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Abstract

A rapidly growing literature has attempted to explain Donald Trump’s success in the
2016 U.S. presidential election as a result of a wide variety of differences in individual char-
acteristics, attitudes, and social processes. We propose that the economic and psychological
processes previously established have in common that they generated or electorally capital-
ized on unhappiness in the electorate, which emerges as a powerful high-level predictor of
the 2016 electoral outcome. Drawing on a large dataset covering over 2 million individual
surveys, which we aggregated to the county level, we find that low levels of evaluative, ex-
perienced, and eudaemonic subjective well-being (SWB) are strongly predictive of Trump’s
victory, accounting for an extensive list of demographic, ideological, and socioeconomic co-
variates and robustness checks. County-level future life evaluation alone correlates with
the Trump vote share over Republican baselines at » = -.78 in the raw data, a magnitude
rarely seen in the social sciences. We show similar findings when examining the association
between individual-level life satisfaction and Trump voting. Low levels of SWB also predict
anti-incumbent voting at the 2012 election, both at the county and individual level. The
findings suggest that SWB is a powerful high-level marker of (dis)content and that SWB
should be routinely considered alongside economic explanations of electoral choice.
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Introduction

In the period since the 2016 U.S. presidential election, a growing number of studies have at-
tempted to identify and characterize the people and places behind Donald Trump’s victory.
Historically, theories in economics and political science have stressed the role of “economic vot-
ing” in explaining electoral outcomes, a process whereby voters reward or punish incumbent
parties for the state of the macroeconomy (Fair, 1978; Kramer, 1971). In this vein, many have
pointed to factors such as stagnant wages among middle-class Americans and job losses—arising
from growing mechanization, international trade exposure, and the general decline in domes-
tic manufacturing—in driving support for Trump’s candidacy (e.g., Autor et al., 2017; Frey
et al., 2018). In contrast, studies in psychology and related fields have tended to challenge
these purely economic explanations and have instead focused on factors such as group and
status threat (e.g., Knowles and Tropp, 2018; Major et al., 2018; Mutz, 2018), preferences for
authoritarianism (MacWilliams, 2016), moral values (Enke, 2020), and personality traits like
neuroticism (Obschonka et al., 2018).

What many of these economic and psychological explanations have in common is that
they emphasize a strong sense of discontent among certain sections of the U.S. population.
The reasons for this discontent are multiple, and the literature adding to them is growing
quickly. However, the central point across the majority of these accounts is that there was
a palpable sense of general unhappiness with the status quo in the United States. In this
paper, we develop a conceptual framework that links low levels of subjective well-being (SWB)
with (a) anti-incumbent voting and (b) support for populist candidates. In doing so, we argue
that SWB can be seen as a common psychological pathway to electoral choice. While more
specific psychological, sociological, and economic accounts may help to explain why parts of
the electorate are happy or unhappy, we suggest that these processes funnel into differences in
SWB, which in turn predict voting.

Various governments around the world are beginning to measure SWB on a large scale
and use it as a measure of social progress (Durand, 2018; Krueger and Stone, 2014). Notwith-
standing persistent gains in national income, the United States has fared relatively poorly on
these alternative measures of national success over the past few decades, with SWB having
fallen in the country, particularly among the less educated (Blanchflower and Oswald, 2019;

Case and Deaton, 2020; Graham, 2017). Yet, despite this, the role of SWB in explaining elec-



toral processes and outcomes has received relatively little attention.®

In this paper, we directly examine the role of SWB in explaining electoral outcomes.
Using data on over 2 million Americans collected during the years preceding Trump’s election
by the Gallup Organization, we investigate how strongly predictive evaluative, experienced,
and eudaemonic SWB measures were of the outcome of the 2016 presidential election at the
county level. We reproduce these main county-level analysis using individual-level survey data
by investigating the role of SWB in explaining incumbent approval ratings as well as the decision
of whom to vote for in presidential elections.

