access to digital infrastructure, particularly in under-
served communities, while also recognizing that subsequent efforts to
enhance usability and literacy remain essential.

Subgroupanalyses further revealed that thedigital access divide exerted
stronger and more consistent effects than the usage divide. Moreover, the
adverse consequences of lacking access were most evident in urban resi-
dents, while the usage divide was more pronounced in rural areas, sug-
gesting that connectivity is increasingly indispensable in cities45 whereas
meaningful use remains a barrier in rural contexts46. Sex differences were
modest for access but clearer for usage, where females were more affected
than males. Education and income gradients were also observed, while
regional effects were broadly similar except for somewhat larger usage
effects in the west. These results indicate that inequities in digital access
represent a fundamental and widespread barrier to healthy aging47, while
inequities in digital use tend to manifest in more specific ways that vary
across subgroups48, such as sex, residence, and socioeconomic status. These
findings underscore the importance of equity-focused digital health stra-
tegies that go beyond narrowing the access gap and actively support sus-
tained and inclusive digital participation amonghigh-risk older populations
to promote healthy aging5,49.

This study has several strengths. First, it draws on a large, nationally
representative longitudinal dataset, enabling detailed tracking of digital and
health trends over a decade. Second, the use of a multidimensional HAI
captures a comprehensive range of outcomes. In addition, the application of
IV estimation with two-way fixed effects improves causal validity. Finally,
subgroup analyses provide policy-relevant insights into population dis-
parities in digital exclusion.

Nonetheless, some limitations should be noted. First, all health
outcomes were self-reported, which may introduce reporting bias,
especially among older adults with lower health or cognitive literacy.
Second, internet usage was measured dichotomously without capturing
frequency, duration, or quality of use, which may underestimate the
variability in digital engagement. Thirdly, due to the limited set of
variables in the dataset, although we included a wide range of observable
controls and incorporated year and province fixed effects to account for
unobserved factors, residual confounds such as health literacy, digital
skill, and community social capital could still jointly influence both
digital divides and the course of healthy aging. Moreover, it should be
acknowledged that although we adjusted for education and socio-
economic status, residual influences on the IV, community internet
access, cannot be entirely excluded. The instrument may also capture
broader community digitalization that supports aging through local
services, whichwe cannot fully disentangle from individual access or use.

Our estimates, therefore, apply to individuals whose digital-divide status
is shifted by community context. Finally, another limitation is the
potential for selection bias. Older adults with poorer health and lower
cognitive ability may have been less likely to participate in the survey or
remain in follow-up, which could bias the results. Robustness checks
using inverse probability weighting (IPW) showed similar results, which
reduces but does not eliminate this concern. Future research should
consider adopting more rigorous causal designs, such as randomized
controlled trials (RCTs), to validate and extend our findings.

Methods
Data sources
This study utilized data from the CHARLS50, a nationally representative
longitudinal survey designed to collect high-qualitymicrodata on the health
and socioeconomic status of individuals aged 45 and above in China.
CHARLS employed multistage stratified probability-proportional-to-size
sampling to ensure national representativeness, covering 28 provinces, 150
counties/districts, and 450 villages/urban communities. We constructed a
longitudinal person–period panel from five waves of publicly available data
collected in 2011, 2013, 2015, 2018, and 2020. The initial combined sample
included 96,619 respondents across these survey years. To ensure the study
focused on the older adult population, individuals younger than 60 years at
the time of the survey (n = 49,051) were excluded. In addition, participants
withmissingdataondigital dividemeasures, healthyaging indicators, or key
demographic characteristics (n = 894) were also excluded. After applying
these criteria, a total of 46,674 participants aged 60 years and older with
complete data were included in the final analysis. CHARLS has been
approved by the Biomedical Ethics ReviewCommittee of PekingUniversity
(ID: IRB00001052-11015). All participants signed a paper-informed con-
sent form before the survey.

