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G eneral-purpose large language
models (LLMs) like ChatGPT were 
never intended to be therapists; 

they were built as general-purpose assistants. 
Yet when human help is not available, many 
people now turn to these tools for advice, 
comfort, and coping. This shift is happening 
without oversight. 1 Experts have warned 
that general-purpose LLMs are becoming de 
facto mental health aids without evidence-
based guardrails. 2 So far, psychiatry’s 
response has been slow and fragmented, a 
blind spot that needs to be addressed 
urgently. 

Contemporary artificial intelligence (AI) 
chatbots encompass diverse system classes, 
including general-purpose LLM interfaces 
(eg, ChatGPT), clinically oriented LLMs fine-
tuned for health care tasks, purpose-built 
mental health chatbots designed around spe-
cific therapeutic frameworks, and retrieval-
augmented systems that ground outputs in 
curated clinical sources. These system classes 
vary in intended function, safety guardrails, 
and degree of clinical oversight. This com-
mentary focuses on risks that arise when 
general-purpose LLMs are used indepen-
dently by individuals with psychopathology 
in ways that functionally substitute for thera-
peutic support.

OUTSOURCING THE WORK OF THERAPY 
Relying on a general-purpose LLM for guid-
ance often means letting the AI do tasks the 
person would normally do themselves, such 
as gathering information, analyzing emotions, 
making meaning, and committing to deci-
sions. But in psychotherapy, progress comes 
from the patient actively practicing therapeu-
tic skills such as adaptive cognitive and 
behavioral coping strategies. If that work is 
outsourced to a chatbot such as ChatGPT,

therapeutic learning is undermined. Media 
neuroscience links heavy, screen-mediated 
multitasking with poorer performance on 
attention and memory tasks. 3 Preliminary 
findings neurophysiology suggests that our 
brains are less engaged when we write with 
AI assistance compared with writing on our 
own. 4 In short, offloading mental tasks to an 
always-on assistant may reduce effort in the 
moment, but it may also decrease engagement 
of cognitive processes psychotherapy aims to 
strengthen, including executive control, meta-
cognitive awareness, and perspective reap-
praisal. Cross-sectional data link compulsive 
ChatGPT use to worse mental-health indica-
tors: higher anxiety, burnout, and sleep dis-
turbances. 5 In practice, leaning on a general-
purpose LLM to process one’s feelings or 
plan next steps may reduce engagement in 
reflective reasoning and metacognitive moni-
toring, leaving individuals more anxious or 
drained rather than more empowered.

LLMs as Stand-ins for Support 
General-purpose LLM interfaces (eg, 
ChatGPT) are often described as unfailingly 
warm and available, qualities that can make 
them feel like a comforting companion. 
Because many systems are optimized to 
engage users, they may mirror a user’s moods 
and beliefs to keep the conversation flowing. 6 

This can inadvertently reinforce unhelpful 
patterns: constant reassurance-seeking in 
obsessive-compulsive disorder, deeper rumi-
nation in depression, distraction in attention 
deficiency, or avoidance in posttraumatic 
stress disorder. A general-purpose LLM might 
tirelessly validate cognitive distortions 
without gently challenging them, unlike a 
good therapist who knows when to push 
back. Notably, the first randomized trial of a 
purpose-built generative-AI therapy chatbot
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showed positive results only under controlled 
conditions. 7 Outside such supervision, some-
one disclosing distress to a general-purpose 
LLM interface may be doing so without clini-
cian oversight or real-time safety monitoring if 
the system responds inappropriately or misses 
a crisis. When used for independent thera-
peutic support, these systems require system-
atic evaluation for their adherence to 
scientifically established treatment models 
such as cognitive-behavioral therapy and psy-
chodynamic therapy.

Closing the Blind Spot: Targeted Science 
and Standards 
We need to start systematically tracking inde-
pendent use of general-purpose LLMs in clin-
ical populations. Clinicians rarely ask about a 
patient’s independent LLM use. Prospective 
studies should quantify how often, why, and 
in what context people with different diagno-
ses use these tools and link those patterns to 
validated outcomes, especially among young 
people who are growing up with access to 
AI companions. Epidemiological data would 
replace anecdotes with objective evidence 
and yield risk estimates that inform practice 
and public guidance. 

Experiments should investigate how 
general-purpose LLM interactions alter atten-
tion, memory, affect regulation, and reality 
testing, particularly among vulnerable psychi-
atric populations. Controlled studies should 
include measures of distorted ideation and 
referential thinking, with predefined stopping 
rules, particularly given concerns that LLM 
interactions could exacerbate delusion forma-
tion in vulnerable individuals. 8 Recent evalu-
ations have observed dangerously 
inappropriate responses to users’ cries for 
help; for example, when one user hinted at 
suicidal thoughts, an AI listed tall bridges in 
the area. 6 

Many AI wellness applications operate 
outside medical-device oversight despite 
providing mental-health advice. 9 Academic 
psychiatry should help set proportionate stan-
dards for all LLM-based conversational sys-
tems that may function (intentionally or not) 
as therapeutic supports. Potential standards 
include crisis-trigger detection and escalation, 
clear scope-of-use disclosures, secure logging 
for accountability, and stress-testing with

suicidality and psychosis scenarios. 7 Evalua-
tion should mirror digital-therapeutic frame-
works, with pre-market and post-market 
surveillance to detect rare but severe failures. 
Equity must be integral in the process, 
ensuring accessibility for people with cogni-
tive or socioeconomic vulnerabilities. Stan-
dardized evaluation methodologies are also 
needed. Beyond tracking usage patterns, 
assessment frameworks should specify prede-
fined outcomes, hypothesized mechanisms, 
validated measurements, and reproducible 
protocols to enable comparison across 
systems.

Beyond safety, psychiatry must also artic-
ulate how general-purpose LLM use can align 
with evidence-based treatments rather than 
drift from them. Guidance should specify 
how clinicians and patients can integrate 
generative tools while preserving therapeutic 
mechanisms of change. 10 Clinicians show 
greater receptivity to AI systems framed as as-
sessments, not autonomous therapeutic 
agents. 11 Developing empirically grounded 
guidelines for clinician-in-the-loop LLM use 
would ensure that AI supports, rather than 
substitutes, the active learning processes cen-
tral to effective therapy.

General-purpose LLMs are already inte-
grated into daily routines and, increasingly, 
into self-management of mental health. We 
need to link real-world AI use to clinical out-
comes, identify mechanisms of harm and 
benefit, and set clear safety thresholds. The 
calibration of trust in AI systems is context-
and user-dependent, 12 and many of those us-
ing general-purpose LLMs for therapeutic 
support are likely in a context of desperation 
and low AI literacy. Decisive action is criti-
cally needed from both patients and clinicians 
as, among patients and clinicians alike, as 
decision-making becomes increasingly influ-
enced by algorithms.
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