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Abstract
Social platforms facilitate the daily interactions of billions of people globally. 
Prior research generally concludes that social platforms negatively affect people's 
welfare. This research reopens this debate by using a robust methodology to 
examine the time series effects of social platform use on users' subjective well-
being, psychological well-being, physical health, and financial security. We report 
a 6-month longitudinal study of 1029 adults. Participants' daily time using social 
platforms on their mobile device was unobtrusively tracked and their well-being 
was measured every 2 weeks. The findings suggest a small, positive effect of time 
spent using social platforms on both subjective well-being and psychological well-
being (but no significant effects on physical health or financial security). Further, 
it is time spent using social platforms that facilitate interactions with intimate/close 
ties, that is correlated with positive subjective and psychological well-being.

K E Y W O R D S
consumer welfare, psychological well-being, social media, social platforms, social ties, subjective 
well-being

INTRODUCTION

Social platforms are digital services facilitating “social” 
communications for sharing information, keeping in touch 
with friends and family, accessing news and entertainment, 
and following people and companies (i.e., both traditional 
social media and messenger applications). They facilitate 
the daily interactions of billions of people globally.

Generally, the literature concludes that social 
platforms negatively affect people's overall subjec-
tive and psychological well-being (Appel et  al.,  2020; 
Huang, 2017). For example, Allcott et al.  (2020) report 
social platform use negatively correlates with subjective 
well-being. Cramer and Inkster  (2017) find social plat-
forms harm youths' mental health. A study of teenagers 
found a negative correlation between self-reported social 
media use and overall life satisfaction (Orben et al., 2019). 
Further, Shakya and Christakis  (2017) show a negative 
association between Facebook behavior (e.g., clicking 
links, status updates) and well-being. Other studies con-
nect social platforms to adverse psychological effects in-
cluding depression (Appel et al., 2016), envy (Krasnova 

et al., 2013; Lin & Utz, 2015), and mental overload (Maier 
et al., 2012).

Yet, nascent research links social platform usage with 
positive outcomes, which should improve well-being. 
Social platform use can increase the number (Valkenburg 
et al., 2006) and strength of social ties (Acquisti & Gross, 
2006; Utz,  2015), facilitate authentic self-presentation 
(Bailey et al., 2020; Reinecke & Trepte, 2014), and provide 
social support during crisis (Greene et al., 2011; Laroche 
et al., 2012; Merolli et al., 2013). See Appendix S1 for an 
in-depth literature review.

In terms of physical health and financial security, the 
evidence is mixed. For physical health, social platform 
use is associated with poorer diets (Sina et  al.,  2022) 
and sleep quality (Woods & Scott,  2016). Yet, Nabi 
et  al.  (2013) find that support on a social platform de-
creased illness and using social platforms (vs. other 
relaxing activities) helped people return to a normal 
heart rate and blood pressure faster following a stressor 
(Johnshoy et  al.,  2020). Concerning financial security, 
whereas social platform usage increases negative behav-
iors such as impulse shopping (Zafar et al., 2021; Zhang 
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et  al.,  2018), Cao et  al.  (2020) demonstrate that using 
social platforms for personal finance management im-
proves financial outcomes.

Unfortunately, much of the research on the relation-
ship between social platform usage and subjective and 
psychological well-being is based on small or unrepresen-
tative samples (e.g., adolescents) or is methodologically 
limited (e.g., self-reported, confounded). The current re-
search sought to address these limitations by exploring 
the relationship between social platform use, subjective 
well-being, and its component factors using a robust em-
pirical approach. We collect primary data using a large 
sample size of 1029 adults and a longitudinal study design 
that unobtrusively measures social platform usage. The 
6-month longitudinal design demonstrates how changes 
in social platform usage correlate with subsequent well-
being. While not causal, the design allows the explo-
ration of time series effects (e.g., examine if well-being 
increases after a week of more social platform usage). 
Further, we unobtrusively measure social platform usage 
instead of relying on self-reports which eliminates poten-
tial biases (e.g., systematic underreporting of usage due 
to “mindless scrolling”), self-presentational concerns 
(e.g., concerns that high usage would make them look 
“bad”/“lazy”) and demand effects (e.g., the negative ef-
fects of social media use have received substantial media 
attention so participants may want to “help” researchers 
confirm these effects). Finally, we explore potential ex-
planations for our findings by classifying social media 
platforms by usage type and characteristics to better 
understand the important factors to the effect of social 
platform use on well-being. Resultantly, our research 
provides a sophisticated and contextualized analysis of 
the impact of social platform use, as manifested in the 
“real world” over time. This contribution is elucidated 
in Table 1.

