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ABSTRACT

This thesis is concerned with the age-related changes in working memory (WM), and
the inter-individual differences in cognitive and neural mechanisms that correspond
to healthy versus poor ageing of WM function. The first half of this thesis focusses on
the age-related decline in WM and whether preserved top-down attentional control
could mitigate such deficits. In Chapter 2, I present a functional MRI study showing
that older adults reliably recruit brain networks that subserve cognitive control, which
work in concert with the task relevant sensory areas during effective selective WM. In
Chapter 3, I show that older adults retain flexible control over WM representations,
and this ability corresponded to the reliable recruitment of neural signals of orienting
attention  qualitatively ~ similar to those observed in younger adults.
Magnetoencephalographic recordings showed that the neural dynamics during
orienting attention within WM was predictive of good performance, demonstrating
that the more efficient the process of orienting within WM to select the target item,
the better the memory representation can be preserved for upcoming behaviour. In
the second half of this thesis, I explored whether WM for affective content has a
special status in healthy ageing. In Chapter 4, I developed an emotional WM
precision task to measure WM abilities for emotional content appropriate for elderly
adults. In Chapter 5, I tested a group of young and older adults on WM and
perceptual-matching abilities for emotional faces. The results suggest that older adults
show a general impairment in task performance, but possibly with some preservation
in the ability to maintain emotional content in WM. There were marked differences
in how the emotional information was processed between age groups, in which older
adults have a tendency to represent negative stimuli as less negative than younger
adults in perception and WM, and tended to show a positive interpretation of the
valence of more ambiguous emotional stimuli. In Chapter 6, I summarise the findings
presented in this thesis, discuss the implications of the key findings, and consider
some suggestions for future studies that aim to elucidate the mechanisms of WM in

healthy ageing.
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1. Main Introduction

Chapter Abstract

This introduction gives an overview of the changes in cognition and neural function that
come with normal ageing, with a focus on working memory (WM) and the control
mechanisms that play a role in supporting WM function. A special emphasis is placed on the
role of selective attention for WM, and how attention can support WM function. I propose
that, although aspects of WM, such as capacity, decline with age, preserved cognitive
processes such as attentional control that can support WM function may help mitigate such
deficits. In the final section, I outline the scope and structure of the thesis, illustrating the
approach taken in this thesis.



1.1. Overview

With each passing day, we experience new sensations, form new memories, and lose old
memories. Through this passage of time, we also grow older. One might think: “Though my
body gets older, I do not change. My mind is who I am”. The brain and mind, which are
responsible for the higher faculties of human cognition and arguably define one’s personal
identity, do in fact show a great deal of change with age, including declines in performance
for cognitively tasks. Although we may become wiser with the passage of time, our biological
machinery suffers along the way. Presumably, our knowledge and experience accumulated
over the years cannot help with this inevitable decline of biological hardware. However, if we
examine the cognitive studies in elderly adults and current theoretical perspectives on healthy
ageing, we will find that this is not necessarily the case. There are some older individuals who
exhibit poor memory and poor intellectual capacities, but there are others who show
exceptional memory, and outstanding social skills. Could there be reasons for these inter-
individual differences? Could the highly functioning elders have adopted a better way to cope
with cognitive changes in old age? For instance, despite a decline in brain processes that
support memory, they could have developed a cognitive strategy for remembering only the
most relevant things and therefore exhibit superior memory performance in comparison to

their peers.

Working memory (WM), the ability to store information over a short period of time, is an
essential cognitive function that supports many aspects of higher cognition and our ability to
perform day-to-day tasks (Baddeley & Hitch, 1974; Miyake & Shah, 1999). It also declines
with age (Salthouse, 2010). Interestingly, there is high inter-individual variability in memory
function even within elderly populations (Nyberg, Loévdén, Riklund, Lindenberger, &
Bickman, 2012). How do WM mechanisms in the brain change in healthy ageing, and do

other processes that support good WM, such as selective attention, also show age-related



declines? Does WM decline across the board, or does the degree of decline depend on the
content that is to be maintained, such as its affective valence or motivational relevance to the

observer?

In this thesis, I will investigate the cognitive and neural mechanisms that support WM
function in healthy ageing, focussing on top-down attentional control functions and
emotional content in relation to WM function. In order to test these questions, I conducted
behavioural and functional neuroimaging experiments with human volunteers from younger
and older groups whilst they perform WM tasks. I will chart the age-related changes in
cognition, and examine the inter-individual differences within elderly adults to find the
behavioural and neural markers that correspond to successful cognitive ageing. The purpose
of these investigations is to understand the cognitive and neural mechanisms of WM that are
preserved in healthy ageing, those that deteriorate with age, and the individual differences
that correspond to better preservation of cognitive abilities that support healthy cognitive
ageing. This thesis comes in two parts with regard to exploration of WM in elderly
participants: 1) Studying attentional control over WM and 2) Exploring the role of affective

content in WM.

In this introductory section, I will outline the literature relevant to the questions addressed in
the experimental chapters of the thesis. First, I will discuss age-related changes in the
behavioural and neural markers related to WM and cognitive processes associated with WM.
Next, I will describe studies showing that selective attention can enhance WM performance
in young adults, which, if preserved in ageing, could be a useful vehicle for the mitigation of
WM deficits in older adults. I will also discuss how affective material can affect attention and
WM processes, describe some work which suggests that affective material might have a

special status for elderly adults, and that WM for such material could show relative



preservation in healthy ageing compared to stimuli that have less personal significance for the
observer. The final section of the chapter will outline the structure of the thesis and present

an overview of the findings and their significance.

1.2. Cognitive and neural mechanisms of working memory in healthy ageing

1.2.1. Age-related changes in cognition

Most cognitive abilities decline as we grow old. Frustrations about declines in cognition such
as memory, motor skills, or learning new material are commonplace in elderly adults.
However, cognitive abilities do not all decline in a homogenous fashion with increasing age
(Hedden & Gabrieli, 2004). Crystallised intelligence, defined as the knowledge and abilities
that have been learnt over years and well practiced, remains stable (Salthouse, 2012).
Vocabulary and language abilities also remain intact, and can even show improvements in old
age (Hedden & Gabrieli, 2004; Nyberg et al., 2012). In contrast, WM, long-term memory,
and the ability to multi-task decline with age (Harada, Natelson Love, & Triebel, 2013;
Hedden & Gabrieli, 2004; Nyberg et al., 2012). Fluid intelligence, the ability to think
logically and solve problems in novel situations, which is supported by WM and other aspects
of flexible cognition, also declines with age (Kievit et al., 2014; Salthouse, 2010). Notably,
fluid intelligence correlates with tests that assess day-to-day functioning in society (Salthouse,
2012; Willis & Schaie, 1968), and is likely a key factor that relates to the degree of healthy

cognition in ageing.

1.2.2. Working Memory

WM is the cognitive function that enables us to retain information over short periods in the
absence of sensory stimulation, which supports our ability to maintain and manipulate
information in mind for purposeful behaviour (Baddeley & Hitch, 1974; Miyake & Shah,

1999). In order to accomplish many of our daily cognitive goals, it is wise, and often



necessary, to arrange the task into a sequence of sub-tasks and actions. This requires the
short-term storage and deliberation of information in mind specific for the task at hand (e.g.
Shallice & Burgess, 1991). Conceptually, WM as a temporary information store is a basic
requirement for many high-level cognitive processes, supporting our ability to perform tasks
that involve problem solving, multitasking, learning new material, and even encoding into
long-term memory. As such, many researchers consider WM a fundamental aspect of
cognition (Baddeley & Hitch, 1974; Miyake & Shah, 1999). It is perhaps unsurprising then,
that estimates of WM function correlate strongly with measures of fluid intelligence, 1Q,
academic achievement, and other measures of cognition (Conway, Cowan, Bunting,
Therriault, & Minkoff, 2002; Cowan, 2005; Engle, Tuholski, Laughlin, & Conway, 1999;
Fukuda, Vogel, Mayr, & Awh, 2010; Kane & Engle, 2002; Unsworth & Engle, 2005). There
are also strong correlations between WM measures and tasks that require the maintenance
and application of rules (Kane, Bleckley, Conway, & Engle, 2001; Kane & Engle, 2003),
which suggests that a deficit in task set or goal maintenance could be due to low WM
capacity. Relatedly, WM is compromised in many mental disorders including schizophrenia
(J. Lee & Park, 2005), attention deficit hyperactivity disorder (ADHD; Barkley, 1997), and

Alzheimer’s disease (Baddeley, Bressi, Della Sala, Logie, & Spinnler, 1991).

The amount of information that can be kept in the short-term store, commonly referred to as
WM capacity, has been quantified using span measures (e.g. Daneman & Carpenter, 1980;
Kane et al., 2004; Shah & Miyake, 1996)) and several variants of the delayed match-to-
sample task (e.g. Luck & Vogel, 1997; E. K. Miller, Li, & Desimone, 1991). In span
measures, individuals are presented with a sequence of items (e.g. words, letters, digits), and
asked to reproduce the items (e.g. vocally) immediately after. Participants can be asked to
recall the items in the order they were presented in (forward span), in reverse order (backward

span), or in ascending order (sequence span). In delayed-match-to-sample tasks, participants



are presented with a number of stimuli (e.g. coloured squares, spatial locations, oriented bars)
to be encoded into WM. The stimuli disappear from the screen and the participant has to
retain the item(s) in WM over this maintenance period. At the end of the trial, participants
are asked to recall the memory item(s) using a responsel. These tasks have been used widely
in neuropsychological batteries and in numerous psychophysical and neuroscientific studies of
WM function (e.g. Baddeley & Hitch, 1974; Bays & Husain, 2008; Cowan, 2001; Daneman
& Carpenter, 1980; Luck & Vogel, 1997; Ranganath, Cohen, Dam, & D’Esposito, 2004;
Todd & Marois, 2004; Vogel & Machizawa, 2004; Wilken & Ma, 2004; Xu & Chun, 2006;

W. Zhang & Luck, 2008).

It is worth noting that different researchers have different definitions of the timescale of what
is considered WM. In the paradigms noted above, WM is considered as representations
actively held in mind, at a relatively short timescale (in the order of seconds). However, WM
has also been considered in longer timescales (in the order of minutes), such that items in
WM are those that are generally available to the individual from the recent past (e.g. past
trials) and can disrupt or improve performance in the current task (e.g. Hasher, Lustig, &
Zacks, 2007). In this thesis, my use of WM mostly follows the first definition, except for
when discussing the work by Hasher and colleagues (in section 1.2.4. Declines in inhibitory

control for working memory).

1 Paradigms differ in the ways the participant is tested on or reports the item(s). In change-detection
tasks, participants are presented with a test array at the end of the trial, which could be the same or
different to the initial stimulus array (e.g. one colour in the stimulus array has been changed to a
different colour). In another version (partial report), a single test stimulus appears on the screen (e.g. a
coloured square), and the participant responds whether this item or its feature was present in the initial
stimulus array, or if it was the same or different stimulus to the item in the array at the test stimulus’
location. In spatial WM tasks, participants sometimes report the location by pointing at the target
location, or making an eye movement toward the location (delayed-saccade task). In orientation
memory tasks, participants might be asked to judge whether the orientation of a test bar was tilted
clockwise or counter-clockwise relative to the orientation in the initial array, or report the actual
orientation using a mouse or keyboard. They are sometimes asked to recall the orientation by clicking
on a location on a circle, or adjust a bar on the screen to what they remembered it to be. In colour WM
tasks, they might also be asked to recall the colour in memory by clicking on a colour wheel (precision
report).



1.2.3. Age-related declines in working memory

Intuitively, the more information an individual can store in WM any given time, the more
likely they will have the information for the appropriate course of action. Traditional views
support the idea that the larger the capacity the better (e.g. Baddeley, 1986, 1992; Just &
Carpenter, 1992), citing evidence that measures of WM capacity are positively correlated with
performance on a variety of cognitive tasks as well as IQ_and fluid intelligence measures
(Conway et al., 2002; Cowan, 2005; Engle et al., 1999; Fukuda et al., 2010; Kane & Engle,
2002). This body of work suggests that the capacity of WM may be a measure of the amount
of general cognitive resources, which supports a wide spectrum of cognitive behaviours. This
ability is also instrumental in the organisation and enactment of a series of sub-tasks in order
to accomplish behavioural goals in daily life (Shallice & Burgess, 1991). WM abilities decline
with age, which may partly underlie the reduced ability to cope with day-to-day functioning
in some elderly adults. It is therefore unsurprising that WM abilities positively correlate with
quality of life in older adults (Davis, Marra, Najafzadeh, & Liu-Ambrose, 2010; Harada et

al.,, 2013).

Early work using cross-sectional studies found that WM function declines with increasing
age (e.g. Craik & McDowd, 1987; Craik, 1968, 1977; Parkinson, Lindholm, & Inman, 1982;
Parkinson & Perey, 1980; Salthouse & Babcock, 1991; Salthouse, 1990, 1992, 1994; Talland,
1968), which coincides with a decline in grey matter volume in regions of the prefrontal
cortex (PFC) (see section 1.3. Age-related changes in brain structure) — some of which are
highly implicated in executive functions including WM (Braver & Barch, 2002; Braver &
West, 2008; West, 1996; see section 1.4.1. Prefrontal cortex function theory of ageing).
Salthouse (1992, 1994, 2010) has suggested that the decline in many cognitive abilities,
including WM, can be explained by a decline in ‘processing speed’, which refers to the speed

of cognitive processing and motor responses for performing cognitive tasks. Early work (e.g.



Salthouse & Babcock, 1991; Salthouse, 1992, 1994) has suggested that speed (measured by
reaction times; RT's) was a better estimator of the decline of WM abilities compared to the
construct of ‘capacity’ (measured by accuracy). However, these studies used span tasks or
simple measures of WM that may not have been sensitive to differences in capacity.
Furthermore, the construct of ‘processing speed’ is also confounded with changes in motor
abilities with age. Of course, cognitive speed may also be an important factor in determining
WM performance in older adults, but measures that are less reliant on speeded responses may

be more informative for assessing WM capacity irrespective of motor function.

More recent studies using change-detection and precision tasks have supported previous
studies showing declines in WM with increasing age (e.g. Chen, Hale, & Myerson, 2003;
Cowan, Naveh-Benjamin, Kilb, & Saults, 2006; Myerson, Emery, White, & Hale, 2003;
Park et al., 2002; Peich, Husain, & Bays, 2013). For instance, Peich et al. (2013) used a
precision task where participants report the stimulus stored in WM (recalling the precise
orientation or colour in memory by adjusting the orientation or colour of a bar), which is a
more sensitive test of WM accuracy (Zokaei, Burnett Heyes, Gorgoraptis, Budhdeo, &
Husain, 2015) with minimal burden on motor function. They tested 60 participants with a
large age range (19 — 77 years), and found that the precision with which WM items were
recalled declined with age, and that the probability of incorrectly reporting a distractor item
(or ‘misbinding’) increased with age. Aged monkeys are also impaired in simple spatial WM
tasks that require short-term retention of spatial locations (e.g. Arnsten, Cai, Murphy, &

Goldman-Rakic, 1994; Bartus, Fleming, & Johnson, 1978; Wang et al., 2011).

Some studies have replicated early work that verbal and visuo-spatial spans decline in healthy
ageing, but attributed the impairments to declines in executive function rather than to

capacity per se — highlighting that older adults experience greater deficits in span tasks when



there is proactive interference (e.g. Hasher et al., 2007; Hasher, Zacks, & May, 1999; Rowe,
Hasher, & Turcotte, 2008, 2010; see section 1.2.4. Declines in inhibitory control for working
memory). Indeed, researchers have emphasised the importance of executive function in
supporting WM maintenance. In neuropsychological tests, older adults display impairments
primarily in tasks related to purported ‘prefrontal’ or executive function (McDowd & Oseas-
Kreger, 1991), tasks which also strongly correlate with WM capacity (e.g. Kane et al., 2001;
Kane & Engle, 2003). Some researchers have suggested that age-related impairments in WM
can be attributed to the general declines in brain regions that support top-down cognitive
control (e.g. Braver & Barch, 2002; West, 1996; see section 1.4.1. Prefrontal cortex function

theory of ageing).

1.2.4 Declines in inhibitory control for working memory

Lynn Hasher, Rose Zacks, and their colleagues (Hasher et al., 2007, 1999; Hasher & Zacks,
1988; Lustig, Hasher, & Zacks, 2007) proposed that age-related reductions in WM capacity
are specifically owed to age-related declines in inhibitory control. They proposed that
stimulus ‘activations’ driven by the external environment are largely automatic and similar
across age groups, and only immediately after this activation can individuals apply goal-
related executive control to bring relevant information into the focus of attention and inhibit

irrelevant information — an ability that changes with age (Hasher et al., 2007).

They outline three concepts related to inhibition, including access, deletion, and restraint.
They assume that activation of sensory stimuli is automatic, after which the ‘access’ function
of inhibition can determine what enters the focus of attention (Cowan, 1993). When this
process is efficient, all task-irrelevant information is suppressed. For instance, in visual-search
tasks, individuals are slower to detect targets when distractors are presented, and this

distractor effect is pronounced in older adults (Madden, Whiting, Cabeza, & Huettel, 2004;



Plude & Hoyer, 1986; Whiting, Madden, Pierce, & Allen, 2005; J. L. Zacks & Zacks, 1993).
Older adults also show greater implicit memory for distractors compared to young adults
(Rowe, Valderrama, Hasher, & Lenartowicz, 2006). In the study by Rowe and colleagues
(2006), participants were presented with line drawings of objects with irrelevant words
overlaid, and were required to respond when they saw an object presented twice. In a
subsequent implicit memory task (word-fragment completion task), older adults used a

significantly greater proportion of the words presented as distraction relative to the younger

adults (Rowe et al., 2006).

Inhibition can also serve to remove irrelevant information from the focus of attention.
Irrelevant information can be active because the access function did not efficiently control
“leakage” (Hasher et al., 2007). The ‘deletion’ function describes the ability to remove items
from WM in the case of ‘leakage’ or at any point information becomes irrelevant, enabling
efficient storage of only the goal-relevant information. In a set of studies, they presented
participants with garden-path sentences with highly predictable, but missing words which
participants were asked to generate (e.g. “She ladled the soup into her ____ 7, with “bowl” as
the highly predictable target word). After several seconds, a word that was less likely but still
semantically acceptable appeared (e.g. “lap”). Participants were then given a test where they
generated endings to sentences, and older adults used the initially generated words (e.g. “lap”)
much more often compared to the young adults, and they interpreted this as a reduced ability
to delete the no-longer relevant word inference (Hartman & Hasher, 1991; May & Hasher,
1998; May, Zacks, Hasher, & Multhaup, 1999; also see S. Kim, Hasher, & Zacks, 2007).
Studies of directed forgetting also suggest a deficit in older adults to delete irrelevant
information (R. T. Zacks, Radvansky, & Hasher, 1996). On each trial, participants were
shown individual words, and after several seconds were told to either remember (to-be-

remembered; TBR) or forget (to-be-forgotten; TBF) the word. At the end of the block, they
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were asked to recall the memory items. Relative to younger adults, older adults recalled more
of the TBF items (intrusions) when asked to recall only the TBR items, took longer to reject
the TBF items, and recalled more TBF relative to TBR items, suggesting a deficit in

removing irrelevant items from memory (R. T. Zacks et al., 1996).

Older adults show declines in WM span tasks that require the retention of sequentially
presented items over a short period of time. Hasher and colleagues suggested the reason why
older adults seem to have a low span compared to young adults is due to a problem of
proactive inference — a deficit in removing items from previously tested lists from memory.
When administrating span tests, participants are normally asked to recall lists of words,
letters, or digits with list lengths of two up to six items, in ascending order of item length.
Therefore, when participants first encode items with short lengths, they may retain those
items in WM (over minutes), and when they are then tested on long item lists, older adults
perform poorly because they are unable to delete items that were presented on previous list
from WM. Indeed, they found that when they reversed the test order by administering the
long lists first, older adults performed as well as young adults (May et al., 1999). This was
replicated in two studies that tested spatial span (WM for spatial locations using a modified
Corsi-block task), and also showed that deficits were greater when items were more similar
across separate trials (Rowe et al., 2008, 2010). These results suggest that these tasks are
influenced by proactive interference (Kane & Engle, 2000; Lustig, May, & Hasher, 2001),
and the ability to ‘delete’ irrelevant items from memory is important when assessing WM

capacity (Hasher et al., 2007).

Finally, the ‘restraint’ function of inhibition enables individuals to control strong responses,

and is what other researchers have called ‘inhibition’ (e.g. Miyake et al., 2000). Older adults

show deficits in tasks that require inhibitory control, or ‘restraint’. In the Stroop colour-
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naming task, participants have to name the colour of a word stimulus, but ignore the word
itself. On the difficult, incongruent trials, the word spells out the name of a colour different to
the word’s actual colour (e.g. ‘Green’ printed with blue ink). Older adults show greater
deficits on incongruent trials compared to younger adults (Cohn, Dustman, & Bradford,
1984; Comalli, Wapner, & Werner, 1962; Houx, Jolles, & Vreeling, 1993; Spieler, Balota, &
Faust, 1996; West & Alain, 2000). They also show deficits in other measures of ‘restraint’
including performance on stop-signal tasks (May & Hasher, 1998), and anti-saccade tasks

(Butler, Zacks, & Henderson, 1999).

Overall, Hasher and colleagues have provided a variety of behavioural evidence that functions
related to the inhibition of irrelevant information decline with age, and these deficits seem to

have consequences for measures of both WM and longer-term memory.

1.3. Age-related change in brain structure

In this section, I will describe the age-related changes in brain structure reported in post-
mortem and in vivo structural imaging studies. Age-related declines seem to be most
prominent in the PFC, which is highly implicated in WM and executive control, and will be
important when discussing the PFC hypothesis of ageing (see section 1.4.1. Prefrontal cortex

function theory of ageing).

1.3.1. Post-mortem studies of age-related changes in brain structure

Post-mortem studies of the human brain have found reductions in brain volume in old age,
with an estimate of 6% change in gross brain volume from young age to the seventh decade of
life (Haug & Eggers, 1991). Age-related changes in brain volume were found to be
heterogeneous across brain regions, with the sharpest declines in the PFC (~10-17%) and the

corpus striatum (~8%), with lower declines in the temporal, parietal and occipital lobes (~1%)
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(Haug & Eggers, 1991; Haug et al., 1983). Reductions in brain volume have been mainly
attributed to a reduction in neuron size, synaptic density, and dendritic regression (Haug,
1985; Uylings, West, Coleman, de Brabander, & Flood, 2000), as well as loss of intralaminar
myelin (Courchesne et al., 2000), loss of dendritic arborisation (Jacobs, Driscoll, & Schall,
1997), and, to a lesser extent, cell death (Haug & Eggers, 1991). Cell shrinkage in the PFC
begins earlier and is greater than other cortical areas. From the fifth to seventh decade of life,
extra-pyramidal cells in the PFC were found to have shrunk by approximately 22%, in
contrast to 6% in the parietal cortex, 3% in the orbital prefrontal cortex, and 9% in the
primary visual cortex. After the age of 65, cell shrinkage becomes apparent in all brain
regions, but still the greater in the PFC (~43%) compared to the parietal (~11%), orbital
prefrontal (~25%), and primary visual cortex (~13%) (Haug & Eggers, 1991). Studies of aged
monkeys also show similar PFC declines with age (Bachevalier et al., 1991; Peters, Leahu,
Moss, & McNally, 1994; Struble, Price, Cork, & Price, 1985), showing dendritic
degeneration in upper layers of the PFC and degeneration of myelinated axons in deep

cortical layers and in the white matter in old rhesus monkeys (Peters et al., 1994).

1.3.2. In vivo studies of age-related changes in the human brain

In vivo studies of structural changes in the human brain using magnetic resonance imaging
(MRI) have found similar decreases in brain volume with age (e.g. Courchesne et al., 2000;
Pfefferbaum et al., 1994; Raz et al., 1997; Tisserand, Visser, Van Boxtel, & Jolles, 2000).
Grey matter volume reductions begin from late-teenage years, which start to reach a stable
level around the sixth decade of life (Bartzokis et al., 2001; Courchesne et al., 2000;
Pfefferbaum et al., 1994; Raz et al., 2005; Sullivan, Rosenbloom, Serventi, & Pfefferbaum,
2004). In contrast, white matter changes follow an inverted-U shape, with increases into
middle age and a slow decline into old age (Bartzokis et al., 2001; Courchesne et al., 2000;

Pfefferbaum et al., 1994; Raz et al., 2005; Sullivan, Rosenbloom, Serventi, & Pfefferbaum,
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2004). These age-related changes of grey and white matter are consistent with post-mortem
studies in the human brain (A. K. Miller, Alston, & Corsellis, 1980). Changes in white
matter integrity are greater in anterior regions (Head, 2004; Pfefferbaum & Sullivan, 2005),
which could be due to the greater susceptibility for myelinated fibers in these regions to break
down (Bartzokis, 2004). The lateral PFC seems to be the region that shows the greatest
decline in healthy ageing (Bartzokis et al., 2001; Good et al., 2001; Jernigan et al., 2001),
consistent with findings from post-mortem studies. In more recent studies that used both
cross-sectional and longitudinal measures, the PFC and the hippocampi were the regions that
most reliably and strongly shrank with age (Fjell et al., 2009; Raz et al., 2005; although see
Raz, Ghisletta, Rodrigue, Kennedy, & Lindenberger, 2010 for a shorter longitudinal study
reporting statistically reliable changes in the hippocampus in contrast to high between-

participant variability in changes in the lateral PFC).

Atrophy of the hippocampus and entorhinal cortex is a key feature of age-related disorders
such as dementia (Braak & Braak, 1991; Laakso et al., 1996), and studies have reported
reductions in similar structures in individuals with mild cognitive impairment (MCI)
(Devanand et al., 2007; Pennanen et al., 2004) . Some studies have found age-related decline
in these medial temporal lobe structures in healthy populations (e.g. Du et al., 2006;
Greenberg et al., 2008; Jernigan et al., 2001), although little to no decline has also been
reported in other studies (e.g. Brickman et al., 2008; Good et al., 2001; Sullivan, Marsh, &
Pfefferbaum, 2005). It seems that the degree of hippocampal and entorhinal cortex damage
depends on the degree of cognitive impairment and brain pathology, whereas the decreases in

PFC volume are more consistent with a general decline in normal ageing.

Overall, the general picture suggests that there is significant age-related decline in brain

volume in the PFC, which is generally consistent across post-mortem and MRI studies.

14



1.4. Theories and studies on age-related deficits in WM

1.4.1. Prefrontal cortex function theory of ageing

Prior to the widespread availability human neuroimaging, neuroscientists already
hypothesised the link between the PFC and the impairments in WM and executive function
in healthy ageing (Albert & Kaplin, 1980; Parkin & Walter, 1991, 1992). As touched on
above, brain volume of the PFC declines with age (Haug & Eggers, 1991; Raz et al., 2005),
which coincides with declines in WM capacity and WM-related control functions (Braver &
Barch, 2002; West, 1996). Older adults display impairments in neuropsychological tests of
purported ‘prefrontal’ or executive function (McDowd & Oseas-Kreger, 1991), showing
notable deficits in inhibitory control similar to patients with prefrontal lesions. Based on a
variety of behavioural evidence, researchers hypothesised that age-related changes in
cognition, from childhood to old age, could be interpreted by the changes in the efficiency of

inhibitory processes supported by the PFC (Dempster, 1991, 1992).

Early evidence that supported the PFC theory of ageing came from patients with prefrontal
lesions (e.g. Diamond, 1990a, 1990b; Duncan, Burgess, & Emslie, 1995; Harlow, 1868;
Luria, 1980; Stuss & Benson, 1987), who exhibited similar cognitive deficits to those
observed in elderly adults. For instance, prefrontal lesions led to disruptions of attention,
memory, and planning (Duncan et al., 1995; Luria, 1980; Stuss & Benson, 1987), as well as
tasks that involved a sequence of discrete steps (Luria, 1973). After suffering PFC damage,
these patients experience difficulties in maintaining items and tasks in WM for goal-oriented
behaviour. These patients also suffer from deficits in inhibitory control, experiencing great
difficulty in performing the Stroop colour-naming task and the Wisconsin Card Sorting Test
(WCST; Duncan, 1995), despite fully understanding the tasks and aware of their incorrect
responses (Stuss & Benson, 1987). It has been suggested that prefrontal damage impairs the

strength of associations that are active in WM, which leads to an impairment in the ability to
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determine the relevance of stimuli and actions to complete goals (Kimberg & Farah, 1993),
often termed goal neglect. These patients exhibit problems in perseveration — the tendency to
persist in repetitive behaviour even when inappropriate — and distractibility — the tendency to
respond to stimuli even when irrelevant to the task (Diamond, 1990b; Fuster, 1989; Knight

& Grabowecky, 1995; Luria, 1980; Stuss & Benson, 1987).

A large body of animal work has shown that the PFC is involved in the maintenance of
spatial information in WM, typically tested using delayed-response and saccade tasks (Fuster
& Alexander, 1971; Goldman-Rakic, 1987, 1995). In a typical delayed-saccade task, a
monkey is presented with a brief cue at a particular location (e.g. a visual flash) to maintain
over a short delay, and the monkey is subsequently probed to move their eyes to the
memorised location for a juice reward. To perform this task, the animal must store a location
in mind over a short period without sensory input. Cells in the PFC (frontal eye fields; FEF)
preferentially respond to the memory location during maintenance period (Goldman-Rakic,
1987). Lesions to the FEF disrupt performance. Deficits of distractibility and perseveration
are reported, in which monkeys are more prone to act before the end of the delay, act on pre-
potent habits and perseverative behaviour, and respond to task-irrelevant distractors
(Goldman-Rakic, 1987, 1995). Consistent with a role specialized for WM in the dorsolateral
PFC (dIPFC), lesions to this area result in errors in memory tasks with delays of one to two
seconds, whereas hippocampal lesions produce errors at delays of ten seconds or more
(Diamond, 1990a). One study investigated the age-related changes in WM using the
delayed-saccade task in young and old monkeys, and found a decrease in the firing rates in the
FEF during the WM maintenance period in old monkeys, but no change in firing rate to a

sensory cue (Wang et al., 2011).
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Similar to patients and animals who experience prefrontal lesions, older adults exhibit goal
neglect (De Jong, 2001) and suffer from deficits in inhibitory control, as demonstrated in the
Stroop task (e.g. Cohn et al., 1984; Comalli et al., 1962; Houx et al., 1993; Spieler et al.,
1996; West & Alain, 2000) and WCST task (Stuss et al., 1982). They also suffer deficits in
WM as measured by span tasks (e.g. Lustig et al., 2001; Parkinson & Perey, 1980; Rowe et
al., 2008, 2010; Salthouse & Babcock, 1991), change-detection tasks (e.g. Jost, Bryck, Vogel,
& Mayr, 2011; Sander, Werkle-Bergner, & Lindenberger, 2011, 2012), and precision tasks
(Peich et al., 2013; see section 1.2.3. Age-related declines in working memory). The PFC
theory of ageing draws a parallel between behavioral deficits in prefrontal lesion patients and
normal elderly adults, and suggests that cognitive deficits, including those related to WM, are

attributable to declines in PFC function.

Early evidence for the PFC theory of ageing came from observing age-related deficits in
healthy older adults and linking this to observations from behavioural changes in patients
with PFC lesions. However, in vivo recordings of PFC activity in healthy older adults
performing cognitive tasks provide a more direct test of the hypothesis. Human neuroimaging
studies lent some support to these earlier views, showing that the PFC is involved WM
maintenance and control over WM representations (e.g. Nobre et al., 2004), and studies have
observed a reduction in task-related BOLD (blood-oxygen-level dependent) activity in the
PFC of older adults compared to young adults that accompanied impaired WM performance
(e.g. Nyberg et al., 2010; Rypma & D’Esposito, 2000). However, the picture has also become
more complicated, with other studies finding over-recruitment in older adults (discussed
below in section 1.4.3. Compensation and inefficiency of brain mechanisms in ageing).
Furthermore, different regions of the PFC are activated during different cognitive tasks, and
age-related differences are not necessarily localised to the same prefrontal areas across studies.

Given the heterogeneity of neuronal function in the PFC within and across areas (Duncan,
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2001; Fusi, Miller, & Rigotti, 2016; E. K. Miller & Cohen, 2001; Rushworth, Noonan,
Boorman, Walton, & Behrens, 2011), any theory that claims age-related deficits in healthy
ageing are due to ‘general’ declines in PFC function is likely to be 700 general. Age-related
declines linked with different aspects of ‘prefrontal’ or executive function are likely to be
linked to the degree of decline in the neuronal function in specific PFC areas, and also
structural and functional connectivity linking the PFC with different areas for effective
cognition. For instance, declines in spatial WM might be related to changes in FEF function
(Goldman-Rakic, 1987; Wang et al., 2011), declines in feature-based selection may be due to
changes in inferior frontal regions (Baldauf & Desimone, 2014; Bichot, Heard, DeGennaro,
& Desimone, 2015), whereas impairments in inhibitory control might relate to changes in the
right inferior frontal gyrus (IFG) (Aron & Poldrack, 2006). Some early theories acknowledge
this (e.g. Braver & Barch, 2002; West, 1996), and the vagueness in these theories are
presumably due to the limited data on the specific regions within the PFC that correspond to
age-related behavioural impairments. In the following sections, I will describe several theories
and empirical investigations that discuss the key processes that might underlie the age-related

deficits in WM, drawing from evidence in behavioural and neuroimaging studies of cognitive

ageing.

1.4.2. Inhibitory deficit in ageing: neural evidence

A number of researchers have proposed that age-related deficits in WM can be attributed to
declines the ability to inhibit irrelevant information, and avoiding this from interfering with
task-relevant information (e.g. Hasher et al., 1999; Hasher & Zacks, 1988; R. T. Zacks,
Hasher, & Li, 2000). In the section above, I described the view that age-related declines in
cognition can be attributed to declines in purported ‘prefrontal’ or executive functions. These
researchers acknowledge that inhibitory control declines with age, but do not claim that it is

the key process that underlies the age-related declines in WM (e.g. Braver & Barch, 2002;
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West, 1996). In a previous section (1.2.4. Declines in inhibitory control for working
memory), I described a behavioural account that proposed age-related declines in inhibitory
control is the key factor that underlies age-related declines in WM abilities (Hasher et al.,
1999; Hasher & Zacks, 1988; R. T. Zacks et al., 2000). Experiments that have charted the
age-related changes in neural processes corresponding to cognitive control, such as inhibition,
may be able to lend support to these ideas. I will outline several lines of research that used
functional neuroimaging methods that examined the age-related changes in inhibitory

processes in order to test the inhibitory deficit hypothesis in ageing.

A number of studies measured brain activity using EEG in groups of younger and older
adults, and found changes in behavioural and neural markers of inhibitory control
corresponding to healthy ageing (Alain & Woods, 1999; Chao & Knight, 1997; West &
Alain, 2000). Chao and Knight (1997) measured event-related potentials (ERPs) in young
and older adults during an auditory delayed match-to-sample WM task with and without
distractors during the delay, and found that compared to the young group, older adults
exhibited greater early evoked responses over the primary auditory cortex, and smaller ERPs
in the prefrontal cortex during distractors. The larger ERPs related to the auditory stimuli
suggests that older adults were less able to filter out irrelevant stimuli, and the attenuated
frontal ERPs might correspond to a reduction in top-down control during the task. The
magnitude of the auditory responses was positively correlated with perseverative errors on the
WCST task, a putative measure of prefrontal function, suggesting the inability to suppress
distractors is a decline in general executive control functions ascribed to the PFC. In another
study, participants performed a visual task whilst irrelevant tones were played in the
background. The tones were ‘standard’ tones intermixed with rare ‘deviant’ tones, which are
less expected and generally evoke a greater sensory potential commonly known as the

mismatch negativity (MMN; Naitinen, Paavilainen, Rinne, & Alho, 2007). Older adults
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showed a reduction in the MMN, in part due to a greater evoked response in the expected
(standard) stimuli (Alain & Woods, 1999). The enhancement in the standard tones might be
related to a deficit in inhibiting the distractor tones, and the reduction in the MMN response
could be related to changes in auditory processing in general. As mentioned above, older
adults experience strong deficits in the Stroop colour-naming task. West and Alain (2000)
recorded ERPs whilst young and older adults performed a Stroop task. They found that older
adults performed worse than the young group, and showed that a decrease in the ERPs

related to inhibiting word information on the incongruent trials.

In a series of functional magnetic resonance imaging (fMRI) studies, Gazzaley and colleagues
have provided evidence that older adults have a specific deficit in the ability to inhibit
irrelevant information, and preserved ability to enhance relevant information during WM
encoding (Chadick, Zanto, & Gazzaley, 2014; Gazzaley, Cooney, Rissman, & D’Esposito,
2005; Zanto & Gazzaley, 2014). In a typical version of the task, participants are presented
with a sequence of face and house stimuli, and instructed to encode selectively either faces or
scenes in WM, ignoring stimuli from the other category. At the end of the trial, a test
stimulus from the relevant category appears and participants respond whether it was presented
in the encoding phase. They have also typically used a passive viewing baseline condition, in
which participants were presented with the face and scene stimuli exactly done in the selective
WM conditions, but in the absence of any task. To test for attentional enhancement effects,
they contrasted neural activity during WM encoding for an attended stimulus (e.g. face
stimuli when encoding faces) and compared the brain activity to the passive view conditions
for those stimuli (face stimuli in passive view conditions). To test for suppression effects, they
contrasted conditions where participants were ignoring stimuli during the WM encoding
phase (e.g. face stimuli when encoding houses) with the passive view conditions (face stimuli

in passive view conditions). Face stimuli are preferentially processed (elicit greater activity) in
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the fusiform gyri (FG; Allison et al., 1994; Kanwisher, McDermott, & Chun, 1997; Puce,
Allison, Gore, & McCarthy, 1995), whereas scene or house stimuli show preferential
processing in the parahippocampal gyri (PG; Epstein & Kanwisher, 1998). Furthermore,
since activity in these category-sensitive areas can be modulated by attention (O’Craven,
Downing, & Kanwisher, 1999; Wojciulik, Kanwisher, & Driver, 1998) they are commonly
chosen as regions of interest to test for attentional modulations in cognitive tasks (e.g.
Gazzaley, Cooney, McEvoy, Knight, & D’Esposito, 2005; Ranganath et al., 2004). In the
majority of the ageing studies by Gazzaley and colleagues, they concentrated on the
modulation of scene processing in the left PG since it has been shown to be the category-
sensitive area most reliably modulated by attention (Gazzaley, Cooney, McEvoy, et al., 2005).
In the studies that examined age-related changes of attentional modulation for WM
encoding, both younger and older adults exhibited attentional enhancement effects in the left
PG, but only the young group showed suppression effects. The degree of suppression in
sensory cortex was correlated with WM performance, suggesting selective suppression, or
top-down inhibitory control, was the key factor that determined good WM performance (e.g.
Chadick et al., 2014; Gazzaley, Cooney, Rissman, et al., 2005; also see Gazzaley et al.,
2008)). However, they did not report whether the degree of enhancement, which was
significant in older adults, showed any correspondence with performance. One might expect
both enhancement and suppressive effects during top-down control (Kastner & Ungerleider,

2000), both of which could be important for behaviour.

1.4.3. Inter-individual differences: what constitutes healthy cognitive ageing?

In contrast to cross-sectional studies comparing groups of younger and older adults, another
way to study cognitive ageing is to use an individual-differences approach. There are large
inter-individual differences within healthy elderly groups in behaviour (Botwinick, 1978,

Krauss, 1980; Welford, 1985), brain structure (e.g. Raz et al., 2010), and functional activity
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(Nyberg et al., 2012). Exploring the inter-individual differences in elderly adults could allow
us to discover behavioural and neural markers that correspond to healthy versus poor cognitive
ageing. In the next two sections, I will describe studies that have used an individual-

differences approach to understand healthy cognitive ageing.

1.4.4. Brain maintenance as healthy ageing

To study the individual differences of cognition in ageing, we might first ask: What
constitutes healthy cognitive ageing? Intuitively, if an elderly individual performs a task as
well as a young adult, then we would likely consider her to be very cognitively healthy. If an
elderly adult recruits the same neural mechanisms to a young adult whilst they are performing
the same task, then her brain may also be considered to show good cognitive health. Indeed,
some researchers have proposed that the ability to maintain a healthy cognitive brain is what
defines successful healthy cognitive ageing (e.g. Lindenberger, Burzynska, & Nagel, 2013;

Nyberg et al., 2012)

There are large inter-individual differences between elderly adults in the rate of cognitive
decline, with some individuals showing sharp declines and others who maintain their
cognitive faculties throughout much of old age (Falconer, 1965; Lindenberger et al., 2013;
Nolan & Blass, 1992; Nyberg et al., 2012). In light of these inter-individual differences,
researchers have proposed that there may exist general mechanisms of ‘protection’ against
age-related decline in cognition, such as cognitive and brain ‘reserve’ (Falconer, 1965; Nolan
& Blas, 1992). Brain reserve refers to the individual differences in the brain that allow
different individuals to cope better than others (Katzman et al., 1988; Satz et al., 1993; Stern,
2009), focussing on how healthy the brain is prior to cognitive decline (e.g. brain size,
neuronal count, synaptic density) rather than the degree of age-related brain pathology.

Cognitive reserve refers to individual differences in the way people approach tasks that allow
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individuals to outperform others (Stern, 2002, 2009). The approach puts the emphasis on
how the individual ‘reacts’ to age-related changes, such as the recruitment of compensatory
mechanisms. More recently, researchers have introduced the complementary idea that brain
maintenance, or the lack of brain pathology, is what constitutes successful memory ageing
(Lindenberger et al.,, 2013; Nyberg et al., 2012). They propose that differences in brain
maintenance — the conditions that promote the preservation of brain structure, function, and
neurochemistry — can explain the individual differences in the manifestation of brain changes
and pathology in ageing. The key prediction is that individuals that show less deterioration in
structural and functional brain properties will show better, or more preserved, cognitive

performance.

Various studies have lent support to the idea of brain maintenance. In a longitudinal study, 26
individuals (aged 55-69) were tested with an episodic long-term memory task and scanned
with structural and functional MRI in two sessions spaced over six years (Persson et al.,
2012). First, they found high inter-individual variability in the longitudinal changes in task-
related hippocampal activity. Individuals who showed a decline in memory performance
exhibited decreases in the task-related BOLD activity in the hippocampus, whereas those
with stable memory performance (no decline) showed no significant changes in hippocampal
activity. Nagel et al. (2009) tested younger and older adults using a spatial WM task and
showed that older adults, as a group, showed a reduction in changes of neural activity in
response to increasing WM load. In support of the brain-maintenance hypothesis, they found
that high performing older adults showed more similar activity to the younger adults in
response to greater WM loads compared to the low performing older adults. Using a verbal
WM task, Nagel et al. (2011) showed similar results where older adults recruited less neural
activity related to WM load. BOLD activity and functional connectivity between the left

dIPFC and left premotor cortex predicted performance irrespective of age, indicating that it is
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the integrity of the network that supports cognitive performance in old age, rather than other
mechanisms such as compensatory activity (e.g. Cabeza, 2002; Reuter-Lorenz & Cappell,
2008). Finally, Rieckmann et al. (2011) found that preserved relationships between D1
receptor binding (as measured using PET) in sensorimotor and frontal regions in elderly
adults corresponded to good performance comparable with younger adults in an interference

resolution task.

Supporting the idea that brain maintenance is key to successful cognitive ageing, researchers
have started studying “superagers” — elderly adults over 80 years of age who have unusually
high memory abilities (Gefen et al., 2014, 2015; Rogalski et al., 2013). These elderly adults
have greater cortical thickness in the anterior cingulate cortex (ACC) than younger elderly
adults (50-60 year olds), more von Economo neurons? in the ACC, lower genetic risk for
Alzheimer’s disease (lower frequency of the €4 allele of apolipoprotein E), and lower densities
of age-related Alzheimer pathology (Gefen et al., 2015; Rogalski et al., 2013).. Not only do
these individuals exhibit superior behavioural performance, they also seem to maintain their
cognitive abilities over time. Superagers were tested on a battery of neuropsychological tasks
in two sessions and showed stable performance (no decline) in all the tasks over a period of 18

months (Gefen et al., 2014).

1.4.5. Compensation and inefficiency of brain mechanisms in ageing

In a series of studies from different labs, researchers have found marked differences in the
patterns of brain activity in elderly adults across different studies. Some find greater activity in
older adults compared to younger adults while others that find reduced activity, which

accompanies good performance in some cases and poor performance in others. Here, I will

2Von Economo neurons are large spindle neurons, which are prominent in the anterior paralimbic
areas including the ACC and insular cortex, and are specific to humans and phylogenetically advanced
species.
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review these studies, explore some of the reasons for the discrepant results among studies, and

describe a theoretical framework that attempts to explain these differences.

A substantial number of fMRI studies have reported greater BOLD activity in older adults
compared to young adults in response to cognitive tasks (e.g. Cabeza et al., 2004; Cabeza,
Anderson, Locantore, & Mclntosh, 2002; Dolcos, Rice, & Cabeza, 2002; Grady, Mclntosh,
& Craik, 2005; Madden, Spaniol, Bucur, & Whiting, 2007; Reuter-Lorenz et al., 2000).
These “over-activations”, often localised to areas in the PFC, have been associated with both
enhanced (Cabeza et al., 2004; Grady et al., 2005; Morcom, Li, & Rugg, 2007; Park et al.,
2003) and impaired (Daselaar, Fleck, Dobbins, Madden, & Cabeza, 2006; Madden et al.,
2007; Mitchell, Raye, Johnson, & Greene, 2006) behavioural performance. Accordingly,
these studies have interpreted age-associated enhancements in directly opposing ways. When
paired with good performance, over-activations are explained as compensatory mechanisms to
alleviate the declines in cognitive function when paired with good performance; when paired
with poor performance, over-activations are viewed as impairments in efficiency and
unnecessary recruitment of neural resources un-related to the task. Other researchers have
reported a more bilateral pattern of the PFC in older adults compared to young adults (e.g.
Cabeza et al., 2004; Park et al., 2003; Reuter-Lorenz et al., 2000), and proposed that older
adults recruit additional neural resources in the other hemisphere in order to compensate for
declines in cognitive control — a specific form of over-activation (Cabeza, 2002; hemispheric
asymmetry reduction in old adults; HAROLD). In contrast to reports of over-activations or
additional activations in older adults, other studies have found reduced PFC activity in older
adults during cognitive tasks (e.g. Nyberg et al., 2010; Park et al., 2004; Rypma &

D’Esposito, 2000).
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More recently, researchers proposed a new model of cognitive ageing that seems to lend a
better explanation to these inconsistent data (Reuter-Lorenz & Cappell, 2008; compensation-
related utilization of neural circuits hypothesis; CRUNCH). They proposed that older adults
show over-activation in the PFC to compensate for age-related cognitive declines, but also
suggest that they will show under-activation when they are unable to cope with the task
demands. For instance, when older adults perform as well as young adults at low difficulty
levels, they should show greater activity in the PFC compared to the young group, reflecting
more recruitment of cognitive control mechanisms to produce good task performance (e.g.
Madden et al., 2007). However, when task demands surpass the older adults’ cognitive
abilities, they will show attenuated PFC activity compared to the young adults along with
worse behavioural performance (e.g. Cappell, Gmeindl, & Reuter-Lorenz, 2010; Mattay et
al., 2006; Schneider-Garces et al., 2010). For instance, Mitchell et al. (2006) found impaired
source memory in older adults compared to younger adults, which corresponded to significant
recruitment of the left dIPFC activation in young but the older group. In contrast, Morcom et
al. (2007) equated source memory performance between age groups and found that young and
older adults recruited similar brain regions during the task. Furthermore, older adults showed
more widespread and stronger responses in the bilateral anterior PFC and parietal cortex
during memory retrieval. Cappell et al. (2010) tested younger and older adults using a verbal
WM task with different WM loads (4, 5 and, 7 letters, corresponding to low, medium, and
difficult conditions), and found that older adults performed as well as young adults for the
medium difficulty trials, which were accompanied by greater right PFC activity. In difficult
trials, they performed worse than younger adults and showed reduced activity in the PFC
(Cappell et al., 2010; see Mattay et al., 2006 and Schneider-Garces et al., 2010 for similar
results). These results are in line with the CRUNCH model, that older adults exhibit greater,
compensatory activation when they are able to cope with the cognitive task but show lower

activation when they show poor cognitive performance.
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How does this model explain reduced performance with over-activations? They do not
explicitly discuss this, but they might propose that these over-activations still correspond to
compensation by recruiting more brain resources, but performance levels were not sufficiently
high to match the younger adults’ performance. It seems that interpreting the pattern of
activation may not only depend on absolute performance, but also on how well the older
adults are coping in the task and the amount of effort exerted in comparison to the young
adults. For instance, if young adults find a task easy, whereas the older adults find it difficult
but just manageable, you might observe greater recruitment in control regions in older adults
(e.g. in visual-search tasks; Madden et al., 2007). However, if younger adults find a task
relatively difficult and older adults also find it difficult, you might find similar or weaker
activations in the older adults that are just coping, greater activations for those who do as well
as the young, and reduced activity for those who fail at performing the task. The exact
predictions may be difficult to test (given noise in relatively small samples), but some studies
have shown positive correlations between performance and PFC activity in older adults that

lend support this idea (e.g. Grady et al., 2005; Nagel et al., 2011).

1.5. Selective attention can support good WM performance

Researchers have often assumed that memory capacity is fixed, and that individuals are able to
store approximately 3-4 items in mind as measured by WM paradigms such as change-
detection tasks (e.g. Cowan, 2001; Luck & Vogel, 1997). This implies that the short-term
retention of information is a rigid process, which cannot be altered. Recent theoretical and
empirical work has implicated a key role for selective attention in determining the contents of
WM (e.g. Gazzaley & Nobre, 2012; Stokes & Nobre, 2012). In the following, I will outline a
body of work that has investigated how selective attention can modulate perceptual processing

and WM contents to support good behavioural performance, the neural mechanisms that
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underlie these processes, and research that has started to investigate changes in these

processes in healthy ageing.

1.5.1. Selective attention for perception and WM: Behaviour

If a friend directs your attention toward a hedge and tells you that there is a prankster there
about to surprise us, you will be a lot more prepared to react at his sudden appearance. That
is, if you attend to a location where an event of interest will soon occur, you will likely detect
it and act much quicker compared to if you did not know where it would occur. Studies of
spatial attention have shown that if you present a predictive cue (a pre-cue) which informs
you of the location a target will most likely appear (valid cues), individuals are more likely to
detect the target or correctly discriminate its identity, compared to trials with no predictive
cues or if cues incorrectly directed your attention away from the target (invalid cues) (Posner,
1978, 1980). These cues tell you where the target will most likely occur (usually with 80% or
75% validity; otherwise appear at another location), either by showing you the upcoming
target location with a dot, an arrow pointing at the location, or even a symbolic cue that
participants learn before hand (e.g. pink square means target will appear on the left, green
square means on the right). Much of the behavioural research in attention has been based on
this paradigm, which is commonly known as the Posner cueing task (Posner & Petersen,
1990). Studies have also used this elegant yet simple design to interrogate the neural
mechanisms of attention in the human brain (e.g. Corbetta, Miezin, Shulman, & Petersen,

1993; Corbetta & Shulman, 2002; Gitelman et al., 1999; Nobre et al., 1997).

Researchers adapted the Posner cueing paradigm to WM tasks in order to test whether
individuals can use attention to selectively encode items from particular locations or features.
Griffin and Nobre (2003) used a change-detection task with spatial cues to test the ability to

use top-down selective attention to enhance WM performance (see figure 1.1). On each trial,
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they presented participants with an array of four coloured X’s, which they had to retain in
WM for approximately 2-3 seconds until the end of the trial. In the pre-cue condition, they
were presented with a spatial pre-cue which pointed to the location of one of the items that
will most likely (80% validity) be tested on at the end of the trial, so that it was possible to
focus more on that item during encoding. Shortly following the cue, the stimulus array
appears, and after another delay, a single test stimulus appears at the end of the trial and
participants judge whether this item was presented in the encoding array (Experiment 1), or
whether the item was present in the cued location (Experiment 2 and 3). In the retro-cue
condition, participants were first presented with the stimulus array, and following a short
delay, a spatial retro-cue appeared which informed them of the item that will most likely be
tested at the end of the trial, before the test stimulus appeared. Finally, in the neutral-cue
condition, participants had no predictive cues and therefore had to retain all items in memory.
In both pre-cue and retro-cues trials, participants showed higher performance on trials with
valid cues, slightly poorer accuracy with neutral cues, and even worse performance with
invalid cues. These results showed that individuals can use pre-cues to selectively enhance the
relevant target in the upcoming array for WM encoding, and use retro-cues to orient
attention within WM to enhance the target item and attenuate the representation of the non-
target items in memory (also see Landman, Spekreijse, & Lamme, 2003 who provided a
similar demonstration of the retro-cue effect in a parallel set of studies). A number of
subsequent studies have reliably shown these behavioural enhancements for WM performance
using pre-cues and retro-cues (e.g. Lepsien, Griffin, Devlin, & Nobre, 2005; Lepsien,
Thornton, & Nobre, 2011; Lepsien & Nobre, 2007; A.M. Murray, Nobre, Clark, Cravo, &
Stokes, 2013; A.M. Murray, Nobre, & Stokes, 2011; Myers, Walther, Wallis, Stokes, &
Nobre, 2015; Nobre et al., 2004; Nobre, Griffin, & Rao, 2007; Rerko & Oberauer, 2013;
Rerko, Souza, & Oberauer, 2014; Sligte, Scholte, & Lamme, 2008; Wallis, Stokes, Cousijn,

Woolrich, & Nobre, 2015; Williams, Hong, Kang, Carlisle, & Woodman, 2013; also see
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section 1.5.2. Neural mechanisms of spatial attention below for the brain mechanisms related

to prospective and retrospective attention in WM).
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Figure 1.1. Task schematic for a set of conditions from Griffin and Nobre (2003). In the pre-cue
condition (top row), a spatially informative cue (80% wvalid) was presented prior to the stimulus
array. In retro-cue trials, the spatially informative cue (80% wvalid) was presented after the stimulus
array. The neutral cue trials, there were no spatially informative cues. At the end of the trial, a probe
stimulus appeared at the centre of the screen and participants made a judgement as to whether this
stimulus was present in the stimulus array. In a second experiment, the test stimulus appeared at one
of the quadrants and participants had to judge whether the stimulus was present at this location. In a
third experiment, there were only imperative pre-cues and retro-cues, the test stimulus was presented

at the centre of the screen, and participants had to judge whether this stimulus was presented at the
cued location. Adapted from Griffin and Nobre (2003).

1.5.2. Neural mechanisms of spatial attention

With the increased availability of functional neuroimaging tools, there is now a plethora of
human neuroimaging studies on ‘attention’. I will briefly outline some of the key studies from
human neuroimaging and monkey electrophysiology to give an outline of the neural

mechanisms involved in selective attention and its role during selection for WM.

Early studies using positron emission tomography (PET) and fMRI investigated the neural

mechanisms of attention in humans using the Posner cueing paradigm (e.g. Corbetta et al.,

1993; Corbetta & Shulman, 2002; Gitelman et al., 1999; Nobre et al., 1997), and found
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robust recruitment of areas in the frontal and parietal cortices in response to spatial attention.
These areas included the dIPFC and dorsal premotor cortex (areas 46 and 6, including the
frontal eye fields; FEF), middle frontal gyrus (MFG), supplementary eye field (SEF)
extending into the ACC, superior parietal lobule (SPL) and inferior parietal cortex (including
the intraparietal sulcus; IPS), and sometimes the inferior frontal cortex (IFC) including the
frontal operculum (fO) and anterior insula cortex. These have been referred to as the fronto-
parietal and cingulo-opercular networks (Dosenbach, Fair, Cohen, Schlaggar, & Petersen,
2008; Petersen & Posner, 2012). In these tasks, participants typically maintained fixation on a
central fixation point and covertly oriented their attention (without eye movements)
according to a predictive or instructive cue to a peripheral target location on the left or right
of the visual hemifield to detect or discriminate a visual target. Regions of the fronto-parietal
network are central to the spatial attention system. Lesions to regions in the network such as
the parietal cortex can result in visual extinction or neglect syndrome (with deficits more likely
with lesions in the right parietal lobe) in which patients show deficits in the ability to attend
to one side of space (Bisiach & Vallar, 1988; Heilman & Van Den Abell, 1980; Kinsbourne,
1977; Rafal, 1994). Lesions to the IFC also can produce neglect (Husain & Kennard, 1996;
Mannan et al., 2005). Animal studies have also shown that the dIPFC, FEF, and the lateral
intraparietal area (LIP; monkey homologue of human IPS) play key roles in spatial attention
and WM (e.g. Buschman & Miller, 2007; Chafee & Goldman-Rakic, 1998, 2000;
Constantinidis & Steinmetz, 1996; Fuster & Alexander, 1971; Goldman-Rakic, 1987; E. K.

Miller, Erickson, & Desimone, 1996).

Attention can also influence neural processing in sensory cortex. fMRI studies have shown
that attention to spatial locations can modulate neural processing in visual cortex in a
retinotopic fashion, showing increases in BOLD activity in the attended and decreases in the

unattended areas (e.g. Heinze et al,, 1994; Kastner, Pinsk, De Weerd, Desimone, &
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Ungerleider, 1999; Martinez et al, 1999; Vandenberghe et al, 1997).
Electroencephalography (EEG) and magnetoencephalography (MEG) studies have shown
similar modulations in visual cortex at a finer timescale (Griffin & Nobre, 2003; Heinze et al.,
1994; Hillyard & Anllo-Vento, 1998; Kuo, Rao, Lepsien, & Nobre, 2009; Kuo, Stokes, &
Nobre, 2012; Mangun, 1995; Myers et al., 2015; Poch, Campo, & Barnes, 2014; Wallis et
al., 2015). Activations in the fronto-parietal network during selective attention are commonly
interpreted as control sources, which modulate activity in the sensory regions for biasing
perception (Corbetta & Shulman, 2002; Desimone & Duncan, 1995; Kastner & Ungerleider,

2000).

Alpha oscillations (8-14 Hz) found in occipital and parietal cortices measured by EEG and
MEG have been implicated in visual attention (e.g. Jensen, Bonnefond, & VanRullen, 2012;
Kelly, Gomez-Ramirez, & Foxe, 2009; Klimesch, 2012; Rihs, Michel, & Thut, 2007; Thut,
Nietzel, Brandt, & Pascual-Leone, 2006; Worden, Foxe, Wang, & Simpson, 2000). The
alpha oscillation was the first oscillatory brain signal detected in humans using EEG (Berger,
1929). Since the amplitude of alpha oscillations was found to be greater when individuals
were at rest or when they closed their eyes, and was strongly attenuated when they were
awake and with their eyes open, it was considered the ‘idling’ rhythm — a neural signature of
the brain at rest. More recently, this oscillatory rhythm has been observed in cognitive tasks
and in particular has been linked with attention mechanisms (Jensen et al., 2012; Klimesch,
2012). When participants covertly attend to the one side of visual space (e.g. left) in a Posner
cueing paradigm, the contralateral (right) visual cortex exhibits a decrease of alpha power
relative to the ipsilateral (left) visual cortex, reflecting a spatially-specific modulation of
cortical activity in the visual cortex (e.g. Gould, Rushworth, & Nobre, 2011; Kelly et al.,
2009; Rihs et al., 2007; Thut et al., 2006; Worden et al., 2000). Alpha power decreases also

scale with the number of items in WM (e.g. Fukuda, Mance, & Vogel, 2015; Jensen,
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Gelfand, Kounios, & Lisman, 2002). Top-down increases of alpha power, and adjustments in
alpha phase, have been proposed to block out distraction if the timing of the distractor is
predictable (Bonnefond & Jensen, 2012, 2013). These studies support the idea that alpha
oscillations may play an active role in the inhibition of irrelevant information or attention to
target locations, which challenges the traditional idea that alpha is the ‘idling’ rhythm (Jensen

et al., 2012).

Findings from human studies are supported by animal work, which has shown robust
modulations in neuronal activity by spatial attention in many visual areas, including strong
effects in higher-order areas such V4 (Connor, Gallant, Preddie, & Van Essen, 1996;
Connor, Preddie, Gallant, & Van Essen, 1997; Haenny, Maunsell, & Schiller, 1988; Luck,
Chelazzi, Hillyard, & Desimone, 1997; McAdams & Maunsell, 1999; Moran & Desimone,
1985; Motter, 1993; Reynolds, Chelazzi, & Desimone, 1999; Spitzer, Desimone, & Moran,
1988), but also in earlier visual regions including V1 (Motter, 1993; Roelfsema, Lamme, &

Spekreijse, 1998) and V2 (Luck et al., 1997; Motter, 1993).

1.5.3. Neural mechanisms of feature-based attention

Selective attention to features or objects also recruits activity in the fronto-parietal and
cingulo-opercular networks (e.g. E.J. Anderson et al., 2007; Bichot et al., 2015; K. K. Kim,
Eliassen, Lee, & Kang, 2012; Vallesi, 2014; Weidner, Krummenacher, Reimann, Miiller, &
Fink, 2009; also see section 1.5.4. Neural mechanisms of spatial and feature-based attention
tor WM: Control mechanisms). In visual-search tasks, participants are given a template (item
or stimulus feature) to keep in mind, and to search for a target item based on the template
feature within an array of items. Such tasks involve both spatial and feature-based attention.
Search is easy, or ‘efficient’, when the target is easily identifiable by virtue of salient

differences to the distractors, and adding more distractors to the search array does not
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increase RTs. Search is more difficult, or ‘inefficient, when the target and distractors are
similar or share stimulus features, and search time increases with the number of distractors
(Wolfe & Horowitz, 2004). Several visual-search studies have observed activations in the IFC
as well as the dIPFC and FEF (E.J. Anderson et al., 2007; K. K. Kim et al., 2012; Vallesi,
2014; Weidner et al., 2009). E.J. Anderson et al. (2007) found that the FEF was recruited for
both efficient and inefficient search, but only the IFG/MFG was activated for the inefficient
search trials. Similarly, Vallesi (2014) showed that visual search elicited activity in frontal and
parietal regions, but with most robust activation in the right IFG/MFG for difficult trials. K.
K. Kim et al. (2012) also found that inefficient search elicited more activity in the frontal and
parietal areas, including the IFC. Although visual search involves both spatial and feature-
based attention, there is emerging evidence that suggests areas in the IFC are important for
feature-based attention from animal electrophysiological studies (e.g. Bichot et al., 2015) and
WM studies that involved feature-based attention (see next section 1.5.4. Neural mechanisms

of spatial and feature-based attention for WM: Control mechanisms).

Although electrophysiological studies of feature-based attention in prefrontal and parietal
brain regions are relatively rare compared to those of spatial attention, several studies have
highlighted the importance of cells in the IFC and inferior prefrontal convexity of the PFC
for feature-based coding and attention (Baldauf & Desimone, 2014; Bichot et al., 2015;
Ninokura, Mushiake, & Tanji, 2004; Wilson, Scalaidhe, & Goldman-Rakic, 1993). Wilson
et al. (1993) found that the inferior convexity of the PFC coded for object features more than
spatial locations. Ninokura et al. (2004) used a WM task that required monkeys to remember
the temporal order of the objects. They found that cells in the more dorsal part of the lateral
PFC coded for the temporal order of the objects, whereas the more ventral part of the lateral
PFC coded for both the temporal order and the object features (colour/shape), suggesting a

role in the integration of features and temporal order. This results parallels the results of a set
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of studies in humans where they found that the IFC was involved in feature-based search, and
TMS to the IFC mainly disrupted the conjunction task rather than a task that required
attention to single features (Jackson, Morgan, Shapiro, Mohr, & Linden, 2011; Morgan,
Jackson, Van Koningsbruggen, Shapiro, & Linden, 2013). Bichot et al. (2015) found that
cells in the ventral prearcuate (VPA) in the inferior convexity work in concert with the FEF
during feature-based attention search. They found that during visual search for a particular
object, VPA cells responded to search cues and retained feature-selectivity during the trial,
and showed an earlier timecourse related to feature-selection compared to both the FEF and
IT cortex. Inactivation of the VPA impaired visual search performance and reduced feature-
related activity in the FEF, suggesting the VPA sends signals to the FEF during feature-
based visual search. Using MEG in humans, Baldauf and Desimone (2014) showed that the
IFG was involved in modulating activity face-sensitive FG during attention to faces and the
house-sensitive PG during attention to houses by inducing synchrony between areas in the
gamma band (60-90 Hz). They also showed, using DTI, that the FG and PG have strong

anatomical connections to areas in the IFC, including the IFG.

A large proportion of feature-based and object-based attention studies have focussed on the
modulatory effects in sensory areas that preferentially process particular features or objects. In
an early PET study, Corbetta and colleagues (Corbetta, Miezin, Dobmeyer, Shulman, &
Petersen, 1991) found that attention to colour (and shape), increased the neural response in
area V4, which preferentially responds to colour, whereas attention to speed led to greater
response in area M'T, which responds more to motion. More recent work has replicated these
effects in V4 during attention to colour and M'T during attention to motion (e.g. Beauchamp,
Cox, & DeYoe, 1997; Biichel et al., 1998; Clark et al., 1997; O’Craven et al., 1999). Selective
attention to faces, objects, and scenes also enhance the activity in sensory areas that

preferentially process these stimuli (e.g. Clark et al., 1997; Haxby et al., 1994; O’Craven et
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al., 1999; Wojciulik et al., 1998). For example, O’Craven et al. (1999) used a paradigm where
participants viewed a display with semitransparent superimposed faces and houses, and
showed that attention to faces elicited greater BOLD activity in the face-sensitive FG,
whereas attention to houses elicited greater activity in the house-sensitive PG. Moreover, at
certain time points in the experiment, the face or the house stimulus exhibited oscillatory
motion, and area MT exhibited greater activity only when the attended stimulus was moving.
Animal work has also shown that attention to stimulus features can modulate neuronal
activity in V4 and area MT (e.g. Bichot, Rossi, & Desimone, 2005; Chelazzi, Duncan,
Miller, & Desimone, 1998; McAdams & Maunsell, 2000; Treue & Martinez Trujillo, 1999)
as well as inferior temporal cortex (IT; Chelazzi et al., 1998; Chelazzi, Miller, Duncan, &

Desimone, 1993).

