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Adolescents increasingly inhabit digital environments where exposure to
self-harm content may occur unintentionally or through active engagement,
yet little is known about how different exposure pathways relate to

psychosocial risk. Here we examine past-month exposure to online self-harm
content, its frequency and pathways of exposure using 2025 OxWell Student
Survey data from 32,102 students aged 11-18 years in England. One-third

of students (34.5%) reported past-month exposure, predominantly
unintentional (passive) and most commonly through algorithmic feed
suggestions (66.2% of exposed students). Exposure occurred across five
distinct pathways, each associated with elevated psychosocial risk as
characterized by higher loneliness, greater experience of online harms and
poorer mental health. Students exposed through intentional (active) or
mixed exposure pathways had particularly pronounced risk profiles. These
findings highlight the high proportion of adolescents currently exposed

to online self-harm content, most often unintentionally encountered
through algorithm-driven social media feeds. Reducing harm will require a
multipronged public health response to limit widespread passive exposure
driven by platform algorithms, alongside tailored approaches to identify and
support the smaller but more vulnerable group of adolescents more actively
engaging with this content. Coordinated action spanning adolescent digital
literacy, platform design, regulation and enforcement is essential.

Inrecentyears, online environments such associal media, video-sharing
sitesand other interactive spaces where young people create, share and
consume content have become anincreasingly complex phenomenon
intheir everydaylives. The digital landscapeitselfis rapidly expanding:
platforms are more numerous, content is more abundant and access
is easier and more personalized than ever, which collectively intensi-
fies both the potential benefits and the risks to young people’s safety
and well-being. These environments not only offer opportunities for
connection, identity exploration and self-expression, but they also act

as key routes through which young people may potentially encounter
harmful online influences' .

Of these potentially harmful influences, exposure to self-harm
contentis agrowing public health concern*®. Self-harm, in this study,
refers to any intentional self-poisoning or self-injury, regardless of
suicidal intent or other motives’. The term caninclude both fatal and
nonfatal acts of intentional self-poisoning or self-injury®. Research
on self-harm portrayals in the media demonstrates that exposure

can affect how individuals think about and respond to self-injury®,
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and the proliferation of such content on social media platforms
is constantly evolving and difficult to regulate. Longitudinal and
experimental studies indicate that repeated exposure to self-harm
content may heighten short-term risk for self-injurious thoughts
and behaviors™", especially among young people*. Adolescents may
be particularly vulnerable to the effects of online self-harm content
because adolescence is a period of heightened sensitivity to peer
influence, identity formation and greater emotional reactivity®”,
increasing susceptibility to self-harmbehaviors. Identifying emerging
risk and protective factors to exposure to online self-harm content
is therefore essential to understanding the experiences of young
people, including whether and how they may be influenced by digital
environments, platforms and forms of online content, particularly
as the digital spaces they inhabit are increasingly tailored, adapting
to individual users in ways that may not always promote positive
online experiences.

We consider exposure to self-harm content online across four
interrelated dimensions: (1) the pathways through whichitis accessed,
(2) the quantity of content encountered, (3) the nature of the content
and (4) the level of engagement or interaction with it. Each dimen-
sion may influence adolescents differently, depending on their
individual characteristics, pre-existing vulnerabilities and current
mental state>**",

Exposure pathways

Relatively little is known about how adolescents come to encoun-
ter self-harm content online and how different exposure pathways
relate to demographic or psychosocial factors, as existing research
has focused predominantly on the impact of exposure rather than
the routes through which it occurs. For conceptual clarity, we frame
exposure astwo broad strands with distinct child protection and safe-
guardingimplications: passive (unintentional) exposure, where content
appears without being sought, and more deliberate, active (intentional)
exposure, where young people either search for self-harm content
themselves or receive it directly from others.

Passive exposure is probably shaped by complex and largely
opaque algorithms that may tailor content on the basis of demo-
graphic characteristics, individual engagement patterns or peer
network behavior'. Although platforms generate vast amounts of
behavioral data, this information is rarely accessible to external
stakeholders—including researchers, policymakers and the wider
public. This opacity complicates efforts to study exposure pathways,
undermines scientific rigor and reproducibility and constrains efforts
to evaluate strategies for reducing potential digital harm. It also
underscores broader concerns regarding transparency, account-
ability and policy relevance in digital harm research". Active expo-
sure, while intentional, is not entirely independent of algorithmic
influences; search engines and platforms may shape the results and
recommendations that follow self-harm-related searches, for exam-
ple, through safe messaging interventions, content suppression
or related content suggestions'®. Those who intentionally seek out
self-harm content online report a broad range of reasons for doing
so, including searching for information, seeking advice or support,
connecting with others with experience of self-harm or searching for
methods or techniques—or, often, amixture of these purposes>***2.,
Actively receiving self-harm content, although less studied, is also
likely to reflect arange of motivations as well as relationships between
the sender and receiver, with complex interactions with content
type, mental state and pre-existing vulnerabilities. Overall, girls,
older adolescents and those with poorer mental health are more
likely to report exposure to self-harm content online?, though the
distribution of risk across diverse community populations remains
poorly characterized.

Recent findings from qualitative focus groups with young people,
policymakers and socialmedia industry professionals® show that while

online discussions of self-harm can help young people feel connected,
understood and better able to seek support, they may also present
important safeguarding concerns. Participants described limited
confidence in existing platform safety tools, particularly reporting
mechanisms and automated moderation systems, which they felt were
opaque, inconsistently applied, and often ineffective. Across all groups
interviewed, there was a clear call for renewed efforts to coordinate
and improve cross-sector responses to online safety that recognize
and support the shared responsibilities of platforms, governments,
young people, parents, schools and health services.