Importantly, we show a small, positive correlational 
effect of time spent using social platforms on subjective 
and psychological well-being. This positive relationship 
is related to using platforms that facilitate intimate in-
teractions, or using social platforms to engage with 
close ties (e.g., friends, family). While these findings 
contradict a large body of research that generally con-
cludes that social platforms negatively affect people's 
well-being, it aligns with past research on real-world so-
cial relationships. Research on real-world relationships 
emphasizes the importance of social bonds and con-
nectivity to improve well-being (e.g., Cohen, 2004; Holt-
Lunstad et al., 2010; House et al., 1988; Lin et al., 1979; 
Rook,  1984; Vanderhorst & McLaren,  2005; Williams 
et al., 1981). Furthermore, it extends the growing litera-
ture that finds a positive effect of specific social platform 
behavior on well-being (e.g., reading a post written by a 
close tie; Lin & Utz, 2015, receiving personalized com-
munication; Burke & Kraut, 2016). Finally, we show no 
relationship between social platform usage and physical 
health or financial security.

M ETHOD

We recruited 1293 Android mobile users from Prolific 
Academic. Participants followed an ethics board-
approved procedure; they read and agreed to mobile 
application usage tracking. They installed an Android-
compatible application, mLab, on their mobile device 
that unobtrusively tracked (i.e., participants did not ac-
tively participate in data-capture) the time participants 
spent using each application.

Participants completed an initial survey collecting 
demographic and socio-economic information (age, 
gender, income, employment status, marital status, ed-
ucation level, country, and language). Every subsequent 
2 weeks for 6 months, participants responded to a fol-
low-up survey in mLab for payment. In the initial and 
subsequent surveys, participants reported their overall 
subjective well-being using the “Cantril Life Ladder” 
(0–10 scale; Cantril, 1965; Appendix S2).

Psychological well-being was measured using eight 
items adapted from a longer psychological well-being 
scale (Ryff,  1989) to reduce attrition. A pretest deter-
mined the items with the highest commonalities (>0.70 
threshold) in a principal component analysis. The resul-
tant scale included “I feel supported by others”, and “I 
am pleased with where my life is headed” (1 = strongly 
disagree to 7 = strongly agree; α = 0.95; Appendix S2).

Physical health was measured using 11 items (7-point 
scale; e.g., “I have had a lot more energy of late” and “I 
consider myself to be in good health”; α = 0.85) and finan-
cial security was measured with nine items (7-point scale; 
e.g., “I am satisfied with my current level of income”; 
α = 0.91; see Appendix  S3 for both scales). Additional 
scale development details and scale cross-correlations 
are provided in Appendices S4 and S5, respectively.

Occasionally, participants would take surveys after very 
long inter-survey gaps (e.g., a participant would let 6 weeks 
elapse and take the three available surveys back-to-back). 
We only included responses provided between 1 and 3 weeks 
after the completion of the preceding survey. Appendix S6 
shows the robustness of this choice. Participants also re-
ported gender, age, and any major life changes since the 
last survey. We removed three participants with impossible 
demographic deviations due to suspected deception.

To reduce the attrition rate, after eight surveys, the par-
ticipants who had completed all surveys so far were notified 
that if they completed every remaining survey, they would 
receive a bonus payment. After exclusions, 1029 participants 
had usable observations from the study (20.42% attrition).

