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Abstract
The increasing likelihood of pandemics highlights the need for superior tools at our disposal. By robustly and efficiently ana-

lyzing vast datasets, artificial intelligence (AI) has the potential to help decision-makers better respond to, manage, and even

avert infectious disease outbreaks. However, these systems could also stigmatize, discriminate, exclude, exploit, and/or

otherwise oppress vulnerable populations. In doing so, they could amplify allocative and representational harms. Given

the possible far-reaching consequences, critical ethical reflection and oversight are essential. Such reflection would be

incomplete without considering the impacts on queer people. From HIV/AIDS to COVID-19, outbreaks have disproportion-

ately affected sexual and gender minorities (SGMs), reflecting a long history of structural oppression and injustices. AI could

further exacerbate inequalities—like anti-queer bias—particularly amid the omission of marginalized and minoritized per-

spectives from algorithmic fairness efforts. Adopting an Intersectional, reparative approach, this paper que(e)ries the use

of AI for infectious disease surveillance purposes. Placing this technology within patterns of power, privilege, marginalization,

and disadvantage, it interrogates how to achieve algorithmic justice for SGMs. It proposes concrete steps towards a repara-

tive algorithmic praxis, including: (1) exploring how these systems reproduce inequalities, (2) centering sexual and gender

diversity to disrupt problematic epistemic positions, and (3) combating opacity through participatory governance mechan-

isms. This work is necessary to understand how AI systems reproduce major health disparities and hold them accountable.

By contemplating how to begin redressing harms, it offers a starting point for further deliberation and action towards inclu-

sive, justice-oriented algorithmic systems in practice. I anticipate these lessons being deeply transferrable across contexts.
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The increasing likelihood of pandemics highlights our need
for superior tools to combat them. By swiftly analyzing
vast datasets, artificial intelligence (AI) can empower
decision-makers to better respond to, manage, and even
avert infectious disease outbreaks (Wong et al., 2019). For
instance, AI technology—such as natural language process-
ing, machine learning (ML), and location monitoring—can
be used to pinpoint where outbreaks are likely to occur and
anticipate the pattern of disease spread. Optum Flu
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Nowcasts and BlueDot are two noted models. Both use ML
to find hidden patterns within masses of disease indicator
data (internet search queries, social media posts, patient
records, academic research, national syndromic surveillance
systems). These predictions can be hugely beneficial during
a public health crisis, influencing vital response and prepared-
ness measures. Algorithmic systems may, therefore, shape
important decisions such as how and where to allocate
scarce resources, or what proactive containment and preven-
tion strategies to adopt. The expectation is that AI will drive
selection of more effective and informed measures that
reduce injury, disruption, and loss of human life.

However, AI technologies pose risks. Algorithmic bias
based on various characteristics (gender, sexual orientation,
race/ethnicity, class, disability) has been well-documented.
Optum received attention for racial bias in one of their other
algorithms, which deployed for years in hospitals across the
United States impacted millions of patients before detection
(Obermeyer et al., 2019). AI fairness efforts attempting to
address such biases have fallen short, in part due to algorith-
mic idealism, or the erroneous assumption of a meritocratic
society denoted by historical equal treatment (Davis et al.,
2021; So et al., 2022). With the potential to (re)entrench
unequal distributions and hierarchies, these algorithmic
systems are morally significant. This includes the processes
by which these systems assign risk to individuals and
groups. Such risk classifications may further stigmatize,
discriminate, exclude, exploit, and/or otherwise oppress
vulnerable populations. For example, AI pandemic surveil-
lance systems could disproportionately flag LGBTQIA+
spaces like gay bars or community centers as high-risk,
leading to targeted closures, restrictions, or increased
policing of these venues. Meanwhile, AI-powered contact
tracing could more easily expose queer networks and
enable outing. These tools could thereby amplify allocative
and representational harms. Given the possible far-reaching
and substantial consequences of these harms, critical ethical
reflection and oversight are essential.