1.5.4. Neural mechanisms of spatial and feature-based attention for WM: Control
mechanisms

The neural mechanisms recruited during the maintenance of information in WM are closely
related to those of attention (Awh & Jonides, 2001). It is notable that many of the tasks that
aim to test for selective attention involve a component of WM. For instance, in the Posner
cueing task, participants have to retain a spatial location in memory as well as attend to the
location. In visual search tasks, individuals keep a search template in WM and try to search
for the target item guided by that template. In feature-based attention tasks, participants are
asked to keep some feature or object-type in mind, and then deploy attention to those items.
fMRI studies have shown similar patterns of brain activity in spatial attention and WM tasks
(e.g. Awh et al., 1999; Awh, Anllo-Vento, & Hillyard, 2000). Top-down attention has been
therefore been proposed to be tightly linked with WM, with some researchers suggesting that
the same neural mechanisms support both attention and WM function (Awh & Jonides,

2001; Postle, 2006).
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Top-down attention can modulate sensory representations in WM for guiding behaviour
(Gazzaley & Nobre, 2012; Stokes & Nobre, 2012). If individuals are given information on
which of the items in a memory array will most likely be relevant for behaviour, they can
prioritise and protect those items, whilst ignoring others that are less likely to be useful, and
even suppress distractors completely irrelevant to the task (e.g. Griffin & Nobre, 2003;
Landman et al., 2003; Nobre et al.,, 2004, 2007; Vogel & Machizawa, 2004; Vogel,
McCollough, & Machizawa, 2005). In several studies that tested the attentional control over
WM representations described above (section 1.5.1. Selective attention for perception and
WM: Behaviour), the experimenters also recorded brain activity in order to study the neural
mechanisms of prospective attention for WM encoding and retrospective attention for
orienting within WM (e.g. Griffin & Nobre, 2003; Nobre et al., 2004, 2007). Nobre et al.
(2004) used fMRI to explore the brain areas that were significant recruit for both pre-cues
and retro-cues during a WM task. They found large overlap in the activations for spatial
attention for WM encoding (pre-cues) and for orienting attention within WM (retro-cues) in
areas of the fronto-parietal network including the precentral sulcus/superior frontal sulcus,
supramarginal gyrus (SMG), superior parietal gyrus, superior parietal lobule (SPL), and the
precuneus. There were also activations that were greater in prospective versus retrospective
attention. Pre-cues elicited more activity in the posterior angular gyrus, whereas retro-cues
showed more activity in the IFG/anterior insular cortex, posterior inferior frontal sulcus
(IFS), middle frontal gyrus (MFG), superior frontal gyrus (SFG), the IPS, and the precuneus.
Lepsien et al. (2005) found similar results in a WM task with retro-cues with a number of
memory loads, showing robust recruitment of the IFC (including the fO/anterior insular),
ACC, and parietal cortex. Kuo et al. (2014) also found retro-cue related activations in areas in
the prefrontal cortex (fO/anterior insular, IFS, FEF, SFG, MFG, ACC) and the parietal

cortex (SPL, IPS, precuneus). They also showed retinotopically specific attentional
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modulation of sensory cortex (V4) and showed that activity in the IFS (but not the FEF or
posterior parietal cortex) was coupled with activity in V4. Although they found a strong
activation in the fO/anterior insular in response to retro-cues, they unfortunately did not
inspect whether this area was coupled with V4. In a meta-analysis of activations for pre-cues
and retro-cues, Wallis et al. (2015) reported that both pre-cues and retro-cues activate areas
in the fronto-parietal network, but retro-cues additionally recruit the cingulo-operular
networks (including the fO/anterior insular cortex in the IFC and dorsomedial PFC), similar
to the initial fMRI study (Nobre et al., 2004). Following up on the fMRI studies that
mapped attentional control regions, Wallis et al. (2015) used MEG to study the temporal
dynamics of attentional control in brain areas involved in prospective and retrospective spatial
attention. They found that the fronto-parietal network was recruited for both cue types, but
only the cingulo-opercular network was recruited more for retro-cues. Armed with high-
temporal resolution, they observed that after a retro-cue, participants initially engaged the
fronto-parietal network — reflecting spatial selection within WM — which was followed by the
activations in the cingulo-opercular network, which may play a role in selecting and extracting
the feature (orientation in this case) from memory to guide the subsequent action (Dosenbach
et al., 2008). It is interesting that the IFC, also involved in feature-based attention (E.J.
Anderson et al., 2007; Bichot et al., 2015; Zanto, Rubens, Bollinger, & Gazzaley, 2010;
Zanto, Rubens, Thangavel, & Gazzaley, 2011) is activated after a retro-cue. Indeed, spatial
retro-cues may involve both spatial orienting followed by feature extraction from that
location. The temporally later activation of the IFC (fO/anterior insular) in Wallis et al.’s
study (2015) could correspond to the selection and extraction of the stimulus feature from the

cued location in WM.

Several studies explored the neural mechanisms involved in orienting attention within WM

using face and scene stimuli (Lepsien & Nobre, 2007; Lepsien et al., 2011). On each trial,
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participants encoded sequentially presented faces or scenes, and were presented with a cue
indicating the object category that would most likely be probed at the end of the trial (‘F* or
‘S’). In both studies, they found attentional modulation in the face-sensitive FG during
attention to scene-sensitive PG during attention to scenes. They also found that retro-cues
elicited activity in the fronto-parietal network, the IFS, and fO/anterior insular cortex
(Lepsien et al., 2011). In two studies studying orienting attention within WM to faces,
houses, and body parts, the researchers found the retrospective cues elicited activity
specifically in the fO/anterior insular (Higo, Mars, Boorman, Buch, & Rushworth, 2011;
Nelissen, Stokes, Nobre, & Rushworth, 2013), and the BOLD activity in the fO was
selectively coupled with the relevant category-sensitive visual areas. Specifically, activity in the
tO was coupled with face-sensitive FG during retrospective attention to faces, coupled with
house-sensitive PG during attention to houses, and the body-sensitive extrastriate body area
(EBA) for attention to body parts (Higo et al., 2011). An additional behavioural experimental
with transcranial magnetic stimulation (TMS) to temporarily inactivate the left fO supported
a causal role of the fO in feature-based retrospective attention. Using the same behavioural
paradigm but examining the patterns of neural activity related to retrospective attention in
WM, Nelissen et al. (2013) found that activity in the fO was uniquely correlated with

changes in activation patterns in visual cortex.

Areas in the IFC are also involved in feature-based attention during WM encoding. In two
studies, Zanto et al. (2010, 2011) used a WM task with pre-cues that instructed participants
to attend to colour or motion of a stimulus of moving coloured dots (random dot
kinematogram), and showed activation in the right inferior frontal junction (IF]). They found
that BOLD activity in regions in the IFG were selectively coupled with the activity in
motion-sensitive M'T during attention to motion, and to colour-sensitive V4 when attending

to colour. They further substantiated the claim that the right IFG was involved in modulating
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the sensory areas for WM, by showing that TMS to this area impaired behavioural
performance and reduced the attentional-related modulation of ERPs related to motion and

colour processing in posterior areas (Zanto et al., 2011).

1.5.5. Neural mechanisms of spatial and feature-based attention for WM: Modulations on

feature and object-sensitive sensory cortex

Attention to particular features or objects can modulate activity in feature and object-sensitive
sensory cortex during WM tasks (e.g. Druzgal & D’Esposito, 2001; Gazzaley, Cooney,
McEvoy, et al., 2005; Postle, Druzgal, & D’Esposito, 2003; Ranganath, Cohen, et al., 2004;
Ranganath, DeGutis, & D’Esposito, 2004). In the preceding section, I already described
several studies reported attention-related increases in feature and object-sensitive cortex, and
that these effects were coupled with activity in the IFC (Baldauf & Desimone, 2014; Higo et
al., 2011; Kuo, Stokes, Murray, & Nobre, 2014; Lepsien et al., 2011; Nelissen et al., 2013;

Zanto et al., 2010, 2011).

More recently, researchers have investigated the oscillatory markers of selective attention for
WM using EEG and MEG. Similar to studies of selective attention in perceptual tasks,
directing spatial attention during WM tasks elicit lateralised signals in the alpha band,
showing a decrease of alpha power in visual and parietal cortex contralateral to the direction
of attention relative to an increase on the ipsilateral hemisphere. Alpha lateralisation has been
shown following pre-cues, where participants prepare to attend to the cued item in the
upcoming array, and following retro-cues, where participants orient their attention within
WM to prioritise the cued item (Myers et al., 2015; Poch et al., 2014; Wallis et al., 2015).
Spatial attention effects were specific to the cued location (quadrant of the screen) (Myers et
al., 2015; Wallis et al., 2015), similar to the results in fMRI (Kuo et al., 2014). These studies

show that individuals can use top-down attention to bias oscillatory activity in sensory cortex
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to modulate memory representations and facilitate behavioural performance.

1.5.6. Selective attention for perception and WM in ageing

WM capacity declines with age, which could be related to deficits in the ability to inhibit
irrelevant information (Hasher & Zacks, 1988). Since top-down attention can produce robust
enhancements in WM in young adults, could deficits in WM performance be mitigated with
the strategic deployment of selective attention? By strategically placing more weight on a
subset of items, this reduces the WM load burden, and enables the protection of only the

most relevant items in WM for behavioural performance.

A number of studies have shown that older adults can use pre-cues to improve visual
detection and discrimination performance (e.g. Greenwood, Parasuraman, & Haxby, 1993;
Nagamatsu, Carolan, Liu-Ambrose, & Handy, 2011; Nissen & Corkin, 1985; Ryan, Shen, &
Reingold, 2006; Tales, Muir, Bayer, & Snowden, 2002; Tellinghuisen, Zimba, & Robin,
1996). Nissen and Corkin (1985) tested younger and older adults using a visual detection task
with pre-cues, and found that both groups showed cueing benefits for valid compared to
neutral cues, and cueing costs for invalid cues compared to neutral cues. Interestingly, older
adults showed greater cueing benefits and costs, suggesting that they were more reliant on the
cues. Tales et al. (2002) tested younger and older adults as well as patients with Alzheimer’s
disease (AD) in detection and discrimination tasks with both endogenous and exogenous pre-
cues. Endogenous cues are pre-cues that predict of the target item location, so that they can
use top-down control to prepare for the target at that location (the cues as described above).
Exogenous cues are pre-cues that are not spatially predictive, but that capture automatic, or
reflexive spatial attention. Since they are not spatially predictive, participants should not use
top-down control to prepare for targets at any location, but the automatic capture of attention

would still improve performance at those locations and impair performance at the uncued
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locations. They found that younger and older adults showed similar cueing benefits with both
exogenous and endogenous cues, whereas the AD patients showed a greater validity effect
than the healthy younger and older adults for exogenous cues. In visual-search tasks with a
pre-cue that provided information about the target location, older adults showed slightly
impaired, but similar patterns of behavioural performance to young adults (Madden et al.,
2004; Whiting et al., 2005). The relative preservation of top-down control in visual search
corresponded to greater activity in the fronto-parietal network compared to younger adults
(Madden et al., 2007), suggesting a greater recruitment of control regions to support good

behavioural performance.

Older adults can use feature or object-based pre-cues to some extent to enhance the
processing of relevant information during WM encoding (Chadick et al., 2014; Gazzaley,
Cooney, Rissman, et al., 2005; Gazzaley et al., 2008). In these studies, older adults were able
to utilise cues (attend faces or attend scenes) to selectively encode items into WM, shown by
the greater activity in the category-sensitive regions in visual cortex during WM encoding
(relative to a passive view condition and ignoring the stimuli). Although these studies have
primarily investigated the effects of top-down control on the modulation of sensory areas, the
behavioural performance in older adults are usually quite high, and the degree of this
modulation is correlated with behavioural performance (Chadick et al., 2014; Gazzaley,

Cooney, Rissman, et al., 2005).

Studies are beginning to test whether the ability to use retro-cues to orient attention within
WM is impaired with ageing. Two studies have reported a deficit in spatial orienting within
WM (Duarte et al., 2013; Newsome et al., 2015) and one showed preserved feature-based
orienting within WM (Gilchrist, Duarte, & Verhaeghen, 2015). Duarte et al. (2013) tested

younger and older adults on a colour change-detection task with spatial retro-cues whilst they
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recorded EEG from the scalp. Participants were first presented with a pre-cue informing
participants to encode items on the left or right side of the screen, which was followed by an
array of eight coloured squares, four on the left and the other four on the right side of the
screen. After a short maintenance period, either a spatial retro-cue (100% valid) was presented
which pointed to the item that will be tested at the end of the trial, or no cue was presented.
At the end of the trial, a coloured square appeared at the centre of the screen and participants
judged whether the colour was presented in the attended side of the memory array. They
found that there was a retro-cue benefit for the younger adults in terms of hit rate but not for
older adults. Using EEG, they measured the contralateral delay activity (CDA) that has been
suggested to correspond to the number of items held in WM (Vogel & Machizawa, 2004). If
participants used the retro-cue to preferentially maintain the cued item over the other items,
the CDA should decrease, corresponding a reduced number of items retained in memory
(Kuo et al., 2012). They found that younger adults showed a reduction of the CDA after
retro-cues, whereas in older adults, the CDA started reducing even prior to the retro-cue.
This suggests that WM maintenance was already declining prior to the retro-cue, indicating
that older adults may not have benefitted from the cue due to a compromised representation
of the WM items by the presentation of the retro-cue. Newsome et al. (2015) found similar
behavioural evidence that older adults could not use a spatial retro-cue to improve WM
performance. In contrast to these studies, Gilchrist et al. (2015) found that older adults could
orient attention within WM to enhance performance with a feature retro-cue. Younger and
older adults were presented with arrays of coloured shapes, and after a short delay, a feature
retro-cue appeared, which informed participants of the feature (shape or colour) of the items
in WM that will be tested at the end of the trial. Both age groups showed accuracy benefits
from feature-based retro-cues compared with neutral cues. In Chapter 3, I present a study
with a large sample of older adults that examines the ability to orient spatial attention within

WM in healthy ageing using an individual-differences approach.
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1.5.7. Control mechanisms for WM function in healthy ageing

Age-related deficits in WM capacity are likely to stem from a variety of reasons, such as
problems with inhibiting task-irrelevant material, deficits in executive control, or simply the
ability to maintain task-relevant information over short periods of time. Researchers in the
psychology and cognitive neuroscience of ageing have used several approaches to study WM
deficits in old age. However, there are relatively few well-powered functional neuroimaging
studies with large numbers of older adults, and perhaps more surprisingly, very little work has
tested for the relative preservation or decline in attentional processes that could help support

good WM performance.

Some researchers have proposed that age-related declines in WM are related to deficits in the
suppression task-irrelevant information, based on several relatively low-powered functional
imaging studies. Gazzaley and colleagues suggested that WM deficits in older adults can be
attributed to an age-related decline in the ability to suppress task-irrelevant information,
indexed by a reduction in the suppression of neural responses in task-irrelevant sensory areas
(in fMRI). Importantly, there was a correlation between the degree of suppression and WM
performance. Although there was a difference in the suppression effects and age groups, and a
hint of a relationship between the neural suppression effects and certain measures of WM
performance (high-performing older adults versus low-performing older adults; Gazzaley,
Cooney, Rissman, et al.,, 2005), the sample sizes were relatively low (16 older adults in
Gazzaley, Cooney, Rissman, et al., 2005, and 20 older adults in Chadick et al., 2014).
Considering the noisy measurements from fMRI, plus the high inter-individual variability in
older adults, it is worth reconsidering the general question with larger sample sizes.
Furthermore, they used a region-of-interest approach to look only at the left PG for
attentional effects, which was somewhat justified from a previous study (Gazzaley, Cooney,

McEvoy, et al., 2005), possibly to compensate for their lack of statistical power due to a small
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sample size. In Chapter 2, I present an fMRI study with a large sample of older adults (70
participants) to test if older adults can use attention to selective encode stimuli into WM, and
if there are reliable attentional modulation effects in the PG and FG in both hemispheres, as
well as attentional-control networks. I also explore the relationship of attentional modulation
in these areas with WM performance (indexed by digit span). Finally, I explore other brain
areas that are functionally coupled with attentional modulation in these category-sensitive
sensory areas (since they are notoriously hard to detect with small samples), looking at the

influences from purported top-down control areas in the PFC.

Hasher and colleagues (Hasher & Zacks, 1988) suggest a related account by which WM
deficits in older adults are related to the inability to suppress irrelevant items in mind, such as
items presented in the recent past. However, these tasks do not specifically test whether top-
down attentional control can be utilised to support WM performance, such as explicit cues
that signify what items to strategically attend to or ignore. In Chapter 3, I present a WM
study with retro-cues to test whether older adults can orient attention within WM to select
the relevant item and ignore the irrelevant items for good WM performance, and chart the

neural dynamics of attentional orienting using MEG.

Few studies have systematically assessed whether older individuals can exert flexible control
over their WM capacity to enhance performance, and virtually none have used more sensitive
behavioural paradigms (designed specifically to test the cognitive ability; WM) and well-
powered neuroimaging studies. As described above, top-down attention can enhance WM
encoding and protect memories from interference in cognitive tasks. Top-down attentional
control may be relatively preserved in healthy ageing, suggesting that older adults might be
able to use cues to enhance task-relevant representations and inhibit irrelevant distracting

information to enhance WM performance. The degree of preservation of attentional control
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mechanisms that help mitigate deficits in WM might be an important factor that determines

the degree of healthy cognitive ageing.

In my thesis, I plan use well-powered functional neuroimaging and behavioural studies (large
sample sizes) to ascertain if older adults retain the attentional control mechanisms that
modulate sensory brain areas according to task demands and to support WM performance.
Utilising these large samples, which are relatively rare in the literature, I will also test the
inter-individual differences within elderly adults in order to find behavioural and neural

markers that correspond to healthy cognitive ageing.

1.6. Affective material draws attention and modulates WM performance

The ability to keep information in WM exhibits marked declines in ageing — but is this
always the case? In addition to attention-related prioritisation, stimulus content also affects
the way sensory information is processed. The ability to keep things in WM might therefore
depend on the stimulus features and personal relevance of the memory items. For example,
there might be a benefit in WM abilities for objects that are more ecologically valid and
motivationally salient for older adults. Interestingly, affective processing does not exhibit a
simple steady decline like other cognitive functions in ageing (Grady, 2008; Hedden &
Gabrieli, 2004; Mather, 2012). Elderly adults are relatively unimpaired at performing certain
tasks with emotional content (e.g. Calder et al., 2003; Keightley, Winocur, Burianova,
Hongwanishkul, & Grady, 2006; Mammarella, Borella, Carretti, Leonardi, & Fairfield,
2013; Mikels, Larkin, Reuter-Lorenz, & Cartensen, 2005; although see Ruffman, Henry,
Livingstone, & Phillips, 2008, for some deficits in emotional recognition) and selectively
attend to the emotional parts of their lives as much as, or even more than, younger adults
(Carstensen, Fung, & Charles, 2003). Could older adults have relatively preserved abilities for

the short-term maintenance of emotional information? And could the individual differences
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in the WM ability for different affective contents depend on cognitive health (general

cognitive function, non-emotional WM) or emotional health (mood) in ageing?

In the following, I will review studies that explored the effect of emotional content on

cognition in young adults and in healthy ageing, and motivate why it is interesting to study

WM for emotional content in elderly adults.

1.6.1. Affective material affects attention and WM

Stimuli with affective content can modulate attentional allocation and neural processing
(Compton, 2003; Vuilleumier, 2005; Vuilleumier & Driver, 2007; Yiend, 2010). They can
lead to benefits or costs in behaviour (E. Fox & Damjanovic, 2006; Holmes, Green, &
Vuilleumier, 2005; Lipp & Derakshan, 2005; Ohman, Flykt, & Esteves, 2001; Phelps, Ling,
& Carrasco, 2006; Pourtois, Grandjean, Sander, & Vuilleumier, 2004; Vuilleumier, Armony,
Driver, & Dolan, 2001), with effects varying according to traits related to anxiety (e.g.
Bradley, Mogg, Falla, & Hamilton, 1998; Bradley, Mogg, White, Groom, & de Bono, 1999;
E. Fox, Russo, Bowles, & Dutton, 2001; E. Fox, Russo, & Dutton, 2002; Mathews &
MacLeod, 2005; Yiend & Mathews, 2001) and depression (Bradley, Mogg, & Lee, 1997,
Donaldson, Lam, & Mathews, 2007; Gotlib, Krasnoperova, Neubauer Yue, & Joormann,
2004; Joormann & Gotlib, 2007; Leyman, De Raedt, Schacht, & Koster, 2007; Mogg,
Bradley, & Williams, 1995). Many studies have supported the idea that young adults tend to
preferentially process negative information over neutral or positive information across
cognitive domains, which could be linked to innate survival mechanisms (Rozin & Royzman,
2001; (Rozin & Royzman, 2001; also see Baumeister et al., 2001; Cacioppo & Berntson,
1994; Cacioppo et al., 1997, 1999). Indeed, it would be evolutionarily advantageous to be
alert when encountering a fear-inducing stimulus, such as a snake (Damasio & Carvalho,

2013; LeDoux, 2003; Pessoa & Adolphs, 2010; Phelps, 2006).
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In one study, Ohman, Flykt, et al. (2001) showed that young participants were faster at
finding a target (a discrepant image that did not belong to the category of the other items in
the display) when it was a fear-related compared to a non-fear-related target (in a display of
spiders, snakes, flowers or mushrooms). Spider and snake-phobic individuals further showed
a greater reaction-time benefit when the target belonged to the category of their own phobia.
Lipp and Derakshan (2005) conducted an attentional dot-probe task with pictures of spiders,
snakes, flowers and mushrooms to test attentional allocation to spatial locations with fear-
related stimuli. Participants partook in a standard attentional dot-probe task, in which they
were briefly shown two images on the left and right of the screen (e.g. snake on the left and
flower on the right), and were required to report the location of a dot ‘probe’ stimulus (left or
right) subsequently presented at one of the image locations. The idea is that a fear-related
stimulus will attract more attention than a neutral stimulus, and so a dot probe presented at
the location previously occupied by the fear-related stimulus (e.g. snake) should be processed
faster than a probe presented at the location of the neutral stimulus (e.g. flower). This
attentional facilitation or ‘bias’ for emotional stimuli is quantified by taking the reaction time
for the probe detection following a fearful stimulus (with a neutral stimulus on the other side)
minus the probe detection reaction time following a neutral stimulus (with a fear-related
stimulus on the other side). The authors found that all participants exhibited speeded reaction
times for probes that replaced pictures of spiders, but with an even greater facilitation in
spider-phobic individuals (although they did not find the same effect in snake-phobic
individuals). Others have similarly shown a facilitation of discriminating oriented bars or
gratings following presentations of negative stimuli, in the form of reaction-time benefits

(Pourtois et al., 2004) and increases in contrast sensitivity (Phelps et al., 2006).
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Finally, some studies have found that performance on WM tasks for negative (threatening
and fear-related) stimuli is enhanced in healthy young adults (e.g. Jackson, Linden, &
Raymond, 2014; Jackson, Wolf, Johnston, Raymond, & Linden, 2008; Jackson, Wu, Linden,
& Raymond, 2009; Mikels, Reuter-Lorenz, Beyer, & Fredrickson, 2008). For instance,
Jackson et al. (2009) tested WM capacity for maintaining facial identities in WM, in which
the emotional expressions were irrelevant to the task, and found that the number of angry
faces that could be remembered was greater than the number of happy or neutral face
identities. Overall, these studies indicate that emotional — in particular fear-related or
threatening — stimuli can attract attention and facilitate perceptual processing to prepare to

act upon or remember things identified to be behaviourally significant.

1.6.2. Affective processing in elderly adults

Older adults also show benefits in attention and memory tasks for emotional stimuli
(D’Argembeau & van der Linden, 2004; Hartley, Ravich, Stringer, & Wiley, 2013;
Mammarella et al., 2013; Mather & Knight, 2006; Mikels et al., 2005; Rosler et al., 2005).
For instance, threat detection seems to be unimpaired in older adults (Mather & Knight,
2006; Rosler et al., 2005). In one study, young and old adults were asked to detect a
discrepant emotional expression in a set of schematic faces (e.g. an angry face in an array of
neutral faces; Mather & Knight, 2006, using the paradigm in Ohman, Lundgyist, & Esteves,
2001). Both young and old adults were faster at detecting an angry face in an array of faces
with neutral expressions compared to detecting the non-threatening (sad, happy) emotional
expressions. Rosler et al. (2005) also found that both young and old participants attended to
emotional stimuli more than neutral stimuli, with slightly less sustained attention (looking
time) to negative stimuli in older adults. Furthermore, the amygdala — a brain structure
involved in processing emotional stimuli — has been reported to show relatively little structural

decline or changes in functional response to emotional information in old age (Good et al.,
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2001; Mather et al., 2004).

A few studies that have tested for WM abilities for affective content in healthy ageing have
found WM benefits for emotional stimuli. For example, Mammarella et al. (2013) found a
significant age-related deficit of WM for non-emotional words, but WM for emotional
words (positive and negative) was no different to that in young adults. D’Argembeau and van
der Linden (2004) found that older adults were impaired at recalling the identity of a set of
previously presented faces (after a five-minute delay), but showed equivalent performance to
younger adults for identifying the emotional expression (angry or happy) of a recalled face.
Hartley et al. (2013) found similar results using a change-detection task. They asked
participants to remember faces (one, two, or three) over a short delay period and judged
whether a face presented at the end of the trial matched one of the faces in the memory array
in emotional expression (experiment 1) or identity (experiment 2). Older adults performed as
well as young adults in remembering the emotional expression but were significantly worse at

the recalling the identity.

Interestingly, older adults exhibit a tendency to focus on positive over negative information
(Carstensen & Mikels, 2005; Charles, Mather, & Carstensen, 2003; Grady, Hongwanishkul,
Keightley, Lee, & Hasher, 2007; Mather & Carstensen, 2005; Mikels et al., 2005; Reed,
Chan, & Mikels, 2014). Researchers have proposed the idea that older adults exhibit a
general ‘positivity’ bias, preferentially attending to positive stimuli and recalling positive
memories (e.g. Carstensen & Mikels, 2005; Charles et al., 2003; Mather & Carstensen,
2005), whereas younger adults show a ‘negativity bias’ (e.g. Baumeister, Bratslavsky,
Finkenauer, & Vohs, 2001; Cacioppo & Berntson, 1994; Cacioppo, Gardner, & Berntson,

1997, 1999; Rozin & Royzman, 2001). The original idea, the socio-emotional selectivity
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theory, stated that since older adults have less concerns about the future and greater
appreciation for the fragility of life, they concentrate more on positive information and
emotional meaning in life (Carstensen et al., 2003). The evidence that supported this idea
initially came from observational methods and questionnaire measures. More recent work has
attempted to use behavioural measures from cognitive psychology to test if the theory applies

to more basic cognitive processes (Carstensen & Mikels, 2005; Mather & Carstensen, 2005).

In one study, Charles et al. (2003) found that older adults showed a reduction in the number
of negative images that were recalled in a memory task, suggesting a reduced negative bias but
not a positive bias for memory. In a dot-probe task, Mather and Carstensen (2003) found
that older adults exhibited a bias away from negative faces (when paired with a neutral face
distractor), whereas there was no significant attentional bias in the young adults. In one
experiment, older adults showed a bias toward positive faces (paired with a neutral face), but
this was not replicated in the second experiment. In both experiments, they asked participants
to perform a recognition memory task, in which they were presented with a series of faces and
were asked to judge whether they had seen them before in the dot-probe task. Old adults
showed better memory for happy faces relative to negative faces. This suggests a reduced
negative bias in attention but a positive bias for memory in older adults. Three studies have
suggested that older adults have a benefit for emotional content in WM, regardless of valence
(D’Argembeau & van der Linden, 2004; Hartley et al., 2013; Mammarella et al., 2013),
suggesting no valence-specific bias. Finally, one study found that older adults showed better
WM performance compared to young adults for positive images, and worse for negative
images (Mikels et al., 2005), suggesting that older adults have both a positive bias and a
reduced negative bias in WM. However, not all studies show results that support this theory
(Murphy & Isaacowitz, 2008). As mentioned above, both young and old showed comparable
reaction-time benefits to threat-related information (Mather & Knight, 2006; Rosler et al.,

2005), and benefits in WM for both positive and negative stimuli relative to neutral stimuli in
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older adults (Hartley et al., 2013; Mammarella et al., 2013).

1.6.3. Working memory for affective content in healthy ageing

The studies described suggest that WM for emotional content might be relatively preserved
in healthy ageing, and elderly adults may have a particular preference for positive information.
However, studies that investigate the changes in emotional processing, in particular for WM,
are scarce. Moreover the existing studies are inconclusive. Part of the reason for this might be
due the tasks used which give behavioural measures that might not be best suited for testing
for age differences. Most of the studies that examined differences in attention and WM in
younger and older adults use speeded reaction-time tasks, where behavioural measures are
usually limited to accuracy (e.g. proportion correct) and reaction times. For reasons of fatigue
and motor problems, these measures may not be ideal for an elderly population. Furthermore,
these behavioural measures may not be ideally suited for testing memory for emotional
information, since there is no straightforward way to characterise the degree to which
individuals remembered the emotional information (e.g. how negative did they perceive or

remember the stimulus?).

There are only a limited number of studies that have tested whether WM for emotional
content changes in old age, and the tasks available have not been designed to test these
questions and therefore are unsatisfactory in several respects (described above). To fill this gap
in the literature, I will develop a new experimental paradigm that is better suited for testing
age-related changes in emotional processing, and examine emotional processing in WM and
perception in healthy ageing. I will develop a task that can provide a sensitive measure of
behavioural accuracy for emotional WM and emotional perception, and test for age-related

changes of affective processing in healthy ageing. I aim to test whether older adults really
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show a benefit with maintaining emotional material in WM and if this benefit is specific to
positive or negative information. I also aim to test whether there is a positive bias in older
adults compared to younger adults, if there is a reduced negative bias, or if there is in fact no
change with age with maintaining affective material in WM. Finally, I will also test whether
inter-individual differences in affective processing in WM relate to mood traits measured by

self-report questionnaires.

1.6 Scope of the thesis

This thesis examines several aspects of WM function in healthy ageing, including the neural
mechanisms of top-down control that support WM function and the effect of emotional
content on WM performance. The introduction reviewed the relevant behavioural and
neuroscientific literature of WM, attention, the relationship between attention and WM, and
age-related changes in cognition, brain structure, and cognitive brain function. In Chapter 2,
I present an fMRI study that investigates the changes in attentional control for WM
encoding in healthy ageing, and examines the individual differences in brain activity that
corresponds to healthy cognitive ageing of attentional control. In Chapter 3, I present an
MEG study that explores the ability orient attention within WM using retro-cues in healthy
ageing, and examines the neural dynamics that correspond to healthy cognitive ageing of
flexible control over WM. In Chapter 4, I present a series of experiments showing the
development of a task to measures emotional WM and perceptual function. In Chapter 5, I
present an experiment with a large group of younger and older adults to test for the age-
related changes of WM for affective content in healthy ageing. Finally, in Chapter 6, 1
consider the findings from this thesis and discuss the broad implications of the results. I will
discuss the behavioural and neural mechanisms of WM that decline with age, and those that
show relative preservation in ageing that can be utilised to support declines in other cognitive

domains. I consider the advantages of large sample sizes and testing for inter-individual
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differences in behaviour in groups of elderly adults to discover behavioural and neural markers
that correspond to healthy cognitive ageing. Finally, I also discuss the shortcomings of the

work in this thesis and what future studies can do to improve the scientific investigation of

cognitive ageing.
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2. Top-down control for selective working memory in healthy ageing

Chapter Abstract

WM abilities exhibit significant decline as we age. Selective encoding of only the most
relevant items in the environment is advantageous for the maintenance of memory
representations, and such strategic deployment of attention could help enhance WM abilities
in older adults. In the current experiment, I studied a large sample of older adults (N = 70)
using a selective WM task to assess the neural mechanisms of selective attention for WM
encoding in ageing, and the individual differences in brain activity that correspond to healthy
ageing of WM function. Older adults showed significant attentional modulation of bilateral
category-sensitive visual areas during selective encoding of face and house stimuli into WM,
extending the results from previous studies. Activity in regions in the IFC was functionally
coupled with the task relevant category-sensitive visual areas during selective attention,
whereas areas in the default-mode network were coupled with the task irrelevant category-
sensitive visual areas, reflecting preserved functional brain networks that support selective
WM in healthy ageing. Finally, the older adults within this elderly cohort (old-old) recruited
a larger region of the IFC to modulate the task relevant category-sensitive visual areas, which,
paired with matched behavioural performance with the younger elderly adults (young-old),
suggests that the old-old adults recruited a larger region of the control regions for top-down
modulation of sensory cortex to support good cognitive behaviour.
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Introduction

WM is an important cognition function that enables us to store information over short
periods to guide purposeful behaviour (Baddeley & Hitch, 1974; Miyake & Shah, 1999).
Consequently, deficits in WM can lead to adverse effects for other cognitive domains, and
ultimately, to impairments in effective cognition in everyday life. The ability to hold items in
WM declines with normal ageing (Chen et al., 2003; Iachini, Iavarone, Senese, Ruotolo, &
Ruggiero, 2009; Park et al., 2002; Parkinson & Perey, 1980; Peich et al., 2013; Salthouse &
Babcock, 1991; Salthouse, 1992, 1994), which coincide with age-related changes in anatomy
and functional activity during WM tasks in the human brain (Braver & West, 2008; Hedden
& Gabrieli, 2004; Li, Lindenberger, & Frensch, 2000; Li & Lindenberger, 1999; Nyberg et
al., 2012; Raz et al., 2005; West, 1996). Notably, quality of life in old age is positively
associated with WM and executive functions (Davis et al., 2010; Harada et al., 2013). It is
therefore important to understand the neural mechanisms that are impaired or preserved in

healthy ageing, and whether top-down control can help reduce age-related deficits in WM.

A significant body of research has shown that WM can be improved by using top-down
attention to proactively guide selection of relevant items to be encoded in WM and avoid
distraction (e.g. Gazzaley & Nobre, 2012; Stokes & Nobre, 2012; Vogel & Machizawa, 2004;
Vogel et al., 2005). Various studies have suggested that healthy elderly adults experience
significant declines in their ability to use selective attention to guide the encoding of relevant
material and suppress irrelevant items for WM (e.g. Fabiani, Low, Wee, Sable, & Gratton,
2006; Gazzaley, Cooney, Rissman, et al., 2005; Jost et al., 2011; McNab et al., 2015; Peich et
al., 2013; Sander et al., 2011, 2012; Werkle-Bergner, Freunberger, Sander, Lindenberger, &
Klimesch, 2012; also see Hasher & Zacks 1988; Hasher et al., 1999), which are associated
with age-related changes in anatomy and neural activity in purported cognitive control

regions of the PFC (Braver & West, 2008; Chadick et al., 2014; Chao & Knight, 1997
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Nagel et al.,, 2011; Raz et al., 2005; Rypma & D’Esposito, 2000). Some researchers have
suggested that age-related declines in WM stem from a specific deficit in the ability to inhibit
irrelevant information (Chadick et al., 2014; Gazzaley, Cooney, Rissman, et al., 2005;
Gazzaley et al., 2008; Hasher et al., 1999; Hasher & Zacks, 1988), whereas the ability to use
attention to enhance sensory representations remains intact (Chadick et al., 2014; Gazzaley,
Cooney, Rissman, et al., 2005). However, these studies only concentrated on one brain area
(the left PG) and were relatively underpowered (16 in Gazzaley, Cooney, Rissman, et al.,
2005, 20 in Chadick et al., 2014). Some studies have found that older adults show relatively
preserved abilities in using selective attention to suppress distractors and enhance perception
(e.g. Nissen & Corkin, 1985; Tales et al., 2002), visual search (Madden et al., 2007, 2004;
Whiting et al., 2005), and WM (e.g. Gilchrist et al., 2015; see Chapter 3). In this respect, the
neural mechanisms that underlie preserved versus impaired WM functions in healthy ageing

are not entirely clear.

Studying individual differences in behavioural performance and neural activity during WM
tasks might provide hints for the mechanisms that are preserved in healthy ageing. Older
adults often show increased BOLD activity in the PFC compared to young adults during
successful cognition (Cappell et al., 2010; Grady et al., 2005; Grady, 2008; Madden et al.,
2007; Mattay et al., 2006), suggesting stronger recruitment of cognitive control mechanisms
to perform the same task. Notably, there are large inter-individual differences even within
elderly groups (Nyberg et al., 2012). Older adults who are less affected by the detrimental
effects of cognitive ageing sometimes show brain activity more similar to young adults (e.g.
Gazzaley, Cooney, Rissman, et al., 2005; Nagel et al., 2009), recruit compensatory
mechanisms such as enhanced neural activity in the PFC (Grady et al., 2005; Madden et al.,
2007), or display a more bilateral pattern of activation in the PFC (e.g. Cabeza, 2002; Dolcos

et al., 2002; Madden et al., 2004; Reuter-Lorenz et al., 2000), whereas those who suffer from
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age-related decline show reduced recruitment of purported control areas in the PFC (e.g.

Cappell et al., 2010; Mattay et al., 2006; Rypma & D’Esposito, 2000).

In the current study, I tested a large sample of elderly adults using a selective WM task to
study top-down control for the prioritisation of task-relevant information and filtering of
distractors for WM encoding in healthy ageing. Specifically, I aimed to test whether elderly
adults retained the ability to use top-down control to recruit cognitive control networks
shown in younger populations (Dosenbach et al., 2008; Petersen & Posner, 2012) to
modulate the relevant category-sensitive visual areas (bilateral FG and PG, opposed to only
the left PG in other studies), and to investigate age-related changes in these top-down
processes. I chose to recruit a large group of elderly adults in order to avoid the nuisance
variables that contribute to comparisons of different age groups (e.g., motivation, fatigue,
exposure to computer technology, etc.). Considering the high inter-individual variability in
cognitive abilities even within healthy elderly adults (Nyberg et al., 2012), I aimed to study a

large group of elderly adults to test for the mechanisms that relate to successful ageing.

I found that elderly adults were able to employ top-down control to enhance sensory
processing in category-sensitive visual areas, and the degree to which elderly individuals were
able to modulate these areas was positively correlated with general WM abilities indexed by
digit span. During selective WM encoding, elderly adults recruited cognitive control networks
qualitatively similar to those recruited by young adults during attention and WM tasks.
Furthermore, areas in the left IFC including the fO were functionally coupled with the
relevant category-sensitive visual, whereas areas in the default-mode network (DMN) were
coupled with the irrelevant category-sensitive visual areas. Finally, the coupling strength in

areas in the left IFC were positively correlated with age, suggesting that the older individuals
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within this elderly group may have recruited compensatory mechanisms in the IFC
specifically to modulate sensory cortex to support high WM performance.

Methods

Participants

Eighty-one healthy older adults (aged 60-87) were recruited from the community via local
media and public advertisements. Of these, 77 participants were able to complete the current
experiment. Two participants were not scanned due to claustrophobia, and a further five
participants were excluded from the analysis due to cortical abnormalities observed in their

T1-structural scans.

The remaining 70 participants (42 female) were 60-87 years old (mean 68.5 + 0.85 years), had
16.0 = 0.44 years of education. All participants were fluent in English, had normal or
corrected-to-normal vision and hearing, and scored >26 on the Mini-Mental State
Examination (MMSE, Folstein et al., 1975). None of the participants had any current
diagnosed psychiatric or neurological disorder, and none were taking psychoactive

medication.

Stimuli and Apparatus

The stimuli used in the task consisted of digital, colour photographs of faces and houses
standardized to 350 x 350 pixels. The face images were photographs of individuals of
different ages (including children, young, middle-aged and elderly adults) and different
ethnicities, and the photographs did not undergo any editing apart from resizing. Only faces
with neutral or positive expressions were selected. The house images were photographs of
houses with a range of styles and colours, which also did not undergo any editing apart from
resizing. The nature of the task did not require standardisation of the images, and I chose to

use images that were as natural and pleasant as possible to keep the elderly participants
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engaged with the task. All images were obtained via the Creative Commons licence on Flickr,
and a full list of photo references was made available to the participants. Seventy-two stimuli
were used in the main task (36 faces, 36 houses), and a separate set of 24 stimuli (12 faces, 12
houses) was used in the practice session. See figure 52.1 and S2.2 for a full set of the images

used in the main task and figure S2.3 for the images used in the practice task.

The task was programmed and run in Presentation® software (version 16.2,
www.neurobs.com). The task was presented using a computer display with a spatial resolution
of 1024 x 768 pixels and a refresh rate of 60 Hz, which was projected onto a screen in the
scanner room and reflected onto an angled mirror inside the scanner (horizontal length of 26°

in visual angle).

Task design

A selective WM task was used to test top-down control for WM encoding in healthy ageing.
In each block, participants were presented with an instruction cue followed by a sequence of
images consisting of faces and houses presented at the centre of the screen. According to the
instruction cue, they attended to either the face or house stimuli, and were required to make a
response whenever they saw an image presented a second time (stimulus repetition) in the
attended category. The repetition could happen at different times within the block and could

be preceded by intervening items of the other category (see below for details).

In each block, participants viewed a stream of face and house stimuli with reminder cues. At
the start of the block, instructions were presented on the screen (2000 ms) which indicated if
the upcoming block required attention to faces (on screen: “REPEATED FACES”) or to
houses (on screen: “REPEATED HOUSES”). Prior to each stimulus presentation, a
reminder cue (“F” or “H”) was presented at the centre of the screen (2000 ms) to ensure

participants were aware of the task block they were in, followed by the face or house stimulus
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(1000 ms). Each block consisted of a stream of ten trials of the reminder cue (“F” or “H”)
paired with a face/house stimulus. Participants monitored the sequential stream of visual
stimuli, and made a left mouse click when they detected a previously presented stimulus in the

attended category.

For each stimulus, its associated target (stimulus repeat) could be presented after one to three
intervening stimuli, or not shown at all. This was true for both the attended and ignored
stimulus categories, even though no response was required for a stimulus repeat in the ignored
category. Participants were not explicitly informed of these details. Intervening stimuli were

either face or house images with equal probability.

There were 18 trials each in the attend face, ignore face, attend house, and ignore house
conditions with novel stimuli (total of 72 trials), and 12 trials each in the attend face, ignore
face, attend house, and ignore house conditions with repeated stimuli (total of 48 trials),
giving a total of 120 trials. Stimuli presented in the attended blocks were never presented in
the ignore blocks (e.g. face stimuli in attend-face blocks were not presented in the ignore-face

blocks), and vice versa.

Experimental procedure

At the beginning of the session, the experimenter provided a demonstration of the task
accompanied with verbal instructions from a prewritten script. Participants proceeded to
perform the task in a practice session, which consisted of two attend-faces and two attend-
houses blocks. The experimenter provided verbal feedback on their performance. Once the
experimenter was satisfied that the participant understood the task, the participant entered

the scanner and proceeded with the task.
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For the main experiment, participants completed six attend-faces blocks and six attend-
houses blocks in alternating order. In each block, there were ten trials, followed by 14 seconds
(s) of rest, where participants maintained central fixation. Eye movements were not

monitored.

Bebavioural data analysis

To characterise behavioural performance on the task for each block type, I computed the hit
rate, false alarms, and inverse efficiency scores (IES) for each block condition. Hit rate was
computed as the number of responses when a target stimulus was presented (repeated
stimulus in the attended category) divided by the total number of target stimuli. False alarms
were the number of responses when the target stimulus was not present. Inverse efficiency

scores were computed by taking the mean correct reaction times divided by the hit rate.

Paired t-tests were used to test for differences between conditions, and Cohen’s d was used to
determine effect sizes (Cohen, 1988). Correlations were conducted by computing Spearman’s
rank correlation coefficients. Correlations with age were performed with years of education

and gender as covariates of no interest.

Statistical analyses for behavioural performance were performed using Matlab R2015a,
Matlab’s Statistics Toolbox, and R version 3.2.1 (R Core Team, 2015) using the afex package

(Singmann et al., 2015).

Neuropsychological Tests
Participants underwent an extensive neuropsychological battery and questionnaires separate to

the current experiment (for full list, see Appendix: Neuropsychological Tests and
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Questionnaires). Individual differences in the ability to filter task-irrelevant distractors and
enhance task-relevant items have been linked to WM capacity (e.g. Vogel & Machizawa,
2004). Therefore, the ability of enhance target categories (faces/houses) during selective WM
encoding was hypothesised to correlate with digit-span scores, a standard measure of WM
capacity. Since there are three scores, I used an aggregate score by computing the mean of the
forward, backward, and sequence digit span. I used Spearman’s rank correlations to test for an
association between digit span and neural measures. Age, years of education and gender were

considered as covariates of no interest.

Digit Span Forward

For the digit span forward task, the experimenter read out sequences of digits from the digit
span list at the rate of one digit per second. The participant repeated the sequence of numbers
in the same order vocalized by the experimenter to the best of their ability. After a sequence
was repeated correctly, the following sequence was increased by one digit. If the participant
made a mistake for two consecutive attempts, the following sequence length was decreased by
one digit. The final digit span was determined as the maximum length of the list which the

participant recalled five out of six correctly. Six lists per span condition were presented.

Digit Span Backward
The procedure for the digit span backward task was essentially identical to the forward span
task, but the participant had to repeat the sequence of numbers in reverse order, i.e. from the

number the experimenter vocalized last to the first in the sequence.

Digit Span Sequence
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The procedure for the digit span sequence was similar to the forward and backward span

tasks, but in this case, the participant had to vocalize the numbers in ascending order.

MRI acquisition

Structural and functional MRI data were acquired on a 3T Siemens TIM Trio System
(Siemens, Erlangen, Germany) at the Oxford Centre for Magnetic Resonance Imaging
(OCMR), using a 32-channel head coil. An EPI-BOLD contrast image with a total of 32
slices was acquired with 3 mm® voxel size, repetition time (TR) = 2000 milliseconds (ms), and
echo time (TE) = 30 ms. Flip angle was set to 78°. A fieldmap image was acquired to correct
for signal distortions and compensate for signal loss. Fieldmap parameters were as follows: 3.5
mm® voxel size, TR = 488 ms, first TE = 5.19 ms, second TE = 7.65 ms. A high-resolution
whole-brain T1-weighted structural image (MPRAGE) was acquired in each participant for
registration purposes, with resolution of 1 mm? voxel size, TE = 4.7 ms, and TR = 2040 ms.
For each participant, a resting-state scan and a different task scan were also acquired, which

do not form part of this investigation.

fMRI analyses
fMRI data processing was carried out using FEAT (FMRI Expert Analysis Tool) Version

6.00, part of FSL (FMRIB Software Library, Oxford Centre for Functional Magnetic Resonance
Imaging of  the Brain, Oxford University, Oxford, United Kingdom,

http://www.fmrib.ox.ac.uk/fsl). Pre-processing consisted of head-motion

correction (MCFLIRT; Jenkinson, Bannister, Brady, & Smith, 2002), brain extraction
(FSL’s Brain Extraction Tool; Smith, 2002), spatial smoothing using a Gaussian kernel of
FWHM (full width at half maximum) 8 mm, intensity normalisation, and high-pass temporal
filtering set at 275 s. Images were unwarped using B-O fieldmaps (Jenkinson, 2003,

2004). Functional data were registered to standard space using FSL’s Boundary-Based
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Registration (BBR) and non-linear registration tools (Andersson, Jenkinson, & Smith, 2007;

Greve & Fischl, 2009; Jenkinson et al., 2002; Jenkinson & Smith, 2001)

Time-series analysis was carried out using FMRIB’s Improved Linear Model (FILM) with
local autocorrelation correction (Woolrich, Ripley, Brady, & Smith, 2001). Data were
analysed using the general linear model. Ten explanatory variables (EVs) were used to model
the task events: Face Attend Novel (FA; Novel Face Stimulus in Attend-Faces Block), Face
Ignore Novel (FI; Novel Face Stimulus in Attend-Houses Block), House Attend Novel (HA;
Novel House Stimulus in Attend-Houses Block), House Ignore Novel (HI; Novel House
Stimulus in Attend-Faces Block), Face Attend Repeat (Repeated Face Stimulus in Attend-
Faces Block), Face Ignore Repeat (Repeated Face Stimulus in Attend-Houses Block), House
Attend Repeat (Repeated House Stimulus in Attend-Houses Block), House Ignore Repeat
(repeated House Stimulus in Attend-Faces Block), Instructions, Incorrect Trials.
‘Instructions’ modelled the initial instruction screen which informed participants of the
current block type. ‘Incorrect Trials’ included misses and false alarms. All ‘Repeat’ conditions
were not used in the task analyses to avoid artefacts and confounds related to motor responses
and potential motor responses. Time points affected by large head movements remaining
after motion correction were identified by FSL’s Motion Outliers tool, and were included in

the model as confound regressors.

Eight contrasts were used. To localise brain areas that preferentially processed face stimuli in
the bilateral fusiform gyri (FG), I tested for regions that evoked greater BOLD activity for
face stimuli compared house stimuli (FA & FI > HA & HI). To localise brain areas that
preferentially processed house stimuli in the parahippocampal gyri (PG), I tested for regions
that evoked greater activity for house stimuli compared face stimuli (HA & HI > FA & FI;
see Region-of-interest analyses section for details of the procedure). To test for areas that

showed attentional modulation for face stimuli, I contrasted Face Attend with Face Ignore
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(FA > FI). For house stimuli, I contrasted House Attend with House Ignore (HA > HI). I
also tested for areas that were more active in the Ignore conditions (FI > FA) and (HI > HA).
To test for the effect of selective attention for categories (irrespective of stimulus category), 1
contrasted attend-face blocks and attend-house blocks (FA & HI > HA & FI, HA & FI >

FA & HI).

Group-level analyses were carried out using FMRIB’s Local Analysis of Mixed Effects
(FLAME, Woolrich, Behrens, Beckmann, Jenkinson, & Smith, 2004). Z (Gaussianised T/F)
statistic images were thresholded using clusters with z > 2.3 and a corrected cluster
significance threshold of p = 0.05 (Worsley, 2001). To test for individual differences in
attentional modulation of neural activity that corresponded to WM and age, I included digit
span (aggregate measure) and age as regressors. Years of education and gender were included
as regressors of no interest. Grey matter images were extracted from each participant’s
structural scan (T1) using FAST (Y. Zhang, Brady, & Smith, 2001) and added to the model

as a covariate to account for voxel-wise differences in grey matter.

Region-of-interest analyses

In order to test for attentional modulation in category-sensitive areas, I first localised the face-
sensitive fusiform gyri (FG; Allison et al., 1994; Puce et al., 1995; Kanwisher et al., 1997) and
place-sensitive parahippocampal gyri (PG; Epstein & Kanwisher, 1998) in each participant.
To do this, I extracted the MNI coordinates of the peak BOLD signal (z-statistic at the
group-level; see figure S2.4) in the inferior temporal lobe from the faces versus houses
contrast and the houses versus faces contrast (one ROI in each hemisphere for each contrast,
giving a total of four ROIs). I created masks (17 mm® cubes) centred on the peak in each
region of interest in standard MINI space, which were then transformed into single-subject

space. There was no spatial overlap between the masks for the two regions of interest. Within
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each mask, I extracted the coordinates with the peak activity from each participant’s z-statistic
image for the relevant contrast using FSL’s Cluster function, which I defined as the individual

participants’ left and right FG and PG.

I constructed spherical masks (5 mm?®) centred on the single-participant defined FGs and
extracted the mean beta weights from each mask in the FA and FI conditions. Another pair
of spherical masks was constructed around the single-participant defined PGs and I extracted
the mean beta estimates from the mask in the HA and HI conditions. I compared the beta
values from the FG in the FA versus the FI conditions, and compared the beta values from
the PG in the HA versus the HI conditions using paired t-tests. To test if the degree of top-
down modulation in house-sensitive regions was different to face-sensitive regions, I
performed a repeated-measures ANOVA with factors Category (modulation in FG,
modulation in PG) and Hemisphere (left, right). Correlations of attentional modulation
(betas in the attend minus ignore conditions in each relevant bilateral ROI) with digit span
were tested using Spearman’s rank correlation coefficients, with age, education, and gender as
covariates of no interest. Spearman’s rank correlation was used to test the relationship
between attentional modulation and age, with education and gender as covariates of no
interest. Participants were excluded from individual analyses if the extracted BOLD activity
was greater than three standard deviations from the group mean in a given condition. This led
to exclusion of one participant in the left FG in the ignore faces condition, one participant in
the right PG in the attend houses condition, and one participant in the right FG in the

ignore houses condition. Results were equivalent after outlier exclusion.

Psychophysical interaction (PPI) analyses

To investigate the brain areas that were functionally coupled with category-sensitive visual

areas during feature-based attention, I performed psychophysical interaction analyses (Friston
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et al., 1997) . FSL was used to implement the PPI analyses using standard procedures

(O'Reilly, Woolrich, Behrens, Smith, & Johansen-Berg, 2012).

I tested for areas that showed greater coupling with the bilateral FG when encoding faces that
were attended versus ignored (FA > FI). I performed the same analysis for bilateral PG for

attended versus ignored house stimuli (HA > HI). I also tested for the areas that were more
coupled with the PG and FG for attend-face blocks versus attend-house blocks (FA & HI >

HA & FI, HA & FI > FA & HI).

For each PPI analysis, I used four regressors: 1) The contrast between the conditions (e.g. FA
— FI); 2) the timecourse from the seed ROI (e.g. bilateral FG); 3) the vector product of the
first two regressors, representing the PPI; and 4) Both conditions (e.g. FA + FI). The fourth
regressor was included to model the shared variance of the two regressors that would not be
modelled by the contrast itself. For each analysis, I also included all other task regressors apart
from the relevant conditions (in this case, FA and FI; see O'Reilly et al., 2012;

http://fsl.fmrib.ox.ac.uk/fsl/fslwiki/PPIFAQ).

Group-level analyses were performed as above, with age and digit span as regressors, and

years of education and gender as regressors of no interest.

To test whether the correlation of age with coupling strength in the left IFV was mainly
driven by brain areas surrounding the peak of the connectivity effect in the left fO (see f{MRI
Results), I created a 3 mm® mask at the peak of the PPI effect, and a mask of the brain
regions surrounding the peak by creating a spherical mask (25 mm?®) centred on the left fO
peak with an empty centre by subtracting it from another spherical mask (15 mm?). I then

extracted the mean beta estimates from these areas to correlate with age. In order to test the
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unique contribution of the coupling strength in the areas surrounding the left fO correlating
with age compared to the centre of the left fO peak, I used linear regression with age as the
observed variable and coupling strength in the peak in the IfO and coupling strength in the
surrounding areas as predictor variables, with years of education and gender as variables of no
interest. All variables were rank-transformed in order to be comparable to Spearman’s rank
correlations used in other analyses. I compared the strength of the coupling strength between

areas using a paired t-test.

I performed several hypothesis-driven comparisons testing the degree of laterality in the
recruitment of PFC in healthy ageing. Previous researchers have suggested that young adults
recruit the right PFC more during cognitive tasks, whereas older adults show more bilateral
recruitment to compensate for age-related decline of cognitive abilities (e.g. Cabeza et al.,
2002; Grady, 2008; Reuter-Lorenz & Capell, 2008). I extracted the beta estimates in the left
and right fO in several attention contrasts during encoding house stimuli (which showed the
most robust fO/IFC activation) using 3 mm® spherical masks centred on coordinates in a
previous study that showed robust fO modulation for feature-based attention (Higo et al.,
2011). BOLD activity and PPI beta estimates were extracted from these areas for the HA >
HI contrast (house stimuli, attend houses > house stimuli, attend faces), as well as for the
attend houses greater than attend faces contrast (all stimuli in house blocks > all stimuli in
face blocks). These beta estimates were compared to baseline (one-sample t-test) or between

different brain regions using paired t-tests.
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Behavioural Results
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Figure 2.1. Task schematic and behavioural results. A ) Selective working memory task. In each block,
participants attended to face or house stimuli according to the instruction cue, and monitored a
sequence of 10 face and house stimuli presented at the centre of the screen. In the ‘attend faces’ blocks
(top), participants encoded the face stimuli into WM and made a response when they saw a
previously presented face stimulus reappear, ignoring the house stimuli. In the ‘attend houses’ blocks
(bottom), participants encoded house stimuli into WM and made a response when they saw a
previously presented house reappear, ignoring the face stimuli. Prior to each face/house stimulus, a
letter (“F” or “H) is presented at the centre of the screen reminding the participant of the current
block type. B) Inverse efficiency scores (left), mean RT (middle) and proportion correct (right) for
face responses and house responses. Dark grey bars correspond to responses in face blocks, light grey
bars correspond to responses in house blocks. * designates p < 0.05.

Participants’ performance was near ceiling for both attend-faces (hit rate: 0.97 + 0.01; false
alarms: 1.41 + 0.24) and attend-houses (hit rate: 0.95 + 0.01; false alarms: 1.33 = 0.22) blocks,
with comparable reaction times (attend-face blocks mean RT: 628 + 8.93 ms; attend-house
blocks mean RT: 650 + 9.96 ms). Performance was better in face blocks relative to house

blocks (IES for faces: 654 + 13.8 ms; IES for houses: 696 + 17.3 ms; t(69) = -2.35, p = 0.02,
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effect size: -0.32; see figure 2.1B, left), consistent with the idea that faces draw more
attention than other stimuli (Hershler & Hochstein, 2005; Langton, Law, Burton, &
Schweinberger, 2008). Behavioural performance (IES) was not significantly correlated with
age for face targets (r = 0.02, p = 0.89), house targets (r = -0.08, p = 0.51), nor the difference

between face targets and house targets (r = 0.13, p = 0.29).

fMRI Results

Top-down modulation of category-sensitive visual areas during selective WM encoding in healthy

ageing
Older adults were able to use top-down attention to modulate category-sensitive visual cortex
according to task demands. Specifically, there was greater BOLD activity whilst participants
were encoding houses into WM (house stimulus, attend-house blocks) relative to ignoring
distractor houses (house stimulus, attend-face blocks) in bilateral PG (left: t(69) = 5.69, p =
2.78 x 107, effect size: 0.50; right: t(68) = 5.74, p = 2.42 x 107, effect size: 0.42; no difference
between hemispheres: t(68) = 1.56, p = 0.13, effect size: 0.16; figure 2.2A, left). The degree of
top-down modulation in the PG was positively correlated with digit span (r = 0.34, p = 0.005;
figure 2.2C, right), but not with age (r = -0.01, p = 0.93). There was also more activity whilst
participants were encoding faces into WM (face stimulus, attend-face blocks) relative to
ignoring distractor faces (face stimulus, attend-house blocks) in bilateral FG (left: t(68) =
5.95, p = 1.03 x 107, effect size: 0.38; right: t(68) = 3.53, p = 0.0007, effect size: 0.34; no
difference between hemispheres; t(69) = 0.93, p = 0.35, effect size: 0.12; figure 2.2A, right).
There was no significant difference between attentional modulation in the face-sensitive and
house-sensitive areas (Category attention: (F(1,66) = 0.07, p = 0.79, np> = 0.001;
Hemisphere: F(1,66) = 2.98, p = 0.09, np® = 0.04); Category attention by Hemisphere

interaction: F(1,66) = 0.08, p = 0.78, np? = 0.001).
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Whole-brain analyses revealed that older adults recruited a broad range of brain areas during
top-down attention for WM (house attention: cluster-corrected p = 5.61 x 10%, figure 2.2A;
face attention: cluster-corrected p’s < 7.8 x 107, figure 2.2B), including regions in the fronto-
parietal network, cingulo-opercular network (Petersen & Posner, 2012; Dosenbach et al.,
2007), and bilateral thalamus and the basal ganglia (caudate and putamen). Prominent peaks
occurred in the left IFC, anterior cingulate cortex, middle/superior frontal gyrus, and inferior
temporal cortex (see table S2.1 and 2.2 for cluster peaks and their MNI coordinates).
Consistent with the ROI analyses, category-sensitive visual areas were modulated by attention
according to task condition, and the modulation in bilateral PG during WM encoding for
houses significantly co-varied with digit span (cluster-corrected p’s < 0.025; figure 2.2C, left;

table S2.3) but not with age.
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Figure 2.2. Attentional modulation in category-sensitive visual cortex, fronto-parietal and operculo-
cingulate networks, and correlation of attentional modulation with WM digit span. A) Attentional
modulation in category-sensitive visual cortex. Left: BOLD activity in the parahippocampal gyri
(PG) was significantly modulated by selective attention to houses. Green clusters show areas that
were more active during house stimuli in the attend-house blocks (WM encoding) relative to house
stimuli in the attend—face blocks (ignoring). The circles designate the approximate location of the left
and right PG at the group level, and the lines connect to bar plots showing beta estimates (aréiz‘mry
units) for the attend houses (green; house stimulus, attend-house blocks) and ignore houses (grey;

house stimulus, attend-face blocks) conditions from the participant-defined PGs. Right: BOLD
activity in the fusiform gyri (FG) was modulated by selective attention for houses. Yellow clusters
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show areas that were more active during face stimuli in the attend-face blocks (WM encoding)
relative to face stimuli in the attend-house blocks (ignoring). The circles designate the approximate
location of the left and right FG at the group level, and the lines connect to bar plots showing beta
estimates (arbitrary units) for the attend faces (yellow; face stimulus, attend-face blocks) and ignore
Saces (grey; Sace stimulus, attend-house blocks) conditions from the participant-defined FGs. ™
designates p < 0.000001, ™ p = 0.0007. B ) Whole-brain analyses showing significant modulation in
areas in the fronto-parietal network and cingulo-opercular network during selective encoding for
houses (left; cluster-corrected p = 5.61 x 10%°) and faces (right; cluster-corrected p’s < 7.8 x 107°). C)
Degree of modulation in the inferior temporal cortex (including the PG) during selective encoding of
house stimuli was positively correlated with digit span. Left: Whole-brain analysis showing areas
modulated by attention as shown in A (green), overlaid with areas that positively covaried with
digit span (red; cluster-corrected Pp’s < 0.025 ). Right: Scatterplot of BOLD beta estimates extracted
from participant-defined bilateral PG (betas in house attend — betas in house ignore) plot as a
Sfunction of digit span. All clusters displayed are significant clusters from whole-brain analyses,
thresholded at p < 0.05, cluster-corrected (see Methods). Clusters displayed on the brains are z-

statistic images.

The left frontal operculum/IFC is involved in top-down control over category-sensitive visual cortex

during WM encoding for houses

To investigate the brain areas involved in top-down control over sensory information during
WM encoding, I tested for brain areas that were functionally coupled with category-sensitive
visual cortex during WM encoding (psychophysical interaction (PPI); Friston et al., 1997).
The left fO/IFG, central opercular cortex, and precentral gyrus were coupled with activity in
bilateral PG during encoding house stimuli into WM relative to ignoring distractor houses
(figure 2.3; cluster-corrected p = 5.36 x 107; table S2.4), consistent with previous feature-
based attention-WM studies in young adults showing coupling between category-sensitive
visual cortex and bilateral fO (Higo et al., 2011; Nelissen et al., 2013), and feature-sensitive

regions (V4/MT) with a similar region the right IFC (Zanto et al., 2010; Zanto et al., 2011).
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Figure 2.3. The left IFC is selectively coupled with the PG during selective encoding of house stimuli
versus filtering of house distractors. The left fO, inferior frontal gyrus pars operculus, central
opercular cortex, and precentral gyrus were coupled with activity in bilateral PG during selective
encoding of house stimuli (house stimulus, attend-house blocks > house stimulus, attend—face blocks;
cluster-corrected p = 5.36 x 107). The cluster displayed is a significant cluster from whole-brain
analyses, thresholded at p < 0.05, cluster-corrected (see Methods). Cluster displayed on the brain is a

z-statistic image.

Stronger recruitment of the fronto-parietal and cingulo-opercular network related to task difficulty

Faces capture attention and can be difficult to suppress when acting as distractors (e.g.
Hershler & Hochstein, 2005; Langton et al., 2008), reflected here in the superior behavioural
performance in WM for face compared to house stimuli. This suggests that participants may
have exercised greater cognitive effort and recruited more neural activity in task-related areas
during selective attention for encoding house stimuli into WM compared with encoding face
stimuli. Indeed, during selective attention for house stimuli (all stimuli from the attend-house
blocks > all stimuli from the attend-face blocks) the left fO, caudate, putamen, supplemental
motor area, ACC, medial prefrontal, parietal, and visual cortices were more active (cluster-
corrected p’s < 0.0028, figure 2.4A; table S2.5), whereas during selective attention for face
stimuli (all stimuli from the attend-face blocks > attend-house blocks), only the precuneus —
an area of the default-mode network (Raichle et al., 2001) — exhibited greater activity

(cluster-corrected p = 0.035; figure 2.4B; table S52.6).
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Figure 2.4. Neural activity and functional coupling (psychophysical interaction) during attention to
stimulus categories for WM encoding. A) Selective encoding for houses whilst filtering distractor faces
elicited activity in inferior frontal, anterior cingulate, parietal, and visual cortices (all stimuli in
house blocks > all stimuli in face blocks; cluster-corrected p’s < 0.0028). B) Selective encoding for faces
whilst filtering distractor houses elicited activity in the precuneus (all stimuli in face blocks > stimuli
in the house blocks; cluster-corrected p = 0.035). C) The IFC is selectively coupled with the relevant
category-sensitive visual areas (PG), and the default-mode network is coupled with the irrelevant
visual areas (FG) during selective encoding of house stimuli. Left: The left frontal operculum (IfO),
inferior frontal gyrus (IFG), insular, and parts of the caudate and putamen were coupled with
activity in bilateral PG during selective encoding of house stimuli (all stimuli in the attend-house
blocks > all stimuli in the attend-face blocks). Right: Areas in the default-mode network (medial
PFC, precuneus, temporal-parietal regiam) were coupled with the FG during selective encoding of
house stimuli. D) Functional connectivity strength between category-sensitive visual cortices and
areas surrounding the left fO were positively correlated with age. Left: The green cluster shows the
inferior frontal areas that were functionally coupled with the PG (as presented in C, left), and the
red cluster shows the areas that were positively correlated with age. Right: Scatterplot showing a
positive correlation between age and functional connectivity strength for attention for houses versus
attention for faces for visualisation (betas extracted using a mask of the significant age-correlation
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cluster). All clusters displayed are significant clusters from whole-brain analyses, thresholded at p <
0.05, cluster-corrected (see Methods). Clusters displayed on the brains are z-statistic images.