MLab collected application usage data on each partic-
ipant's mobile device every 15 min from the Android OS 
application usage logs. The raw application usage data 
was a record of the amount of time (in milliseconds) each 
application spent in the foreground (i.e., open and in use) 
scaled to 24 h (e.g., if 30 min usage for a preceding 36-h 
interval was reported, it was rescaled to 20 min usage over 
24-h). We discarded observations reporting more than 
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eight (of 24) hours of foreground time for a single applica-
tion; these were identified as technical errors and affected 
fewer than 0.4% of observations. A robustness analysis 
with alternative exclusion criteria (i.e., 6 and 10 h) demon-
strated the robustness of our findings (see Appendix S7).

The resulting application usage data included 
21,587 unique mobile applications. We categorized the 
most-used applications by looking up their names and 
descriptions and then assigning them to one of the cat-
egories listed in Table 2. A total of 1566 apps, account-
ing for 89.22% of all device usage time, were categorized. 
Importantly, social platform applications in the data-
set were Facebook, Facebook Messenger, Google+, 
Imgur, Instagram, LinkedIn, Pinterest, Reddit, Skype, 
Snapchat, Spotify, Tumblr, Twitter, WhatsApp, and 
YouTube, reflective of the time of data collection.

To calculate application usage time, we used a greedy 
algorithm that selected the most non-overlapping app 
usage observations available (to avoid double-counting) 
during the 7 days before each biweekly survey and calcu-
lated daily average usage per application. Application-
level usage was transformed into category-level usage 
by summing, within participant, the times spent in the 
applications within each category.

RESU LTS

We estimated several time series regression models. In 
Models 1–3 (Table  3), the natural logarithm of subjec-
tive well-being measured in survey t was regressed on 
the natural logarithm of average time spent using social 
platforms in the week prior to survey t. We included the 
following control variables in the regression: (i) the natu-
ral logarithm of subjective well-being measured in the 
previous survey (t − 1) to allow for a carry-over or state-
dependent effect of subjective well-being between sur-
veys (each model); (ii) the average total daily time spent 
on the mobile device during the week preceding survey t 
(Models 2–3); (iii) demographic and socio-economic con-
trol variables relevant to well-being (Models 2–3); and 
(iv) indicators of positive and negative major life events 
reported by participants in survey t (two variables, with 
one variable of each type, Model 3; for life event coding 
and frequency see Appendix S8). To ensure the natural 
logarithm was defined for each variable in the analysis, 
each of the subjective well-being and all device (includ-
ing social platforms) use variables were increased by one 
unit, respectively. The variables used in the analysis are 
described in Table 4.

TA B L E  2   High-level App categories and shares of usage.

App category Sample members Average share of device usage

Social Platforms Facebook, Facebook Messenger, Instagram, Pinterest, Reddit, 
Snapchat, Tumblr, Twitter, WhatsApp, YouTube

25.38%

Retail & Entertainment Games, other on- and offline media, retailing apps 25.99%

Information Browser, News & Weather, Maps & Navigation, Search 16.86%

Communication Contact list managers, Dialer apps, Texting apps 4.58%

Productivity Office & Email apps 4.06%

Miscellaneous Home screen & other system apps, Finance & Banking, Antivirus, 
Health & Fitness apps

12.35%

Uncategorized 10.78%

TA B L E  3   Estimation results, basic model.

Subjective well-being Model 1 Model 2 Model 3

SWB (lagged) 0.7732 (0.0178)*** 0.7350 (0.0188)*** 0.7304 (0.0191)***

Total SP use 0.0045 (0.0017)** 0.0069 (0.0022)** 0.0068 (0.0022)**

Total device use −0.0057 (0.0033)† −0.0052 (0.0034)

Positive life event 0.0576 (0.0114)***

Negative life event −0.1039 (0.0138)***

Const. 0.3990 (0.0336)*** 0.5253 (0.0532)*** 0.5280 (0.0538)***

Demographic and No Yes Yes

Socio-economic controls

Obs. 8335 8335 8335

R2 0.5867 0.5952 0.6017

Note: Standard errors are in parentheses.

***p < 0.001, **p < 0.01, *p < 0.05, †p < 0.1.
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All models controlled for common seasonal shocks 
via survey-number dummy variables. To control for 
time-invariant respondent heterogeneity, robust stan-
dard errors clustered by respondent were estimated.