Although we argue that low levels of SWB will increase the vote shares of candidates
who are (a) nonincumbent and (b) populist, the 2016 presidential election does not allow us
to distinguish between the two processes, because the challenger (Donald Trump) was both
nonincumbent in terms of party affiliation and populist in terms of policy platform and rhetoric.
By repeating our county- and individual-level analyses using data from the 2012 presidential
election (Barack Obama vs. Mitt Romney), we are able to more cleanly test our predictions
on SWB and incumbent voting in an election with a mainstream challenger. To more directly
test our prediction on SWB and populist candidates, we also examine the role of county-level
SWB in explaining the vote shares of Donald Trump and Bernie Sanders in the 2016 Republican
and Democratic primary elections, respectively. An additional issue is the relationship between
(un)happiness and incumbent voting when the challenger is not only nonincumbent but also a
populist—that is, an open question is whether or not these two hypothesized relationships will
be additive in nature. To shed light on this, we also pool the 2012 and 2016 data such that we
can directly test for any difference in the magnitude of the relationship between (un)happiness
and Republican voting in the two elections.

We carried out an extensive set of secondary analyses to establish the robustness of the
relationship between county-level SWB and voting. Among other things, we investigated (a) the
role of individual-level life satisfaction in predicting votes for Donald Trump in 2016 and Mitt
Romney in 2012, conditional on a very rich set of demographic and socioeconomic covariates as

well as a lagged dependent variable, (b) the association of individual-level SWB and presiden-

1A small number of studies have begun to fill this gap and shown that people become happier when their
chosen party is in power (Di Tella and MacCulloch, 2005) and observed that SWB is related to turnout intentions
(Flavin and Keane, 2012). We build in particular on related analysis showing that increased “deaths of despair”
are associated with the county-level Trump vote swing in 2016 (Goldman et al., 2019) and that well-being is
related to voting intentions and election outcomes in Europe and the USA (Herrin et al., 2018; Liberini et al.,
2017; Ward, 2020).



tial (dis)approval, (c) the “swing” toward Donald Trump in 2016 as well as simply the level of
the Republican vote share in our county-level analysis, (d) including in the voting equation a
comprehensive list of economic and demographic covariates, (e) relying on between-county vari-
ance within states and more restrictive spatial units of analysis like core-based statistical areas
and commuting zones, (f) employing within-county longitudinal models that consider changes
in SWB and voting across President Obama’s first and second terms and thus controlling for
additional unobserved county variables, and (g) relying solely on SWB responses before Donald
Trump entered politics, to ensure that any relationship is not driven by Trump’s campaign

influencing happiness.

Conceptual Framework

A long history of theoretical and empirical work in psychology suggests that people use their
feelings as a source of information and as a guide to decision making (Schwarz, 1990). Whereas
early work on affect-as-information focused solely on the way in which specific emotions provide
information to people about their surroundings (Schwarz and Clore, 1983), the theory has been
broadened to include a range of feelings and states (Schwarz, 2011). Here, we focus on the
broad concept of SWB, which includes evaluations of how one’s life is overall as well as the
experience of positive and negative emotions. High levels of SWB are a signal that the situation
is “benign” and need not be changed, whereas low levels of SWB are an indication of “threat”
and suggest that things ought to be changed to repair the situation.

In line with this conceptual reasoning, it has been shown that negative emotional states
decrease preferences for the status quo (Scheibehenne et al., 2014). We extend this line of rea-
soning (a) to include a broader focus on SWB in general and (b) to behavior in the political
sphere. The reliance on feelings for information is known to be particularly salient in situations
in which information is complex and motivation is low, which is typically the case in the con-
text of making political vote choices—where people’s understanding of complex political and
economic issues is limited (Campbell et al., 1960) and the probability of a single vote making a
difference to the outcome is low (Downs, 1957).