Such reflection is incomplete without an analysis of the
effects of these algorithmic systems on queer people.
From HIV/AIDS to COVID-19 to mpox, outbreaks have
disproportionately affected sexual and gender minorities
(SGMs). This reflects a long history of structural oppression
and injustices experienced by queer individuals (Gil et al.,
2021). AI/algorithmic systems could further exacerbate
inequalities—such as anti-queer bias—particularly amid
inadequate legal protections and the omission of margina-
lized and minoritized perspectives from algorithmic fair-
ness efforts (Albert and Delano, 2021; Davis et al., 2021;
Dhar, 2021; Tomasev et al., 2021). This is especially con-
cerning when we consider the already wide adoption of
commercial risk-prediction algorithms in the health sector
(see Obermeyer et al., 2019).

Drawing from queer and critical race theory, this work
adopts an Intersectional, reparative approach (see Davis

et al., 2021) to que(e)rying the use of AI for infectious
disease surveillance purposes. Placing this technology
within patterns of power, privilege, marginalization, and
disadvantage, it interrogates how we can achieve algorith-
mic justice for SGMs in the face of these emerging tools.
Such inquiry is necessary to not only understand how algo-
rithmic systems reproduce major health disparities but hold
them accountable. This research contemplates how we can
begin the process of redressing harms and the vital role a
reparative algorithmic praxis can play. I envision this
piece as a starting point and hope it acts as an impetus for
further deliberation and action.

The importance of a queer, Intersectional
orientation: A call to action
Shaped by the “interaction of biological, psychological,
social, economic, political, cultural, legal, historical, reli-
gious and spiritual factors” (World Health Organization
[WHO], 2006), human sexuality is complex, diverse,
fluid, and polymorphous (Oosterhoff and Sweetman,
2018). Gender identity is similarly constructed with differ-
ent social and cultural values producing varying gender
norms. These constructs (sexuality, gender, race/ethnicity,
class, disability) are deeply relevant when we examine
why viruses decimate certain communities and not others.
Focusing on the HIV/AIDS and COVID-19 pandemics,
Thrasher (2022) elucidates this “fraught relationship
between privilege and survival.”

It is well-established that SGMs experience a dispropor-
tionate burden of physical and psychosocial health dispar-
ities, including higher rates of violence, mental health
issues, substance misuse/abuse, communicable diseases
(STIs, tuberculous, hepatitis), and non-communicable dis-
eases (cancer, diabetes, cardiovascular disease) (James
et al., 2016; Pillay et al., 2022; Zeeman et al., 2019). The
reasons for this are multifold and comprise minority
stress, severe economic hardship and instability, insufficient
training amongst healthcare professionals as to how to best
meet the needs of queer patients, and other consequences of
prejudice, stigmatization, and discrimination (Tomasev
et al., 2021). Bisexual women, for example, have signifi-
cantly higher prevalence of cervical cancer compared to
heterosexual women (41.2% versus 14.0%), theorized par-
tially due to a lack of adherence to screening and HPV vac-
cination guidelines (Quinn et al., 2015). Systemic barriers
to accessing quality, appropriate (e.g., gender-affirming)
care further compound these issues. Amongst transgender
individuals, 33.0% reported negative experiences with
healthcare providers related to their gender identity,
23.0% avoided necessary care due to fears of mistreatment,
and 33.0% did not seek care because they could not afford it
(James et al., 2016).

This reality emphasizes the importance of employing
algorithms that are grounded in socio-historical contexts,
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particularly as these systems become increasingly respon-
sible for healthcare decision-making and allocation in soci-
eties with structural inequalities. Yet many algorithmic
fairness efforts lack this crucial context. Poor diversity in
relevant spaces has contributed to the predominance of
algorithmic idealism. SGMs are routinely underrepresented
in global health and AI—both of which operate from epis-
temological positions of hetero-cis-normativity (Pillay
et al., 2022; see Tomasev et al., 2021). Albert and Delano
(2021) explore this convergence as they discuss how per-
sonal health tech utilizing AI encodes binary perceptions
of sex/gender.