Content nature, quantity and engagement

The nature of self-harm content encountered online varies widely,
ranging from supportive resources and lived-experience narratives
to graphicimages, videos and method discussions. Some content is
framed as supportive, educational or community-building, offering
opportunities for connection®, while other material may glamorize
self-harm, provide explicit methods, normalize self-harm behaviors
or promote viral challenges that may encourage self-harm-related
behaviors”. Among some vulnerable subgroups, repeated expo-
sure may also contribute to contagion effects and increased risk of
self-harm. For example, short-form video platforms such as TikTok
and Instagram may simultaneously host graphic or method-focused
self-harm content alongside recovery-oriented narratives and peer
support communities, with algorithms, user networks and engage-
ment patterns determining which content any given adolescent
encounters. Evidence suggests that content type matters, with expo-
sure to graphic imagery in particular linked to heightened distress
and risk of contagion®. Exposure may be associated with a range
of adverse outcomes beyond self-harm itself, including emotional
distress, suicidal thoughts and reduced help-seeking, although
findings are heterogeneous, and some positive outcomes have also
been documented*?*.

This mirrors research on traditional media, where portrayals of
self-harm and suicide can influence vulnerable individuals and have
led towidely adopted safeguarding practices, such as limiting method
detail’ and suicide coverage away from main pages. By contrast, com-
parable protections have been applied inconsistently in digital spaces
which, by virtue of having content thatis more immersive and engag-
ing, may increase the impact of exposure. The frequency of exposure
isalsoimportant. Repeated encounters are more likely than occasional
exposure to reinforce maladaptive beliefs and contribute to normali-
zation or emotional contagion, although the mechanisms underlying
these effects are likely to be complex and may also reflect ‘homophilic
peer selection’ and algorithmic reinforcement rather than contagion
processes alone’. Algorithmic reinforcement can come from engage-
ment behaviors such as viewing, sharing, commenting or participat-
ing in online communities that further amplify exposure and shape
subsequent content delivery™™.

The current digital environment

As user-generated content continues to grow, an ecosystem has been
created inwhichyoungpeople are exposed to an ever-widening array of
material. Alongside this, sophisticated algorithms tailor a curated digi-
tal environment that potentially reflect and reinforce their emotional
and behavioral states. This combination of ease of access, dynamism,
volume and personalization of content in digital platforms presents
new challenges for safeguarding young people as it increases the
likelihood of both passive and active exposure to potentially harm-
ful content, including material related to self-harm. This trend has
prompted growing interest from researchers and policymakers, as well
as professionals and caregivers, inhow to reduce potential harms while
supporting adolescent well-being online?”*®, Therefore, understand-
ing the nature of young people’s exposures to and interactions with
potentially harmful content is increasingly important, particularly as
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Table 1| Demographic, interpersonal and mental health characteristics by frequency and pathway of self-harm content

exposure among students who responded (N=28,797)

No Past-month exposure

past-month — _ 5

exposure Frequency (n=9,940) Pathway (n=9,802)
Variable Onceortwice Afewtimes Several Passiveonly Active-search Active-receive Mixed Other only

times only only

N=18,857 N=5,464 N=2,638 N=1,838 N=7150 N=263 N=292 N=1,187 N=910
Gender
Girl/woman 8,116 (57.6) 3,123 (22.2) 1,721(12.2) 1123 (7.9) 4,466 (75.8) 131(2.2) 110 (1.9) 650 (11.0) 532(89.0)
(n=14,083)
Boy/man (n=13,394) 10,159 (75.8) 2,049 (15.3) 714 (5.3) 472 (3.5) 2,271(71.3) 87(2.7) 158 (5.0) 378 (11.9) 293 (9.2)
Trans/gender 278 (37.1) 160 (21.36) 135 (18) 176 (23.5) 264 (56.8) 35(7.5) 14 (3.0) 109 (23.4) 43(9.3)
diverse (n=749)
Prefer not to say 182 (60.9) 56 (18.7) 27(9) 34 (11.4) 63 (54.8) <5 <5 20(17.4) 24 (20.9)
(n=299)
Do not know/not 99 (41.9) 67(28.4) 40 (16.9) 30(12.7) 78 (58.2) 6(4.5) 6(4.5) 29 (21.6) 15(11.2)
sure (n=236)
Missing (n=36) 23(63.9) 9(25) <5 <5 8(66.7) <5 <5 <5 <5
Year group
7 (n=5,180) 3,812 (73.6) 795 (15.3) 340 (6.6) 233 (4.5) 859 (64.0) 55 (4.1) 63 (4.7) 174 (13.0) 191(14.2)
8(n=5,185) 3,432 (66.2) 932 (18) 454 (8.8) 367 (71) 1129 (65.3) 54(3.1) 61(3.5) 241(13.9) 245 (14.2)
9 (n=5,615) 3,541(63.1) 1,105 (19.7) 570(10.2)  399(71) 1,471(72.) 48 (2.4) 67(3.3) 271(13.3) 183 (9.0)
10 (n=4,474) 2,798 (62.5) 916 (20.5) 438 (9.7) 322(7.2) 1,265 (76.4) 45 (2.7) 42 (2.5) 190 (11.5) 13 (6.8)
11(n=2,832) 1,798 (63.5) 571(20.2) 276 (9.7) 187 (6.6) 805 (79.0) 21(27) 20(2.0) 111(10.9) 63(6.2)
12 (n=2,523) 1,591(63.1) 511(20.3) 270(10.7) 151(6) 766 (82.9) 13(1.4) 17(1.8) 88(9.5) 40 (4.3)
13 (n=2,988) 1,885 (63.1) 634 (21.2) 290(9.7) 179 (6) 855 (78.4) 27(2.5) 22(2.0) 112(10.3) 75 (6.9)
Ethnicity
White (n=18,960) 12,185 (64.3) 3,762 (19.8) 1,786 (9.4) 1,227 (6.5) 4,983 (74.5) 156(2.3) 174 (2.6) 739 (11.0) 643 (9.6)
Asian/Asian British 2,711 (68.8) 686 (17.4) 326 (8.3) 215 (5.5) 915 (75.5) 29(2.4) 41(3.3) 155 (12.8) 71(5.9)
(n=3,938)
Black/African/ 1,249 (70.2) 286 (16.1) 141(7.9) 103 (5.8) 344 (66.2) 30(5.8) 24 (4.6) 81(15.6) 4 (7.9)
Caribbean/Black
British (n=1,779)
Mixed/multiple 1,184 (62) 375 (19.6) 202 (10.6) 150 (7.8) 485 (67.9) 24 (3.4) 25 (3.5) 107 (15.0) 73(10.2)
ethnic groups
(n=1,911)
Other ethnic group 1,116 (68.7) 265 (16.3) 133(8.2) 110 (6.8) 323 (65.0) 16 (3.2) 18 (3.6) 86 (17.3) 54 (10.9)
(n=1,624)
Missing (n=585) 412 (70.4) 90 (15.3) 50 (8.5) 33(5.6) 100 (60.6) 8(4.8) 10 (6.1) 19 (11.5) 28 (17.0)