Measure
Healthy aging. Referring to a previous study51, this study operationalizes
healthy aging using a composite index derived from five core indicators:
absence of functional limitations, absence of multimorbidity, absence of
cognitive impairment, absence of depressive symptoms, and absence of
social isolation. Each indicator is scored dichotomously (0 or 1), with
higher total scores (ranging from 0 to 5) indicating better healthy aging
status. Based on a previous study in CHARLS52, functional limitations
were assessed through 11 activities of daily living (BADLs and IADLs).
Basic Activities of Daily Living (BADLs) included six items: dressing,
eating, bathing, transferring, toileting, and maintaining continence.
Instrumental Activities of Daily Living (IADLs) included five items:
housekeeping, meal preparation, shopping, financial management, and
medication management. A participant was classified as having func-
tional limitations if they reported an inability to independently complete
any of these activities. For multimorbidity, CHARLS collected 14
physician-diagnosed chronic conditions: hypertension, dyslipidemia,
diabetes, cancer, chronic lung disease, liver disease, heart disease, stroke,
kidney disease, gastrointestinal disease, emotional/nervous/psychiatric
conditions, memory-related diseases, arthritis/rheumatism, and asthma.
Multimorbidity was defined as having two or more physician-diagnosed
chronic diseases (out of 14 conditions collected in CHARLS).

Cognitive function was evaluated using a battery of tests53, including
immediate and delayed recall of ten words, five-item orientation (year,
season, month, day, and day of the week), serial subtraction of seven, and a
drawing task. Total cognitive scores ranged from 0 to 31. Following the
Aging-Associated Cognitive Decline (AACD) diagnostic criteria of the
Working Party of the International Psychogeriatric Association54, partici-
pants were stratified into age groups (every 5 years), and cognitive
impairment was defined as a score below the mean minus one standard
deviation for each age group. Depressive symptoms were measured using
the 10-item Center for Epidemiologic Studies Depression Scale (CESD-
10)55, with total scores ranging from 0 to 30. A score of ≥10 indicated the
presence of depressive symptoms.
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Social isolation was assessed using a four-item social isolation index56,
including marital status, frequency of communication with children, par-
ticipation in social activities, and living arrangements. Marital status was
coded as 1 (unmarried, divorced, or widowed) or 0 (married). Commu-
nication with children was coded as 1 (less than once per week) or 0 (≥ once
per week). Participation in social activities (e.g., interacting with friends,
playing games, volunteering, or attending educational courses)was coded as
1 (no participation) or 0 (participation in any activity in the past month).
Living arrangements were coded as 1 (living alone) or 0 (living with spouse,
children, or others). A total social isolation score (0–4) was calculated, with
scores ≥2 indicating social isolation.

Digital divides. Digital divide is categorized into two types57: the digital
access divide and the digital usage divide. The digital access divide is
measured based on whether the respondent’s residence has a broadband
internet connection. Specifically, a binary variable is constructed:
respondents are coded as 1 if their residence does not have internet access
and 0 otherwise. The digital usage divide is defined according to whether
the individual reports using the internet. A binary variable is used, with 1
indicating that the respondent does not use the internet and 0 indicating
internet use.

Instrumental Variable. To address the potential endogeneity, we
employed an IV strategy. The instrument used in this study is the
community-level household internet access rate, defined as the propor-
tion of households with internet access within the respondent’s com-
munity. As suggested in previous literature58–60, this variable reflects the
overall level of network infrastructure and digital connectivity in the local
community, which in turn shapes the digital environment to which
individuals are exposed, including peer effects and the ease of access to
digital services in their community. Hence, the relevance condition for
this instrument is supported. Moreover, while the digital infrastructure
level of a community can influence individual internet behavior, it is
unlikely to directly affect personal health outcomes such as cognitive
function, depression, or social isolation, which are shaped by complex
individual and biomedical factors. Hence, the exclusion restriction is also
plausible.