Consequently, algorithmic systems can perform less
accurately for and harm SGMs. Commercial facial analysis
technologies misclassified transgender individuals up to
38.3% of the time compared to 0–4.9% for cisgender
individuals, while the accuracy rate for non-binary
genders was analytically calculated as 0% since these ser-
vices only return binary gender labels (Scheuerman et al.,
2019). Such misclassification and erasure can result in
discrimination, privacy violations, psychological distress,
reinforcement of binary gender norms, exacerbation of
inequalities, and chilling effects on freedom of expression.
Queer theory offers much-needed insights into how (a)
hetero-cis-normativity permeates throughout society (see
LGBTQ Nation, 2021) and reifies unequal power dynamics
and (b) AI-powered technology risks further marginalizing
SGMs by entrenching these societal assumptions and
systems of privilege.

In addition to a dearth of queer voices in AI design,
development, deployment, and research, there is insuffi-
cient data documenting the queer experience. This severely
curtails our ability to grasp—let alone address—the impact
of algorithmic systems on those identifying as queer. The
challenge partly arises from the fact that sexual and
gender identity are “prototypical instances of unobserved
characteristics, which are frequently missing, unknown, or
fundamentally unmeasurable” and current algorithmic fair-
ness activities have largely been designed with observed
characteristics in mind (Tomasev et al., 2021). This signifi-
cantly limits their suitability here and further accentuates
the need for alternative (reparative) methods. When we
fail to question the impacts of socio-historical constructs,
we accept inequalities as naturally occurring and enable
algorithmic systems to reproduce, amplify, and essentialize
them and their associated harms.

The interplay between various constructs also under-
scores the need to adopt a praxis rooted in theories of
Intersectionality that considers how overlapping aspects
of identity (race/ethnicity, gender, class, disability, religion,
sexual orientation) influences lived experiences, particu-
larly as they relate to discrimination and marginalization
(Davis et al., 2021). Amongst SGMs, the impacts of a
virus may be unevenly felt. In the United States, while
the lifetime risk of acquiring HIV is currently one in six

for all gay and bisexual men, that risk increases for Black
(one in two) and Latinx (one in four) gay and bisexual
men (Rodriguez, 2020). Despite these differences in
health outcomes, however, when included, queer indivi-
duals are frequently (and indiscriminately) grouped
together (see Pillay et al., 2022). Moreover, the Western
hetero-cis-normative categorizations that are utilized—
such as those promoting gender binarism—are extensions
of colonial, capitalist power (see Mohamed et al., 2020).
Given how as an apparatus of coloniality, public health
(encompassing epidemiological reasoning) perpetuates
global inequities (see Richardson, 2021), a decolonial
approach is likewise important.

These hetero-cis-normative, colonial, and capitalist posi-
tions and priorities pervade infectious disease surveillance
technologies, which are predicated on non-representational
data that does not “properly engage with gender and sexual
minorities” (Gitzen and Chun, 2021). This and biased
proxies may result in inaccurate risk scores being assigned
to queer populations with detrimental consequences—like
the adoption of more stringent and unnecessary preventa-
tive measures (curfews, quarantines, stay-at-home orders)
or the inadequate provision of life-saving resources (vac-
cines, testing kits, PPE, ventilators, drug treatments). The
benefits of these systems could subsequently be substan-
tially less for SGMs relative to their cisgendered heterosex-
ual peers (Tomasev et al., 2021). Furthermore, these tools
can increase risks of ostracism, oppression, and violence
for SGMs, especially in environments where their security
and wellbeing are not guaranteed. In South Korea where
queerness is highly stigmatized, an extensive surveillance
system combined with unpreceded government sharing of
personal information resulted in discrimination as queer
individuals were identified, targeted, and blamed for rises
in COVID-19 cases (Gitzen and Chun, 2021).

Reparative algorithmic praxis: A way
forward
As Tomasev et al. (2021) encapsulate, “given the historical
oppression and contemporary challenges faced by queer
communities, there is a substantial risk that artificial intelli-
gence systems will be designed and deployed unfairly for
queer individuals.” Since these solutions speak the lan-
guage of science and technology, however, they lend cred-
ibility and perceived impartiality to the systems in which
they are embedded. But as multiple scholars have stressed,
technology is not neutral. Moreover, machine learning has a
long history of intensifying and perpetuating major struc-
tural and historical inequalities—which fair ML practices
have failed to acknowledge and address (Davis et al.,
2021; Hanna et al., 2020; So et al., 2022; Tomasev et al.,
2021). By default, algorithms are manifestations of a
deeply unjust society. Guided by meritocratic misconcep-
tions and focused on erasing demographic differences to
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achieve equal performance, traditional fairness models are
inherently flawed and will always fall short when tasked
with systemic redress (Davis et al., 2021). Which leaves
us with the question: how then do we action SGM affirma-
tive algorithms in practice?

