Hepatology

®

OPEN ACCESS

» Additional supplemental
material is published online
only. To view, please visit the
journal online (http://dx.doi.org/
10.1136/gutjnl-2021-326314).

"Nuffield Department of
Medicine, University of Oxford,
Oxford, UK

“Translational Gastroenterology
Unit, University of Oxford,
Oxford, UK

Correspondence to

Dr Emanuele Marchi, Nuffiled
Department of Medicine,
University of Oxford, Oxford
0X1 2JD, UK;
emanuele.marchi@ndm.ox.
ac.uk

Dr Paul Klenerman;
paul.klenerman@ndm.ox.ac.uk

Received 2 November 2021
Accepted 30 April 2022

| '.) Check for updates

© Author(s) (or their
employer(s)) 2022. Re-use
permitted under CC BY-NC. No
commercial re-use. See rights
and permissions. Published

by BMU.

To cite: Marchi E,
Ramamurthy N, Ansari MA,
et al. Gut Epub ahead of
print: [please include Day
Month Year]. doi:10.1136/
gutjnl-2021-326314

Original research

Defining the key intrahepatic gene networks in HCV

infection driven by sex

Emanuele Marchi

,' Narayan Ramamurthy," M Azim Ansari,' Caroline E Harrer'

STOP-HCV. Eleanor Barnes, " Paul Klenerman'?

ABSTRACT

Objective The transcriptional response in the liver
during HCV infection is critical for determining clinical
outcomes. This issue remains relatively unexplored as
tissue access to address this at scale is usually limited.
We aimed to profile the transcriptomics of HCV-infected
livers to describe the expression networks involved and
assess the effect on them of major predictors of clinical
outcome such as IFNL4 (interferon lambda 4) host
genotype and sex.

Design We took advantage of a large clinical study of
HCV therapy accompanied by baseline liver biopsy to
examine the drivers of transcription in tissue samples in
195 patients also genotyped genome-wide for host and
viral single nucleotide polymorphisms. We addressed
the role of host factors (disease status, sex, genotype,
age) and viral factors (load, mutation) on transcriptional
responses.

Results We observe key modules of transcription which
can be impacted differentially by host and viral factors.
Underlying cirrhotic state had the most substantial
impact, even in a stable, compensated population.
Notably, sex had a major impact on antiviral responses
in concert with IL28B (interleukin 28B)/IFNL4 genotype,
with stronger interferon and humoral responses in
females. Males tended towards a dominant cellular
immune response. In both sexes, there was a strong
influence of the underlying host disease status and of
specific viral mutations, and sex-specific expression
quantitative trait loci were also observed.

Conclusion These features help define the major
influences on tissue responses in HCV infection,
impacting on the response to treatment and with
broader implications for responses in other sex-biased
infections.

INTRODUCTION

HCV is an enveloped, single-stranded, positive-
sense RNA virus (genus Hepacivirus, family Flavi-
viridae).! Based on the sequence variability of its
9.6 kbp genome, HCV is classified in seven geno-
types (G1: 44%-46%, G3: 22%-25%; G2 and
G4: 12%-15% of cases worldwide)." * The prev-
alence of persistent HCV infection has been esti-
mated to be 1%-2% worldwide, corresponding to
72-149 million infected people.’ ? Following acute
infection (which is mostly asymptomatic), around
20% of individuals clear the virus spontaneously,
while the majority progress to chronic infection
of the liver.! As this state persists lifelong unless

WHAT IS ALREADY KNOWN ON THIS SUBJECT?

= Spontaneous HCV clearance and successful
antiviral therapy rates are largely in favour
of women and/or in subjects with a specific
interferon lambda 4 (IFNL4) genotype. The
unfavourable IFNL4 genotype leads to an
exaggerated interferon response eventually
detrimental for the patient. However, women
tend to have a more robust and prompt
interferon activity. Beyond this, the causes of
sex differences in infections are insufficiently
understood.

WHAT ARE THE NEW FINDINGS?

= We detected transcriptional networks in
infected livers influenced by sex, host genotype
and age. In females we observed a consistent
interferon response largely enhanced by IFNL4
genotype. Males show overexpression of genes
linked to cellular immune responses. Expression
of other gene networks (eg, immunoglobulin
genes) are sex biased and further influenced by
the presence of viral variants. The evidence that
clinically relevant genes can be differentially
active between sexes was corroborated by
the detection of sex-specific single nucleotide
polymorphisms through expression quantitative
trait loci analysis.

HOW MIGHT IT IMPACT ON CLINICAL
PRACTICE IN THE FORESEEABLE FUTURE?

= These findings help define the patient-specific
impacts of IFNL4 genotype. Beyond HCV,
the combined impact of sex and genotype
on transcriptional responses could have
implications in personalised medicine, where
combinations of factors must be considered
to effectively treat a patient. In parallel, host
genetic polymorphisms could have clinically
different impacts between sexes, with broader
implications for patient stratification.

treated, patients are at risk of developing cirrhosis
(15%-30%) and hepatocellular carcinoma (HCC)
(2%-4% of HCV cirrhosis patients), leading to
approximately 700 000 deaths per year.! > Factors
identified to impact virological outcomes include
sex, host human leukocytes antigen (HLA) genes
and the host IL28B/IFLN4 genotype (linked to
interferon lambda 3 and 4 expression).”” While
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female sex is associated with lower prevalence and higher rates
of spontaneous viral clearance both in HCV and HBV, men
are more prone to chronic infections and disease progression
to cirrhosis and HCC.>” The favourable IL28B/IFNL4 geno-
type® ? (described here as CC) is associated with higher rates of
disease resolution and treatment response compared with the
non-CC genotype. However, despite these clear-cut results, the
mechanisms defining successful versus unsuccessful control of
this virus (and their impacts on treatment responses) are still not
understood.

While the overall concept of sex differences in immune
responses are well described, the underlying mechanisms of the
sexual dimorphisms in infectious disease, and in HCV in partic-
ular, are poorly understood. Studies suggest that the higher rates
of spontaneous clearance in women are determined by stronger,
more efficient innate inflammatory responses, potentially trig-
gered by an increased toll-like receptor 7 (TLR7) response.®
Treatment with TLR7 agonists (SM360320/isatoribine) both in
vitro and in vivo led to a decrease in HCV RNA plasma levels
and more potent IFN-o response.’ '° Other theories include the
direct effects of oestrogens, shown to decrease the production
of HCV virions and the expression of hepatic viral entry recep-
tors.* 1!

To address this knowledge gap, we designed a transcriptomic
analysis of liver biopsies obtained from 195 chronic patients
infected with HCV (BOSON trial).’> This carefully curated
cohort allowed parallel investigation of the contextual effects of
underlying disease status, sex, host genotype and viral genotype.
In this study, we aimed to define the key drivers of transcrip-
tional variability in human tissue biopsies during HCV infection.