Finally, to support the exchangeability assumption, we incorporated as
many observable control variables from the database as possible, including
education, socioeconomic status, age, sex, urban residence, marital status,
smoking, drinking, exercise, and health insurance. In addition, we included
year and province fixed effects to account for unobserved factors at the
temporal and regional levels, thereby minimizing the potential correlation
between the IV and the error term in the outcome equation. Consequently,
conditional on these covariates, the IV can be regarded as plausibly inde-
pendent of the unobserved determinants of healthy aging.

Covariates. A rich set of covariates is included to control for con-
founding factors. Age is treated as a continuous variable. Sex is a binary
variable coded as 1 formale and 0 for female. Residence is classified using
the National Bureau of Statistics standard, with urban areas coded as 1
and rural areas as 0. Educational attainment is categorized into three
groups: illiterate (0), primary school (1), and middle school or above (2).
Socioeconomic status is proxied by household per-capita consumption,
which is split at the median into “low” (below median) and “high” (at or
above median). Marital status is coded as 1 if the respondent is married
and 0 otherwise. Smoking, drinking, and exercise behaviors are coded as
binary variables, where 1 indicates engagement in the behavior (e.g.,
smoking or drinking in the past month, regular exercise at least once per
week), and 0 otherwise. Health insurance coverage is also included as a
binary variable, with 1 indicating current enrollment in any health
insurance scheme and 0 indicating no coverage.

We also include a three-region indicator (eastern, central, western)
because provinces differ in development, urbanization, and the pace of
digitalization. The eastern region covers coastal andmunicipality provinces

with earlier infrastructure rollout and higher service digitalization (for
example, Beijing, Shanghai, Jiangsu, Zhejiang, Guangdong). The central
region includes the middle provinces with intermediate development. The
western region covers inland andnorth-western provinces and autonomous
regions, where geography and later rollout can constrain internet access and
uptake. The exact province-to-region mapping for provinces covered by
CHARLS is provided in Supplementary Table S1.

Statistical analysis
All analyses were conducted using Stata version 17.0. We analyzed a
person–period panel with repeated observations per individual and cluster
standard errors at the individual level. Descriptive statistics were used to
summarize the demographic and socioeconomic characteristics of the study
participants across the five survey waves. Categorical variables were pre-
sented as frequencies and percentages, and continuous variables as means
with standard deviations. To examine the trends in digital access and usage
divides from 2011 to 2020, we estimated the weighted proportions of older
adults experiencing each type of divide in each survey year. Linear trends
over time were examined using survey-weighted proportion estimations
across survey years.

To evaluate the causal effects of digital divides on healthy aging out-
comes, we employed the IV method with two-way fixed effects. Year fixed
effects captured time-varying national shocks, while province fixed effects
adjusted for time-invariant regional characteristics. Correlation of repeated
measurements was handled by clustering at the individual level. All models
were adjusted for a set of covariates.

For binary outcomes (absence of functional limitations, multi-
morbidity, cognitive impairment, depressive symptoms, and social isola-
tion), we estimated odds ratios using an instrumental-variable logit
specification implemented via two-stage residual inclusion (2SRI)61. Odds
ratios and 95% confidence intervals were obtained by exponentiating the
logit coefficient on the endogenous exposure. For the overall HAI (0–5),
which is ordinal by construction, we additionally fitted an IV ordered logit
(2SRI-ologit) and report proportional odds ratios (PORs). For interpret-
ability, we also reportmarginal changes in the probability of being in the top
HAI categories from the IV ordered logit, which convey the effect on
clinically meaningful thresholds. For transparency on the absolute scale, we
report the 2SLSmodels in the Supplement (Table S3). First-stage results are
reported in Supplementary Table S6, and all tests indicated strong instru-
ment relevance.