In “nam[ing], unmask[ing], and undo[ing] allocative and
representational harms as they materialize in sociotechnical
form” (Davis et al., 2021), algorithmic reparations offer a
promising way forward. As this discussion until now illus-
trates, it is imperative for us to go beyond technical per-
formance and consider how algorithms can (a) shift
power and (b) fit within broader historical and societal pat-
terns of oppression, privilege, marginalization, and disad-
vantage (see Davis et al., 2021; Johnson, 2021; Kalluri,
2020). A reparative approach would do the essential work
of contextualizing these algorithms and assist us in lever-
aging biases in pursuit of social equity (Davis et al.,
2021)—including re-orienting algorithmic systems from
predicting risks to formulating intervention policies (So
et al., 2022). Moreover, it would encourage us to continue
drawing from additional approaches (Intersectionality,
decoloniality) as we go about these activities.

As for concrete steps to take, other works afford some dir-
ection. First, while a subset of the literature investigates allo-
cative and representational harms in ML more broadly (see
Davis et al., 2021), there are limited explorations of how
this usage of algorithmic systems may exhibit, reproduce,
and/or augment inequalities. Better understanding these pro-
cesses and how these systems fit within hierarchies of
power and privilege is key. We must consistently ask who
these systems serve. Let us envision an algorithmic system
whose purpose is identifying areas of elevated disease inci-
dence or transmission risk, known as “hotspots”—a crucial
component of infection prevention and control strategies. A
reparative approach could scrutinize how the system inaccur-
ately assesses risk—such as by employing non-representative
datasets and proxies that encode anti-queer biases and fail to
account for structural inequities–and disproportionately flags
LGBTQIA+ spaces.Wewould delve into the harm caused as
safety is undermined and individuals targeted and ostracized.
Further contextualizing may involve analyzing the socio-
historical factors contributing to data gaps, engaging affected
populations to understand lived experiences, and exposing
how such assessments replicate broader patterns of marginal-
ization. Reorientation would then comprise redirecting these
algorithmic systems towards promoting interventions aimed
at the disproportionate burden of health disparities experi-
enced by queer people instead.

Examining the various barriers (institutional, legal,
social, political) to actioning reparative algorithms in this
specific context would also be invaluable. Addressing
these necessitates not only additional scholarship but trans-
disciplinary collaborations (see Davis et al., 2021) between
academic researchers (especially, queer- and race-conscious
social scientists and ethicists), public health practitioners,

AI developers, policymakers, and SGM community stake-
holders. In practice, these could take the form of (a) work-
shops incorporating queer theory into algorithm design, (b)
policy roundtables debating the societal impacts and poten-
tial harms of various surveillance approaches, (c) algorith-
mic pilot testing with ongoing feedback from affected
communities, and (d) the co-creation of reparative data col-
lection methods capable of tackling socio-historical power
structures (see Davis et al., 2021; Hanna et al., 2020; Jo
and Gebru, 2020) and the challenges posed by complex
Intersectional identities and unmeasurable characteristics
like sexual orientation. Various works have highlighted
the formative expertise archival and library sciences can
proffer as we go about this last task (see Davis et al.,
2021; Jo and Gebru, 2020). These efforts also draw on
the formative knowledge and innovative perspectives pro-
vided by queer lived experiences–including unique insights
into subverting harmful data logics and reimagining inclu-
sive algorithmic systems. This is exemplified by queer com-
munities’ rich histories of creative resistance, obfuscation,
anti-surveillance, and counter-conduct tactics, such as
using drag makeup to confound facial recognition algo-
rithms (Kornstein, 2021).