In addition to impacts of cirrhosis and the role of IL28B geno-
type, we find a strong and consistent impact of sex differences
in immune response to chronic HCV infection, with evidence
for different pathways of response in males and females. The
results of this study not only facilitate novel insights into the
pathogenesis of chronic hepatitis, the immune response to and
treatment of HCV, but also have implications for other RNA
virus infections.

RESULTS

Defining transcriptional variability in the sample set

We performed bulk RNA-Seq on 1935 liver biopsy samples taken
pretreatment in patients from the previously described BOSON
HCV cohort.'> We first explored this large dataset through an
unsupervised sample clustering analysis. It was first observed that
underlying liver cirrhosis was the major source of gene expres-
sion variability (figure 1A) driving these severe patient samples
to cluster together. Of note, study entry required evidence of no
current or prior decompensation.

In a first analysis, when samples are colour labelled by sex, they
show sex segregation, clear in both cirrhotic and non-cirrhotic
samples. This implies that sex clustering is not due to the greater
incidence of cirrhosis in males than females (figure 1B). This
initial analysis, filtering active genes (sufficiently expressed and
most variable across samples) chosen for clustering analysis,
includes features mapping in X and Y chromosomes.

Variance partitioning analysis of autosomal gene expression

We next assessed whether the variability of expression of genes
mapping in autosomal chromosomes can be also accounted for
by sex. The sources of expression variation in a complex dataset
required the use of mixed linear model to quantify contribu-
tion of known and relevant covariates (figure 2A). Using the

variancePartition"® statistical framework, we determined that
within the subset of most variable genes (IQR >0.95, n=2934)
the main sources of variability were attributable, as expected, to
the cirrhotic status and IL28B/IFNL4 genotype; nevertheless the
analysis showed that the expression of a significant proportion
of genes is driven by other factors, for example, age and sex.
Of note, genes located in sex chromosomes were excluded from
this analysis to highlight sex-driven variation not explained by
heteromorphic sex chromosomes.'

The bar plot in figure 2B shows the variance fractions of the
top 50 most variable genes, highlighting for each feature the main
sources of variation: other than unknown causes of variability
(residuals), the main sources of variation for gene expressions
can be attributed to cirrhosis status, although genes driven by sex
or age are noted. For instance, expression variability is mainly
accounted by sex for PZP (chromosome 12), reported to play a
role in immunity-modulating T-helper cells.’® '® Other genes of
interest driven by sex are PLA2G2A (with an antiviral function
in HCV),"” MROH2A (associated with high level of bilirubin),'®
APOA4 (functional in HCV assembly and cell entry)," EIF3CL
(a translation initiation factor)?®*' and TFF3 (overexpressed in
HCCs).*

Unsupervised gene—gene correlation analysis

Next, exploiting the notion that genetic programmes are imple-
mented through gene coexpression networks fitting a scale-
free topology,” ** we attempted to detect modules of highly
correlated genes likely to represent networks that best charac-
terise the main active transcriptional engines of inflamed livers.
Weighted gene coexpression network analysis (WGCNA)* was
performed including all samples, filtering genes by overall vari-
ance (IQR >0.75, n=6997), and estimating the most suitable
beta parameter (B=9) to fit a scale-free network. The dendo-
grams in figure 3A show gene clustering revealing seven gene
modules detected with WGCNA. Over-representation analysis
of gene ontology (GO) categories (figure 3B, online supple-
mental table $1) and Reactome pathways® (online supplemental
figure S1) was carried out to evaluate the homogeneity and
biological meaning of the gene content of each module. In each
module, significant categories appear distinct from each other.
The heatmap in figure 3C shows how modules’ eigengenes relate
to relevant traits (including viral load and alanine transaminase
(ALT) test). An expected module enriched in interferon path-
ways showed highest correlation with IFNL4 genotype (positive
correlation with non-CC set colour coded in red, p value=4e-12)
along with a significant contribution of age (p value=0.05) and
sex (p value=0.01). Cirrhotic status does not have an effect on
this module, while the CC genotype has a significant impact
(correlation coded in green) in other modules enriched with
immunological pathways. Sex shows also significant correlation
to different modules (correlation to females in red, to males in
green) although this analysis does not adjust for covariates.

PCA with reduced dimensionality

We next exploited this information to reduce the dimensionality
of a complex dataset and conduct a more focused clustering
analysis. Principal component analysis (PCA) of samples using
genes in a module enriched with ‘extracellular matrix organi-
sation’ and ‘degradation’ pathways (module=2) shows that
samples segregate according to cirrhotic status rather than sex
or IL28B/IFNL4 genotype (online supplemental figure S2a). In
contrast, a sample PCA using exclusively the genes in a module
enriched with interferon-related pathways (module=6) depicts
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Unsupervised sample clustering analysis of HCV-Liver transcriptomics. Hierarchical clustering of transcription profiles using the top 100

most variable genes across all samples; (A) all sample clustering with sample class labels colour coded by cirrhotic status (left plot, red=cirrhosis,
blue=absence of cirrhosis) and by sex (right plot, pink=female, blue=male). (B) Cirrhotic (left plot) and non-cirrhotic (right plot) sample clustering with
sample class labels colour coded by sex. Gene counts are log transformed (logCPM), centralised across rows (z-scores); Euclidian distance as metric of

similarity.

segregation guided by IL28B/IFNL4 genotype, and clearly not
driven by cirrhosis (figure 4A, online supplemental figure S3a).
Preranked gene set enrichment analysis*® (GSEA) highlighted the
significant overexpression of the interferon module in females
versus males (figure 4B, online supplemental figure S3a). Linear
modelling and data stratification were used to control for covari-
ates and confirm that these genes are differentially expressed
between sexes (figure 4B) and are not only explained by the prev-
alence of non-CC genotype (n=121) over CC (n=74) samples
in the dataset.”” Preranked GSEA in figure 4B was performed
ranking t-tests from linear modelling (adjusted for covariates).

Network gene module enrichment between sexes

We next analysed sex effects in each gene set in the network
modules detected with WGCNA using a preranked GSEA. As in
figure 4B, t-test scores (females versus males) are obtained from
a linear model controlling for cirrhotic status, IFNL4 genotype,
age and race covariates. The GSEA table in figure 5 shows that
the module associated with interferon signalling GO catego-
ries (m6) is the highest enriched in females over males while a
module enriched in T-cell GO terms (m4) appears to be robustly

enriched in males. Modules of less evident immunological rele-
vance, related to cell RAS signalling transduction and ubiquiti-
nation process (m1), and carboxylic acid metabolism (m3), are
still significantly enriched in females, whereas modules associ-
ated with cirrhosis status with genes implicated in vesicle secre-
tion and extracellular matrix organisation pathways (m2) and
catalytic process (m3) are more enriched in male patients. These
analyses shows clear evidence that genes involved in regulatory
networks associated with immune responses or characteristic of
a disease outcome can be divergently expressed between sexes.