Category-sensitive visual cortex was selectively coupled with task-related versus rest-related brain

areas during selective attention for WM

Next, I tested for brain areas that were functionally coupled with category-sensitive visual
cortex during selective attention for WM. Bilateral PG was significantly coupled with the left
tO/IFG, left central opercular cortex, as well as the left caudate and putamen during attention
to houses relative to attention to faces (all stimuli in attend-house blocks > all stimuli in
attend-face blocks; cluster-corrected p = 8.94 x 107; figure 2.4C, left; table S2.7), whereas
activity in the bilateral FG was significantly coupled with areas in the default-mode network,
including the precuneus, medial PFC (including rostral ACC, paracingulate gyrus), temporal-
parietal regions (bilateral middle temporal gyrus, superior temporal gyrus, parietal operculum,

supramarginal gyrus, angular gyrus), as well as bilateral lingual gyri (cluster-corrected p’s <

0.0001, figure 2.4C, right; table S2.8).

There was a similar but weak pattern of connectivity for the attend-faces blocks compared to
the attend-houses blocks (all stimuli in attend-face blocks > all stimuli in attend-house
blocks), in which the left fO showed a trend for coupling with the FG (uncorrected z = 1.5;
figure S2.5), whilst the precuneus was significantly coupled with the PG (cluster-corrected p

= 0.029; figure S2.5; table 52.10).

Old-old adults recruit a spatially more distributed region in the left fO/IFC during top-down control

over category-sensitive cortices

Coupling strength between the PG and regions around the left fO/IFC during attention to
houses relative to attention to faces was positively correlated with age (cluster-corrected p =

0.008; figure 2.4D, left, red cluster; table S2.9). Although this cluster overlapped with the
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main effect of connectivity, the correlation with age was surrounding the peak of the
connectivity effect in the left fO. Indeed, regressing the coupling strength at the peak and the
surrounding brain regions on age revealed that coupling at the peak was not significantly
associated with age (b = -0.06, p = 0.66), whereas the coupling strength surrounding the peak
was (b = 0.55, p = 0.029). Note that the lack of an association with age with the coupling
strength at the peak was not due to less signal (coupling strength) or more noise compared to
the age-correlation cluster surrounding the peak, since the coupling strength was actually
greater in the peak compared to the surrounding cluster (t(69) = 4.69, p = 4.69 x 10, effect
size: 0.40). BOLD activity from the peak (b = 0.09, p = 0.57) or the surrounding regions (b =

-0.12, p = 0.42) were not correlated with age.

Left-lateralised responses in the PFC in healthy ageing

Some researchers have suggested that young adults recruit the right PFC during cognitive
tasks, whereas older adults also recruit areas in the left PFC whilst performing the same task,
possibly to compensate for age-related decline of purported cognitive control areas (Cabeza et
al., 2002; Grady, 2008; Reuter-Lorenz & Capell, 2008). The group results suggest that
activity in prefrontal regions are left lateralised, whereas the attentional modulation in
category-sensitive visual areas are largely similar across hemispheres and do not correlate with
age in this elderly group. In order to test the degree of laterality in prefrontal regions, I used
an ROI approach to test if there was a reduced lateralisation, or left lateralisation in this

group of older adults (see Methods).

Bilateral fO was recruited during encoding house stimuli into WM relative to ignoring houses
(house stimuli, attend-house blocks > house stimuli, attend-face blocks; left: t(69) = 5.52, p =
5.59 x 107, effect size: 0.66; right: t(69) = 2.14, p = 0.03, effect size: 0.26), and activity in the

left fO was greater than in the right (t(69) = 2.77, p = 0.007, effect size: 0.29). There was
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significant coupling between bilateral PG and the left fO for selective encoding of house
stimuli relative to ignoring houses (t(69) = 3.90, p = 0.0002, effect size: 0.47), a trend for the
right fO (t(69) = 1.65, p = 0.10, effect size: 0.20), but the coupling strength was not

significantly different between areas (t(69) = 0.94, p = 0.35, effect size: 0.13).

For the general effect of selective attention for houses (all stimuli in attend-houses blocks > all
stimuli in attend-faces blocks), left fO was significantly recruited (t(69) = 3.34, p = 0.001,
effect size: 0.40), the right fO only showed a trend (t(69) = 1.61, p = 0.11, eftfect size: 0.19),
but there was no significant difference between the left and right fO (t(69) = 0.79, p = 0.43,
effect size: 0.08). There was significant functional coupling between the bilateral PG and the
left fO (t(69) = 4.27, p = 6.14 x 107, effect size: 0.51) but not with the right fO (t(69) = 0.70,
p = 0.49, effect size: 0.08), and the coupling was greater in the left compared to the right
(t(69) = 2.49, p = 0.015, effect size: 0.33).

Discussion

I tested a large sample of elderly participants on a selective WM task and found that the
neural mechanisms of top-down control for WM are relatively preserved in healthy ageing.
Category-sensitive visual areas were selectively modulated according to the attended category,
and the degree of modulation in house-sensitive PG was positively correlated with digit span
measures. Cognitive control networks were strongly recruited during selective WM encoding.
Control regions in the left IFC were selectively coupled with the relevant category-sensitive
visual areas (PG) during selective attention to stimuli in the associated category, during which
the DMN was coupled with the irrelevant category-sensitive visual areas. The older
individuals within this elderly group recruited a more spatially distributed region in the IFC
to modulate sensory cortex for successful selective WM performance, suggesting that they
employed compensatory neural resources to lessen age-related cognitive declines. Finally, I

found that activity in the PFC was mostly left lateralised, in contrast to theories of cognitive
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ageing that suggest older adults recruit bilateral activation of PFC to compensate for age-

related declines.

Older adults were able to use top-down control to modulate category-sensitive visual areas
during WM encoding and filtering distractors from entering memory. I replicated the finding
that older adults are able to modulate the left PG during selective WM (attend versus ignore;
Chadick et al., 2014; Gazzaley et al., 2005), but also show that the right PG, and bilateral FG
are significantly modulated by top-down attention in older adults. This indicates that older
adults retain the ability to selectively enhance the sensory representations of relevant stimuli
for selective WM encoding. Previous studies have suggested that older adults exhibit deficits
in inhibition during selective attention and memory tasks (e.g. Alain & Woods, 1999; Chao
& Knight, 1997; Fabiani et al., 2006; Gazzaley, Cooney, Rissman, et al., 2005; Hasher &
Zacks, 1988; McNab et al., 2015; West & Alain, 2000; R. T. Zacks et al., 2000, 1996). In
the current study, older adults showed preserved abilities of top-down modulation over
sensory areas, which did not appear to correlate with age within this elderly age group.
However, I did not explicitly test for suppression in my task, such as using a passive view
condition (Chadick et al., 2014; Gazzaley et al., 2005) or whether there was enhanced
memory for stimuli in the ignored category, which would hint toward impaired inhibitory
processes (faces presented in the house block or houses presented in the face blocks; e.g. see
Campbell, Hasher, & Thomas, 2010; Gerard, Zacks, Hasher, & Radvansky, 1991; S. Kim et
al., 2007; R. T. Zacks et al., 1996). In the future, it would be interesting to include tests of
implicit and explicit memory of the attended and ignored stimuli after the scanning session to
test the inhibition hypothesis in ageing (Hasher & Zacks, 1988) and how performance on
these tests corresponds to the degree of top-down modulation in sensory cortex. Nevertheless,

this study shows that older adults exhibit robust modulation of category-sensitive visual areas,
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suggesting relative preservation of top-down mechanisms for selective WM encoding,

without referring to the mechanisms of enhancement or inhibition.

Attentional modulation in the PG was positively correlated with digit span — a general
measure of WM capacity — suggesting that the ability to use top-down control to modulate
sensory processing is linked with WM capacity in older adults. These results support the idea
that selective attention is closely related to, and even actively involved in WM maintenance
processes (Awh & Jonides, 2001; D’Esposito & Postle, 2015; Gazzaley & Nobre, 2012;
Postle, 2006; Stokes & Nobre, 2012; also see Sander, Lindenberger, & Werkle-Bergner,
2012 for a review focussed on ageing). Notably, individual differences in top-down
modulation were not correlated with age within this elderly group. A few studies have
reported inter-individual differences in top-down suppression within elderly groups (e.g.
Chadick et al., 2014; Gazzaley et al. 2005). Gazzaley et al. (2005) found that older adults
showed significantly greater activity in the left PG during encoding scenes into WM relative
to a passive viewing baseline, but did not show suppression of activity for ignore relative to
the passive viewing condition (whereas young adults did). The degree of suppression (ignore
scenes > passive view scenes) was negatively correlated with performance on face trials, where
the high performing elderly adults showed top-down suppression similar to the young adults
(also see Chadick et al., 2014 for a similar result). However, they did not report whether the
top-down enhancement is correlated with performance during WM for scenes. In the current
study, there was a robust correlation between the degree of top-down modulation in the PG
for house stimuli (encoding versus ignoring houses) and general WM capacity measured by
digit span. Although it was not possible to disentangle whether this relationship was due to
top-down enhancement of targets or suppression of distractors, previous work suggests that it
could result from a deficit in suppressing irrelevant stimuli in healthy ageing (Chadick et al.,

2014; Gazzaley et al., 2005).
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Older adults exhibited preserved brain mechanisms for top-down control during feature-
based selective WM. They recruited brain areas in the fronto-parietal and cingulo-opercular
networks during selective encoding for houses (encoding versus ignoring house stimuli), and
faces (encoding versus ignoring face stimuli), which was qualitatively similar to attention and
control networks recruited by young adults (Dosenbach et al., 2008; Petersen & Posner,
2012), and by both young and old adults during successful visual search (Madden et al,,
2007). Activity in the left IFC was functionally coupled with house-sensitive PG during
selective WM for houses, suggesting a role of the IFC in feature-based attention for WM.
The left fO, situated within the IFC, was one of the key areas activated in the task and
showed strong functional coupling with sensory areas during selective WM, replicating
previous feature-based attention studies in young adults (Higo et al., 2011; Nelissen et al.,
2013). A more superior region in the right IFG, which was also activated in the current study,
was selectively coupled with motion and colour-sensitive visual areas during feature-based
attention (Zanto et al., 2010, 2011; also see Baldauf & Desimone, 2014). In the current
study, although coupling between frontal and sensory cortices were lateralised to the left IFC,
an ROI approach revealed similar effects in the right fO (also see figure S2.5 for uncorrected
images showing similar results). Recent animal work has provided substantial support that the

IFC plays a key causal role in feature-based attention (Bichot et al., 2015).

Task-relevant brain networks were selectively coupled to the relevant category-sensitive visual
areas whilst the rest-related network (DMN) was coupled to irrelevant category-sensitive
visual areas during selective WM in older adults, indicating preserved functional network
integrity for top-down control in healthy ageing. The fronto-parietal and cingulo-opercular
networks were recruited during attention to houses (attend house blocks > attend face blocks),

whereas only the precuneus — a region associated with the DMN (M. D. Fox et al., 2005;
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Raichle et al.,, 2001) and is deactivated during cognitive tasks (Shulman et al., 1997) —
exhibited greater activity during attention to faces (attend face blocks > attend house blocks),
consistent with more cognitive effort during encoding houses and ignoring faces compared
with encoding faces and ignoring houses. During selective attention for houses, the house-
sensitive visual areas (PG) were functionally coupled with the left IFC (similar to selective
WM for house stimuli), whereas the face-sensitive areas (FG) were functionally coupled with
regions of the default-mode network, including the precuneus, medial PFC, and temporo-
parietal cortex. During attention to faces, activity in the house-sensitive PG was similarly
coupled with areas in the default-mode network. There was a hint that the face-sensitive FG
was coupled with the IFC, but this did not survive the statistical significance threshold,
consistent with the behavioural and univariate BOLD results which suggested that attention
to faces required less cognitive effort, and thus less demand on prefrontal control areas to
modulate sensory cortex. It was particularly intriguing to find that activity in the task-relevant
category-sensitive visual areas was coupled with brain regions in the IFC, whereas activity in
the task-irrelevant visual areas was coupled with the DMN. The DMN is a network of brain
areas including regions of the posterior cingulate cortex (PCC), precuneus, medial PFC,
orbital frontal gyrus, ACC, inferior-lateral temporal cortex, and lateral parietal cortex, which
are recruited and show coupled activity during rest (M. D. Fox et al., 2005; Raichle et al.,
2001). Similar brain regions, including the PCC, precuneus, medial PFC, and temporo-
parietal junction shows deactivation during cognitive tasks compared with rest (Shulman et
al., 1997), and the magnitude of deactivation scales linearly with task difficulty (McKiernan,
D’Angelo, Kaufman, & Binder, 2006; McKiernan, Kaufman, Kucera-Thompson, & Binder,
2003; Singh & Fawcett, 2008), WM load (Mayer, Roebroeck, Maurer, & Linden, 2010;
McKiernan et al., 2003; Todd, Fougnie, & Marois, 2005; Tomasi, Ernst, Caparelli, &
Chang, 2006), and behavioural performance (Anticevic, Repovs, Shulman, & Barch, 2010;

Hampson, Driesen, Skudlarski, Gore, & Constable, 2006; Shulman, Astafiev, McAvoy,
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D’Avossa, & Corbetta, 2007). One study showed significant deactivations in areas in the
precuneus and the medial PFC in older adults, and that these areas showed less deactivation
compared to young adults (Chadick et al., 2014). These studies suggest that deactivations in
DMN regions might play an active role during selective attention and WM processes. In the
current study, I found that the fronto-parietal and cingulo-opercular networks were recruited
during selective WM encoding, with the left IFC playing a role in top-down modulation of
the task-relevant category-sensitive visual cortex. Brain areas in the DMN were selectively
coupled with the irrelevant category-sensitive visual areas, suggesting selective suppression of
the irrelevant sensory areas during WM encoding. These results suggest that the brain
selectively recruits different networks for the relevant versus irrelevant sensory areas in order
to selectively enhance target stimuli for WM encoding and filter distractors from entering
memory. In contrast to previous work suggesting age-related cognitive control deficits and
impaired PFC function, I found that older adults exhibited preserved neural mechanisms of
top-down control, showing robust recruitment of task-relevant networks and selective
coupling between task and rest-related networks for modulating sensory cortex during

selective WM encoding.

The older adults within this elderly group recruited a larger region of the IFC to effectively
modulate sensory cortex for selective WM encoding, possibly reflecting compensatory
processes for age-related declines in cognitive control. The coupling strength between areas in
the left IFC and the relevant category-sensitive visual areas (PG) during selective attention
for houses was positively correlated with age, indicating that the older adults in this elderly
group (old-old) recruited more neural activity in the IFC to modulate sensory cortex.
Crucially, only the degree of functional coupling was related to age, and not the magnitude of
the BOLD response in either brain area, meaning that the additional activity recruited in the

IFC was specifically for the modulation of the relevant category-sensitive visual areas during

83



WM encoding. On close inspection, the areas that showed this positive correlation with age
in the IFC were surrounding the left fO — a region implicated in feature-based attention
(Higo et al., 2011; Nelissen et al., 2013) and exhibited the strongest effect of functional
coupling with sensory cortex in the current study. This means that the old-old adults showed
greater coupling between sensory cortex and a larger — or spatially more distributed — region
of the IFC. Previous studies have observed greater activations in older adults compared with
young adults, which were associated with both impaired and matched performance with
young adults (e.g. Cappell et al., 2010; Gutchess et al., 2005; Madden et al., 2007; Mattay et
al., 2006; Morcom et al., 2007; Schneider-Garces et al., 2010). A theoretical model proposed
by Reuter-Lorenz and colleagues (Reuter-Lorenz & Cappell, 2008; compensation-related
utilization of neural circuits hypothesis; CRUNCH) suggests that older adults show “over-
activation” in the PFC to compensate for age-related cognitive declines, but “under-
activation” when they are unable to cope with high task demands. They proposed that when
older adults perform as well as young adults at low difficulty levels, they show greater activity
in the PFC compared to the young group, reflecting more recruitment of cognitive control
mechanisms to produce good task performance. However, when task demands outreach the
older adults’ cognitive abilities, they exhibit reduced PFC activity compared to the young
adults, which accompanies poor task performance (e.g. Cappell et al., 2010; Mattay et al.,
2006; Schneider-Garces et al., 2010). In this study, the old-old adults recruited a larger
region of the IFC to modulate visual cortex compared with the younger elderly adults. Since
the old-old adults performed as well the younger elderly adults, this is consistent with the idea
that they recruited more neural resources in the IFC to support behaviour. One study showed
that functional coupling between the PFC and pre-motor cortex, as well as BOLD activity in
both areas, was positively correlated with performance in an n-back task in both young and
older adults, suggesting the integrity of the functional network supports successtul WM

performance (Nagel et al., 2011). In future work, it would be interesting to include several
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task-difficulty conditions to test if old-old adults would show reduced functional coupling
between PFC and sensory areas in more difficult conditions which correspond to impaired

behavioural performance.

The current study suggests that older adults recruit the left IFC more than the right IFC
during selective WM, but I did not find evidence for a reduction in asymmetry in prefrontal
recruitment in older adults. Some researchers have suggested that older adults recruit bilateral
PFC in order to compensate for age-related decline in cognitive control, compared to young
adults who only recruit unilateral PFC when performing the same task (Cabeza, 2002;
hemispheric asymmetry reduction in old adults; HAROLD). The evidence has come from a
range of different tasks including WM tasks (Cabeza, 2004; Dolcos et al., 2002; Park et al.,
2003; Reuter-Lorenz et al., 2000; althought see Cappell et al., 2010; Grady et al., 2005). In
the current study, activations in the PFC were bilateral, stronger on the left, or lateralised to
the left. If it was possible to compare with a younger group that exhibited more unilateral
PFC activations, there may have been age differences in laterality. However, if this was the
case, one might expect that the young-old adults in the current elderly group would show
greater unilateral activation in the PFC compared to the old-old adults, which was not the
case. Furthermore, the data suggest strong lateralisation to the left, rather than bilateral
activation of the PFC. One possibility for greater activation in the left IFC during selective
WM could have been due to a greater reliance on verbal strategies in older populations.
Overall, my results suggest that older adults show a more left-lateralised recruitment of the

PFC during a selective WM task, rather than a bilateral pattern.

In sum, older adults engaged cognitive control networks in concert with the relevant sensory

areas and recruited the DMN with irrelevant sensory areas for effective selective WM. Older

adults within this elderly group engaged compensatory activity to modulate sensory cortex,
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and matched behavioural performance with their younger elderly counterparts. The current
study shows that older adults retain preserved neural mechanisms for selective WM, and
suggests that, as individual grow older, they can employ additional neural resources to
strengthen relevant brain networks to support successful cognition. Studying inter-individual
variability of the neural mechanisms linked with cognitive behaviour in large groups of elderly
adults might be an effective way to study the neural mechanisms that underlie successful
cognitive ageing. Future studies should keep exploring the neural markers associated with
both successful and impaired cognitive behaviour to map out the mechanisms that underlie

healthy versus poor cognitive ageing.

In conclusion, I found that the neural mechanisms for selective WM were relatively preserved
in healthy ageing, and that, as individuals grow older and experience age-related decline, they
can employ additional neural resources to strengthen relevant brain networks to support
successful cognition. This group of older adults exhibited impressive flexibility and selectivity
in brain function, recruiting cognitive control networks in concert with the relevant sensory
areas and the rest-related DMN with irrelevant sensory areas for effective selective WM. The
older adults within this elderly group engaged compensatory activity specifically to modulate
sensory cortex during selective WM, and produced matched behavioural performance to their
younger elderly counterparts. Studying inter-individual variability of the neural markers in
large groups of elderly adults might be an effective way to study the neural mechanisms that
underlie successful cognitive ageing. Future studies should continue to explore the neural
markers associated with both successful and impaired cognitive behaviour to map out the

mechanisms that underlie healthy versus poor cognitive ageing.

86



3. Flexible control over visual representations within working memory in healthy ageing

Chapter Abstract3

In this chapter, I tested whether older individuals benefit from flexible orienting of attention
within WM to mitigate age-related deficits in short-term memory maintenance, and how the
individual differences in neural activity corresponded to good behavioural performance. I
measured MEG in older adults performing a WM precision task with cues during the
maintenance period that retroactively predicted the location of the relevant items for
performance (retro-cues). Older adults’ WM performance significantly benefitted from retro-
cues. Whereas WM maintenance declined with age, retro-cues conferred strong attentional
benefits. A model-based analysis revealed an increase in the probability of recalling the target,
a lowered probability of retrieving incorrect items or guessing, and an improvement in
memory precision. Magnetoencephalographic recordings showed that retro-cues induced a
transient lateralisation of alpha (8-14 Hz) and beta (15-30 Hz) oscillatory power.
Interestingly, shorter durations of alpha/beta lateralisation following retro-cues predicted
larger cueing benefits, reinforcing recent ideas about the dynamic nature of access to WM
representations. The results suggest that older adults retain flexible control over WM, but
individual differences in control correspond to differences in neural dynamics, possibly
reflecting the degree of preservation of dynamic attentional control in healthy ageing.

3 The experiment in this chapter has been published as: Mok, R.M., Myers, N.E., Wallis, G., &
Nobre, A.C., (2016). Behavioral and Neural Markers of Flexible Attention over Working Memory in
Aging. Cerebral Cortex, 26: 1831-1842.
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Introduction

WM is essential for much of higher-order cognition. As such, deficits in WM may have
adverse effects for other cognitive domains, leading to deficits in effective decision-making,
planning, and long-term memory. A growing body of research suggests that selective
attention is critical to support effective WM, by enabling selection and maintenance of
relevant items in the face of competing distractors (Gazzaley & Nobre, 2012; Stokes &
Nobre, 2012; Vogel & Machizawa, 2004; Vogel, McCollough, & Machizawa, 2005). In
addition, it has been shown that it is possible to orient attention after WM encoding to
prioritise or update information being maintained in WM (Griffin & Nobre, 2003; Landman

et al., 2003).

WM functions decline with ageing (Chen, Hale, & Myerson, 2003; lachini, lavarone,
Senese, Ruotolo, & Ruggiero, 2009; Nagel et al., 2009; Park et al., 2002; Peich, Husain, &
Bays, 2013; Rypma & D’Esposito, 2000; Salthouse & Babcock, 1991; Salthouse, 1992, 1994
Werkle-Bergner, Freunberger, Sander, Lindenberger, & Klimesch, 2012), which may have
important deleterious consequences for other cognitive functions. It is important, therefore,
to understand which aspects of WM are compromised, and the extent to which top-down
attentional control may be able to mitigate deficits. Several studies have demonstrated that
healthy elderly adults experience significant declines in their ability to use selective attention
to guide the encoding of relevant material and suppress irrelevant items during WM encoding
(Gazzaley et al. 2005, 2008; Zanto et al. 2010; Gazzaley 2013; see also Hasher and Zacks
1988; Hasher et al. 1999). A number of previous investigations have tested for the effects of
attention on WM 1in elderly adults, and have reported deficits in modulating expectation and
encoding of stimuli for effective WM performance (Fabiani et al., 2006; Gazzaley, Cooney,
Rissman, et al., 2005; Gazzaley et al., 2008; Jost et al., 2011; Peich et al., 2013; Sander,

Werkle-Bergner, et al., 2012). These studies leave open the important question of whether
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healthy ageing also compromises the ability to exert flexible attentional control affer encoding,

in order to prioritise the maintenance or retrieval of certain elements over others.

Prior work has shown that the ability to orient attention within WM can be tested by
presenting cues during the WM maintenance interval that provides retrospective information
about which items are likely to be relevant to guide subsequent performance (“retro-cues”;
Griffin & Nobre 2003). Retro-cues lead to reliable performance benefits in young adults
(Griffin & Nobre, 2003; Landman et al., 2003; Makovski, 2012; Nobre, et al., 2007; Nobre,
2004; Rerko & Oberauer, 2013; Rerko et al.,, 2014; Sligte, et al., 2008; Williams et al.,
2013). Preserved abilities to orient attention within WM would mean that, in contrast to
preparatory attentional control during WM encoding, retrospective attentional control

remains relatively intact in healthy ageing.

In the current experiment, I tested whether elderly participants are able to exert flexible
control over WM contents. I recruited a large sample of older adults to test for differences in
the ability to orient attention to the contents of WM, and to investigate the neural correlates
of spared versus impaired WM control. By capitalising on variability within a homogenous
cohort of older participants, I aimed to circumvent the inevitable extraneous nuisance
variables that can contribute to comparisons of different age groups (e.g., motivation, fatigue,
exposure to computer technology, medication, etc.). Furthermore, investigating individual
differences within an elderly age group can tell us about the mechanisms that relate to
successful ageing. To my knowledge, two studies have tested the effectiveness of retro-cues in
elderly participants (Duarte et al., 2013; Newsome et al., 2015), and both showed a
significant impairment with healthy ageing. I revisited this question by combining retro-cues
with a WM precision task that enabled us to measure benefits in memory recall and in the

quality of WM representations. I used a model-based analysis to explore whether putative

89



retro-cue benefits arise from either an increased probability to retrieve relevant items or an

increase in the precision of representations.

I recorded neural activity during task performance using MEG in order to chart the temporal
dynamics of oscillatory markers of orienting attention within WM. Similar to the effects
observed when spatial attention is deployed in perceptual tasks (Gould, et al., 2011; Kelly et
al., 2009; Rihs et al., 2007; Thut et al., 2006; Worden et al., 2000), a robust marker for the
deployment of spatial attention within WM is the systematic decrease in the power of alpha
oscillations contralateral to the location of the cued WM item (Myers et al., 2015; Poch et al.,
2014; Wallis et al., 2015). In contrast to the sustained desynchronsation found after
anticipatory attention shifts, modulations of alpha power during internal shifts of attention to
items within WM appear to be more transient (Myers et al. 2015; Wallis et al. 2015). These
rapid dynamics may reflect a transient process of changing excitability in — or access to —

sensory cortex (Myers et al. 2015; Wallis et al. 2015).

I found that, as a group, elderly participants benefited significantly from retro-cues. The
behavioural benefits were mainly associated with an increased probability of retrieving the
attended item and decreased guessing or confusion with other items. Neural markers of
orienting attention in working memory were similar to those described for younger
populations (Myers et al., 2015; Poch et al., 2014; Wallis et al., 2015). At the individual level,
the dynamics of the oscillatory markers were strongly predictive of performance benefits

arising from flexible control over WM.

Methods

Participants
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The study received ethical approval from the Central University Research Ethics Committee
of the University of Oxford. All participants provided written informed consent, and were

compensated for their time and travel expenses.

Eighty-one healthy older adults (aged 60-87) were recruited from the community via local
media and public advertisements. Of these, 75 participants were able to complete the current
experiment. Reasons for withdrawing from the study included difficulty with travelling to the
assessment centre or instances of poor health. One further participant was unable to perform
the task above chance level and therefore was excluded from the analysis (see section on
Behavioural Data Analysis). The remaining 74 participants (42 female) were 60-87 years old
(mean 68.8 + 0.82 years), had 16 + 0.47 years of education. All participants were fluent in
English, had normal or corrected-to-normal vision and hearing, and scored >26 on the Mini-
Mental State Examination (MMSE, Folstein et al. 1975). None of the participants had any
current diagnosed psychiatric or neurological disorder, and none were taking psychoactive

medication.

Data from 61 participants were used in the MEG analysis (aged 60-87 years; mean 69.22 +
0.92 S.E.M.; 16.1 + 0.52 years of education; 32 females). Five participants were excluded
because the structural MRI scans revealed significant cortical atrophy. Seven further
participants were excluded because the MEG data contained excessive artefacts, and were
consequently discarded before any processing (this included one participant who responded
randomly in the task; see Behavioural Data Analysis). Data from one further participant were

not saved due to a technical failure.

WM Precision Retro-cueing Task
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The main experimental task tested the number and quality of representations that individuals
could maintain in working memory, as well as their ability to orient attention within WM
flexibly to prioritise relevant items. A WM precision task (W. Zhang & Luck, 2008) was
combined with a retro-cueing manipulation (Griffin & Nobre, 2003). Figure 1A provides a

schematic of the task.

On each trial, participants encoded an array of four ‘orientation’ items into WM, and were
subsequently probed to recall one item after a delay. On spatial retro-cue trials, the location of
the relevant item was indicated by a 100% predictive spatial cue during the delay interval.
Spatial retro-cues appeared 700 ms after disappearance of the stimulus array. On neutral

retro-cue trials, the cue provided no spatial information about the item to be probed.

Trials were self-initiated. A ‘GO’ screen signalled that participants could initiate the trial by
pressing a button on a MEG-compatible response pad. A red fixation point followed (150 ms
in duration) alerting the participant of the upcoming stimulus array. The WM array appeared
after 850 ms, and remained visible for 600 ms. Four orientation stimuli were positioned in the
four quadrants (centred at 4.8° horizontally, and 4.8° vertically from fixation). Each array
stimulus consisted of an oriented bar (2.32° in length, 0.16” in width), with a disc (0.72°
diameter) at its centre. Spatial or neutral retro-cues appeared after a delay of 700 ms. In half
the trials, the cue indicated the location of the item that would subsequently be probed (100%
validity). In the other trials, the cue provided no predictive information about the location to
be probed. Cues were made up of a small black square (0.96° by 0.96°) presented centrally for
500 ms. In spatial retro-cue trials, two sides were coloured white, forming an arrow pointing
to one quadrant location. In neutral retro-cue trials, no sides were coloured. After another
1500-ms delay, a probe bar appeared in one of the screen quadrants in a random orientation.

Participants used the response pad to adjust the orientation of the probe stimulus so that it
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matched the orientation of the remembered item previously presented at that location. The
pad contained two buttons; one button rotated the item clockwise and the other button
counter-clockwise. Participants used their right hand to adjust the orientation, and then made
a separate button-press response with the left hand to confirm their response. The maximum
allowed recall time was 8500 ms. After the confirmatory button press, the actual orientation
of the memory-array stimulus was overlaid over the participant’s recall, providing feedback

(200 ms duration). The inter-trial interval from the feedback to the ‘GO’ screen was 50 ms.

The task was programmed in Matlab v.7.10 (MathWorks) and presented using the
Psychophysics Toolbox v.3.0 package (Brainard, 1997). Stimuli were back-projected
(Panasonic PT D7700E) onto a screen at a viewing distance of 120 cm with a spatial

resolution of 1280 by 1024 pixels and a refresh rate of 60 Hz.

Experimental Procedure

Participants completed a practise session in a ‘mock’ MEG scanner before completing the
experiment in the MEG scanner room. The practice session was used to familiarise the
participant with the scanning environment and with the response demands of the task. The
experimenter provided verbal instructions about the task using a slide show to illustrate the
stimuli and experimental procedure. The ‘mock’ scanner contained the same scanner layout,

projector, and response pads as the MEG scanner room.

During the practise session, participants completed a visual matching task with oriented bars
(2.88° length, 0.24° width, disc diameter 0.88%) to ensure participants understood the task and
response method, and to verify that their visual acuity was sufficiently good to complete the
task. In each trial, an oriented bar was presented at the top half and another at the bottom

half of the screen. Participants had to adjust the orientation of the bottom bar to match the
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orientation of the bar above. All participants completed 24 trials. The stimuli were the same
as those in the main experiment, except that the stimuli in the visual matching practice were

larger.

Once participants were proficient at judging stimulus orientation and using the response pads
to provide accurate responses, they completed practice trials of the main WIM-precision task
described above. In a first set of 24 trials, no cues were presented. Retro-cues were introduced
in a second set of 24 trials. In this set, only valid spatial retro-cues were used. In a final set of
24 trials, both valid spatial retro-cues and neutral cues were intermixed randomly, as they

would appear in the main task. This preparation procedure took approximately 20 minutes.

After setting up participants for MEG recordings, the main experimental task was completed
in the MEG scanner. Participants completed six blocks of 40 trials, resulting in 240 trials
(120 trials in the spatial and neutral retro-cue conditions). Spatial and neutral retro-cue trials
were randomly intermixed within each block. Each spatial location was cued and probed with
equal probability. Participants were asked to fixate on the centre of the screen throughout
each trial until the probe appeared. They were free to move their eyes while they adjusted the

orientation of the probe stimulus and until they initiated the subsequent trial.

Behavioural Data Analysis

The aim of the data analysis was to characterise the number of items older adults could
maintain in WM, the precision of their representations, and their ability to orient attention to
cued items in WM. I quantified various components that contribute to WM performance.
Accuracy (reciprocal of the circular standard deviation of the recall error distribution; 1/6) was

calculated for each participant (Bays & Husain, 2008), measuring the variability in the recall
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errort. It is important to point out that this measure does not distinguish between types of
errors such as inaccurate responses and random guesses. Therefore, to model different sources
of error, a mixture model was applied (Bays, Catalao, & Husain, 2009; W. Zhang & Luck,
2008), which attributes the distribution of recalls to a mixture of three separate components:
the probability of responding to the target, responding to a non-target, and responding at
random (guessing). Orientations are assumed to be recalled with Gaussian variability. The

model is described by the following equation:

p(0) = adk(8— 0)+ B — ST (0 —9:) + v o (1)

where 0 is the actual orientation of the target, 8 is the reported orientation, ®x is the von
Mises distribution (circular analogue of the Gaussian) describing recall variability with mean
zero and precision parameter K (precision). The probability of reporting the target is given by
a, the probability of mistakenly reporting a non-target is given by B, and ¢4, @5, ...,y are
the orientations of the m non-target items. The probability of responding randomly (guess
rate) is given by y = 1 — a — B. Maximum-likelihood estimates of each parameter (a, p, v, and
K) were obtained for each participant and condition (spatial retro-cue, neutral retro-cue) by
using an expectation—maximisation algorithm. To ensure that a global maximum was found
for the model fit, the optimisation procedure was repeated multiple times using various initial
parameter values. These parameter estimates were compared between the spatial and neutral

retro-cue conditions using paired t-tests.

Effect size (Cohen’s d) was computed to test the magnitude of the retro-cue benefit (the

difference between spatial and neutral retro-cue conditions). Modelling and statistical

4 As described in Bays et al. 2009, a correction was applied in which the standard deviation for circular
data was taken subtracting the value expected by chance (values taken from a uniform distribution).
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analyses were conducted in Matlab R2013a, Matlab’s Statistics Toolbox and IBM SPSS

Statistics 21.

The Rayleigh’s test was used to determine whether the response errors for each participant
were distributed non-uniformly around a circle. One participant was removed from the
analysis because the Rayleigh’s test was non-significant (p = 0.12), for both spatial and neutral

retro-cue conditions, reflecting a random distribution of responses.

Correlations with behavioural data were conducted by computing Spearman’s rank correlation
coefficients. Correlational analyses were performed between age and accuracy (1/0) in the
neutral retro-cue condition and retro-cue benefit (spatial retro-cue minus neutral retro-cue).
Correlation coefficients were transformed into z-scores using Fisher’s r-to-z transformation

and compared to test for significant differences (Cohen & Cohen, 1983).

MEG scan

MEG data were acquired using an Elekta Neuromag 306-channel system (204 planar
gradiometers, 102 magnetometers) with a sampling rate of 1000 Hz. A band-pass filter of
0.03 — 330 Hz was applied during acquisition. Eye movements were monitored on-line with a
MEG-compatible eye-tracker (EyeLink 1000, SR Research, Ontario, Canada) recording at
500 Hz. If participants broke fixation during trials, I reminded them to refrain from moving
their eyes in the next break. The electrocardiogram and the vertical and horizontal
electrooculograms (EOG) were also recorded. Head position was monitored during the
experiment with emitting coils affixed to the participant’s head. The positions of these coils
were digitised using a Polhemus 3D tracking system (Polhemus, EastTrach 3D). The
Polhemus probe was used to obtain a set of ~100 points to record the shape of the

participant’s head.
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Each participant completed six task blocks with 40 trials each. These were collected during
two to four successive MEG recording sessions lasting approximately 25 minutes each,

depending on the duration of breaks and reaction times of individual participants.

MEG analysis

MEG data were analysed using custom-written MATLAB scripts, the in-house OHBA
Software Library (OSL), SPM8 (Litvak et al., 2011), and Fieldtrip (Oostenveld, Fries, Maris,
& Schoffelen, 2011). The epoch of interest used for the analyses was the period between the

retro-cue and the onset of the probe stimulus.

MEG Pre-Processing

The continuous MEG data were visually inspected to remove channels with high levels of
noise. Elekta’s Maxfilter Signal Space Separation (SSS) algorithm was then applied to
attenuate signals originating outside the head. The algorithm decomposes the data into a set
of spherical harmonic basis functions and rejects components estimated to come from outside
a sphere defined around the head. The data are then re-projected onto the MEG sensors.
This final step also compensates for head movements by transforming the position of the

interim representation relative to the sensors before re-projecting the data.

Continuous data were down-sampled to 250 Hz and band-pass filtered between 1 and 100
Hz. These data were cut into 3.5-s epochs running from the onset of the WM array to the
onset of the probe stimulus. Resulting epochs were visually inspected for artefacts. EOG
traces were used to identify trials containing saccades. Trials with abnormal variance in the
MEG signal or saccades during the WM maintenance period were excluded from subsequent

analysis. Eyeblink components were detected over the whole continuous dataset and regressed
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out using independent component analysis. Only planar gradiometers were used for the
MEG analysis. The total number of trials excluded from the MEG analysis was 594 out of
7320 trials, or 8.11% (spatial retro-cue condition). On average, 10.2 + 3.4 trials were excluded
for each participant. The number of exclusions did not differ between trials with left (5.0 +

1.7) and right (5.2 + 1.7) retro-cues.

Time-Frequency Analysis

I computed a time-frequency representation (TFR) of power using a Fourier transform over
sliding time windows in 40-ms steps. The width of the sliding time window was variable in
duration: for each frequency, the window width was four cycles long. The time-domain signal
was multiplied with a Hanning taper of equal length. Estimates were obtained at frequencies

from 4 to 35 Hz in 1-Hz steps.

The power spectra for each cue condition were averaged over trials. The power time-series in
the planar gradiometers were combined (Cartesian sum), resulting in a 102-channel
combined planar gradiometer map of power in sensor space. For each participant, I contrasted
the power spectra in the left versus the right spatial retro-cue conditions, normalised by the

power of both conditions:

Left Right

_ 2)

Left+Right Left+Right

Across the group, I tested for significant lateralisation of brain activity according to spatial
cues using paired t-tests, and used spatial cluster permutation statistics to control for multiple
comparisons. Sensor-space cluster permutation statistics were computed by permuting cue
condition labels (left and right spatial retro-cue conditions) using Fieldtrip’s ft_freqstatistics

(10,000 iterations). Clusters were formed in space (sensors) and time, averaging over the
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alpha band (8-14 Hz) and the beta band (15-30 Hz) separately, and tested for significance
against the permuted distribution. Control analyses were also performed in the theta band (4-

7 Hz).

In order to verify that distinct alpha-band and beta-band peaks were observable in this elderly
cohort, and that they conformed to the conventional frequency ranges used in my analyses, I
plotted the spectral distribution of power over sensors showing maximal alpha and beta
lateralisation. Topographic analyses (TANOVAs, see Murray et al. 2008) were used to
compare the topographies of alpha-band and beta-band lateralisation in the period after the
retro-cue. The difference between two topographies was computed by taking the square root
of the sum of squared differences between conditions at each sensor, normalised by the
variance across all sensors. This value was compared against a permutation distribution
derived through computing values with randomly shuffled condition labels over 10,000

iterations.

Attentional modulation index and correlating with behaviour

To explore the relationship between neural activity and the deployment of retrospective
attention, I characterised the time course of alpha lateralisation by computing an attentional
modulation index (AMI) for each participant. To generate the AMI, I selected sensors
involved in retrospective attention using a cluster-based analysis, and then subtracted average
alpha power activity in the sensors ipsilateral to the attended hemifield (positive) from the
sensors contralateral to the attended hemifield (negative), where a higher AMI meant more
alpha lateralisation and a lower AMI meant less alpha lateralisation. In order to select sensors
in an unbiased way, I used a leave-one-out method, and tested for differences between the
normalised (as before) left and right cue conditions in the alpha band using paired t-tests and

cluster permutation statistics during the delay period after the retro-cue (as above, but with
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100 iterations) for 60 out of 61 participants. I used the significant sensors to calculate the
AMI for the left-out participant, and repeated the procedure for all participants. For each
left-out participant, one positive (left) and one negative (right) cluster were identified.
Clusters were highly overlapping across participants. The same analysis was conducted in the
beta band. I tested the significance of the AMI using one-sample t-tests over time points
after cue offset and used cluster-based permutation testing (10,000 iterations) to correct for
multiple comparisons across time, with a cluster-forming threshold (and a cluster mass

significance threshold) of p < 0.05.

In order to compare the dynamics of neural effects in individuals with high versus low cueing
benefit, I split the participants into two groups based on the size of the behavioural retro-cue
benefit in each participant (spatial minus neutral retro-cue accuracy, 1/ ¢, median split). 1
confirmed that there were no differences in the numbers of excluded trials between the two
groups (mean high-performers = 9.1 + 5.1, mean low-performers = 10.0 + 4.5; t(56.8) = -0.14,
p = 0.89). Initially, splitting the data led to a significant difference in age (independent
samples t-test between groups: t(49.8) = -2.43, p = 0.02). Therefore I performed the median
split on the residuals of a regression of age against performance (independent samples t-test

between groups: t(50.9) = -1.7, p = 0.1).

To compare the time course of lateralisation between groups, I split the duration of
significant alpha AMI at the group level into three bins, giving an early, middle and late
lateralisation period. Differences in groups for the early, middle and late periods of alpha and
beta modulation were tested using mixed ANCOVAs, regressing out the effect of age.

Mauchly’s test was used to test for sphericity of the data. For both ANCOVAs, the

assumption of sphericity was violated, therefore degrees of freedom were corrected using
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Huynh-Feldt estimates of sphericity, according to the recommendation to use the Huynh-

Feldt correction when the epsilon parameter is greater than 0.75 (Girden, 1992).

To supplement the tertiles analysis and ensure that any difference in lateralisation time course
did not reflect the choice of arbitrary time points, I also performed a cluster-based analysis. A
mixed one-way analysis of variance (ANOVA) tested for the effects of Group (high retro-cue
benefits, low retro-cue benefits), Frequency (alpha AMI, beta AMI), and Group x Frequency
interactions at each time point in the maintenance period after cue offset, and cluster-based
permutation testing was used to control for multiple comparisons across time with a cluster-
forming threshold of p < 0.05 and 10,000 iterations. To test for the effect of Group, group
labels were randomly permuted, and the sum of the largest cluster of F values over time (with
p < 0.05) was saved to build up a null distribution. The same procedure was performed to test
for the effect of Frequency, permuting the frequency labels but keeping Group constant.
Finally, I permuted both Group and Frequency and built up a null distribution to test for the
interaction effect (Anderson & Ter Braak, 2003). I compared the original results with the
right side of the null distributions (one-tailed test) because only an effect that is significantly

greater than the permutation distribution of F values would be interpretable.

Behavioural Results

Main Experiment

As a group, the elderly participants were able to use spatial retro-cues to improve working-
memory performance (accuracy for spatial retro-cue: 0.67 + 0.04; neutral retro-cue 0.35 *
0.02; t(73) = 11.4, p = 7.24 x 10°"; effect size (Cohen’s d): 1.17; figure 1B-C). There was a
significant negative correlation of accuracy on neutral retro-cue trials with age (r = -0.24, p =
0.038; figure 1D), but no relationship between the ability to use a spatial retro-cue to improve
WM accuracy and age (spatial retro-cue accuracy minus neutral cue accuracy: r = -0.036, p =

0.76; figure 1E). In order to compare the extent to which each effect correlated with age
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when any common variance in performance across the conditions was removed, I repeated the
analyses using partial correlations. Accuracy on neutral trials still showed a negative
correlation with age when partialling out the effects of retro-cueing (r = -0.21, p = 0.006), and
retro-cueing benefits showed no relation to age when partialling out the performance on
neutral-cue trials (r = 0.003, p = 0.98). When compared directly using Fisher’s r-to-z

transform, these correlation coefficients differed significantly (z = 2.00, p = 0.046).

The pattern of behavioural results was not significantly affected by whether participants were
taking calcium-channel blockers (15 of 74 participants) or had a previous history of

depression (11 of 74 participants).
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Figure 1. Task schematic and behavioural results for 74 participants. A) Task schematic.
Participants pressed a button to initiate each trial at the “GO” screen. Participants encoded four
orientation stimuli into WM. After a fixed delay of 700 ms, a retro-cue appeared. In half the trials, a
spatial retro-cue (100% valid) appeared, indicating the location of the item that would subsequently
be probed. In the other trials, a neutral retro-cue provided no predictive information about the
location to be probed. After another fixed delay of 1500 ms, a randomly oriented probe bar appeared
in one of the quadrants. Participants indicated the orientation of the item at that location in the
memory array by rotating the bar and confirmed with a button press. After responding, the correct
orientation of the memory-array item was overlaid as feedback (not shown here). B) Response error
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distributions centred on the target for spatial and neutral retro-cue conditions. The mean error is
plotted at each bin and connected by the lines for the spatial (blue) and neutral (grey) retro-cue
condition and the shading shows the standard error of the mean. The smooth lines show the model fit
(weighted mixture of the von Mises and uniform distribution). X-axis shows response error in
radians, y-axis is the response error probability. C) Scatter and bag plot and bar plot showing the
effect of the spatial retro-cue on WM behavioural measures. The small bar-plot insert shows WM
accuracy for the spatial (blue) and neutral (grey) cue conditions (" p < 0.0001). For the scatter and
bag plot, dots represent individual participants, x-axis is accuracy on neutral retro-cue conditions
and the y-axis is accuracy on spatial retro-cue conditions. Dots above the diagonal represent
participants who exhibited an increase in WM accuracy in the retro-cue conditions relative to the
neutral-cue conditions and dots below the diagonal represent a decrease in accuracy in the retro-cue
relative to neutral-cue conditions. The inner blue bag includes 50% of the data with the largest
depth, the outer grey polygon contains all other non-outlier data points, and the Xs outside of the
shaded areas represent outliers. The cross at the center of the bag plot represents the center of mass of
the bivariate distribution of empirical data (Rousseeuw, Ruts, & Tukey, 1999) . D-E) Age was
negatively correlated with accuracy in the neutral cue condition (D) but not with retro-cue benefit
(E). Correlation values are Spearman’s rank correlation coefficients.

The mixture-model analysis revealed that this effect was attributable to an increase in the
probability of reporting a target (t(73) = 10.1, p = 1.78 x 10'%; effect size: 1.3; figure 2A), a
decreased probability of mistakenly reporting a non-target (t(73) = -6.85, p = 1.93 x 107
effect size: -1.64; figure 2B), and a decrease in guess rate (t(73) = -2.78, p = 0.007; effect size:
0.5; figure 2C). The measure of precision in the mixture model (concentration parameter k)
was also significantly modulated by a retro-cue, though the effect size was small (t(73) = 2.18,
p = 0.032; effect size: 0.32; figure 2D). The 61 participants who were submitted to the MEG
analysis showed a similar pattern of behavioural performance except that precision was no
longer significantly modulated by the cue. Statistical values for the subset of participants were:
accuracy for spatial retro-cue (0.68 + 0.04; neutral retro-cue 0.35 + 0.02; t(60) = 11.4, p = 1.34
x 107; effect size:1.24), probability for target (t(60) = 10.1, p = 4.4 x 10°"; effect size: 2.00),
probability for non-target (t(60)= -6.85, p = 1.7 x 107; effect size: -1.52), guess rate (t(60)= -

2.78, p = 7.0 x 107 effect size: -1.07); precision (t(60) = 1.11, p = 0.27; effect size: 0.17).
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Figure 2. Significant retro-cue benefits in WM components from the mixture model analysis for 74
participants. The probability of target recall (A), and precision (D) were significantly higher in the
retro-cue relative to the neutral-cue condition, and the probability of non-target (B) and guess
responses (C) were significantly lower in the retro-cue relative to the neutral-cue condition. ™ p <

0.00001; ** p < 0.01; *p < 0.05.

MEG Results

Alpha power lateralisation during retroactive attention

Retroactive attention to spatial locations in working memory elicits a pattern of lateralised
alpha power activity in posterior cortex in younger adults in both MEG (Poch et al. 2014;
Wallis et al. 2015) and EEG (Myers et al. 2015). Here I tested for an alpha lateralisation
effect related to retroactive attention in older adults. I performed a sensor-space analysis
comparing alpha-band power (8-14 Hz) after left retro cues versus right retro cues.
Performing a cluster permutation test revealed a significant negative cluster (figure 3A, 3B
top panel) over right sensors from 200 ms to 800 ms after cue offset (p = 7.0 x 10*) and a
significant positive cluster over left sensors from 240 ms to 800 after cue offset (p = 6.0 x 10°
). I noted that the distribution of the alpha effects in the left hemisphere extended more

anteriorly than is typically reported, including central and frontal sensors (c.f. Foxe, Murphy,

& De Sanctis, 2014).

I performed the same analysis on the beta band (15-30 Hz) and found a significant negative
cluster over right sensors from 8 ms to 440 ms after cue offset (p < 1.0 x 10™) and a significant

positive cluster over left sensors from 120 ms to 840 ms after cue offset (p = 4.0 x 10™) (figure
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3A, 3B bottom panel). I also performed the same analysis on the theta band (4-7 Hz) and

found no significant effects.

Plots of the raw spectral power at the sensors with maximal alpha-band and beta-band AMI
(Figure 3C) confirmed that their peak distributions were similar to the conventional
frequency ranges used for analysis. Power in the alpha band peaked at 11 Hz over lateral
posterior sensors, while power in the beta band peaked at 19 Hz over lateral central sensors. A
comparison of the topographies associated with alpha-band vs. beta-band lateralisation using
a TANOVA (see Murray et al., 2008) in the period after the retro-cue (8 to 800 ms) showed
them to be significantly different (p < 1.0 x 10™*). A similar analysis confined to the periods of
strongest alpha lateralisation (240 to 800 ms) and beta lateralisation (120 to 440 ms) found

similar results (p < 1.0 x 10%).
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Figure 3. Alpha and beta lateralisation. A) Time course of alpha (8-14 Hz) and beta (15-30 Hz)
power lateralisation from sensors for the left minus right retro-cue contrast. Left: Increase of event-
related synchronsation (ERS) of alpha/beta power on the ipsilateral hemisphere to the attended side
Jfollowing a retro-cue. Right: Decrease of ERS of alpha/beta power on the contralateral hemisphere
to the attended side following a retro-cue. Grey boxes denote significant increase/decrease in
lateralisation for alpha and beta bands. X-axis is time from cue offset; y-axis is frequency power. B )
Left: Topography of alpha (top) and beta (bottom) power for the left minus right retro-cue contrast
at 120 ms to 800 ms (alpha) and 8 to 840 ms (beta) after cue offset. Right: Time course of alpha
(top) and beta (bottom) attention modulation index (AMI). The AMI is the average of the
ipsilateral sensors minus average of the contralateral sensors’ alpha or beta power, respectively (sensor
selection via a leave-one-out method; see Methods). X-axis is time from cue offset; y-axis is AMI.
The bar below the AMI denotes significant lateralisation compared to zero (both alpha and beta
AMI: p < 1.0 x 107 cluster-corrected over time). C) Spectral power for peak alpha and beta
lateralisation sensors. Mean log power for each frequency from 4 to 30 Hz in 1 Hx steps at sensors
that exhibited peak modulation during the period of significant alpha lateralisation (120 ms to 800
ms; lg‘t) and beta lateralisation (8 ms to 840 ms; rig/ﬂz‘) averaged over left and right retro-cue
conditions, showing separate alpha and beta spectral peaks.

Temporal dynamics of alpha lateralisation predict WM performance

In order to test what aspects of neural activity predicted the ability to benefit from spatial
cues, I performed a median split based on the behavioural retro-cue benefit (controlled for
age) for WM accuracy, and then contrasted alpha lateralisation between groups using the
attentional modulation index (AMI; see Methods). I was particularly interested in whether
the strength and timing of the alpha AMI predicted performance. At the group level, alpha
lateralisation reflected in the AMI was statistically significant from 160 ms to 1000 ms after
cue offset (p < 1.0 x 10™). To characterise the time course of lateralisation between groups, 1
split the duration of significant alpha AMI at the group level into three equal bins to form an
early (160 to 360 ms), middle, (480 to 680 ms), and late (800 to 1000 ms after cue offset)
lateralisation period, leaving out the two time points between each time period. A mixed
ANCOVA with within-subject factor Time Bin (Early, Middle and Late), between-subject
factor Group (High and Low retro-cue benefit), and age as a covariate was used to test the
amount of alpha AMI over the early, middle and late time periods between groups (figure
4A). This revealed a significant interaction (F(1.77, 100.6) = 4.47, p = 0.017, np? = 0.73), but
no main effect of Time Bin (F(1.77, 100.6) = 1.53, p = 0.3, np* = 0.03) or Group (F(1,57) =

0.314, p = 0.58, np® =0.005). The interaction was due to significantly less degree of AMI in
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the high relative to low performers in the Late epoch (t(57.8) = -2.79, p = 0.007, effect size: -
0.72), but not in the Early (t(58) = 1.06, p = 0.3, effect size: 0.27) or the Middle (¢(57.7) =

0.8, p = 0.43, effect size: 0.21) epoch.

I conducted the same analysis on the beta AMI to explore whether the group differences were
exclusive to the alpha band (figure 4B). A mixed ANCOVA with within-subject factor Time
(Early, Middle and Late) and between-subject factor Group (High and Low retro-cue
benefit) was conducted on the beta AMI using the same time periods for the alpha AMI
analysis, controlling for age. This also revealed a significant interaction (F(1.9, 101.4) = 6.3, p
= 0.002, np* = 0.108), but no main effect of Time Bin (F(1.9, 101.4) = 1.15, p = 0.85, np” =
0.005) or Group (F(1,57) = 1.45, p = 0.23 , np*> = 0.025). Independent sample t-tests revealed
that the interaction was due to a significant difference between the high and low performers
in the Late epoch (t(58) = -3.27, p = 0.002, effect size: -0.85), with a trend in the Early epoch
(t(57.2) = 2.00, p = 0.051, effect size: 0.52) but not in the Middle (t(52.6) = -0.78, p = 0.43,

effect size: 0.20) epoch.

In order to make sure these effects were not due to the arbitrary time periods selected for
these analyses, I also conducted an analysis of variance using a cluster-based permutation
approach. The analysis revealed a significant cluster distinguishing high and low performers
between 800 ms and 1000 ms after cue offset, suggesting that modulation of alpha and beta
power was longer lasting in the low-performance group (p = 0.026, one-tailed, cluster-
corrected over time). There was a trend for a main effect of frequency between 400 and 680
ms (p = 0.07, cluster-corrected over time), suggesting that the AMI tended to be stronger for
the alpha band than the beta band. There were no interactions, suggesting a similar type of
modulation by performance group in the two frequency bands (p > 0.51, cluster-corrected

over time).
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Figure 4. Temporal profile of alpha/beta lateralisation reflects magnitude of retro-cue benefit in WM
accuracy. A) Left: Time course of the attentional modulation index (AMI) for high and low cueing
benefit groups in the alpha band. The high cueing group exhibited a large increase of AMI after cue
offset that shortly went back to baseline, whereas the low cueing group had a numerically smaller
increase of AMI that lasted for longer. Right: Bar plots showing a significant interaction between
groups for the AMI in the early, middle and late periods. Topographies display t-stat images of alpha
power lateralisation for each group and averaged over the early, middle, and late time points above
each respective bar plot. Topography colmy scale is kept constant with t-values of -4 to 4. The bars
below the AMI denote significant lateralisation (AMI significantly different from zero) in each
group. B) The same analysis is presented for beta. * denotes significant interaction (p < 0.05). C)
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Time—frequency plots of the AMI in participants with high retro-cue benefits (left) and low retro-cue
benefits (right) for visualisation. X-axis is time from cue offset; y-axis is frequency power.
Discussion

I tested a large sample of elderly participants on a WM precision task with retro-cues, and
found that the ability to orient attention in WM is preserved in ageing. Despite finding a
reduction in baseline WM performance with increasing age, the cueing benefit was
unaffected. Posterior alpha-band power was modulated after spatial retro-cues, suggesting
that the oscillatory mechanisms that accompany retrospective attention (Myers et al., 2015;
Poch et al., 2014; Wallis et al., 2015) are also retained in ageing. The temporal profile of
alpha-band lateralisation corresponded with behaviour: Participants with strong cueing
benefits exhibited a short-lived, transient lateralisation of alpha activity, whereas those with
limited benefits showed a prolonged period of alpha lateralisation. Finally, I found that these
effects were also present in the beta band, which has not been reported previously in studies in

young adults (Myers et al., 2015; Poch et al., 2014; Wallis et al., 2015).

In line with previous research on younger adults (e.g. Griffin & Nobre, 2003; Landman et
al., 2003; Makovski, 2012; Nobre, et al., 2007; Nobre, 2004; Rerko & Oberauer, 2013; Rerko
et al.,, 2014; Sligte, et al., 2008; Williams et al., 2013), healthy older adults were able to use
retro-cues to benefit their WM performance. A model-based analysis showed that, as a
group, there was a robust increase in the probability for reporting the target item and
reduction in misreporting non-target items. There was also a modest increase in the precision
of the reported memorandum, although this effect was not significant in the reduced data set
(N = 61) used for the MEG analysis. In addition, I found that flexible orienting within WM
did not decline with age, whereas baseline WM performance did. Specifically, WM accuracy
in the neutral cue condition decreased as a function of increasing age, replicating the

commonly reported age-related decline in WM maintenance functions (e.g. lachini et al.,
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2009; Peich et al., 2013; Reuter-Lorenz & Sylvester, 2005; Salthouse, 1992, 1994). In
contrast, there was no correlation between the retro-cue benefit and age. Consistent with the
current results, previous perceptual studies have shown that older adults can use spatial pre-
cues to improve performance in perceptual target detection and discrimination tasks (e.g.
Madden et al., 2004; Nissen & Corkin 1985; Tales et al., 2002). However, two studies
reported that older adults have an impaired ability to orient attention within WM using
retro-cues (Duarte et al. 2013; Newsome et al. 2015; see below for further discussion). In
addition to showing preserved orienting within WM in healthy ageing, I found that these

intact orienting functions may reduce the detrimental effect of age on WM performance.

Flexible orienting of attention within WM elicited a transient pattern of lateralised alpha
activity in older adults, similar to what has been observed for young participants (Myers et al.
2015; Poch et al. 2014; Wallis et al. 2015), thereby indicating relative preservation of
oscillatory mechanisms in healthy ageing. This transient activity could reflect a shift of
attention to the cued item in WM. For example, attentional selection could lead to a change
in the item’s representational state so that it can guide subsequent memory recall (Larocque,
Lewis-Peacock, & Postle, 2014; Zokaei, Ning, Manohar, Feredoes, & Husain, 2014).
Following completion of the selection process, alpha lateralisation may no longer be required
(see Wallis et al. 2015). This brief activation may represent a state of rapid memory access to

the behaviourally relevant item within WM.

High variability between subjects in the strength and timing of alpha lateralisation allowed us
to investigate the neural markers of good versus poor orienting ability. I found that
participants with high and low retro-cue benefit had similar overall magnitudes of alpha
lateralisation in the delay after the retro-cue. However, the temporal profiles of alpha

lateralisation over the delay period differed markedly between groups. Participants with a
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high retro-cue benefit had a strong increase of alpha lateralisation immediately after the cue,
which quickly returned to baseline. In contrast, participants with a low retro-cue benefit had a
moderate increase of alpha lateralisation after the cue, which was sustained for a longer period
of time before it went back to baseline. If alpha lateralisation after a retro-cue in fact
corresponds to a punctate process of retrieval, or a change in accessibility, then lateralisation
should last no longer than this retrieval or transition process itself. I speculate that the more
sustained alpha lateralisation in the low-performing group may reflect a less efficient memory

selection process.

In this group of older adults, effects of attentional modulation were also present in the beta
band. I ruled out that the effects observed in the beta band resulted merely from shifts in
spectral power as a function of ageing. In this cohort, alpha and beta bands had distinct peak
frequencies and topographical distributions. These effects in the beta band have not been
reported in similar studies testing younger participants (Myers et al. 2015; Wallis et al. 2015).
These findings are in line with previous EEG studies reporting greater beta power
modulation in older adults relative to younger adults in attention and WM tasks over central
electrodes (Deiber et al., 2010; Karrasch, Laine, Rapinoja, & Krause, 2004), although they

have not specifically reported lateralised effects related to spatial attention.

The contribution of the beta-band lateralisation during WM control in the current
experiment remains unclear. I speculate that older adults may employ additional strategies
and neural resources to compensate for normal declines in ageing (Cabeza, 2002; Grady,
2008; Reuter-Lorenz & Cappell, 2008), which may be reflected in beta-band modulation.
For example, some studies report that older adults additionally recruit the motor network for
cognitive and motor tasks (Deiber, Ibafiez, Missonnier, Rodriguez, & Giannakopoulos, 2013;

Kopp, Howe, & Wessel, 2011; J. B. Rowe et al., 2006). However, because the effects of alpha

112



and beta were not entirely separable in this study, future studies could use a longitudinal
design to examine whether there are in fact separable effects and if recruitment in the beta

band is a consequence of ageing.

The current study points to larger flexibility and executive control in older adults compared
with other studies. In particular, my current behavioural findings stand in contrast to two
previous studies showing that older adults were unable to benefit from retro-cues (Duarte et
al. 2013; Newsome et al. 2015). I used a WM precision task with orientations, whereas both
previous studies used a traditional colour change-detection task. The precision task may
simply have been more sensitive to subtle behavioural differences between cue conditions
(Zokaei et al., 2014). Furthermore, I used an accuracy measure that considered each
participant’s response variability (i.e. their inverse precision), whereas the previous study took
standard reaction-time and accuracy measures. Another major difference between the studies
was in the sample size (74 here compared with 18 and 19 in the previous studies). The
absence of an effect may have been due to higher inter-subject variability in behavioural
performance in older adults (Botwinick, 1978; Krauss, 1980; Welford, 1985), meaning larger

samples may be required to observe reliable effects.

Prior studies have found that older adults are impaired in the ability to suppress irrelevant
items from entering WM (Chadick et al., 2014; Gazzaley et al., 2005, 2008). These findings
may seem at odds with the current results. One major difference is that these previous studies
tested selective gating of input into WM, i.e., the ability to suppress irrelevant items at
encoding. Conversely, I tested for control over WM items affer encoding. One purpose of
the current study was to investigate whether older adults have deficits in exerting control over
WM. I found that older adults had preserved abilities for orienting attention within WM,

which suggests no deficit in the suppression of irrelevant items in WM. It is important to
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note that some studies that reported attentional deficits for the contrast between old and
young groups also found differences within the old group, in which high performers show
some suppression of irrelevant stimuli and low performers show no suppression (Chadick et

al., 2014; Gazzaley et al., 2005).

A separate line of research investigating selective attention in ageing suggests that older adults
can use pre-cues to improve target detection and discrimination performance to the same
degree as young adults (Madden, 2004; Nissen & Corkin, 1985; Tales et al., 2002), contrary
to studies by Gazzaley and colleagues. However, in studies that reported age-related attention
deficits, distractors were often salient and foveal (such as faces and houses), whereas research
using pre-cues as well as the current study used small, peripheral items. These discrepancies
might be related to the greater difficulty for suppressing salient, foveal distractors compared
with peripheral distractors (Zanto & Gazzaley, 2014). It is unclear whether the current results
would still hold if irrelevant items were more salient or distracting. Future research should
study whether control mechanisms within WM are impaired in ageing when more salient

distractors are combined with retro-cues.