To assess and mitigate potential selection bias, we conducted robust-
ness analyses. First, we compared baseline characteristics of participants
retained to 2020 versus those lost to follow-up (Supplementary Table S4).
Then, we applied IPW for sample retention. Retention probabilities were
estimated via logistic regression on baseline covariates, withweights defined
as 1/p and trimmed at the 1st and 99th percentiles, then applied in both
stages of the 2SRI estimators for binary and ordinal outcomes.

Finally, to explore potential heterogeneity in the estimated relation-
ships, subgroup analyses were conducted by sex, residential location (urban
vs. rural),marital status, education level, geographic region (eastern, central,
western), and household economic level. Within each subgroup, we re-
estimated the fixed-effects 2SRI model. All analyses adhered to a two-sided
significance level of p < 0.05.

Data availability
TheCHARLSdatasets for this studycanbe found inhttp://charls.pku.edu.cn/.

Received: 4 June 2025; Accepted: 8 October 2025;

References
1. Li, L., Jin, G., Guo, Y., Zhang, Y. & Jing, R. Internet access, support,

usage divides, and depressive symptoms among older adults in
China: a nationally representative cross-sectional study. J. Affect.
Disord. 323, 514–523 (2023).

https://doi.org/10.1038/s41746-025-02076-1 Article

npj Digital Medicine |           (2025) 8:710 8

http://charls.pku.edu.cn/
www.nature.com/npjdigitalmed


2. Zhang, J. The digital divide among chinese older adults: internet
usage and e-health literacy. Innov. Aging 8, 1167 (2024).

3. Lythreatis, S., Singh, S. K. & El-Kassar, A.-N. The digital divide: a
review and future research agenda. Technol. Forecast. Soc. Change
175, 121359 (2022).

4. Bertolazzi, A., Quaglia, V. & Bongelli, R. Barriers and facilitators to
health technology adoption by older adults with chronic diseases: an
integrative systematic review. BMC Public Health 24, 506 (2024).

5. Li, Y. et al. The digital divide and cognitive disparities among older
adults: community-based cohort study in China. J.Med. Internet Res.
26, e59684 (2024).

6. Li Q., Li H., Hu P. A tale of the digital divide at three levels: the impact
on Chinese residents’ subjective relative deprivation in the digital era.
Information Technology for Development. 1-23. (Taylor and Francis,
2025).

7. Ren, W. & Zhu, X. The age-based digital divides in China: trends and
socioeconomic differentials (2010–2020). Telecommun. Policy 48,
102716 (2024).

8. Hong, Y. A., Zhou, Z., Fang, Y. & Shi, L. The digital divide and health
disparities in China: evidence from a national survey and policy
implications. J. Med. Internet Res. 19, e317 (2017).

9. Jiang, J. & Luo, L. Does Internet use improve the physical and mental
health of older adults in China? A study based on the digital divide
theory. Geriatr. Nurs. 59, 526–534 (2024).

10. Wu, M., Xue, Y. & Ma, C. The association between the digital divide
and health inequalities among older adults in China: nationally
representative cross-sectional survey. J. Med. Internet Res. 27,
e62645 (2025).

11. Liu, D., Zhang, B. & Guo, J. Triple digital divide and depressive
symptoms among middle-aged and older Chinese adults: a disparity
analysis. Gen. Psychiatry 37, e101562 (2024).

12. Liu, L. & Pan, Y. Review of 20 years of internet development in China.
New Media and China’s Social Development. 1-14 (Springer, 2017).

13. Stockmann, D. & Luo, T. Surveying internet users in China: comparing
representative survey data with official statistics. China Quarterly.
262, 1–17 (2025).

14. Lin, J., Yu, Z., Wei, Y. D. & Wang, M. Internet access, spillover and
regional development in China. Sustainability 9, 946 (2017).

15. Behr, L. C., Simm, A. & Kluttig, A. Grosskopf A. 60 years of healthy
aging: on definitions, biomarkers, scores and challenges.AgeingRes.
Rev. 88, 101934 (2023).