Second, disrupting prevailing epistemic positions and
power arrangements and identifying problematic technol-
ogy requires centering sexual and gender diversity and
complexity. Contextualized by a specific history, geog-
raphy, language, and culture, Western categorizations
(e.g., homosexuality) may not only be unsuitable in other
cultural settings but censor this diversity and complexity–
especially if the systems of power and inequalities differ
from the social settings in which such language was
coined (Oosterhoff and Sweetman, 2018; Young and
Meyer, 2005). Such terminology can not only undermine
local self-determined identities but obscure social dimen-
sions of sexuality and sexual behavior that are critical to
understanding the unique health needs of affected popula-
tions (see Racine, 2023). Moving forward requires provid-
ing inclusive support for a range of sexual orientations and
genders, including utilizing local terms which articulate
these different histories, power relations, and social hier-
archies. Again, collaboration is paramount as we continue
to empower diverse voices, especially those most impacted
by AI technologies (see Kalluri, 2020) and via methods
such as distributed AI power tactics (see Davis et al.,
2021; Mohamed et al., 2020). Such elevation is an indis-
pensable component of reparations and would hugely
benefit from an Intersectional orientation.

Third, AI-enabled health systems and the ways in which
they shape decision-making are often opaque to human
understanding. The proprietary nature of large-scale algo-
rithms–including training data, objective function, and pre-
diction methodology–can greatly hinder independent
auditing, timely detection of bias, and efforts at redress
(Obermeyer et al., 2019). Combatting opacity requires
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developing participatory governance mechanisms that mean-
ingfully encompass marginalized and minoritized perspec-
tives. Algorithmic impact assessments–especially when
made public–are one oversight tool that can support affected
communities in evaluating claims about algorithmic systems
and alignment with values such as equity, justice, bias,
accountability, and transparency. The Government of
Canada’s Gender-Based Analysis Plus framework illustrates
how to integrate Intersectionality into such evaluations.
These instruments are crucial to determining not only the
appropriateness of algorithmic systems, but how harms can
be remedied or whether a system should be dismantled.
Furthermore, accountability mechanisms can help proactively
establish standards and reparative processes for addressing
the large-scale societal impacts of these systems. The rapid
emergence and scaling of AI-powered pandemic surveillance
tools during COVID-19 highlights the urgent need for pro-
active measures.

While this commentary focuses on SGMs and infectious
disease surveillance, its lessons are deeply transferrable
across identity characteristics, use cases, and sectors. I
hope this work underscores not only the importance of
adopting an Intersectional, reparative praxis for all
AI-powered tools, but the vital guidance que(e)rying algo-
rithmic design, development, and deployment can offer as
we action inclusive, justice-oriented systems in practice.

Acknowledgements

I would like to express my deepest gratitude to Baillie Gifford, the
Ethox Centre, the Institute for Ethics in AI, and the Nuffield
Department of Population Health for their support of my doctoral
research, which this paper builds upon. Additionally, I extend my
sincere thanks to the reviewers and editors for their insightful,
thought-provoking feedback, which greatly contributed to refining
the ideas and arguments discussed in this work.

Declaration of conflicting interests

The author declared no potential conflicts of interest with respect
to the research, authorship, and/or publication of this article.

Funding

The author disclosed receipt of the following financial support for
the research, authorship, and/or publication of this article: This
research was supported by a Medical Sciences Graduate School
Studentship, issued by the Nuffield Department of Population
Health, and the Baillie Gifford-Institute for Ethics in AI
Scholarship, both associated with the University of Oxford.

ORCID iD

Elise E. Racine https://orcid.org/0000-0001-5145-7690

References

Albert K and Delano M (2021) This whole thing smacks of
gender. In: ACM FAccT 2021 proceedings, pp.342–352.

Davis JL, Williams A and Yang MW (2021) Algorithmic repar-
ation. Big Data & Society 8(2): 205395172110448.

Dhar P (2021) A history of AI bias: Achieving algorithmic justice
for the LGBTQ community. Dell. Available at: https://www.
dell.com/en-us/perspectives/history-ai-bias-lgbtq-community/.

Gil RM, Freeman TL, Mathew T, et al. (2021) LGBTQ+ commu-
nities and the COVID-19 pandemic: A call to break the cycle of
structural barriers. The Journal of Infectious Diseases 224(11):
1810–1820.