While the present study showed that older adults, as a group, are able to orient their attention
flexibly within WM to optimise performance, it was also able to demonstrate high individual
variability in cognitive performance. This variability was linked to differences in the temporal
dynamics of neural oscillations, which may be a marker for healthy attentional mechanisms in
ageing. Studying variability within elderly adults might be able to tell us about behavioural
and neural signals that underlie successful cognitive ageing. Indeed, in order to examine this
question, one research group has already begun to study “superagers”, which are elderly adults
who have unusually high memory abilities (Gefen et al., 2014, 2015; Rogalski et al., 2013;

also see Nyberg et al., 2012). The current results show that different patterns of neural activity
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can distinguish between persons with different levels of flexible control in WM. This
individual-differences approach may be a promising way to investigate the behavioural and

neural markers of preserved cognition in ageing.
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4. Emotional working memory: Task development

Chapter Abstract

Does the ability to hold any type of information in WM decline with age? WM capacity, as
measured by tests that assess the short-term retention of simple visual stimuli, words, or
digits, shows significant declines with age. However, different types of stimuli are processed
differently in the brain and remembered differently depending on its affective and
motivational value, as well as its relevance to oneself. As such, WM abilities for emotional
content may not show the same pattern of decline as those observed in standard tests of WM.
Only a handful of studies have tested for WM abilities for emotional content, and the task
paradigms are generally not specifically tailored to test for emotional content, and often not as
appropriate for testing elderly participants. In this chapter, I review the literature showing
how emotional content can affect selective attention and WM in younger and older adults,
and present the development and assessment of a new WM precision task to study WM
abilities for emotional content through a series of experiments with young adults. I present
the findings of these experiments, and illustrate the measures that can be obtained from these
tasks to index WM abilities for emotional content, which will be used to test in older
participants in the next chapter.
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Introduction

4.1. Emotional working memory

The ability to keep information in mind over short periods of time exhibits marked decline in
ageing — but is this always the case? Stimulus content affects the way sensory information is
processed, and the ability to keep things in WM might depend on the stimulus features and
personal relevance of the memory items. Consequently, there might be a benefit in WM
abilities for objects that are more ecologically valid and motivationally salient for older adults.
Affective processing, for instance, does not exhibit a simple steady decline like other cognitive
functions in ageing (Grady, 2008; Hedden & Gabrieli, 2004; Mather, 2012). Elderly adults
are relatively unimpaired at performing certain tasks with emotional content (e.g. Calder et
al., 2003; Keightley et al., 2006; Mammarella et al.,, 2013; Mikels, et al., 2005; although see
Ruffman et al., 2008 for some deficits in emotional recognition) and selectively attend to the
emotional parts of their lives as much as, or even more than, younger adults (Carstensen et al.,
2003). Could older adults have relatively preserved abilities for the short-term maintenance of
emotional information? And could the individual differences in the WM ability for different
affective contents depend on cognitive health (general cognitive function, non-emotional
WM) or emotional health (mood) in ageing? In the following, I will review the effect of
emotional content on cognition in young adults and in healthy ageing, and motivate why it is
interesting to study WM for emotional content in elderly adults. I will then propose a new
experimental paradigm to investigate WM for emotional content in healthy ageing, and
develop the paradigm over the next few chapters. Finally, I will present a large behavioural
study using the optimized version of the new paradigm to test WM abilities for emotional

and non-emotional content in a large group of young and older adults.

4.2. Emotion influences attention and working memory in young and old adults

Stimuli with affective content can modulate attentional allocation and neural processing
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(Compton, 2003; Vuilleumier & Driver, 2007; Vuilleumier, 2005; Yiend, 2010) and can lead
to benefits or costs in behaviour (E. Fox & Damjanovic, 2006; Holmes et al., 2005; Lipp &
Derakshan, 2005; Ohman, Flykt, et al., 2001; Phelps et al., 2006; Pourtois et al., 2004;
Vuilleumier et al., 2001). The effects of emotional material on performance furthermore vary
with anxiety (Bradley et al., 1998, 1999; E. Fox et al., 2001, 2002; Mathews & MacLeod,
2005; Yiend & Mathews, 2001) and depression (Bradley et al., 1997; Donaldson et al., 2007;
Gotlib et al., 2004; Joormann & Gotlib, 2007; Leyman et al., 2007; Mogg et al., 1995). Many
studies have supported the idea that young adults tend to preferentially process negative
information over neutral or positive information across cognitive domains, which could be
linked to innate survival mechanisms (Rozin & Royzman, 2001). Indeed, it would be
evolutionarily advantageous to be alert when encountering a fear-inducing stimulus, such as a
snake (Damasio & Carvalho, 2013; LeDoux, 2003; Pessoa & Adolphs, 2010; Phelps, 2006).
For instance, Ohman et al. (2001) showed that participants were faster at finding a target (a
discrepant image that did not belong to the category of the other items in the display) when it
was a fear-related compared to a non-fear-related target (in a display of spiders, snakes,
flowers or mushrooms). Spider- and snake-phobic individuals further showed a greater
reaction-time benefit when the target belonged to the category of their own phobia. Lipp &
Derakshan (2005) used an attentional dot-probe task and found that all participants exhibited
speeded reaction times for probes that replaced pictures of spiders, but with an even greater
facilitation in spider-phobic individuals. Others have similarly shown a facilitation of
discriminating oriented bars or gratings following presentations of negative stimuli, in the
form of reaction-time benefits (Pourtois et al., 2004) and increases in contrast sensitivity
(Phelps et al., 2006). Finally, some studies have found that performance on WM tasks for
negative (threatening and fear-related) stimuli is enhanced in healthy young adults (e.g.
Jackson et al., 2014, 2008, 2009; Mikels et al., 2008). These studies indicate that emotional —

in particular fear-related or threatening — stimuli can attract attention and facilitate perceptual
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processing to prepare to act upon things identified to be behaviourally significant.

Older adults also show benefits in attention and memory tasks for emotional stimuli
(D’Argembeau & van der Linden, 2004; Hartley et al., 2013; Mammarella et al., 2013;
Mather & Knight, 2006; Mikels et al., 2005; Rosler et al., 2005) and exhibit a tendency to
focus on positive over negative information (Carstensen & Mikels, 2005; Charles et al., 2003;
Grady et al., 2007; Mather & Carstensen, 2005; Mikels et al., 2005; Reed et al., 2014). For
instance, threat detection seems to be unimpaired in older adults (Mather & Knight, 2006;
Rosler et al., 2005). In one study, young and old adults were asked to detect a discrepant
emotional expression in a set of schematic faces (e.g. an angry face in an array of neutral faces;
Mather & Knight, 2006, using the paradigm in Ohman, Lundqpvist, et al., 2001). Both young
and old adults were faster at detecting an angry face in an array of faces with neutral
expressions compared to detecting the non-threatening (sad, happy) emotional expressions.
Rosler et al. (2005) also found that both young and old participants attended to emotional
stimuli more than neutral stimuli, with slightly less sustained attention (looking time) to
negative stimuli in older adults. Furthermore, the amygdala — a brain structure involved in
processing emotional stimuli — has been reported to show relatively little structural decline or
changes in functional response to emotional information in old age (Good et al., 2001;
Mather et al., 2004). A few studies that have tested for WM abilities for affective content in
healthy ageing have found WM benefits for emotional stimuli. For example, Mammarella et
al. (2013a) found a significant age-related deficit of WM for non-emotional words, but no
such deficit occurred for WM for emotional words (positive or negative). D’Argembeau and
van der Linden (2004) found that older adults were impaired at recalling the identity of a set
of previously presented faces (after a five-minute delay), but showed equivalent performance
to younger adults for identifying the emotional expression (angry or happy) of a recalled face.

Hartley et al. (2013) found similar results using a change-detection task. They asked
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participants to remember faces (one, two, or three) over a short delay period and judged
whether a face presented at the end of the trial matched one of the faces in the memory array
in emotional expression (experiment 1) or identity (experiment 2). Older adults performed as
well as young adults in remembering the emotional expression but were significantly worse at
the recalling the identity. These studies seem to suggest that WM for emotional content

might be relatively preserved in healthy ageing.

Most of these studies testing for WM abilities for emotional content in both young and old
used a modified version of the WM change-detection task (Luck & Vogel, 1997) containing
emotional face stimuli or scenes with affective content. Behavioural measures in these types of
task are often limited to accuracy and reaction time. The traditional change-detection
paradigm, therefore, is not ideally suited for testing how well, or to what degree memory for
emotional information is preserved (e.g. how fearful did they remember the face to be?).
Furthermore, many of these tasks require participants to response as quickly as possible,
which, for reasons of fatigue and motor problems, may not be ideal for an elderly population.
Here, I designed a new type of task to characterise WM accuracy and bias for emotional

content in healthy ageing.

4.3. Working memory for emotional content in ageing: a new experimental paradigm

To characterise WM for emotional content in healthy ageing, an emotional analogue of the
visual WM precision task (Bays & Husain, 2008) was developed. This type of WM precision
task is an extension of the classic change-detection paradigm (Luck & Vogel, 1997), which
enables modelling the components of WM in a way that provides more information about the

WM representation in different experimental conditions. In a typical visual WM precision
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task, participants encode a number of stimuli (e.g. orientations, colours) into memory over a
short maintenance period and subsequently make a forced-choice judgment on the test
stimulus that appears at the end of the trial. At the onset of the test stimulus, the participant
has to judge how the stimulus feature (e.g. orientation, colour) changed with respect to the
corresponding memorandum. For example, in orientation memory, participants judge
whether the test stimulus was tilted clockwise or counter-clockwise relative to the item in
memory that had appeared at that same location. The test stimulus could be tilted a small,
medium, or a large amount clockwise or counter-clockwise relative to the memory item (e.g.
in Bays & Husain, 2008: 5°, 20°, or 45°). Performance is generally better for large changes
compared with smaller changes. The distribution of clockwise responses (plotting “proportion
responded clockwise” as a function of rotation condition) can be fit and described by a
cumulative Gaussian, assuming a Gaussian distribution of error in the memory
representation. The precision, or quality of the WM representation can thus be characterized.
A common measure is the tightness of this distribution, computed by taking the reciprocal of
the standard deviation. The probability that the item was entirely dropped from memory,
commonly termed the guess or lapse rate, can also be estimated by calculating the asymptote
of the cumulative Gaussian function (Bays & Husain, 2008; A. M. Murray et al., 2013, 2011;
W. Zhang & Luck, 2008). The bias for responding clockwise or anticlockwise can also be
computed or estimated (Bays & Husain, 2008), although this is often assumed to be zero in

these tasks.

To adapt the visual WM precision task to emotional WM, a set of face stimuli with happy
and fearful emotional expressions were used. Photographs of faces were edited and morphed
to produce facial expressions with emotional intensities ranging from 0 to 100% in order to
create a set of stimuli with a continuous scale similar to orientations (see Stimuli and

Apparatus section below). To test emotional WM, participants would encode and remember
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the features of emotionally expressive faces for subsequent memory judgements involving

emotional changes between the remembered and test stimuli.

Experiment 4A

A WM precision task with emotional face stimuli was developed to study the ability to
maintain emotional content in WM. Only a few studies have attempted to characterise WM
for affective content in healthy ageing (Hartley et al., 2013; Mammarella et al., 2013; Mikels
et al., 2005). Most studies that have tested WM for emotional content in young adults used a
modified version of the standard WM change-detection task (Luck & Vogel, 1997) using
scenes with affective content or emotional faces, and mostly used measures of reaction time
and proportion correct (e.g. Jackson et al., 2014, 2008, 2009; Mikels et al., 2008). Here, 1
designed a modified version of the visual WM precision task (Bays & Husain, 2008) in order
to assess the feasibility of using a WM precision-style task to characterise WM abilities with

emotional content in ageing populations.

In each trial of the experiment, participants encoded two faces into WM with an emotional
expression (fearful or happy) of a certain emotional intensity (ranging from low to high).
After a short delay, a test face re-appeared on the screen and the participant made a judgment
as to whether the test face was more or less emotionally intense that the face in memory at the
same location and with the same identity. The emotional intensity difference between the two
faces was small, medium, or large (10%, 20%, and 30% difference). Participants were able to
perform the task adequately, and responses produced reasonable accuracy measures. It was
therefore possible to derive psychometric functions that characterised WM abilities for
emotional material. This initial study also revealed parameters and procedures of the
paradigm that could be further improved. These enabled further development and refinement

of the task, as detailed in the next section (Chapter 4.2).
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Methods

Participants

The study was reviewed and approved by the Central University Research Ethics Committee
of the University of Oxford. Twenty adults (aged 18-29; mean: 24.1.1 + 0.62) took part in
this experiment. They provided written informed consent and were compensated 15 pounds

for their time.

Stimuli and Apparatus

Forty-eight face stimuli (16 identities, three types of emotional expression) were selected from

the NimStim stimulus set (http://www.macbrain.org/resources.htm). Stimuli were used and

adapted with permission from Nim Tottenham (creator of the NimStim face stimulus set).
Happy, fearful, and neutral face images were used to produce graded happy and fearful
expressions. Stimuli were cropped (Adobe Photoshop CS5) and then morphed from neutral
to fearful and from neutral to happy in 10% steps covering the whole range from 0% to 100%.
The procedure yielded 336 unique stimuli in total. Ten identities were selected for the main

experiment and six were selected for the practice session.

For each person (identity) in the stimulus set, one photograph was selected from each
emotion type (fear, happy, neutral) in the mouth-open configuration forming a set of 3 (see
figure 4.1.1 for examples). All faces had the open-mouth configuration so that morphing
from the neutral face to the emotional face (which is naturally with the mouth opened) would

look more natural.
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Y
Figure 4.1.1. Example photos selected from the NimStim face stimulus set including neutral (left),
Searful (middle), and happy (right) in the open-mouth configuration. See Appendix figure §4.1 for
all stimuli used.

Each photo was cropped using an elliptical mask (dimensions of rectangle: 506 x 650 pixels;
dimensions of ellipse: 350 x 572 pixels), so that the image mainly displayed the facial features
(excluding most of the hair, neck and background). The dimensions were kept constant so
that the size of all stimuli would be the same. The mask was created in Photoshop, and the
size of the ellipse was determined by the size of largest face in the selected stimulus set. The
colour of the mask was identical to the background screen colour during the experiment
(black), so all that would be seen is an oval face stimulus. For cropping, images were loaded

into Matlab and converted into greyscale. The elliptical mask was overlaid onto the

photographs to create a black border and saved as images in Matlab (see figure 4.1.2).
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Figure 4.1.2. Cropping stimuli. An elliptical mask was laid over each photograph for A) neutral B)
Jearful and C) happy faces.

These images were then loaded into Morpheus Photo Morpher. For each person in the face
stimulus set, a set of faces morphed from neutral-to-fear and a set of images morphed from
neutral-to-happy were produced. A pair of faces (neutral-emotional) was loaded into the
program, and markers were placed on the facial features that would make the morphs look the
as naturalistic as possible (see figure 4.1.3 for illustration). Each marker on one photograph
would correspond to a marker on the other photograph that was to be morphed to. This
allowed the program to select features at the point of the marker on one photograph to morph
into the features at the corresponding marker on the other photograph. In order to ensure a
high quality morph, which smoothly transitioned from one face to the other in all facial
features, approximately 10 markers were placed on each eye, 10 on each eyebrow, 15 on the

nose, 15 on the lips, and from eight to 60 dots on the teeth. Approximately 20 dots were

125



applied on the outline of the face and another 10 on the hair. The morphing procedure was

performed in the same way for both emotion types.

Figure 4.1.3. Morphing emotional faces using morphing software. Morphing software was used to
create a set of stimuli with a gradual change from A) neutral to fearful and B) neutral to happy facial
expressions. The program takes each marker on the left photograph to identify the feature and location
to morph to at the corresponding marker on the middle photograph. On the right is a preview of the
morphed images with A) 60% fearful and 40% neutral emotional content and B) 60% happy and
40% neutral emotional content.

The key differences between the neutral and emotional facial expressions were in the number

and location of the wrinkles, mouth size and shape, and the visibility of the teeth. The most
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difficult part to morph were the teeth because, in some cases, a morph had to start from a
neutral face with little or no teeth visible, to an emotional face with full set of clearly visible
teeth. In other cases, some teeth were shown in one photograph and different teeth were
shown in the other. In these cases, care was given to morphing the photographs by adding
more dots where appropriate in order to make the morph transition from one face to the
other more naturalistic. Some photographs were not used because a naturalistic morph was

not possible for one or both of the emotions.

This resulted in 16 facial identities with two morphed emotion stimulus sets. Ten of the
highest quality stimulus sets were selected for the main experiment. See figure 4.1.4 for
examples of a set of high quality morphed happy and fearful expressions. The remaining six

identities were selected for practice trials (see Appendix figure S4.1 for all stimuli used).

Figure 4.1.4. Examples of the full set of morphed images from 0 to 100% in 10% steps for A) a

neutral-to-happy morph and B) a neutral-to—fear morph. See all morphed face stimuli in Appendix

Sfigure §4.1.

In order to avoid retinal afterimages during the WM maintenance period, scrambled masks
were produced by randomly shuffling the positions of each pixel of the face stimulus (within
the elliptical mask). Each face stimulus to be encoded into WM was followed by a scrambled

mask, which was a scrambled version of the same face. These scrambled masks were produced
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by randomly shuffling the positions of each pixels of the face stimulus within the elliptical

mask (see figure 4.1.5).

Figure 4.1.5. Examples of the scrambled face masks paired with each face stimulus. A) Right:
Original happy face, Left: Scrambled happy face. B) Right: Original fearful face, Left: Scrambled

Sfearful face.

The task was programmed and run in Matlab v.7.10 (MathWorks) using the Psychophysics
Toolbox v.3.0 package (Brainard, 1997). The task was presented on an LCD screen with a
spatial resolution of 1680 by 1200 pixels and a refresh rate of 60 Hz, placed ~67.5 cm from

the participant.

The faces subtended 10°x 16.3°, and were presented at the left and right side of the fixation
cross on the horizontal meridian (centred at ~9.75° in lateral visual angle from fixation). The

“w »

fixation cross was a plus sign (“+”) subtending ~1.5° at the centre of the screen.

Task design and Procedure
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A WM precision task was used to test the ability to maintain emotion-laden stimuli in WM
(figure 4.1.6A). Participants were asked to hold visual fixation on a cross at the centre of the
screen and encode two peripherally presented faces into memory (sample face array; 800 ms).
The faces were followed by masks (scrambled versions of the same faces; 200 ms) and a blank
maintenance period (1000 ms). One of the faces reappeared with the same identity and
location, but with a different emotional intensity (test face; 800 ms). Participants made a
response to indicate whether the current face was more or less emotionally intense than the
face in memory at the same location. The fixation cross remained on the screen at all times.
The sample-test emotional intensity difference was 10%, 20% or 30% in either direction
(sample more emotionally intense than test, sample less emotionally intense than test). There
was no time limit for responding. In order to probe participants about whether test stimuli
were more or less emotionally intense that the face in memory, it was necessary to allow a
margin of 30% between the sample and test stimuli (maximum emotional intensity
difference). Accordingly, the emotional intensity of the sample face was constrained to vary
between 30% to 70%, whereas emotional expressions of the test faces spanned from 0% to

100%. Table 4.1.1 summarises all experimental conditions.

Sample face more emotionally intense than test face ( Sample : Test)

Bin 1 Bin 2 Bin 3 Bin 4 Bin 5
10% difference 30:20 40: 30 50:40 60 :50 70 : 60
20% difference 30:10 40:20 50:30 60 : 40 70:30
30% difference 30: 0 40:10 50:20 60 : 30 70 : 40

Sample face less emotionally intense than test face ( Sample : Test)

Bin 1 Bin 2 Bin 3 Bin 4 Bin 5
10% difference 30:40 40:50 50:60 60:70 70 : 80
20% difference 30:50 40 : 60 50:70 60 : 80 70:90
30% difference 30:60 40:70 50:80 60 : 90 70 :100

Table 4.1.1. Emotional expression intensity values for the sample and test faces for each emotional
intensity bin condition from low to high (columns) and sample-test emotional intensity difference
(rows). Each cell displays the emotional intensity of the sample face and test face for each condition:
the left number is the emotional intensity of the sample face and the right number is the emotional
intensity of the test face. The conditions were identical for both fearful and happy WM.
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Participants completed fear and happy conditions in separate blocks. Responses were made
using the ‘up’ and ‘down’ arrow keys to judge whether the emotional expression of the test
face was more intense or less intense than that of the sample. The response keys were
counterbalanced across participants, so that for one participant, ‘up’ meant that the test face
was more intense than sample, and in another participant, ‘up’ meant the test face was less
intense than sample (or the sample face was more intense than test). Accuracy was
emphasized over reaction time, and there was no time limit for the response. After each
block, feedback was given (percent correct) to motivate good performance and to ensure that
participants understood the task. Participants were asked to keep their eyes on the fixation

cross at all times. Eye position was not monitored.

Pilot experiments indicated that participants struggled to detect changes in emotional
expression in the task, because the change from sample to test face was relatively subtle.
Therefore, prior to the experiment, participants were shown each face stimulus once, the
experimenter verbally explained the emotional change they had to detect and made sure they
understood how to respond (11 emotional intensities, 16 identities). Participants were given
one to two practice blocks of the emotional WM precision task (50 trials per block for each
emotional condition). The practise task was exactly the same as the main experiment, except
that the facial identities were selected from the practise face set, and trial-by-trial feedback

was provided at the centre of the screen during the practice (“Correct” or “Incorrect”).

In the main experiment, each participant completed six blocks of 50 trials for each emotion
type (fearful, happy), resulting in 300 trials per emotion type. They completed six blocks of
one emotion type before going onto six blocks of the other emotion type. Emotion block

order was counterbalanced across participants. Identities of the faces for the whole set of trials
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were randomised for each participant, so that the identities in each condition were
consistently random between participants. The identity sets were randomly allocated between
emotion conditions so that all identities were used in both emotion conditions. At the end of
the session, participants were asked about their engagement with the task and the way they
performance the task (e.g. if they used memory maintenance to perform the task, cognitive
strategies employed), and the experimenter provided an explanation of the experimental task

and purpose when asked.

Data Analysis

The aim of the analysis was to determine whether the task provided a sensitive measure of
accuracy and reliable psychometric functions. Accuracy (proportion correct) and the
proportion for reporting the test more emotionally intense than sample (for plotting

psychometric functions) were computed for each participant.

To investigate the components of WM for emotional content, response distributions were
binned according to sample-test emotion difference for ‘proportion responded test more
emotional than sample’ and fit to a mixture model (Bays & Husain, 2008). In this model, the
responses are assumed to come from two separate distributions: a uniform ‘guess’ or ‘lapse’
distribution in which participants had no information about the sample memory face relative
to the test face, and a Gaussian distribution that represents the variability of memory
representation. The guess distribution was modelled to provide an estimate of the probability
the relevant aspect of the facial features were in memory, where a higher value indicates a
higher probability the features were not in memory (guess rate). The probability that a
participant made a correct response depends on L, the mean of the Gaussian, o, the width

(standard deviation) of the Gaussian (precision defined as the reciprocal of the standard
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deviation; 1/6), PGUESS, the probability that participants are guessing, and A, the size of the

sample-test emotion difference on each trial. This is captured in equation 3:

(correct | A) = (1 - PGUESS) * normed f(A, u, o) + (PGUESS/2) (3)

where normedf is the cumulative density function of the normal distribution. The mean is a
measure of bias, in which a significant shift of the mean from 0 indicates the responses were
different for conditions where the sample emotion was greater than test compared with test
greater than sample. PMEM, the probability that the relevant feature was in memory is 7 —
PGUESS. The model was fitted for each participant and each emotion type separately using
maximum likelihood estimation (Myung, 2003). Paired t-tests were used to test differences
between emotion types in the model parameter estimates. Cohen’s d was used to determine

the effect sizes.

To explore the effect of emotional intensity on WM performance, data were binned into five
different emotion intensities levels, from low to high (average of the sample and test
emotional intensity values; see table 1). Note that because the sample faces were restricted
from 30% to 70% emotional intensity, the absolute emotion intensity values were different for
the sample greater than test compared with the sample less than test emotion difference
conditions. For example, when the sample-test difference was 30%, the lowest sample-test
pair was sample-30 and test-0 for the sample more intense than test trials, and the lowest

sample-test pair was sample-30 and test-60 for the sample less intense than test trials.

To explore the differences in WM performance for emotion type, emotional intensity, and

emotional intensity difference, a repeated-measures ANOVA was conducted on WM

accuracy with factors Emotion (fear, happy), Intensity (bins: 1, 2, 3, 4, 5), Sample-Test
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Intensity Difference (10%, 20%, 30%), and Direction (sample more emotionally intense than
test, sample less emotionally intense than test). Degrees of freedom were corrected using
Greenhouse-Geisser estimates of sphericity when normality assumptions were violated.
Paired t-tests were used to test for the direction of the differences between conditions. To test
for the direction of linear effects with more than two conditions, general linear models were
applied to individual participants’ data and submitted to one-sample t-tests. Cohen’s d was

used to determine the effect sizes (Cohen, 1988).

To test whether response biases contributed to participant responses, perceptual sensitivity

(d) and criterion (c) were calculated using the standard formula as in Macmillan and

Creelman (1997):

d=zH) -z (F)

and

c=-[z(H) + z(F)]/2

where z(H) (or z(FA) stands for the z-transform of the hit rate (or false alarm rate). T'rials
were ‘hits’ was when participants responded test face more emotional than sample face when
the test face was more emotional than sample, and ‘misses’ when they responded test face less
emotional than sample. Trials were ‘correct rejections’ when participants responded test less
emotional than sample when it was less emotional than sample, and ‘false alarms’ when
participants responded test more emotional than sample. The hit rate for each participant was
the total number of hits divided by the total number of trials (where the test face was more
emotional than the sample face), and the false alarm rate was the number of false alarms
divided by the total number of trials (where the test face was less emotional than the sample

face). 4’ and criterion were computed for each Intensity condition. One-way ANOVAs were
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performed on Intensity conditions for d’ and criterion scores, one-sample t-tests were used to
test differences from zero, and paired t-tests were used to test for the direction of the

differences between conditions.

Statistical analyses were conducted in Matlab R2015a, Matlab’s Statistics Toolbox and R
version 3.2.1 (R Core Team, 2015) using the afex package (Singmann, Bolker, & Westfall,

2015).

Results

Working memory for emotional facial expressions

Participants performed the task with a high degree of accuracy but still far from ceiling. They
were reliably better than chance — proportion correct happy: 0.8 + 0.02, fearful: 0.75 = 0.02.
Psychometric functions across the group of participants (Figure 4.1.6B) were qualitatively
similar to those in non-emotional visual WM tasks (e.g. Bays & Husain, 2008; A. M. Murray
et al.,, 2013, 2011). Individual psychometric functions for each participant are shown in
Appendix Figure S4.2. Participants were highly engaged in the task and reported retaining
the faces in memory during the maintenance period at the debriefing session after the

experiment.
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Figure 4.1.6. Task and bebavioural performance for the emotional WM precision task. A)
Emotional WM task schematic. Participants encoded two peripherally presented faces into memory.
After masks and a short maintenance period, a test stimulus appeared on the left or the right of the
screen. The task was to judge whether the test face was more or less emotionally intense relative to the
item in memory at the same location. Fearful and happy conditions were completed in separate
blocks. B) Group psychometric function for emotional WM. The proportion of test face stimuli judged
to be more emotionally intense than the face in memory (y-axis) as a_function of sample-test emotion
difference for fearful face and happy face conditions (x-axis). Perfect performance would correspond to
“1” for the conditions where the sample face was less emotionally intense than test (10%, 20%, 30%)
and ‘0" for the conditions where the sample face was more emotionally intense than test

(-10%, -20%, -30%). C) Proportion correct for fearful and happy face WM conditions for sample
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more intense than test (two left bars) and sample less intense than test (two right bars). ™ Designates
significant interaction, p = 0.02; ™ designates significant effect, p < 0.001. D) Mixture-model
parameter estimates for WM for emotional expressions. The mixture model was applied on each
individual participant’s psychometric function (see Appendix figure 8§4.2 for psychometric of
individual participants). The bar graphs show the mixture model estimates of the bias (left), the
standard deviation (inverse precision; middle) and the guess rate (right) for WM for fearful and
happy facial expressions. ™ designates significant effect, p < 0.01.

To examine the differences in performance for emotion type, a mixture-model analysis was
performed on the psychometric curves for each individual participant to test for differences in
precision (inverse of the standard deviation of the cumulative Gaussian response distribution)
of the memory representation, the guess rate, and the bias. I was able to attain reasonable
parameters estimates for all participants using individual psychometric curves (figure S4.2).
There was some between-subject variability in the slopes and the height of the asymptote,
reflected in the parameter estimates. However, not all participant curves converged to
asymptote, which means the guess-rate parameter may not be as reliable with these
participants. In general, it was feasible to apply this model to characterise WM performance
for emotional content and compare the components generated from the model. There was a
significant difference between emotion types in bias (t(19) = 2.98, p = 0.008, effect size: 0.39)
but no difference in the standard deviation (inverse precision; t(19) = 1.14, p = 0.26, effect
size: 0.24) or guess rate (t(19) = 0.93, p = 0.36, effect size: 0.32; figure 4.1.6D). The
difference in bias can be attributed to participants’ greater tendency to judge the test stimulus

to be less emotionally intense in the fearful versus happy face conditions (figure 4.1.6B, three

rightmost bins; also see Emotion x Intensity interaction below and figure 4.1.6C).

I also performed a standard ANOVA on accuracy (proportion correct), which produced
similar results. WM accuracy was significantly different between emotion types (F(1,19) =
24.54, p =8.82 x 107, 5p2 = 0.56), with more accurate responses for happy faces compared
with fearful faces (t(19) = 4.95, p = 8.82 x 107, effect size: 0.64). There was a robust effect of

Sample-Test Intensity Difference (F(2,38) = 158.23,p =1.14x 10", np2 = 0.89), reflecting
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higher accuracy when the sample-test emotion difference is large and lower accuracy when
the difference is small (mean slope: 0.09 + 0.005: t(19) = 20.32, p = 2.39 x 10, effect size =
4.54). Finally, there was an effect of Intensity (F(3.19,60.58) = 13.76, p = 3.60 x 107, p2 =
0.42), reflecting a modulation of WM accuracy with varying emotional intensity of the

sample-test pairs.

There was an interaction between Emotion and Direction (F(1,19) = 6.90, p = 0.02, np2 =
0.27), indicating the effect of Emotion type was different when the sample was more
emotional than the test face compared to when it was less than the test face for one of the
emotion types (figure 4.1.6C). WM accuracy was higher for happy faces relative to fearful
faces when the sample face was less emotionally intense than test (t(19) = 7.14, p = 8.62 x
107, effect size: 0.78; figure 4.1.6C, two right bars) but not when sample was more intense
than test (¢(19) = 1.27, p = 0.22, effect size: -0.2; figure 4.1.6C, two left bars), and these
effects were significantly different from each other (¢(19) = 2.63, p = 0.02, effect size: 0.38).
This suggests that the presence of the fearful face at test could have affected performance

independently of WM maintenance (see below for discussion).

There was also a significant interaction between Emotion and Intensity (F(3.81,72.39) =

3.35, p = 0.017, np2 = 0.15), reflecting a differential effect of intensity for emotion types.
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Figure 4.1.7. WM accuracy for faces with increasing/decreasing emotional intensity depended on the
sample-test emotion difference direction (if the sample was more emotionally intense than the test face
or less intense than the test face). A) Intensity by Direction interaction. The black line is WM
accuracy for conditions when sample was more emotionally intense than test, and the grey line is WM
accuracy for conditions when sample was less intense than test. B-C) Intensity by Direction
interaction for B) fearful face and C) happy face conditions separately for illustrative purposes. Dark
red/blue is WM accuracy for conditions when sample was more intense than test, light red/blue for
conditions when sample was less intense than test. For all figures, the x-axis is the emotional
intensity from low to high (see Table 1 for the emotional intensity values); y-axis is proportion
correct.
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There was an interaction between Intensity and Direction (F(2.89,55) = 144.61, p = 9.19 x
10, np2 = 0.88; figure 4.1.7A) related to better performance with increasing intensity in
conditions where sample faces were less emotionally intense than test (mean slope: 0.07 *
0.006, t(19) = 12.8, p = 8.28 x 107", effect size: 2.87), and a decrement in performance with
increasing intensity when sample faces were more intense than test faces (mean slope: -0.07 +
0.006; t(19) = -11.08, p = 9.84 x 10™'% mean difference between slopes: 0.14 + 0.009; t(19) =
15.8, p = 2.09 x 10", effect size: 5.32; figure 4.1.7A, see figure 4.1.7B and 4.1.7C for the
same effect for fearful and happy face conditions. This effect might be due to a strategy that

participants used or a response bias due to the task design.
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criterion for B) fear (red) and C) happy (blue) face conditions separately for illustrative purposes. For
all figures, the x-axis is the emotional intensity from low to high (see Table 1 for the emotional
intensity values); y-axis is d’ or criterion.

To test whether participants were responding according to some response criterion, sensitivity
d’ and criterion were computed for each intensity condition (figure 4.1.8). As a group,
participants performed the task properly (one-sample t-tests for d’ values in all intensity bins:
t's(19) > 12.87, p’s < 7.79 x 10", effect sizes > 2.87; figure 4.1.8A, left; see figure 4.1.8B and
4.1.8B C for the same effects separated into the fearful and happy face conditions) with all
participants’ d’ values numerically greater than zero in all conditions. Criterion scores revealed
that participants were indeed biased to respond sample more intense than test when the test
face when emotional intensities were low and sample less intense than test when intensities
were high (F(3.09,58.65) = 4.29, p = 0.008, np2 = 0.18; one-sample t-tests for intensity bins
from low to high: t(19) = 8.17; t(19) = 3.75; t(19) = 0.48; t(19) = -3.46; t(19) = -10.44, p =
1.22 x 107 p = 0.001; p = 0.64; p = 0.003; p = 2.62 x 107, effect sizes: 1.83; 0.84;
0.11; -0.77; -2.33; figure 4.1.8A, right; see figure 4.1.8B and 4.1.8.C for the same effects

separated into the fearful and happy face conditions).

Discussion

A new behavioural task to investigate WM abilities for emotional content was developed and
implemented. Participants were able to perform the tasks with high accuracy, and reasonable
psychophysical curves could be derived. A mixture model was used to characterise WM
performance for emotional content, which gave sensible parameter estimates. Furthermore,
performance differences were noted for different emotion types and intensities. Results using
this initial task design also revealed task properties and procedures that could be further
improved. These are addressed below, and will be used to refine the task further in the next

chapters.
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A mixture model was successfully applied to the data, which characterised WM performance
into three separate sources of error. The parameters estimates from the model gave consistent
results to the raw accuracy scores, but also gave an insight to the WM-performance
differences between emotion types. The results suggested that the difference in WM
performance was due to a shift in the mean of the psychometric functions (bias) rather than
the precision of the WM representation or the probability of dropping the item from memory
(guessing rate). The modelling approach enabled us to ask questions in a way that have not
yet been addressed before in emotion-WM experiments. Reassuringly, the standard analysis
yielded results that were consistent with the model parameters, suggesting that the modelling

procedure was not crucial to understanding the data.

Participants were better at maintaining happy faces in WM compared to fearful faces, which
was attributed to worse performance for the fearful conditions when the test face was more
emotionally intense than the sample face. One possible explanation is that a high-intensity
fearful face appearing at test — the moment at which comparison of emotional intensities is
required — may have been distracting. Overall, when the test is more fearful than the sample
face, it tends to have a high fear expression (ranging from 40% to 100%). This effect was not
observed for happy faces. As an improvement, therefore, the next version of the task should
use neutral faces at test, which are equivalent in appearance and emotional content for both

happy and fearful face conditions, and therefore do not differ in their capture of attention.

Another issue was that the current task appears to encourage strong response-strategy effects,
which may mask the probing of the emotional content of the WM representations. This was
observed as an interaction between emotional intensity and the sample-test emotion
difference direction. By design, the range of intensity values for the sample face ranged from

30% to 70%, and the values for the test face ranged from 0% to 100%. If the test face has an
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emotional expression of high intensity, the participant may think that the sample is likely to
be lower in emotional intensity, and if the test face had a low intensity, the sample is likely to
be higher in emotional intensity. Therefore, in a given trial, if the test face was high in
emotional intensity, participants may simply respond “sample less emotional than test” and if
the test face was low in emotional intensity, participants may simply respond “sample more
emotional than test”. The results are consistent with this idea, whereby participants judge
sample faces as more intense than test faces when the test face emotional intensity is low.
This results in participants being more likely to be correct when the sample face was in fact
more intense than the test face (figure 4.1.7A: bins one and two, black line), but less likely to
be correct when the sample was less intense than test (figure 4.1.7A: bins one and two, grey
line; also see criterion scores in figure 4.1.8A, left: bins one and two). In contrast, when the
emotional intensity was high, participants judged the sample faces to be less emotionally
intense than test, being more likely to be correct when the sample face was less intense than
the test face (figure 4.1.7A, bins four and five, grey line), but less likely to be correct when the
sample was more intense than the test face (figure 4.1.7A, bins four and five, black line; also
see criterion scores in figure 4.1.8A, left: bins four and five). Note that if participants applied
the same strategy using the sample face emotional intensity, the results would be reversed.
Therefore, although participants were performing the task properly (shown by reasonable d’
values), they were also biased by the emotional content of the test stimulus. Since
discrimination judgements on relative emotional intensity differences can induce these
response strategies, they are not ideal for characterising emotional WM. In designing the next
experiment, I will modify the task to encourage genuine memory maintenance rather than the

use of response strategies.

Overall, the first version of the emotional WM paradigm showed some success — participants

were highly engaged in the task, and were able to maintain faces with emotional expressions
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in WM and discriminate emotional intensity differences between the morphed emotional
expressions. Despite this, two major issues may have compromised the ability to measure
maintenance of emotional stimuli in WM with the best sensitivity. Even if participants were
maintaining emotional expressions of faces in mind, the design might have encouraged biases
or strategies that reduce the memory demands of the task. Based on these issues, I propose to
use a new WM task using the same emotional face stimuli, but to ask participants to recall the
emotional expressions from memory, rather than compare the relative emotional intensity

differences from the sample to the test face.

4.2. Working memory for emotional content II: free recall

To characterise WM for emotional content whilst avoiding the problems in the previous
version of the task, an emotional analogue of a visual WM precision task with a free-recall
response method (e.g. Bays & Husain, 2008) was developed. Recently, researchers developed
a free-recall version of the visual WM precision task, in which participants recall the
orientation or colour of the item in memory (Bays et al., 2009; Wilken & Ma, 2004; W.
Zhang & Luck, 2008), rather than discriminate differences between the sample and test
stimulus (e.g. Bays & Husain, 2008). In a typical free-recall visual WM precision task (e.g.
Bays et al., 2009; Bays, Wu, & Husain, 2011; Wilken & Ma, 2004; W. Zhang & Luck,
2008), participants encode a number of stimuli (e.g. orientations, colours) into memory over a
short maintenance period until a test stimulus appears at the end of the trial. There are several
response methods that have been used to test WM recall. For orientation memory, the same
oriented stimulus could be presented at a random orientation, and participants adjust the
stimulus to match the orientation stored in memory using a mouse or keyboard (e.g. Bays et
al., 2011). For colour memory, a coloured square may be presented to the participant, and
they would use the mouse or keyboard to scroll through the colours in that square and

respond when the colour matches (e.g. van den Berg, Shin, Chou, George, & Ma, 2012).
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They could also recall the colour of a memory item by clicking on a colour wheel (e.g. Bays et
al., 2009; Wilken & Ma, 2004; W. Zhang & Luck, 2008). To compute a measure of WM
accuracy, the reported orientation angle or colour (1°-180° or 1°-360° in orientation space, or
1°-360° in colour space on a colour wheel) is subtracted from the angle of the tested memory
item, giving the angular deviation of the response from the actual stimulus. The mean value
of the unsigned error (i.e. angular deviation irrespective of the sign of the deviation) from the
target is commonly termed “WM error” or “mean absolute deviation”, a measure of (inverse)
WM accuracy. The bias for responding more clockwise or anticlockwise in orientation or
colour can also be computed or estimated by finding the mean of the signed error (e.g. Bays
& Husain, 2008; Fougnie, Suchow, & Alvarez, 2012), although this is assumed to be zero in
most tasks. These responses generate continuous data and provide a rich dataset for assessing

WM performance.

To adapt this paradigm to test WM with emotion-laden stimuli, a set of emotional face
stimuli were used. As before, I used the same faces with fearful and happy facial expressions
but increased the number of morphed face stimuli to range from 0% to 100% emotional
intensity in 1% steps. Instead of comparing the test face to the sample face emotional
intensity, participants recalled emotional expressions by adjusting the facial expression of an
emotionally neutral test face to the expression in memory. This response mode avoids the
two main issues identified in the previous task. Since the test face is always neutral (0%
emotional intensity), this design avoids the distracting effect a fearful test face might have on
WM performance. In addition, the test stimulus provides no useful information regarding the
correct response. Instead, participants must rely on the emotional content of the sample faces
in memory in order to perform the task, and will not be able use the expression of the test face

to guide their responses as they did in the previous version of the task. Finally, the free-recall
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response generates fine-grained behavioural data and should provide a better characterisation

of WM for emotion-laden stimuli over the previous design.

Experiment 4B

To avoid the issues that arose in the previous version of the task and to improve the sensitivity
of the task, a WM precision task with a free-recall response method was developed to study
the ability to maintain emotional content in WM. In each trial of the experiment, participants
encoded one or two sequentially presented faces into WM with an emotional expression
(fearful or happy) of a certain intensity (ranging from low to high). After a short delay, an
emotionally neutral face re-appeared at the centre of the screen matching the identity of one
of the presented faces. Participants recalled the emotional expression and intensity of the
corresponding facial identity from memory and used a trackball mouse to adjust the emotional
expression of the face on the screen to match the emotion type and intensity of the
remembered face as precisely as possible. All participants were able to perform the task
adequately, and their errors for the short-term retention of emotional facial expressions
followed Gaussian distributions. The task, therefore, was judged to be suitable for
characterising WM for emotional material. In the next few sections, further refinements will
be made to the paradigm, in order to optimise parameters such as timing and load, and to

include a perceptual control task with emotional stimuli.

Methods

Participants

The study was reviewed and approved by the Central University Research Ethics Committee
of the University of Oxford. Twenty adults (aged 18-31; mean: 22.75 + 0.82) took part in this
experiment. They provided written informed consent and were compensated 15 pounds for

their time. None of the volunteers had participated in the previous experiment.
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Stimuli and Apparatus

The same original set of face stimuli were used as in Experiment 4A (48 stimuli: 16 identities,
each with emotional expressions of fear, happy and neutral in the open-mouth configuration),
and the same procedures were followed for generating additional emotional expressions
through morphing. The set of face stimuli was extended to include morphs from emotional
expressions with intensities from 0% to 100% in 1% steps, resulting in 3,216 unique stimuli in
total. In contrast to experiment 1, all possible emotional intensities were used. As before, the
same ten identities were selected for the main experiment, and the remaining six identities
were used for the practice session. Scrambled masks were produced for each face stimulus as

in experiment 1.

The task was programmed and run in Matlab v.7.10 (MathWorks) using the Psychophysics
Toolbox v.3.0 package (Brainard, 1997). The task was presented on an LCD screen with a
spatial resolution of 1680 by 1200 pixels and a refresh rate of 60 Hz, placed ~67.5 cm from
the participant. The faces were presented at the centre of the screen and subtended 10° x

16.3° .The fixation cross was a plus sign (“+”) placed at the centre of the screen and subtended

~1.5°.

All participants were asked to complete eight self-report questionnaires measuring state and
trait anxiety (State-Trait Anxiety Inventory, STAI; Spielberger, 1983) and positive and
negative affective states and traits (Positive and Negative Affect Scale: PANAS negative trait
and state, positive trait and state, positive trait 21 and state 21; Watson, Clark, & Tellegen,
1988). Qualtrics online survey software (Qualtrics, Provo, UT) was used to deliver the

questionnaire surveys and generate the summary statistics.
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Tuask Design and Procedure

The experiment tested the ability to remember faces with emotional expressions in WM. A
modified WM precision task (Bays et al., 2011; Wilken & Ma, 2004; W. Zhang & Luck,
2008) with emotional face stimuli was used to study WM performance for emotional content

(figure 4.2.1A).

In the main experiment, participants encoded one or two faces into memory and were tested
on one of the faces at the end of the trial. Stimuli were happy or fearful faces with
pseudo-randomly selected levels of emotions from intensity values of 0 to 100% in 1% steps.
Emotion type conditions were intermixed within each block, whereas load conditions (one,
two) were completed in separate blocks. In the load-1 condition, each trial began with a
fixation cross at the centre of the screen (100 ms), after which a face stimulus (350 ms)
appeared immediately followed by a scrambled mask (80 ms). In load-2 blocks, the initial
face-mask pair was followed by a second face-mask pair with the same presentation
parameters after a 1000 ms inter-pair interval. The second face had a distinct identity. After
the final face-mask pair, a maintenance period of 1000 ms followed, after which a test face
with a neutral expression was presented. Participants adjusted the emotional expression of the
test face to match the emotion type and intensity of the face in memory with the
corresponding identity. The test face was always presented at 0% emotional intensity
(neutral), and participants adjusted the face using a trackball mouse, scrolling left for one
emotion and right for the other (counterbalanced across participants). The interval between
trials, commencing after response termination, was 800 ms. After each block, feedback was
given (percent correct) to motivate good performance and to ensure that participants
understood the task. Participants were asked to keep their eyes on the fixation cross at all

times. Eye gaze was not monitored.
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This type of response generated continuous data. Accuracy was stressed over reaction time.
There was no maximum response time, but participants were encouraged to respond within

six seconds of probe presentation in the interest of time and to reduce memory degradation.

Participants first completed questionnaires reporting anxiety and mood on a desktop
computer, and then proceeded to the main experimental task. Participants were given one or
two practice blocks of the emotional WM precision task for each of the load-1 and load-2
conditions (25 trials per block). Most participants only required one practise block. The
practise tasks were exactly the same as the main experiment, except that the facial identities

were selected from the practise face set.

In the main experiment, each participant completed sixteen blocks of 50/51 trials, resulting in
a total of 808 trials. Load-condition block order was counterbalanced across participants. For
each emotion type (fear, happy), an image from each emotion intensity level (0 to 100% in 1%
steps) was presented four times for each load condition (load 1, load 2). There were 404 trials
for the load-1 condition, with 202 trials per emotion type. For the load-2 condition, there
were 101 trials for each possible combination of face-pair presentations, giving four
sub-conditions: a) fear-fear, b) happy-happy, c) fear-happy, and d) happy-fear. In each
sub-condition, participants were tested on the first face on half the trials and the second face
on the other half of the trials. Unfortunately, due to a technical error, the target and
non-target emotional intensities in the load-2 conditions were not properly randomised, and
were positively correlated. Therefore, the effects of intensity of the target versus the
non-target intensity on WM performance could not be tested. The facial identities were
randomly allocated between emotion conditions and all identities were used in both emotion
types. At the end of the session, participants were asked about their engagement with the task

and the way they performed the task (e.g. cognitive strategies employed), and the
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experimenter provided an explanation of the experimental task and purpose when asked. The

whole testing session lasted approximately 105 minutes.

Data Analysis

The aim of this analysis was to characterise the ability to retain stimuli with emotional
content in WM and test whether performance on these tasks are correlated with individual
differences in mood and anxiety.

To characteriset WM for emotional facial expressions, I computed the WM error,
corresponding to inverse behavioural accuracy, and the WM bias, corresponding to the degree
to which participants overestimated or underestimated the emotional content in the facial
expressions in their response. To compute these measures, participants’ responses were
subtracted from the target face emotional intensity values on each trial, giving a distribution
of the deviation of the responses from the target face emotional values (signed error in percent
emotional intensity). The mean of the absolute (positive) values represents the response error
(hereon simply referred to as “error”), and the mean of the signed values represents the bias.
The magnitude of error indicates how far each response was from the target stimulus
emotional value in percent emotional intensity irrespective of the sign of deviation. Lower
error means higher accuracy and higher error means lower accuracy. The bias gives a measure
of a systematic bias to report emotions as consistently more or less emotionally intense relative
to the target. If participants made responses that were on average higher intensity (more
emotional) than the target face, they would have a positive bias; if they mostly made responses
that were lower in intensity (less emotional) than the target, they would have a negative bias.
When a response was incorrectly adjusted to the opposite emotion, the error would be
negative because it was on the other side of the response spectrum to neutral (0%). Both
measures were computed within participant to derive a mean error and mean bias per

participant. Note that measures of WM error and bias are positively correlated if all errors
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were positively signed errors (responses more emotional than the target face), or negatively
correlated if all errors were negatively signed errors (responses less emotional than the target
face). The data are usually a mix of positively and negatively signed errors, but when
responses are consistently positively or negatively biased, mean bias and error will reflect an

equivalent measure of behavioural performance.

To characterise the bias and error in WM for emotional content, the range of target
emotional intensities was restricted to 21 — 80% in emotional intensity for the analyses for
error and bias. This was motivated by the range of emotional expressions used not forming a
circular distribution, which in turn introduces response ceiling and floor effects when
reporting expressions at the high and low end of the emotional range respectively. In the
high-intensity conditions, it is always possible to report a face that was less emotionally
intense than the target face (responses to the left of zero on the error distributions), whereas
there are a smaller number of possible responses when reporting the face as more emotionally
intense than the target face (responses to the right of zero on the error distributions). For the
low-intensity conditions, there is a much smaller range of possible responses when giving
responses that are less emotionally than target face, unless they report the other emotion type.
In trials with high or low emotional intensity, responses would show a negative or positive
skewed distribution of errors, respectively. Therefore the range of emotional intensities of the
target faces were restricted to 21 — 80% in intensity in order to allow all intensity conditions
to show symmetric distributions of error and enable a better measure of behavioural

performance.

Responses to the correct emotion type reflect accurate WM representations of the target

emotion type and intensity (with some error), whereas responses to the incorrect emotion

type (e.g. reporting a 20% fearful face when the target was a 20% happy face) do not.
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Responses to the incorrect emotion type (e.g., like incorrect responses in other psychophysical
tasks) do not belong to the same distribution as the correct responses. Accordingly, analyses

were performed after excluding responses to the incorrect emotion type.

To inspect the effect of emotional intensity of the faces on WM performance, intensities were
binned into five equal bins (1 — 20, 21 — 40, 41 — 60, 61 — 80, 81 — 100) of emotional intensity
conditions (a total of 160 trials per bin — 40 trials for each emotion type and load condition).

Bin 1 and bin 5 conditions were excluded in the analyses for WM error and bias.

After excluding trials with neutral (0% intensity) targets, there were 800 trials (400 per
emotion type), within which there were 160 trials per emotional intensity bin (80 per emotion
type). After removing misreported emotion trials, there were 370.1 + 0.88 trials for the fearful
face conditions and 349.9 + 0.95 trials for the happy face conditions (out of 400 trials). Split
into number of trials per emotional intensity bin, the mean (+ S.E.M.) number of trials per
bin were as follows: bin 1: 114.7 + 0.71, bin 2: 140.3 + 0.28, bin 3: 152.7 + 0.39, bin 4: 155.1

+ 0.24, bin 5: 157.4 £ 0.15.

To explore the differences in WM performance for emotion type, emotional intensity, and
the effect of load, a repeated-measures ANOVA was conducted on WM error for Emotion
(fear, happy), Intensity of the target face (bins: low, medium, high), and load (one, two). A
repeated-measures ANOVA was also performed for the WM bias with the same factors.
Degrees of freedom were corrected using Greenhouse-Geisser estimates of sphericity when

normality assumptions were violated.

To explore whether emotion type or intensity had an effect on misreporting the wrong

emotion type (e.g. recalled a 25% fearful but it was in fact a 25% happy face), a
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repeated-measures ANOVA was conducted on the proportion of misreported responses with

factors Emotion (fear, happy), Intensity (bins: 1, 2, 3, 4, 5), and load (one, two).

Paired t-tests were used to test for the direction of the condition differences and one-sample
t-tests were used to test for differences from zero. In order to test for the direction of linear
effects with more than two conditions, I fit a line to each participant’s data across conditions,
and tested whether the slope of the line was larger or smaller than zero (one-sample t-test at
the group level). This reveals whether the performance measure increased or decreased across

conditions. Cohen’s d was used to determine the effect sizes (Cohen, 1988).

Spearman’s rank correlations were used to explore possible relationships between WM
performance (error and bias scores separately, averaged over load conditions and intensities)
individual differences in mood and anxiety. To reduce the number of comparisons, three
composite measures were computed for each participant: negative affect (mean of PANAS
negative state and trait), positive affect (mean of PANAS positive state, positive state 21,
positive trait, and positive trait 21), and anxiety (mean of STAI state and trait). Given the
exploratory nature of the analysis and the limited small sample size, non-significant
correlations will be considered when there is a hint of an association, either statistically or

because there are consistent patterns of trend correlations between measures.

Statistical analyses were conducted in Matlab R2015a, Matlab’s Statistics Toolbox and R

version 3.2.1 (R Core Team, 2015) using the afex package (Singmann et al., 2015).

Results

Working memory for fearful and happy facial expressions
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Participants were able to complete the task with high accuracy (mean error: 17.5% + 0.97) in
both emotion types and load conditions (fearful load one: 15.7% + 0.74; fearful load two:
19.5% =+ 1.2; happy load one: 15.8% =+ 0.69; happy load two: 18.8% = 0.94). The error
distributions for single participants followed a Gaussian distribution of error, but with a
negative skew — likely due to the trials where participants mistakenly reported the wrong
emotion type and because it was not possible to response much more emotionally intense for
the trials with high emotional intensity faces. Therefore, the main analyses were performed
on the faces with 21% — 80% emotional intensities (excluding extreme emotions) and after

excluding trials where participants mistakenly reported the wrong emotion type.

Figure 4.2.1 summarises the task and displays the main behavioural results at the group level.
Participants were able to complete the task with high accuracy (mean error: 14.1% + 0.75) in
both emotion types and load conditions (fear load one: 14.1% =+ 0.73; fear load two: 15.3% =+
0.83; happy load one: 12.6% *+ 0.64; happy load two: 14.2% =+ 0.72). Error distributions for
single participants followed a Gaussian distribution, and were qualitatively similar to what has
been shown in visual WM tasks (4.2.1B for group histograms; see Appendix figure S4.3 for

individual participant response error histograms).
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Figure 4.2.1. Task schematic and behavioural performance for WM. A) Task schematic for
emotional WM. Top: In load-1 blocks, participants encoded a facial expression into WM. After a
fixed delay of 1000 ms, a test face appeared with the same facial identity but a neutral facial
expression (0% emotional intensity). Participants made their response by changing the face to match
the emotional expression in memory using a trackball mouse. Bottom: In load-2 blocks, participants
encoded two sequentially presented faces into WM. After a fixed delay of 1000 ms, a test face
appeared with the one of the two facial identities and a neutral facial expression. Participants made
their response by changing the face to match the emotional expression of the tested facial identity in
memory using a trackball mouse. The faces that were encoded into memory ranged from 0% to 100%
Searful or 0% to 100% happy in 1% steps. Load conditions were performed in separate blocks, whereas
emotion type was intermixed within blocks. B) Error distributions for emotional WM centred on the
target face emotional intensity for load one (top) and load two (bottom) conditions. The error
probability is plot at each bin and connected by the lines for fear (red) and happy (blue) WM
conditions. The shaded areas show the standard error of the mean. Bins are equally spaced
from -100% to 100% in 10% steps. X-axis is the response error in percent emotional intensity, y-axis
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is the response error probability. C) Bias (mean of the error distributions in B; left) and error
(unsigned error of the distributions in B; right) for fear (red) and happy (blue) for both load
conditions. Bias and Error were calculated using trials with emotional expressions between 21 and
80% and for which participants reported the correct emotion type.

In a sizable proportion of trials, participants mistakenly reported the wrong emotion type
(mean proportion of happy faces reported fearful: 0.13 + 0.01, mean proportion of fearful
faces reported happy: 0.07 + 0.01). Furthermore, participants were more likely to report a
happy face as fearful than reporting a fearful face as happy (F(1,19) = 9.89, p = 0.005, np° =
0.34; t(19) = 3.14, p = 0.005, effect size: 1.10; figure 4.2.2A). There were more misreported
emotion trials with greater WM load (proportion misreported in load one: 0.08 + 0.01, load
two: 0.12 + 0.01; F(1,19) = 23.99, p = 9.98 x 107, p” = 0.56; t(19) = -4.90, p = 9.98 x 107,
effect size: -0.97). Furthermore, the lower the emotional intensity, the more likely an emotion
type was misreported (F(1.37,26.02) = 129.19, p = 8.61 x10™; 5p° = 0.87; mean slope: -0.06 +
0.004; t(19) = -14.19, p = 1.45 x 10", effect size: -3.17), and the effect was stronger for
happy compared with fear (Intensity by Emotion interaction: F(1.41,26.87) = 20.38, p = 2.40
x 107, np? = 0.52; mean difference in slope: -0.05 * 0.01, t(19) = 4.84, p = 1.15 x 10, effect
size: 1.58). Plotting target face intensities as a function of participant responses (figure
4.2.2B) showed that most responses were centred on the target (grey identity line on the right
of each scatter plot) but a proportion of the trials were responses to the incorrect emotion type
(responses to the left of zero on each plot). The pattern of responses was generally consistent
across participants, with some between-subject variability in the accuracy of responses and

number of misreported emotion trials (see figure S4.4 for scatterplots of each participant).
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Figure 4.2.2 Proportion of trials where participants misreported the emotion type for each Emotion
and Intensity value condition. A) Bar plots showing the proportion of misreported-emotion trials for
each emotional intensity bin from 10% to 90% in 20% steps for fearful (red) and happy (blue) faces
Jfor load one (left) and two (right) conditions. B) Scatterplots of target face emotional intensities
plotted as a function of participant responses. X-axis is the target emotional intensity value, y-axis is
the reported emotion; positive values correspond fto the target emotion type intensities, negative
values correspond to the other emotion type intensities. Responses to the correct emotion type lie to the
right of zero, and responses to incorrect emotion type lie to the left of zero. Correct responses would lie
on the identity line (y = x) on the right of each plot. A ‘mirrored’ version of the identity line (y = -x)
is plot on the left side for reference. Each point is an individual trial, and each scatter plot includes all
the trials in the specified condition for all participants. The areas in grey are trials from 0% — 19%
and 81% — 100% emotional intensity, which were removed from the main analyses.

To explore how the task characterises WM abilities for emotional content, I tested for the
effect of Emotion-Type, WM-Load and Emotion-Intensity on WM error and bias in the
trials of interest. As expected, there was a significant effect of WM-Load on error (F(1,19) =

8.20, p = 0.01, p” = 0.30; figure 4.2.1C, right) reflecting better performance for trials with

one memory item relative to two memory items (t(19) = -2.91, p = 0.01, effect size: -0.44).
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There was also a significant effect of Emotion-Type (F(1,19) = 18.24, p = 0.0004, 5p” = 0.49)
reflecting lower WM error for happy faces relative to fearful faces (t(19) = -4.15, p = 0.0005,
effect size: -0.44; figure 4.2.1C, right). Finally, there was a main effect of Intensity
(F(1.70,32.30) = 8.37, p = 0.002, 5p” = 0.31), reflecting higher error with greater intensity

(mean slope: 0.90 = 0.26, t(19) = 3.55, p = 0.002, effect size = 0.79; figure 4.2.3A).

Bias showed an effect of WM-Load (F(1,19) = 5.25, p = 0.03, 7p° = 0.22), with greater
positive bias in load-1 relative to load-2 conditions (t(19) = 2.29, p = 0.03, effect size: 0.34;
but neither were different from zero: load-1: t(19) = 1.46, p = 0.16, effect size: 0.33, load 2:
t(19) = -0.16, p = 0.88, effect size: = -0.03; figure 4.2.1C, left). There was an effect of
Emotion-Intensity (F(1.85,35.11) = 26.20, p = 1.96 x 107, 5p” = 0.58), reflecting a difference
between low and high intensities (t(19) = 5.17, p = 5.42 x 107, effect size: 0.89) and medium
and high intensities (t(19) = 13.60, p = 3.06 x 10", effect size: 0.87), but not between low
and medium intensities (t(19) = -0.74, p = 0.47, effect size: -0.11; figure 4.2.3B). Low
intensities were recalled as more emotionally intense than presented at sample (t(19) = 2.25, p
= 0.036, effect size: 0.50), with a similar trend for the medium intensities (t(19) = 1.99, p =
0.06, effect size: -1.97) and a trend in the opposite direction for the high intensities (t(19)
= -1.87, p = 0.076, effect size: -0.42). There was no effect of Emotion-Type (F(1,19) = 2.69,

p=0.12, np’ = 0.12).
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Figure 4.2.3. Effect of emotion type and emotional intensity on WM performance. A) WM error
(unsigned) plotted as a function of emotional intensity for load one (left) and load two (right)
conditions. B) WM bias (signed error) plotted as a function of emotional intensity for load one (left)
and load two (right) of each panel. In all plots, the x-axis is the target face emotional intensity
binned from 30% to 70% in 20% steps, the y-axis is the behavioural measure.

Correlations between emotional WM performance and mood

In order to assess the feasibility of linking individual differences in mood with emotional
WM abilities, I tested for correlations between behavioural measures and mood/anxiety scores
(see Figure 4.2.4 for distributions of mood scores). There was a relatively good distribution of
mood scores for positive affect (mean: 48.25 + 1.84; range: 38.75 — 63.25) and anxiety (mean:
32.63 + 1.81; range: 20.5 — 55.5), but less so for negative affect (mean: 15.85 + 1.46; range:
10.5 — 34), which also showed a skewed distribution with a large proportion of the

participants around the lower limit.
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Figure 4.2.4. Distributions of mood and anxiety scores over participants. Histograms showing the
distribution of mood scores for negative affect (left), positive affect (middle) and anxiety (right).
X-axis is the mood/anxiety measure and y-axis is the number of individuals.

In general, high negative mood or anxiety was positively correlated with WM error, and
positive mood was associated with lower error (figure 4.2.5). Negative affect and anxiety
showed a trend to correlate positively with WM error for fearful faces (negative affect: r =
0.40, p = 0.078; anxiety: r = 0.40, p = 0.078), with a similar trend for anxiety with WM error
for happy faces (r = 0.32, p = 0.16). Positive affect was negatively correlated with WM error
for happy faces (r = -0.45, p = 0.045). Although not significant, all correlational analyses with
negative affect or anxiety showed positive correlation coefficients, and analyses with positive

affect produced negative correlation coefficients. There were no reliable effects for the bias.
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Figure 4.2.5. Correlations between mood/anxiety and WM performance. A) Scatter plots of
composite mood measures as a function of WM error for fearful faces (top, red) and happy faces
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(bottom, blue), averaged over load conditions and emotional intensities. X-axis is WM error
averaged over load conditions, y-axis is the composite mood measure. B) Scatter plots of composite
mood measures as a_function of WM bias for fearful faces (top, red) and happy faces (bottom, blue),
averaged over load conditions and emotional intensities. X-axis is WM bias averaged over load
conditions, y-axis is the composite mood measure. In all plots, each point is an individual
participant, and correlation values are Spearman’s rank correlation coefficients.

Discussion

A new version of the emotional WM precision task using a free-recall response was
successfully implemented. Participants were able to perform the task with high accuracy,
showed reasonable distributions of WM error, and exhibited differences in performance for
different emotion types and load conditions. It was possible to obtain two measures of
performance to characterise WM for emotional content: error — memory recall accuracy —
and bias — the emotional intensity to which the target faces were recalled from memory. The
bias might be useful for investigating individual differences in representing emotional
intensity in WM that are not be simply attributable to memory performance. Unexpectedly,
participants reported the incorrect emotion type to that which was presented on a sizable
number of trials. Finally, there was a hint of a relationship between WM performance for
emotional content and mood and anxiety measures taken prior to the experimental session.

Good performance tended to be positively correlated with self-reported positive mood and

negatively correlated with negative mood and anxiety.

The new emotional WM precision task revealed several interesting findings in participant
behaviour. Similar to Experiment 4A, WM accuracy for happy facial expressions was
significantly higher than for fearful expressions. Unlike in the previous experiment, this
benefit cannot be attributed to the distractibility of the test face. Response accuracy was
higher in trials with one face compared to two faces, consistent with studies of visual WM
using non-emotional stimuli. Participants also had a tendency to report emotional intensities

as more emotionally intense in load-1 compared to load-2 trials. This raises the possibility
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that the faces were actually recalled as more emotionally intense than they were initially
perceived to be in the load-1 trials. Although the faces were not recalled as more intense than
the objective value of the target face intensity (i.e. the bias was not significantly different from
zero) in either of the conditions, the emotional intensity that the participants perceived at
sample presentation was not examined. To determine whether participants recalled the faces
as more emotionally intense than they perceived them to be, WM bias for emotional content

could be compared with the bias in a perceptual version of the experiment.

Mood questionnaires were administered to assess the feasibility of linking individual
differences in mood or anxiety with emotional WM performance. Based on previous research,
I hypothesised that WM for emotional content might be modulated by mood states and traits
(Mathews & MacLeod, 2005; Yiend, 2010). Since the sample size was too small for
correlational analyses, the results are interpreted with great caution, and are only used to
motivate the measures to be used and validated in subsequent experiments. There were several
notable trends between the emotional WM precision task and measures of self-reported
mood, which predominantly reflected worse performance with greater negative mood and
better performance with greater positive mood. Overall, the behavioural measures in the
current emotional WM task seems to pick up some aspects of general emotional processing
abilities, reflected in the correspondence to various mood trait and state measures. However,
the results also reflect worse cognitive performance with more negative mood. Further
experiments should explore whether these effects are specific to emotional processing,
baseline WM ability, perceptual abilities, or a combination of these factors. Finally, the
sample size should be increased in future experiments to test for reliable relationships between

individual-difference measures and WM performance for emotional content.
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There were a surprising number of trials in which participants reported the incorrect emotion
type — that is, reported seeing a happy face when the face was actually a fearful expression,
and reporting a fearful face when it was actually a happy face. This type of response was
possible because participants had to recall both the emotion type and intensity of the face at
test. Participants may in fact be misinterpreting the valence of the emotion expression,
especially for the more ambiguous, low intensity emotional expressions. They also were more
likely to report happy faces as fearful than report fearful faces as happy. This is consistent with
studies that have shown that neutral faces are interpreted negatively (Phillips et al., 1998), and
so low intensity happy faces were more often judged to be negatively valenced. Although
unexpected, this might be a useful measure for comparing between groups. For example,
individuals who exhibit more positive mood might interpret happy faces with low emotional
intensity as more positive than people who experience more negative mood traits. Older
adults may also interpret faces as more positive relative to younger adults, which may affect
their WM performance for emotional stimuli in general. Therefore, this measure will be used

as an additional measure of WM for emotional content in addition to WM error and bias.

Overall, the modified emotional WM precision task was a success, with reasonable measures
of WM accuracy (error), affective bias (bias), and emotion type misinterpretation. No major
problematic issues surfaced, and the task therefore was judged to be suitable to be used to test
WM for emotional content in healthy ageing. In the next section, I will present a perceptual
version of the task, which can be used as a control task or as a separate measure of emotional

processing.