We focus on two aspects of the political process: incumbent and populist voting. In-
cumbent voting refers to the propensity of voters to reelect sitting governments into office. We

follow the ideational approach to defining populism, which suggests that it is a “thin-centered”



ideology based on two core features: (a) a contention that there is a clear distinction between
the body of virtuous “ordinary” people and the corrupt “elite” and (b) a belief that politics
ought to be exclusively a reflection of the “will of the people.” The ideology is thin-centered
in the sense of limiting its claims about the political agenda to the above contentions and is
thus able to mix and augment other elements of political ideology, such as nationalism (Mudde,
2017). We classify Donald Trump as populist because key themes in his campaign were focused
on the corruption of U.S. elites and included an emphasis on the restorative will of the people.

Drawing on this conceptual framework, we expect people who evaluate the state of
their lives positively overall, as well as those who experience more positive and fewer negative
emotions, to use these feelings as an indication that the incumbent political party is competent.
Given this, they will see comparatively little reason to change the party in office and vote to
reelect them for a further term, rather than take a chance on a challenger. Conversely, people
with low levels of SWB will see this as evidence that the governing party is of low quality and
ought to be replaced in order to repair the situation.

H1: Low levels of subjective well-being will increase the vote share of monincumbent
candidates.

Whereas anti-incumbent voting focuses on the choice between political parties, populism
has more to do with a rejection of the mainstream political system more generally. Nevertheless,
the dynamics are similar: People with high levels of SWB will see the current political situation
as a benign context that does not need to be changed, whereas those with low levels of SWB
will perceive the system in a more negative manner. The populist promise of radical change
speaks closely to people experiencing unhappiness, because this unhappiness is a cue to them
that change is needed.? Thus, low levels of SWB will predict a greater rejection of the system
and a higher propensity toward populist candidates.

In addition, populism not only is a set of beliefs but also tends to entail a more
emotional-—and negative—style of communication (Nai, 2018), which is likely to speak most
strongly to those who most perceive their lives to be less satisfying (and experience more negative
and fewer positive emotions in their day-to-day lives). In this sense, populism may “activate”

unhappiness politically by rhetorically proposing an electoral choice that promises the cessation

Whether this desired change is forward or backward looking is an issue that we return to in more detail in
the Discussion. It may be that a desire for a populist change is actually a desire to go back to the status quo
ante (or at least to stop further progressive social change from happening). In any case, it is a desire to change
from the current political status quo.



of the state of unhappiness. As such, descriptively, populists may moderate the relationship
between unhappiness and voting, such that a stronger relationship between unhappiness and
vote shares is observed for populist candidates.

H2: Low levels of subjective well-being will increase the vote share of populist candidates.

In addition to these two main hypothesized relationships, an open question remains as to
the nature of the relationship between (un)happiness and incumbent voting when the challenger
is not only nonincumbent but is also a populist. That is, a further research question we explore
in the data is whether the two hypotheses are additive or not.

Finally, it is worth noting that the two hypotheses do not necessarily stand in contention
with the existing literature linking different variables to political choice. Rather, in this frame-
work, SWB can be seen as a common psychological pathway to electoral choice. While various
accounts may explain why some voters are happier than others, it is these differences in SWB

that, in turn, predict voting decisions.

Study 1(a): County-Level Evidence of SWB and Voting in 2016

Data and Methods

We constructed county-level measures of SWB using the Gallup Daily Poll, which, since 2008,
has surveyed a large random sample of U.S. adults about various political, economic, and well-
being topics on a daily basis. Between 2008 and 2012, we were able to observe the SWB of
around 1,000 adults per day. At the beginning of 2013, this changed to around 500 adults per
day. Around 60% of interviews were conducted via cell phone and 40% via landline.

SWB is typically defined along four main dimensions: life evaluation, positive affect,
negative affect, and purpose (Diener et al., 1999). In the Gallup Daily Poll, life evaluation is
measured via the Cantril Ladder, which asks respondents to rate their life as a whole, both
today and how they expect it to be 5 years from now. Affective measures are combinations of
reports of whether the respondent experienced yesterday each of: happiness, enjoyment, and
laughter (positive affect), as well as stress, worry, and sadness (negative affect). Finally, purpose
(or eudaemonic well-being) combines reports of respondents liking what they do every day and
how often they learn new things.?