Gitzen T and Chun W (2021) Pandemic surveillance and homo-
phobia in South Korea. Insights from the Social Sciences,
Social Science Research Council. Available at: https://items.
ssrc.org/covid-19-and-the-social-sciences/covid-19-fieldnotes/
pandemic-surveillance-and-homophobia-in-south-korea/.

Hanna A, Denton E, Smart A, et al. (2020) Towards a critical race
methodology in algorithmic fairness. In: Proceedings of the
2020 conference on fairness, accountability, and transparency
[Preprint].

James SE, Herman JL, Rankin S, et al. (2016) The Report of the
2015 U.S. Transgender Survey. Washington, DC: National
Center for Transgender Equality.

Jo ES and Gebru T (2020) Lessons from archives: strategies for
collecting sociocultural data in machine learning. In:
Proceedings of the 2020 conference on fairness, accountabil-
ity, and transparency. DOI:10.1145/3351095.3372829.

Johnson K (2021) A move for ‘algorithmic reparation’ calls for
racial justice in AI. Wired. Available at: https://www.wired.
com/story/move-algorithmic-reparation-calls-racial-justice-ai/.

Kalluri P (2020) Don’t ask if artificial intelligence is good or fair,
ask how it shifts power. Nature 583: 169.

Kornstein H (2021) Queer Enchantment: Contours, Cruising,
Crystal Visions, and Other Queer Tactics for (Not) Being
Seen. PhD thesis, New York University. Available at: https://
www.proquest.com/openview/597b492dadaa04167fe6c33-
ba5fc05e0/1.pdf?pq-origsite=gscholar&cbl=18750&diss=y.

LGBTQNation (2021)What is queer theory & why is it important.
Available at: https://www.lgbtqnation.com/2021/10/queer-
theory-101-matters/.

Mohamed S, Png MT and Isaac W (2020) Decolonial AI:
Decolonial theory as sociotechnical foresight in artificial intel-
ligence. Philosophy & Technology 33(4): 659–684.

Obermeyer Z, Powers B, Vogeli C, et al. (2019) Dissecting racial
bias in an algorithm used to manage the health of populations.
Science 366(6464): 447–453.

Oosterhoff P and Sweetman C (2018) Introduction: Sexualities.
Gender and Development 26(1): 1–14.

Pillay SR, Ntetmen JM and Nel JA (2022) Queering global health:
An urgent call for LGBT+ affirmative practices. The Lancet
Global Health 10(4): e574–e578..

Quinn GP, Sanchez JA, Sutton SK, et al. (2015) Cancer and
lesbian, gay, bisexual, transgender/transsexual, and queer/
questioning populations (LGBTQ). CA: A Cancer Journal
for Clinicians 65(5): 384–400.

Racine EE (2023) Sexuality and gender within Afghanistan’s
bacha bereesh population. Equality, Diversity and Inclusion
42(5): 580–609.

Richardson ET (2021) Epidemic Illusions: On the Coloniality of
Global Public Health. Cambridge, MA: MIT Press.

Rodriguez M (2020) HIV/AIDS statistics for gay, lesbian, bisex-
ual, and transgender people in the U.S. The Body: HIV/

Racine 5

https://orcid.org/0000-0001-5145-7690
https://orcid.org/0000-0001-5145-7690
https://www.dell.com/en-us/perspectives/history-ai-bias-lgbtq-community/
https://www.dell.com/en-us/perspectives/history-ai-bias-lgbtq-community/
https://www.dell.com/en-us/perspectives/history-ai-bias-lgbtq-community/
https://items.ssrc.org/covid-19-and-the-social-sciences/covid-19-fieldnotes/pandemic-surveillance-and-homophobia-in-south-korea/
https://items.ssrc.org/covid-19-and-the-social-sciences/covid-19-fieldnotes/pandemic-surveillance-and-homophobia-in-south-korea/
https://items.ssrc.org/covid-19-and-the-social-sciences/covid-19-fieldnotes/pandemic-surveillance-and-homophobia-in-south-korea/
https://items.ssrc.org/covid-19-and-the-social-sciences/covid-19-fieldnotes/pandemic-surveillance-and-homophobia-in-south-korea/
https://doi.org/10.1145/3351095.3372829
https://www.wired.com/story/move-algorithmic-reparation-calls-racial-justice-ai/
https://www.wired.com/story/move-algorithmic-reparation-calls-racial-justice-ai/
https://www.wired.com/story/move-algorithmic-reparation-calls-racial-justice-ai/
https://www.lgbtqnation.com/2021/10/queer-theory-101-matters/
https://www.lgbtqnation.com/2021/10/queer-theory-101-matters/
https://www.lgbtqnation.com/2021/10/queer-theory-101-matters/