Impact of sex on specific host genotypes
Since non-CC and CC samples could be considered two different
patient populations, with distinct phenotypes and clinical
features, a regression-based differential expression (DE) analysis
was performed separately for these two categories of individuals
(CC, expressing only IFNL3 protein isoform, non-CC, able to
express also IFNL4) to get a better insight on their defining char-
acteristics and observe any specific sex effects.

Tables in figure 6A,B show the enrichments of network
modules between sexes in CC and in non-CC samples separately,
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Figure 2 Variance partition analysis of main drivers of expression variability in autosomal genes. (A) Violin plots of variance fraction for each gene
in each variable ranked by total contribution of variability for each variable (IQR >0.95, n=2934) (B) Bar plot of variance fractions for the subset of the
top 50 most variable genes. Genes mapping in sex chromosomes were excluded from the analysis. SVR, sustained virologic response.

describing how these genes can be divergent in sexes. The inter-
feron module (m6) appears most significantly overexpressed in
females in the non-CC group. In contrast, the T-cell activation
module (m4) is more expressed in males both in CC and non-CC
settings. Of note, the immunoglobulin module appears highly
enriched in females in CC group.

Although the interferon module was found significantly
enriched in females from non-CC cohort, an equivalent analysis
(preranked t-test from regressive model) performed only in less
severe samples (non-cirrhotic) assessing enrichments of hallmark
gene sets™® showed a conserved enrichment for interferon alpha
response in CC females (online supplemental figure S$4a). In
less severe non-CC samples, a strong enrichment in females of
interferon alpha/gamma (not WGCNA derived) genes indicates
further that IFNL4 genotype could exaggerate constitutional sex
differences in ISG (online supplemental figure S4b).

The regressive analysis would also suggest that immunoglob-
ulin and T-cell modules are generally upregulated in CC over
non-CC cohorts, regardless of sex (figure 6C). Higher T-cell
activity in CC patients is confirmed by a significant enrichment
of a MAIT cell signature (CD161+ upregulated genes from our
published study® (figure 6C).

Effect of viral variants on host transcriptomics assessed by
data stratification

We previously®® demonstrated that variants in viral sequences
are associated with IL28B/IFNL4 host genotype. In particular,
a variant at position 2570 in viral genome, causing an amino
acid substitution in protein NS5B, is the most significantly asso-
ciated. Viral variants in this region are reported to give resis-
tance to treatments.’’ Therefore, we next assessed the impact
of this site on transcription, taking into account host 1L28B/
IFNL4 genotype and cirrhosis status. In the subcohort of non-
cirrhotic patients with favourable genotype CC, the presence/
absence of a Valine in viral site 2570 was used as discrimi-
nant to group patients and assess DE levels associated with the
substitution. GSEA performed between samples from patients
infected with a virus carrying a Valine (V) and not carrying a
Valine (non-V) at this site showed significant enrichments of

diverse and biologically interpretable GO categories. Genes in
immune relevant pathways were found enriched in V patients
when compared with non-V (online supplemental figure S5a).
Furthermore, the V variant was found associated with WGCNA
modules; interferon, T- and B-cell-related modules were signifi-
cantly enriched in non-CC patients carrying the V viral variant
(online supplemental figure S5b,c).

Interaction of sex and viral variants in immune-relevant
modules

Taking together all these results that indicate that interferon type
I signalling is exacerbated in non-CC subjects and also boosted
by the presence of a single amino acid residue change in NS5B,
we were able to test further a sex effect in ISG expression, using
data stratification to control for covariates. A standard GSEA
was performed between sexes in the subcohort of non-cirrhotic,
non-CC, and with the valine at viral site 2570 (non-CC-V)
samples, revealing a significant upregulation of the interferon
module genes in females (online supplemental figure Séa, left
plot). However, in the presence of an alanine (V to A) in the
same site (again in the non-cirrhotic/non-CC subgroup: non-
CC-A), the interferon module is no longer biased toward women
(online supplemental figure S6a, central plot). This suggests that
sex effects on ISG are impacted also by viral variants.

This impact is not restricted to interferon. An equivalent
analysis using the same subset of patients to test coexpression
of the two other immune-associated modules (m4, m7) shows
an enrichment of immunoglobulin response genes in non-CC-V
female subjects (non-CC-V) (online supplemental figure Séb,
left). In non-CC-A patients, we observed a strong enrichment
in males for both m4 and m7 modules (online supplemental
figure Séb, figure 6D right plot). Conversely, in CC-A patients
we observed significant enrichment for both T cells and immu-
noglobulin genes in females (online supplemental figure Séb,
figure 6D left plot). These results suggest that not only innate
but also sex-related adaptive immune responses can be influ-
enced by a combinatorial effect of host and viral genotypes.

We validated results of enrichment of immunoglobulin genes
in non-CC-V females assessing CibertsortX** imputed signatures
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Figure 3 Weighted gene coexpression network analysis (WGCNA) on HCV-liver transcriptomics. (A) Hierarchical clustering dendograms showing
gene modules (m1-m7) detected with WGCNA in the set of most variable genes (IQR >0.75, n=6997). (B) Dot plot showing and comparing over-
representation analysis of GO term categories in detected gene modules. (C) Heatmap showing bivariate correlations between module genes to
sample traits with p values (in heatmap cells); highlighted (dashed red line) the trait correlations with the module enriched with interferon stimulated

genes (ISGs) (m6) and module correlations with sex (dashed light blue).

of 22 immune cell types (LM22%) in stratified data (non-
cirrhotic, non-CC-V, n=39, females=16, males=23) and using
a preranked GSEA (online supplemental figure S6¢). We found
consistent results, that is, B-cell/plasma cell signature enrichment
in non-CC-V females.

Expression quantitative trait loci (eQTL) analysis by sex for
the impact of sex-specific single nucleotide polymorphisms
Given that sexes have a different responsiveness to the infec-
tion, regardless of genotype, we next focused on exclusively
upregulated genes in females or males, for instance genes that
are not concomitantly upregulated in non-CC versus CC (at
lfc >1, p,, <0.05). As shown schematically in online supple-
mental figure S7a,b, we selected the genes in the left set of the
Venn diagram, the upregulated genes in females (in pink), not
intersecting with the set of upregulated genes between non-CC
and CC.