*Pathway totals exclude 138 participants who reported exposure but did not report a pathway. Data are presented as N (%). Cells with fewer than five observations are suppressed to reduce the

risk of disclosure and are reported as ‘<5'.

online environments evolve faster than regulatory responses. While
legislation such as the UK Online Safety Act (2023) signals growing
recognition of online risks, meaningful regulatory response will require
robust empirical evidence to inform content moderation, risk assess-
ment and child protection frameworks.

Study aims

Drawing on datafromover 30,000 studentsin the 2025 OxWell Student
Survey, this study examines adolescents’ self-reported exposure to
online self-harm contentin the past month, focusing onboth pathways
and frequency of exposure. The study further investigates how these
pathways relate to key demographic characteristics, interpersonal
experiences and mental health difficulties.

Research questions
1. What proportion of students in the OxWell 2025 sample report
exposure to online self-harm content in the past month, and
how frequently does this occur?

2. Among students who report past-month exposure, what propor-
tions are exposed via passive and/or active pathways of exposure,
and which demographic, interpersonal and mental health factors
are associated with different exposure pathways?

Results

Frequency of online self-harm content exposure

Ofthe 32,102 secondary school/further education college (FEC) stu-
dents who consented to participate in the OxWell 2025 survey, 29,236
reached the self-harm exposureitem. Of these, 28,797 (98.5%) provided
aresponse, while 439 (1.5%) chose not to answer. Among those who
responded, 34.5% (9,940/28,797; 95% confidence interval (CI) 34.0-
35.1%) reported encountering self-harm content online in the past
month. Ofthe 9,940 students who reported past-month exposure, 54.9%
(5,464) had encountered such content once or twice, 26.5% (2,638) afew
times and 18.5% (1,838) several times. Sample characteristics with sub-
group breakdowns are presented in Table 1and Supplementary Figs.1-
10. Afull version of this table is provided in Supplementary Table 1.
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Table 2 | Pathway of exposure to self-harm content online
(among exposed participants, n=9,802)

Type of exposure N (%)

Feed suggestion 6,490 (66.2)
Embedded content 2,307 (23.5)
Accidental encounter 1185 (12.1)
Searched for it 733(7.5)
Shared by others 792 (8.1)
Other 1,477 (15.1)

Participants could select more than one option. While 9,940 reported past-month exposure,
138 students did not report a pathway and are not included in the analytic sample.

Pathways of exposure

Among the 9,802 students who answered the exposure pathway
item, the majority were classified as passive only (72.9%; 7,150/9,802).
Much smaller proportions were categorized as active-search only
(2.7%; 263/9,802) or active-receive only (3.0%; 292/9,802), while
12.1% (1,187/9,802) were mixed pathways and 9.3% (910/9,802) were
classified as other only. The most common route of exposure was
via feed suggestions (66.2%; 6,490/9,802), and embedded content
(23.5%;2,307/9,802), with fewer young people exposed viamore active
routes (Table 2). Notably, asubstantial proportion (15.1%;1,477/9,802)
reported ‘other’ forms of exposure. Exposure frequency varied across
pathways (Supplementary Table 2 and Supplementary Fig. 21). Most
passive-only students (59.2%; 4,234/7,150) and active-receive-only
students (61.6%;180/292) reported seeing self-harm content only ‘once
ortwice’,compared with30.4% (80/263) of active-search-only students
and 29.6% (351/1,187) of mixed-exposure students. The combinations
of exposure routes within the mixed-pathway group are presented in
Supplementary Table 3. Full data visualizations by frequency are shown
in Supplementary Figs. 11-20.

Predictors of exposure pathway

The analyticsample for the multinomial regression analysesincluded all
32,102 students. Figure 1and Supplementary Table 4 present findings
asadjusted oddsratios (aORs) (all presented as relative to no exposure),
and Supplementary Table 5 presents predicted probabilities. Sensitivity
analyses using complete cases (n = 25,113) produced largely consistent
findings and are presented in Supplementary Tables 6 and 7 and
Supplementary Fig. 22.