Experiment 4C

In the previous section, I developed a task that provided good performance measures of WM

for emotional content. Since all conditions in the experiment required memory maintenance,
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it was not possible to determine if the effects of emotion type and intensity were specific to
WM or related to emotional processing in general. Therefore, a perceptual matching task was
also designed to test the ability to match emotional expressions without memory demands. In
this experiment, two faces were simultaneously presented on the screen, and the participant
adjusted one of the faces to match the emotional expression of the other face. The task
provides a measure of perceptual processing of emotional expressions, so that it becomes
possible to separate effects of perception versus WM for emotional information. The
perceptual task can also be used to ensure, in future experiments, that individual differences in
WM performance are not limited to differences in visual acuity — which is especially

important when testing older adults.

Methods

Participants

The study was reviewed and approved by the Central University Research Ethics Committee
of the University of Oxford. Ten adults (aged 19-41; mean: 26 + 2.11) took part in this
experiment. They provided written informed consent and were compensated 10 pounds for

their time. None of the participants had been involved in the previous experiments.

Stimuli and Apparatus

The same set of face stimuli and computer apparatus were used as in Experiment 4B. The
faces subtended 10° x 16.3°, and were presented at the left and right side of the fixation cross
on the horizontal meridian (centred at ~9.75° in lateral visual angle from fixation). The

“w »

fixation cross was a plus sign (“+”) subtending ~1.5° and placed at the centre of the screen.

Task Design and Procedure

The task tested the ability to perceptually judge and match emotional facial expressions

(figure 4.3.1A).
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In the main experiment, participants were presented with a target face on the left of the
screen and adjusted the face on the right of the screen to match the emotion type and
intensity of the target face. The right face was always presented with a neutral (0%) emotional
intensity, and participants adjusted the expression of the face using a trackball mouse,
scrolling left for one emotion and right for the other (counterbalanced across participants). As
in the WM experiment, the target stimuli were happy or fearful faces with pseudo-randomly
selected levels of emotions from intensity values of 0 to 100% in 1% steps. Emotion type
conditions were intermixed within each block. Each trial began with a fixation cross at the
centre of the screen (100 ms) after which two faces with the same identity appear on the left
and right side of the screen. Participants adjusted the emotional expression of the right,
neutral face to match the emotion type and intensity of the face on the left. The interval
between trials, commencing after response termination, was 800 ms. After each block,
feedback was given (percent correct) to motivate good performance and to ensure that
participants understood the task. Accuracy was stressed over reaction time. There was no
maximum response time, but participants were encouraged to respond within six seconds of

probe presentation. Participants could move their eyes freely during the whole trial.

Participants were given one or two practice blocks of the task (25 trials per block). Most
participants only required one practise block. The practise task was exactly the same as the

main experiment, except that the facial identities were selected from the practise face set.

In the experiment, each participant completed eight blocks of 50 or 51 trials, resulting in a
total of 404 trials. For each emotion type (fearful, happy), an image from each emotion
intensity level (0 to 100% in 1% steps) was presented four times. The facial identities were
randomly allocated between emotion conditions and all identities were used in both emotion

types. At the end of the session, participants were asked about their engagement with the task
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and any strategies they used to perform the task. If asked, the experimenter provided an
explanation of the experimental task and purpose. The testing session lasted approximately 40

minutes.

Data Analysis

The aim of this analysis was to characterise the ability to match emotional expressions
without memory demands and to test if performance on these tasks is correlated with

individual differences in mood or anxiety.

To characterise perceptual matching performance for emotional facial expressions, I
computed performance error and bias in the same way as in the WM version of the task. As
in the WM task, responses to the incorrect emotion type were excluded, the range of target
emotional intensities was restricted from 21 — 80% in the analyses for error and bias, and
emotional intensities were binned into five equal bins where bin 1 and bin 5 were excluded in

the analyses for error and bias.

After excluding trials with neutral (0% intensity) targets, there were 400 trials (200 per
emotion type), with 80 trials per emotional intensity bin (40 per emotion type). After
removing misreported emotion trials, there were 192.1 + 1.50 trials for the fearful face
conditions and 189.1 + 1.70 trials for the happy face conditions (out of 200 trials). Split into
number of trials per emotional intensity bin, the mean (+ S.E.M.) number of trials per bin
were as follows: bin 1: 65.1 =+ 1.59, bin 2: 76.5 = 0.78, bin 3: 79.7 + 0.21, 79.9 = 0.10, bin 5,

80 + 0.00).

To explore the differences in performance for emotion type and emotional intensity, a

repeated-measures ANOVA was conducted on performance error for Emotion (fear, happy)
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and Intensity of the target face (bins: low, medium, high). A repeated-measures ANOVA was
also performed for the bias with the same factors. Degrees of freedom were corrected using

Greenhouse-Geisser estimates of sphericity when normality assumptions were violated.

To explore whether emotion type or intensity had an effect on misreporting the wrong
emotion type, a repeated-measures ANOVA was conducted on the proportion of misreported

responses with factors Emotion (fear, happy), Intensity (bins: 1, 2, 3, 4, 5).

Paired t-tests were used to test for the direction of the condition differences and one-sample
t-tests were used to test for differences from zero. In order to test for the direction of linear
effects with more than two conditions, I fit a line to each participant’s data across conditions,
and tested whether the slope of the line was larger or smaller than zero (one-sample t-test at

the group level). Cohen’s d was used to determine the effect sizes (Cohen, 1988).

Statistical analyses were conducted in Matlab R2015a, Matlab’s Statistics Toolbox and R

version 3.2.1 (R Core Team, 2015) using the afex package (Singmann et al., 2015).

Results
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Figure 4.3.1. Task schematic and behavioural performance for perceptual matching of emotional
expressions. A) Task schematic Jfor emotional-expression matching. In each trial, participants were
simultaneously presented with an emotional face on the left of the screen and a neutral face on the
right. They adjusted the emotional expression of the neutral, right face to match the emotion type and
intensity of the face on the left. There was no time limit. The inter-trial-interval was 8§00 ms.
Participants made their response using a trackball mouse. Emotion type was intermixed within
blocks. B) Error distributions for emotional-expression matching centred on the target face emotional
intensity. The error probability is plotted at each bin and connected by the lines for fear (red) and
happy (blue) WM conditions. The shaded areas show the standard error of the mean. Bins are equally
spaced from -100% to 100% in 10% steps. X-axis is the response error in percent emotional intensity,
y-axis is the response error probability. C) Bias (mean of the error distributions in B; left) and error
(unsigned error of the distributions in B; right) for fear (red) and happy (blue).

Perceptual matching performance for fearful and happy facial expressions

Figure 4.3.1 summarises the perceptual task and the behavioural results at the group level.
Participants were able to complete the task with high accuracy (mean error: 9.43% + 0.42) for
both emotion types (fear: 11.18% + 0.60; happy: 7.69% =+ 0.36). Error distributions for single
participants followed a Gaussian distribution (4.3.1B for group histograms; see Appendix

figure S4.5 for individual participant response error histograms).
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Participants mistakenly reported the wrong emotion type on only a minority of trials
(proportion of happy faces reported fearful: 0.05 + 0.01, proportion of fearful faces reported
happy: 0.04 + 0.01). Similar to what was observed in the WM Experiment 4B, the likelihood
of misreporting the emotion type was higher for target faces of low emotional intensity
(F(1.17,10.57) = 74.37, p = 2.61 x 10 5p” = 0.89; mean slope: -0.04 = 0.005; t(19) = -8.61, p
= 1.22 x 107, effect size: -2.72). Unlike the previous Experiment 4B, there was no effect of
Emotion-Type (F(1,9) = 1.68, p = 0.23, np° = 0.16; figure 4.3.2A). Plotting emotional
intensities of target faces as a function of participant responses (figure 4.3.2B) showed that
most responses were centred on the target (grey identity line on the right of each scatter plot)
but a small proportion of the trials were responses to the incorrect emotion type (responses to

the left of zero on each plot) (see figure S4.6 for scatterplots of each participant).
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Figure 4.3.2. Proportion of trials in which participants misreported the emotion type for each
Emotion and Intensity condition. A) Bar plot showing the proportion of misreported-emotion trials
for each emotional intensity bin from 10% to 90% in 20% steps for fearful (red) and happy (blue)
faces conditions. B) Scatterplots of target face emotional intensities plotted as a function of
participant responses. X-axis is the target emotional intensity value, y-axis is the reported emotion;
positive values correspond to the target emotion type intensities, negative values correspond to the
other emotion type intensities. Responses to the correct emotion type lie to the right of zero, and
responses to incorrect emotion type lie to the left of zero. Correct responses would lie on the identity
line (y = x) on the right of each plot. Incorrect responses that reflect a ‘mirrored’ response (e.g. reported
50% fearful when it was a 50% happy face) would lie on a ‘mirrored’ version of the identity line (y
= -x). Each point is an individual trial, and each scatter plot includes all the trials in the specified
condition for all participants. The areas in grey are trials from 0% — 19% and 81% — 100%
emotional intensity, which were removed from the main analyses.
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To characterise the ability to match emotional expressions, I tested for the effect of
Emotion-Type and Emotion-Intensity on the behavioural measures of error and bias. Similar
to the WM Experiment 4B, there was a significant effect of Emotion-Type (F(1,9) = 32.69, p
= 0.0003, 7p” = 0.78) reflecting lower WM error for happy faces relative to fearful faces (t(9)
= -6.60, p = 0.0001, effect size: -2.23; figure 4.3.1C, right). There was also a main effect of
Intensity (F(1.40,12.60) = 5.56, p = 0.03, p° = 0.36), reflecting higher error for low compared
to medium intensities (t(9) = 4.96, p = 0.0008, effect size = 1.59) and high compared to
medium intensities (t(9) = -5.74, p = 0.0003, effect size = -1.50), but no difference between

low and high intensities (t(9) = 1.47, p = 0.18, effect size = 0.47; figure 4.3.3A).

Bias showed an effect of Emotion-Intensity (F(1.68,15.15) = 12.48, p = 0.0009, #p” = 0.58)
reflecting more of a negative bias for low compared to medium intensities (t(9) = -4.33, p =
0.002, effect size: -1.36) and low compared to high intensities (t(9) = -3.24, p = 0.01, effect
size: -0.88), but no difference between medium and high intensities (¢(9) = 1.73, p = 0.12,
effect size: 0.42). In contrast to the WM results, faces were reported as less emotionally
intense than target face when they had low emotional intensity (one-sample t-test: t(9)
= -2.54, p = 0.03, effect size: -0.80) but not in medium (t(9) = 1.70, p = 0.12, effect size: 0.54)
or high intensities (t(9) = 0.02, p = 0.98, effect size: 0.01; figure 4.3.3B). As in the WM
experiment, there was no effect involving Emotion-Type on bias (F(1,9) = 3.55, p = 0.09, 5p’

= 0.28).
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Figure 4.3.3. Effect of emotion type and emotional intensity on emotional-expression matching
performance. A) Performance error (unsigned) plotted as a function of emotional intensity. B) Bias
(signed error) plotted as a function of emotional intensity. In all plots, the x-axis is the target face
emotional intensity binned from 30% to 70% in 20% steps, the y-axis is the behavioural measure.
Discussion
An emotional expression-matching task was designed and implemented as a perceptual
counterpart to the emotional WM precision task. Participants were able to perform the task
with high accuracy, showed reasonable distribution of error, and exhibited differences in

performance for emotion type and intensities that were qualitatively similar to the WM task.

Participants misreported the emotion type of the face, but only on a small fraction of trials.

Overall, the emotional expression-matching task produced reasonable measures of
performance error and bias, and showed high performance in both emotion conditions.
Similar to the WM task, participants performed better for happy faces compared with fearful

faces. The present task was easier than the WM version of the task and therefore accuracy
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was comparatively higher. In sum, the emotional expression-matching paradigm provided
good measures of performance on participants’ perceptual abilities to match emotional
expressions, and will be a useful task to test and control for perceptual differences between
conditions and individuals. In the next section, I will manipulate the WM maintenance
interval duration to test for the optimal maintenance period for assessing emotional WM, and
to increase between-participant variability with a view to increase the tasks’ sensitivity to

detect inter-individual differences in WM for emotional content.

Experiment 4D

The last two experiments showed that it is possible to measure WM and perceptual abilities
for emotional material using free-recall response paradigms. This lays the foundation for
testing the extent to which effects in emotional WM tasks reflect differences in perceptual
functions during encoding of the stimuli. Participants could be asked to partake in both
precision WM tasks and in perceptual matching involving emotional expressions, so that
perceptual performance variables can be regressed out of WM effects. This approach will be

followed in Chapter 5.

Another way to isolate emotional WM effects that specifically rely on mnemonic functions is
to manipulate the duration of the maintenance period. In theory, the shorter the maintenance
period, the more similar performance should be to perceptual matching, and the longer the
maintenance period, the greater the reliance on memory. In the current experiment, I tested

WM performance for emotional content over different WM maintenance periods.

To investigate how WM for emotional content changes over the maintenance period,

participants performed the emotional WM precision task with array-test intervals of 500,

1500, and 3000 ms. I reduced the number of emotional intensity conditions to gain statistical
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power. Similar results despite minor changes in the stimulus set would also provide
reassurance about the robustness of the experimental approach, and enable flexible

modifications to the task for testing different aspects of WM abilities for emotional content.

Methods

Participants

Twenty adults (aged 18-34; mean 22 + 0.83) took part in this experiment. The study was
approved by the Central University Research Ethics Committee of the University of Oxford.
All participants provided written informed consent and were compensated for their time and
travel expenses. They provided written informed consent and were compensated 20 pounds

for their time. None of the volunteers had participated in the previous experiment.

Stimuli

The same apparatus and set of face stimuli were used as in Experiment 4B. To reduce the
number of intensity value conditions, half the intensities conditions were used and the 50%
condition was taken out. Specifically, the set of face stimuli included emotional expressions
with intensities from 0% to 48% in 2% steps, and 52% to 100% in 2% steps, resulting in 1,584

unique stimuli in total.

All participants were asked to complete eight self-report questionnaires measuring state and
trait anxiety (State-Trait Anxiety Inventory, STAI; Spielberger, 1983) and positive and
negative affective states and traits (Positive and Negative Affect Scale: PANAS negative trait
and state, positive trait and state, positive trait 21 and state 21; Watson et al., 1988). Qualtrics

(Qualtrics, Provo, UT) was used to deliver the surveys and summarise results.
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Task Design

The experiment tested the ability to remember faces with emotional expressions in WM over

different memory maintenance periods (figure 4.4.1A).

On each trial, participants encoded a face into memory and were subsequently prompted to
retrieve its emotional expression at the end of the trial. Stimuli were happy or fearful faces
with pseudo-randomly selected levels of emotions from intensity values of 0% to 49% and
52% to 100% in 2% steps. The WM maintenance duration was blocked, lasting 500 ms, 1500

ms, or 3000 ms.

Each trial began with a fixation cross at the centre of the screen (100 ms) after which a face
stimulus (350 ms) and its scrambled mask (80 ms) were presented. After a delay of 500 ms,
1500 ms, or 3000 ms, a probe face with the same identity was presented with a neutral (0%)
expression. Participants adjusted the expression of the test face to match the remembered
emotion type and intensity using a trackball mouse, scrolling left for one emotion and right

for the other emotion (happy and fear; counterbalanced across participants).

In the main experiment, each participant completed 12 blocks of 50 trials, resulting in a total
of 600 trials. The order of the delay-duration blocks was randomised across participants. For
each emotion type (fear, happy), an image from each emotion intensity level (was presented
two times for each delay condition (short, medium, long). There were 200 trials for each delay
condition, with 100 trials per emotion type. The facial identities were randomly allocated
between emotion conditions and all identities were used in both emotion types. At the end of

the session, participants were asked about their engagement with the task and about their
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performance strategies. The experimenter explained the task and its purpose when asked. The

testing session lasted approximately 75 minutes.

Data Analysis

The aim of this analysis was to characterise the ability to retain stimuli with emotional

content over different WM maintenance periods.

To characterise WM performance for emotional facial expressions, I computed performance
error and bias in the same way as for Experiment 4B. As before, responses to the incorrect
emotion type were excluded, the range of target emotional intensities was restricted from 20 —
80% in the analyses for error and bias, and emotional intensities were binned into five equal

bins where bin 1 and bin 5 were excluded in the analyses for error and bias.

After excluding trial with neutral target faces (0% intensity), there were 196 trials per delay
condition (98 per emotion type), within which there were 40 trials (36 for intensity bin 1,
which included 0% intensity) per emotional intensity bin (20 per emotion type, 18 for
intensity bin 1). After removing misreported emotion trials, there were 279.8 + 1.60 trials for
the fearful face conditions and 260.5 + 3.42 trials for the happy face conditions (out of 294
trials). Split into number of trials per emotional intensity bin, the mean (+ S.E.M.) number of
trials per bin were as follows: bin 1: 35.85 + 1.84, bin 2: 47.55 + 1.58, bin 3: 57.50 + 0.63, bin
4,58.20 + 0.47, bin 5: 59.15 + 0.27 (note that bin 1 has a total of 54 trials and others have a

total of 60 trials).

To explore the differences in performance for emotion type, emotional intensity, and the

effect of maintenance delay, a repeated-measures ANOVA was conducted on performance

error for Emotion (fear, happy), Intensity of the target face (bins: low, medium, high), and
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Delay (short, medium, long). A repeated-measures ANOVA was also performed for the bias
with the same factors. Degrees of freedom were corrected using Greenhouse-Geisser

estimates of sphericity when normality assumptions were violated.

To explore whether emotion type, intensity and delay had an effect on misreporting the
wrong emotion type (e.g. recalled a 25% fearful but it was in fact a 25% happy face), a
repeated-measures ANOVA was conducted on the proportion of misreported responses with

factors Emotion (fear, happy), Intensity (bins: 1, 2, 3, 4, 5), and delay (short, medium, long).

Paired t-tests were used to test for the direction of the condition differences and one-sample
t-tests were used to test for differences from zero. In order to test for the direction of linear
effects with more than two conditions, I fit a line to each participant’s data across conditions,
and tested whether the slope of the line was larger or smaller than zero (one-sample t-test at
the group level). Independent samples t-tests were used to test for performance and mood

differences between experiments. Cohen’s d was used to determine the effect sizes (Cohen,

1988).

Spearman’s rank correlations were used to test the relationship between performance (error
and bias scores separately, averaged over delay conditions and intensities) and self-reported
mood measures. As before, three composite measures were computed for each participant:
negative affect (mean of PANAS negative state and trait), positive affect (mean of PANAS

positive state, positive state 21, positive trait, and positive trait 21) and anxiety (mean of

STAI state and trait).

Statistical analyses were conducted in Matlab R2015a, Matlab’s Statistics Toolbox and R

version 3.2.1 (R Core Team, 2015) using the afex package (Singmann et al., 2015).
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Figure 4.4.1. Task schematic and bebhavioural performance for emotional WM for different memory
maintenance durations. A) Task schematic Sfor emotional WM. In each trial, participants encoded a
facial expression into WM. After a short (500 ms) medium (1500 ms) or long (3000 ms) memory
maintenance period, a test face appeared with the same facial identity but a neutral facial expression
(0% emotional intensity). Participants made their response by changing the face to match the
emotional expression in memory using a trackball mouse. Delay conditions were performed in
separate blocks, whereas emotion type was intermixed within blocks. B) Error distributions Sfor
emotional WM centred on the target face emotional intensity for each of the memory delay conditions.
The error probability is plot at each bin and connected by the lines for fear (red) and happy (blue)
WM conditions. The shaded areas show the standard error of the mean. Bins are equally spaced
from -100% to 100% in 10% steps. X-axis is the response error in percent emotional intensity, y-axis
is the response error probability. C) Bias (mean of the error distributions in B; left) and error
(unsigned error of the distributions in B; right) for fear (red) and happy (blue) for each memory

maintenance duration condition.
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Results

Figure 4.4.1 summarises the task and the behavioural results at the group level. Participants
were able to complete the task with high accuracy (mean error: 12.40% =+ 0.35) in both
emotion types (fear: 13.21% =+ 0.55; happy: 11.55% =+ 0.35) and delay conditions (short:
12.17% + 0.42, medium: 12.03% + 0.38, long: 12.99% + 0.43). Error distributions for single

participants were Gaussian in nature (4.4.1B for group histograms).

Just like in the previous free-recall WM experiment, participants mistakenly reported the
wrong emotion type on a sizable proportion of trials (proportion of happy faces reported
tearful: 0.11 + 0.01, proportion of fearful faces reported happy: 0.05 + 0.01). The effect was
accentuated at lower emotional intensities (F(1.84,34.96) = 195.13, p = 3.11 x 1077 5p’ =
0.91; mean slope: -0.06 + 0.004; t(19) = -16.15, p = 1.49 x 10, effect size: -3.61). There was
an effect of Emotion-Type (F(1,19) = 30.89, p = 2.32 x 107, 5p? = 0.16; happy versus fear:
t(19) = 5.47, p = 2.83 x 107, effect size: 1.62) and an interaction between Emotion-Type and
Emotion-Intensity (F(1.23,23.40) = 36.33, p = 1.13 x 10, p” = 0.66), reflecting a stronger
effect of intensity in the happy compared to fearful conditions (mean difference in
slope: -0.06 + 0.01; t(19) = -6.18, p = 6.15 x 107, effect size: -2.12; see figure 4.4.2A). The
probability for the emotion type being misreported was not modulated by the delay
(F(1.73,32.95) = 0.17, p = 0.82, 7p* = 0.01). Plotting target face intensities as a function of
participant responses (figure 4.4.2B) showed that most responses were centred on the target
(grey identity line on the right of each scatter plot), but a small proportion of the trials were
responses to the incorrect emotion type (responses to the left of zero on each plot). All

participants misreported the incorrect emotion type on a small proportion of trials.
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Figure 4.4.2 Proportion of trials where participants misreported the emotion type for each Emotion
and Intensity value condition. A) Bar plots showing the proportion of misreported-emotion trials for
each emotional intensity bin from 10% to 90% in 20% steps for fearful (red) and happy (blue) faces
for the short (left; 500 ms), medium (middle; 1500 ms) and long (right; 3000 ms) delay conditions.
B) Scatterplots of target face emotional intensities plotted as a function of participant responses.
X-axis is the target emotional intensity value, y-axis is the reported emotion; positive values
correspond to the target emotion type intensities, negative values correspond to the other emotion type
intensities. Responses to the correct emotion type lie to the right of zero, and responses to incorrect
emotion type lie to the left of zero. Correct responses would lie on the identity line (y = x) on the right
of each plot. A ‘mirrored version of the identity line (y = -x) is plot on the left side for reference. Each
point is an individual trial, and each scatter plot includes all the trials in the specified condition for
all participants. The areas in grey are trials from 0% — 19% and 81% — 100% emotional intensity,
which were removed from the main analyses.

To explore WM abilities for emotional content over different WM maintenance durations, I
tested for the effect of Emotion-Type, Emotion-Intensity and Delay on WM error and bias.
There was a significant effect of Delay duration on WM error (F(1.93,36.76) = 3.93, p =
0.03, np’ = 0.17; figure 4.4.1C, right) reflecting a detriment in performance for the longest
WM maintenance duration (short versus long: t(19) = -2.37, p = 0.028, effect size: -0.43;
medium versus long: t(19) = -2.48, p = 0.023, effect size: -0.53; short versus medium: t(19) =
0.41, p = 0.68, effect size: 0.08). There was also a significant effect of Emotion-Type (F(1,19)

=7.23, p = 0.01, p’ = 0.28) reflecting lower WM error for happy faces relative to fearful faces
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(t(19) = -2.80, p = 0.01, effect size: -0.81; figure 4.4.1C, right). In contrast to the previous
WM task, there was no effect of Intensity (F(1.33,25.20) = 0.61, p = 0.48, 5p” = 0.03). There
was a significant interaction between Emotion-Type and Emotion-Intensity (F(1.66,31.58) =
7.26, p = 0.004, np° = 0.28), reflecting a differential modulation of error by intensity in the
fear compared to happy conditions (mean slope difference: 1.36 + 0.43, t(19) = 3.16, p =
0.005, effect size: 0.65), with a trend for worse performance with greater intensity in the
tearful faces conditions (mean slope: 0.93 + 0.53; t(19) = 1.77, p = 0.09, effect size: 0.40) but
not in happy conditions (mean slope: -0.43 + 0.40; t(19) = -1.07, p = 0.30, effect size: -0.24;

figure 4.4.3A).

Bias was affected by Emotion-Intensity (F(1.23,23.39) = 70.49, p = 3.87 x 107, 5p” = 0.79),
with a greater positive bias for low versus high intensities (t(19) = 8.32, p = 9.38 x 10°®, effect
size: 1.51), medium versus high intensities (t(19) = 15.15, p = 4.63 x 10", effect size: 1.24),
but not low versus medium intensities (t(19) = 1.65, p = 0.12, effect size: 0.22; figure 4.4.3B)
— consistent with the previous WM Experiment 4B. There was an effect of Emotion-Type
(F(1,19) = 7.07, p = 0.02, np” = 0.27), reflecting a larger positive bias in happy (t(19) = 3.32, p
= 0.004, effect size: 0.74) compared to fearful conditions (t(19) = 0.90, p = 0.38, effect size:
0.2; difference between conditions: t(19) = 2.50, p = 0.02, effect size: 0.43). There was no
effect of Delay (F(1.83,34.83) = 0.04, p = 0.96, np° = 0.002), but there was a significant
interaction between Emotion-Type and Delay (F(1.72,32.63) = 5.87, p = 0.009, p° = 0.24)
due to a positive bias in happy conditions for the short and medium delays but not in the long
delay conditions (short, medium, and long delays: t(19) = 3.80; t(19) = 3.50; t(19) = 1.88], p =
0.001; p = 0.002; p = 0.075, effect sizes: 0.85; 0.78; 0.42) but no bias in the fearful conditions
(t(19) = 0.55; t(19) = 0.58; t(19) = 1.42], p = 0.59; p = 0.57; p = 0.17], effect sizes: 0.12; 0.13;
0.32; difference between emotion-type conditions: t(19) = 3.10; t(19) = 3.12; t(19) = 0.47, p =

0.006; p = 0.006; p = 0.64], effect sizes: 0.54; 0.60; 0.08). There was an interaction between
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Emotion-Intensity and Delay F(2.82,53.53) = 8.81, p = 0.001, #p° = 0.32), which reflected
several differences between emotion types in the three delay conditions. First, there was a
positive bias in the low and medium intensities but not in the high intensities in the short
delay (low, medium, high intensities: t(19) = 3.87; t(19) = 2.74; t(19) = -0.61, p = 0.001; p =
0.013; p = 0.55], effect size: 0.87; 0.61; -0.14) and medium delay conditions (t(19) = 4.52;
t(19) = 3.83; t(19) = -1.28], p = 0.0002; p = 0.001; p = 0.22], effect size: 1.01; 0.86; -0.29;
difference between conditions: p’s > 0.39), but there was also a negative bias for the high
intensities for the long delay condition (t(19) = 5.16; t(19) = 3.85; t(19) = -3.28], p = 0.0001;
p = 0.001; p = 0.004], effect size: 1.15; 0.86; -0.73). Furthermore, the low intensities were
more positively biased in the long versus the medium delay conditions (t(19) = 2.48, p =
0.023, effect size: 0.40) with a similar trend when compared to the short delays (t(19) = 2.05,
p = 0.055, effect size: 0.37), whereas the high intensities were more negatively biased
compared to the medium (t(19) = -2.60, p = 0.017, effect size: -0.43) and the short (t(19)
= -2.80, p = 0.01, effect size: -0.58) delay conditions (comparisons between medium intensity

conditions p’s > 0.38).
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Figure 4.4.3. Effect of emotion type and emotional intensity on emotional WM performance for the
short (500 ms, left), medium (1500 ms, middle), and long (3000 ms, right) memory maintenance
durations. A) WM error (unsigned) plotted as a function of emotional intensity. B) WM bias (signed
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error) plotted as a function of emotional intensity. In all plots, the x-axis is the target face emotional
intensity binned from 30% to 70% in 20% steps, the y-axis is the behavioural measure.

Correlations between emotional WM performance and mood

I tested for correlations between behavioural and mood/anxiety measures (see figure 4.4.4. for
distributions of mood scores). There was a relatively good distribution of mood scores for
positive affect (mean: 44.63 + 2.15; range: 25.50 — 58.25) and anxiety (mean: 34.38 + 1.78;

range: 20.5 — 52.0) but less of a range for negative affect (mean: 15.07 + 0.64; range: 11 — 21).
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Figure 4.4.4. Distributions of mood and anxiety scores over participants. Histograms showing the
distribution of mood scores for negative affect (left), positive affect (middle) and anxiety (right).

X-axis is the mood measure, y-axis is the number of individuals.

The results from the correlational analyses between WM error and mood were consistent

with the experiment 4B, where high negative mood or anxiety was positively correlated with
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WM error, and positive mood was associated with lower error (figure 4.4.5). Notably,
negative affect and anxiety showed a trend to correlate positively with WM error for happy
faces (r = 0.44, p = 0.053; r = 0.40, p = 0.077), and positive affect was negatively correlated

with WM error for happy faces (r = -0.52, p = 0.019).

In contrast to experiment 4B, there were some notable correlations of WM bias with mood
and anxiety measures, where greater negative affect and anxiety was positively correlated with
WM bias, and greater positive affect was negatively correlated with bias. There was a trend
for a negative correlation between WM bias for fearful faces and positive affect (r = -0.43, p =
0.057) and a positive correlation with anxiety (r = 0.54, p = 0.014). There was a hint of an
association between WM bias for happy faces with negative affect (r = 0.43, p = 0.051) and
anxiety (r = 0.50, p = 0.025), with a weak trend for a negative correlation with positive affect
(r =-0.36, p = 0.12). This suggests that individuals with more negative affect or anxiety show

an exaggerated representation of emotional intensity in WM, regardless of valence.
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Figure 4.4.5. Correlations between mood/anxiety WM performance. A) Scatter plots of composite
mood measures as a_function of WM error for fearful faces (top, red) and happy faces (bottom, blue),

averaged over delay conditions and emotional intensities. X-axis is WM error averaged over delay
conditions, y-axis is the composite mood measure. B) Scatter plots of composite mood measures as a

Sfunction of WM bias for fearful faces (top, red) and happy faces (bottom, blue), averaged over delay

conditions and emotional intensities. X-axis is WM bias averaged over delay conditions, y-axis is
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the composite mood measure. In all plots, each point is an individual participant, and correlation
values are Spearman’s rank correlation coefficients.

Discussion

I characterised WM performance for emotional content over different WM maintenance
durations. Participants were able to perform the task with high accuracy on all delay duration
conditions, showed reasonable distributions of WM error, and exhibited differences in
performance for the difference delay conditions. There were a considerable number of trials
where participants reported the incorrect emotion type to that which was tested, but this was
not modulated by the memory maintenance duration. Similar to the last WM experiment,
performance error was positively correlated with positive mood and negatively correlated with
negative mood. This experiment revealed that individuals with more negative affect and

anxiety tended to report both happy and fearful faces to be more emotionally intense.

There was a decrement in WM performance with the longest WM maintenance duration
compared with the short and the medium maintenance durations, similar to what has been

observed in visual WM experiments with non-emotional content (e.g. Cornelissen &

Greenlee, 2000; B. Lee & Harris, 1996; W. Zhang & Luck, 2009).

WM bias was more positive for low and medium intensities compared to high intensities, and
with relatively similar patterns across delays — consistent with the results in experiment 4B.
There were, however, some differences in the bias for different emotional intensities over
delay conditions. The bias in the long delay condition was more positive in the low emotional
intensities compared with the short and medium delays, whereas it was more negative for the
high emotional intensities. This suggests that the emotional intensity of a facial expression is
modulated by the amount of time it is stored in WM. This raises the intriguing possibility

that this effect is how emotional content changes and is maintained in higher-level memory
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stores. This representation, having kept in mind for longer, may be more likely to interact
with the individual's emotional state and personality, leading to a slightly different
representation of the emotional content in memory compared to that in veridical perception.
In the next Chapter, I will test a larger group of participants in order to test whether there is a

genuine difference between emotion types for WM bias.

The probability that participants mistakenly reported the emotion type was not modulated by
the delay duration. In Experiment 4B, the participants were more likely to misreport the
incorrect emotion in load-2 relative to load-1 trials, which indicated that, with greater
cognitive load, participants were more likely to misreport the emotion type. However,
extending the duration of the memory maintenance period did not increase this type of
response, which suggests that the increase in misreporting the incorrect emotion type in
load-2 trials might be due to retrieval-related confusion when participants had more than one
face in mind. Since misreporting the incorrect emotion type did not increase or interact with
delay, the main effects of Emotion-Type and Intensity might be related to perceptual aspects
of the stimuli, which increases with memory load (since the effects are less pronounced in the
perceptual matching task in 4.3), but does not scale with the duration that one has to hold the

item in mind.

WM error was correlated with mood measures in a qualitatively similar way to the previous
tasks — better performance was associated with more positive mood or lower anxiety scores.
However, the correlations with mood were stronger with the happy face WM conditions and
weaker with the fearful face conditions, whereas it was the opposite in the previous two
experiments. Visually comparing the two sets of correlation plots suggests that it is likely to be

an issue of statistical power where the correlations exist and are the same for both facial
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expression conditions, since there were a small number of participants in all three studies. In
contrast to the previous experiments, there was a significant association between mood and
bias — the extent to which participants recalled emotional intensities as more or less
emotionally intense than they were presented. Specifically, the more negative affect or anxiety
participants reported to experience, the more emotionally intense they reported the faces to
be, and the more positive affect they reported to experience, the less emotionally intense they
reported the faces to be (irrespective of emotion type). This effect cannot be attributed to
motivational factors, where individuals with more negative affect are less motivated in
performing the task, since they report intensities as greafer than participants with more
positive affect, which requires the participant to scroll the trackball further along to intensity
scale (more effort) to reach their response. The effect is also unlikely due to general
performance (error), since the participants who experience more negative affect or anxiety
report faces to be more emotionally intense than the face presented (greater than zero)
whereas the more positive participants seemed to underreport the emotional intensity (less
than zero; see figure 4.4.5B). If it was just related to performance (error), I would expect
individuals with greater positive affect to lie around zero, and individuals with more negative
affect to be negatively or positively biased. This suggests that participants actually
remembered the faces as more or less emotional content than the encoded stimulus depending

on their affective traits.

Overall, I obtained reliable measures of WM performance for emotional content over
different memory maintenance durations. Similar to WM for neutral objects, WM for
emotional content is impaired with longer maintenance durations. Performance on the short
and medium delay durations were similar, whereas the long delay duration condition was
significantly worse, suggesting that the longest delay duration placed greater demands on

memory. I found correlations between mood/anxiety and WM error similar to the previous
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experiments, but also found that the more negative affect or anxious traits participants had,
the more emotionally intense they recalled the emotional faces to be. In conclusion, the
current results confirm that the task can effectively characterise WM abilities for emotional
content, and with the aim of characterising genuine WM maintenance abilities in future
experiments, I will use the longer memory maintenance periods that will be most sensitive to

mnemonic functions.

Chapter Discussion

In this chapter, I developed an emotional WM precision task in order to characterise WM
abilities for emotional content. I shall use this task to investigate emotional WM in healthy
ageing, but the task should also prove highly informative for comparing emotional WM in
groups that differ in mood. The first emotional WM paradigm (4.1) produced a reasonable
characterisation of behavioural performance in a WM task, but also encouraged response
biases and cognitive strategies that may have interfered with measuring effects specifically
linked to WM abilities for emotional content. Based on the lessons of Experiment 4A, I
developed a modified emotional WM paradigm (4.2) in which participants use a continuous
response mode to reproduce the type and intensity of the remembered facial emotional
expression. The free-recall task (Experiments 4B and 4D) consistently revealed sensitive
measures of the quality or emotional WM in young healthy participants, and provided a
means to investigate how different task demands such as memory load (Experiment 4B) and
memory delay (Experiment 4D) influence emotional WM. Although there were only a
modest number of participants per experiment, preliminary exploratory correlation analyses
suggested that inter-individual differences in emotional WM performance were, to an extent,

associated with self-reported mood and anxiety measures.
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My aim in developing this experimental task was to be able to characterise WM abilities for
emotional content in young and older adults and to test how these abilities change with age.
There were some minor differences in the performance bias between experiments, which
could reflect genuine differences related to task manipulations across the experiments. In
general, the task was relatively impervious to minor changes in the task parameters,
suggesting it should not matter too much which task I use to assess emotional WM in healthy
ageing. Therefore, I selected the simple load-1 version of the task to avoid any complicating
issues related to interactions between memorised stimuli or confusion about which stimulus to
report, and combined this with the longest practical delay period (3000 ms), in order to
emphasise reliance on mnemonic functions. In order to control for individual differences in
visual acuity, I will include the perceptual emotional expression-matching task (Experiment 4)
as well as a non-emotional perceptual matching task (using the oriented stimuli from Chapter
2) in separate tasks. To control for individual differences in non-emotional visual WM
maintenance abilities, I will also include a separate non-emotional visual WM task (using the

oriented stimuli from Chapter 2).

The emotional WM precision task has shown reliable results across several experiments, and
can start revealing consequences of different memory parameters such as WM load and
maintenance duration. Now I will use this paradigm to investigate age-related differences and
individual differences in emotional processing in a large cohort. In the next Chapter, I will
test the emotional WM task with one face (load-1) and a memory maintenance period of
3000 ms in a large group of healthy young and older adults. In addition to this, I will test
them on the emotional expression-matching task, a visual WM task and a visual matching
task. In the visual WM task, there will be one memory stimulus and a memory maintenance
period of 3000 ms, and in the visual matching task, participants will match the orientation of

the stimulus on the screen to a target stimulus’ orientation.
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5. Emotional working memory: Individual differences in emotional and non-emotional

working memory in younger and older adults

Chapter abstract

Using a new emotional WM task developed in the previous chapter, I tested for age-related
changes in performance in WM and perception for emotional faces in a large sample of
younger and older adults (N = 101). Older adults exhibited a general deficit in both emotional
WM and perceptual matching performance. WM accuracy was no worse than perceptual
abilities for emotional content in older adults. Older adults showed a slight tendency to report
tearful faces as less fearful than younger adults (reduced negative bias), and were more likely
to mistakenly report fearful faces as happy faces (positive interpretation bias), especially for
faces with low emotional intensities. This suggests that older adults exhibit a reduced negative
bias for processing negative stimuli compared to younger adults, and show a positive
interpretation bias for ambiguous stimuli, interpreting slightly negative or ambiguous affective
stimuli as positively valenced. There was a slight correlation between WM accuracy for happy
faces and a measure of depression (Beck’s Depression Inventory), where the higher the
depression scores, the worse individuals were at maintaining happy faces in WM. Overall,
these findings suggest that emotional processing experience significant changes in healthy
ageing, and provides support to the theory that older adults show a general positive bias in
cognitive processing (Mather & Carstensen, 2005). The findings also highlight the
importance of the different types of biases that can be observed depending on the task and
response measure. In this respect, future studies should more clearly define the affective biases
that are hypothesised and observed in order to chart the changes in emotional processing in
ageing more precisely.
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Introduction

Emotional stimuli carry important signals about potentially dangerous or rewarding events
and are often prioritised in perception (LeDoux, 2003; Vuilleumier & Driver, 2007).
Emotional material has priority over other stimuli for both young (e.g. Lipp & Derakshan,
2005; Ohman, Flykt, et al., 2001; Phelps et al., 2006; Pourtois et al., 2004) and older adults
(e.g. Mather & Knight, 2006; Résler et al., 2005), but only a handful of studies have looked

at whether there is a similar prioritisation of emotional content for WM.

Some studies have found a WM benefit for negative (threatening) stimuli in young adults
(Jackson et al., 2014, 2008, 2009; Mikels et al., 2008), consistent with previous work showing
attention effects for threat- and fear-related stimuli in young adults (e.g. Ohman, Flykt, et al.,
2001; Phelps et al., 2006). More recently, researchers have found an apparently specific
benefit of WM for emotional information in older adults (D’Argembeau & van der Linden,
2004; Hartley et al., 2013; Mammarella et al., 2013; Mikels et al., 2005), in which they were
unimpaired for the short-term retention of emotional stimuli relative to young adults, but
significantly impaired for non-emotional visual or verbal stimuli (as would be expected in

normal healthy older adults; see Introduction in Chapter 4.1 for discussion of these studies).

Some researchers have proposed that older adults exhibit a ‘positivity’ bias (e.g. Carstensen &
Mikels, 2005; Charles et al., 2003; Mather & Carstensen, 2005), in contrast to the ‘negativity
bias” in young (Rozin & Royzman, 2001; also see Baumeister et al., 2001; Cacioppo &
Berntson, 1994; Cacioppo et al., 1997, 1999). Although this theory has enjoyed some success,
studies have produced mixed results (see Murphy & Isaacowitz, 2008 for a meta-analysis on
the positivity effect in ageing). For example, Charles et al. (2003) found that older adults
showed a reduction in the number of negative images that were recalled in a memory task,

suggesting a reduced negative bias but not a positive bias for memory. In a dot-probe task,
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older adults exhibited a bias away from negative faces, whereas there was no significant
attentional bias in the young adults (Mather & Carstensen, 2003). They also asked
participants to perform a recognition memory task, in which the older adults showed better
memory for happy faces relative to negative faces, suggesting a reduced negative bias in
attention but a positive bias for memory in older adults. Finally, one study found that older
adults showed better WM performance compared to young adults for positive images, and
worse for negative images (Mikels et al., 2005), suggesting that older adults have both a
positive bias and a reduced negative bias in WM. However, older adults show preserved
threat-detection, shown by comparable reaction-time benefits to threat-related information in
younger and older adults (Mather & Knight, 2006; Rosler et al., 2005). Several studies
showed that older adults have a benefit for emotional content in WM, regardless of valence
(D’Argembeau & van der Linden, 2004; Hartley et al., 2012; Mammarella et al., 2013),
suggesting no valence-specific bias. Notably, studies that claim to support to the ‘positivity
bias’ hypothesis often show different patterns of results, such as a reduced negative bias but
not a positive bias, a positive bias but no reduced negative bias, or a greater positive bias than

a negative bias.

To investigate i) whether older adults show a WM benefit for emotional information, ii) if
the benefit is specific to positive or negative stimuli, and; iii) if there is a negative bias in
young and a positive bias in old, I tested younger and older adults with a novel emotional
WM task (developed in Chapter 4). Control tasks were included in order to assess whether
the emotion effects were specific to emotional WM (emotional perception), and to control for
differences in non-emotional WM abilities (visual WM) and visual acuity between age
groups. Since emotional processing can be modulated by mood, depression, and anxiety levels
(e.g. Bradley et al., 1998, 1997, 1999; Donaldson et al., 2007; E. Fox et al., 2001, 2002;

Gotlib et al., 2004; Joormann & Gotlib, 2007; Leyman et al., 2007; Mathews & MacLeod,
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2005; Mogg et al., 1995; Yiend & Mathews, 2001), I also tested for the relationship of WM
performance with measures of affective traits. I was mainly interested in clinically relevant
measures of depression and trait anxiety (Beck’s Depression Inventory and State-Trait

Anxiety Inventory, trait measure), which are associated with mood and emotional stability in

daily life, and the vulnerability to mood disorders (Mathews & MacLeod, 2005).

In the previous chapter, I developed an emotional WM precision task which provides a
sensitive, continuous measure of performance error for emotional material, and has a measure
of bias built into the performance measure (how much more or less emotionally intense the
emotional stimulus was perceived or remembered to be). Here, I will use an optimised version
of this task to test for differences in emotional WM performance between age groups. Given
the stronger correlations between behaviour and anxiety in previous chapters and the clinical
significance of the STAI trait and BDI measures, I will test how individuals’ levels of
depression and trait anxiety correlate with emotional processing and whether this interacts

with age.

Experiment 5.1
To characterise WM for emotional content in healthy ageing, an emotional analogue of a
visual WM precision task with a free-recall response method (e.g. Bays et al., 2009; 2011,

Wilken & Ma, 2004; W. Zhang & Luck, 2008) was used.

In each trial of the emotional WM experiment, the participant encoded a centrally presented
face into WM with an emotional expression (fearful or happy) with a certain emotional
intensity (ranging from low to high). After a short delay, a neutral face with the same identity
re-appeared at the centre of the screen. Participants recalled the emotional expression and

intensity of the corresponding facial identity from memory and used a trackball mouse to
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adjust the emotional expression of the face on the screen to match the emotion type and
intensity of the remembered face as precisely as possible. To control for differences in the
perceptual acuity of the emotional stimuli, and address the possibility that the effects are not
specific to WM, participants completed an emotional expression-matching experiment. In
this experiment, two faces are simultaneously presented on the screen, and the participant
adjusted one of the faces to match the emotional expression of the target face. To control for
individual differences in visual WM maintenance abilities, a non-emotional visual WM task
was administered to all participants. Mirroring the emotional WM tasks, participants
encoded one centrally presented stimulus (an oriented stimulus as in Chapter 2) over a WM
maintenance period of 3000 ms. To assess visual acuity, performance in a perceptual matching
task using non-emotional stimuli (oriented stimuli as in Chapter 2) was also administered. In
the visual matching task, participants matched the orientation of the stimulus on the screen to
a target stimulus’ orientation, mirroring the emotional expression-matching task. All
participants were able to perform all four tasks adequately well, and their errors for the
short-term retention of emotional facial expressions and orientation stimuli followed normal

(Gaussian, von Mises) distributions.

I found that older adults showed a general impairment in emotional expression task
performance (both WM and matching), had a tendency to underestimate the intensity of
fearful expressions and interpret low intensity fearful faces as happy, and WM performance

for happy faces was negatively correlated with measures of depression in young adults.

Methods

Participants
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The study was approved by the Central University Research Ethics Committee of the
University of Oxford. All participants provided written informed consent and received

compensation of £10 per hour and travel expenses where required.

Fifty-four young adults and 54 older adults were invited to participate in the experiment.
Young adults were recruited from the Oxford Psychology Research Participant Recruitment
Scheme and via an online advertisement on the Psychiatry departmental website. Older adults
were recruited from the Oxford Dementia and Ageing Research database (Friends of

OxDARE: http://www.oxdare.ox.ac.uk/become-a-friend) and via an online advertisement on

the Psychiatry departmental website. Before taking part in the study, individuals were sent a
screening questionnaire via email, which included a trait anxiety questionnaire (State-Trait
Anxiety Inventory, trait version) and a series of questions about their current and past
medication, history of mental illness, and participation in recent studies. People who reported
current use of psychoactive medication, history of recreational drug use, history of
neurological illness, or took part in any studies involving working memory training or
emotional face stimuli in the past six months were not invited to participate in the study.
Data from one elderly participant was excluded because of a low score on the Montreal
Cognitive Assessment (less than 26 on the MoCA; Nasreddine et al., 2005), and data from
two other elderly participants were not saved because of a technical error. The remaining 54
young participants (39 female) were 18-35 years old (mean: 23.42 + 0.60) and 51 older
participants (29 female) were 61-82 years old (mean 69.25 + 0.78). All participants were
fluent in English, had normal or corrected-to-normal vision and hearing, and all older
participants scored >26 on the MoCA (mean: 28.16 + 0.16; younger adults did not complete

the MoCA).

Stimuli and Apparatus
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For the emotional WM task and the emotional expression-matching task, the same set of face
stimuli were used as in Chapter 4. To reduce the number trials, a reduced number the
intensities conditions were used and the 50% condition was taken out. Specifically, the set of
face stimuli included emotional expressions with intensities from 0% to 45 % in 5% steps, and
55 % to 100% in 5% steps, resulting in 624 unique stimuli in total. In the emotional WM
task, the faces were presented at the centre of the screen and subtended 10° x 16.3°. In the
emotional expression-matching task, the faces were presented at the left and right side of the
fixation cross on the horizontal meridian (centred at ~9.75° in lateral visual angle from

fixation).

In the non-emotional visual WM task, the stimuli were presented at the centre of the screen
and consisted of an oriented bar (2.32° in length, 0.16° in width), with a disc (0.72° diameter)
at its centre. For the visual matching task, the same orientated bars were presented at the left
and right side of the fixation cross on the horizontal meridian (centred at ~9.75° in lateral
visual angle from fixation).

In all tasks, the fixation cross was a plus sign (“+”) subtending ~1.5° and placed at the centre

of the screen.

The task was programmed and run in Matlab v.7.10 (MathWorks) using the Psychophysics
Toolbox v.3.0 package (Brainard, 1997). The task was presented on an LCD screen with a
spatial resolution of 1680 by 1200 pixels and a refresh rate of 60 Hz, placed ~67.5 cm from

the participant.

197



Eye movements were monitored on-line with an eye-tracker (EyeLink 1000, SR Research,
Ontario, Canada) recording at 500 Hz. If participants broke fixation during trials, I reminded

them to refrain from moving their eyes in the next break.

All participants were asked to complete four self-report questionnaires measuring state and
trait anxiety (State-Trait Anxiety Inventory, STAI; Spielberger, 1983) and positive and
negative affective states and traits (short version of the Positive and Negative Affect Scale;
Watson et al., 1988). Qualtrics online survey software (Qualtrics, Provo, UT) was used to

deliver the surveys and was used to generate the summary statistics.

Task Design and Procedure

Emotional WM task

The experiment tested the ability to remember faces with emotional expressions in WM over
short periods of time (figure 5.1). On each trial, participants encoded a face into memory and
were tested on one of the faces at the end of the trial. Stimuli were happy or fearful faces with
pseudo-randomly selected levels of emotions from intensity values of 0% to 45% and 55% to
100% in 5% steps (missing out the 50% emotional intensity). Emotion type conditions were

intermixed within each block.

Trials were self-initiated. A “GO” screen signalled that participants could initiate the trial by
a left mouse click. A fixation cross was presented at the centre of the screen (800 ms in
duration), after which a face stimulus (500 ms) and a scrambled mask (100 ms) were
presented. After a delay of 3000 ms with a central fixation cross, a probe face was presented
and participants had to adjust the face’s emotion to match the emotion type and intensity of
the face in memory. The probe face was presented at 0% emotion (neutral), and participants

adjusted the emotional content of the face using a trackball mouse, scrolling left for one
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emotion and right for the other emotion and clicked to confirm their response (happy and
fear; counterbalanced across participants). After each block, feedback was given (percent
correct) to motivate good performance and to ensure that participants understood the task.
Participants were asked to keep their eyes at the centre of the screen during the task. Accuracy
was stressed over reaction time. There was no maximum response time, but participants were
encouraged to respond within six seconds of probe presentation in the interest of time and to

reduce memory degradation.

Each participant completed eight blocks of 20 trials, resulting in a total of 160 trials. For each
emotion type (fear, happy), an image from each emotion intensity level was presented four
times, with 80 trials per emotion type. The facial identities were randomly allocated between
emotion conditions and all identities were used in both emotion types. Each condition
(emotion-type, emotion-intensity) was associated with a facial identity (fixed over all
participants) in order for the behavioural measures to reflect error for the same set of visual
stimuli. This is important for the correlational analyses between performance and
questionnaire measures across subjects, so that the stimuli presented remain constant and the

only thing that varies are the individuals.

Emotional expression-matching task

The emotional expression-matching task tested the ability to perceive and match emotional
facial expressions (figure 5.2A). Participants were presented with a target face on the left of
the screen and adjusted the face on the right of the screen to match the emotion type and
intensity on the target face. As in the WM experiment, stimuli were happy or fearful faces
with pseudo-randomly selected levels of emotions from intensity values of 0% to 45% and
55% to 100% in 5% steps (missing out the 50% emotional intensity). Emotion type conditions

were intermixed within each block.
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Each trial began with a “GO” screen signalled that participants could initiate the trial by a left
mouse click. A fixation cross was presented at the centre of the screen (800 ms in duration),
after which two faces with the same identity appear on the left and right side of the screen.
Participants adjusted the right face’s emotional expression to match the emotion type and
intensity of the face on the left. The right face was always presented with a neutral (0%)
emotional intensity, and participants adjusted the expression of the face using a trackball
mouse, scrolling left for one emotion and right for the other (counterbalanced across
participants). The interval between trials, commencing after response termination, was 800
ms. After each block, feedback was given (percent correct) to motivate good performance and
to ensure that participants understood the task. Accuracy was stressed over reaction time.
There was no maximum response time, but participants were encouraged to respond within
six seconds of stimulus presentation for the interest of time. Participants could move their

eyes freely during the trial.

Each participant completed two blocks of 20 trials, resulting in a total of 40 trials. For each
emotion type (fear, happy), an image from each emotion intensity level was presented two
times, with 20 trials per emotion type. The facial identities were randomly allocated between
emotion conditions and all identities were used in both emotion types. Each condition
(emotion-type, emotion-intensity) was associated with a facial identity (fixed over all
participants) in order for the behavioural measures to reflect error for the same set of visual

stimuli.

Visual WM task

The visual WM task tested the ability to remember orientations in WM over short periods of

time (figure 5.1A). Each trial began with a “GO” screen signalled that participants could
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initiate the trial by a left mouse click. A fixation cross was presented at the centre of the
screen (800 ms in duration), after which an orientation stimulus appeared (500 ms) followed
by a coloured mask (100 ms). After a delay of 3000 ms with a central fixation cross, a probe
orientation was presented at a random orientation and participants had to adjust the stimulus’
orientation to match the orientation of the stimulus in memory. Participants adjusted the
probe orientation using a trackball mouse, scrolling left counter-clockwise and right for

clockwise, and clicked to confirm their response.

The interval between trials, commencing after response termination, was 800 ms. After each
block, feedback was given (percent correct: mean unsigned angular error divided by possible
angular error) to motivate good performance and to ensure that participants understood the
task. Accuracy was stressed over reaction time. There was no maximum response time, but
participants were encouraged to respond within six seconds of stimulus presentation for the
interest of time and memory degradation. Each participant completed two blocks of 20 trials,

resulting in a total of 40 trials.

Visual matching task

The visual matching task tested the ability to perceptually judge and match visual orientations
(figure 5.9A). Each trial began with a “GO” screen signalled that participants could initiate
the trial by a left mouse click. A fixation cross was presented at the centre of the screen (800
ms in duration), after which two oriented stimuli appeared on the left and right side of the
screen. Participants adjusted the right stimulus’ orientation to match the orientation of the
stimulus on the left. The right orientation was presented at a random orientation, and
participants adjusted the orientation using a trackball mouse, scrolling left counter-clockwise

and right for clockwise, clicking to confirm their response. The interval between trials,
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commencing after response termination, was 800 ms. After each block, feedback was given
(percent correct) to motivate good performance and to ensure that participants understood
the task. Accuracy was stressed over reaction time. There was no maximum response time,
but participants were encouraged to respond within six seconds of stimulus presentation for
the interest of time. Participants could move their eyes freely during the whole trial. Each

participant completed two blocks of 10 trials, resulting in a total of 20 trials.

Participants first completed self-reported affective questionnaires on an iPad, and then
proceeded to the main experimental task. The experimenter verbally explained each
experimental task with a PowerPoint slide presentation, each of which was followed by
practice trials. Participants were given one to two practice blocks of each task (10 trials per
block) in the following order: emotional WM, emotional expression-matching, visual WM,
visual matching. Most participants only required one block of practice for each task. The
practise tasks were exactly the same as the main experiment, except that for the emotion tasks,
the facial identities were selected from the practice set. In the main experiment, each
participant completed all tasks in the same order: emotional WM, emotional

expression-matching, visual WM, visual matching, with breaks in between.

At the end of the session, participants were asked about their engagement with the all four

tasks, the way they performed the tasks (e.g. cognitive strategies employed), and the

experimenter provided an explanation of the experimental task and purpose when asked. The

whole testing session took approximately two to three hours to complete.

Data Analysis
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The aim of these analyses was to characterise the ability to retain stimuli with emotional
content in WM in healthy ageing, and test whether behavioural measures acquired from these

tasks are correlated with individual differences trait anxiety and depression scores.

To characterise WM performance for emotional facial expressions, I computed performance
error and bias in the same way as in Chapter 4.2. As before, responses to the incorrect
emotion type were excluded, the range of target emotional intensities was restricted from 21 —
80% in the analyses for error and bias, and emotional intensities were binned into five equal

bins where bin 1 and bin 5 were excluded in the analyses for error and bias.

After excluding trials with neutral (0% intensity) targets, there were 152 trials (76 per
emotion condition) for the WM task, within which there were 16 trials per emotional
intensity bin (12 trials for intensity bin 1, which did not include 0% emotional intensity).
After removing misreported emotion trials, there were 72.8 + 0.32 / 70.33 = 0.60 (young /
old) trials for the fearful face conditions and 67.1 + 0.67 / 67.6 + 0.67 (young / old) trials for
the happy face conditions (out of 76 trials). Split into number of trials per emotional intensity
bin, the mean (+ S.E.M.) number of trials per bin (young / old) were as follows: bin 1: 17.33
+ 0.37 / 17.45 + 0.44, bin 2: 27.83 + 0.34 / 26.37 + 0.37, bin 3: 31.15 + 0.15 / 30.67 + 0.20,
bin 4: 31.70 + 0.09 / 31.57 = 0.14, bin 5: 31.87 = 0.05 / 31.86 + 0.05 (note that bin 1 has a

total of 24 trials and others have a total of 36 trials).

For the emotional expression-matching task, there were 38 trials (19 per emotion condition)
after excluding trials with neutral (0% intensity) targets, within which there were 4 trials per
emotional intensity bin (3 trials for intensity bin 1, which did not include 0% emotional
intensity). After removing misreported emotion trials, there were 18.30 + 0.11 / 17.76 + 0.21

(young / old) trials for the fearful face conditions and 18.48 + 0.09 / 18.27 + 0.12 (young /
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old) trials for the happy face conditions (out of 19 trials). Split into number of trials per
emotional intensity bin, the mean (+ S.E.M.) number of trials per bin (young / old) were as
follows: bin 1: 2.09 + 0.14 / 1.86 = 0.13, bin 2: 3.72 £ 0.07 / 3.20 = 0.15, bin 3: 3.96 + 0.03 /
4.00 + 0.00, bin 4: 4.00 + 0.00/ 4.00 + 0.00, bin 5: 4.00 + 0.00 / 3.98 + 0.02 (note that bin 1

has a total of 3 trials and the others have a total of 4 trials).

To explore the differences in performance for emotion type, emotional intensity, task, and
age, a repeated-measures mixed ANCOVA was conducted on performance error.
Within-subject factors were Emotion-Type (fear, happy), Emotion-Intensity (bins: low,
medium, high), and Task (emotional WM, emotional expression-matching); Age was a
between-subject factor (young, old); covariates were visual WM (unsigned) error, visual
perceptual matching (unsigned) error, and gender. A mixed repeated-measures ANCOVA
was also performed for the bias with the same factors. Degrees of freedom were corrected
using Greenhouse-Geisser estimates of sphericity when normality assumptions were violated.
After removing trials where participants misreported the emotion-type, two older adults were
removed from the analysis since they did not have any trials in the perceptual matching task
in intensity bin 2. An ANCOVA on the emotional WM task (with and without emotion
expression-matching average unsigned performance error for fearful and happy faces as
additional covariates) and emotion-expression matching task were performed separately
(which included the two previously excluded participants), which produced similar results

consistent with the main findings.

To explore whether emotion type, intensity, task and age had an effect on misreporting the
wrong emotion type (e.g. recalled a 25% fearful but it was in fact a happy face), a
repeated-measures mixed ANCOVA was conducted on the proportion of misreported

responses with factors Emotion-Type (fear, happy), Emotion-Intensity (bins: 1, 2, 3, 4, 5),
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Task (emotional WM, emotional expression-matching), and Age (young, old); with visual

WM (unsigned) error, visual perceptual matching (unsigned) error, and gender as covariates.

To test for differences in performance on the non-emotional visual WM and perceptual
matching tasks, a repeated-measures mixed ANCOVA was performed on the averaged
unsigned performance error with Task (visual WM, visual matching) and Age (young, old) as

factors, and gender as a covariate.

Paired t-tests were used to test for the direction of the condition differences and one-sample
t-tests were used to test for differences from zero. In order to test for the direction of linear
effects with more than two conditions, I fit a line to each participant’s data across conditions,
and tested whether the slope of the line was larger or smaller than zero (one-sample t-test at
the group level). This tells us whether the performance measure increased or decreased across

conditions. Cohen’s d was used to determine the effect sizes (Cohen, 1988).

Spearman’s rank partial correlations were used to test the relationship between emotional
WM performance (error and bias scores separately) and self-reported affective measures
(STAI and BDI), with emotional expression-matching performance, visual WM, visual
matching performance, and gender as covariates. To ensure that any effects were specific to
emotional WM, Spearman’s correlations were also performed for emotional expression
matching (with visual matching and gender as covariates), visual WM (with visual matching
and gender as covariates) and visual matching (with gender as a covariate) with STAI and
BDI scores separately. Correlation coefficients were transformed into z-scores using Fisher’s

r-to-z transformation and compared with test for significant differences (Cohen & Cohen,

1983).
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Statistical analyses were conducted in Matlab R2015a, Matlab’s Statistics Toolbox and R

version 3.2.1 (R Core Team, 2015) using the afex package (Singmann et al., 2015).

Results

Emotional WM and emotional expression matching

Figure 5.1 summarises the emotional WM task and the behavioural results for the younger
and older adults. Participants were able to complete the task with high accuracy in both
emotion types (error: fear (young / old): 16.16% + 0.58 / 17.65% = 0.47; happy (young / old):
11.66% + 0.37 / 13.59% =+ 0.43, and the error distributions for single participants followed a
Gaussian distribution of error (5.1B for group histograms; see Appendix figure S.5.1 for

individual participant response error histograms).

Figure 5.2 summarises the emotional expression-matching task and the behavioural results for
the young and older adults. Participants performed well in both emotion types (error: fear
(young / old): 9.94% + 0.52 / 11.87% = 0.50; happy (young / old): 6.40% + 0.30 / 7.52% +
0.34), and the error distributions for single participants followed a Gaussian distribution of
error (5.2B for group histograms; see Appendix figure S.5.2 for individual participant

response error histograms).
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Figure 5.1. Task schematic and bebavioural performance for emotional WM. A) Task schematic for
emotional WM. After initiating the trial with a mouse click, participants encoded a facial expression
into WM. After a fixed delay of 3000 ms, a test face appeared with the same facial identity but a
neutral facial expression (0% emotional intensity). Participants made their response by changing the
face to match the emotional expression in memory using a trackball mouse. The faces that were
encoded into memory ranged from 0% to 100% fearful or 0% to 100% happy in 5% steps, missing out
the 50% intensity. Emotion type was intermixed within blocks. The inter-trial-interval was 800
ms. B-E) Emotional WM performance. B) Error distributions centred on the target face emotional
intensity during WM for fearful faces, plot in light red for young adults and dark red for older adults.
C) Error distributions centred on the target face intensity during WM for happy faces, plot in light
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blue for young adults and dark blue for older adults. In both of the plots, the error probability is plot
at each bin and connected by the lines. The shaded areas show the standard error of the mean. Bins
are equally spaced from -100% to 100% in 10% steps. X-axis is the response error in percent
emotional intensity, y-axis is the response error probability. D) Bias (mean of the error distributions
in B) and error (unsigned error of the distributions in B) for fear WM in the young (light red) and
old (dark red) participant groups. E) Bias (mean of the error distributions in C) and error (unsigned
error of the distributions in C) for happy WM in the young (light blue) and old (dark blue)
participant groups. Bias and Error were calculated using trials with emotional expressions between
21 and 80% and for which participants reported the correct emotion type. * denotes p < 0.05; ™
denotes p < 0.01.
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Figure 5.2. Task schematic and bebavioural performance for perceptual matching of emotional
expressions. A) Task schematic for emotional-expression matching. After initiating the trial with a
mouse click, participants are simultaneously presented with an emotional face on the left of the screen
and a neutral face on the right, and adjusted the right face’s emotional expression to match the
emotion type and intensity of the face on the left. The inter-trial-interval was 800 ms. Participants
made their response by changing the face on the right to match the emotional expression on the left
using a trackball mouse. Emotion type was intermixed within blocks. B) Error distributions centred
on the target face emotional intensity during perceptual matching for fearful faces, plot in light red
Jfor young adults and dark red for older adults. C) Error distributions centred on the target face
intensity during perceptual matching for happy faces, plot in light blue for young adults and dark
blue for older adults. In both of the plots, the error probability is plot at each bin and connected by the
lines. The shaded areas show the standard error of the mean. Bins are equally spaced from -100% to
100% in 10% steps. X-axis is the response error in percent emotional intensity, y-axis is the response
error probability. D) Bias (mean of the error distributions in B) and error (unsigned error of the
distributions in B) for perceptual matching of fearful faces in the young (light red) and old (dark red)
participant groups. ) Bias (mean of the error distributions in C) and error (unsigned error of the
distributions in C) for perceptual matching of happy faces in the young (light blue) and old (dark
blue) participant groups. Bias and Error were calculated using frials with emotional expressions
between 21 and 80% and for which participants reported the correct emotion type. * denotes p < 0.05;
denotes p < 0.01; + denotes < 0.07.

General deficit in matching emotional expressions in older adults

Older adults showed a deficit in performance over both tasks (F(1,98) = 7.09, p = 0.009, np” =
0.07; young versus old: t(99.80) = -3.63, p = 0.0004, effect size: -0.71) but there was no
difference in this impairment between the type of task (Age by Task interaction: F(1,98) =
0.12, p = 0.73, np” = 0.001), indicating an age deficit in matching emotional expressions that

was not specific to WM.