The uniquely and most significantly upregulated genes in
females are GYG2, SLC23A3, PZP, PCP4L1, PLEK2, PFN2,

SLC3A1, TMEMI154, VIL1, H19, PLA2G2A, MROH2A,
APOA4, GPC3 and XPNPEP2. Of note, PZP is reported to be
an immune modulator and was previously detected by variance
partition analysis (figure 1B).

eQTL analysis was executed for these sex-specific gene
expressions, separately for each sex group and in combined set
(adjusting for main covariates); Manhattan plots were gener-
ated and results from overall and separate sexes analysis were
compared. We did not find sites associated with PZP expres-
sion, supporting that this immune modulator is driven by sex
and not by a frequent mutation or polymorphism in this cohort.
In contrast, PLEK2 and PLA2G2A have sites (rs60713996 and
rs4744/rs12044628, respectively) detectable in males (and in
combined samples, which could be expected since male patients
are dominant in this cohort study) but not in females. The SNP
map in the same chromosome of the genes providing further
support of significant effect or association to the expression level
of the features (figure 7A,B).
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Figure 4 Principal component analysis (PCA) and preranked gene set enrichment analysis (GSEA) of interferon module genes. (A) Samples’ PCA
using as dimension gene expression in interferon module and sample labels colour coded by IFNL4 (interferon lambda 4) genotype (left plot), sex
(middle plot) and cirrhotic status (right plot). (B) GSEAs to assess enrichment of interferon module genes (m6) between non-CC versus CC (left plot),
female versus male (middle plot) and cirrhosis versus non-cirrhosis (right plot) using genome-wide preranked t-tests after controlling for all covariates.

Another important example is the eQTL analysis detecting ~ workflow in online supplemental figure S7b), hence the SNP

a site associated with HKDC1 expression (figure 7¢) in female genotype could impact responsiveness of HKDC1 expression in
samples only. HKDC1 is a gene overall more expressed in cirrhotic females. The female-specific site (rs9645500) associated
women (adjusting for all covariates, workflow in online supple- with HKDCI1 expression also maps in the same chromosome of
mental figure S7a) with an adjusted p-value=0.19. In cirrhosis, the gene locus. These data provide evidence that it is possible
the gene is significantly upregulated only in males (p<<0.01, to discover significant sites exclusively in one sex, otherwise
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Figure 5 Weighted gene coexpression network analysis (WGCNA) module enrichment between sexes. Preranked (after covariates adjustment) gene
set enrichment analysis (GSEA) table showing enrichments between sexes (F=female; M=male) of all WGCNA modules and ranked by adjusted p
values. Enrichment score curves (left) showing divergent enrichment in sexes of interferon module (m6 in females) and T-cell module (m4 in males).
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Figure 6 Gene module enrichment between sexes in CC and non-CC genotypes. Preranked (after covariate adjustments) gene set enrichment
analyses (GSEAs) showing sex enrichments of all weighted gene coexpression network analysis (WGCNA) modules (m1-m7) in CC (A) and non-

CC (B) samples. Module enrichments are ranked by statistical significance (adjusted p values). (C) Preranked GSEAs with enrichment curves for
immunoglobulin module (m7, left plot, false discovery rate (FDR) <<0.01), T-cell module (m4, middle plot, FDR<<0.01) and Mucosal Associated
Invariant T (MAIT) cell signature (CD161+, right plot, FDR=0.003) between IFNL4 (interferon lambda 4) genotypes (non-CC versus CC) in overall
analysis (all covariates control). Standard GSEAs (D) showing sex enrichments of immunoglobulin module in subsets of non-cirrhotic-CC with A viral
variant in pos2570 (CC-A) (left plot, FDR<<0.01) and non-cirrhotic-non-CC with same viral variant (non-CC-A, FDR<<0.01) (right plot).

undetectable when combined sex group analysis is performed
(figure 7C).

Age and ISG expression
As observed during the COVID-19 pandemic, sex and age are
crucial factors to consider in treating critically ill patients; there-
fore, we investigated age-dependent change in expressions of
ISG genes, between sexes and in different contexts of IFNL4
genotypes. The mean expression of interferon module genes
(m6) upregulated between non-CC versus CC (Ifc >1, n=14)
was used as metagene to assess correlation with age. A bivar-
iate correlation analysis shows, particularly in females, a signif-
icant positive correlation of ISG expression and age in non-CC
patients (online supplemental figure S8a). In CC patients overall
we did not observe a strong correlation of the same ISGs with
ageing; however, higher expression and correlation could still be
noticed in CC females. The effect size analysis (including in anal-
ysis of variance model age, sex, cirrhosis status and interaction
term for age and sex) confirmed for non-CC patients a signifi-
cant contribution of age and sex to the expression of interferon
module metagene (online supplemental figure S8b IFNL4, right
plot).

To investigate further postmenopausal effects, standard GSEA
was performed in older patients (>55 years old) to test sex

enrichments in CC and non-CC groups; the interferon module
was found significantly enriched only in non-CC-females
(FDR=0.23, phenotype permutation; FDR<<0.01, gene set
permutation), while immunoglobulin and T-cell modules were
found highly enriched in CC males (FDR<<0.01) (online
supplemental figure S8¢). Non-CC men still show an enrichment
of T-cell module (FDR=0.08) confirming the tendency in males
to an increased cellular response, even in older age. Postmeno-
pausal CC women might not maintain a higher expression of
immunoglobulin genes as observed in preranked GSEA analysis
(adjusting for age; figure 6).

Impact of host gene networks in response to therapy in the
BOSON study

In the study of the impact of antiviral therapies in the BOSON
trial (sofosbuvir+ribavirin for 16 or 24 weeks or in combination
with pegylated interferon alpha), a clear impact of both IL28B/
IFNL4 status and sex was seen, with CC patients and females at
least at risk of relapse with the partially effective directly acting
antiviral therapy.'” The data in this study reveal the marked
underpinning transcriptional differences which result from both
genotype and sex prior to therapy. We have previously shown
a recovery of interferon signalling in CC patients on antiviral
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Figure 7 Manhattan plots for expression quantitative trait loci (eQTL) analysis results of significant loci in all samples and disaggregated by sex.
Visualisation of eQTL analysis results using all samples (upper Manhattan plots) compared with results obtained separately in male and female
subsets (lower Manhattan plots). PLEK2 (A) and PLA2G2A (b) are exclusively upregulated in females (and not in non-CC) and significant single
nucleotide polymorphisms (SNPs) are detected only in male samples analysis. (C) HKDC1 is a gene upregulated only in cirrhotic males and a

significant SNP is detected only in female sample eQTLs.

therapy’*: in that study, at the end of therapy (after 16 weeks) a
recovery of interferon response was measured using the average
of expression of a selection of ISGs (n=27) and it was observed
exclusively in patients with CC. In this cohort, the same subset
of ISGs appears to be upregulated in females (adjusting for all
covariates). This suggests that a specific subset of IFN genes
represent the first ISGs to be promptly activated in contexts of
more functional immune responses (CC/females) and provides
an explanation for the impact of sex on the treatment response
seen (online supplemental figure S8d).