Passive only. Relative to boys, girls had higher odds of passive-only
exposure (aOR 1.81, 95% CI 1.70-1.93; P< 0.001), as did trans/
gender-diverse students (aOR 1.80, 95% CI 1.48-2.18; P< 0.001) and
those who were unsure of their gender identity (aOR1.93,95% CI11.40-
2.66; P<0.001). The odds of passive-only exposure generally increased
with age—almost doubled by year 11 compared with year 7 (aOR 1.85,
95% ClI1.64-2.08; P< 0.001) before dipping slightly in years 12 and 13.
White students were significantly more likely than Black students (aOR
0.78, 95% C1 0.68-0.89) and students from other ethnic groups (aOR
0.78,95% C10.68-0.89) to be in this group. Students with higher levels
of exposure to bullying were less likely to be in this group (for example,
aOR for ‘weekly’ bullying of 0.78,95% C10.64-0.96; P= 0.016). Greater
loneliness (aOR for ‘often’ lonely of 1.29, 95% CI 1.15-1.44; P< 0.001),
experiences of online aggression (aOR1.92,95% CI1.77-2.09; P< 0.001)
and online coercion (aOR 1.45, 95% C11.28-1.63; P< 0.001), as well
as higher anxiety (aOR 1.39 per s.d., 95% C11.32-1.46; P < 0.001) and
depressionscores (aOR1.53 pers.d., 95% Cl1.45-1.61; P< 0.001), were
all associated with increased odds of passive-only exposure.

Active-search only. Relative to boys, trans/gender-diverse students
had higher odds of active-search-only exposure (aOR 2.57, 95% CI
1.61-4.08; P< 0.001). Black students were significantly more likely

than white students to be in this group (aOR 2.05, 95% CI11.35-3.11;
P=0.001), as were students from mixed ethnic backgrounds (aOR
1.57,95% C11.00-2.46; P=0.048). Students who reported going to
bed hungry often had elevated odds of active-search-only exposure
(aOR1.82, 95% CI1.05-3.15; P=0.033). Bullying was also associated
with increased odds, particularly among those bullied about once
aweek (aOR 2.45, 95% C11.54-3.92) and those bullied once or twice
(aOR=1.51,95% C11.08-2.11; P=.015). Greater loneliness was associated
with increased odds (aOR for ‘often’ lonely of 2.10, 95% CI 1.36-3.25;
P=0.001). Online harms were particularly notable: those who had
experienced online coercion had nearly two-and-a-halftimes the odds
ofactive-search-only exposure (aOR 2.39,95% CI11.70-3.35; P< 0.001),
andthose whoreceived aggressive or threatening messages had double
the odds (aOR 2.05, 95% C11.51-2.80; P< 0.001). Higher depression
(aOR2.30pers.d., 95%Cl1.88-2.81; P < 0.001) and anxiety scores (aOR
1.39 per s.d., 95% Cl1.15-1.68; P= 0.001) were each associated with
increased odds of active-search-only exposure.

Active-receive only. Relative to boys, girls had lower odds of
active-receive-only exposure (aOR 0.66, 95% C1 0.51-0.85; P=0.001),
but no other demographic factors reached statistical significance.
Bullying was associated with increased odds of active-receive-only
exposure, with those bullied once or twice having elevated odds rela-
tive to those not bullied (aOR 1.52, 95% CI1.11-2.07; P=0.008), as did
thosebullied about onceaweek (aOR1.73,95% C11.02-2.92; P= 0.042).
Some loneliness was also associated with increased odds (aOR 1.42,
95% Cl11.06-1.91; P= 0.019). This pathway was strongly related to wider
online harms. Students who had received aggressive or threatening
messages online had over two-and-a-half times the odds of belonging
tothisgroup (aOR2.67,95% C12.01-3.54; P < 0.001), and those who had
experienced online coercion also had substantially elevated odds (aOR
2.21,95% CI1.58-3.09; P < 0.001). Higher anxiety (aOR 1.62 per s.d., 95%
Cl1.33-1.96; P<0.001) and depression scores (aOR 1.28 per s.d., 95%
C11.04-1.57; P=0.021) were each associated with increased odds of
active-receive-only exposure.

Mixed. Relative to boys, girls had higher odds of mixed exposure (aOR
1.37,95% CI1.19-1.57; P< 0.001), and odds were even higher among
trans/gender-diverse students (aOR 2.30, 95% C11.73-3.05; P < 0.001)
and students who were unsure of their gender (aOR 2.55,95% CI11.58-
4.11; P< 0.001). Students from mixed ethnic backgrounds (aOR 1.47,
95% C11.17-1.84; P=0.001) were also significantly more likely than
white students to be in this group. Both loneliness ‘some of the time’
(aOR1.76,95% Cl1.47-2.11; P< 0.001) and ‘often’ lonely (aOR 2.50, 95%
Cl2.01-3.12; P< 0.001) were associated with increased odds. Mixed
exposure was strongly associated with online harms: students who
had received aggressive messages had over three times the odds of
mixed exposure (aOR 3.20,95% C12.75-3.72; P< 0.001), and those who
had experienced online coercion also had substantially elevated odds
(aOR 2.53, 95% CI1 2.12-3.03; P < 0.001). Higher anxiety (aOR 1.52 per
s.d., 95% Cl11.38-1.67; P< 0.001) and depression scores (aOR 1.84 per
s.d., 95% C11.66-2.03; P < 0.001) were each associated with increased
odds of mixed exposure.

Other only. Relative toboys, girls (aOR1.67,95% C11.43-1.94; P< 0.001),
trans/gender-diverse students (aOR 2.04,95% C11.43-2.91; P < 0.001),
students who were unsure of their gender identity (aOR 2.58, 95% CI
1.47-4.53; P=0.001) and those who preferred not to disclose their
gender (aOR 2.59,95% CI1.63-4.11; P < 0.001) all had elevated odds of
other-only exposure. Associations with year group were inconsistent:
compared withyear 7, year 8 students had higher odds (aOR1.42, 95%
Cl1.16-1.73; P=0.001), while odds then generally declined progres-
sively across older year groups, reaching their lowest in year 12 (aOR
0.47,95% C10.33-0.67; P< 0.001). Asian/Asian British (aOR 0.57,95% ClI
0.44-0.73; P<0.001) and Black students (aOR 0.70,95% C1 0.50-0.96;
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Demographic and psychosocial profiles by online self-harm content exposure pathway

Gender: boy/man (ref.)