The effect of prior-period social platform usage 
on current-period subjective well-being was positive 

and significant (B = 0.0068, SE = 0.0022, p = 0.002). Not 
surprisingly, there was a strong positive carry-over ef-
fect of lagged subjective well-being on current subjec-
tive well-being (B = 0.7304, SE = 0.0191, p < 0.001). The 
above results are from the regression featuring all con-
trol variables (i.e., Model 3) but the main results are 

TA B L E  4   Summary of variables.

Variable Description M (SD)

Well-being

PsyWB Psychological well-being; eight-item subjective measure of one's personal 
situation

4.84 (1.29)

PhyH Physical health; 11-item subjective measure of one's health situation 4.07 (1.08)

FinS Financial security; nine-item subjective measure of one's financial situation 4.02 (1.34)

SWB Subjective well-being; one-item Cantril Life Ladder measuring best to worst 
possible life (Worst = 0, Best = 10)

5.92 (1.82)

Social platform use

Total SP use Total time spent on social platforms (in minutes) 77.27 (82.89)

Intimate social interaction Time spent on Facebook, Facebook Messenger, Skype, Snapchat, and 
WhatsApp (in minutes)

45.88 (62.67)

Moderately social interaction Time spent on Google+, Instagram, and Spotify (in minutes) 5.87 (15.68)

Distant social interaction Time spent on Imgur, LinkedIn, Pinterest, Reddit, Tumblr, Twitter, and 
YouTube (in minutes)

25.52 (47.90)

Other

Device use Total usage time (in minutes) 303.40 (230.33)

Positive life event Positive life event 3.14%

Negative life event Negative life event 5.53%

Individual characteristics

Age Age (in years) 33.96 (10.35)

Gender Female = 1, Male = 0 61.52%

Education Highest degree completed 1 = high school or less 15.06%

2 = some college or completed bachelors 69.97%

3 = masters or professional degree 13.41%

4 = PhD 1.55%

Work Employment status 1 = working 69.00%

2 = not working but searching 5.15%

3 = not working 15.16%

4 = student 1.36%

5 = not specified 9.33%

Relationship Marital status 1 = married 37.03%

2 = widowed 1.07%

3 = divorced 5.25%

4 = separated 2.14%

5 = never married 53.94%

6 = prefer not to say 0.58%

Country Country of residence 1 = U.K. 58.21%

2 = U.S. 26.82%

3 = neither 14.97%

Income Household income level (12 levels; below $10,000 to greater than $150,000 (below 
£10,000 to greater than £150,000 participants)

4.29 (2.62)

Language Primary spoken language (English = 1, Other = 0) 89.21%
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similar across Models 1–3. The results are presented 
in Table 3.

Subjective well-being is a coarse measure based on a 
single-item scale and our goal was to better determine 
what components of subjective well-being are impacted 
by social platform usage. To analyze the effect of social 
platforms on the components of subjective well-being, 
three sets of additional models were estimated, using 
the natural logarithm of psychological well-being, phys-
ical health, and financial security, respectively, as the 
dependent measures replacing the natural logarithm of 
subjective well-being in Models 1–3. We controlled for 
the natural logarithm of both subjective well-being and 
the measure of the dependent variable in the previous 
survey (t – 1). For example, when estimating the impact 
of social platform usage on psychological well-being, 
the model controlled for the natural logarithms of both 
prior-period subjective well-being and prior-period psy-
chological well-being.

For brevity, the reported results focus on the full 
models (Models 6, 9, and 12). The findings show a signif-
icant positive effect of prior-period social platform usage 
on current-period psychological well-being (B = 0.0050, 
SE = 0.0018, p = 0.005). However, there was no significant 
effect of the same variable on current-period physical 
health (B = 0.0005, SE = 0.0020, p = 0.80) or current-period 
financial security (B = 0.0004, SE = 0.0020, p = 0.86). Each 
model had a strong carry-over effect of the lagged de-
pendent variable. Lagged psychological well-being had 
a significant effect in Model 6 (B = 0.7896, SE = 0.204, 
p < 0.001), lagged physical health in Model 9 (B = 0.6679, 
SE = 0.149, p < 0.001), and lagged financial security in 
Model 12 (B = 0.8097, SE = 0.0118, p < 0.001). Additionally, 
lagged subjective well-being was significant in all models 
(B = 0.0749, SE = 0.0169, p < 0.001 in Model 6, B = 0.0490, 
SE = 0.0110, p < 0.001 in Model 9, and B = 0.0696, 
SE = 0.0117, p < 0.001 in Model 12). The results are pre-
sented in Table 5.