Comparability of interferon module in other conditions

To address the generalisability of these findings outside HCV
and the liver, we analysed enrichment of network modules
detected in our dataset in a range of publically available gene
expression datasets; these were from a SARS murine model**
(GSE59185), human lung tissue from postmortem patients
with *¢ (GSE171524) and sorted CD4 cells from HIV post-
treatment patients.”” The mé module was found highly enriched
(FDR<<0.01) in mice infected with the wild-type strain of
SARS-CoV-1 when compared with a mutated/attenuated one,
associated with milder disease (online supplemental figure S9a).
This first result provides evidence of a cross-tissue and cross-
species conservation of this HCV-derived module, and also the
impact of viral variants. To address the influence of sex on this

module, we assessed a study of SARS-CoV-2 postmortem lung.
Here an enrichment of the mé6 module in females (FDR=0.003)
was still observed analysing lung pseudo-bulk transcriptomics*®
(online supplemental figure S9b, preranked GSEA controlling
for age and postmortem interval). Finally to further assess the
relevance of mé to therapy, we analysed an HIV cohort under-
going treatment withdrawal. A highly significant enrichment
(FDR<<0.01) of the interferon module was also observed in
CD4 transcriptomics of ‘post-treatment controllers™”: patients
with HIV with a late viral load rebound after treatment inter-
ruption (online supplemental figure S9c). This result supports
the involvement of mé gene modules in other conditions, an
interaction with sex, and a possible beneficial role in therapy as
observed in BOSON.

DISCUSSION

The rationale for this study was to identify the key intrahepatic
host gene networks responding to HCV infection, addressing in
particular the influence of sex and dissecting the impact of host
IL28B/IFNL4 genotype. We identified a number of immunolog-
ically meaningful modules where the effect of these factors can
be identified. It is evident that HCV-liver transcriptomics show
clear sex divergence in expression of genes involved in immune
responses. Overall, we observed in females an enhanced expres-
sion of interferon signalling genes while in male patients a higher
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expression of T-cell-associated genes is visible (figures 5 and 6).
These distinct responses to the same infection are likely linked to
the divergent clinical outcomes in this disease.

The gene expression analysis between sexes in separate IFNL4
genotypes shows a clear overexpression of interferon genes in
non-CC females—revealing an important interaction between
host genotype and host sex in an antiviral response. Other inter-
actions were seen which were more complex. For example,
looking at the B-cell module, in the CC subset we noted a signif-
icant upregulation of relevant immunoglobulin genes in females,
but interestingly in non-CC samples this gene set was upregu-
lated in males. We also observed an impact of viral variants on
immune relevant genes able to perturb the direction of the sex
response. In particular, the immunoglobulin response seems to
be very sensitive to a combinatorial effect of host genotype, virus
mutations and sex. The impact of sex on the differential gene
expression driven by host genetic variation was confirmed by
eQTL analyses. Assuming distinct sex responses in an infectious
disease is quite a general effect, sex-specific eQTL analysis could
be an important approach elsewhere. As yet undiscovered geno-
types not visible in studies of mixed populations but visible in
studies of separated sexes could help explain the pathogenesis of
sex-biased pathologies.

Broadly each module could be considered to have a specific
clinical/pathological significance. The clearest of these are mé, as
discussed, associated with interferon responses and inversely with
viral load. Module m4 was associated with T-cell responses—
this was correlated to ALT, indicating a pathological role for
cellular responses (interestingly this was positively correlated
with viral load). The content of m7 was more closely linked to
B-cell responses and again associated with immune pathology.
The other modules, m1 (signalling), m2 (matrix organisation),
m3 (metabolic and synthetic pathways) and m5 (transforming
growth factor-p signalling/catabolism) were all most closely asso-
ciated with cirrhosis—with a strong positive association for m2
and a negative association for m3. IFNL4 genotype and sex had
wide impacts on the modules, but were strongly linked to the
innate response (mé6) and negatively to adaptive responses (m4
and m7). Although we did not extensively validate these modules
in other clinical settings, we believe they could have broad value.
In particular, mé6 was found across species and organs, and a sex-
associated impact was found in COVID-19.

We also examined the recovery of interferon responsiveness in
therapy. Importantly, this analysis could be performed in blood
as we previously observed in sequential blood sampling a clear
‘bounce’ in gene expression seen over the course of the BOSON
trial'? in those undergoing successful cure. This is relevant as it
indicates that some of the key liver modules can also be observed
in blood, broadening the application. The overlap between genes
upregulated in blood and those enriched in women in this study
may help explain the clear impact of sex seen in the BOSON
study. Women appear to efficiently induce the expression of a
coordinated set of ISGs providing an effective antiviral response.
Thus, potentially the quality or dynamics rather than just the
amplitude of antiviral gene expression could be critical. While
therapies for HCV are now highly effective in all groups, in
other clinical settings the role of sex-driven transcriptional and
immune networks needs further exploration as it could impact
on patient stratification or guide the use of specific interventions.

Although the study was comparatively large, the use of bulk
RNA-Seq does limit some of the interpretations, which could
be further explored in future studies using single-cell RNA-Seq
and spatial transcriptomic approaches. Since RNA-Seq is a bulk
approach, the source of the interferon-driven networks in mé

could be further explored to identify the (sex-dependent) role
of parenchymal and immune cell subsets. The status and locali-
sation of T cells in the liver—including conventional and uncon-
ventional subsets, and their function and regulation require
further analysis. The ability of such newer methods to explore
metabolic pathways in individual cell types would also be of rele-
vance to the strong (and opposing) impacts seen in modules m2
and m3. We would suggest on the basis of our data here that such
future projects should all be designed to take into account the
impact of sex as well as host genetics on such pathways.

MATERIALS AND METHODS

RNA extraction, library prep, sequencing and mapping for the
BOSON cohort

The protocol followed as previously described by Ansari and
coworkers.”” Liver biopsy samples were available for 198
patients. Liver biopsy samples were mechanically disrupted in the
presence of lysis buffer and homogenised using a QIAshredder
(Qiagen, 79654). Total RNA was extracted from patient liver
biopsies at baseline (pretreatment) using RNeasy mini kits
(Qiagen, 74104) following manufacturers’ instructions.

RNA yield was quantified using a NanoDrop spectrophotom-
eter. Selected samples were also run on an Agilent TapeStation
system to assess RNA quality and purity. Library preparation
from purified RNA samples was performed using the Smart-Seq2
protocol,*® used along with previously described indexing
primers during amplification.*!

High- throughput RNA sequencing of prepared libraries was
performed on the Illumina HiSeq 4000 platform to 75 bp PE at
the Wellcome Center for Human Genetics (Oxford, UK). Reads
were trimmed for Nextera, Smart-seq2 and Illumina adapter
sequences using skewer-v0.1.125.%

RNA-Seq reads were aligned to GRCh38 human reference
genome using HISAT* sequence aligners. Rsubread** R package
was used for assignments and quantification of mapped reads
to genomic features. Clustering analysis was performed using R
packages,* ¢ and assessment of variability drivers was executed
with variancePartition" method. Our own R code and limma*’
package were used for preprocessing, normalisation and differ-
ential gene expression analysis. Standard GSEA and preranked
GSEA were performed using software tool from Broad Institute
website*® and fgsea® R package. WGCNA? was employed to
infer genes in regulatory networks, and clusterProfiler,’® Reac-
tomePA* and fgsea® were used to assess enrichment of Reac-
tome pathways, GO categories and Hallmarks®® gene sets.
CibertsortX** algorithm was used to impute expressed genes in
inferred immune cell population proportions. Raw GWAS data
were generated and processed with PLINK,*! preprocessing and
statistical analysis for eQTL on gene expression selections was
performed using classes and methods in snpStats®>>* package.