Girl/woman L} ]
Trans/gender diverse (2al —2—
Don’t know/not sure —e— [}
Prefer not to say o ]
Year group: year 7 (ref.)
Year 8 lol —a—
Year 9 lol —a—
Year 10 L] ——
Year 11 el —a—
Year 12 el —t
Year 13 [ ] —a—
Ethnicity: white British (ref.)
Asian/Asian British L] —a—
Black/African/Caribbean/Black British 1 gl —a—
Mixed/multiple ethnic groups 141 ——
Other ethnic group 2 g] —a—
Food insecurity: never or hardly ever (ref.)
Some of the time L] ——
Often e —a—
Bullying: none in past couple months (ref.)
Once, twice or a few times o —A—
Two or three times a month e —a—
About once a week 2 g —2—
Several times a week e —2—
Loneliness: hardly ever or never (ref.)
Some of the time L] —a—
Often ol —a—
Online aggression: no (ref.)
Yes ol i
Prefer not to say Fed —a—
Online coercion: no (ref.)
Yes tef A
Prefer not to say Fed | ——
Anxiety (scaled RCADS subscale score) '] 2
Depression (scaled RCADS subscale score) L] 2
Passive only Active-search only

0.25 0.50 1.00 2.00 4.00 0.25 0.50 1.00 2.00 4.00

Fig.1|Demographic and psychosocial profiles by online self-harm content
exposure pathway. The estimates are presented as fully mutually aORs froma
multinomial logistic regression (n =32,102), shown as points with 95% Cls. aORs

[ag! b
o E3]
= B
] =
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[aal A
[man! =
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[ man! =
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—— ——
e 5]
—— i
—— =
—— =
[ag] 23]
- (=
[agl B
- B
] bd
=] 3]
Active-receive only Mixed Other only

0.25 0.50 1.00 2.00 4.00
aOR (95% CI)

0.25 0.50 1.00 2.00 4.00 0.25 0.50 1.00 2.00 4.00

>lindicate increased odds of belonging to that pathway relative to no exposure;
aORs<lindicate decreased odds. Exact Pvalues for all estimates are reported in
Supplementary Table 4. Ref., reference.

P=0.029) wereless likely than white students to be in this group. Some
loneliness was associated with increased odds (aOR for ‘some of the
time’ of 1.32, 95% CI 1.11-1.56; P=0.002). Online aggression (aOR
2.20,95% C11.85-2.62; P< 0.001) and online coercion (aOR 1.74, 95%
Cl1.39-2.17; P< 0.001) were each associated with substantially elevated
odds. Higher anxiety (aOR 1.44 per s.d., 95% CI1.29-1.61; P< 0.001)
and depression scores (aOR 1.52 per s.d., 95% CI11.35-1.71; P < 0.001)
were also each associated withincreased odds of other-only exposure.

Discussion

This study provides one of the largest examinations so far of adoles-
cent exposure to self-harm content online, drawing on datafrom over
30,000 studentsinthe 2025 OxWell Student Survey. Around one-third
ofadolescents (34.5%) reported encountering self-harm content online
in the past month, with exposure occurring predominantly without
being sought. Among exposed students, the most common routes
were feed suggestion (66.2%) and embedded content (23.5%), reflecting
the role of algorithmic curation in driving unintentional encounters
(Table 2). However, 7.5% of exposed students reported having actively
searched for self-harm content, and 8.1% reported having had such
content shared with them by others, underscoring that intentional
and peer-mediated exposure affects ameaningful proportion of young
people. Drawing onthese modes of exposure, we identified five mutu-
ally exclusive pathway groups: passive only (72.9%), active-search only
(2.7%), active-receive only (3.0%), mixed (12.1%) and other only (9.3%).
Each pathway group showed higher psychosocial vulnerability relative

to unexposed students, though the nature and magnitude of associa-
tions differed markedly across groups, as discussed below.

Passive-only exposure, the largest pathway group, typically
encountered self-harm online content infrequently, with most
reporting exposure only once or twice in the past month (59.2%;
Supplementary Table 2). Nevertheless, even this form of unintentional
exposure was associated with higher loneliness, greater symptoms
of anxiety and depression, and increased exposure to online aggres-
sion and coercion relative to adolescents who reported no exposure.
These findings align with previous research showing how exposure to
self-harm content in adults frequently occurs without being sought®;
we extend this evidence to adolescents. Given the nascent state of
research in this area, plausible mechanisms remain largely theoreti-
cal but may include algorithmically driven content delivery in which
interacting with adjacent or loosely related content such as posts
about mental health, body image or emotional distress, signals to
platforms to show increasingly targeted material, a process whose
internal workings, while probably well understood by platforms, are
not publicly disclosed and therefore remain opaque to researchers
and usersalike. Whether these associations reflect pre-existing vulner-
abilities thatincrease susceptibility to passive exposure, consequences
of exposureitself, or reciprocal processes cannot be determined from
cross-sectional data, but the findings underscore passive exposure as
awidespread and substantial child protection concern.

Mixed exposure pathways, which captured adolescents report-
ing multiple routes of exposure, was the second largest pathway
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group among exposed students. The composition of this group
was heterogeneous (Supplementary Table 3), with around 70% of
the mixed group having some element of intentional exposure.
Along with the active-search-only group, this pathway was asso-
ciated with particularly frequent exposure, with over 40% of stu-
dents in each group reporting several encounters in the past month
(Supplementary Table 2). This group also showed a broad clustering
ofvulnerability, characterized by high levels of loneliness and elevated
anxiety and depressionscores, and demonstrated particularly strong
associations with online aggression and coercion. These findings sug-
gest that mixed exposure pathways may reflect aconvergence of risk
processes, inwhich adolescents encounter self-harm across multiple
routes within digital environments already marked by interpersonal
risk and harm. Rather than representing a simple midpoint between
passive and active exposure, mixed pathways may signal cumulative
vulnerability within adolescents’ wider digital ecosystems®*". This
is consistent with a bidirectional feedback loop in which intentional
engagement with self-harm content shapes subsequent algorithmic
curation, which in turn increases passive exposure, potentially cre-
ating a self-reinforcing cycle of encounters with potentially harm-
ful material, reflected in the notably higher frequency of exposure
among active-search-only and mixed pathway students relative to
passive-only students (Supplementary Fig. 21).