Follow-up analyses

Our results provide correlational evidence that time 
spent on social platforms is positively related to sub-
jective well-being and, more specifically, psychological 
well-being (but not physical health or financial security 
as other dimensions of well-being). Next, we explored 
how the usage and characteristics of social platforms 
were related to subjective and psychological well-being. 
This was not straightforward because for privacy rea-
sons we did not record what participants did when using 
social platforms. To address this issue, we collected 
participants' perceptions of typical usage and platform 
characteristics in a separate pretest and used these to 
classify platforms.

The pretest from the same time period as the main 
study asked 101 MTurk participants to first identify 

which of 17 social platforms they used (e.g., Facebook, 
Instagram, Twitter, Snapchat). Then participants rated 
each platform they used on nine social platform dimen-
sions deemed important from the literature. For plat-
form usage type, three usage measures were included: 
the activeness of interaction (Khan,  2017; Pagani & 
Malacarne,  2017; Trifiro & Gerson,  2019), the social-
ness of platform interaction (i.e., whether users typically 
interact with intimate/close vs. distant others; Gilbert 
& Karahalios, 2009; Krämer et al., 2014; Vriens & van 
Ingen,  2018), and the directedness of the communica-
tion (i.e., one-way vs. two-way; O'Sullivan & Carr, 2018). 
For platform characteristics, six characteristics were  
included: content format (i.e., primarily text-based vs. 
primarily image-based; Kaplan & Haenlein, 2010), per-
sonalness (i.e., personalized vs. impersonal; Bazarova 
& Choi,  2014), emotionality (Hassouneh & Brengman, 
2014), popularity (i.e., mainstream vs. niche; Boyd & 
Ellison,  2007), levity (i.e., serious vs. fun; Xu et  al., 
2012), and stimulation (i.e., exciting vs. boring; Barash 
et al., 2010; Utz, 2015).

Along each of the nine dimensions, we grouped the 
social platforms into three tiers using the thresholds of 
one standard deviation above and below the mean score 
on the given dimension, respectively. The resulting clas-
sification of platforms is presented in Table 6. Next, we 
calculated the cumulative daily usage time of all social 
platform apps in each of the resulting 27 groups (i.e., 9 
dimensions × 3 tiers) preceding each well-being survey. 
Finally, we replaced our total social platform usage 
variable with the so-derived 27 variables reflecting 
usage type or platform characteristics and estimated a 
rigorous lasso procedure (Belloni et  al.,  2012) to iden-
tify which of these 27 variables were likely the most im-
portant potential drivers of the psychological well-being 
dependent variable (for procedural details and results 
see Appendix  S9). This analysis revealed that the use 
of platforms offering “intimate” interactions was most 
correlated with psychological well-being among the 27 
variables. The platforms classified as offering intimate 
interactions were Facebook, Skype, Snapchat, and 
WhatsApp.

The findings from the lasso model informed the spec-
ifications for Models 13–15. These models matched the 
specifications of Models 4–6, but instead of using a sin-
gle aggregate measure of all social platform use, Models 
13–15 used three lagged social platform usage variables. 
The first variable was for intimate interactions (high in 
Table 6), defined as used primarily for interacting with 
intimate/close ties. The second variable was for moder-
ately social interactions (neutral in Table  6), meaning 
people use those platforms to interact with both intimate 
ties and distant others. Finally, the third variable was 
for distant interactions (low in Table  6) or interacting 
primarily with distant others. The share of time partic-
ipants spent on social platforms in each category is re-
ported in Table 2.
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The results for Models 13–15 are reported in Table 7. 
Estimating separate coefficients for the impact of inti-
mate and other social platform usage (Model 15), find-
ings show a significant positive relationship between 
prior-period intimate social platform usage and current-
period psychological well-being (B = 0.0075, SE = 0.0016, 
p < 0.001). The effects of prior-period moderate and 
distant social platform usage on current psychologi-
cal well-being were not significant (BModerate = −0.0017, 
SE = 0.0021, p = 0.42 and BDistant = 0.0006, SE = 0.0015, 
p = 0.69). As before, there was a strong positive carry-over 
effect of lagged psychological well-being on current psy-
chological well-being (B = 0.7869, SE = 0.0204, p < 0.001), 
and lagged overall subjective well-being (B = 0.0738, 
SE = 0.0168, p < 0.001).