Host genotyping
Host genome-wide genotyping was performed on 195 patients
from the BOSON cohort as described previously.>

Expression data accession numbers

Preprocessed expression data of the BOSON cohort study have
been deposited in the Gene Expression Omnibus Database
(GEO, GSE149601).

Contributors EM developed the idea, performed the bioinformatics analysis
and wrote the article. NR contributed to the interpretation and design of the
bioinformatics analysis and reviewed the article. MAA and EB reviewed the article
and contributed to the design and generation of the original transcriptional

Marchi E, et al. Gut 2022;0:1-11. doi:10.1136/gutjnl-2021-326314

‘saiIfojouyoal Jejiwis pue ‘Buiuresy |v ‘Buluiw elep pue 1xa1 01 pale|al sasn 1o} Buipnjoul ‘1ybliAdod Aq paloalold
"AlIsIaAIUN PI0JXO Te 9202 ‘v 11udy uo jwod fwginby:dny woiy pspeojumoq 220z AN §Z U0 $TE€92E-T202-1uNNB/9ETT 0T Se paysiiand 1s.1) 1IN


http://gut.bmj.com/

Hepatology

datasets. CH contributed to data analysis and the writing of the article. STOP-HCV
provided patient information for effective experimental design and data analysis. PK
contributed to the model, reviewed and wrote the article and gave final approval. PK
and EM are guarantors for the work and the conduct of the study.

Funding EM, NR, CH, PK are funded by a Wellcome Trust grant (WT109965MA)
and the NIHR Biomedical Research Centre, Oxford. EB is funded by the Oxford NIHR
Biomedical Research Centre and is an NIHR Senior Investigator. The views expressed
in this article are those of the author and not necessarily those of the NHS, the NIHR
or the Department of Health. MAA is supported by a Sir Henry Dale Fellowship jointly
funded by the Royal Society and the Wellcome Trust (220171/2/20/Z). This research
was funded in whole, or in part, by the Wellcome Trust (grant no. 220171/2/20/2).
For the purpose of open access, the author has applied a CC BY public copyright
licence to any Author Accepted Manuscript version arising from this submission.

Competing interests None declared.

Patient and public involvement Patients and/or the public were not involved in
the design, conduct, reporting or dissemination plans of this research.

Patient consent for publication Not required.
Provenance and peer review Not commissioned; externally peer reviewed.

Data availability statement Data are available in a public, open access
repository. Data are publicly available and deposited on online repository Gene
Expression Omnibus Database (GEO, GSE149601)

Supplemental material This content has been supplied by the author(s). It

has not been vetted by BMJ Publishing Group Limited (BMJ) and may not have
been peer-reviewed. Any opinions or recommendations discussed are solely those
of the author(s) and are not endorsed by BMJ. BMJ disclaims all liability and
responsibility arising from any reliance placed on the content. Where the content
includes any translated material, BMJ does not warrant the accuracy and reliability
of the translations (including but not limited to local regulations, clinical guidelines,
terminology, drug names and drug dosages), and is not responsible for any error
and/or omissions arising from translation and adaptation or otherwise.

Open access This is an open access article distributed in accordance with the
Creative Commons Attribution Non Commercial (CC BY-NC 4.0) license, which
permits others to distribute, remix, adapt, build upon this work non-commercially,
and license their derivative works on different terms, provided the original work is
properly cited, appropriate credit is given, any changes made indicated, and the use
is non-commercial. See: http://creativecommons.org/licenses/by-nc/4.0/.

ORCID iD
Emanuele Marchi http://orcid.org/0000-0003-1741-9353

REFERENCES

1 Boisvert M, Shoukry NH. Type lIl interferons in hepatitis C virus infection. Front
Immunol 2016;7:628.

2 Gower E, Estes C, Blach S, et al. Global epidemiology and genotype distribution of the
hepatitis C virus infection. J Hepatol 2014;61:545-57.

3 Grebely J, Page K, Sacks-Davis R, et al. The effects of female sex, viral genotype,
and IL28B genotype on spontaneous clearance of acute hepatitis C virus infection.
Hepatology 2014;59:109-20.

4 Ruggieri A, Gagliardi MC, Anticoli S. Sex-Dependent outcome of hepatitis B and C
viruses infections: synergy of sex hormones and immune responses? Front Immunol
2018;9:2302.

5 DiMartino V, Lebray P, Myers RP, et al. Progression of liver fibrosis in women
infected with hepatitis C: long-term benefit of estrogen exposure. Hepatology
2004;40:1426-33.

6 Sacks-Davis R, Grebely J, Dore GJ, et al. Hepatitis C Virus Reinfection and Spontaneous
Clearance of Reinfection--the InC3 Study. J Infect Dis 2015;212:1407-19.

7 van den Berg CHBS, Grady BPX, Schinkel J, et al. Female sex and IL28B, a synergism
for spontaneous viral clearance in hepatitis C virus (HCV) seroconverters from a
community-based cohort. PLoS One 2011,6:627555.

8 Thomas DL, Thio CL, Martin MP, et a/. Genetic variation in IL28B and spontaneous
clearance of hepatitis C virus. Nature 2009;461:798-801.

9 Thompson AJ, Muir AJ, Sulkowski MS, et al. Interleukin-28B polymorphism improves
viral kinetics and is the strongest pretreatment predictor of sustained virologic
response in genotype 1 hepatitis C virus. Gastroenterology 2010;139:120-9.e18.

10 Lee J,Wu CCN, Lee KJ, et al. Activation of anti-hepatitis C virus responses via Toll-like
receptor 7. Proc Nat/ Acad Sci U S A 2006;103:1828-33.

11 Magri A, Barbaglia MN, Foglia CZ, et al. 17,3-estradiol inhibits hepatitis C
virus mainly by interference with the release phase of its life cycle. Liver Int
2017,37:669-77.

12 Foster GR, Pianko S, Brown A, et al. Efficacy of sofosbuvir plus ribavirin with or
without peginterferon-alfa in patients with hepatitis C virus genotype 3 infection
and treatment-experienced patients with cirrhosis and hepatitis C virus genotype 2
infection. Gastroenterology 2015;149:1462-70.

20

21

22

23

24

25

26

27

28

29

30

31

32

33

34

35

37

38

39

40

41

42

43

Hoffman GE, Schadt EE. variancePartition: interpreting drivers of variation in complex
gene expression studies. BMC Bioinformatics 2016;17:483.