16. He, Y., Li, K. & Wang, Y. Crossing the digital divide: the impact of the
digital economy on elderly individuals’ consumption upgrade in
China. Technol. Soc. 71, 102141 (2022).

17. Lu, X., Yao, Y. & Jin, Y. Digital exclusion and functional dependence in
older people: findings from five longitudinal cohort studies.
EClinicalMedicine. 54, 101708 (2022).

18. Wang, Y. et al. Digital exclusion and cognitive impairment in older people:
findings from five longitudinal studies. BMC Geriatrics 24, 406 (2024).

19. Luo, Y., Yip, P. S. F. & Zhang,Q. Positive association between Internet
use and mental health among adults aged≥ 50 years in 23 countries.
Nat. Hum. Behav. 9, 90–100 (2025).

20. Amichai-Hamburger, Y. & Hayat, Z. The impact of the Internet on the
social lives of users: A representative sample from 13 countries.
Comp. Hum. Behav. 27, 585–589 (2011).

21. Yuan, Z. & Jia, G. Profiling the digital divide of the elderly based on
Internet big data: evidence fromChina.Data Sci. Manag. 3, 33–43 (2021).

22. Niu, G., Jin, X., Wang, Q. & Zhou, Y. Broadband infrastructure and
digital financial inclusion in rural China. China Econ. Rev. 76, 101853
(2022).

23. Song, Z., Wang, C. & Bergmann, L. China’s prefectural digital divide:
spatial analysis and multivariate determinants of ICT diffusion. Int. J.
Inf. Manag. 52, 102072 (2020).

24. Yang, J. & Du, P. Gender, capital endowment and digital exclusion of
older people in China. Ageing Soc. 41, 2502–2526 (2021).

25. Li, X., He, P., Liao, H., Liu, J. & Chen, L. Does network infrastructure
construction reduce urban–rural income inequality? Based on the
“Broadband China” policy. Technol. Forecast. Soc. Change 205,
123486 (2024).

26. Inegbedion, H. E. Digital divide in the major regions of the world and
the possibility of convergence. Bottom Line 34, 68–85 (2021).

27. Kebede, A. S., Ozolins, L.-L., Holst, H. & Galvin, K. Digital engagement
of older adults: scoping review. J. Med. Internet Res. 24, e40192 (2022).

28. Suchowerska, R. & McCosker, A. Governance networks that
strengthen older adults’ digital inclusion: the challenges of
metagovernance. Gov. Inf. Q. 39, 101649 (2022).

29. Tyler, M., De George-Walker, L. & Simic, V. Motivation matters: older
adults and information communication technologies. Stud. Educ.
Adults 52, 175–194 (2020).

30. Aleti, T., Figueiredo, B., Martin, D. M. & Reid, M. Digital inclusion in
later life: older adults’ socialisation processes in learning and using
technology. Australas. Mark. J. 32, 295–307 (2024).

31. Li, H. & Kostka, G. Navigating the digital age: the gray digital divide
and digital inclusion in China. Media, Cult. Soc. 46, 1181–1199
(2024).

32. Wang, T., Guo, X. & Wu, T. Social capital and digital divide:
implications for mobile health policy in developing countries. J.
Healthc. Eng. 2021, 6651786 (2021).

33. Li, Z., Yin, H. & Wang, T. Digital divide of the shattered “Iron Rice
Bowl”: economic insecurity and ICT access in China. J. Healthc. Eng.
2021, 9122021 (2021).

34. Duan, S. et al. Digital exclusion and cognitive function in elderly
populations in developing countries: insights derived from 2
longitudinal cohort studies. J. Med. Internet Res. 26, e56636 (2024).

35. Ma, J. -q. & Sheng, L. The impact of digital infrastructure construction
on older adults’ cognitive health: evidence from a quasi-natural
experiment in China. SSM-Popul. Health 29, 101739 (2025).