Finally, Models 16–18 replaced the lagged social 
platform usage variable in Models 1–3 with the three 

social platform usage variables from Models 13–15. 
Thus, the natural logarithm of subjective well-being 
was regressed on the intimate, moderately, and distant 
social interaction variables using the same controls as 
detailed in Models 1–3. The results showed, as with 
psychological well-being, there is a significant positive 
relationship between prior-period intimate social inter-
actions platform usage on current subjective well-being 
(Appendix S10).

DISCUSSION

The 6-month longitudinal study showed a small, positive 
correlation between time spent using social platforms 
in the prior week and subsequently reported subjective 
and psychological well-being. Further investigation 

TA B L E  6   Social platform app classificatons based on the pretest results.

Name and description High (+1 SD) Neutral Low (−1 SD)

Usage type

SP Scale 1:
Activeness of interaction

Active
Skype, WhatsApp

Moderate
Facebook, Instagram, Twitter, Google+, 
Snapchat, LinkedIn, Pinterest, Tumblr, 
Reddit, Imgur

Passive
YouTube, Spotify

SP Scale 2:
Socialness of interactions

Intimate (i.e., Close Ties)
Facebook, Skype, Snapchat, 
WhatsApp

Moderate
Instagram, Google+, Spotify

Distant (i.e., Distant Ties)
YouTube, Twitter, 
LinkedIn, Pinterest, 
Tumblr, Reddit, Imgur

SP Scale 3:
Directedness of 
interaction

Two-Way Communication
Skype, WhatsApp

Moderate
Facebook, Instagram, Twitter, Google+, 
Snapchat, LinkedIn, Reddit

One-Way Communication
YouTube, Spotify, 
Pinterest, Tumblr, Imgur

Platform characteristics

SP Scale 4:
Content format

Image-Based
YouTube, Instagram, Skype, 
Snapchat, Pinterest, Imgur

Moderate
Facebook, Spotify, Tumblr

Text-Based
Twitter, Google+, 
LinkedIn, WhatsApp, 
Reddit

SP Scale 5:
Personalness

Personal
Skype, WhatsApp

Moderate
Facebook, Instagram, Twitter, Google+, 
Snapchat, LinkedIn, Spotify, Pinterest, 
Tumblr

Impersonal
YouTube, Reddit, Imgur

SP Scale 6:
Emotionality

Emotion-Based
Snapchat, Tumblr

Moderate
Facebook, YouTube, Instagram, Twitter, 
Skype, Spotify, Pinterest, WhatsApp, 
Imgur

Information-Based
Google+, LinkedIn, Reddit

SP Scale 7:
Popularity

Mainstream Moderate
Facebook, YouTube, Instagram, Twitter, 
Skype, Snapchat, Spotify, Pinterest, 
WhatsApp, Reddit, Imgur

Niche
Google+, LinkedIn, 
Tumblr

SP Scale 8:
Levity

Fun
Snapchat

Moderate
Facebook, YouTube, Instagram, Twitter, 
Skype, Spotify, Pinterest, Tumblr, 
WhatsApp, Reddit, Imgur

Serious
Google+, LinkedIn

SP Scale 9:
Stimulation

Exciting Moderate
Facebook, YouTube, Instagram, Twitter, 
Skype, Snapchat, Spotify, Pinterest, 
Tumblr, WhatsApp, Reddit, Imgur