AIDS Resource. Available at: https://www.thebody.com/
health/hiv-aids-lgbtq.

Scheuerman MK, Paul JM and Brubaker JR (2019) How compu-
ters see gender: An evaluation of gender classification in com-
mercial facial analysis and image labeling services.
Proceedings of the ACM on Human-Computer Interaction
3(CSCW): 1–33..

So W, Lohia P, Pimplikar R, et al. (2022) Beyond fairness:
Reparative algorithms to address historical injustices of
housing discrimination in the US. In: ACM FAccT 2022
[Preprint]. DOI:10.1145/3531146.3533160.

Thrasher SW (2022) The Viral Underclass: The Human Toll When
Inequality and Disease Collide. New York: Celadon Books.

Tomasev N, McKee KR, Kay J, et al. (2021) Fairness for unob-
served characteristics: Insights from technological impacts on

queer communities. In: AAAI/ACM AIES 2021 Proceedings.
Available at: https://arxiv.org/abs/2102.04257.

WHO (2006) Defining Sexual Health: Report of a Technical
Consultation on Sexual Health, 28–31 January 2002,
Geneva. Geneva: World Health Organization.

Wong ZSY, Zhou J and Zhang Q (2019) Artificial intelligence for
infectious disease big data analytics. Infection, Disease &
Health 24(1): 44–48.

Young RM and Meyer IH (2005) The trouble with “MSM” and
“WSW": Erasure of the sexual-minority person in public
health discourse. American Journal of Public Health 95(7):
1144–1149.

Zeeman L, Sherriff N, Browne K, et al. (2019) A review of lesbian,
gay, bisexual, trans and intersex health and healthcare inequal-
ities. European Journal of Public Health 29(5): 974–980.

6 Big Data & Society

https://www.thebody.com/health/hiv-aids-lgbtq
https://www.thebody.com/health/hiv-aids-lgbtq
https://www.thebody.com/health/hiv-aids-lgbtq
http://dx.doi.org/10.1145/3531146.3533160
https://arxiv.org/abs/2102.04257
https://arxiv.org/abs/2102.04257

	 
	 The importance of a queer, Intersectional orientation: A call to action
	 Reparative algorithmic praxis: A way forward
	 Acknowledgements
	 References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /All
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile ()
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 5
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Average
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Average
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Average
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /PDFX1a:2003
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError false
  /PDFXTrimBoxToMediaBoxOffset [
    33.84000
    33.84000
    33.84000
    33.84000
  ]
  /PDFXSetBleedBoxToMediaBox false
  /PDFXBleedBoxToTrimBoxOffset [
    9.00000
    9.00000
    9.00000
    9.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000500044004600206587686353ef901a8fc7684c976262535370673a548c002000700072006f006f00660065007200208fdb884c9ad88d2891cf62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef653ef5728684c9762537088686a5f548c002000700072006f006f00660065007200204e0a73725f979ad854c18cea7684521753706548679c300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020b370c2a4d06cd0d10020d504b9b0d1300020bc0f0020ad50c815ae30c5d0c11c0020ace0d488c9c8b85c0020c778c1c4d560002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken voor kwaliteitsafdrukken op desktopprinters en proofers. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents for quality printing on desktop printers and proofers.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames false
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks true
      /AddColorBars false
      /AddCropMarks true
      /AddPageInfo true
      /AddRegMarks false
      /BleedOffset [
        9
        9
        9
        9
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /NA
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /LeaveUntagged
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