Active-only exposure pathways, comprising students who exclu-
sively actively searched for or exclusively actively received self-harm
content, were comparatively uncommon, each accounting for around
3% of exposed students. Adolescents in the active-search-only path-
way were also more likely to report frequent exposure, suggesting
that intentional exposure may contribute to sustained or repeated
encounters with self-harm content rather thanisolated experiences.
Despite being less common, both pathways were associated with
markedly elevated psychosocial risk, though their profiles differed
in notable ways. Active-search only was characterized by a particu-
larly strong depression signal, while active-receive only showed
stronger associations with online aggression, suggesting that receipt
of self-harm content from others may be more closely tied to inter-
personal harmand peer-directed risk (including cyberbullying) than
to individual vulnerability alone. These findings are consistent with
emerging experimental and longitudinal evidence linking engage-
mentwith self-harm-related online content to heightened short-term
risk among vulnerable individuals*'2 It is worth noting that the
active-search-only and active-receive-only pathways represent only
those whose exposure was exclusively self-directed or exclusively peer
mediated; alarger proportion of students reported these behaviors as
part of multiple exposure routes, all of whom are captured within the
mixed pathway. Taken together, these findings suggest that elevated
psychosocial vulnerability may be important across active expo-
sure pathways, even where the specific interpersonal or behavioral
correlates differ.

The other-only group, comprising around one in ten exposed
adolescents, showed elevated psychosocial risk broadly intermediate
between the passive-only and active pathways, with notably strong
associations with online aggression and coercion and a distinctive
demographic profile characterized by elevated odds across all gender
minority groups. The nature of exposure within this group remains
unclear, though plausible routes may include gaming platforms, pri-
vate messaging applications or other digital spaces not captured by the
response options offered. Further research is needed to characterize
what these routes represent in (rapidly evolving) patterns of use.

The demographic patterns observed across exposure pathways
add important nuance to the existing literature. Girls had elevated
odds of exposure across most pathways relative to boys, with the
notable exception of active-receive only where odds were lower, con-
sistent with evidence that girls are more likely than boys to report
online self-harm content exposure?’. Trans and gender-diverse

students showed elevated odds across most pathways, with particu-
larly strong associations for active-search-only and mixed exposure,
suggesting that this group may warrant targeted attention in digital
safeguarding efforts. Passive-only exposure increased with age, peak-
ing around years 10-12. Ethnicity patterns were pathway-specific:
Black students were less likely than white students to be classified
as passive-only but more likely to be in the active-search-only group,
and students from mixed ethnic backgrounds were more likely to be
inthe active-search-only and mixed pathway groups. These patterns
have not previously been documented and may reflect differences
in platform use, peer networks, help-seeking behavior or platform
curation practices.

In contextualizing these findings and their potential implications,
there are two caveats worth noting. First, we did not collect information
on what type of self-harm content adolescents saw, which is notable
given the diversity of material they may encounter in their digital envi-
ronments. There is likely to be heterogeneity within exposure groups
interms of meaning and impact. Actively searching for self-harm con-
tent, for example, may reflect acute distress, curiosity or a desire for
validation, but may also represent attempts to seek support, informa-
tion or connection with others who share similar experiences****°. In
Supplementary Note 1, we present responses to an extended question
asking about adolescents’ motivations for actively seeking self-harm
content online included in the previous OxWell 2023 survey. Around
two-thirdsindicated potentially positive or adaptive motivations, most
notably in terms of finding support for themselves or connecting with
others who had similar experiences. These findings are consistent with
research suggesting that active exposure may, in some circumstances,
offer opportunities for positive support and highlight how digital
environments can function as complex ecosystems in which harmful,
neutral and potentially beneficial exposures may coexist, sometimes
within the same content stream®***,

Second, the potentialimpact that encountering self-harm content
online may have for adolescents was not tested directly in this study.
While there is some evidence to suggest that exposure can be associ-
ated withshort-termincreases in distress and risk*'""%, research examin-
ing exposures in digital environments remains relatively limited. Our
own findings indicate that every exposure pathway was associated
with higher anxiety and depression relative to no exposure, and while
these associations cannotbeinterpreted causally inisolation, thereis
little reason to assume that exposure to self-harm content onlineis less
influential than portrayals of self-harmin traditional media, for which
amore established evidence base exists*',

These caveats notwithstanding, this study provides novel, timely
and policy-relevant evidence regarding the widespread exposure of
young peopleto digital harm. Taken together, the findingsindicate the
need for amultipronged public health approach, with a combination
oftargeted and universal interventions to tackle both intentional and
unintentional exposures to self-harm content online. In particular,
the findings underscore the need for better content moderation and
regulation, greater algorithmic transparency, and education, especially
onalgorithm modification for young people and their parents and car-
egivers—all of whichare valuable and widely-recognized levers that may
be used in tandem to create safer online environments® (Box 1). The
study further highlights the importance of contextualizing exposure
within adolescents’ wider digital ecosystem. Contemporary digital
platforms operate within what can be described for adolescents as
growing upinan ‘age ofinfluence’, characterized by algorithmic cura-
tion, continuous content flow and personalized feedback loops*'*",
where even brief or incidental engagement with distressing material
may shape subsequent content delivery. Furthermore, our finding that
intentional exposure pathways were strongly associated with other
online harms reinforces the notion that exposure to self-harm content
often occurs within broader patterns of vulnerability and digital risk
rather than asisolated events™.
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BOX1

Examples of public health
approaches to address
self-harm content online

1. Algorithm-driven exposure: this could include consideration of
how platforms might, through national regulation rather than
self-regulation alone, reduce harmful material appearing in so-
cial media feeds, recommendations and embedded content,
particularly for younger users. The UK Online Safety Act and the
EU Digital Services Act provide examples of existing legislative
levers.