To confirm that the age deficit was not specific to emotional WM, I conducted two separate
ANCOVAs on emotional WM error with and without emotional expression-matching
performance error for fearful faces and happy faces as additional covariates. There was an
effect of age on emotional WM performance (F(1,100) = 4.50, p = 0.04, np*> = 0.04; young
versus old: t(191.6) = -3.01, p = 0.003, effect size: -0.59), but this effect was no longer
significant when emotion matching performance conditions were included as covariates (F(1,
98) = 0.61, p = 0.44, np? = 0.006), confirming that the deficit in performance was not specific

to WM.
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More generally, participants were better at happy compared to fearful faces (F(1,98) = 243.60,
p =2.54x 107 np* = 0.71; t(102) = 15.29, p = 3.83 x 10", effect size: 1.53) and better at the
perceptual matching task compared to the WM task (F(1,98) = 410.70, p = 8.02 x 107, np?=
0.81, t(102) = 19.90, p = 6.65 x 10, effect size: = 2.10; see figures 5.1C and 5.2C, right).
There was an effect of Intensity (F(1.89, 185.27) = 9.37, p = 0.0002, np? = 0.09), reflecting an
increase in error with greater emotional intensity (mean slope: 0.62 + 0.17; t(102) = 3.73 , p =
0.0003, effect size: 0.37). There was an interaction between Emotion-Type and Intensity
(F(2,195.92) = 3.74, p = 0.03, np* = 0.04), reflecting an increase in error with emotional
intensity in happy (mean slope: 0.50 = 0.09, t(102) = 5.74, p = 9.94 x 10°®, effect size: 0.57)
but not in fearful face conditions (mean slope: 0.12 + 0.13, t(102) = 0.90, p = 0.37, effect size:
0.09; difference in slope: 0.39 + 0.15, t(102) = 2.64, p = 0.01, effect size: 0.35). There was also
an interaction between Intensity and Task (F(1.88,184.04) = 4.42, p = 0.006, np® = 0.05),
reflecting an effect of intensity in the WM (mean slope: 0.56 + 0.13, t(102) = 4.51, p = 1.74 x
107, effect size: 0.44) but not the in expression-matching task (mean slope: 0.06 + 0.11,
t(102) = 0.51, p = 0.61, effect size: 0.05; difference in slope: 0.51 + 0.17, t(102) = 2.92, p =

0.004, effect size: 0.42; see figures 5.3A and 5.4A).

Older adults under-report the emotional intensity of fearful faces

In light of the proposal that older adults exhibit a ‘positivity bias’ in attention and memory
(Mather & Carstensen, 2005), I hypothesised that young adults would tend to report fearful
emotional expressions as more emotionally intense than old adults (negative bias) and old
adults would report happy emotional expressions as more emotionally intense than young

adults (positive bias). To test this, I conducted several hypothesis-driven comparisons.
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First, there was a trend effect for age on bias (F(1,98) = 3.25, p = 0.07, np* = 0.03), where
older adults were underreporting the emotional intensity (¢(96.6) = 2.09, p = 0.039, effect size:
0.41; see figures 5.1C and 5.2C, left). Over both tasks, young adults reported fearful faces as
more emotionally intense than the older adults (young: -0.04 + 0.76; old: -2.74 + 0.80;
t(102.4) = 2.45, p = 0.01, effect size: 0.48). Moreover, old adults reported fearful faces as less
intense relative to the actual intensity of targets faces (t(50) = -3.43, p = 0.001, effect
size: -0.48) whereas young adults did not show such a bias (t(53) = -0.05, p = 0.96, effect
size: -0.007). There were no differences in bias for happy faces (young / old: -0.18 + 0.56

/-1.53 £ 0.73; 1(95.67) = 1.47, p = 0.15, effect size: 0.29).

Comparing between tasks, there was a difference between young and old groups in WM bias
for fearful faces (young / old: 2.02 + 1.11 / -1.37 = 1.23; t(101.3) = 2.05, p = 0.04, effect size:
0.40) but only a trend occurred in the matching task (young / old: -2.10 £ 0.72 / -4.13 + 0.83;
t(100.2) = 1.84, p = 0.07, effect size: 0.36). However, these were not significantly different
(t(97.3) = 0.78, p = 0.44, effect size: 0.15). There were no significant differences on bias
between age groups in the happy face conditions in the WM task, expression-matching task,

or between tasks (p’s > 0.22).
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Figure 5.3. Effect of emotion type and emotional intensity on WM performance in younger and older
adults. A) WM error (unsigned) plotted as a function of emotional intensity for fearful faces (left)
and happy faces (right) in younger (light red/blue) and older (dark red/blue) participants. B) WM
bias (signed error) plotted as a function of emotional intensity for fearful faces (left) and happy faces
(right) in younger (light red/blue) and older (dark red/blue) participants. In all plots, the x-axis is
the target face emotional intensity binned from 30% to 70% in 20% steps, the y-axis is the
behavioural measure.
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Figure 5.4. Effect of emotion type and emotional intensity on emotional expression-matching
performance in younger and older adults. A) Perceptual matching error (unsigned) plotted as a
function of emotional intensity for fearful faces (left) and happy faces (right) in younger (light
red/blue) and older (dark red/blue) participants. B) Perceptual bias (signed error) plotted as a
function of emotional intensity for fearful faces (left) and happy faces (right) in younger (light
red/blue) and older (dark red/blue) participants. In all plots, the x-axis is the target face emotional
intensity binned from 30% to 70% in 20% steps, the y-axis is the behavioural measure.

Older adults mistakenly report fearful faces as happy, young adults mistakenly report happy faces as

fearful

On the emotional WM task, participants mistakenly reported the wrong emotion type on a
sizable proportion of trials (proportion of happy faces reported fearful (young / old): 0.12
0.01 / 0.11 = 0.01, proportion of fearful faces reported happy: 0.04 + 0.004 / 0.07 = 0.008;
figure 5.5A). On the emotional expression-matching task, participants mistakenly reported

the wrong emotion type on only a minority of trials (proportion of happy faces reported
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tearful (young / old): 0.03 = 0.005 / 0.04 + 0.006, proportion of fearful faces reported happy:

0.04 = 0.006 / 0.07 + 0.01; figure 5.5B).

There was a main effect of age (F(1,100) = 5.68, p = 0.02, np? = 0.02), in which young adults
had a smaller proportion of misreported responses (t(98.0) = -3.04, p = 0.003, effect
size: -0.59). There was a main effect of emotion-type (F(1,100) = 13.27, p = 0.0004, np®~
0.12) reflecting participants’ were more likely to misreport happy faces as fearful than
misreporting fearful faces as happy (t(104) = 3.13, p = 0.002, effect size: 0.46). As reported in
the previous experiments, the lower the emotional intensity, the more likely an emotion type
was misreported (F(1.76,176.10) = 288.81, p = 6.61 x 10°% p’ = 0.74; mean slope: -0.05 =+
0.003; t(104) = -21.97, p = 7.19 x 10", effect size: -2.14). There was an effect of the Task
(F(1,100) = 99.89, p = 1.02 x 10, np2 = 0.50), where participants were more likely to
misreport the emotion type in the WM task compared to the matching task (t(105) = 10.51, p

= 4.86 x 1078, effect size: 1.25).

Older adults exhibited a greater tendency to misreport a fearful face as happy (Age by
Emotion-Type interaction: F(1,100) = 12.53, p = 0.0006, np® = 0.11; t(76.5) = 3.67, p =
0.0005, effect size: 0.72), whereas both age groups misreported happy faces as fearful to a
similar extent (¢(102.9) = 0.56, p = 0.57, effect size: 0.11). Both groups misreported happy
faces as fearful more than misreporting fearful faces as happy (young: t(53) = 7.27, p = 1.63 x
107, effect size: 1.50; old: t(50) = 2.77, p = 0.008, effect size: 0.60), but this effect was
stronger in the young adults (¢(97.1) = 2.38, p = 0.02, effect size: 0.47). As shown in the
previous experiments, there was an interaction between Emotion-Type and Intensity
(F(1.73,172.70) = 11.88 , p = 4.11 x 10®, np*> = 0.11), reflecting a greater tendency to
misreport the emotion type with low emotional intensity relative to higher intensities, and

this effect was stronger for happy compared to fearful faces (happy misreported as fearful:
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mean slope: -0.06 + 0.004, t(104) = -18.0, p = 1.17 x 107%, effect size: -1.75; fearful
misreported as happy: mean slope: -0.045 + 0.004, t(104) = -11.54, p = 2.40 x 10, effect
size: -1.13; mean slope difference: -0.02 + 0.006, t(104) = -3.53, p = 0.0006, effect
size: -0.52). This effect was modulated by age (Age by Emotion-Type by Intensity
interaction: F(1.73,172.70) = 6.19, p = 0.004, np2 = 0.06), where young adults were less likely
to misreport fearful faces with lower intensities as happy compared to older adults (mean
difference in slope: 0.02 + 0.04; t(81.45) = 2.58, p = 0.01, effect size: 0.51) but not for the
happy faces (mean difference in slope: -0.002 + 0.04; t(102.7) = -0.38, p = 0.70, effect size:

= -0.07; mean slope difference: 0.02 + 0.05, t(87.2) = 2.02, p = 0.046, effect size: 0.40).

There was an interaction between Emotion-Type and Task (F(1,100) = 46.91, p = 6.14
x10%, np? = 0.32), reflecting a larger proportion of happy faces misreported as fearful in the
WM task compared with the emotional expression-matching task (¢(104) = 12.1, p = 1.64 x
10", effect size: 1.53) but not for the fearful trials (t(104) = 1.03, p = 0.30, effect size: 0.13;
difference between conditions: t(104) = 7.03, p = 2.23, x 107, effect size: 0.90). Finally, there
was an interaction between Emotion-Type, Task, and Emotion-Intensity (F(1.48,148.32) =
27.48,p =5.92x 107, np? = 0.22), reflecting a greater tendency to misreport the emotion type
with low emotional intensity relative to higher intensities in the WM task compared to
matching task in the happy face trials (mean slope:-0.06 + 0.006, t(104) = 9.54, p = 6.89 x
107", effect size: -1.2) but not in the fearful face trials (mean slope: 0.002 + 0.006, t(104) =
0.24, p = 0.81, effect size: 0.03; mean difference between slopes: -0.06 + 0.01, t(104) = 6.34, p

= 6.12 x 107, effect size: 0.79).
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Figure 5.5. Proportion of trials where participants misreported the emotion type for each Emotion
and Intensity value condition in the emotional WM task and emotional expression-matching task for
younger and older adults. A) Bar plots showing the proportion of misreported-emotion trials for each
emotional intensity bin from 1% to 80% in 20% steps for fearful (young: light red; old: dark red) and
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happy (young: light blue; old: dark blue) Saces in the emotional WM task. B ) Bar plots showing the
proportion of misreported-emotion trials for each emotional intensity bin for fearful (yaung: light red;
old: dark red) and happy (young: light blue; old: dark blue) faces in the emotional

expression-matching task.

Fearful faces are remembered as more fearful and happy faces are remembered as less happy in

working memory

There was an effect of Emotion-Type by Task (F(1,98) = 78.80, p = 3.30 x 10", np* = 0.45),
indicating the bias for the emotion type was different depending on the task type. Specifically,
there was a greater negative bias in the happy compared to fearful faces in the WM task
(mean bias fear: 0.49 + 0.85; happy: -2.22 + 0.68; t(102) = 3.81, p = 0.0002, effect size: 0.35),
and a greater negative bias in the fearful faces compared to happy faces in the matching task
(mean bias fear: -2.98 + 0.55; happy: 0.79 * 0.41; t(102) = -6.02, p = 2.74 x 107, effect
size: -0.77). Indeed, participants’ bias for fearful faces in WM was not significantly different
from zero (t(102) = 0.58, p = 0.56, effect size: 0.06), but they reported fearful faces to be less
emotionally intense than the target face in the matching task (t(102) = -5.39, p = 4.45 x 107,
effect size: -0.53; difference between tasks: t(102) = 4.02, p = 0.0001, effect size: 0.48). WM
bias for happy faces, however, was significantly less than zero (¢(102) = -3.25, p = 0.002, effect
size: -0.32) whereas the bias for happy faces in the matching task was not significantly
different from zero (t(102) = 1.95, p = 0.054, effect size: 0.19; difference between tasks: t(102)

= -4.58, p = 1.32 x 107, effect size: -0.53).

As reported previously, there was an effect of Emotion-Intensity on performance bias
(F(1.57,154.14) = 14.41, p = 1.31 x 107, np?= 0.13), reflecting a greater tendency to under-
report the emotional intensity of the facial expression with greater intensity (mean
slope: -0.56 + 0.28, t(102) = -2.05, p = 0.04, effect size: -0.20). There was an
Emotion-Intensity by Emotion-Type interaction (F(1.89,185.17) = 6.20, p = 0.003, np* =

0.06), reflecting a greater difference between fear and happy face conditions for the low
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compared to medium intensities (t(102) = 3.84, p = 0.0002, effect size: 0.55) and low and
high intensities (t(102) = 2.07, p = 0.04, effect size: 0.25) but not low and medium intensities
(t(102) = -1.23, p = 0.22, effect size: -0.18). There was an Emotion-Intensity by Task
interaction (F(1.75,171.59) = 74.83, p = 4.23 x 10” , np” = 0.43), reflecting a greater negative
bias with increasing intensity in the WM task (mean slope: -1.49 + 0.19, t(102) = -7.85, p =
4.22 x 10", effect size: -0.77) and a decrease in negative bias with increasing intensity in the
matching task (mean slope: 0.94 + 0.17, t(102) = 5.54, p = 2.40 x 107, effect size: 0.55;
difference in slope: -2.44 + 0.23, t(102) = -10.50, p = 6.47 x 10"%; effect size: -1.33). Task
type interacted with these factors (Task by Emotion-Type by Emotion-Intensity interaction:
F(1.92,188.07) = 13.55, p = 4.51 x 10, np* = 0.12), in which there was a greater decrease in
bias with increasing intensity for fearful faces versus happy faces in WM (mean difference in
slope: -2.38 + 0.35; t(102) = -7.73, p = 9.92 x 10", effect size: -0.73) compared with an
greater increase in bias with increasing intensity for fearful versus happy faces in the matching
task (mean difference in slope: 1.18 + 0.59, t(102) = 2.00, p = 0.048, effect size: 0.26;

difference between effects: -3.56 + 0.69, p = 1.09 x 10, effect size: -0.72).

Relationship between emotional WM performance and depression/anxiety measures

I tested for correlations between behaviour and depression and anxiety measures (see figure
5.6 for distributions of depression and anxiety scores). Note that although there was an outlier
in the young group with a BDI score of 50 (greater than three standard deviations from the
young adults’ group mean), Spearman rank correlation coefficients are largely insensitive to
outliers. Performing the analyses after excluding the outlier left the results unchanged. In the
young group, there was a good distribution for trait anxiety (mean: 37.9 + 1.49; range: 22 —
67), state anxiety (mean: 32.6 = 1.10; range: 20 — 51), and depression (mean: 6.37 = 1.05;
range: 0 — 50; without outlier, mean: 5.55 + 0.65; range: 0 — 22), and slightly smaller range of

scores for negative affect: mean: 8.41 + 0.39, range: 5 — 18) and positive affect (mean: 16.2 +
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0.51, range: 5 — 25). In the old group, there was also a good distribution for trait anxiety
(mean: 36.0 + 1.34; range 20 — 60), state anxiety (mean: 31.8 + 1.14; range: 20 — 61), and
depression (mean: 7.78 + 0.67; range: 1 — 18), and slightly smaller range of scores for negative
affect: mean: 7.57 + 0.29, range: 5 — 12) and positive affect (mean: 17.3 + 0.44, range: 9 — 25).
The correlational analyses were kept to the key variables of interest of trait anxiety and
depression, due to their relevance to mood disorders, and because trait anxiety was found to
correlate with several behavioural measures in Chapter 4. There were no significant
differences between age groups for trait anxiety (t(102.4) = 0.97, p = 0.33, effect size: 0.19) or

depression scores (t(89.8) = -1.14, p = 0.26, effect size: -0.22).
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Figure 5.6. Distributions of depression/anxiety scores. Histograms showing the distribution
depression (BDI) and trait anxiety (STAI) measures for A) young adults and B) old adults. X-axis
is the depression/anxiety measure, y-axis is the number of individuals.

WM error for happy faces was positively correlated with depression scores (r = 0.25, p = 0.01;
figure 5.7A, bottom left), with a similar trend for trait anxiety (r = 0.17, p = 0.09; figure 5.7A,

bottom right). There were no significant correlations between error for happy faces on the

expression-matching task and depression (r = -0.05, p = 0.63; figure 5.8A, bottom left) or
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anxiety (r = -0.02, p = 0.87; see figure 5.8A, bottom right). Notably, this correlation was
significant in the young adults but not in the older adults (young: r = 0.38, p = 0.006; old: r =
0.028, p = 0.85), and there was a strong trend for a difference between the correlation
coefficients (z = 1.85, p = 0.06), suggesting that the group effect was driven by the younger
adults. There was no difference between the correlation coefficients for WM for happy faces
and anxiety between groups (young: r = 0.17, p = 0.23; old: r = 0.18, p = 0.21; difference: z = -

0.05, p = 0.96).

To test for the specificity of the correlation of WM for emotional material with depression
and anxiety (opposed to emotional processing in general), I compared the correlation
coefficients of the correlations between tasks. Since performance error on the WM and
matching task for happy faces were correlated (r = 0.35, p = 0.0002), the same analysis was
performed on each variable after regressing the other ones out. WM error was still correlated
with depression (r = 0.25, p = 0.01), matching error was not (r = -0.11, p = 0.29) and there

was a trend for a difference between the two effects (z = 1.09, p = 0.057).

I performed a similar analysis to test whether WM for happy faces predicted depression
scores over and above trait anxiety. Since depression and trait anxiety scores were highly
correlated (r = 0.65, p = 7.74 x 10™"), the correlational analysis was performed on each
measure after regressing each other out. Depression showed a trend to correlate with WM
performance for happy faces (r = 0.19, p = 0.061), whereas trait anxiety was not correlated (r =
0.003, p = 0.98). Comparing the two correlation coefficients showed no significant difference

(z=1.34,p = 0.18).

All other correlations with emotional WM and matching (error and bias) were not significant

(see figure 5.7 and 5.8; p > 0.085). Furthermore, all control correlations with emotional
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expression matching, visual WM, and visual matching also yielded no significant correlations

with depression or anxiety scores (see figure 5.10; p > 0.082).
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Figure 5.7. Correlations between depression/anxiety and WM performance. A) Scatter plots of
depression/anxiety measures as a_function of WM error for fearful faces (top, red) and happy faces
(bottom, blue), averaged over emotional intensities. X-axis is WM error averaged over emotional
intensity conditions, y-axis is the depression/anxiety measure. B ) Scatter plots of depression/anxiety
measures as a function of WM bias for fearful faces (top, red) and happy faces (bottom, blue),

averaged over emotional intensities. X-axis is WM bias averaged over emotional intensity
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conditions, y-axis is the depression/anxiety measure. In all plots, each point is an individual
participant, and correlation values are Spearman’s partial rank correlation coefficients. Light

red/blue dots denote young adults, and dark red/blue dots denote older adults.
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Figure 5.8. Correlations between depression/anxiety and emotional expression-matching
performance. A) Scatter plots of depression/anxiety measures as a function of matching error for
Jearful faces (top, red) and happy faces (bottom, blue), averaged over emotional intensities. X-axis is
matching error averaged over emotional intensity conditions, y-axis is the depression/anxiety
measure. B) Scatter plots of depression/anxiety measures as a function of matching bias for fearful
faces (top, red) and happy faces (bottom, blue), averaged over emotional intensities. X-axis is
matching bias averaged over emotional intensity conditions, y-axis is the depression/anxiety
measure. In all plots, each point is an individual participant, and correlation values are Spearman’s
partial rank correlation coefficients. Light red/blue dots denote young adults, and dark red/blue dots
denote older adults.

Visual WM and visual matching

A

Im
1000 ms

Adjust
until response

m
1000 ms

Adjust probe
until response

Stimulus Array
500 ms

Initiation screen
until response

Initiation screen
until response

B
0.5 0571 Young
2 > l old
E 0.4 § 0471 \
2 < w
o o L
p 0.3 ° 0.3
3 ® ? |
s s b |
% 0.2 b § 02f
[v4 14 ‘
B / \,\ @
S 0.1 [ ] <) 0.1
Q ©
f_“ ..,r \n = 1 .\
(e = ’ 0= * e : : !
-1.5 1 0.5 0 0.5 1 1.5 -1.5 -1 -0.5 0 0.5 1 1.5
Target Response Error (in radians) Target Response Error (in radians)
C Visual WM Visual Perception
0.15 0.15
*
% 0.1 @ 0.1
C C
3 ks
e e
[ [
c c
g 8
w 0.05 w 0.05
0 0
Young Old Young Old

Figure 5.9. Task schematics and behavioural performance for non-emotional visual WM and visual

matching. A) Left: Task schematic for visual WM. After initiating the trial with a mouse click,
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participants encoded an orientation into memory. After a fixed delay of 3000 ms, a probe stimulus
appeared at a random orientation. Participants made their response by changing orientation of this
stimulus to match the orientation in memory using a trackball mouse. The inter-trial-interval was
800 ms. Right: Task schematic for visual matching. After initiating the trial with a mouse click,
participants are simultaneously presented with two orientation stimuli on the left and right of the
screen and adjust the right stimulus to match the orientation of the stimulus on the left. The
inter-trial-interval was 800 ms. B) Left: Error distributions for visual WM centred on the target
orientation for young (dark grey) and old (light grey) participants. Right: Error distributions for
visual matching task centred on the target orientation for young ( left, dark grey) and old (i right, light
grey) participants. For all histograms, the error probability is plotted at each bin and connected by the
lines, and the shaded areas show the standard error of the mean. Bins are equally spaced from —pi/2
to pi/2 in steps of 0.075, x-axis is the response error in radians, y-axis is the response error
probability. C) Error (mean of the unsigned error distributions in B) for the young (dark grey) and
old (i light grey) participant groups. * denotes p = 0.028, one-tailed.

Participants performed very well on the visual WM (mean unsigned error in radians (young /
old): 0.115 + 0.005 / 0.120 = 0.006) and visual matching task (0.056 + 0.003 / 0.066 + 0.004;
figure 5.9). All participants performed better for the visual matching task compared to the
visual WM task (F(1,102) = 267.13, p = 3.01 x 107, np® = 0.72; t(104) = -16.14, p = 4.30 x
107, effect size: -1.70), a trend for a main effect of Age (F(1,102) = 3.26, p = 0.07, np* =
0.03), and no interaction between Task and Age (F(1,102) = 0.24, p = 0.63, np’= 0.002). I
hypothesised that younger participants should be better at visual WM, and this difference
should be greater than the effect on age on visual matching. Young adults were numerically
better but not significantly better than old adults at the visual WM task (t(102.5) = -0.56, p =
0.29, one-tailed, effect size: -0.11). However, young adults were significantly better at the
visual matching task compared to the older adults (t(90.8) = -1.93, p = 0.028, one-tailed,

effect size: -0.38).
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Figure 5.10. Correlations between depression/anxiety and non-emotional WM and perceptual
matching performance. A) Scatter plots of depression/anxiety measures as a function of non-
emotional WM error. X-axis is non-emotional WM error, y-axis is the depression/anxiety measure.
B) Scatter plots of depression/anxiety measures as a function of non-emotional perceptual matching.
X-axis is non-emotional perceptual matching error, y-axis is the depression/anxiety measure. In all
plots, each point is an individual participant, and correlation values are Spearman’s partial rank
correlation coefficients. Dark grey dots denote young adults, and light grey dots denote older adults.
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Discussion

Using a novel emotional working memory and emotional expression-matching task in a large
sample of younger and older adults, I found that older adults were impaired in the ability to
match emotional expressions for perception and WM, they under-reported the emotional
intensity of fearful faces and misreported fearful faces as happy to a greater extent than their
younger counterparts. In younger adults, WM abilities for happy faces were correlated with

depression scores.

Older adults were impaired in both the WM and matching task with emotional facial
expression stimuli, indicating a decline in emotion recognition (Ruffman et al., 2008). I
hypothesised that WM for emotional material, independent of visual abilities, would be
impaired with ageing (e.g. Nilsson, 2003), and that there could be a particular memory
benefit for positive stimuli (Mather & Carstensen, 2005). However, there was no additional
detriment in the WM task compared to perceptually matching the emotional expressions.
This is consistent with previous studies which have suggested that WM for emotional content
is preserved in healthy ageing regardless of the valence (D’Argembeau & van der Linden,
2004; Hartley et al., 2013; Mammarella et al., 2013). However, I found that this effect is not
specific to WM. In this study, I tested both WM and visual abilities for emotional material,
whereas others have only compared emotional and non-emotional stimuli. I note that it is
difficult to conclude that there is in fact a benefit for emotional material for WM with the
lack of an effect, but it raises the important point that emotion researchers should also test for
visual abilities in processing emotional material as well as non-emotional WM and visual

perception in order to test whether their effects are specific to WM for emotional material.
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Older adults underestimated the emotional intensity of fearful faces and misinterpreted low
intensity fearful faces as happy faces more than young adults, suggesting an attenuated
representation of negative information, and a positive interpretation bias. Previous theoretical
and empirical work has suggested that older adults show a ‘positivity bias’, in which older
adults selectively attend to positive stimuli to a greater extent to negative stimuli (Carstensen
et al., 2003; Mather & Carstensen, 2005). In contrast, young adults exhibit a ‘negativity bias’,
and preferentially attend to threat or fear-related stimuli more than positive or neutral stimuli
(Rozin & Royzman, 2001). As outlined in the introduction, findings on the positivity bias in
older adults are, however, mixed (Murphy & Isaacowitz, 2008). In the present study, older
adults tended to underreport the emotional intensity of fearful faces. In addition, older adults
misreported fearful faces as happy to a greater extent to their younger counterparts. These
data suggest that older adults exhibit an attenuated representation of negative information in
both perception and WM, and a positive interpretation bias when there is a categorical
decision to be made (making a judgment as to whether a face was happy or fearful at the
response). Young adults, on the contrary, showed no significant bias in the representation of
negative information, and had a greater tendency to misreport happy faces as fearful more
than misreporting fearful faces as happy compared to older adults (although note that the
proportion of misreporting happy faces as fearful itself was not significantly different to the
older adults). The mixed results in the literature may stem from different sources of error in
participant responses that traditional measures of behavioural performance cannot separate.
Measures of ‘bias’ have ranged from reaction-time measures in attentional tasks (how much
attention do you allocate to a certain location) to accuracy measures (how much better are
participants at remembering or recalling emotional material from memory), which might
conflate biases for the perceptual or mnemonic representation of emotional information
versus interpretation biases. The current paradigm was able to characterise how participants

represent emotional information and their categorical interpretation of stimulus valence
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(happy, fear). It is worth noting that the reduced negative bias was a weak effect: there was no
Emotion by Age interaction in the main analysis, but the effect was significant in the
hypothesis-driven comparisons. This is consistent with the weak effects in the literature.
However, the tendency for older adults to misinterpret fearful faces as happy was statistically
robust, suggesting a positive bias in the older adults when faced a categorical judgement when

interpreting affective valence.

There was a dissociation between emotional WM and perceptual matching, in which
participants, as a group, underestimated the intensity of fearful faces in perception and
underestimated the intensity of happy faces in WM, but showed no such effect in WM for
fearful faces or perceptual matching of happy faces. If we take perceptual matching
performance ‘bias’ as the emotional intensity that participants actually perceive, this suggests
that fearful faces are remembered as more fearful when recalled from memory, and happy
faces are remembered as less happy when recalled from memory. This is consistent with the
idea that negative stimuli attract more attention, and it is important to prioritise the intensity
of the negative stimulus in memory in case it becomes behaviourally relevant later on
(LeDoux, 2003; Phelps, 2006; Vuilleumier & Driver, 2007). On the other hand, a positive
stimulus would signal that pleasant things could be in the environment, but nothing of
immediate behavioural importance. It might be a better strategy to overestimate the negative
information in case a negative event is to happen, especially when there are memory
constraints. However, there is no potential disadvantage of underestimating the intensity of a
happy face, and the intensity simply reduces with memory degradation. Future work should
test whether there are differences in the way we represent information in perception
compared to those in memory, and the brain systems that might correspond to these

differences.
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I found a significant correlation between depression scores and WM for happy faces, but not
with emotional expression matching of happy faces. Inspecting this correlation for younger
and older adults separately showed that the effect was mainly driven by the young group.
Interestingly, depression scores (BDI) were not correlated with the tendency to report
emotions as more or less emotionally intense than they were perceived (bias), which is what
one might have expected. In fact, it was the performance error, with corresponds to a greater
mean deviation from the target intensity irrespective of overestimating or underestimation the
intensity. This means that participants with higher depression levels seemed to report happy
faces as more happy than they actually were on some trials, and less happy than they actually
were on other trials; they were more variable. One intriguing possibility could be that
participants with higher depression scores in general might show greater fluctuations in
performance that correspond to fluctuations in mood. It would be interesting to record mood
state after each individual trial to test if the trial-by-trial variability could be explained by
trial-by-trial fluctuations in in mood over short time-scales. I note that our group has
relatively low depression scores compared with individuals with clinical depression. It will be
interesting for future studies to use this paradigm in a group with higher depressive symptoms

to test whether this results holds up.

In previous studies testing WM for emotional content in healthy ageing, non-emotional WM
and perceptual abilities were not assessed, which could differ markedly between age groups. I
tested these abilities here using a simple load-1 orientation visual WM task and a perceptual
matching task with the same orientation stimuli. Unexpectedly, there was no age-related
WM deficit for non-emotional material in our group, even though such deficits are well
documented (Salthouse, 2010). The current task required participants to hold one orientation
stimulus in memory, which was likely very easy. Some researchers have found that when

interference from irrelevant information is minimised, older adults perform as well as young
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adults (May et al., 1999; G. Rowe et al., 2008, 2010). Since there was only one simple
stimulus (no interference between multiple items in WM) and no distractor stimuli, one
might expect older adults no age-related impairment. However, performance values were still
numerically different between groups, so it was still useful as a measure of non-emotional
WM performance as covariates in the main analysis. There was, however, a significant
difference between age groups in the visual matching task. I hypothesised a difference in
visual WM, and that differences in visual matching performance could account for the in
visual acuity in the WM task. One possibility is that the visual WM task was low in cognitive
load, and it was also straightforward in that participants simply had to monitor the centre of
the screen for the target and response. In the visual matching task, participants were
instructed to keep their head still, even though the stimuli were on the left and right of the
screens. Therefore they had to move their eyes from left to right and back in order to match
the orientations of the bars. This involves eye movements and therefore a combination of
motor skills and visual skills, which might have been more difficult for the older adults.
Future studies should include measures of non-emotional WM and visual perception in order

to account for potential age-related differences that are not specific to emotion.

Using a novel emotional WM task and expression-matching task to assess age differences
emotional processing, I found that older adults exhibited general deficits in cognitive tasks
with emotional material, and showed an attenuated representation of fearful faces and a
tendency to interpret ambiguous, low intensity fearful faces as happy to a greater extent than
younger adults. The new task and response method provides rich behavioural data for
individual participant’s perceptual and memory representation on each trial. Future work
should use more sophisticated behavioural measures to characterise how individuals represent
emotional information, and test for the neural mechanisms that underlie these abilities using

human neuroimaging. It will also be highly informative to investigate how the cognitive and
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neural mechanisms are altered in patient groups with mood disorders. The current results
show that older adults show a general deficit in cognitive tasks with emotional material and a
tendency to report facial expressions more positively compared to young adults, which
suggests that, as we grow older, we start downplaying our negative experience, and interpret

things in a more positive light.
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6. General discussion

Chapter Abstract

This general discussion outlines the key findings from the work presented in this thesis and
their broader implications, and suggests how future studies can build on this work to reach a
better understanding of WM in healthy ageing. This thesis has examined several aspects of
WM and its associated functions that change with age, and the individual differences in brain
function that correspond to differences in successful cognitive ageing. The key finding is that
the neural mechanisms that support flexible control over WM can be relatively preserved in
healthy ageing, and that attentional control can enhance behavioural performance in elderly
adults and thereby mitigate some of the age-related deficits in WM function.
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6.1 Overview of the Thesis

In Chapter 2, I presented evidence from an fMRI study which showed that older adults
successfully recruit cognitive control networks during selective WM encoding, and that
regions in the IFC play a role in modulating activity in the relevant sensory areas for attended
and ignored stimuli according to task demands. In Chapter 3, I presented behavioural
evidence that WM maintenance declines with age, but that the ability to orient attention
within WM to enhance memory is preserved. In line with these results, older adults exhibited
similar neural activity patterns to those found in younger adults during attentional orienting,
and the temporal dynamics of these signals corresponded to the attentional benefits in WM
performance. The second part of the thesis was concerned with whether the nature of the
content of the information to be held in WM, focussing on affective stimuli, influences age-
related changes in WM. In Chapter 4, I described how I developed a novel emotional WM
task. In Chapter 5, I reported findings from testing younger and older adults in a series of
WM experiments with and without emotional content. Although older adults showed general
deficits in behavioural performance on tasks with emotional stimuli, they were not specific to
WM. Overall, the work in this thesis has shed some light on the differential changes of WM
functions in healthy ageing, with relatively intact control functions that can be used to
support WM, and changes in WM performance for both non-emotional and affective

stimulus content.

6.2. Selective attention can help mitigate working-memory deficits in ageing

Preserved mechanisms of top-down attention enabled older adults to prioritise items within
WM to enhance behavioural performance. In Chapter 3, I presented a study showing that
older adults experience strong attentional enhancements in WM performance with the help
of spatially informative retro-cues. I found that WM maintenance (without cues) declined

with age within the cohort of older participants I tested (60-87 years old). This age-related
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impairment was significantly alleviated by the deployment of attention within WM. Even
within the relatively narrow age range in the current study, there was a significant decline in
WM performance with increasing age. However, the ability to use the retro-cue to enhance
WM performance was not significantly correlated with age. That is, how well you can use the
cue to enhance behavioural performance does not seem to be affected by increasing age. The
benefits from a retro-cue were largely attributed to an increase in the probability that the
target item was remembered, a reduction in the probability of reporting a non-target item,
and, to a much lesser degree, the precision with which that item was recalled. The finding
that a spatial cue helps reduce the proportion of non-target responses is particularly
interesting, since older adults show higher proportions of erroneously reporting a non-target
item (e.g. Cowan et al., 2006; Peich et al., 2013). Indeed, elderly adults in my study showed
larger proportions of non-target responses when no informative retro-cue was available
compared to younger adults in similar studies (e.g. Bays et al., 2009, 2011). Hasher and
colleagues proposed that inhibition of task-irrelevant information was the key factor linked to
age-related impairments in WM span tasks, in which items on past memory lists interfere
with the current memory task (e.g. May et al., 1999; G. Rowe et al., 2008, 2010). In my
study, older adults had a large proportion of non-target responses in trials where there was no
retro-cue, suggesting that there was interference between memory items during WM
maintenance. Consistent with these data and other ‘prefrontal’ deficits in ageing, researchers
have suggested that impairments in executive function are responsible for WM deficits in old
age (e.g. Hasher & Zacks, 1988; West, 1996). However, I found that attentional control for
orienting within WM is preserved in older adults, suggesting that not all control functions
related to WM are impaired. Indeed, when such control functions are preserved, they can be
used to enhance WM performance. Since older adults seem to be prone to interference from

other memory items, retro-cues could help by reducing interference within WM
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representations. Therefore, reducing interference may be one of the key factors to minimising

cognitive decline caused by reductions in WM capacity.

These results raise the intriguing possibility of training older adults to improve WM by
reducing interference between items in memory. Retro-cues may help individuate and
separate the representations in WM, thus reducing the rate of incorrect non-target responses.
This suggests that training this individuation of representation might improve older adults’
WM performance. Studies have shown that WM capacity for visual items can be enhanced
when items can be grouped together (Woodman, Vecera, & Luck, 2003), but this type of
strategy might also lead to more interference between items. This strategy can sometimes be
used in the task here, since the orientation stimuli can be grouped as a single object
depending on their orientations (e.g. four bars into the shape of a diamond). Older adults
could be trained to separate items in WM and avoid using grouping strategies to minimise
interference between items. In such a study, I would first determine the individuals’ WM
capacity, and start the cognitive training with a WM precision task (without cues) at or below
their capacity. The key is to encourage the participant to remember each item individually
and separate the memory items as much as possible in mind. As performance improves, I
would increase the number of items and keep training the participant in the same way.
Feedback would be given as to how much they are reporting the non-target items over a block
of trials, as well as average WM accuracy. Separating the memory items could help stabilise
representations in WM, rather than being in a ‘fragile’ state prone to between-item memory
interference, and in turn decrease the non-target responses. Stabilisation of the memory items
could also help to enhance the precision of the WM items. This cognitive training study
could try to train participants to reduce between-item interference within WM and maintain
a more robust memory representation during cognitive tasks. Relatedly, some studies have

shown multitasking training can lead to benefits in WM (Anguera et al., 2013), and it could
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be that multitasking training improved their ability to deal with interference in WM, since
multitasking requires storing multiple task rules and avoiding confusion between the two

tasks while performing each task.

6.3. Preserved neural mechanisms of selective attention for working memory in ageing

In accordance with the behavioural enhancements in WM by attentional cues in older adults,
the imaging results presented in Chapter 2 and 3 indicate that the neural mechanisms that
underlie top-down attention are relatively preserved in healthy ageing. In both studies, there
were remarkable similarities in the neural mechanisms recruited during top-down attention
for WM in older adults compared to those found in younger adults in other studies, but with
some interesting differences. In Chapter 2, older adults recruited the fronto-parietal and
cingulo-opercular networks during top-down attention for selective WM encoding that was
qualitatively similar to the networks recruited in younger adults (Dosenbach et al., 2008;
Petersen & Posner, 2012). There were also similar attentional modulations in category-
sensitive areas in visual cortex during selective WM (e.g. Ranganath, Cohen, et al., 2004),
with the strongest attentional modulations in the left PG (Gazzaley, Cooney, McEvoy, et al.,
2005). However, in this group of older adults, activity in purported control regions in the IFC
was more reliable in the left compared to the right, whereas other studies in younger adults
with feature-based attention recruit more bilateral regions of the PFC (e.g. Chadick &
Gazzaley, 2011) or only in the right hemisphere (e.g. Zanto et al., 2010, 2011). It would be
interesting to investigate the changes in the degree of PFC lateralisation during selective WM
by comparing activations in older and younger adults directly in the same study. One
speculative possibility for any putative difference in lateralisation is that older adults may
employ a verbal strategy to support good performance, such as reminding themselves of the
block they are in by verbalising “face” or “house” in mind during the task. The activations in

the left IFC included the IFG pars opercularis and triangularis (Broca’s area), which is
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implicated in semantic processing. Semantic abilities are maintained through old age (e.g.
Hedden et al., 2004; Nyberg et al., 2012), and it could be that older adults in this study
employed these preserved abilities in semantic processing to support attentional control for
selective WM. Although this is highly speculative, future studies could test this by employing
a similar WM paradigm with articulatory suppression, in which participants have to store

visual images in WM whilst producing irrelevant speech (e.g. counting from one to ten).

It would have been useful to include a subsequent memory test for the study presented in
Chapter 2, to look at the individual differences in the degree to which the attended stimuli
were remembered and the ignored stimuli were forgotten. This could have lent support to
Hasher and colleagues’ idea that older adults are impaired in ignoring irrelevant information
by showing greater recollection of ignored stimuli (e.g. Campbell et al., 2010; Hasher &
Zacks, 1988; J. B. Rowe et al., 2006; R. T. Zacks et al., 1996). Furthermore, attentional
modulations during selective WM are related to whether or not stimuli are subsequently
remembered, and correspond to individual differences in the cognitive health of attentional

mechanisms in ageing.

In the study presented in Chapter 2, IFC activity was coupled with the activity in category-
sensitive cortex, suggesting the IFC is involved in modulating the sensory representations in
visual cortex (c.f. Higo et al.,, 2011; Nelissen et al., 2013; Zanto et al., 2010, 2011). This
could be tested more specifically by employing multivariate decoding methods to investigate
the representational content in ventral visual cortex (e.g. Kriegeskorte et al., 2008;
Kriegeskorte, Formisano, Sorger, & Goebel, 2007) and testing whether the magnitude of the
IFC response correlates with the representational distance between attended and ignored
stimuli (e.g. activation distance between attended faces and ignored faces, and between

attended houses and ignored houses; c.f. Nelissen et al., 2013). This would indicate that
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control mechanisms in the IFC play a role in separating the representations of the attended
and ignored stimuli during selective WM, and not only showing activity coinciding with
sensory cortex. This was not possible in the current study since there were few trials in each
condition per participant, and a large number of trials are required to successfully implement

these techniques.

When older adults oriented attention within WM following retro-cues (Chapter 3), there was
a transient lateralisation of alpha power in posterior cortices, similar to what has been
observed in younger adults (Myers et al., 2015; Poch et al., 2014; Wallis et al., 2015).
However, the signals related to spatial attention also exhibited some changes. First, the
lateralised signals were not only in the alpha band but also in the beta band. Furthermore, the
topographies differed markedly between frequency bands. Alpha lateralisation was mainly
found in the posterior sensors, and beta lateralisation was mainly found in the motor and
frontal sensors. Beta oscillations in motor and premotor cortex are often associated with
movement preparation or execution. In this task, however, participants were not required to
respond at the time of the cue and the cue did not allow them to prepare a specific movement,
so this activity is unlikely to have reflected motor preparation or execution. The hand
responsible for making the response was also not associated with the cued location. Another
possibility is that older adults recruited additional neural activity in motor and frontal areas in
order to perform the task. Beta oscillations have been recently proposed to play a key role in
top-down attention (e.g. Bastos et al., 2015; Engel & Fries, 2010; X. J. Wang, 2010). Other
studies have found that older adults seem to recruit additional activity from motor networks
during cognitive and motor tasks (Deiber et al., 2013; Kopp et al., 2011; J. B. Rowe et al.,
2006). Since the ability to orient attention within WM was relatively preserved in this group
of elderly adults, the additional beta activity could reflect compensatory processes in the

motor system to support flexible control for WM. How could the motor system help with this
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task? What mechanisms for selecting memories could draw on beta oscillations? It has been
suggested that orienting attention within WM using retro-cues involves the sequential
activation of several cognitive control networks, with the fronto-parietal network first
activated for spatial selection within WM, followed by the cingulo-opercular network that
may be involved in selection of relevant representations for action — for output gating
(Chatham, Frank, & Badre, 2014; Wallis et al., 2015). Parallel to a movement-based action-
planning network in the PFC and basal ganglia, there is a cognitive action-planning network
that is involved in selecting information that is likely to guide the upcoming behaviour
(Dosenbach et al., 2008). This network is distinct from that which represents items in WM,
so rather than changing the memory representation, it could move the cued item into a
distinct state for action preparation via an ‘output gate’ (Chatham et al., 2014; Dosenbach et
al., 2008; Wallis et al., 2015). One possibility is that older adults need to engage this system
more than younger adults to prepare the relevant representations for action. Future studies
will have to test whether the lateralisation of beta oscillations found here is related to
compensatory processes, or is in fact an epiphenomenon that accompanies ageing but has no

relevance to task performance.

To test whether the pattern of alpha/beta lateralisation in older adults is related to cognitive

performance and if the beta oscillations are in fact compensatory mechanisms, one could use a

longitudinal design and test the same participants again after a short time interval. If

performance is maintained at a similar level with an increase in beta lateralisation, and poor

performance coincides with a decrease in beta lateralisation, this would suggest that the beta

lateralisation observed in the study presented here is related to compensatory processes that
Yy P P yp

support flexible attention for WM in ageing.
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Another way to test the role of alpha and beta oscillations in orienting attention within WM
in older adults is to use neuro-feedback training with EEG or MEG to increase alpha or beta
lateralisation related to the task. Neuro-feedback involves measuring and displaying brain
signals to participants, who try to self-regulate their own brain function by trying to modulate
the specific brain signal in the way instructed (Gruzelier, 2014). The idea is that if individuals
can train themselves to enhance a brain signal related to a particular cognitive function, they
could potentially improve the performance that relies on that function. In this case,
participants might be asked to perform the spatial cueing task and are shown the amount of
alpha or beta lateralisation recruited after each trial, and told to try to increase this type of
activity during orienting attention within WM. Another way to train the participant could be
to ask them to orient their attention to a certain location and show them the current degree of
alpha or beta lateralisation, and train them to increase this signal of neural activity before
training with the actual task. I would train participants to enhance alpha or beta lateralisation.
After training, I would inspect whether the degree of change in alpha or beta lateralisation
depends on whether the group was trained on increasing alpha or beta oscillations, and
whether the effect in one or both of the frequency bands contributed to changes in
performance. This training could be used in both younger and older adults, to explore
whether the lateralisation of beta oscillations during attention is an age-specific effect or if it

can also benefit younger adults.

Some researchers have suggested that older adults have a specific impairment in inhibiting
irrelevant information in WM (e.g. Gazzaley, Cooney, Rissman, et al., 2005; Hasher &
Zacks, 1988). Hasher and colleagues have suggested inhibitory deficits for WM including
those around the time of stimulus encoding, and the deletion of items no longer relevant for
behaviour (Hasher et al., 2007; Hasher & Zacks, 1988). Retro-cues might work by enabling

the directed inhibition or deletion of irrelevant information in WM (e.g. Williams &
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Woodman, 2012). Indeed, the retro-cueing paradigm shares features with directed forgetting
tasks (cues that indicate items are to-be-remembered and to-be-forgotten items shortly after
memory encoding) by Hasher and Zacks (Zacks et al., 1996). For instance, some work has
shown that retro-cues essentially reduce the load or the number of items that are held in WM
(Kuo et al., 2012). Behavioural and neural markers of older adults during retrospective
attention (Chapter 3) are relatively preserved, suggesting no deficit in the ability to remove
items from WM. However, the way in which the retro-cue produces behavioural benefits
continues to be investigated (Souza & Oberauer, 2016). Some suggest that the cue allows
protection of memory items from decay (Pertzov, Bays, Joseph, & Husain, 2013), others that
the cued items change from a ‘fragile’ state that is more prone to interference to a more robust
state (Sligte et al., 2008), still others that the cue allows re-distribution of resources between
memory items (e.g. Bays & Husain, 2008; Ma et al., 2014). There might also be a role for
rehearsal or ‘refreshing’ functions (e.g. Souza, Rerko, & Oberauer, 2015) since incidental
retro-cues also improve WM (e.g. Zokaei et al., 2014). Retro-cues could also enhance
performance by selecting the relevant representation to facilitate subsequent actions, also
termed output gating (Wallis et al., 2015). Since older adults were not impaired as using
retro-cues to enhance WM performance, retro-cues may not work by inhibiting irrelevant

items but rather by one of these alternative mechanisms, which are preserved in healthy

ageing.

6.4. Inter-individual differences in the neural markers of selective attention for WM in

healthy ageing

I employed an inter-individual differences approach to study the neural processes that
correspond to better versus worse behavioural performance during tasks of selective attention
for WM. The wide range in behavioural scores and neural markers allowed the exploration

for neural markers that corresponded to healthy cognitive ageing.
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In the MEG study (Chapter 3), the individuals that had a larger benefit in WM performance
with a retro-cue relative to a neutral cue exhibited a strong increase of alpha/beta
lateralisation, which quickly returned to baseline; mirroring what has been found in younger
adults (Wallis et al., 2015). However, those who had smaller benefits with a retro-cue showed
a moderate increase of alpha, which lasted for a longer time period before returning to
baseline. This was interpreted as a difficulty in orienting within WM, reflected in a

lengthened period of neural activity that corresponds to selection or retrieval of WM.

In the fMRI study, there was a positive correlation between age and the coupling strength
between the left IFC and the relevant category-sensitive visual areas during selective attention
for WM encoding. More specifically, in the old-old adults, activity in the left PG was coupled
with a larger — or spatially more distributed — region of the IFC compared to the young-old
adults. Behavioural performance did not vary as a function of age, likely because it was an easy
task with performance levels near ceiling. The younger subgroup of old adults might have
found the task relatively easy, recruiting a moderate level of IFC activity to modulate sensory
cortex, whereas the older subgroup may have exerted slightly more cognitive effort in order to
reach good performance, linked to more IFC activity to modulate sensory cortex effectively
during selective WM. The additional recruitment in the older old adults could reflect
additional neural resources required for good performance in the face of neural declines (e.g.

Reuter-Lorenz & Cappell, 2008).

However, there is another possible interpretation. It could be that the additional activity in
the older old adults is not related to the task, but instead reflects inefficient recruitment of
unnecessary neural resources, and that only the centre of the IFC activation is really task-

relevant. To choose between the two accounts, let us consider the relationship between

244



behaviour and functional activity. For instance, if the activity in older old adults in this region
correlated positively with behaviour, this would suggest the additional activity reflects good
use of neural resources to support behaviour. However, if the activity correlated negatively
with behaviour, the additional recruitment would reflect an inefficient use of neural resources.
Finally, if there were no correlation with behaviour, but with performance at ceiling level as
observed here, this would point more toward the compensation account, since the old group
exhibits matched performance with the young group with greater activity in the brain region
of interest, suggesting a compensatory mechanism. A compensation account would be
especially convincing if there were a positive correlation with performance in this area
independent of age, but since there is not even a trend for a negative correlation suggests that
it is likely not due to inefficiency (with the caveat that it is difficult to conclude this with the

absence of an effect).

It would have been useful to include a young comparison group to test whether they would
recruit as much activity as the younger subgroup of old adults tested, with the older subgroup
showing more activity than both young and young-old adults, which would point toward the
compensation hypothesis. However, a younger group may show differences for other reasons,
such as less activity because the task was too easy and they did not need to recruit top-down
neural resources to perform the task. Age-related vascular differences would also be
impossible to avoid and differences are hard to interpret. Ideally, a longitudinal study could
tell us whether or not older adults show increased brain activity with unchanged good
performance corresponding to compensation, or unchanged (maintained at the same) neural
activity with the same level of performance reflecting brain maintenance, or a decrease in the
level of activity with reductions in performance levels corresponding to cognitive decline in

ageing (e.g. Nyberg et al., 2010; Persson et al., 2012).
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6.5. Discussion of fMRI results in light of recent reports of false-positives in fMRI cluster-

wise inference

Eklund, Nichols, & Knutsson (2016) recently reported that common statistical packages that
performance statistical inference on fMRI data (including FSL) produce a higher proportion
of false positives than expected when using cluster-based statistics. In light of this recent
paper, it is appropriate to discuss how my study should be viewed and what steps to take in
the future. In the past, researchers have attempted to control error rates by simulating data
with the temporal and spatial structure of fMRI data and testing how well the packages faired
in terms of false positives. In this study, they used real resting-state fMRI data, selected
epochs of the data assigned to condition A and condition B or condition A versus rest, and if
error rates are controlled appropriately, there should be a 5% chance of false positives in this
data (there should be no reliable differences between conditions since they are random epochs
of resting-state data). They found that all commonly used packages (FSL, SPM, AFNI) had
much higher false-positive rates than the 5% expected, with the highest at 70% (probability of
having a false positive in the experiment; not that 70% of the results were false positives).
There are several important points to note. At a more conservative cluster-forming threshold
(p = 0.001 rather than p = 0.01), the probability of false positives reduced dramatically, with
FSL FLAME (group analysis) reaching below the target 5% false-positive rate. Using voxel-
wise inference rather than cluster-wise inference, error rate was controlled at approximately
5% for all packages, and using permutation statistics, error rate was properly controlled even
with the more liberal cluster-forming threshold of p = 0.01). It is notable that FSL’s FLAME
(as used in the fMRI study here) had one of the lower false positive rates even for the cluster-

forming threshold of p = 0.01, at approximately 10%.
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The authors do not claim that all f{MRI studies that have used these packages have produced
false results, but that some of them could be called into question. Importantly, if the study is
well powered and the statistics are reliable, then the main conclusions of the study will likely
hold. The fMRI study I presented in Chapter 2 was well powered, and there were some
strong hypotheses as to what we would be looking for, so I was able to perform both whole-
brain analyses and ROI-based analyses for the attentional-modulation effects on the category-
sensitive visual areas as well as the IFC (based on coordinates in the literature). In the future,
it will be important to use a more conservative cluster-forming threshold for performing
statistical inference, or alternatively use permutation testing or voxel-based inference — both of
which control error rates sufficiently. Given these problems, it is also important to have
strong hypothesis about our data when possible and define ROIs, which are more principled
and are less likely to show false positives. In conclusion, I believe that the conclusions of my
fMRI study are relatively well grounded, given that it is a well-powered study, I was able to
confirm the validity of my results by having a priori hypotheses about certain brain regions of
interest, and that I used FSL FLAME which had relatively better error rate control compared

to other software packages.

6.6. Changes in WM and perception for emotional content in healthy ageing

The way in which emotional information is processed changes as we age (Grady, 2008;
Mather, 2012). In contrast to many cognitive functions that exhibit declines in old age
(Hedden & Gabrieli, 2004), older adults seem to be relatively unimpaired on tasks with
emotional content (e.g. Calder et al., 2003; Keightley et al., 2006; Mammarella et al.,, 2013;

Mikels, et al., 2005). In Chapter 4, I developed a new experimental task to test WM for
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emotional content. In Chapter 5, I tested a large group of young and older adults to

investigate how WM for emotional content changes with age.

I found that older adults were impaired at emotional WM. However, they were also impaired
at making perceptual comparisons about the same stimuli, indicating that there was no
specific deficit in WM for emotional content. There are several possible interpretations given
these results. First, it is possible that older adults have deficits in perception, being less able to
match emotional faces precisely. Since the accuracy impairment in WM for emotional
content is completely explained by the accuracy differences in the perceptual tasks, it is
unclear whether the older adults show a deficit in WM for emotional content. It is possible
that older adults are relatively unimpaired in WM for emotional content after considering
perceptual differences. Another possibility for the lack of a difference between WM and
perceptual abilities for emotional content could be that there were significantly fewer trials in
the perception task than in the WM tasks, since the focus of the study was on emotional
WM. That is, a larger number of trials for the perception condition would make the statistical
comparison more reliable and potentially show a difference. Future studies that aim to test
WM for emotional content should put more emphasis on the perceptual version of the task. I
used a non-emotional WM task in order to test for the age-related differences in WM for
emotional versus non-emotional content. Unfortunately, the task chosen was too easy, and
produced no differences in WM performance between the age groups. Future studies should
use a sufficiently demanding non-emotional WM task (e.g. more complex visual stimuli
similar to faces) in order to better compare WM for emotional versus non-emotional content.
Although it is unclear whether affective content has a special status in WM for older adults,
this study has shown how important it is to include a perceptual control of the WM tasks to
ensure whether age-related changes are related to WM or actually already surface at the level

of perception. Future studies should examine the question with different task parameters such
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as higher WM loads, intervening distractors during WM encoding, or stimuli that match

faces in visual complexity but not in emotion.

Interestingly, there were marked differences in how emotional information was reported
between age groups. Older adults underestimated the emotional intensity of fearful faces to a
small degree, and misinterpreted low intensity fearful faces as happy faces more than young
adults. These results suggest that older adults do show an attenuation of negative information,
and have a tendency to interpret information as more positive than younger adults.
Researchers have suggested that older adults show a general ‘positivity bias’ across multiple
domains of cognition (e.g. Carstensen & Mikels, 2005; Mather & Carstensen, 2005), but the
studies that apparently lend support to this hypothesis have shown different patterns of
effects, such as a reduced negative bias but not a positive bias, a positive bias but no reduced
negative bias, or a greater positive bias than a negative bias. Here, in the same set of tasks
(Chapter 5), I could separate two measures of bias. First, I found that when examining how
emotionally intense a face is reported to be (continuous measure), older adults show a (weak)
reduced negative bias compared to young adults. However, when examining the reported
valence of an emotional face (happy or fearful), older adults reliably reported fearful faces to
be happy faces more often than the younger adults. This tells us that the bias measure can be
quite different and can be interpreted differently depending on the task instruction, the
response method (e.g. two-alternative forced-choice, free recall), and the judgement
(match/non-match, matching to an item in WM). That is, effects could be diluted because
different opposing biases could be measured in the same response (see the next paragraph for
examples of the different measures of bias). This could be part of the reason why studies on
the positivity bias in ageing are mixed (e.g. Murphy & Isaacowitz, 2008), and it might be

important for the field to provide clearer hypotheses on the specific pattern of bias, and the
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types of biases one might expect in different tasks, rather than simply refer to a ‘positive’ or

‘negative’ bias.

The task used in Chapter 5 was able to separate different types of bias, providing measures of
two different aspects of emotional processing to understand the features of WM and
perceptual performance. This could be useful to test groups with mood disorders in order to
separate the different types of emotional biases they might experience. Previous tasks have
used the attentional dot-probe task, which focuses on characterising the astentional biases to
positive or negative stimuli indexed by the relative difference between RT's for affective versus
neutral stimuli (e.g. Fox et al., 2001). The idea is that the faster participants make a detection
or discrimination response to a probe stimulus that followed an affective stimulus relative to
the neutral stimulus, the more they preferentially process stimuli of that affective valence
(greater positive/negative bias). This is an indirect measure of bias (since the response is not a
judgment on the stimuli but on the probe that follows it), which also relates to individual
differences in selective attention and inhibition of irrelevant information. This task only tests
attentional bias for affective information, one aspect of affective bias. Furthermore, the
reliability of the dot-probe task as measuring allocation of spatial attention has also been
questioned (Schmukle, 2005). Another problem is that the task is highly dependent on RTs,
which may be unsuitable for certain populations such as older adults and clinically depressed
patients. There are benefits of these tasks, in which participants make a judgement
independent of the affective value of the stimulus, so that the effect might be less dependent
on subjective biases and more dependent on automatic, unconscious biases that occur in the
brain (e.g. E. Fox, 2002). However, the shortcoming of these tasks is that it does not test
subjective judgment, which is a useful measure for understanding affective changes in mood
disorders. Another task that has been used is an emotion categorisation task in which

participants are presented with an emotional face and asked to judge which of six emotions
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the face belongs to (anger, disgust, fear, happiness, sadness, surprise). This has been used to
test negative biases in patients with mood problems and the changes in affective biases after
antidepressant medication (e.g. Chan, Harmer, Goodwin, & Norbury, 2008; Chan, Norbury,
Goodwin, & Harmer, 2009; Harmer et al., 2003, 2009). For example, Harmer et al., (2009)
showed that a single dose of antidepressant medication (reboxetine, a norepinephrine
reuptake inhibitor) increased depressed patients’ ability to recognise happy faces, even with no
immediate change in mood. However, this task mainly tests how participants interpret the
affective valence of the faces. It is still a categorical judgement that does not tell us how
positive or negative they interpret a face to be. It might be interesting to combine the emotion
categorisation task with the WM precision task presented here to add an additional measure
of bias to the original categorisation task. For instance, individuals could be presented with
faces with varying emotional intensities from any of the six emotion categories, and they have
to make a judgement as to which emotion it was, then adjust the face to how emotionally
intense they remembered it to be. This could tell us the interpretation of the emotion type
and then the intensity to which each emotion was perceived. In the task developed in this
thesis, it is possible to measure both the interpretation bias like in the emotion categorisation
task, but also the intensity to which individuals perceive the affective stimuli. The intensity
judgment provides a direct measure of affective judgment bias, rather than an indirect
measure such as an affective RT difference. The task I developed also emphasises accuracy
over fast responses, which is more appropriate for older adults and clinical populations with
mood disorders. I aimed to test individual differences in WM for emotional faces related to
trait anxiety, but found that the task seemed to correlate more with depression scores. It
would be interesting to use this task in a group of participants with a larger range of BDI
scores to test whether this task actually taps into the affective changes in depression rather

than anxiety. Overall, studies would benefit from applying several tests rather than a single
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test in order to assess different types of affective biases, which could tell us more about the

differences in processing biases between age groups or individuals with mood problems.

The work in this thesis involved developing a new emotional WM precision task and testing a
group of younger and older adults on a simple version of the task. Future studies can build on
this paradigm and test questions about WM for emotional content. For instance, one could
include distractor faces that are to be ignored, and test if the distractor faces influence the
emotional intensity of the target faces, and if they influence the probability of recalling the
target to be one valence or the other. Would predictive cues help with deficits that older

adults experience with emotional WM and perceptual tasks?

6.7 Concluding remarks

In healthy ageing, a reasonable number of cognitive functions will show significant decline.
However, there are some cognitive functions that are relatively preserved in old age, which
can be utilised to support other domains of cognition that experience decline. The work in
this thesis has shown that top-down attentional control functions are relatively preserved in
healthy ageing and can help support good WM function. Emotional stimuli may also have a
special status in perceptual and WM function. Future work should keep exploring the
cognitive control functions that are preserved in age and their neural bases, in order to
discover the mechanisms of ‘healthy’ cognitive ageing rather than focussing on its declines.
These preserved functions can be used to improve cognition in normal ageing, and knowledge
of the mechanisms that underlie healthy ageing may potentially help with the development of
treatments and therapies for age-related disorders, such that instead of trying to revive the
mechanisms that are destined to decline, we should train and exploit those that are preserved,

and so capitalize on the strongest aspects of cognition in the ageing brain.

252



Bibliography

Alain, C., & Woods, D. L. (1999). Age-related changes in processing auditory stimuli during
visual attention: evidence for deficits in inhibitory control and sensory memory.
Psychology and Aging, 14(3), 507-519. http://doi.org/10.1037/0882-7974.14.3.507

Albert, M., & Kaplin, E. (1980). Organic implications of neuropsychological deficits in the
elderly. In L. W. Poon (Ed.), New directions in memory and aging: Proceedings of the
George A. Talland Memorial Conference (pp. 403-432). Hillside, NJ: Erlbaum.

Allison, T., Ginter, H., McCarthy, G., Nobre, A. C., Puce, A., Luby, M., & Spencer, D. D.
(1994). Face recognition in human extrastriate cortex. Journal of Neurophysiology, 71(2),
821-825. http://doi.org/8176446

Anderson, E. J., Mannan, S. K., Husain, M., Rees, G., Sumner, P., Mort, D. J., ... Kennard,
C. (2007). Involvement of prefrontal cortex in visual search. Experimental Brain
Research, 180(2), 289-302. http://doi.org/10.1007/s00221-007-0860-0

Anderson, M., & Ter Braak, C. (2003). Permutation tests for multi-factorial analysis of
variance. Journal of Statistical Computation and Simulation, 73(2), 85-113.
http://doi.org/10.1080/00949650215733

Andersson, J. L. R, Jenkinson, M., & Smith, S. (2007). Non-linear registration aka Spatial
normalisation FMRIB Technial Report TRO7JA2. In Practice, (June), 22.

Anguera, J. A., Boccanfuso, J., Rintoul, J. L., Al-Hashimi, O., Faraji, F., Janowich, J., ...
Gazzaley, A. (2013). Video game training enhances cognitive control in older adults.
Nature, 501(7465), 97-101. http://doi.org/10.1038/nature12486

Anticevic, A., Repovs, G., Shulman, G. L., & Barch, D. M. (2010). When less is more: TPJ
and default network deactivation during encoding predicts working memory
performance. NeuroImage, 49(3), 2638-2648.
http://doi.org/10.1016/j.neuroimage.2009.11.008

Arnsten, A. F., Cai, J. X., Murphy, B. L., & Goldman-Rakic, P. S. (1994). Dopamine D1
receptor mechanisms in the cognitive performance of young adult and aged monkeys.
Psychopharmacology (Berl), 116(2), 143-51.

Aron, A. R., & Poldrack, R. A. (2006). Cortical and Subcortical Contributions to Stop
Signal Response Inhibition: Role of the Subthalamic Nucleus. The Journal of
Neuroscience, 26(9), 2424-2433. http://doi.org/10.1523/ITNEUROSCI.4682-05.2006

Awh, E., Anllo-Vento, L., & Hillyard, S. A. (2000). The role of spatial selective attention in
working memory for locations: evidence from event-related potentials. J Cogn Neurosci,
12(5), 840-847.

Awh, E., & Jonides, ]. (2001). Overlapping mechanisms of attention and spatial working
memory. Trends Cogn Sci, 5(3), 119-126.

Awh, E. Jonides, J., Smith, E. E., Buxton, R. B., Frank, L. R., Love, T., ... Gmeind], L.
(1999). Rehearsal in spatial working memory: Evidence from neuroimaging.
Psychological Science, 10, 433—437. http://doi.org/10.1111/1467-9280.00182

Bachevalier, J., Landis, L. S., Walker, L. C., Brickson, M., Mishkin, M., Price, D. L., &
Cork, L. C. (1991). Aged monkeys exhibit behavioral deficits indicative of widespread
cerebral dysfunction. Neurobiology of Aging, 12(2), 99-111. http://doi.org/10.1016/0197-
4580(91)90048-O

Baddeley, A. D. (1986). Working Memory. New York: Oxford University Press.

Baddeley, A. D. (1992). Working Memory Alan Baddeley. Science, 255(5044), 556-559.
http://doi.org/10.1126/science.1736359

Baddeley, A. D., Bressi, S., Della Sala, S., Logie, R., & Spinnler, H. (1991). The Decline of
Working Memory in Alzheimer’S Disease. Brain, 114(6), 2521-2542.
http://doi.org/10.1093/brain/114.6.2521

Baddeley, A. D., & Hitch, G. (1974). Working memory. In The psychology of learning and
motivation: Advances in research and theory (Vol. 8, pp. 47-89).

253



http://doi.org/10.1016/50079-7421(08)60452-1

Baldauf, D., & Desimone, R. (2014). Neural mechanisms of object-based attention. Science
(New York, N.Y.), 344, 1-37. http://doi.org/10.1126/science.1247003

Barkley, R. a. (1997). Behavioral inhibition, sustained attention, and executive functions:
constructing a unifying theory of ADHD. Psychological Bulletin, 121(1), 65-94.
http://doi.org/10.1037/0033-2909.121.1.65

Bartus, R. T\, Fleming, D., & Johnson, H. R. (1978). Aging in the rhesus monkey:
debilitating effects on short-term memory. Journal of Gerontology, 33(6), 858-871.