Boring
Google+, LinkedIn

Note: Four platforms (Sina Weibo, Viber, YY, and Periscope) were not analyzed because three or fewer people used them.
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revealed that this is related to the socialness of the in-
teraction. Time spent using social platforms that pri-
marily facilitate interactions with intimate social ties is 
positively related to subjective and psychological well-
being. These findings are important because they result 
from a rigorous investigation of the real-world impact 
of social platform use on well-being over time. This is 
the first study that examines the connection between 
measured time spent using social platforms (vs. meas-
ures of specific online behaviors; Bailey et  al.,  2020; 
Burke & Kraut, 2016; Shakya & Christakis, 2017) and 
well-being.

Moreover, our research reopens a debate that has 
largely been treated as solved and adds to the small but 
growing literature that finds a positive effect of social 
platform usage on well-being (e.g., people felt happier 
after reading a Facebook post written by a close friend 
or family member; Lin & Utz, 2015, receiving personal-
ized communication from strong ties on Facebook was 
associated with improvements in well-being; Burke & 
Kraut,  2016, social media boosted psychological well-
being due to bonding; Ostic et al., 2021), with ours being 
the first to look at time spent using social platforms. 
Adjacently, smartphones have been shown to induce 
psychological comfort (Melumad & Pham,  2020) be-
cause of their association with facilitating social inter-
actions with loved ones (Aoki & Downes, 2003). Further, 
this is consistent with decades of research on real-world 
social relationships demonstrating how meaningful rela-
tionships and social engagement positively contribute to 
well-being (e.g., Cohen, 2004; Lin et al., 1979; Rook, 1984; 
Vanderhorst & McLaren,  2005; Williams et  al.,  1981). 
Therefore, when social platforms enhance social rela-
tionships (cf. Utz, 2015; Valkenburg et al., 2006), spend-
ing time on them is related to increased subjective and 
psychological well-being. Yet, when people spend time 

on social platforms to engage with acquaintances, or on 
platforms distinguished by other usage types (i.e., active-
ness or directedness of interactions) or characteristics 
(e.g., content format, personalness), there is no relation-
ship to well-being.

However, it is important to put these findings into 
context; the positive effect of time spent using social 
platforms on subsequent subjective and psychological 
well-being is detectable but small. Unsurprisingly, other 
contributors to well-being that were controlled for (e.g., 
working, sleeping) are more important, and, similarly, 
major life events can be bigger “shocks” to well-being 
(Kettlewell et al., 2020).

Notably, the findings did not show any effects of 
using social media platforms on physical health and 
financial security. This is likely due to the effect sizes 
being comparatively small and the relatively short time 
scale used in our research, wherein the impacts of so-
cial platform usage on health and finances may take 
years to manifest. Also, in the case of physical health, 
the lack of effect is not entirely surprising as several 
randomized controlled studies failed to show a signifi-
cant effect of reducing electronics usage on physical ac-
tivity (Babic et al., 2016; Hinkley et al., 2015; Mhurchu 
et al., 2009).

These findings are relevant to many stakeholders. For 
consumers, it is important to understand that chang-
ing usage habits to focus on intimate connections may 
enhance well-being. From a public policy standpoint, 
heavy legislative control may be unnecessary. Further, 
technology companies can safeguard their users by im-
plementing content prioritization strategies (e.g., Meta's 
algorithms should prioritize content from family over 
influencers) and other corporations could focus on fa-
cilitating likeminded customer-to-customer connections 
based on shared interests.

TA B L E  7   Estimation results, social platform use split along socialness of interactions dimension.

Psychological well-being Model 13 Model 14 Model 15

SWB (lagged) 0.0819 (0.0162)*** 0.0756 (0.0168)*** 0.0738 (0.0168)***

PsyWB (lagged) 0.7950 (0.0199)*** 0.7871 (0.0204)*** 0.7869 (0.0204)***

Intimate social interactions 0.0061 (0.0013)*** 0.0076 (0.0016)*** 0.0075 (0.0016)***

Moderately social interactions −0.0020 (0.0020) −0.0017 (0.0020) −0.0017 (0.0021)

Distant social interactions −0.0012 (0.0014) 0.0006 (0.0015) 0.0006 (0.0015)

Total device use −0.0060 (0.0027)* −0.0058 (0.0027)*

Positive life event 0.0459 (0.0115)***

Negative life event −0.0429 (0.0098)***

Const. 0.1384 (0.0229)*** 0.1705 (0.0365)*** 0.1695 (0.0367)***

Demographic and No Yes Yes

Socio-economic controls

Obs. 8335 8335 8335

R2 0.7180 0.7197 0.7211

Note: Standard errors are in parentheses.