2. Intentional (active) exposure: approaches might involve work-
ing across sectors and with platforms to identify distress and
redirect users toward supportive, recovery-oriented resources,
such as crisis signposting, warning screens or modified search
results.

3. Digital literacy for adolescents: schools are well-placed to build
awareness of algorithms and develop skills to manage feeds fol-
lowing unwanted exposure and respond to potentially harmful
material online.

4. Parents and caregiver support: parents and caregivers can play a
key role in adolescents’ digital lives by fostering open, informed
conversations about online experiences. Some may benefit from
support about understanding digital environments, recognizing
harmful exposures and implementing practical strategies that
support safer online engagement and age-appropriate regula-
tory restrictions.

5. Platform accountability and transparency: regulatory approach-
es could include encouraging platforms to take proportionate
responsibility for moderating harmful content and facilitating
access to non-identifiable platform data for independent evalua-
tion of moderation. Given the complex ethical and clinical judg-
ments involved, multisector collaboration involving clinicians,
researchers, educators, policymakers, parents and caregivers,
and young people themselves will be necessary.

Limitations

Several additional limitations should be noted. First, levels and types
of engagement with content were not measured, such as whether
adolescents were observing passively, endorsing content or seeking
connection, and the exposure categories may not fully capture the
complexity or subjective impact of online experiences. Second, lim-
ited information was available for the sizeable ‘other-only’ exposure
group. Third, the cross-sectional design precludes conclusions regard-
ing causal pathways between psychosocial risk factors and exposure
frequency or pathways. Furthermore, the pathways we describe may
reflect influences with in-person (offline) peer groups, and our data
cannot separate these from online influences. Fourth, the self-report
nature of the survey may haveintroduced reporting or recall bias, while
the exclusion of those who left the survey before reaching the question
on self-harm content exposure may have introduced attrition bias.
In addition, findings may not fully generalize to adolescents outside
UK mainstream education, including those who are home educated
or not currently in school, who may differ in their patterns of online
engagement and exposure to self-harm content. Fifth, the wording of
the exposure item, which asked whether students had ‘come across’
self-harm content online, could imply accidental encounter and may
have led some who actively sought such content to underreport,

potentially underestimating the true proportion with past-month
exposure. Finally, although analyses adjusted for multiple confound-
ers, unmeasured factors such as offline exposure to self-harm, adverse
childhood experiences, substance use, digital or mental healthliteracy,
and broader patterns of digital engagement (for example, screen time)
may also have contributed to the observed associations.

Conclusion

Exposure to online self-harm content is widespread and shaped by
distinct pathways that differ according to adolescents’ wider vulner-
abilities, social environments and digital behaviors. Around one-third
of our large community sample reported recent exposure, under-
scoring the need for interventions that account for diverse exposure
experiences, from passive, algorithmically driven delivery to more
intentional searches and peer sharing. Policies such as the UK Online
Safety Act (2023) create a legislative imperative to mitigate harmful
exposures; however, to be effective and proportionate, they must be
guided by high-quality, real-world evidence, reflecting how young
people encounter content and engage with platforms. Interventions
thatreflect the diversity of exposures, protecting againstinadvertent,
algorithm-driven exposure while supporting those who actively seek
help or connection, are likely to be most effective in mitigating risk
while preserving potential benefits. Addressing these risks will ben-
efit from greater algorithmic transparency and moderation, safe and
recovery-oriented responses for adolescents who actively search for
or receive self-harm content, and education that supports informed,
adaptive engagement with digital environments. Moving forward,
cross-sector collaboration that includes the voices of young people
will be essential to ensure that evolving policies and platform strate-
giesreflect the lived realities of adolescents growing up in a digital age.

Methods

Ethics

Thisresearch complies with all relevant ethical regulations. The OxWell
Student Survey was approved by the University of Oxford Research
Ethics Committee (reference R62366/RE0017). Schools were recruited
through local authority partners. Students aged 16 years and above
providedinformed consent to participate, and students under 16 years
provided assent after parents had been given the opportunity to opt
their child out of participation. Consent and assent were recorded elec-
tronically within the online survey before proceeding. No incentives
or other compensation were offered for participation.

Design and procedure
The OxWell Student Survey is a repeated cross-sectional survey of
young people in schools and FECs in England, designed to assess
self-reported mental health, well-being, life experiences and behav-
iors®. Survey completion was estimated to take approximately 15 min.
Data were collected between February and March 2025, with a
small number of schools completing in April and May 2025%. Questions
regarding online behavior were only asked to thosein school years 7-13
(ages 11-18 years), and so the analysis presented here draws on a total
sample of 32,102 participants from 49 secondary schools and FECs
primarily located intwo regions of England: Liverpool and Oxfordshire.
Assome students did not reach or answer these questionsin thesurvey,
analyses were restricted to participants who answered the self-harm
content exposure items.