We aggregated the SWB responses to the county level and linked these measures to

3Full details on question wordings are included in the online supplemental materials.



election results. To maximize the accuracy and geographic coverage of our county-level SWB
estimates, in our main analysis we pooled the daily surveys from the day after Barack Obama’s
first inauguration in January 2009 to the day before the 2016 presidential election (yielding
a total of just over 2 million individual survey responses) and used these measures to predict
the 2016 election result. In further analyses (discussed in more detail in subsequent studies
below), we split the responses into Obama’s first and second terms in office, to create a two-
period longitudinal panel of counties (at the expense of precision in these county-level SWB
measures).

We use two main outcome measures: (a) the level of the Trump vote share in 2016
and (b) our preferred measure, the Trump swing in 2016. The latter is the Republican two-
party vote share in 2016 compared with the average Republican vote share at the previous four
presidential elections. We focus principally on the swing because our main interest is in which
counties Donald Trump was electorally successful in 2016 over and above what would normally
be expected of a Republican candidate in any given county—and not in which areas of the
country generally or historically are more Republican or Democratic.*

In our main analysis, we estimated linear regression models via weighted least squares,
with each county’s observation weighted by the number of survey respondents. This allowed
us to account for heterogeneity in the sample size of the Gallup poll across counties and the
differential measurement error in the county-level SWB estimates that this inevitably introduced
into the analysis. In a series of robustness checks, we instead estimated unweighted ordinary
least-squares regressions using counties with sample sizes only over a minimum threshold (see

Figure S4).

Results
Raw predictive power of SWB

Figure 1 shows a county map of the Trump vote swing, together with a county map of life
evaluation.” We find the two to correlate at r = —.53, with the largest swings toward Donald
Trump occurring in the areas of lowest SWB. The bivariate correlation between the Trump
swing and future life evaluation, which we show graphically in Figure 2, is even stronger, at

r = —.78 (see Table S3 for a full correlation matrix of all of the main variables). Much of

4 A long-standing literature examines this relationship between SWB and political ideology /affiliation (Napier
and Jost, 2008; Wojcik et al., 2015). We return in more detail to this point in the Discussion.
5See Figure S2 for analogous maps of the other SWB measures.
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Figure 1: Life evaluation and the Republican vote swing in 2016 across U.S. counties. (a) shows
the county means of the life evaluation question (on a scale of 0 to 10) in the Gallup Daily Poll
between Jan 2009 and Oct 2016. (b) shows the Trump vote swing (A [Trump % - GOP Avg.
% 2000-2012]).

Trump’s support, over and above Republican baselines, came from areas with the bleakest
outlook for the future state of people’s lives.%

Figure 3 assesses the comparative raw predictive power of SWB and a number of vari-
ables typically used in academic and policy discourse to explain electoral outcomes, such as
trade exposure, unemployment, wages, education, moral values, and racism. Entered together
in a regression equation predicting the Trump swing, economic variables are able to explain

around 33% of the variance in the election result. In a separate regression, demographics and

geography account for around 63%. However, the highest percentage of variance—over 66%—is

SFigure 2 suggests, at least visually, that the relationship is broadly linear. We test more formally for
nonlinearities and confirm this in the online supplemental materials (see Table S16).
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Figure 2: Future life evaluation and Trump voting across U.S. counties. Each county is weighted
by the number of survey respondents in the Gallup poll. Linear line of fit shown.

explained by the SWB variables. Entering each explanatory variable into a separate bivariate
regression, we find the single strongest predictor of the county-level Trump vote swing to be
future life evaluation, which by itself accounts for over 60% of the variance in his electoral

success.