Bartzokis, G. (2004). Age-related myelin breakdown: A developmental model of cognitive
decline and Alzheimer’s disease. Neurobiology of Aging.
http://doi.org/10.1016/j.neurobiolaging.2003.03.001

Bartzokis, G., Beckson, M., Lu, P. H., Nuechterlein, K. H., Edwards, N., & Mintz, J.
(2001). Age-related changes in frontal and temporal lobe volumes in men: a magnetic
resonance imaging study. Arch Gen Psychiatry, 58(5), 461-465. http://doi.org/y0a20287
[pii]

Bastos, A." M., Vezoli, J., Bosman, C. A., Schoffelen, J. M., Oostenveld, R., Dowdall, J. R.,
... Fries, P. (2015). Visual areas exert feedforward and feedback influences through
distinct frequency channels. Neuron, 85(2), 390-401.
http://doi.org/10.1016/j.neuron.2014.12.018

Baumeister, R. F., Bratslavsky, E., Finkenauer, C., & Vohs, K. D. (2001). Bad is stronger
than good. Review of General Psychology, 5(4), 323-370. http://doi.org/10.1037//1089-
2680.5.4.323

Bays, P. M., Catalao, R. F. G., & Husain, M. (2009). The precision of visual working
memory is set by allocation of a shared resource. Journal of Vision, 9(10), 7.1-11.
http://doi.org/10.1167/9.10.7

Bays, P. M., & Husain, M. (2008). Dynamic Shifts of Limited Working Memory Resources
in Human Vision. Science, 321, 851-854.

Bays, P. M., Wy, E. Y., & Husain, M. (2011). Storage and binding of object features in
visual working memory. Neuropsychologia, 49(6), 1622-1631.
http://doi.org/10.1016/j.neuropsychologia.2010.12.023

Beauchamp, M. S., Cox, R. W., & DeYoe, E. A. (1997). Graded effects of spatial and
featural attention on human area MT and associated motion processing areas. Journal of
Neurophysiology, 78(1), 516-20.

Berger, H. (1929). Uber das Elektrenkephalogramm des Menschen. Archiv Fiir Psychiatrie
Und Nervenkrankheiten, 87(1), 527-570.

Bichot, N. P, Heard, M. T., DeGennaro, E. M., & Desimone, R. (2015). A Source for
Feature-Based Attention in the Prefrontal Cortex. Neuron, 88(4), 832—-844.
http://doi.org/10.1016/j.neuron.2015.10.001

Bichot, N. P., Rossi, A. F., & Desimone, R. (2005). Parallel and serial neural mechanisms for
visual search in macaque area V4. Science (New York, N.Y.), 308(5721), 529-534.
http://doi.org/10.1126/science.1109676

Bisiach, E., & Vallar, G. (1988). Hemineglect in humans. In F. Boller & J. Grafman (Eds.),
Handbook of neuropsychology (pp. 195-222). Amsterdam: Elsevier.

Bonnefond, M., & Jensen, O. (2012). Alpha oscillations serve to protect working memory
maintenance against anticipated distracters. Current Biology, 22(20), 1969-1974.
http://doi.org/10.1016/j.cub.2012.08.029

Bonnefond, M., & Jensen, O. (2013). The role of gamma and alpha oscillations for blocking
out distraction. Communicative and Integrative Biology, 6(1).
http://doi.org/10.4161/cib.22702

Botwinick, J. (1978). Aging and Behavior (2nd ed.). New York: Springer.

Braak, H., & Braak, E. (1991). Neuropathological stageing of Alzheimer-related changes.
Acta Neuropathologica, 82(4), 239-59. http://doi.org/10.1007/BF00308809

254



Bradley, B. P., Mogg, K., Falla, S. J., & Hamilton, L. R. (1998). Attentional Bias for
Threatening Facial Expressions in Anxiety: Manipulation of Stimulus Duration.
Cognition & Emotion, 12(6), 737-753. http://doi.org/10.1080/026999398379411

Bradley, B. P., Mogg, K., & Lee, S. C. (1997). Attentional biases for negative information in
induced and naturally occurring dysphoria. Behaviour Research and Therapy, 35(10),
911-927. http://doi.org/10.1016/50005-7967(97)00053-3

Bradley, B. P., Mogg, K., White, J., Groom, C., & de Bono, ]J. (1999). Attentional bias for
emotional faces in generalized anxiety disorder. The British Journal of Clinical Psychology /
the British Psychological Society, 38 ( Pt 3), 267-278.
http://doi.org/10.1348/014466599162845

Brainard, D. H. (1997). The Psychophysics Toolbox. Spatial Vision, 10(4), 433-436.
http://doi.org/10.1163/156856897X00357

Braver, T. S., & Barch, D. M. (2002). A theory of cognitive control, aging cognition, and
neuromodulation. Neuroscience and Biobehavioral Reviews.
http://doi.org/10.1016/50149-7634(02)00067-2

Braver, T. S., & West, R. L. (2008). Working memory, executive control, and aging. In F. I.
M. Craik & T. A. Salthouse (Eds.), The handbook of aging and cognition (3rd ed., pp.
311-372). New York: Psychology Press.

Brickman, A. M., Schupf, N., Manly, J. J., Luchsinger, ]. A., Andrews, H., Tang, M. X., ...
Brown, T. R. (2008). Brain morphology in older African Americans, Caribbean
Hispanics, and whites from northern Manhattan. Archives of Neurology, 65(8), 1053-61.
http://doi.org/10.1001/archneur.65.8.1053

Biichel, C., Josephs, O., Rees, G., Turner, R., Frith, C. D., & Friston, K. J. (1998). The
functional anatomy of attention to visual motion. A functional MRI study. Brain : A
Journal of Neurology, 121 ( Pt 7, 1281-1294. http://doi.org/10.1093/brain/121.7.1281

Buschman, T. J., & Miller, E. K. (2007). Top down versus bottom up control of attention in
the prefrontal and posterior parietal cortices. Science, 315(5820), 1860-1862.
http://doi.org/10.1126/science.1138071

Butler, K. M., Zacks, R. T., & Henderson, J. M. (1999). Suppression of reflexive saccades in
younger and older adults: age comparisons on an antisaccade task. Memory and
Cognition, 27(4), 584-591. http://doi.org/10.3758/BF03211552

Cabeza, R. (2002). Hemispheric asymmetry reduction in older adults: the HAROLD model.
Psychology and Aging, 17(1), 85-100. http://doi.org/10.1037/0882-7974.17.1.85

Cabeza, R. (2004). Task-independent and Task-specific Age Effects on Brain Activity during
Working Memory, Visual Attention and Episodic Retrieval. Cerebral Cortex, 14(4),
364-375. http://doi.org/10.1093/cercor/bhg133

Cabeza, R., Anderson, N. D., Locantore, J. K., & Mclntosh, A. R. (2002). Aging gracefully:
compensatory brain activity in high-performing older adults. Neurolmage, 17(3), 1394—
1402. http://doi.org/51053811902912802

Cabeza, R., Daselaar, S. M., Dolcos, F., Prince, S. E., Budde, M., & Nyberg, L. (2004).
Task-independent and Task-specific Age Effects on Brain Activity during Working
Memory, Visual Attention and Episodic Retrieval. Cerebral Cortex, 14(4), 364-375.
http://doi.org/10.1093/cercor/bhg133

Cacioppo, J. T., & Berntson, G. G. G. (1994). Relationship between attitudes and evaluative
space: A critical review, with emphasis on the separability of positive and negative
substrates. Psychological Bulletin, 115(3), 401-423. http://doi.org/10.1037/0033-
2909.115.3.401

Cacioppo, J. T., Gardner, W. L., & Berntson, G. G. (1997). Beyond bipolar
conceptualizations and measures: The case of attitudes and evaluative space. Personality
and Social Psychology Review, 1(1), 3-25. http://doi.org/10.1207/s15327957pspr0101

Cacioppo, J. T., Gardner, W. L., & Berntson, G. G. (1999). The affect system has parallel

and integrative processing components: Form follows function. Journal of Personality and

255



Social Psychology, 76(5), 839-855. http://doi.org/10.1037/0022-3514.76.5.839

Calder, A. J., Keane, J., Manly, T., Sprengelmeyer, R., Scott, S., Nimmo-Smith, I., &
Young, A. W. (2003). Facial expression recognition across the adult life span.
Neuropsychologia, 41(2), 195-202. http://doi.org/10.1016/50028-3932(02)00149-5

Campbell, K. L., Hasher, L., & Thomas, R. C. (2010). Hyper-binding: a unique age effect.
Psychological Science : A Journal of the American Psychological Society / APS, 21(3), 399-405.
http://doi.org/10.1177/0956797609359910

Cappell, K. A., Gmeind], L., & Reuter-Lorenz, P. A. (2010). Age differences in prefontal
recruitment during verbal working memory maintenance depend on memory load.
Cortex, 46(4), 462—473. http://doi.org/10.1016/j.cortex.2009.11.009

Carstensen, L. L., Fung, H. H., & Charles, S. T. (2003). Socioemotional selectivity theory
and the regulation of emotion in the second half of life. Motivation and Emotion, 27(2),
103-123. http://doi.org/10.1023/A:1024569803230

Carstensen, L. L., & Mikels, J. A. (2005). At the intersection of emotion and cognitiom:
Aging and the positivity effect. Current Directions in Psychological Science.
http://doi.org/10.1111/j.0963-7214.2005.00348 x

Chadick, J. Z., & Gazzaley, A. (2011). Differential coupling of visual cortex with default or
frontal-parietal network based on goals. Nature Neuroscience, 14(7), 830-832.
http://doi.org/10.1038/nn.2823

Chadick, J. Z., Zanto, T. P., & Gazzaley, A. (2014). Structural and functional differences in
medial prefrontal cortex underlie distractibility and suppression deficits in ageing.
Nature Communications, 5(May), 4223. http://doi.org/10.1038/ncomms5223

Chafee, M. V, & Goldman-Rakic, P. S. (1998). Matching patterns of activity in primate
prefrontal area 8a and parietal area 7ip neurons during a spatial working memory task. J
Neurophysiol, 79(6), 2919-2940.

Chafee, M. V, & Goldman-Rakic, P. S. (2000). Inactivation of parietal and prefrontal cortex
reveals interdependence of neural activity during memory-guided saccades. Journal of
Neurophysiology, 83(3), 1550-1566.

Chan, S. W. Y., Harmer, C. J., Goodwin, G. M., & Norbury, R. (2008). Risk for depression
is associated with neural biases in emotional categorisation. Neuropsychologia, 46(12),
2896-2903. http://doi.org/10.1016/j.neuropsychologia.2008.05.030

Chan, S. W. Y., Norbury, R., Goodwin, G. M., & Harmer, C. J. (2009). Risk for depression
and neural responses to fearful facial expressions of emotion. The British Journal of
Psychiatry : The Journal of Mental Science, 194(2), 139-45.
http://doi.org/10.1192/bjp.bp.107.047993

Chao, L. L., & Knight, R. T. (1997). Prefrontal deficits in attention and inhibitory control
with aging. Cerebral Cortex, 7(1), 63—69. http://doi.org/10.1093/cercor/7.1.63

Charles, S. T., Mather, M., & Carstensen, L. L. (2003). Aging and emotional memory: The
forgettable nature of negative images for older adults. Journal of Experimental Psychology:
General, 132(2), 310-324. http://doi.org/10.1037/0096-3445.132.2.310

Chatham, C. H., Frank, M. J., & Badre, D. (2014). Corticostriatal output gating during
selection from working memory. Neuron, 81(4), 930-942.
http://doi.org/10.1016/j.neuron.2014.01.002

Chelazzi, L., Duncan, J., Miller, E. K., & Desimone, R. (1998). Responses of neurons in
inferior temporal cortex during memory-guided visual search. J Neurophysiol, 80(6),
2918-2940.

Chelazzi, L., Miller, E. K., Duncan, J., & Desimone, R. (1993). A neural basis for visual
search in inferior temporal cortex. Nature, 363(6427), 345-347.
http://doi.org/10.1038/3633452a0

Chen, J., Hale, S., & Myerson, J. (2003). Effects of Domain, Retention Interval, and
Information Load on Young and Older Adults? Visuospatial Working Memory. Aging,
Neuropsychology, and Cognition (Neuropsycbalagy, Development and Cognition: Section B ),

256



10(2), 122-133. http://doi.org/10.1076/anec.10.2.122.14461

Clark, V. P., Parasuraman, R., Keil, K., Kulansky, R., Fannon, S., Maisog, J. M., ... Haxby,
J. V. (1997). Selective attention to face identity and color studied with fMRI. In Human
Brain Mapping (Vol. 5, pp. 293-297). http://doi.org/10.1002/(SICI)1097-
0193(1997)5:4<293::AID-HBM15>3.0.CO;2-F

Cobhen, ]. (1988). Statistical Power Analysis for the Behavioral Sciences (2nd ed.). Hillsdale:
Lawrence Erlbaum.

Cohen, ]., & Cohen, P. (1983). Applied multiple regression/correlation analysis for the behavioral
sciences. Hillsdale, NJ: Erlbaum.

Cohn, N. B, Dustman, R. E., & Bradford, D. C. (1984). Age-related decrements in Stroop
Color Test performance. Journal of Clinical Psychology, 40(5), 1244-50.
http://doi.org/10.1002/1097-4679(198409)40:5<1244::AID-
JCLP2270400521>3.0.CO;2-D

Comualli, P. E., Wapner, S., & Werner, H. (1962). Interference effects of Stroop Color-
Word Test in Childhood, Adulthood, and Aging. The Journal of Genetic Psychology:
Reasearch and Theory on Human Development.
http://doi.org/10.1080/00221325.1962.10533572

Compton, R. J. (2003). The interface between emotion and attention: a review of evidence
from psychology and neuroscience. Behavioral and Cognitive Neuroscience Reviews, 2(2),
115-129. http://doi.org/10.1177/1534582303255278

Connor, C. E., Gallant, J. L., Preddie, D. C., & Van Essen, D. C. (1996). Responses in area
V4 depend on the spatial relationship between stimulus and attention. Journal of
Neurophysiology, 75(3), 1306-1308.

Connor, C. E., Preddie, D. C., Gallant, ]. L., & Van Essen, D. C. (1997). Spatial attention
effects in macaque area V4. The Journal of Neuroscience : The Official Journal of the Society
Jfor Neuroscience, 17(9), 3201-3214.

Constantinidis, C., & Steinmetz, M. A. (1996). Neuronal activity in posterior parietal area 7a
during the delay periods of a spatial memory task. Journal of Neurophysiology, 76(2),
1352-5.

Conway, A. R. A., Cowan, N., Bunting, M. F., Therriault, D. J., & Minkoff, S. R. B.
(2002). A latent variable analysis of working memory capacity, short-term memory
capacity, processing speed, and general fluid intelligence. Inzelligence, 30(2), 163-183.
http://doi.org/10.1016/50160-2896(01)00096-4

Corbetta, M., Miezin, F. M., Dobmeyer, S., Shulman, G. L., & Petersen, S. E. (1991).
Selective and divided attention during visual discriminations of shape, color, and speed:
functional anatomy by positron emission tomography. The Journal of Neuroscience : The
Official Journal of the Society for Neuroscience, 11(8), 2383-402.

Corbetta, M., Miezin, F. M., Shulman, G. L., & Petersen, S. E. (1993). A PET study of
visuospatial attention. J Neurosci, 13(3), 1202-1226.

Corbetta, M., & Shulman, G. L. (2002). Control of goal-directed and stimulus-driven
attention in the brain. Na# Rev Neurosci, 3(3), 201-215. http://doi.org/10.1038/nrn755

Cornelissen, F. W., & Greenlee, M. W. (2000). Visual memory for random block patterns
defined by luminance and color contrast. Vision Research, 40(3), 287-299.
http://doi.org/10.1016/50042-6989(99)00137-6

Courchesne, E., Chisum, H. J., Townsend, J., Cowles, A., Covington, J., Egaas, B., ... Press,
G. A. (2000). Normal brain development and aging: quantitative analysis at in vivo MR
imaging in healthy volunteers. Radiology, 216(3), 672-82.
http://doi.org/10.1148/radiology.216.3.r00au37672

Cowan, N. (1993). Activation, attention, and short-term memory. Memory and Cognition,
21(2), 162-167. http://doi.org/10.3758/BF03202728

Cowan, N. (2001). The magical number 4 in short-term memory: A reconsideration of
mental storage capacity. Bebavioral and Brain Sciences, 24(1), 87-185.

257



http://doi.org/10.1017/50140525X01003922

Cowan, N. (2005). Working memory capacity. Hove, East Sussex, England: Psychology Press.

Cowan, N., Naveh-Benjamin, M., Kilb, A., & Saults, J. S. (2006). Life-span development of
visual working memory: when is feature binding difficult? Developmental Psychology,
42(6), 1089-1102. http://doi.org/10.1037/0012-1649.42.6.1089

Craik, F. I. M. (1968). Short-term memory and the aging process. In G. A. Talland (Ed.),
Human aging and behavior (pp. 131-168). New York: Academic Press.

Craik, F. I. M. (1977). Age differences in human memory. In J. E. Birren & K. W. Shaie
(Eds.), Handbook of the psychology of aging (pp. 384-420). New York: Van Nostrand
Reinhold.

Craik, F. I. M., & McDowd, J. M. (1987). Age differences in recall and recognition. Journal
of Experimental Psychology: Learning, Memory, and Cognition, 13(3), 474-479.
http://doi.org/10.1037/0278-7393.13.3.474

D’Argembeau, A., & van der Linden, M. (2004). Identity but not expression memory for
unfamiliar faces is affected by ageing. Memory (Hove, England), 12(5), 644—654.
http://doi.org/10.1080/09658210344000198

D’Esposito, M., & Postle, B. R. (2015). The Cognitive Neuroscience of Working Memory.
Annual Review of Psychology, 66(1), 115-142. http://doi.org/10.1146/annurev-psych-
010814-015031

Damasio, A., & Carvalho, G. B. (2013). The nature of feelings: evolutionary and
neurobiological origins. Nature Reviews. Neuroscience, 14(2), 143-52.
http://doi.org/10.1038/nrn3403

Daneman, M., & Carpenter, P. (1980). Individual differences in working memory and
reading. Journal of Verbal Learning and Verbal Behavior, 19, 450-466.
http://doi.org/10.1016/50022-5371(80)90312-6

Daselaar, S. M., Fleck, M. S., Dobbins, I. G., Madden, D. J., & Cabeza, R. (2006). Effects
of healthy aging on hippocampal and rhinal memory functions: An event-related {MRI
study. Cerebral Cortex, 16(12), 1771-1782. http://doi.org/10.1093/cercor/bhj112

Davis, J. C., Marra, C. A., Najafzadeh, M., & Liu-Ambrose, T. (2010). The independent
contribution of executive functions to health related quality of life in older women.
BMC Geriatrics, 10, 16. http://doi.org/10.1186/1471-2318-10-16

De Jong, R. (2001). Adult age differences in goal activation and goal maintenance. European
Journal of Cognitive Psychology, 13(1/2), 71-89.
http://doi.org/10.1080/09541440042000223

Deiber, M. P., Ibafiez, V., Missonnier, P., Rodriguez, C., & Giannakopoulos, P. (2013).
Age-associated modulations of cerebral oscillatory patterns related to attention control.
Neurolmage, 82, 531-546. http://doi.org/10.1016/j.neuroimage.2013.06.037

Deiber, M. P., Rodriguez, C., Jaques, D., Missonnier, P., Emch, J., Millet, P., ... Ibafiez, V.
(2010). Aging effects on selective attention-related electroencephalographic patterns
during face encoding. Neuroscience, 171(1), 173-186.
http://doi.org/10.1016/j.neuroscience.2010.08.051

Dempster, F. N. (1991). Inhibitory processes: A negleted dimension of intelligence.
Intelligence, 15(2), 157-173. http://doi.org/10.1016/0160-2896(91)90028-C

Dempster, F. N. (1992). The rise and fall of the inhibitory mechanism: Toward a unified
theory of cognitive development and aging. Developmental Review, 12(1), 45-75.
http://doi.org/10.1016/0273-2297(92)90003-K

Desimone, R., & Duncan, J. (1995). Neural mechanisms of selective visual attention. Annu
Rev Neurosci, 18, 193-222. http://doi.org/10.1146/annurev.ne.18.030195.001205

Devanand, D. P., Pradhaban, G., Liu, X., Khandji, A., De Santi, S., Segal, S., ... De Leon,
M. J. (2007). Hippocampal and entorhinal atrophy in mild cognitive impairment:
Prediction of Alzheimer disease. Neurology, 68(11), 828-836.
http://doi.org/10.1212/01.wnl.0000256697.20968.d7

258



Diamond, A. (1990a). Developmental time course in human infants and infant monkeys, and
the neural bases of inhibitory control in reaching. In A. Diamond (Ed.), T%e
development and neural bases of higher cognitive functions (pp. 637-676). New York:
Academy of Sciences.

Diamond, A. (1990b). The development and neural bases of memory functions as indexed by
the A not-B and delayed response tasks in human infants and infant monkeys. In A.
Diamond (Ed.), The development and neural bases of higher cognitive functions (pp. 267—
317). New York: Academy of Sciences.

Dolcos, F., Rice, H. J., & Cabeza, R. (2002). Hemispheric asymmetry and aging: Right
hemisphere decline or asymmetry reduction. Neuroscience and Biobehavioral Reviews,
26(7), 819-825. http://doi.org/10.1016/50149-7634(02)00068-4

Donaldson, C., Lam, D., & Mathews, A. (2007). Rumination and attention in major
depression. Behaviour Research and Therapy, 45(11), 2664-2678.
http://doi.org/10.1016/j.brat.2007.07.002

Dosenbach, N. U. F,, Fair, D. A., Cohen, A. L., Schlaggar, B. L., & Petersen, S. E. (2008).
A dual-networks architecture of top-down control. Trends in Cognitive Sciences, 12(3),
99-105. http://doi.org/10.1016/j.tics.2008.01.001

Druzgal, T. J., & D’Esposito, M. (2001). Activity in fusiform face area modulated as a
function of working memory load. Cognitive Brain Research, 10(3), 355-364.
http://doi.org/10.1016/50926-6410(00)00056-2

Du, A. T., Schuff, N., Chao, L. L., Kornak, J., Jagust, W. J., Kramer, J. H., ... Weiner, M.
W. (2006). Age effects on atrophy rates of entorhinal cortex and hippocampus.
Neurobiology of Aging, 27(5), 733-740.
http://doi.org/10.1016/j.neurobiolaging.2005.03.021

Duarte, A., Hearons, P., Jiang, Y., Delvin, M. C., Newsome, R. N., & Verhaeghen, P.
(2013). Retrospective attention enhances visual working memory in the young but not
the old: an ERP study. Psychophysiology, 50(5), 465-476.
http://doi.org/10.1111/psyp.12034

Duncan, J. (2001). An adaptive coding model of neural function in prefrontal cortex. Nat Rev
Neurosci, 2(November), 820-829. http://doi.org/10.1038/35097575

Duncan, J., Burgess, P., & Emslie, H. (1995). Fluid intelligence after frontal lobe lesions.
Neuropsychologia, 33(3), 261-268. http://doi.org/10.1016/0028-3932(94)00124-8

Eklund, A., Nichols, T. E., & Knutsson, H. (2016). Cluster failure: Why fMRI inferences
for spatial extent have inflated false-positive rates. Proceedings of the National Academy of
Sciences, 201602413. http://doi.org/10.1073/pnas. 1602413113

Engel, A. K., & Fries, P. (2010). Beta-band oscillations-signalling the status quo? Current
Opinion in Neurobiology. http://doi.org/10.1016/j.conb.2010.02.015

Engle, R. W, Tuholski, S. W., Laughlin, J. E., & Conway, A. R. A. (1999). Working
memory, short-term memory, and general fluid intelligence: a latent-variable approach.
Journal of Experimental Psychology. General, 128(3), 309-331.
http://doi.org/10.1037/0096-3445.128.3.309

Epstein, R., & Kanwisher, N. (1998). A cortical representation of the local visual
environment. Nature, 392(6676), 598—601. http://doi.org/10.1038/33402

Fabiani, M., Low, K. A., Wee, E., Sable, J. ]., & Gratton, G. (2006). Reduced suppression or
labile memory? Mechanisms of inefficient filtering of irrelevant information in older
adults. Journal of Cognitive Neuroscience, 18(4), 637-650.
http://doi.org/10.1162/jocn.2006.18.4.637

Falconer, D. S. (1965). The inheritance of liability to certain diseases, estimated from the
incidence among relatives. Annals of Human Genetics, 29, 51-76.
http://doi.org/10.1111/j.1469-1809.1965.tb00500.x

Fjell, A. M., Westlye, L. T., Amlien, 1., Espeseth, T., Reinvang, I., Raz, N., ... Walhovd, K.
B. (2009). High consistency of regional cortical thinning in aging across multiple

259



samples. Cerebral Cortex, 19(9), 2001-2012. http://doi.org/10.1093/cercor/bhn232

Fougnie, D., Suchow, J. W., & Alvarez, G. a. (2012). Variability in the quality of visual
working memory. Nature Communications, 3, 1229.
http://doi.org/10.1038/ncomms2237

Fox, E. (2002). Processing emotional facial expressions: the role of anxiety and awareness.
Cognitive, Affective & Behavioral Neuroscience, 2(1), 52—63.
http://doi.org/10.1080/02699930143000527

Fox, E., & Damjanovic, L. (2006). The eyes are sufficient to produce a threat superiority
effect. Emotion (Washington, D.C.), 6(3), 534-9. http://doi.org/10.1037/1528-
3542.6.3.534

Fox, E., Russo, R., Bowles, R., & Dutton, K. (2001). Do threatening stimuli draw or hold
visual attention in subclinical anxiety? Journal of Experimental Psychology. General,
130(4), 681-700. http://doi.org/10.1037/0096-3445.130.4.681

Fox, E., Russo, R., & Dutton, K. (2002). Attentional Bias for Threat: Evidence for Delayed
Disengagement from Emotional Faces. Cognition & Emotion, 16(3), 355-379.
http://doi.org/10.1080/02699930143000527

Fox, M. D., Snyder, A. Z., Vincent, J. L., Corbetta, M., Van Essen, D. C., & Raichle, M. E.
(2005). The human brain is intrinsically organized into dynamic, anticorrelated
tunctional networks. Proceedings of the National Academy of Sciences of the United States of
America, 102(27), 9673-8. http://doi.org/10.1073/pnas.0504136102

Foxe, J. J., Murphy, J. W., & De Sanctis, P. (2014). Throwing out the rules: Anticipatory
alpha-band oscillatory attention mechanisms during task-set reconfigurations. European
Journal of Neuroscience, 39(11), 1960-1972. http://doi.org/10.1111/ejn.12577

Friston, K. J., Buechel, C., Fink, G. R., Morris, J., Rolls, E., & Dolan, R. J. (1997).
Psychophysiological and modulatory interactions in neuroimaging. NeuroImage, 6(3),
218-229. http://doi.org/10.1006/nimg.1997.0291

Fukuda, K., Mance, 1., & Vogel, E. K. (2015). a Power Modulation and Event-Related Slow
Wave Provide Dissociable Correlates of Visual Working Memory. The Journal of
Neuroscience, 35(41), 14009-14016. http://doi.org/10.1523/JTNEUROSCI.5003-14.2015

Fukuda, K., Vogel, E., Mayr, U., & Awh, E. (2010). Quantity, not quality: the relationship
between fluid intelligence and working memory capacity. Psychonomic Bulletin &
Review, 17(5), 673-679. http://doi.org/10.3758/17.5.673

Fusi, S., Miller, E. K., & Rigotti, M. (2016). Why neurons mix: High dimensionality for
higher cognition. Current Opinion in Neurobiology.
http://doi.org/10.1016/j.conb.2016.01.010

Fuster, J. M. (1989). The prefrontal cortex (2nd ed.). New York: Raven Press.

Fuster, J. M., & Alexander, G. E. (1971). Neuron Activity Related to Short-Term Memory.
Science. http://doi.org/10.1126/science.173.3997.652

Gazzaley, A. (2013). Top-Down Modulation Deficit in the Aging Brain: An Emerging
Theory of Cognitive Aging. In D. T. Stuss & R. T. Knight (Eds.), Principles of Fronal
Lobe Functioning (2nd ed., pp. 593-608). Oxford University Press.

Gazzaley, A., Clapp, W., Kelley, J., McEvoy, K., Knight, R. T., & D’Esposito, M. (2008).
Age-related top-down suppression deficit in the early stages of cortical visual memory
processing. Proceedings of the National Academy of Sciences of the United States of America,
105(35), 13122-13126. http://doi.org/10.1073/pnas.0806074105

Gazzaley, A., Cooney, J]. W., McEvoy, K., Knight, R. T., & D’Esposito, M. (2005). Top-
down enhancement and suppression of the magnitude and speed of neural activity.
Journal of Cognitive Neuroscience, 17(3), 507-517.
http://doi.org/10.1162/0898929053279522

Gazzaley, A., Cooney, J. W., Rissman, J., & D’Esposito, M. (2005). Top-down suppression
deficit underlies working memory impairment in normal aging. Nature Neuroscience,

8(10), 1298-1300. http://doi.org/10.1038/nn1543

260



Gazzaley, A., & Nobre, A. C. (2012). Top-down modulation: bridging selective attention
and working memory. Trends Cogn Sci, 16(2), 129-135.
http://doi.org/10.1016/j.tics.2011.11.014

Gefen, T., Peterson, M., Papastefan, S. T., Martersteck, A., Whitney, K., Rademaker, A., ...
Geula, C. (2015). Morphometric and Histologic Substrates of Cingulate Integrity in
Elders with Exceptional Memory Capacity. The Journal of Neuroscience, 35(4), 1781—
1791.

Gefen, T., Shaw, E., Whitney, K., Martersteck, A., Stratton, J., Rademaker, A., ... Rogalski,
E. (2014). Longitudinal neuropsychological performance of cognitive superagers. Journal
of the American Geriatrics Society, 62(8), 1614-1615.

Gerard, L., Zacks, R. T., Hasher, L., & Radvansky, G. a. (1991). Age deficits in retrieval: the
fan effect. Journal of Gerontology, 46(4), P131-P136.
http://doi.org/10.1093/geronj/46.4.P131

Gilchrist, A. L., Duarte, A., & Verhaeghen, P. (2015). Retrospective cues based on object
features improve visual working memory performance in older adults. Aging,
Neuropsychology, and Cognition. http://doi.org/10.1080/13825585.2015.1069253

Girden, E. (1992). ANOVA: Repeated measures. Newbury Park, CA: Sage.

Gitelman, D. R., Nobre, A. C., Parrish, T. B., LaBar, K. S., Kim, Y. H., Meyer, ]. R., &
Mesulam, M. (1999). A large-scale distributed network for covert spatial attention:
further anatomical delineation based on stringent behavioural and cognitive controls.
Brain, 122 ( Pt 6, 1093-1106.

Goldman-Rakic, P. S. (1987). Circuitry of primate prefrontal cortex and regulation of
behaviour by representational memory. Handbook of Physiology: The Nervous System, 373~
417. http://doi.org/10.1002/cphy.cp010509

Goldman-Rakic, P. S. (1995). Cellular basis of working memory. Neuron.
http://doi.org/10.1016/0896-6273(95)90304-6

Good, C. D., Johnsrude, I. S., Ashburner, J., Henson, R. N., Friston, K. J., & Frackowiak, R.
S. (2001). A voxel-based morphometric study of ageing in 465 normal adult human
brains. Neuroimage, 14(1 Pt 1), 21-36. http://doi.org/10.1006/nimg.2001.0786

Gotlib, I. H., Krasnoperova, E., Neubauer Yue, D., & Joormann, ]J. (2004). Attentional
Biases for Negative Interpersonal Stimuli in Clinical Depression. Journal of Abnormal
Psychology, 113(1), 127-135. http://doi.org/10.1037/0021-843X.113.1.127

Gould, I. C., Rushworth, M. F., & Nobre, A. C. (2011). Indexing the graded allocation of
visuospatial attention using anticipatory alpha oscillations. J Neurophysiol, 105(3), 1318
1326. http://doi.org/10.1152/jn.00653.2010

Grady, C. L. (2008). Cognitive neuroscience of aging. Annals of the New York Academy of
Sciences. http://doi.org/10.1196/annals.1440.009

Grady, C. L., Hongwanishkul, D., Keightley, M., Lee, W., & Hasher, L. (2007). The effect
of age on memory for emotional faces. Neuropsychology, 21(3), 371-380.
http://doi.org/10.1037/0894-4105.21.3.371

Grady, C. L., Mclntosh, A. R., & Craik, F. I. (2005). Task-related activity in prefrontal
cortex and its relation to recognition memory performance in young and old adults.
Neuropsychologia, 43(10), 1466—1481.
http://doi.org/10.1016/j.neuropsychologia.2004.12.016

Greenberg, D. L., Messer, D. F., Payne, M. E., MacFall, J. R., Provenzale, J. M., Steffens,
D. C., & Krishnan, R. R. (2008). Aging, gender, and the elderly adult brain: An
examination of analytical strategies. Neurobiology of Aging, 29(2), 290-302.
http://doi.org/10.1016/j.neurobiolaging.2006.09.016

Greenwood, P. M., Parasuraman, R., & Haxby, J. V. (1993). Changes in visuospatial
attention over the adult lifespan. Neuropsychologia, 31(5), 471-485.
http://doi.org/10.1016/0028-3932(93)90061-4

Greve, D. N., & Fischl, B. (2009). Accurate and robust brain image alignment using

261



boundary-based registration. NeuroImage, 48(1), 63-72.
http://doi.org/10.1016/j.neuroimage.2009.06.060

Griffin, I. C., & Nobre, A. C. (2003). Orienting attention to locations in internal
representations. J Cogn Neurosci, 15(8), 1176-1194.
http://doi.org/10.1162/089892903322598139

Gruzelier, J. H. (2014). EEG-neurofeedback for optimising performance. I: A review of
cognitive and affective outcome in healthy participants. Neuroscience and Biobehavioral
Reviews. http://doi.org/10.1016/j.neubiorev.2013.09.015

Gutchess, A. H., Welsh, R. C., Hedden, T., Bangert, A., Minear, M., Liu, L. L., & Park, D.
C. (2005). Aging and the neural correlates of successful picture encoding: frontal
activations compensate for decreased medial-temporal activity. Journal of Cognitive
Neuroscience, 17(1), 84-96. http://doi.org/10.1162/0898929052880048

Haenny, P. E., Maunsell, J. H., & Schiller, P. H. (1988). State dependent activity in monkey
visual cortex. II. Retinal and extraretinal factors in V4. Experimental Brain Research,
69(2), 245-259. http://doi.org/10.1007/BF00247570

Hampson, M., Driesen, N. R., Skudlarski, P., Gore, J. C., & Constable, R. T. (2006). Brain
Connectivity Related to Working Memory Performance. Journal of Neuroscience, 26(51),
13338-13343. http://doi.org/10.1523/INEUROSCI.3408-06.2006

Harada, C. N., Natelson Love, M. C., & Triebel, K. L. (2013). Normal cognitive aging.
Clinics in Geriatric Medicine. http://doi.org/10.1016/j.cger.2013.07.002

Harlow, J. M. (1868). Recovery from the passage of an iron bar through the head. Pud/ Mass
Med Soc, 2(2), 327-347. http://doi.org/10.1177/0957154X9300401407

Harmer, C. ]., Bhagwagar, Z., Perrett, D. 1., Vollm, B. A., Cowen, P. J., & Goodwin, G. M.
(2003). Acute SSRI administration affects the processing of social cues in healthy
volunteers. Neuropsychopharmacology : Official Publication of the American College of
Neuropsychopharmacology, 28(1), 148-52. http://doi.org/10.1038/sj.npp.1300004

Harmer, C. J., O’Sullivan, U., Favaron, E., Massey-Chase, R., Ayres, R., Reinecke, A., ...
Cowen, P.]J. (2009). Effect of acute antidepressant administration on negative affective
bias in depressed patients. American Journal of Psychiatry, 166(10), 1178-1184.
http://doi.org/10.1176/appi.ajp.2009.09020149

Hartley, A. a, Ravich, Z., Stringer, S., & Wiley, K. (2013). An Age-Related Dissociation of
Short-Term Memory for Facial Identity and Facial Emotional Expression. The Journals
of Gerontology. Series B, Psychological Sciences and Social Sciences, 1-11.
http://doi.org/10.1093/geronb/gbt127

Hartman, M., & Hasher, L. (1991). Aging and suppression: memory for previously relevant
information. Psychology and Aging, 6(4), 587-594. http://doi.org/10.1037/0882-
7974.6.4.587

Hasher, L., Lustig, C., & Zacks, R. T. (2007). Inhibitory mechanisms and the control of
attention. In A. R. A. Conway, C. Jarrold, M. Kane, A. A. Miyake, & J. Towse (Eds.),
Variation in working memory (pp. 227-249). New York: Oxford University Press.

Hasher, L., & Zacks, R. T. (1988). Working Memory, Comprehension, and Aging: A
Review and a New View. Psychology of Learning and Motivation - Advances in Research
and Theory, 22(C), 193-225. http://doi.org/10.1016/50079-7421(08)60041-9

Hasher, L., Zacks, R. T., & May, C. P. (1999). Inhibitory control, circadian arousal, and age.
Attention and Performance XVII: Cognitive Regulation of Performance: Interaction of Theory
and Application.

Haug, H. (1985). Are neurons of the human cerebral cortex really lost during aging? In J.
Traber & W. H. Gispen (Eds.), 4 morphometric examination. Senile dementia of the
Alzheimer type. (pp. 150-163). Berlin/Heidelberg: Springer-Verlag.

Haug, H., Barnwater, U., Eggers, R., Fischer, D., Kuhl, S., & Sass, N.-L. (1983).
Anatomical changes in aging brain: Morphometric analysis of the human

prosencephalon. In J. Cervois-Navarro & H. I. Sarkander (Eds.), Brain aging:

262



Neuropathology and neuropharmacology (pp. 1-12). New York: Raven Press.

Haug, H., & Eggers, R. (1991). Morphometry of the human cortex cerebri and corpus
striatum during aging. Neurobiology of Aging, 12(4), 336-338.
http://doi.org/10.1016/0197-4580(91)90013-A

Haxby, J. V, Horwitz, B., Ungerleider, L. G., Maisog, J. M., Pietrini, P., & Grady, C. L.
(1994). The functional organization of human extrastriate cortex: a PET-rCBF study of
selective attention to faces and locations. The Journal of Neuroscience : The Official Journal
of the Society for Neuroscience, 14(11 Pt 1), 6336-6353. http://doi.org/7965040

Head, D. (2004). Differential Vulnerability of Anterior White Matter in Nondemented
Aging with Minimal Acceleration in Dementia of the Alzheimer Type: Evidence from
Diftusion Tensor Imaging. Cerebral Cortex, 14(4), 410—-423.
http://doi.org/10.1093/cercor/bhh003

Hedden, T., & Gabrieli, J. D. E. (2004). Insights into the ageing mind: a view from cognitive
neuroscience. Nature Reviews. Neuroscience, 5(2), 87-96.
http://doi.org/10.1038/nrn1323

Heilman, K. M., & Van Den Abell, T. (1980). Right hemisphere dominance for attention:
the mechanism underlying hemispheric asymmetries of inattention (neglect). Neurology,
30(3), 327-330.

Heinze, H. J., Mangun, G. R., Burchert, W., Hinrichs, H., Scholz, M., Minte, T. F., ...
Hundeshagen, H. (1994). Combined spatial and temporal imaging of brain activity
during visual selective attention in humans. Nazure. http://doi.org/10.1038/372543a0

Hershler, O., & Hochstein, S. (2005). At first sight: A high-level pop out effect for faces.
Vision Research, 45(13), 1707-1724. http://doi.org/10.1016/j.visres.2004.12.021

Higo, T., Mars, R. B., Boorman, E. D., Buch, E. R., & Rushworth, M. F. S. (2011).
Distributed and causal influence of frontal operculum in task control. Proceedings of the
National Academy of Sciences of the United States of America, 108(10), 4230-4235.
http://doi.org/10.1073/pnas.1013361108

Hillyard, S. A., & Anllo-Vento, L. (1998). Event-related brain potentials in the study of
visual selective attention. Proc Nat! Acad Sci U S A, 95(3), 781-787.
http://doi.org/10.1073/pnas.95.3.781

Holmes, A., Green, S., & Vuilleumier, P. (2005). The involvement of distinct visual channels
in rapid attention towards fearful facial expressions. Cognition and Emotion, 19(6), 899—
922. http://doi.org/10.1080/02699930441000454

Houx, P.J., Jolles, J., & Vreeling, F. W. (1993). Stroop interference: aging effects assessed
with the Stroop Color-Word Test. Experimental Aging Research.
http://doi.org/10.1080/03610739308253934

Husain, M., & Kennard, C. (1996). Visual neglect associated with frontal lobe infarction.
Journal of Neurology, 243, 652—657. http://doi.org/10.1007/BF00878662

Tachini, 1., Iavarone, A., Senese, V. P., Ruotolo, F., & Ruggiero, G. (2009). Visuospatial
memory in healthy elderly, AD and MCI: a review. Current Aging Science, 2(1), 43-59.
http://doi.org/10.2174/1874609810902010043

Jackson, M. C,, Linden, D. E. J., & Raymond, J. E. (2014). Angry expressions strengthen the
encoding and maintenance of face identity representations in visual working memory.
Cognition & Emotion, 28(2), 278-97. http://doi.org/10.1080/02699931.2013.816655

Jackson, M. C., Morgan, H. M., Shapiro, K. L., Mohr, H., & Linden, D. E. J. (2011).
Strategic resource allocation in the human brain supports cognitive coordination of
object and spatial working memory. Human Brain Mapping, 32(8), 1330-1348.
http://doi.org/10.1002/hbm.21112

Jackson, M. C., Wolf, C., Johnston, S. J., Raymond, J. E., & Linden, D. E. J. (2008). Neural
correlates of enhanced visual short-term memory for angry faces: An fMRI study. PLoS
ONE, 3(10). http://doi.org/10.1371/journal.pone.0003536

Jackson, M. C., Wu, C.-Y., Linden, D. E. ]., & Raymond, J. E. (2009). Enhanced visual

263



short-term memory for angry faces. Journal of Experimental Psychology. Human Perception
and Performance, 35(2), 363-374. http://doi.org/10.1037/a0013895

Jacobs, B., Driscoll, L., & Schall, M. (1997). Life-span dendritic and spine changes in areas
10 and 18 of human cortex: A quantitative golgi study. Journal of Comparative Neurology,
386(4), 661-680. http://doi.org/10.1002/(SICI)1096-9861(19971006)386:4<661::AID-
CNE11>3.0.CO;2-N

Jenkinson, M. (2003). Fast, automated, N-dimensional phase-unwrapping algorithm.
Magnetic Resonance in Medicine, 49(1), 193-197. http://doi.org/10.1002/mrm.10354

Jenkinson, M. (2004). Improving the registration of BO-disorted EPI images using calculated
cost function weights. In Tenth International Conference on Functional Mapping of the
Human Brain.

Jenkinson, M., Bannister, P., Brady, M., & Smith, S. (2002). Improved optimization for the
robust and accurate linear registration and motion correction of brain images.
NeuroImage, 17(2), 825-841. http://doi.org/10.1016/51053-8119(02)91132-8

Jenkinson, M., & Smith, S. (2001). A global optimisation method for robust affine
registration of brain images. Medical Image Analysis, 5(2), 143-156.
http://doi.org/10.1016/51361-8415(01)00036-6

Jensen, O., Bonnefond, M., & VanRullen, R. (2012). An oscillatory mechanism for
prioritizing salient unattended stimuli. 7rends in Cognitive Sciences, 16(4), 200-205.
http://doi.org/10.1016/j.tics.2012.03.002

Jensen, O., Gelfand, J., Kounios, J., & Lisman, J. E. (2002). Oscillations in the alpha band
(9-12 Hz) increase with memory load during retention in a short-term memory task.
Cerebral Cortex, 12(8), 877-882. http://doi.org/10.1093/cercor/12.8.877

Jernigan, T. L., Archibald, S. L., Fennema-Notestine, C., Gamst, A. C., Stout, J. C.,
Bonner, J., & Hesselink, J. R. (2001). Effects of age on tissues and regions of the
cerebrum and cerebellum. Neurobiology of Aging, 22(4), 581-594.
http://doi.org/10.1016/50197-4580(01)00217-2

Joormann, J., & Gotlib, I. H. (2007). Selective attention to emotional faces following
recovery from depression. Journal of Abnormal Psychology, 116(1), 80-5.
http://doi.org/10.1037/0021-843X.116.1.80

Jost, K., Bryck, R. L., Vogel, E. K., & Mayr, U. (2011). Are old adults just like low working
memory young adults? Filtering efficiency and age differences in visual working
memory. Cerebral Cortex, 21(5), 1147-1154. http://doi.org/10.1093/cercor/bhq185

Just, M. A., & Carpenter, P. A. (1992). A capacity theory of comprehension: Individual
differences in working memory. Psychological Review, 99(1), 122-149.
http://doi.org/10.1037/0033-295X.99.1.122

Kane, M. J., Bleckley, M. K., Conway, A. R. A., & Engle, R. W. (2001). A Controlled-
Attention View of Working-Memory Capacity. Journal of Experimental Psychology:
General, 130(2), 169-183. http://doi.org/10.1037//0096-3445.130.2.169

Kane, M. J., & Engle, R. W. (2000). Working-memory capacity, proactive interference, and
divided attention: Limits on long-term memory retrieval. Journal of Experimental
Psychology. Learning, Memory, and Cognition, 26(2), 336-358.
http://doi.org/10.10371/0278-7393.26.2.336

Kane, M. J., & Engle, R. W. (2002). The role of prefrontal cortex in working-memory
capacity, executive attention, and general fluid intelligence: an individual-differences
perspective. Psychonomic Bulletin & Review, 9(4), 637-671.
http://doi.org/10.3758/BF03196323

Kane, M. ., & Engle, R. W. (2003). Working-memory capacity and the control of attention:
The contributions of goal neglect, response competition, and task set to Stroop
interference. Journal of Experimental Psychology: General, 132(1), 47-70.
http://doi.org/10.1017/CB0O9781107415324.004

Kane, M. J., Hambrick, D. Z., Tuholski, S. W., Wilhelm, O., Payne, T. W., & Engle, R. W.

264



(2004). The Generality of Working Memory Capacity: A Latent-Variable Approach to
Verbal and Visuospatial Memory Span and Reasoning. Journal of Experimental
Psychology: General, 133(2), 189-217. http://doi.org/10.1037/0096-3445.133.2.189

Kanwisher, N., McDermott, J., & Chun, M. M. (1997). The fusiform face area: a module in
human extrastriate cortex specialized for face perception. The Journal of Neuroscience : The
Official Journal of the Society for Neuroscience, 17(11), 4302-11.
http://doi.org/10.1098/Rstb.2006.1934

Karrasch, M., Laine, M., Rapinoja, P., & Krause, C. M. (2004). Effects of normal aging on
event-related desynchronization/synchronization during a memory task in humans.
Neuroscience Letters, 366(1), 18-23. http://doi.org/10.1016/j.neulet.2004.05.010

Kastner, S., Pinsk, M. A., De Weerd, P., Desimone, R., & Ungerleider, L. G. (1999).
Increased activity in human visual cortex during directed attention in the absence of
visual stimulation. Neuron, 22(4), 751-761.

Kastner, S., & Ungerleider, L. G. (2000). Mechanisms of visual attention in the human
cortex. Annu Rev Neurosci, 23, 315-341. http://doi.org/10.1146/annurev.neuro.23.1.315

Katzman, R., Terry, R., DeTeresa, R., Brown, T., Davies, P., Fuld, P., ... Peck, a. (1988).
Clinical, pathological, and neurochemical changes in dementia: a subgroup with
preserved mental status and numerous neocortical plaques. Annals of Neurology, 23(2),
138-144. http://doi.org/10.1002/ana.410230206

Keightley, M. L., Winocur, G., Burianova, H., Hongwanishkul, D., & Grady, C. L. (2006).
Age effects on social cognition: faces tell a different story. Psychology and Aging, 21(3),
558-572. http://doi.org/10.1037/0882-7974.21.3.558

Kelly, S. P., Gomez-Ramirez, M., & Foxe, J. J. (2009). The strength of anticipatory spatial
biasing predicts target discrimination at attended locations: A high-density EEG study.
European Journal of Neuroscience, 30(May), 2224-2234. http://doi.org/10.1111/j.1460-
9568.2009.06980.x

Kievit, R. A., Davis, S. W., Mitchell, D. J., Taylor, J. R., Duncan, J., & Henson, R. N. A.
(2014). Distinct aspects of frontal lobe structure mediate age-related differences in fluid
intelligence and multitasking. Nature Communications, 5, 5658.
http://doi.org/10.1038/ncomms6658

Kim, K. K., Eliassen, J. C., Lee, S. K., & Kang, E. (2012). Functional neuroanatomy of visual
search with differential attentional demands: An fMRI study. Brain Research, 1475, 49—
61. http://doi.org/10.1016/j.brainres.2012.07.004

Kim, S., Hasher, L., & Zacks, R. T. (2007). Aging and a benefit of distractibility.
Psychonomic Bulletin & Review, 14(2), 301-305. http://doi.org/10.3758/BF03194068

Kimberg, D. Y., & Farah, M. J. (1993). A Unified Account of Cognitive Impairments
Following Frontal Lobe Damage: The Role of Working Memory in Complex,
Organized Behavior. Journal of Experimental Psychology: General, 122(4), 411-128.
http://doi.org/10.1037/0096-3445.122.4.411

Kinsbourne, M. (1977). Hemi-neglect and hemisphere rivalry. Adv Neurol, 18, 41-49.

Klimesch, W. (2012). Alpha-band oscillations, attention, and controlled access to stored
information. Trends in Cognitive Sciences, 16(12), 606—-617.
http://doi.org/10.1016/].tics.2012.10.007

Knight, R. T., & Grabowecky, M. (1995). Escape from linear time: Prefrontal cortex and
conscious experience. In M. S. Gazzaniga (Ed.), The cognitive neurosciences (pp. 1357—
1371). Cambridge, MA: MIT Press.

Kopp, B., Howe, J., & Wessel, K. (2011). Event-related brain oscillations in aging. Journal of
Psychophysiology, 25, 1-46.

Krauss, J. K. (1980). Between- and within-group comparisons in aging research. In L. W.
Poon (Ed.), Aging in the 1980s (pp. 542-551). Washington, D.C.: APA.

Kriegeskorte, N., Formisano, E., Sorger, B., & Goebel, R. (2007). Individual faces elicit

distinct response patterns in human anterior temporal cortex. Proceedings of the National

265



Academy of Sciences of the United States of America, 104(51), 20600-20605.
http://doi.org/10.1073/pnas.0705654104

Kriegeskorte, N., Mur, M., Ruff, D. A., Kiani, R., Bodurka, ]., Esteky, H., ... Bandettini, P.
A. (2008). Matching Categorical Object Representations in Inferior Temporal Cortex
of Man and Monkey. Neuron, 60(6), 1126-1141.
http://doi.org/10.1016/j.neuron.2008.10.043

Kuo, B.-C,, Rao, A., Lepsien, J., & Nobre, A. C. (2009). Searching for targets within the
spatial layout of visual short-term memory. The Journal of Neuroscience : The Official
Journal of the Society for Neuroscience, 29(25), 8032-8038.
http://doi.org/10.1523/ITNEUROSCI.0952-09.2009

Kuo, B.-C.,, Stokes, M. G., Murray, A. M., & Nobre, A. C. (2014). Attention Biases Visual
Activity in Visual Short-term Memory. Journal of Cognitive Neuroscience, 26(7), 1377—
1389. http://doi.org/10.1162/jocn_a_00577

Kuo, B.-C., Stokes, M. G., & Nobre, A. C. (2012). Attention modulates maintenance of
representations in visual short-term memory. J Cogn Neurosci, 24(1), 51-60.
http://doi.org/10.1162/jocn_a_00087

Laakso, M. P., Partanen, K., Riekkinen, P., Lehtovirta, M., Helkala, E. L., Hallikainen, M.,
... Soininen, H. (1996). Hippocampal volumes in Alzheimer’s disease, Parkinson's
disease with and without dementia, and in vascular dementia: An MRI study. Neurology,
46(3), 678—-681. http://doi.org/10.1212/WNL.46.3.678

Landman, R., Spekreijse, H., & Lamme, V. A. (2003). Large capacity storage of integrated
objects before change blindness. Vision Res, 43(2), 149-164.

Langton, S. R. H., Law, A. S., Burton, A. M., & Schweinberger, S. R. (2008). Attention
capture by faces. Cognition, 107(1), 330-342.
http://doi.org/10.1016/j.cognition.2007.07.012

Larocque, J. J., Lewis-Peacock, ]. a, & Postle, B. R. (2014). Multiple neural states of
representation in short-term memory? It’s a matter of attention. Frontiers in Human
Neuroscience, 8(January), 5. http://doi.org/10.3389/fnhum.2014.00005

LeDoux, J. (2003). The emotional brain, fear, and the amygdala. Ce/lular and Molecular
Neurobiology. http://doi.org/10.1023/A:1025048802629

Lee, B., & Harris, J. (1996). Contrast transfer characteristics of visual short-term memory.
Vision Research, 36(14), 2159-2166. http://doi.org/10.1016/0042-6989(95)00271-5

Lee, J., & Park, S. (2005). Working memory impairments in schizophrenia: a meta-analysis.
Journal of Abnormal Psychology, 114(4), 599-611. http://doi.org/10.1037/0021-
843X.114.4.599

Lepsien, J., Griffin, I. C., Devlin, J. T., & Nobre, A. C. (2005). Directing spatial attention in
mental representations: Interactions between attentional orienting and working-memory
load. NeuroImage, 26(3), 733-743. http://doi.org/10.1016/j.neuroimage.2005.02.026

Lepsien, J., & Nobre, A. C. (2007). Attentional modulation of object representations in
working memory. Cereb Cortex, 17(9), 2072-2083.
http://doi.org/10.1093/cercor/bhl116

Lepsien, J., Thornton, 1., & Nobre, A. C. (2011). Modulation of working-memory
maintenance by directed attention. Neuropsychologia, 49(6), 1569-1577.
http://doi.org/10.1016/j.neuropsychologia.2011.03.011

Leyman, L., De Raedt, R., Schacht, R., & Koster, E. H. W. (2007). Attentional biases for
angry faces in unipolar depression. Psychological Medicine, 37(November 2006), 393-402.
http://doi.org/10.1017/5003329170600910X

Li, S. C., & Lindenberger, U. (1999). Cross-level unification: A computational exploration of
the link between deterioration of neurotransmitter systems and dedifferentiation of
cognitive abilities in old age. Cognitive Neuroscience of Memory.

Li, S. C., Lindenberger, U., & Frensch, P. A. (2000). Unifying cognitive aging: From

neuromodulation to representation to cognition. Neurocomputing, 32-33, 879-890.

266



http://doi.org/10.1016/50925-2312(00)00256-3

Lindenberger, U., Burzynska, A. Z., & Nagel, I. E. (2013). Heterogeneity in Frontal Lobe
Aging. In D. T. Stuss & R. T. Knight (Eds.), Principles of Frontal Lobe Function (2nd
ed., pp. 609-627). New York: Oxford University Press.

Lipp, O. V, & Derakshan, N. (2005). Attentional bias to pictures of fear-relevant animals in
a dot probe task. Emotion (Washington, D.C.), 5(3), 365-369.
http://doi.org/10.1037/1528-3542.5.3.365

Litvak, V., Mattout, J., Kiebel, S., Phillips, C., Henson, R., Kilner, ]., ... Friston, K. (2011).
EEG and MEG data analysis in SPM8. Computational Intelligence and Neuroscience,
2011: 8529. http://doi.org/10.1155/2011/852961

Luck, S.J., Chelazzi, L., Hillyard, S. A., & Desimone, R. (1997). Neural mechanisms of
spatial selective attention in areas V1, V2, and V4 of macaque visual cortex. J
Neurophysiol, 77(1), 24—42.

Luck, S.J., & Vogel, E. K. (1997). The capacity of visual working memory for features and
conjunctions. Nature, 390(6657), 279-81. http://doi.org/10.1038/36846

Luria, A. R. (1973). The frontal lobes and the regulation of behavior. In K. H. Pribram & A.
R. Luria (Eds.), Psychophysiology of the frontal lobes (pp. 3-27). New York: Academic
Press.

Luria, A. R. (1980). Higher cortical function in man. New York: Basic Books.

Lustig, C., Hasher, L., & Zacks, R. T. (2007). Inhibitory Deficit Theory: Recent
Developments in a “New View.” In D. S. Gorfein & C. M. MacLeod (Eds.), The place
of inhibition in cognition (pp. 145-162). Washington, D.C.: American Psychological
Association.

Lustig, C., May, C. P., & Hasher, L. (2001). Working memory span and the role of
proactive interference. Journal of Experimental Psychology. General, 130(2), 199-207.
http://doi.org/10.1037//0096-3445.130.2.199

Macmillan, N. A., & Creelman, C. D. (1997). d’plus : A program to calculate accuracy and
bias measures from detection and discrimination data. Spatial Vision, 11(1), 141-143.

Madden, D. J., Spaniol, J., Bucur, B., & Whiting, W. L. (2007). Age-related increase in top-
down activation of visual features. Quarterly Journal of Experimental Psychology (2006),
60(5), 644—651. http://doi.org/10.1080/17470210601154347

Madden, D. J., Whiting, W. L., Cabeza, R., & Huettel, S. a. (2004). Age-related
preservation of top-down attentional guidance during visual search. Psychology and
Aging, 19(2), 304-309. http://doi.org/10.1037/0882-7974.19.2.304

Makovski, T. (2012). Are multiple visual short-term memory storages necessary to explain
the retro-cue effect? Psychonomic Bulletin & Review, 19(3), 470-476.
http://doi.org/10.3758/s13423-012-0235-9

Mammarella, N., Borella, E., Carretti, B., Leonardi, G., & Fairfield, B. (2013). Examining
an emotion enhancement effect in working memory: evidence from age-related
differences. Neuropsychological Rebabilitation, 23(3), 416-28.
http://doi.org/10.1080/09602011.2013.775065

Mangun, G. R. (1995). Neural mechanisms of visual selective attention. Psychophysiology,
32(1), 4-18. http://doi.org/10.1111/j.1469-8986.1995.tb03400.x

Mannan, S., Mort, D., Hodgson, T., Driver, J., Kennard, C., & Husain, M. (2005).
Revisiting previously searched locations in visual neglect: role of right parietal and
frontal lesions in misjudging old locations as new. Journal of Cognitive Neuroscience,
17(2), 340-54. http://doi.org/10.1162/0898929053124983

Martinez, A., Anllo-Vento, L., Sereno, M. 1., Frank, L. R., Buxton, R. B., Dubowitz, D. ].,
... Hillyard, S. A. (1999). Involvement of striate and extrastriate visual cortical areas in
spatial attention. Nature Neuroscience, 2(4), 364-369. http://doi.org/10.1038/7274

Mather, M. (2012). The emotion paradox in the aging brain. Annals of the New York Academy
of Sciences, 1251(1), 33—49. http://doi.org/10.1111/j.1749-6632.2012.06471.x

267



Mather, M., Canli, T., English, T., Whitfield, S., Wais, P., Ochsner, K., ... Carstensen, L.
L. (2004). Amygdala responses to emotionally valenced stimuli in older and younger
adults. Psychological Science, 15(4), 259-263. http://doi.org/10.1111/.0956-
7976.2004.00662.x

Mather, M., & Carstensen, L. L. (2005). Aging and motivated cognition: The positivity
effect in attention and memory. Trends in Cognitive Sciences.
http://doi.org/10.1016/j.tics.2005.08.005

Mather, M., & Knight, M. R. (2006). Angry faces get noticed quickly: threat detection is not
impaired among older adults. The Journals of Gerontology. Series B, Psychological Sciences
and Social Sciences, 61(1), P54-P57. http://doi.org/61/1/P54 [pii]

Mathews, A., & MacLeod, C. (2005). Cognitive vulnerability to emotional disorders. Annual
Review of Clinical Psychology, 1, 167-195.
http://doi.org/10.1146/annurev.clinpsy.1.102803.143916

Mattay, V. S., Fera, F., Tessitore, A., Hariri, A. R., Berman, K. F., Das, S., ... Weinberger,
D. R. (2006). Neurophysiological correlates of age-related changes in working memory
capacity. Neuroscience Letters, 392(1-2), 32-37.
http://doi.org/10.1016/j.neulet.2005.09.025

May, C. P., & Hasher, L. (1998). Synchrony effects in inhibitory control over thought and
action. Journal of Experimental Psychology. Human Perception and Performance, 24(2),
363-379. http://doi.org/10.1037/0096-1523.24.2.363

May, C. P., Zacks, R. T., Hasher, L., & Multhaup, K. S. (1999). Inhibition in the processing
of garden-path sentences. Psychology and Aging, 14(2), 304-313.
http://doi.org/10.1037/0882-7974.14.2.304

Mayer, J. S., Roebroeck, A., Maurer, K., & Linden, D. E. J. (2010). Specialization in the
default mode: Task-induced brain deactivations dissociate between visual working
memory and attention. Human Brain Mapping, 31(1), 126-139.
http://doi.org/10.1002/hbm.20850

McAdams, C. J., & Maunsell, J. H. (1999). Effects of attention on orientation-tuning
functions of single neurons in macaque cortical area V4. The Journal of Neuroscience : The
Official Journal of the Society for Neuroscience, 19(1), 431-41.

McAdams, C. J., & Maunsell, J. H. (2000). Attention to both space and feature modulates
neuronal responses in macaque area V4. Journal of Neurophysiology, 83(3), 1751-5.

McDowd, J. M., & Oseas-Kreger, D. M. (1991). Aging, inhibitory processes, and negative
priming. Journal of Gerontology, 46(6), P340-5. http://doi.org/10.1093/geronj/46.6.P340

McKiernan, K. A., D’Angelo, B. R., Kaufman, J. N., & Binder, ]J. R. (2006). Interrupting the
“stream of consciousness”: An fMRI investigation. NeuroImage, 29(4), 1185-1191.
http://doi.org/10.1016/j.neuroimage.2005.09.030

McKiernan, K. A., Kaufman, J. N., Kucera-Thompson, J., & Binder, J. R. (2003). A
parametric manipulation of factors affecting task-induced deactivation in functional
neuroimaging. Journal of Cognitive Neuroscience, 15(3), 394-408.
http://doi.org/10.1162/089892903321593117

McNab, F., Zeidman, P., Rutledge, R. B., Smittenaar, P., Brown, H. R., Adams, R. A., &
Dolan, R. J. (2015). Age-related changes in working memory and the ability to ignore
distraction. Proceedings of the National Academy of Sciences, 112(20), 6515-6518.
http://doi.org/10.1073/pnas.1504162112

Mikels, J. a, Larkin, G. R., Reuter-Lorenz, P. A., & Cartensen, L. L. (2005). Divergent
trajectories in the aging mind: changes in working memory for affective versus visual
information with age. Psychology and Aging, 20(4), 542-553.
http://doi.org/10.1037/0882-7974.20.4.542

Mikels, J. a, Reuter-Lorenz, P. A., Beyer, J. a, & Fredrickson, B. L. (2008). Emotion and
working memory: evidence for domain-specific processes for affective maintenance.

Emotion (Washington, D.C.), 82), 256-266. http://doi.org/10.1037/1528-3542.8.2.256

268



Miller, A. K., Alston, R. L., & Corsellis, J. A. (1980). Variation with age in the volumes of
grey and white matter in the cerebral hemispheres of man: measurements with an image
analyser. Neuropathology and Applied Neurobiology, 6(2), 119-132.
http://doi.org/10.1111/j.1365-2990.1980.tb00283 .x

Miller, E. K., & Cohen, J. D. (2001). An integrative theory of prefrontal cortex function.
Annual Review of Neuroscience, 24, 167-202.

Miller, E. K., Erickson, C. A., & Desimone, R. (1996). Neural mechanisms of visual working
memory in prefrontal cortex of the macaque. Journal of Neuroscience, 16(16), 5154-5167.
http://doi.org/10.1.1.41.2959

Miller, E. K., Li, L., & Desimone, R. (1991). A neural mechanism for working and
recognition memory in inferior temporal cortex. Science Wash. DC, 254, 1377-1379.

Mitchell, K. J., Raye, C. L., Johnson, M. K., & Greene, E. J. (2006). An fMRI investigation
of short-term source memory in young and older adults. Neurolmage, 30(2), 627-633.
http://doi.org/10.1016/j.neuroimage.2005.09.039

Miyake, A., Friedman, N. P., Emerson, M. J., Witzki, A. H., Howerter, A., & Wager, T. D.
(2000). The unity and diversity of executive functions and their contributions to
complex “Frontal Lobe” tasks: a latent variable analysis. Cognitive Psychology, 41(1), 49—
100.

Miyake, A., & Shah, P. (1999). Models of working memory : mechanisms of active maintenance
and executive control. Cambridge: Cambridge University Press.

Mogg, K., Bradley, B. P., & Williams, R. (1995). Attentional bias in anxiety and depression:
The role of awareness. British Journal of Clinical Psychology, 34(1), 17-36.
http://doi.org/10.1111/j.2044-8260.1995.tb01434 x

Moran, J., & Desimone, R. (1985). Selective Attention Gates Visual Processing in the
Extrastriate Cortex. Science, (229), 782-784.

Morcom, A. M., Li, J., & Rugg, M. D. (2007). Age effects on the neural correlates of
episodic retrieval: Increased cortical recruitment with matched performance. Cerebral
Cortex, 17(11), 2491-2506. http://doi.org/10.1093/cercor/bhl155

Morgan, H. M., Jackson, M. C., Van Koningsbruggen, M. G., Shapiro, K. L., & Linden, D.
E.J. (2013). Frontal and parietal theta burst TMS impairs working memory for visual-
spatial conjunctions. Brain Stimulation, 6(2), 122-129.
http://doi.org/10.1016/.brs.2012.03.001

Motter, B. C. (1993). Focal attention produces spatially selective processing in visual cortical
areas V1, V2, and V4 in the presence of competing stimuli. Journal of Neurophysiology,
70(3), 909-919. http://doi.org/0022-3077/93

Murphy, N. a, & Isaacowitz, D. M. (2008). Preferences for emotional information in older
and younger adults: a meta-analysis of memory and attention tasks. Psychology and
Aging, 23(2), 263-286. http://doi.org/10.1037/0882-7974.23.2.263

Murray, A. M., Nobre, A. C., Clark, I. A., Cravo, A. M., & Stokes, M. G. (2013). Attention
Restores Discrete Items to Visual Short-Term Memory. Psychological Science, 24(4),
550-556. http://doi.org/10.1177/0956797612457782

Murray, A. M., Nobre, A. C., & Stokes, M. G. (2011). Markers of preparatory attention
predict visual short-term memory performance. Neuropsychologia, 49(6), 1458-1465.
http://doi.org/10.1016/j.neuropsychologia.2011.02.016

Murray, M. M., Brunet, D., & Michel, C. M. (2008). Topographic ERP analyses: a step-by-
step tutorial review. Brain Topography, 20(4), 249-64. http://doi.org/10.1007/510548-
008-0054-5

Myers, N. E., Walther, L., Wallis, G., Stokes, M. G., & Nobre. A.C. (2015). Temporal
Dynamics of Attention during Encoding versus Maintenance of Working Memory:
Complementary Views from Event-related Potentials and Alpha-band Oscillations.
Journal of Cognitive Neuroscience, 27(3), 492-508.