***p < 0.001, **p < 0.01, *p < 0.05, †p < 0.1.
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LIMITATIONS

A limitation of our research is that mLab only tracked 
mobile device app usage, not what users did while using 
those apps due to participant privacy. Therefore, while 
we used pretesting to infer how intimate interactions 
were at an app level, a more fine-grained measure of 
specific behaviors was not available. Another limitation 
is we were unable to account for social platform usage 
that occurred on other devices not registered with the 
study. However, mobile devices are primarily how users 
access social platforms (Villanti et al., 2017) and there is 
a correlation between how people use mobile and non-
mobile devices (Kane et al., 2009). Thus, social platform 
usage on the registered device is an acceptable relative 
measure, even if an inaccurate measure of total social 
platform usage.

Finally, recruiting only Android users due to tech-
nology constraints and English speakers could limit the 
generalizability of the findings. On the first point, we 
ran a post-test comparing Android and iPhone users on 
socio-economic and demographic variables and found 
financial and income differences (see Appendix S11) with 
iPhone users reporting higher income (consistent with 
Sharma (2011)), which may impact financial security and 
finance-related stresses on well-being (Ullah, 1990). To 
address this concern, our models control for income. 
Yet, we cannot say anything about generalizability be-
yond English speakers, due to lack of information.

FUTURE DIRECTIONS

Past literature primarily reports a negative relation-
ship between social platform usage and well-being. 
Contrastingly, we find a small, positive effect. This high-
lights the importance of future research that identifies 
moderators that determine when social platform usage 
is positive versus negative. For example, we identify so-
cialness of the platform (i.e., intimate ties), but future 
research could measure perceptions of intimacy fol-
lowing using the social platform. Age may be another 
key moderator; a majority of past research reporting a 
negative relationship focused on adolescents who are 
more likely to make negative social comparisons, be cy-
berbullied, and experience fear of missing out (FOMO) 
(Cramer & Inkster, 2017). While our effect holds across 
all adult age groups (see Appendix S12), future research 
could explore at what age these effects reverse. Further, 
situational factors (e.g., politics; Allcott et al., 2020) and 
behavioral usage type (e.g., status updates; Shakya & 
Christakis, 2017) could moderate the relationship. Thus, 
we hope to reopen the debate on the relationship between 
social platform usage and well-being and encourage fur-
ther exploration into factors influencing it.

While our findings offer some insight into the rela-
tionship between social platforms and subjective and 

psychological well-being, future research is needed to 
identify how a variety of newer technologies impact well-
being. New technologies hold the promise of facilitating 
even greater intimate social connections such as videote-
lephony software that allows access to the facial expres-
sions and voice of our interaction partners, the popularity 
of multiplayer gameplay that allows gamers to collab-
orate in teams, and even the growing prevalence of the 
metaverse where virtual reality and spatial audio emulates 
non-digital social environments and can create a sense of 
“being there”. Based on our findings, any technology-
mediated intimate social interactions should bolster well-
being, but future research is necessary to explore not just 
the extent of this effect, but how other technology-specific 
factors may shape the relationship.

More broadly, it is interesting to investigate if and how 
newer technologies can replace in-person socialization. 
Specifically, do the positive effects of social platform use 
hinge on the prior development of non-digital intimate 
relationships? Are we in the psychological “sweet spot” 
where our digital communications augment prior non-
digital relationships? If so, given that we are spending 
more time than ever before socializing online, in the fu-
ture will we still forge strong enough intimate ties to take 
advantage of the positive effects of social platform use? 
These important questions merit ongoing investigation.
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