Main Regression Analyses

Table 1 reports multivariate regression models. Here, we included controls for a number of
observable county characteristics and a series of state fixed effects, such that we were effectively
comparing counties in the same state with one another.” Both evaluative measures of SWB
are strongly and negatively associated with large differences in the Trump vote share. We
z-scored all of the explanatory variables so that they have a mean of zero and a standard
deviation of one. Thus, in column (1) of Table 1, a coefficient of 7.31 suggests that a decrease
of one standard deviation in county-level life satisfaction is associated with an increase of 7.31
percentage points in the Republican vote share in 2016. Higher levels of positive affect and
purpose are also associated with smaller Republican vote shares, while negative affect is not

strongly associated with the level of the 2016 vote.

"These multivariate regression models are best thought of as sensitivity checks. Given that many county
characteristics may themselves be generating the variation in SWB we are interested in, “controlling” for an
exhaustive set of covariates inevitably increases the likelihood of misspecification. We included here in our main
analysis a relatively parsimonious set of “controls,” focusing in particular on the most policy-relevant factors,
and in further sensitivity tests, we included a more exhaustive set of observable characteristics (see below).
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Figure 3: Benchmarking predictors of Trump voting: Each bar represents the R? from a separate
weighted least squares regression, in which the dependent variable is the Trump vote swing.
SWB measures are the county-mean response to survey items in the Gallup Daily Poll between
Jan 2009 and October 2016.

11



¢l

Trump Vote Share in 2016 A (Trump - Rep Avg. 2000-12)
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)

Life Evaluation: Today  -7.31*** -3.59***
(0.57) (0.22)
Life Evaluation: Future -11.73* -4.41%%*
(0.59) (0.22)
Positive Affect -1.54%** -2.65%**
(0.59) (0.24)
Negative Affect 0.26 1.50%**
(0.72) (0.26)
Purpose -4.06*** -2.617**
(0.61) (0.24)
Median Income (In) 3.99*** 3.84%** 2.26™* 2.01%** 2.44** -0.36  -0.64** -0.86"** -1.18"** -1.05"**
(0.50)  (0.46)  (0.54)  (0.52)  (0.51)  (0.22)  (0.24)  (0.25)  (0.25)  (0.24)
Unemployment Rate -1.35** -0.50 -0.98 -0.81 -1.01 0.14 0.53 0.08 0.30 0.28
(0.65) (0.62) (0.70) (0.70) (0.68) (0.35) (0.41) (0.40) (0.42) (0.39)
Economic Growth -0.36 -0.14 -0.54 -0.58 -0.55 -0.50**  -0.45"*  -0.54™* -0.58"** -0.59***
(0.42) (0.39) (0.45) (0.45) (0.45) (0.20) (0.19) (0.20) (0.20) (0.20)
Racial Animus 1.93%** 1.34%** 2.27%** 2.327** 2.08"** 0.97**  0.79"*  1.06™*  1.09"*  1.01***
(0.57)  (0.46)  (0.58)  (0.59)  (0.58)  (0.19)  (0.19)  (0.21)  (0.22)  (0.22)
% Religious 2.13*** 0.88* 1.89*** 1.86*** 2.017%*  0.84*** 0.33 0.75***  0.68**  0.80***

(0.55) (0.50) (0.59) (0.59) (0.57)  (0.19)  (0.21)  (0.21)  (0.22)  (0.21)
Population Density (In) -13.46™**  -8.06™*  -13.84*** -13.72"** -14.03"** -4.03*** -2.02"* -4.41"* -4.38"** -4.36™*
(0.41) (0.49) (0.45) (0.48) (0.43)  (0.16)  (0.20)  (0.16)  (0.17)  (0.17)
Counties 3000 3000 3000 3000 2994 3000 3000 3000 3000 2994
R? 0.633 0.706 0.586 0.585 0.595 0.636 0.672 0.595 0.574 0.591
Notes: Robust standard errors in parentheses. State fized effects are included in all models. Within-state R®s are reported. Each county is weighted in the regression

analyses by the number of respondents in the Gallup survey. All explanatory variables are z-scored such that they have a center of zero and a standard deviation of one.
*p < .10, **p < .05, ***p < .01.