Johnson NA, Lachance J. The genetics of sex chromosomes: evolution and implications
for hybrid incompatibility. Ann N Y Acad Sci 2012;1256:E1-22.

Kashiwagi H, Ishimoto H, Izumi S-ichiro, et al. Human PZP and common marmoset
A2ML1 as pregnancy related proteins. Sci Rep 2020;10:1-13.

Skornicka EL, Kiyatkina N, Weber MC, et a/. Pregnancy zone protein is a carrier and
modulator of placental protein-14 in T-cell growth and cytokine production. Cel/
Immunol 2004;232:144-56.

Matsumoto Y, Matsuura T, Aoyagi H, et al. Antiviral activity of glycyrrhizin against
hepatitis C virus in vitro. PLoS One 2013;8:e68992.

Coltell O, Asensio EM, Sorli JV, et al. Genome-Wide association study (GWAS) on
bilirubin concentrations in subjects with metabolic syndrome: sex-specific GWAS
analysis and gene-diet interactions in a Mediterranean population. Nutrients
2019;11:90.

Hueging K, Weller R, Doepke M, et al. Several human liver cell expressed
apolipoproteins complement HCV virus production with varying efficacy conferring
differential specific infectivity to released viruses. PLoS One 2015;10:e0134529.
Expression of EIF3CL in liver cancer - The Human Protein Atlas. Available: https://
www.proteinatlas.org/ENSG00000205609-EIF3CL/pathology/liver+cancer [Accessed
22 Feb 2021].

Uhlen M, Zhang C, Lee S, et al. A pathology atlas of the human cancer transcriptome.
Science 2017;357. doi:10.1126/science.aan2507. [Epub ahead of print: 18 08
2017].

Okada H, Kimura MT, Tan D, et al. Frequent trefoil factor 3 (TFF3) overexpression and
promoter hypomethylation in mouse and human hepatocellular carcinomas. Int J
Oncol 2005;26:369-77.

Langfelder P, Horvath S. WGCNA: an R package for weighted correlation network
analysis. BMC Bioinformatics 2008;9:559. doi:10.1186/1471-2105-9-559

Zhang B, Horvath S. A general framework for weighted gene co-expression network
analysis. Stat Appl Genet Mol Biol 2005;4:Article17.

Yu G, He Q-Y. ReactomePA: an R/Bioconductor package for reactome pathway
analysis and visualization. Mo/ Biosyst 2016;12:477-9.

Subramanian A, Tamayo P, Mootha VK, et al. Gene set enrichment analysis: a
knowledge-based approach for interpreting genome-wide expression profiles. Proc
Natl Acad Sci U S A 2005;102:15545-50.

Jenkins DG, Quintana-Ascencio PF. A solution to minimum sample size for regressions.
PLoS One 2020;15:0229345-15. doi:10.1371/journal.pone.0229345

Liberzon A, Birger C, Thorvaldsdattir H, et al. The molecular signatures database
(MSigDB) hallmark gene set collection. Cell Syst 2015;1:417-25.

Fergusson JR, Smith KE, Fleming VM, et al. CD161 defines a transcriptional and
functional phenotype across distinct human T cell lineages. Cell Rep 2014;9:1075-88.
Ansari MA, Pedergnana V, L C Ip C, et al. Genome-To-Genome analysis highlights the
effect of the human innate and adaptive immune systems on the hepatitis C virus. Nat
Genet 2017;49:666—73.

Di Maio VC, Cento V, Mirabelli C, et al. Hepatitis C virus genetic variability and the
presence of NS5B resistance-associated mutations as natural polymorphisms in
selected genotypes could affect the response to NS5B inhibitors. Antimicrob Agents
Chemother 2014;58:2781-97.

Newman AM, Steen CB, Liu CL, et al. Determining cell type abundance and expression
from bulk tissues with digital cytometry. Nat Biotechnol 2019;37:773-82.

Newman AM, Liu CL, Green MR, et al. Robust enumeration of cell subsets from tissue
expression profiles. Nat Methods 2015;12:453-7. doi:10.1038/nmeth.3337
Ramamurthy N, Marchi E, Ansari MA, et al. Impact of interferon lambda 4 genotype
on interferon-stimulated gene expression during direct-acting antiviral therapy for
hepatitis C. Hepatology 2018;68:859-71.

Regla-Nava JAet al. Data from: host responses contributing to the attenuation of
severe acute respiratory syndrome coronaviruses missing E protein domains. GEO,
Gene epxression omnibus 2015.

Melms JCet al. Data from: Columbia University/NYP COVID-19 lung atlas. GEO, gene
expression omnibus 2021.

Zacharopoulou P, Marchi E, Ogbe A, et al. Expression of type | interferon-associated
genes at antiretroviral therapy interruption predicts HIV virological rebound. Sci Rep
2022;12:1-10. doi:10.1038/541598-021-04212-9

Wu H, He P, Ren Y, et al. Postmortem high-dimensional immune profiling of

severe COVID-19 patients reveals distinct patterns of immunosuppression and
immunoactivation. Nat Commun 2022;13:2609.

Ansari MA. Data from: a gene locus that controls expression of ACE2 in virus
infection. GEQ, Gene expression omnibus 2020.

Picelli S, Bjorklund Asa K, Faridani OR, et al. Smart-seq? for sensitive full-length
transcriptome profiling in single cells. Nat Methods 2013;10:1096—100.

Lamble S, Batty E, Attar M, et al. Improved workflows for high throughput library
preparation using the transposome-based Nextera system. BMC Biotechnol
2013;13:104.

Jiang H, Lei R, Ding S-W, et al. Skewer: a fast and accurate adapter trimmer for next-
generation sequencing paired-end reads. BMC Bioinformatics 2014;15:182.

Kim D, Langmead B, Salzberg SL. HISAT: a fast spliced aligner with low memory
requirements. Nat Methods 2015;12:357-60.