36. Hong, Y. A., Zhou, Z. & Fang, Y. Digital divide and health disparities in
China: data froma national longitudinal survey ofCHARLS.MEDINFO
2017: Precision Healthcare through Informatics. 1301-1301 (IOS
Press, 2017).

37. Buyl, R. et al. e-Health interventions for healthy aging: a systematic
review. Syst. Rev. 9, 1–15 (2020).

38. Alruwaili, M. M., Shaban, M. & Elsayed Ramadan, O. M. Digital health
interventions for promoting healthy aging: a systematic review of
adoption patterns, efficacy, and user experience. Sustainability 15,
16503 (2023).

39. Kaihlanen, A.-M. et al. Towards digital health equity-a qualitative
study of the challenges experienced by vulnerable groups in using
digital health services in theCOVID-19 era.BMCHealth Serv. Res. 22,
188 (2022).

40. Wang, W., Zhang, Y. & Zhao, J. Technological or social? Influencing
factors and mechanisms of the psychological digital divide in rural
Chinese elderly. Technol. Soc. 74, 102307 (2023).

41. Yang, J. & Zhang, M. Beyond structural inequality: a socio-technical
approach to the digital divide in the platform environment.Humanities
Soc. Sci. Commun. 10, 1–12 (2023).

42. Fisk, R. P. et al. Healing the digital divide with digital inclusion:
enabling human capabilities. J. Serv. Res. 26, 542–559 (2023).

43. Anrijs, S.,Mariën, I., DeMarez, L. &Ponnet,K. Excluded fromessential
internet services: examining associations between digital exclusion,
socio-economic resources and internet resources. Technol. Soc. 73,
102211 (2023).

44. Francis, J., Ball, C., Kadylak, T. &Cotten, S. R. Aging in the digital age:
conceptualizing technology adoption and digital inequalities. Ageing
and digital technology: Designing and evaluating emerging
technologies for older adults. 35-49. (Springer, 2019).

45. Kamel Boulos, M. N. & Al-Shorbaji, N. M. On the Internet of Things,
smart cities and the WHO Healthy Cities. Int. J. Health Geograph. 13,
10 (2014).

https://doi.org/10.1038/s41746-025-02076-1 Article

npj Digital Medicine |           (2025) 8:710 9

www.nature.com/npjdigitalmed


46. Yan, P. & Schroeder, R. Variations in the adoption and use of mobile
social apps in everyday lives in urban and rural China.Mob. Media
Commun. 8, 318–341 (2020).

47. Wilson, J., Heinsch, M., Betts, D., Booth, D. & Kay-Lambkin, F.
Barriers and facilitators to the use of e-health by older adults: a
scoping review. BMC Public Health 21, 1556 (2021).

48. DiMaggio, P., Hargittai, E., Celeste, C. & Shafer, S. From unequal
access to differentiated use: A literature review and agenda for
research on digital inequality. Soc. Inequal. 1, 355–400 (2004).

49. Yu,W. et al. Studyon the “digital divide” in the continuousutilizationof
Internetmedical services for older adults:CombinationwithPLS-SEM
and fsQCA analysis approach. Int. J. Equity Health 24, 1–19 (2025).

50. Zhao, Y., Hu, Y., Smith, J. P., Strauss, J. & Yang, G. Cohort profile: the
China health and retirement longitudinal study (CHARLS). Int. J.
Epidemiol. 43, 61–68 (2014).

51. Li, S., Hu, M., An, R. & Yin, Y. Relationship between eHealth literacy
and healthy aging in older Chinese people: the mediating effect of
Health behaviors. J. Am. Med. Dir. Assoc. 25, 237–242 (2024).

52. Gong, J. et al. Nowcasting and forecasting the care needs of the older
population in China: analysis of data from the China Health and
Retirement Longitudinal Study (CHARLS). Lancet Public Health 7,
e1005–e1013 (2022).

53. Luo, Y. et al. The effects of indoor air pollution from solid fuel use on
cognitive function amongmiddle-aged and older population in China.
Sci. Total Environ. 754, 142460 (2021).