Myerson, J., Emery, L., White, D. A., & Hale, S. (2003). Effects of age, domain, and

269



processing demands on memory span: Evidence for differential decline. Aging
Neuropsychology and Cognition, 10(1), 20-27. http://doi.org/10.1076/anec.10.1.20.13454

Myung, I. J. (2003). Tutorial on maximum likelihood estimation. Journal of Mathematical
Psychology, 47(1), 90-100. http://doi.org/10.1016/50022-2496(02)00028-7

Niitinen, R., Paavilainen, P., Rinne, T., & Alho, K. (2007). The mismatch negativity
(MMN) in basic research of central auditory processing: A review. Clinical
Neurophysiology. http://doi.org/10.1016/j.clinph.2007.04.026

Nagamatsu, L. S., Carolan, P., Liu-Ambrose, T. Y. L., & Handy, T. C. (2011). Age-related
changes in the attentional control of visual cortex: A selective problem in the left visual
hemifield. Neuropsychologia, 49(7), 1670-1678.
http://doi.org/10.1016/j.neuropsychologia.2011.02.040

Nagel, I. E., Preuschhof, C., Li, S.-C., Nyberg, L., Bickman, L., Lindenberger, U., &
Heekeren, H. R. (2009). Performance level modulates adult age differences in brain
activation during spatial working memory. Proceedings of the National Academy of Sciences
of the United States of America, 106(52), 22552-22557.
http://doi.org/10.1073/pnas.0908238106

Nagel, I. E., Preuschhof, C., Li, S.-C., Nyberg, L., Bickman, L., Lindenberger, U., &
Heekeren, H. R. (2011). Load modulation of BOLD response and connectivity predicts
working memory performance in younger and older adults. Journal of Cognitive
Neuroscience, 23(8), 2030-2045. http://doi.org/10.1162/jocn.2010.21560

Nasreddine, Z. S., Phillips, N. A., B??dirian, V., Charbonneau, S., Whitehead, V., Collin, I.,
... Chertkow, H. (2005). The Montreal Cognitive Assessment, MoCA: A brief
screening tool for mild cognitive impairment. Journal of the American Geriatrics Society,
53(4), 695-699. http://doi.org/10.1111/j.1532-5415.2005.53221 x

Nelissen, N., Stokes, M., Nobre, A. C., & Rushworth, M. F. S. (2013). Frontal and parietal
cortical interactions with distributed visual representations during selective attention and
action selection. The Journal of Neuroscience : The Official Journal of the Society for
Neuroscience, 33(42), 16443-58. http://doi.org/10.1523/I]NEUROSCI.2625-13.2013

Newsome, R. N., Duarte, A., Pun, C., Smith, V. M., Ferber, S., & Barense, M. D. (2015). A
retroactive spatial cue improved VSTM capacity in mild cognitive impairment and
medial temporal lobe amnesia but not in healthy older adults. Neuropsychologia, 77, 148~
157. http://doi.org/10.1016/j.neuropsychologia.2015.08.017

Nilsson, L.-G. (2003). Memory function in normal aging. Acta Neurologica Scandinavica, 107,
7-13. http://doi.org/10.1034/j.1600-0404.107.5s179.5 x

Ninokura, Y., Mushiake, H., & Tanji, J. (2004). Integration of temporal order and object
information in the monkey lateral prefrontal cortex. J Neurophysiol, 91(1), 555-560.
http://doi.org/10.1152/jn.00694.2003

Nissen, M. J., & Corkin, S. (1985). Effectiveness of attentional cueing in older and younger
adults. Journal of Gerontology, 40(2), 185-191.

Nobre, A. C., Coull, J. T., Maquet, P., Frith, C. D., Vandenberghe, R., & Mesulam, M. M.
(2004). Orienting attention to locations in perceptual versus mental representations.
Journal of Cognitive Neuroscience, 16(3), 363-373.
http://doi.org/10.1162/089892904322926700

Nobre, A. C., Griffin, I. C., & Rao, A. (2007). Spatial attention can bias search in visual
short-term memory. Frontiers in Human Neuroscience, 1(March), 4.
http://doi.org/10.3389/neuro.09.004.2007

Nobre, A. C., Sebesmtyen, G. N., Gitelman, D. R., Mesulam, M. M., Frackowiak, R. S., &
Frith, C. D. (1997). Functional localization of the system for visuospatial attention
using positron emission tomography. Brain, 120 ( Pt 3, 515-533.

Nolan, K. A., & Blass, J. P. (1992). Preventing cognitive decline. Clin Geriatr Med, 8(1), 19—
34,

Nyberg, L., Lovdén, M., Riklund, K., Lindenberger, U., & Bickman, L. (2012). Memory

270



aging and brain maintenance. Trends in Cognitive Sciences, 16(5), 292-305.
http://doi.org/10.1016/j.tics.2012.04.005

Nyberg, L., Salami, A., Andersson, M., Eriksson, ]., Kalpouzos, G., Kauppi, K., ... Nilsson,
L.-G. (2010). Longitudinal evidence for diminished frontal cortex function in aging.
Proceedings of the National Academy of Sciences of the United States of America, 107(52),
22682-22686. http://doi.org/10.1073/pnas. 1012651108

O’Craven, K. M., Downing, P. E., & Kanwisher, N. (1999). fMRI evidence for objects as the
units of attentional selection. Nature, 401(6753), 584-7. http://doi.org/10.1038/44134

O’Reilly, J. X., Woolrich, M. W., Behrens, T. E. J., Smith, S. M., & Johansen-Berg, H.
(2012). Tools of the trade: Psychophysiological interactions and functional connectivity.
Social Cognitive and Affective Neuroscience, 7(5), 604—609.
http://doi.org/10.1093/scan/nss055

Ohman, A., Flykt, A., & Esteves, F. (2001). Emotion drives attention: detecting the snake in
the grass. Journal of Experimental Psychology: General, 130(3), 466—478.
http://doi.org/10.1037/0096-3445.130.3.466

Ohman, A., Lundgqvist, D., & Esteves, F. (2001). The face in the crowd revisited: a threat
advantage with schematic stimuli. Journal of Personality and Social Psychology, 80(3), 381~
96. http://doi.org/10.1037/0022-3514.80.3.381

Oostenveld, R., Fries, P., Maris, E., & Schoffelen, J. M. (2011). FieldTrip: Open source
software for advanced analysis of MEG, EEG, and invasive electrophysiological data.
Computational Intelligence and Neuroscience, 2011: 1568.
http://doi.org/10.1155/2011/156869

Park, D. C., Lautenschlager, G., Hedden, T., Davidson, N. S., Smith, A. D., & Smith, P. K.
(2002). Models of visuospatial and verbal memory across the adult life span. Psychology
and Aging, 17(2), 299-320. http://doi.org/10.1037/0882-7974.17.2.299

Park, D. C,, Polk, T. a, Park, R., Minear, M., Savage, A., & Smith, M. R. (2004). Aging
reduces neural specialization in ventral visual cortex. Proceedings of the National Academy
of Sciences of the United States of America, 101(35), 13091-13095.
http://doi.org/10.1073/pnas.0405148101

Park, D. C., Welsh, R. C., Marshuetz, C., Gutchess, A. H., Mikels, J., Polk, T. a, ... Taylor,
S. F. (2003). Working memory for complex scenes: age differences in frontal and
hippocampal activations. Journal of Cognitive Neuroscience, 15, 1122-1134.
http://doi.org/10.1162/089892903322598094

Parkin, A. J., & Walter, B. M. (1991). Aging, short-term memory, and frontal dysfunction.
Psychobiology, 19(2), 175-179. http://doi.org/10.3758/BF03327190

Parkin, A. J., & Walter, B. M. (1992). Recollective experience, normal aging, and frontal
dysfunction. Psychology and Aging, 7(2), 290-298. http://doi.org/10.1037/0882-
7974.7.2.290

Parkinson, S. R., Lindholm, J. M., & Inman, V. W. (1982). An Analysis of Age Differences
in Immediate Recall. Journal of Gerontology, 37(4), 425-431.

Parkinson, S. R., & Perey, A. (1980). Aging, Digit Span, and the Stimulus Suffix Effect.
Journal of Gerontology, 35(5), 736-742. http://doi.org/10.1093/geronj/35.5.736

Peich, M.-C., Husain, M., & Bays, P. M. (2013). Age-related decline of precision and
binding in visual working memory. Psychology and Aging, 28(3), 729-43.
http://doi.org/10.1037/20033236

Pennanen, C., Kivipelto, M., Tuomainen, S., Hartikainen, P., H??nninen, T., Laakso, M. P.,
... Soininen, H. (2004). Hippocampus and entorhinal cortex in mild cognitive
impairment and early AD. Neurobiology of Aging, 25(3), 303-310.
http://doi.org/10.1016/50197-4580(03)00084-8

Persson, J., Pudas, S., Lind, J., Kauppi, K., Nilsson, L. G., & Nyberg, L. (2012).
Longitudinal structure-function correlates in elderly reveal MTL dysfunction with
cognitive decline. Cerebral Cortex, 22(10), 2297-2304.

271



http://doi.org/10.1093/cercor/bhr306

Pertzov, Y., Bays, P. M, Joseph, S., & Husain, M. (2013). Rapid forgetting prevented by
retrospective attention cues. Journal of Experimental Psychology: Human Perception and
Performance, 39(5), 1224-31. http://doi.org/10.1037/20030947

Pessoa, L., & Adolphs, R. (2010). Emotion processing and the amygdala: from a &apos;low
road&apos; to &apos;many roads&apos; of evaluating biological significance. Nat Rev
Neurosci, 11(11), 773=783. http://doi.org/10.1038/nrn2920

Peters, A., Leahu, D., Moss, M. B., & McNally, K. J. (1994). The effects of aging on area 46
of the frontal cortex of the rhesus monkey. Cereb Cortex, 4(6), 621-635.

Petersen, S. E., & Posner, M. 1. (2012). The Attention System of the Human Brain: 20
Years After. Annual Review of Neuroscience, 35(1), 73-89.
http://doi.org/10.1146/annurev-neuro-062111-150525

Pfefferbaum, A., Mathalon, D. H., Sullivan, E. V, Rawles, J. M., Zipursky, R. B., & Lim, K.
0. (1994). A quantitative magnetic resonance imaging study of changes in brain
morphology from infancy to late adulthood. Archives of Neurology, 51(9), 874-87.
http://doi.org/8080387

Pfefferbaum, A., & Sullivan, E. V. (2005). Disruption of brain white matter microstructure
by excessive intracellular and extracellular fluid in alcoholism: evidence from diffusion
tensor imaging. Neuropsychopharmacology : Official Publication of the American College of
Neuropsychopharmacology, 30(2), 423-32. http://doi.org/10.1038/sj.npp.1300623

Phelps, E. A. (2006). Emotion and Cognition: Insights from Studies of the Human
Amygdala. Annual Review of Psychology, 57(1), 27-53.
http://doi.org/10.1146/annurev.psych.56.091103.070234

Phelps, E. A., Ling, S., & Carrasco, M. (2006). Emotion facilitates perception and
potentiates the perceptual benefits of attention. Psychological Science, 17(4), 292-299.
http://doi.org/10.1111/j.1467-9280.2006.01701 .x

Phillips, M. L., Young, A. W., Scott, S. K., Calder, A. J., Andrew, C., Giampietro, V., ...
Gray, J. A. (1998). Neural responses to facial and vocal expressions of fear and disgust.
Proceedings of the Royal Society of London B: Biological Sciences, 265(1408), 1809-1817.
http://doi.org/10.1098/rspb.1998.0506

Plude, D. J., & Hoyer, W. J. (1986). Age and the selectivity of visual information processing.
Psychology and Aging, 1(1), 4-10. http://doi.org/10.1037/0882-7974.1.1.4

Poch, C., Campo, P., & Barnes, G. R. (2014). Modulation of alpha and gamma oscillations
related to retrospectively orienting attention within working memory. European Journal
of Neuroscience, 40(2), 2399-2405. http://doi.org/10.1111/ejn.12589

Posner, M. 1. (1978). Chronometric explorations of mind : the third Paul M. Fitts lectures,
delivered at the University of Michigan, September 1976. The Experimental psychology series.
Hillsdale, N.J.New York: L. Erlbaum Associates ;distributed by the Halsted Press
Division of Wiley.

Posner, M. 1. (1980). Orienting of attention. Q J Exp Psychol, 32(1), 3-25.

Posner, M. I., & Petersen, S. E. (1990). The attention system of the human brain. Annual
Review of Neuroscience, 13, 25—42. http://doi.org/10.1146/annurev.ne.13.030190.000325

Postle, B. R. (2006). Working memory as an emergent property of the mind and brain.
Neuroscience, 139(1), 23-38. http://doi.org/10.1016/j.neuroscience.2005.06.005

Postle, B. R., Druzgal, T. J., & D’Esposito, M. (2003). Seeking the neural substrates of visual
working memory storage. Cortex, 39(4-5), 927-946.

Pourtois, G., Grandjean, D., Sander, D., & Vuilleumier, P. (2004). Electrophysiological
correlates of rapid spatial orienting towards fearful faces. Cerebral Cortex, 14(6), 619—
633. http://doi.org/10.1093/cercor/bhh023

Puce, A., Allison, T., Gore, J. C., & McCarthy, G. (1995). Face-sensitive regions in human
extrastriate cortex studied by functional MRI. Journal of Neurophysiology, 74(3), 1192-9.

Rafal, R. D. (1994). Neglect. Current Opinion in Neurobiology, 42), 231-236.

272



http://doi.org/10.1016/0959-4388(94)90078-7

Raichle, M. E., MacLeod, A. M., Snyder, A. Z., Powers, W. J., Gusnard, D. A., &
Shulman, G. L. (2001). A default mode of brain function. Proceedings of the National
Academy of Sciences of the United States of America, pp. 676-82.
http://doi.org/10.1073/pnas.98.2.676

Ranganath, C., Cohen, M. X., Dam, C., & D’Esposito, M. (2004). Inferior temporal,
prefrontal, and hippocampal contributions to visual working memory maintenance and
associative memory retrieval. The Journal of Neuroscience : The Official Journal of the Society
Jfor Neuroscience, 24(16), 3917-25. http://doi.org/10.1523/JNEUROSCI.5053-03.2004

Ranganath, C., DeGutis, J., & D’Esposito, M. (2004). Category-specific modulation of
inferior temporal activity during working memory encoding and maintenance. Cognitive
Brain Research, 20(1), 37—45. http://doi.org/10.1016/j.cogbrainres.2003.11.017

Raz, N., Ghisletta, P., Rodrigue, K. M., Kennedy, K. M., & Lindenberger, U. (2010).
Trajectories of brain aging in middle-aged and older adults: Regional and individual
differences. NeuroImage, 51(2), 501-511.
http://doi.org/10.1016/j.neuroimage.2010.03.020

Raz, N., Gunning, F. M., Head, D., Dupuis, J. H., McQuain, J., Briggs, S. D., ... Acker, J.
D. (1997). Selective aging of the human cerebral cortex observed in vivo: differential
vulnerability of the prefrontal gray matter. Cereb Cortex, 7(3), 268-282.
http://doi.org/10.1093/cercor/7.3.268

Raz, N., Lindenberger, U., Rodrigue, K. M., Kennedy, K. M., Head, D., Williamson, A., ...
Acker, J. D. (2005). Regional brain changes in aging healthy adults: General trends,
individual differences and modifiers. Cerebral Cortex, 15(11), 1676-1689.
http://doi.org/10.1093/cercor/bhi044

Reed, A. E., Chan, L., & Mikels, J. a. (2014). Meta-analysis of the age-related positivity
effect: age differences in preferences for positive over negative information. Psychology
and Aging, 29(1), 1-15. http://doi.org/10.1037/a0035194

Rerko, L., & Oberauer, K. (2013). Focused, unfocused, and defocused information in
working memory. Journal of Experimental Psychology. Learning, Memory, and Cognition,
39(4), 1075-96. http://doi.org/10.1037/a0031172

Rerko, L., Souza, A. S., & Oberauer, K. (2014). Retro-cue benefits in working memory
without sustained focal attention. Memory & Cognition, 42(5), 712-28.
http://doi.org/10.3758/s13421-013-0392-8

Reuter-Lorenz, P. A., & Cappell, K. a. (2008). Neurocognitive aging and the compensation
hypothesis. Current Directions in Psychological Science, 17(3), 177-182.
http://doi.org/10.1111/j.1467-8721.2008.00570.x

Reuter-Lorenz, P. A., Jonides, J., Smith, E. E., Hartley, A., Miller, A., Marshuetz, C., &
Koeppe, R. A. (2000). Age differences in the frontal lateralization of verbal and spatial
working memory revealed by PET. Journal of Cognitive Neuroscience, 12(1), 174-187.
http://doi.org/10.1162/089892900561814

Reuter-Lorenz, P. A., & Sylvester, C. Y. C. (2005). Reuter-Lorenz, P. A., & Sylvester, C. Y.
C. (2005). The cognitive neuroscience of working memory and aging. In R. Cabeza, L.
Nyberg, & D. C. Park (Eds.), Cognitive neuroscience of aging: Linking cognitive and
cerebral aging (pp. 186-217). London, UK: Oxford university Press.

Reynolds, J. H., Chelazzi, L., & Desimone, R. (1999). Competitive mechanisms subserve
attention in macaque areas V2 and V4. J Neurosci, 19(5), 1736-1753.

Rieckmann, A., Karlsson, S., Karlsson, P., Brehmer, Y., Fischer, H., Farde, L., ... Bickman,
L. (2011). Dopamine D1 receptor associations within and between dopaminergic
pathways in younger and elderly adults: Links to cognitive performance. Cerebral Cortex,
21(9), 2023-2032. http://doi.org/10.1093/cercor/bhq266

Rihs, T. A., Michel, C. M., & Thut, G. (2007). Mechanisms of selective inhibition in visual
spatial attention are indexed by a-band EEG synchronization. European Journal of

273



Neuroscience, 25(2), 603-610. http://doi.org/10.1111/j.1460-9568.2007.05278 x

Roelfsema, P. R., Lamme, V. A., & Spekreijse, H. (1998). Object-based attention in the
primary visual cortex of the macaque monkey. Nature, 395(6700), 376-81.
http://doi.org/10.1038/26475

Rogalski, E. J., Gefen, T., Shi, J., Samimi, M., Bigio, E., Weintraub, S., ... Mesulam, M.-
M. (2013). Youthful memory capacity in old brains: anatomic and genetic clues from
the Northwestern SuperAging Project. Journal of Cognitive Neuroscience, 25(1), 29-36.
http://doi.org/10.1162/jocn_a_00300

Résler, A., Ulrich, C., Billino, J., Sterzer, P., Weidauer, S., Bernhardt, T, ... Kleinschmidt,
A. (2005). Effects of arousing emotional scenes on the distribution of visuospatial
attention: Changes with aging and early subcortical vascular dementia. In Journal of the
Neurological Sciences (Vol. 229-230, pp. 109-116).
http://doi.org/10.1016/j.jns.2004.11.007

Rowe, G., Hasher, L., & Turcotte, ]. (2008). Age differences in visuospatial working
memory. Psychology and Aging, 23(1), 79-84. http://doi.org/10.1037/0882-7974.23.1.79

Rowe, G., Hasher, L., & Turcotte, J. (2010). Interference, aging, and visuospatial working
memory: the role of similarity. Neuropsychology, 24(6), 804-807.
http://doi.org/10.1037/a0020244

Rowe, G., Valderrama, S., Hasher, L., & Lenartowicz, A. (2006). Attentional disregulation:
a benefit for implicit memory. Psychology and Aging, 21(4), 826—830.
http://doi.org/10.1037/0882-7974.21.4.826

Rowe, J. B., Siebner, H., Filipovic, S. R., Cordivari, C., Gerschlager, W., Rothwell, J., &
Frackowiak, R. (2006). Aging is associated with contrasting changes in local and distant
cortical connectivity in the human motor system. Neurolmage, 32(2), 747-760.
http://doi.org/10.1016/j.neuroimage.2006.03.061

Rozin, P., & Royzman, E. B. (2001). Negativity Bias, Negativity Dominance, and
Contagion. Personality and Social Psychology Review, 5(4), 296-320.
http://doi.org/10.1207/515327957PSPR0504_2

Ruffman, T., Henry, J. D., Livingstone, V., & Phillips, L. H. (2008). A meta-analytic review
of emotion recognition and aging: Implications for neuropsychological models of aging.
Neuroscience and Biobehavioral Reviews. http://doi.org/10.1016/j.neubiorev.2008.01.001

Rushworth, M. F. S., Noonan, M. P., Boorman, E. D., Walton, M. E., & Behrens, T. E.
(2011). Frontal Cortex and Reward-Guided Learning and Decision-Making. Neuron.
http://doi.org/10.1016/j.neuron.2011.05.014

Ryan, J. D, Shen, J., & Reingold, E. M. (2006). Modulation of distraction in ageing. British
Journal of Psychology (London, England : 1953), 97(Pt 3), 339-351.
http://doi.org/10.1348/000712605X74837

Rypma, B., & D’Esposito, M. (2000). Isolating the neural mechanisms of age-related
changes in human working memory. Nature Neuroscience, 3(5), 509-515.
http://doi.org/10.1038/74889

Salthouse, T. A. (1990). Working memory as a processing resource in cognitive aging.
Developmental Review, 10(1), 101-124. http://doi.org/10.1016/0273-2297(90)90006-P

Salthouse, T. A. (1992). Influence of processing speed on adult age differences in working
memory. Acta Psychologica, 79(2), 155-170.

Salthouse, T. A. (1994). The aging of working memory. Neuropsychology.
http://doi.org/10.1037/0894-4105.8.4.535

Salthouse, T. A. (2010). Selective review of cognitive aging. Journal of the International
Neuropsychological Society : JINS, 16(5), 754-60.
http://doi.org/10.1017/51355617710000706

Salthouse, T. A. (2012). Consequences of Age-Related Cognitive Declines. Annual Review of
Psychology, 63(1), 201-226. http://doi.org/10.1146/annurev-psych-120710-100328

Salthouse, T. A., & Babcock, R. L. (1991). Decomposing adult age differences in working

274



memory. Developmental Psychology. http://doi.org/10.1037/0012-1649.27.5.763

Sander, M. C,, Lindenberger, U., & Werkle-Bergner, M. (2012). Lifespan age differences in
working memory: A two-component framework. Neuroscience and Biobehavioral
Reviews, 36(9), 2007-2033. http://doi.org/10.1016/j.neubiorev.2012.06.004

Sander, M. C., Werkle-Bergner, M., & Lindenberger, U. (2011). Contralateral delay activity
reveals life-span age differences in top-down modulation of working memory contents.
Cerebral Cortex, 21(12), 2809-2819. http://doi.org/10.1093/cercor/bhr076

Sander, M. C., Werkle-Bergner, M., & Lindenberger, U. (2012). Amplitude modulations
and inter-trial phase stability of alpha-oscillations differentially reflect working memory
constraints across the lifespan. NeuroImage, 59(1), 646—654.
http://doi.org/10.1016/j.neuroimage.2011.06.092

Satz, P., Benson, D. F., Crinella, F., D ’elia, L., Earnest, K., Evans, G., ... Jolyn, L. (1993).
Brain Reserve Capacity on Symptom Onset After Brain Injury: A Formulation and
Review of Evidence for Threshold Theory. Neuropsychology, 7(3), 273-295.
http://doi.org/10.1037/0894-4105.7.3.273

Schmukle, S. C. (2005). Unreliability of the dot probe task. European Journal of Personality,
19(7), 595-605. http://doi.org/10.1002/per.554

Schneider-Garces, N. J., Gordon, B. A., Brumback-Peltz, C. R., Shin, E., Lee, Y., Sutton,
B. P, ... Fabiani, M. (2010). Span, CRUNCH, and beyond: working memory capacity
and the aging brain. Journal of Cognitive Neuroscience, 22(4), 655-69.
http://doi.org/10.1162/jocn.2009.21230

Shah, P., & Miyake, a. (1996). The separability of working memory resources for spatial
thinking and language processing: an individual differences approach. Journal of
Experimental Psychology. General, 125(1), 4-27. http://doi.org/10.1037/0096-
3445.125.1.4

Shallice, T, & Burgess, P. (1991). Deficits in Strategy Application Follwing Frontal Lobe
Damage in Man. Brain, 114(2), 727-741. http://doi.org/10.1093/brain/114.2.727

Shulman, G. L., Astafiev, S. V., McAvoy, M. P., D’Avossa, G., & Corbetta, M. (2007).
Right TP]J deactivation during visual search: Functional significance and support for a
filter hypothesis. Cerebral Cortex, 17(11), 2625-2633.
http://doi.org/10.1093/cercor/bhl170

Shulman, G. L., Fiez, J. A., Corbetta, M., Buckner, R. L., Miezin, F. M., Raichle, M. E., &
Petersen, S. E. (1997). Common Blood Flow Changes across Visual Tasks: II.
Decreases in Cerebral Cortex. Journal of Cognitive Neuroscience, 9(5), 648—663.
http://doi.org/10.1162/jocn.1997.9.5.648

Singh, K. D., & Fawcett, I. P. (2008). Transient and linearly graded deactivation of the
human default-mode network by a visual detection task. NeuroImage, 41(1), 100-112.
http://doi.org/10.1016/j.neuroimage.2008.01.051

Singmann, H., Bolker, B., & Westfall, J. (2015). afex: Analysis of Factorial Experiments. R
package version 0.15-2.

Sligte, I. G., Scholte, H. S., & Lamme, V. A. (2008). Are there multiple visual short-term
memory stores? PLoS ONE, 3(2), 2-10. http://doi.org/10.1371/journal.pone.0001699

Smith, S. M. (2002). Fast robust automated brain extraction. Human Brain Mapping, 17(3),
143-155. http://doi.org/10.1002/hbm.10062

Souza, A. S., & Oberauer, K. (2016). In search of the focus of attention in working memory:
13 years of the retro-cue effect. Attention, Perception, & Psychophysics.
http://doi.org/10.3758/s13414-016-1108-5

Souza, A. S., Rerko, L., & Oberauer, K. (2015). Refreshing memory traces: Thinking of an
item improves retrieval from visual working memory. Annals of the New York Academy of
Sciences, 1339(1), 20-31. http://doi.org/10.1111/nyas.12603

Spielberger, C. (1983). Manual for the State-Trait Anxiety Inventory (STAI). Consulting
Psychologists Press, 4-26.

275



Spieler, D. H., Balota, D. A., & Faust, M. E. (1996). Stroop performance in healthy younger
and older adults and in individuals with dementia of the Alzheimer’s type. Journal of
Experimental Psychology: Human Perception and Performance, 22(2), 461-479.
http://doi.org/10.1037/0096-1523.22.2.461

Spitzer, H., Desimone, R., & Moran, J. (1988). Increased attention enhances both behavioral
and neuronal performance. Science (New York, N.Y.), 240(4850), 338-40.
http://doi.org/10.1126/science.3353728

Stern, Y. (2002). What is cognitive reserve? Theory and research application of the reserve
concept. Journal of the International Neuropsychological Society : JINS, 8(3), 448—60.
http://doi.org/10.1017/51355617702813248

Stern, Y. (2009). Cognitive reserve. Neuropsychologia, 47(10), 2015-2028.
http://doi.org/10.1016/j.neuropsychologia.2009.03.004

Stokes, M. G., & Nobre, A. C. (2012). Top-down biases in visual short-term memory. In
Neuroscience of attention: Attentional control and selection (pp. 209-228). New York:
Oxford University Press.

Struble, R. G., Price, D. L., Cork, L. C., & Price, D. L. (1985). Senile plaques in cortex of
aged normal monkeys. Brain Research, 361(1-2), 267-275. http://doi.org/10.1016/0006-
8993(85)91298-3

Stuss, D. T., & Benson, D. F. (1987). The frontal lobes and control of cognition and
memory. In E. Perecman (Ed.), The frontal lobes revisited (pp. 141-154). New York:
IRBN Press.

Stuss, D. T., Kaplan, E. F., Benson, D. F., Weir, W. S., Chiulli, S., & Sarazin, F. F. (1982).
Evidence for the involvement of orbitofrontal cortex in memory functions: an
interference effect. Journal of Comparative and Physiological Psychology, 96(6), 913-25.

Sullivan, E. V., Marsh, L., & Pfefferbaum, A. (2005). Preservation of hippocampal volume
throughout adulthood in healthy men and women. Neurobiology of Aging, 26(7), 1093~
1098. http://doi.org/10.1016/j.neurobiolaging.2004.09.015

Sullivan, E. V., Rosenbloom, M., Serventi, K. L., & Pfefferbaum, A. (2004). Effects of age
and sex on volumes of the thalamus, pons, and cortex. Neurobiology of Aging, 25(2), 185—
192. http://doi.org/10.1016/50197-4580(03)00044-7

Tales, A., Muir, J. L., Bayer, A., & Snowden, R. J. (2002). Spatial shifts in visual attention in
normal ageing and dementia of the Alzheimer type. Neuropsychologia, 40(12), 2000~
2012. http://doi.org/10.1016/50028-3932(02)00057-X

Talland, G. A. (1968). Age and the immediate memory span. In G. A. Talland (Ed.), Human
aging and behavior (pp. 93-129). San Diego: Academic Press.

Tellinghuisen, D. J., Zimba, L. D., & Robin, D. a. (1996). Endogenous visuospatial precuing
effects as a function of age and task demands. Perception & Psychophysics, 58(6), 947—
958. http://doi.org/10.3758/BF03205496

Thut, G., Nietzel, A., Brandt, S. A., & Pascual-Leone, A. (2006). Alpha-band
electroencephalographic activity over occipital cortex indexes visuospatial attention bias
and predicts visual target detection. The Journal of Neuroscience : The Official Journal of the
Society for Neuroscience, 26(37), 9494-9502. http://doi.org/10.1523/I]NEUROSCI.0875-
06.2006

Tisserand, D. J., Visser, P. J., Van Boxtel, M. P. J., & Jolles, J. (2000). The relation between
global and limbic brain volumes on MRI and cognitive performance in healthy
individuals across the age range. Neurobiology of Aging. http://doi.org/10.1016/50197-
4580(00)00133-0

Todd, J.]J., Fougnie, D., & Marois, R. (2005). Visual short-term memory load suppresses
temporo-parietal junction activity and induces inattentional blindness. Psychological
Science, 16(12), 965-972. http://doi.org/10.1111/1.1467-9280.2005.01645 x

Todd, J.J., & Marois, R. (2004). Capacity limit of visual short-term memory in human
posterior parietal cortex. Nature, 428(6984), 751-754.

276



http://doi.org/10.1038/nature02466

Tomasi, D., Ernst, T., Caparelli, E. C., & Chang, L. (2006). Common deactivation patterns
during working memory and visual attention tasks: An intra-subject fMRI study at 4
Tesla. Human Brain Mapping, 27(8), 694-705. http://doi.org/10.1002/hbm.20211

Treue, S., & Martinez Trujillo, J. C. (1999). Feature-based attention influences motion
processing gain in macaque visual cortex. Nature, 399(6736), 575-579.
http://doi.org/10.1038/21176

Unsworth, N., & Engle, R. W. (2005). Working memory capacity and fluid abilities:
Examining the correlation between Operation Span and Raven. Intelligence, 33(1), 67—
81. http://doi.org/10.1016/].intell.2004.08.003

Uylings, H. B. M., West, M. J., Coleman, P. D., de Brabander, J. M., & Flood, D. G.
(2000). Neuronal and cellular changes in aging brain. In J. Trojanowski & C. Clark
(Eds.), Neurodegenerative dementias and pathological mechanisms. New York: McGraw—
Hill.

Vallesi, A. (2014). Monitoring mechanisms in visual search: An fMRI study. Brain Research,
1579, 65-73. http://doi.org/10.1016/j.brainres.2014.07.018

van den Berg, R., Shin, H., Chou, W.-C., George, R., & Ma, W. J. (2012). Variability in
encoding precision accounts for visual short-term memory limitations. Proceedings of the
National Academy of Sciences, 109(22), 8780-8785.
http://doi.org/10.1073/pnas.1117465109

Vandenberghe, R., Duncan, J., Dupont, P., Ward, R., Poline, J. B., Bormans, G., ... Orban,
G. A. (1997). Attention to one or two features in left or right visual field: a positron
emission tomography study. J Neurosci, 17(10), 3739-3750.

Vogel, E. K., & Machizawa, M. G. (2004). Neural activity predicts individual differences in
visual working memory capacity. Nature, 428(April), 748-751.
http://doi.org/10.1038/nature02447

Vogel, E. K., McCollough, A. W., & Machizawa, M. G. (2005). Neural measures reveal
individual differences in controlling access to working memory. Nature, 438(7067), 500—
503. http://doi.org/10.1038/nature04171

Vuilleumier, P. (2005). How brains beware: Neural mechanisms of emotional attention.
Trends in Cognitive Sciences. http://doi.org/10.1016/j.tics.2005.10.011

Vuilleumier, P., Armony, J. L., Driver, J., & Dolan, R. J. (2001). Effects of attention and
emotion on face processing in the human brain: An event-related fMRI study. Neuron,
30(3), 829-841. http://doi.org/10.1016/50896-6273(01)00328-2

Vuilleumier, P., & Driver, J. (2007). Modulation of visual processing by attention and
emotion: windows on causal interactions between human brain regions. Philosophical
Transactions of the Royal Society of London. Series B, Biological Sciences, 362(1481), 837—
855. http://doi.org/10.1098/rstb.2007.2092

Wallis, G., Stokes, M., Cousijn, H., Woolrich, M., & Nobre, A. C. (2015). Frontoparietal
and cingulo-opercular networks play dissociable roles in control of working memory.
Journal of Cognitive Neuroscience, 27(10), 2019-2034. http://doi.org/10.1162/jocn

Wang, M., Gamo, N. J,, Yang, Y., Jin, L. E., Wang, X.-]., Laubach, M., ... Arnsten, A. F.
T. (2011). Neuronal basis of age-related working memory decline. Nature, 476(7359),
210-213. http://doi.org/10.1038/nature10243

Wang, X. J. (2010). Neurophysiological and computational principles of cortical rhythms in
cognition. Physiol Rev, 90(3), 1195-1268.
http://doi.org/10.1152/physrev.00035.2008\r90/3/1195 [pii]

Watson, D., Clark, L. A., & Tellegen, A. (1988). Development of brief measures of positive
and negative affect: The PANAS scale. The PANAS Scales Journal of Personality and
Social Psychology, 47, 1063-1070. http://doi.org/10.1037/0022-3514.54.6.1063

Weidner, R., Krummenacher, J., Reimann, B., Miiller, H. J., & Fink, G. R. (2009). Sources
of top-down control in visual search. Journal of Cognitive Neuroscience, 21(11), 2100-13.

277



http://doi.org/10.1162/jocn.2008.21173

Welford, A. T. (1985). Changes of performance with age: An overview. In N. Chamess
(Ed.), Aging and human performance (pp. 333-365). New York: Wiley.

Werkle-Bergner, M., Freunberger, R., Sander, M. C., Lindenberger, U., & Klimesch, W.
(2012). Inter-individual performance differences in younger and older adults
differentially relate to amplitude modulations and phase stability of oscillations
controlling working memory contents. NeuroImage, 60(1), 71-82.
http://doi.org/10.1016/j.neuroimage.2011.11.071

West, R. L. (1996). An application of prefrontal cortex function theory to cognitive aging.
Psychol. Bull., 120(2), 272-292.

West, R. L., & Alain, C. (2000). Age-related decline in inhibitory control contributes to the
increased Stroop effect observed in older adults. Psychophysiology, 37(2), 179-189.
http://doi.org/10.1017/50048577200981460

Whiting, W. L., Madden, D. J., Pierce, T. W., & Allen, P. a. (2005). Searching from the top
down: ageing and attentional guidance during singleton detection. The Quarterly Journal
of Experimental Psychology. A, Human Experimental Psychology, 58(1), 72-97.
http://doi.org/10.1080/02724980443000205

Wilken, P., & Ma, W. J. (2004). A detection theory account of change detection. Journal of
Vision, 4(12), 1120-1135. http://doi.org/10.1167/4.12.11

Williams, M., Hong, S. W., Kang, M.-S., Carlisle, N. B., & Woodman, G. F. (2013). The
benefit of forgetting. Psychonomic Bulletin & Review, 20(2), 348-55.
http://doi.org/10.3758/s13423-012-0354-3

Williams, M., & Woodman, G. F. (2012). Directed forgetting and directed remembering in
visual working memory. Journal of Experimental Psychology. Learning, Memory, and
Cognition, 38(5), 1206-20. http://doi.org/10.1037/20027389

Willis, S. L., & Schaie, K. W. (1968). Practical Intelligence in Later Adulthood. In R. J.
Sternberg & R. K. Wagner (Eds.), Practical Intelligence: Nature and Origins of
Competence in the Everyday World (pp. 236-268). Cambridge University Press.

Wilson, F. a, Scalaidhe, S. P., & Goldman-Rakic, P. S. (1993). Dissociation of object and
spatial processing domains in primate prefrontal cortex. Science (New York, N.Y.).
http://doi.org/10.1126/science.8316836

Wojciulik, E., Kanwisher, N., & Driver, J. (1998). Covert visual attention modulates face-
specific activity in the human fusiform gyrus: fMRI study. Journal of Neurophysiology,
79(3), 1574-1578. http://doi.org/9497433

Wolfe, J. M., & Horowitz, T. S. (2004). What attributes guide the deployment of visual
attention and how do they do it? Nature Reviews. Neuroscience, 5(6), 495-501.
http://doi.org/10.1038/nrn1411

Woodman, G. F., Vecera, S. P., & Luck, S. J. (2003). Perceptual organization influences
visual working memory. Psychonomic Bulletin & Review, 10(1), 80-7.
http://doi.org/10.3758/BF03196470

Woolrich, M. W., Behrens, T. E. J., Beckmann, C. F., Jenkinson, M., & Smith, S. M.
(2004). Multilevel linear modelling for FMRI group analysis using Bayesian inference.
Neurolmage, 21(4), 1732-1747. http://doi.org/10.1016/j.neuroimage.2003.12.023

Woolrich, M. W., Ripley, B. D., Brady, M., & Smith, S. M. (2001). Temporal
autocorrelation in univariate linear modeling of FMRI data. NeuroImage, 14(6), 1370~
86. http://doi.org/10.1006/nimg.2001.0931

Worden, M. S., Foxe, J. J., Wang, N., & Simpson, G. V. (2000). Anticipatory biasing of
visuospatial attention indexed by retinotopically specific alpha-band
electroencephalography increases over occipital cortex. The Journal of Neuroscience : The
Official Journal of the Society for Neuroscience, 20(6), RC63. http://doi.org/Rc63

Worsley, K. J. (2001). Statistical analysis of activation images. In P. Jezzard, P. M. Matthews,
& S. M. Smith (Eds.), Functional MRI: an introduction to methods (pp. 251-270). New

278



York: Oxford University Press.

Xu, Y., & Chun, M. M. (2006). Dissociable neural mechanisms supporting visual short-term
memory for objects. Nature, 440(7080), 91-95. http://doi.org/10.1038/nature04262

Yiend, J. (2010). The eftects of emotion on attention: A review of attentional processing of
emotional information. Cognition & Emotion, 24(1), 3—47.
http://doi.org/10.1080/02699930903205698

Yiend, J., & Mathews, a. (2001). Anxiety and attention to threatening pictures. 7%e
Quarterly Journal of Experimental Psychology. A, Human Experimental Psychology, 54(3),
665-681. http://doi.org/10.1080/713755991

Zacks, ]. L., & Zacks, R. T. (1993). Visual search times assessed without reaction times: a
new method and an application to aging. Journal of Experimental Psychology. Human
Perception and Performance, 19(4), 798-813.

Zacks, R. T., Hasher, L., & Li, K. Z. H. (2000). Human Memory. Handbook of Aging and
Cognition.

Zacks, R. T., Radvansky, G., & Hasher, L. (1996). Studies of directed forgetting in older
adults. J Exp Psychol Learn Mem Cogn, 22(1), 143-156. http://doi.org/10.1037/0278-
7393.22.1.143

Zanto, T. P., & Gazzaley, A. (2014). Attention and ageing. In A. C. Nobre & S. Kastner
(Eds.), The Oxford Handbook of Attention. (pp. 927-971). Oxford University Press.

Zanto, T. P., Rubens, M. T., Bollinger, J., & Gazzaley, A. (2010). Top-down modulation of
visual feature processing: The role of the inferior frontal junction. Neurolmage, 53(2),
736-745. http://doi.org/10.1016/j.neuroimage.2010.06.012

Zanto, T. P., Rubens, M. T., Thangavel, A., & Gazzaley, A. (2011). Causal role of the
prefrontal cortex in top-down modulation of visual processing and working memory.
Nature Neuroscience, 14(5), 656—661. http://doi.org/10.1038/nn.2773

Zhang, W., & Luck, S. J. (2008). Discrete fixed-resolution representations in visual working
memory. Nature, 453(7192), 233-235. http://doi.org/10.1038/nature06860

Zhang, W., & Luck, S. J. (2009). Sudden death and gradual decay in visual working memory.
Psychological Science : A Journal of the American Psychological Society / APS, 20(4), 423-428.
http://doi.org/10.1111/j.1467-9280.2009.02322 x

Zhang, Y., Brady, M., & Smith, S. (2001). Segmentation of brain MR images through a
hidden Markov random field model and the expectation-maximization algorithm. JEEE
Transactions on Medical Imaging, 20(1), 45-57. http://doi.org/10.1109/42.906424

Zokaei, N., Burnett Heyes, S., Gorgoraptis, N., Budhdeo, S., & Husain, M. (2015).
Working memory recall precision is a more sensitive index than span. Journal of
Neuropsychology, (9), 319-329. http://doi.org/10.1111/jnp.12052

Zokaei, N., Ning, S., Manohar, S., Feredoes, E., & Husain, M. (2014). Flexibility of
representational states in working memory. Frontiers in Human Neuroscience,

&(November), 1-12. http://doi.org/10.3389/fnhum.2014.00853

279



Figure §2.1. All face stimuli used in the main task.
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Figure §2.2. All house stimuli used in the main task.
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Figure §2.3. Face and house stimuli used in the practice session.
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Figure §2.4. Localising face and place sensitive brain areas. The green clusters display the brain
areas that showed greater BOLD activity for houses versus faces (parahippocampal gyri) and the
yellow clusters display the brain areas that showed greater BOLD activity for faces versus houses
(fusiform gyri at the lower part of this image). Note that the bilateral frontal operculum and a part
of the orbital [frontal cortex, also show greater BOLD activity for faces relative to houses.
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Figure §2.5. Uncorrected z-statistic images showing functional connectivity (psycbop/)ysiml
interaction) between category-sensitive visual areas (parahippocampal gyri, fusiform gyri) during
selective encoding of houses versus faces.
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Location Cluster Z value X y Z
number (peak)
Left occipital 1 (cluster 7.73 -20 -94 4
pole extent:
69375
voxels; p =
5.61x10%)
Left superior 1 7.01 -34 -84 24
LOC
Left fO, insular | 1 6.94 -30 24 -2
Paracingulate 1 6.59 -8 14 46
gyrus (cluster
extends inferior
to ACC, and
superior to
SMA)
Left inferior 1 6.59 -48 -64 -8
LOC
SFG (extends 1 6.46 -2 18 54
inferior to
ACC, and
posterior to
SMA)

Table §2.1. MINI coordinates and peak Z values from the significant cluster during encoding house
stimuli into WM (house stimulus, attend houses) relative to ignoring house stimuli (house stimulus,
attend-face blocks). The cluster is significant at the whole-brain level, p = 5.61 x 1 0*. ACC:
anterior cingulate cortex; fO: frontal operculum; LOC: lateral occipital cortex; SFG: superior frontal
gyrus; SMA: supplementary motor area.

Location Cluster Z value X y Z
number (peak)

Paracingulate | 1 (cluster 5.78 -6 20 44

gyrus / extent:

ACC, 10747

extends voxels; p =

superior to 8.4x10")

SMA

Left fO / 1 5.45 -30 20 2

insular

Left inferior | 1 5.34 -48 -70 4

LOC

Left 1 4.64 -40 -46 -20

temporal

occipital

tusiform

cortex,

posterior

temporal

tusiform

cortex

Left ITG, 1 4.59 -44 -52 -12
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temporal
occipital
tusiform
cortex

MFG, SFG

1

4.52

54

Right ITG,
temporal
occipital
tusiform
cortex

2 (cluster
extent: 2336
voxels; p =

7.8x107)

5.64

46

-46

-16

Right
inferior

LOC

2

4.35

50

-70

Right
inferior

LOC

4.12

50

-62

Right ITG,
MTG.

4.01

54

-58

Right
inferior

LOC

3.27

54

-82

Right
inferior

LOC

2.57

52

74

-16

Table §2.2. MNI coordinates and peak Z values from the significant clusters during encoding face
stimuli into WM Oﬁlce stimulus, attend-face blocks) relative to ignoring face stimuli Orace stimulus,
attend-house blocks). Clusters are significant at the whole-brain level, p < 7.8 x 1 0°. ACC: anterior
cingulate cortex; fO: frontal operculum; ITG: inferior temporal gyrus; LOC: lateral occipital cortex;
MFG: middle frontal gyrus; MTG: middle temporal gyrus; SFG: superior frontal gyrus; SMA:

supplemenmry motor area.

Cluster Z value X y Z Location

number (peak)

2 (cluster 3.91 -22 -60 -10 Left
extent: 4384 temporal

voxels, p occipital
=1.49x10°) fusiform
cortex, OFG

1 3.85 -32 -42 -22 Left
posterior
temporal
tusiform
cortex,
temporal

OFG

1 3.82 -32 -46 -24 Left
temporal
occipital
tusiform
cortex,
posterior
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temporal
tusiform
cortex

3.58

-18

-68

Left lingual
gyrus, OFG

3.56

-36

-60

-16

Left
temporal
occipital
tusiform
cortex

3.56

44

-50

Left ITG,
posterior
temporal
tusiform
cortex

2 (cluster
extent: 1176
voxels, p =

0.025)

3.71

34

-48

Right
temporal
occipital
tusiform
cortex

2

3.66

34

-62

Right
temporal
occipital
tusiform
cortex

3.61

30

-58

Right
temporal
occipital
tusiform
cortex

3.58

30

-60

Right
temporal
occipital
tusiform
cortex

3.39

26

-70

Right OFG

3.16

36

-78

Right
inferior LOC

Table §2.3. MNI coordinates and peak Z values from the significant clusters which exhibited a

significant correlation between attentional modulation in the PG (attend houses > ignore houses) and

digit span. Clusters are significant at the whole-brain level, p < 0.025. ITG: inferior temporal

gyrus; LOC: lateral occipital cortex; OFG: occipital fusiform gyrus.

Cluster Z-value X y Z Location
number (peak)

1 (cluster 4.11 -34 22 2 Left fO,
extent: 3746, insular cortex
p=536x10

b)

1 3.83 -38 22 -4 Left frontal
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orbital
cortex,
insular
cortex, fO

1 3.6 -50 -22 18 Left central
opercular
cortex

1 3.52 -36 0 26 Left

precentral

gyrus

1 3.34 -44 10 22 Left IFG
pars
opercularis

1 3.32 -48 10 24 Left IFG
pars
opercularis

Table $2.4. MNI coordinates and peak Z values from the significant clusters showing areas that
were functionally coupled with bilateral PG during encoding house stimuli into WM (house
stimulus, attend-house blocks) relative to ignoring house stimuli (house stimulus, attend-face blocks).
Clusters are significant at the whole-brain level, p = 5.36 x 1 o’. fO: frontal operculum; IFG:
inferior frontal gyrus.

Cluster Z value X y Z Location

number (peak)

1 (cluster 6.87 22 -86 -6 Right OFG

extent:

14199

voxels, p =

1.36 x 107)

1 6.81 -22 -94 2 Left occipital
pole

1 6.35 20 -92 2 Right occipital
pole

1 5.8 -30 -88 26 Left superior
LOC

1 5.69 -26 -90 18 Left superior
LOC

1 5.34 -20 -88 -10 Right OFG

2 (cluster 3.99 -30 -26 64 Left postcentral

extent: 4958 gyrus, (extends

voxels, p = to precentral

5.96 x 10%) gyrus)

2 3.7 -56 10 28 Left precentral
gyrus, extends to
left fO

2 3.66 -64 -26 36 Anterior SMG,
postcentral gyrus

2 3.59 -66 -26 32 Anterior
supramarginal
gyrus, post-
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central gyrus

2 3.58 -6 8 62 SMA (extends
superior to SFG
and inferior to
ACQO)

2 3.5 -10 -10 64 SMA, SFG

3 (cluster 3.96 -30 24 -6 Left fO

extent: 1592

voxels, p =

0.0028)

3 3.94 -34 24 -8 Left fO

3 3.9 -42 20 -4 Left fO

3 3.84 -38 26 -4 Left frontal
orbital cortex,
fO

3 3.8 -50 20 0 Central
opercular cortex

3 3.76 -18 18 -12 Left putamen,

extends to
caudate

Table §2.5. MNI coordinates and peak Z values from the significant clusters for attending to house
blocks (attend-house blocks, all stimuli) relative to attending to face blocks (attend-face blocks, all
stimuli). The clusters are significant at the whole-brain level, p’s < 0.0028. fO: frontal operculum;
SMA: supplementary motor area; SFG: superior frontal gyrus; OFG: occipital fusiform gyrus.

Cluster Z value X y Z Location
number (peak)

1 (cluster 4.79 2 -64 34 Precuneus
extent: 988

voxels, p =

0.035)

Table §2.6. MNI coordinates and peak Z values from the significant clusters for attending to
attending to face blocks (attend-face blocks, all stimuli) relative to attending to house blocks (attend-
house blocks, all stimuli). The cluster is significant at the whole-brain level, p = 0.035.

Cluster Z value X y Z Location

number (peak)

1 (cluster 5.41 -30 24 0 Left

extent: 3745 tO/insular

voxels, p =

8.94x107)

1 4.1 -36 0 24 Left precentral
gyrus

1 4 -50 -22 18 Left
central/parietal
operculum

1 3.84 -46 6 24 Left precentral
gyrus/IFG
pars
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opercularis

1 3.81 -46 12 2 Left O, IFG
pars
opercularis

1 3.62 -42 -2 14 Central
operculum

Table S2.7. MINI coordinates and peak Z values from the significant clusters showing areas that
were functionally coupled with bilateral PG during house attention (all stimuli, attend-house blocks)
relative to face attention (all stimuli, attend-face blocks). Clusters are si gnificant at the whole-brain
level, p = 8.94 x 1 o’. JSO: frontal operculum; IFG: inferior frontal gyrus.

Cluster Z value X y Z Location

number (peak)

1 (cluster 4.6 -10 =72 32 Precuneus

extent: 6726

voxels, p =

5.49x10™)

1 4.37 6 -74 38 Precuneus,
cuneus

1 3.97 14 -40 54 Right
postcentral
gyrus,
precuneus

1 3.9 12 -40 58 Right
postcentral
gyrus

3.87 -8 -88 32 Left cuneus,
occipital pole

1 3.86 0 -82 26 Cuneus

2 (cluster 4.57 -18 48 20 Frontal pole

extent: 4094

voxels, p =

1.19x 107)

2 3.94 -14 60 4 Frontal pole

2 3.65 -6 64 8 Frontal pole

2 3.56 0 34 20 ACC,
paracingulate
gyrus

2 3.56 -10 44 14 Paracingulate
gyrus, ACC

2 3.56 -14 58 10 Frontal pole,
medial
frontal cortex

3 (cluster 3.96 -26 -70 -16 Left OFG

extent: 3043

voxels, p =

3.93x10°)

3 3.93 28 -60 -16 Left
temporal
tusiform
gyrus, OFG
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3.81

24

74

Left, OFG

3.61

16

-68

Left lingual
gyrus

3.51

16

-72

Left lingual
gyrus

3

3.47

-14

-48

Right lingual
gyrus

4 (cluster
extent: 2817
voxels, p =

8.76 x 10°°)

4.05

-62

-30

22

Left anterior
SMG,
parietal
operculum

4

3.8

-46

-68

24

Left superior

LOC

4

3.77

-56

-42

32

Left
posterior

SMG

3.57

44

-58

28

Left angular
gyrus

3.37

42

Left
posterior

MTG

3.32

-60

-36

Left STG,
posterior

MTG

5 (cluster
extent: 2108
voxels, p =

0.0001)

3.48

54

-30

30

Right
parietal
operculum,
anterior

SMG

5

3.45

62

12

Right
planum
temporale

3.35

60

Right
posterior
STG,

posterior

MTG

3.34

56

-32

Right
posterior
STG,

posterior

MTG

3.29

62

18

Right
parietal
operculum,
planum
temporale

3.28

64

42

26

Right
posterior

SMG
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Table §2.8. MNI coordinates and peak Z values from the significant clusters showing areas that
were functionally coupled with bilateral FG during house attention (all stimuli, attend-house blocks)
relative to face attention (all stimuli, attend-face blocks). Clusters are significant at the whole-brain
level, p’s < 0.0001. ACC: anterior cingulate gyrus; MTG: middle temporal gyrus; SMG:
supramarginal gyrus; STG: superior temporal gyrus; OFG: occipital fusiform gyrus.

Cluster Z-value X y Z Location

number (peak)

1(cluster 3.38 -42 16 -4 Left fO,

extent: 1237 insular

voxels, p =

0.008)

1 3.38 -46 6 10 Left central
opercular
cortex

1 3.29 -44 16 0 Left fO

1 3.15 -44 14 6 Left fO, IFG
pars
opercularis

1 3.13 -30 20 -10 Left frontal
orbital
cortex,
insular

1 3.07 -44 14 12 IFG pars
opercularis

Table §2.9. MNI coordinates and peak Z values from the significant clusters which exhibited a
significant positive correlation between the functional coupling strength with bilateral PG during
house attention (all stimuli, attend-house blocks) relative to face attention (all stimuli, attend-face
blocks) and age. Clusters are significant at the whole-brain level, p = 8.94 x 1 o’. fO: frontal
operculum; IFG. inferior frontal gyrus.

Cluster Z X y Z Location

Index

1 (cluster 3.6 38 -30 6 Right

extent: 1768 planum

voxels, p = temporale

0.0008)

1 3.43 -14 -32 12 Left
thalamus

1 3.37 16 -30 14 Right
thalamus

1 3.35 24 -28 16 Right
thalamus

1 3.32 14 -24 16 Right
thalamus

1 3.29 36 -46 -10 Right
temporal
occipital
tusiform
cortex

2 (cluster 3.99 -48 -86 2 Left inferior
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extent: 1032

LOC

voxels, p =

0.02)

2 3.65 -70 -46 -2 Left MTG

2 3.15 -60 -70 -4 Left inferior
LOC

2 3.15 -40 -90 -8 Left inferior
LOC,
occipital pole

2 3.04 -34 -98 10 Left occipital
pole

2 2.98 -60 -68 8 Left inferior
LOC

3 (cluster 3.37 10 -52 32 Precuneus

extent: 957

voxels, p =

0.029)

3 3.28 6 -62 38 Precuneus

3 3.16 -8 -60 34 Precuneus

3 3.14 -8 -58 42 Precuneus

3 3.13 -8 -60 38 Precuneus

3 2.92 0 -50 28 Posterior
cingulate
gyrus,
precuneus

Table §2.10. MINI coordinates and peak Z values from the significant clusters showing areas that
were functionally coupled with bilateral PG during face attention (all stimuli, attend—face blocks)
relative to house attention (all stimuli, attend-house blocks). Clusters are significant at the whole-

brain level, p’s < 0.029. LOC: lateral occipital cortex; MTG: middle temporal gyrus.
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Figure §4.1A. Face stimuli used in the emotional WM and perceptual tasks.

293



Figure §4.1B. Face stimuli used in the emotional WM and perceptual tasks (continued from S4.14).
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8§4.1C. Face stimuli used in the practice session of the emotional WM and perceptual tasks.
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8§4.1D. A selection of the face stimuli that were not used in the emotional WM and perceptual tasks.
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Figure §4.2. Psychometric functions for each individual participant in the emotional WM task.

297



Load 1

0.04 0.04 0.04 0.04
0.02 0.02 9/§Q 0.02 { \ 0.02 @
0 0 0 0
-100 100 -100 0 100 -100 0 100 -100
0.04 0.04 0.04 0.04
> 002 0.02 0.02 0.02
%
S 0 0 0 0
9 -100 100 -100 0 100 -100 0 100 -100
o 0.04 0.04 0.04 0.04
(0]
(72}
S o002 0.02 ‘A 0.02 f\ 0.02 @
o
(7]
§ 0 0 0 0
o -100 100 -100 0 100 -100 0 100 -100
S 004 0.04 0.04 0.04
©
E o o002 0.02 %O_Q 0.02 0.02
0 0 0 0
-100 100 -100 0 100 -100 0 100 -100 0
0.04 0.04 0.04 0.04
0.02 0.02 {ﬁ 0.02 J/\ 0.02 A
0 0 0 0
-100 100 -100 0 100 -100 0 100 -100 0
Load 2
0.04 0.04 0.04 0.04
0.02 é 0.02 2 ; 0.02 :% 0.02
0 0 0 0
-100 100 -100 0 100 -100 0 100 -100
0.04 0.04 0.04 0.04
2
= 0.02 6 0.02 { T 0.02 /f 0.02
QO
(]
Ke]
1<) 0 0 0 0
& -100 100 -100 0 100 -100 0 100 -100 0
2 0.04 0.04 0.04 0.04
5
o 0.02 0.02 0.02 0.02
&
= 0 0 0 0
g -100 100 -100 0 100 -100 0 100 -100 0
= 0.04 0.04 0.04 0.04
'_
0.02 0.02 fj 0.02 F_Q 0.02
0 0 0
-100 100 -100 0 100 -100 0 100 -100 0
0.04 0.04 0.04 0.04
0.02 0.02 j\ 0.02 jA\‘ 0.02 A
0 0 0
-100 100 -100 0 100 -100 0 100 0

Target Response Error (in percent emotional intensity)

Figure §4.3. Error distributions for emotional WM centred on the target face emotional intensity for
load one (top) and load two (bottom) conditions for individual participants. The error probability is
plot at each bin and connected by the lines for fear (red) and happy (blue) WM conditions. Bins are
equally spaced from -100% to 100% in 10% steps. X-axis is the response error in percent emotional

intensity, Y-axis is the response error probability.
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Figure §4.4A. Scatterplots of fearful target face emotional intensities plot as a function of responses
Jor individual participants for emotional WM. X-axis is the target emotional intensity value, y-axis
is the reported emotion; positive values correspond to the target emotion type intensities, negative
values correspond to the other emotion type intensities. Responses to the correct emotion type lie to the
right of zero, and responses fo incorrect emotion type lie to the left of zero. Correct responses would lie
on the identity line (y = x) on the right of each plot. Incorrect responses that reflect a ‘mirrored’
response (e.g. reported 50% fearful when it was a 50% happy face) would lie on a ‘mirrored’ version
of the identity line (y = -x). Each subplot shows the data for an individual participant, and each

point is an individual trial.

299



Happy Load 1

100

50

-100
100

50

-100
100

-100

100

50

-100
100

50

-100
100

50

-100
100

Figure §4.4B. Scatterplots of happy target face emotional intensities plot as a function of responses for
individual participants for emotional WM. Conventions are the same as in figure §4.44.
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Target Response Error (in percent emotional intensity)
Figure §4.5. Error distributions for emotional-expression matching centred on the target face
emotional intensity for individual participants. The error probability is plot at each bin and
connected by the lines for fear (red) and happy (blue) WM conditions. Bins are equally spaced from -
100% to 100% in 10% steps. X-axis is the response error in percent emotional intensity, Y-axis is the
response error probability.
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Figure §4.6A. Scatterplots of fearful target face emotional intensities plot as a function of responses
for individual participants for emotional-expression matching. X-axis is the target emotional
intensity value, y-axis is the reported emotion; positive values correspond to the target emotion type
intensities, negative values corrvespond to the other emotion type intensities. Responses to the correct
emotion type lie to the right of zero, and responses to incorrect emotion type lie to the left of zero.
Correct responses would lie on the identity line (y = x) on the right of each plot. Incorrect responses
that reflect a ‘mirrored’ response (e.g. reported 50% fearful when it was a 50% happy face) would lie
on a ‘mirrored version of the identity line (y = -x). Each subplot shows the data for an individual
participant, and each point is an individual trial.
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Figure §4.6B. Scatterplots of happy target face emotional intensities plot as a function of responses for
individual participants for emotional-expression matching. Conventions are the same as in figure

§4.64.

303



Young (WM)

100
100

0
0

0.5]

100

0

LA

100 -100
0.5

100 -100

0
0

100 -100

0

0.5

0
100 -100

[t}
=}

100 -100
0.5

0
100

0
0

=

100 -100

0

0.5]

0

100 -100
0.5]
0.5

0
S}

100 -100
100 -100

0
0
0

o
=}
.
~O
S
=)
=3
=)

100 -100

0

0.5

old (WM)

100 -100
)

100 -100
0.5

100 -100
0.5

100 -100
0.5

0

0
0

100 -100

0

0.5

100 -100
0.5
100 -100
0.5
100 -100
0.5

0
0
0

0.5]

Target Response Error (in percent emotional intensity)

100 -100
100

0

0.5]
0.5]

100 -100

100 -100

100 -100
0.5

0
0

0
100 -100

0

<49
S
44
459
55
414
2.9

0.5

o o (=]
o o o
o (=3 o
=3 o o
) o o o9 ©
o o® o®
o o o
o o o
o o o
“0 uo —O “
T o Sans) o ©
o oS o0 =
] ] IS]
AAO AO AO A
(=3 o o
o o o
) oTwv o oY ©
o® o® o®
o o o
o o o
o o o
S S S
~ 15 oy oy onn o
o o° o®
] ] IS]
Ao Amuo AA \AA
o o o
o o o
] o\ o\ o ©
o® o® o®
o o o
Ao AAO Ao A
o o o
=] =} =]
T o o o ©
oo oo oo
o o o
nmAnulﬂﬂﬂAO h&AAU Mm
o o (=]
S S ]
> o\ o\ Sants] ©
o o o

Ajjigeqoud asuodsay 19bie]

-100

0.
0.5

S) ) o
o o o
o o o
) ) ]
o° o° o
o

g o o

S S

o\ 0 w0
00 Oo oo
S S IS}
o o o
o o o
o o o
oY M) 0
o o° o
o o o
) o o
o o o
=] =] o
o 0 0
o° o° o°
o o o
o o o
o o o
S S S
omh 0 &

IS} 'o 5} o

Ajjigeqold asuodsay jobie]

-100

Figure §5.1. Error distributions for emotional WM centred on the target face emotional intensity for

individual participants, separated into younger (top) and older (bottom) adults. The error
probability is plot at each bin and connected by the lines for fear (young.’ light red, old: dark red) and

happy (yaungs light blue; old: dark blue) WM conditions. Bins are equally spaced from -100% to
100% in 10% steps. X-axis is the response error in percent emotional intensity, Y-axis is the response

error probability.
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Figure §5.2. Error distributions for emotional-expression matching centred on the target face
emotional intensity for individual participants, separated into younger (top) and older (bottom)
adults. Conventions as in S5.1.
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Figure §5.3. Scatterplots showing trials where participants correctly reported and misreported the
emotion type for each Emotion and Intensity value condition. A) Target face emotional intensities
plot as a function of participant responses for emotional WM for fearful (top, red) and happy
(bottom, blue) faces, for young (left; light red/blue) and older (right; dark red/blue) adults. X-axis is
the target emotional intensity value, y-axis is the reported emotion; positive values correspond to the
target emotion type intensities, negative values correspand to the other emotion type intensities.
Responses to the correct emotion type lie to the right of zero, and responses to incorrect emotion type lie
to the left of zero. Correct responses would lie on the identity line (y = x) on the right of each plot. A
‘mirrored’ version of the identity line (y = -x) is plot on the left side for reference. Each point is an
individual trial, and each scatter plot includes all the trials in the specified condition for all
participants. The areas in grey are trials from 0% — 19% and 81% — 100% emotional intensity,
which were removed from the main analyses. B) Target face emotional intensities plot as a function
of participant responses for emotional-expression matching. Conventions as in A.
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Figure §4.6B. Scatterplots of happy target face emotional intensities plot as a function of responses for
individual participants. Conventions are the same as in figure §4.64.

Neuropsychological Tests and Questionnaires

The Positive and Negative Affect Schedule (PANAS)
State-Trait Anxiety Inventory (SSAI)
Montreal Cognitive Assessment (MoCA)
Trail Making Task A

Trail Making Task B

Category fluency

Hopkins Verbal Learning Test (HVLT)
Boston Naming Test (BNT)

Digit Span - Forward Span

Digit Span - Backwards Span

Digit Span— Sequential

Digit Coding

Test of Premorbid Functioning

Prospective Imagery Task (PIT)

Fishing Game VAS

Rey-Osterrieth Complex Figure Test (ROCF)
Scrambled Sentences Task
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