Marchi E, et al. Gut 2022;0:1-11. doi:10.1136/gutjnl-2021-326314

‘saiIfojouyoal Jejiwis pue ‘Buiuresy |v ‘Buluiw elep pue 1xa1 01 pale|al sasn 1o} Buipnjoul ‘1ybliAdod Aq paloalold
"AlIsIaAIUN PI0JXO Te 9202 ‘v 11udy uo jwod fwginby:dny woiy pspeojumoq 220z AN §Z U0 $TE€92E-T202-1uNNB/9ETT 0T Se paysiiand 1s.1) 1IN


http://creativecommons.org/licenses/by-nc/4.0/
http://orcid.org/0000-0003-1741-9353
http://dx.doi.org/10.3389/fimmu.2016.00628
http://dx.doi.org/10.3389/fimmu.2016.00628
http://dx.doi.org/10.1016/j.jhep.2014.07.027
http://dx.doi.org/10.1002/hep.26639
http://dx.doi.org/10.3389/fimmu.2018.02302
http://dx.doi.org/10.1002/hep.20463
http://dx.doi.org/10.1093/infdis/jiv220
http://dx.doi.org/10.1371/journal.pone.0027555
http://dx.doi.org/10.1038/nature08463
http://dx.doi.org/10.1053/j.gastro.2010.04.013
http://dx.doi.org/10.1073/pnas.0510801103
http://dx.doi.org/10.1111/liv.13303
http://dx.doi.org/10.1053/j.gastro.2015.07.043
http://dx.doi.org/10.1186/s12859-016-1323-z
http://dx.doi.org/10.1111/j.1749-6632.2012.06748.x
http://dx.doi.org/10.1038/s41598-020-61714-8
http://dx.doi.org/10.1016/j.cellimm.2005.03.007
http://dx.doi.org/10.1016/j.cellimm.2005.03.007
http://dx.doi.org/10.1371/journal.pone.0068992
http://dx.doi.org/10.3390/nu11010090
http://dx.doi.org/10.1371/journal.pone.0134529
https://www.proteinatlas.org/ENSG00000205609-EIF3CL/pathology/liver+cancer
https://www.proteinatlas.org/ENSG00000205609-EIF3CL/pathology/liver+cancer
http://dx.doi.org/10.1126/science.aan2507
http://www.ncbi.nlm.nih.gov/pubmed/15645121
http://www.ncbi.nlm.nih.gov/pubmed/15645121
http://dx.doi.org/10.1186/1471-2105-9-559
http://dx.doi.org/10.2202/1544-6115.1128
http://dx.doi.org/10.1039/c5mb00663e
http://dx.doi.org/10.1073/pnas.0506580102
http://dx.doi.org/10.1073/pnas.0506580102
http://dx.doi.org/10.1371/journal.pone.0229345
http://dx.doi.org/10.1016/j.cels.2015.12.004
http://dx.doi.org/10.1016/j.celrep.2014.09.045
http://dx.doi.org/10.1038/ng.3835
http://dx.doi.org/10.1038/ng.3835
http://dx.doi.org/10.1128/AAC.02386-13
http://dx.doi.org/10.1128/AAC.02386-13
http://dx.doi.org/10.1038/s41587-019-0114-2
http://dx.doi.org/10.1038/nmeth.3337
http://dx.doi.org/10.1002/hep.29877
http://dx.doi.org/10.1038/s41598-021-04212-9
http://dx.doi.org/10.1038/s41467-021-27723-5
http://dx.doi.org/10.1038/nmeth.2639
http://dx.doi.org/10.1186/1472-6750-13-104
http://dx.doi.org/10.1186/1471-2105-15-182
http://dx.doi.org/10.1038/nmeth.3317
http://gut.bmj.com/

Hepatology

44

45

46

47

48

Liao Y, Smyth GK, Shi W. The R package Rsubread is easier, faster, cheaper and 49
better for alignment and quantification of RNA sequencing reads. Nucleic Acids Res
2019;47:e47. 50
gplots: various R programming tools for plotting data — ScienceOpen. Available:
https://www.scienceopen.com/document?vid=0e5d8e31-1fe4-492f-a3d8-

8cd71b2b8ad9 [Accessed 17 Feb 2021]. 51
pca3d: three dimensional PCA plots version 0.10.2 from CRAN. Available: https:/rdrr.
io/cran/pca3d/ [Accessed 17 Feb 2021].

Ritchie ME, Phipson B, Wu D, et al. limma powers differential expression analyses for 52
RNA-sequencing and microarray studies. Nucleic Acids Res 2015;43:e47.

GSEA. Available: https://www.gsea-msigdb.org/gsea/index.jsp [Accessed 22 Feb 53
2021].

Korotkevich G, Sukhov V, Sergushichev A. Fast gene set enrichment analysis. bioRxiv
2016;60012.

Yu G, Wang L-G, Han Y, et al. ClusterProfiler: an R package for comparing

biological themes among gene clusters. OMICS: A Journal of Integrative Biology
2012;16:284-7. doi:10.1089/0mi.2011.0118

Purcell S, Neale B, Todd-Brown K, et al. PLINK: a tool set for whole-genome
association and population-based linkage analyses. Am J Hum Genet
2007;81:559-75.

Bioconductor - snpStats. Available: https:/www.bioconductor.org/packages/release/
bioc/html/snpStats.html [Accessed 17 Feb 2021].

Solé X, Guind E, Valls J, et al. SNPStats: a web tool for the analysis of association
studies. Bioinformatics 2006;22:1928-9.

Marchi E, et al. Gut 2022;0:1-11. doi:10.1136/gutjnl-2021-326314

‘saiIfojouyoal Jejiwis pue ‘Buiuresy |v ‘Buluiw elep pue 1xa1 01 pale|al sasn 1o} Buipnjoul ‘1ybliAdod Aq paloalold
"AlIsIaAIUN PI0JXO Te 9202 ‘v 11udy uo jwod fwginby:dny woiy pspeojumoq 220z AN §Z U0 $TE€92E-T202-1uNNB/9ETT 0T Se paysiiand 1s.1) 1IN


http://dx.doi.org/10.1093/nar/gkz114
https://www.scienceopen.com/document?vid=0e5d8e31-1fe4-492f-a3d8-8cd71b2b8ad9
https://www.scienceopen.com/document?vid=0e5d8e31-1fe4-492f-a3d8-8cd71b2b8ad9
https://rdrr.io/cran/pca3d/
https://rdrr.io/cran/pca3d/
http://dx.doi.org/10.1093/nar/gkv007
https://www.gsea-msigdb.org/gsea/index.jsp
http://dx.doi.org/10.1089/omi.2011.0118
http://dx.doi.org/10.1086/519795
https://www.bioconductor.org/packages/release/bioc/html/snpStats.html
https://www.bioconductor.org/packages/release/bioc/html/snpStats.html
http://dx.doi.org/10.1093/bioinformatics/btl268
http://gut.bmj.com/

	Defining the key intrahepatic gene networks in HCV infection driven by sex
	Abstract
	Introduction﻿﻿
	Results
	Defining transcriptional variability in the sample set
	Variance partitioning analysis of autosomal gene expression
	Unsupervised gene–gene correlation analysis
	PCA with reduced dimensionality
	Network gene module enrichment between sexes
	Impact of sex on specific host genotypes
	Effect of viral variants on host transcriptomics assessed by data stratification
	Interaction of sex and viral variants in immune-relevant modules
	Expression quantitative trait loci (eQTL) analysis by sex for the impact of sex-specific ﻿single nucleotide polymorphism﻿s
	Age and ISG expression
	Impact of host gene networks in response to therapy in the BOSON study
	Comparability of interferon module in other conditions

	Discussion
	Materials and methods
	RNA extraction, library prep, sequencing and mapping for the BOSON cohort
	Host genotyping
	Expression data accession numbers

	References