54. Levy, R. Aging-Associated Cognitive Decline. Int. Psychogeriatr. 6,
63–68 (1994).

55. Boey, K. W. Cross-validation of a short form of the CES-D in Chinese
elderly. Int. J. Geriatr. psychiatry 14, 608–617 (1999).

56. Wang, Q., Zhang, S., Wang, Y., Zhao, D. & Zhou, C. Dual sensory
impairment as a predictor of loneliness and isolation in older adults:
National Cohort Study. JMIR Public Health Surveill. 8, e39314 (2022).

57. Tsetsi, E. & Rains, S. A. Smartphone Internet access and use:
extending the digital divide and usage gap.Mob. Media Commun. 5,
239–255 (2017).

58. Ma, J. -q. & Sheng, L. Internet use time andmental health among rural
adolescents in China: a longitudinal study. J. Affect. Disord. 337,
18–26 (2023).

59. Sabatini, F. &Sarracino, F.Online networksandsubjectivewell-being.
Kyklos 70, 456–480 (2017).

60. Huang, T. & Quan, Y. Narrowing the digital divide: the growth and
distributional effect of internet use on income in rural China. China
Econ. Rev. 91, 102387 (2025).

61. Terza, J. V., Basu, A. & Rathouz, P. J. Two-stage residual inclusion
estimation: addressing endogeneity in health econometric modeling.
J. Health Econ. 27, 531–543 (2008).

Acknowledgements
The authors would like to thank the CHARLS research team, investigators
and all participants for their time and commitment.

Author contributions
S.L., Y.O., andM.H.participated inConceptualization,Methodology,Formal
analysis, and Writing - original draft. M.H. was responsible for supervision
and project administration. All authors contributed to drafting the
manuscript, preparing figures and tables, and refining the methodological
approach. The revisions and final editing were performed jointly. All authors
had full access to the data and approved the final version for submission.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains
supplementary material available at
https://doi.org/10.1038/s41746-025-02076-1.

Correspondence and requests for materials should be addressed to
Mingzheng Hu.

Reprints and permissions information is available at
http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to
jurisdictional claims in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution-NonCommercial-NoDerivatives 4.0 International License,
which permits any non-commercial use, sharing, distribution and
reproduction in any medium or format, as long as you give appropriate
credit to the original author(s) and the source, provide a link to the Creative
Commons licence, and indicate if you modified the licensed material. You
do not have permission under this licence to share adapted material
derived from this article or parts of it. The images or other third party
material in this article are included in the article’s Creative Commons
licence, unless indicated otherwise in a credit line to thematerial. If material
is not included in thearticle’sCreativeCommons licenceandyour intended
use is not permitted by statutory regulation or exceeds the permitted use,
you will need to obtain permission directly from the copyright holder. To
view a copy of this licence, visit http://creativecommons.org/licenses/by-
nc-nd/4.0/.

© The Author(s) 2025

https://doi.org/10.1038/s41746-025-02076-1 Article

npj Digital Medicine |           (2025) 8:710 10

https://doi.org/10.1038/s41746-025-02076-1
http://www.nature.com/reprints
http://creativecommons.org/licenses/by-nc-nd/4.0/
http://creativecommons.org/licenses/by-nc-nd/4.0/
www.nature.com/npjdigitalmed

	Ten-year trends of the digital divides and its effect on healthy aging among older adults in China from 2011 to 2020
	Results
	Characteristics of participants and ten-year trends in digital divides
	Gaps between digital access and usage divides
	Effect of digital access divide and digital usage divide on healthy aging
	Selection and robustness to differential follow-up
	Subgroup analysis of the effect of digital divides on healthy aging

	Discussion
	Methods
	Data sources
	Measure
	Healthy aging
	Digital divides
	Instrumental Variable
	Covariates

	Statistical analysis

	Data availability
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