Measures

Self-harm content exposure: frequency and pathways. Past-month
exposure to self-harm content online was assessed using two items.
First, participants were asked about frequency with the question, “In
the past month, have you come across content about self-harm on
online platforms?” with response options: “No, l haven’t come across
self-harm contentin the past month”, “Yes, once or twice”, “Yes, a few
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times” and “Yes, several times”. This measure was intentionally broad
with regard to defining self-harm, as we were interested in students’
interpretations of what they were seeing online rather than whether
content encountered met stringent clinical or academic definitions
of self-harm. The precise question was coproduced with OxWell Study
Youth Advisors, who when consulted about how best to ask about
exposure to self-harm content online advised that, as such exposure
iscommon-place for adolescents, restricting our questionto arecent
time frame—such as the last month—might give a better indication
of current experiences. Participants who reported any exposure in
the last month were then asked about exposure pathways with the
question, “How did you come across content about self-harm? (Tick
all that apply)” with response options: “I searched for it”, “Someone
shared it with me”, “It appeared in my feed or was suggested while |
was browsing”, “ accidentally encountered it (for example, clicked
on a misleading link)”, “It was embedded within unrelated content”
and “Other”.

Onthe basis of these responses, participants were classified into
mutually exclusive exposure pathway groups. The no-exposure group
included those who reported no exposure in the past month. The
passive-only exposure group included those who only selected one or
more of the following responses: “It appeared in my feed”, “l acciden-
tally encountered it” or “It was embedded within unrelated content”.
Theactive-search-only exposure group included participants who only
selected “I searched for it”. The active-receive-only exposure group
included those who only selected “Someone shared it with me”. The
mixed exposure group included participants who selected any com-
bination of passive, active or other exposures. Finally, participants
who selected “Other” only were classified into an other-only group.

Demographic characteristics. Gender was measured using the fol-
lowing categories, derived from one questionongender and asecond
on transgender identity**: “girl/woman”, “boy/man”, “trans/gender
diverse”, “don’t know/not sure” and “prefer not tosay”. Sex assigned at
birth was not collected. Ethnicity was grouped according to the Office
for National Statistics 6aclassification: “White”, “Mixed/Multiple Ethnic
Groups”, “Asian/Asian British”, “Black/African/Caribbean/Black British”
and “Other Ethnic Group (including Arab)”. Food insecurity (“going to
bed hungry”) was assessed using a single-item question asking how
often participants went to bed hungry due to not having enough food
in the house, with response options:“Never or hardly ever”, “Some of
thetime” and “Often”. Participants also indicated their current school
year group, ranging fromyear 7 to13.

Interpersonal experiences. Loneliness was assessed using a single-
item question from the Office for National Statistics Children and
Young People’s Mental Health questionnaire suite: “How often do you
feellonely?”, with response options: “Hardly ever or never”, “Some of
the time”, and “Often”*. Bullying was assessed using an adapted item
fromthe Olweus Bully/Victim Questionnaire (OBVQ): “How often have
youbeenbullied at schoolinthe past couple of months?” with response
options: “I'have not been bullied in the past couple of months”; “Once,
twice orafewtimes”; “2 or 3 timesamonth”; “About once aweek”; and
“Several times aweek”*®. Online aggression and coercion were assessed
using two single items developed by the OxWell study team: “I have
received threatening or aggressive messagesonline” and “Ihave been
pressured to dosomething online thatldidn’t want to do” withbinary
“Yes”/“No” response options.

Mental health. Symptoms of anxiety and depression were assessed
using the Revised Children’s Anxiety and Depression Scale (RCADS)
25-itemversion, which comprises two subscales: anxiety (15items) and
depression (10 items). Items are rated on a4-point Likert scale ranging
from O (never) to 3 (always)”. Raw scores were converted into age- and
gender-standardized T-scores using the official RCADS scoring tools,

with higher T-scores indicating greater symptom severity. Internal
consistency was excellent for both subscales in the current sample
(depression: Cronbach’s a = 0.92; anxiety: a = 0.91).

Statistical analysis

Descriptive statistics were used to summarize the frequency of (1)
self-harm content exposure and (2) exposure pathways across key
demographic, interpersonal and mental health variables. Multino-
mial regression analyses were performed to examine associations of
demographic, interpersonal and mental health variables with self-harm
contentexposure pathways. Results are reported asaORs and 95% Cls.
The‘noexposure’ group served as the reference category for allmodels;
allaORsthereforereflect the odds of belonging to each exposure path-
way group relative to reporting no past-month exposure to self-harm
content online. All models were adjusted simultaneously for gender,
year group, ethnicity, food insecurity, bullying, loneliness, aggression
online, coerciononline, anxiety and depression. To aid interpretation,
coefficients were visually summarized through use of forest plots, and
predicted probabilities of group membership were estimated using
marginal effects at representative levels of categorical variables, hold-
ing all other predictors constant.

Our primary analyses were conducted withmultiply imputed data.
Missing data were handled using multiple imputation by chained equa-
tions (mice; Van Buuren & Groothuis-Oudshoorn®), with a predictor
matrixincludingall variablesincluded in the main analyses alongside
five additional auxiliary variables hypothesized to be informative.
Continuous data were imputed using predictive mean matching and
categorical data using polytomous regression. Analyses were con-
ducted across 500 imputed datasets and estimates pooled across
imputations according to Rubin’s rule®. A complete-case analysis was
conducted as a sensitivity analysis.

Analyses were conducted inR version4.5.3 using Release 13 of the
2025 OxWell data.

Reporting summary
Further information on research design is available in the Nature
Portfolio Reporting Summary linked to this article.

Data availability

The data are individual-level adolescent survey responses contain-
ing sensitive information on mental health and self-harm. Owing to
their sensitive nature and the privacy and ethical terms under which
they were collected, they cannot be deposited publicly. De-identified
extracts of the minimum dataset can be made available to academic
researchers on reasonable request, following review by the research
team. Requests should be directed to oxwell@psych.ox.ac.uk.

Code availability
The R code used for all analyses in this study is available via GitHub at
https://github.com/OxWellStudy/SelfHarm-Content-2025.
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Data exclusions giving an analytic sample of 32,102; this restriction follows from the survey design. Missing covariate data were handled by multiple
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aggression, online coercion, anxiety, and depression
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