Table 1: SWB and Trump Voting in 2016



In columns (6) to (10) of Table 1, we move on to our preferred outcome measure, namely
the Trump vote swing. For each of our five dimensions of SWB, happier counties are less likely
to have swung toward Donald Trump. A decrease of one standard deviation in county-level
future life satisfaction is associated with an increase of 4.41 percentage points in the Republican
vote share in 2016, over and above what would historically be expected given the previous four
presidential elections.

While negative affect was not predictive of the Trump swing in the bivariate analysis
(see Figure 3), higher levels of emotions such as stress, worry, and sadness are positively asso-
ciated with Trump voting in the multivariate analysis. This is largely due to the inclusion of
population density in the equation: Although cities voted more strongly against Trump, the
data suggest that people living in urban areas also generally experience more worry and stress
in their day-to-day lives. Once we compare city to city and rural to rural by holding population
density (and other demographics) constant, a clear and significant positive relationship emerges
between negative emotions and support for Trump. Conversely, positive emotional experiences
are more equally distributed across counties of differing demographics, and in each case, the

SWB coefficient remains relatively stable with and without these covariates in the equation.

Secondary Analyses

We carried out an extensive set of secondary analyses to establish the robustness of the rela-
tionship between SWB and voting in the 2016 election.

Omitted Variables. Our main models examined the association between SWB and Trump
voting by making comparisons between counties within any given state, accounting for a range of
observable characteristics of these counties. One concern with this approach, however, was that
despite controlling for a rich set of covariates, any observed findings may be due to unobserved
heterogeneity across counties. We conducted three supplementary analyses to test the sensitivity
of our findings.

First, in Table S4, we find that our results are robust when including a more exhaustive
set of county-level observable demographic, geographic, and economic covariates. Second, an
alternative method in which to control for such characteristics is shown in Table S9. Here, we
ran individual-level regression models predicting each of our SWB measures, controlling for a
rich set of explanatory variables such as age, gender, race, income, and education. We then

aggregated the residuals from these regressions to the county level and find our main results
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to be unchanged. Third, whereas in our main analysis, we exploited within-state variation in
SWB and voting, we also estimated models relying on much more restrictive variation within
commuting zones, core-based statistical areas, and even within counties over time (see Study
1(c) below). In Table S5, even when comparing counties within very small neighboring clusters,
our main findings remain evident.

Alternative Outcomes. In our main analysis, we considered both the level of the 2016
Republican vote share and the swing compared with the previous four elections. We also assessed
the relative ability of our SWB measures to explain alternative “Trump swings,” such as his
vote share compared with John McCain’s and Mitt Romney’s, and in Tables S11 and S12, we
find very similar results.

Interactions. To test whether the SWB—voting relationship held up in areas of different
socioeconomic and demographic makeups, we also interacted covariates—such as race, income,
population density, and level of education—with our measures of SWB in the vote share equa-
tion. In addition, we tested whether the SWB-voting relationship holds up equally well in
swing counties and safely Republican or Democratic counties. In interaction models, we find
that the significant negative relationship between psychological well-being and Trump voting is
evident, regardless of whether the county is rich or poor, highly or less educated, or predomi-
nantly white or racially more diverse (see Table S15). Consistent patterns are found in swing
and safely Democratic or Republican areas of the country, with the gradient of the relationship
tending to be stronger in swing counties as well as counties that previously voted strongly for
the Democratic Party (see Table S7).

Subjective Economic Sentiment. It may be argued that even when controlling for the
objective state of the economy, any significant association between SWB and the election result
may be reflective of people’s economic mood rather than their broader, nonmaterial SWB. Thus,
we also included two measures of subjective economic evaluation in the regression analysis, both
of which were drawn from the same Gallup poll as the SWB measures. These asked respondents
to rate the “economic conditions in this country today” as well as whether they are getting better
or worse. In Table S6, we find that our results are robust, even when controlling for subjective
and objective economic factors at the county level.

Reverse Causation. Did low SWB help to elect Donald Trump, or did Donald Trump’s
campaigning lower the SWB of his likely voters? Given that his campaigning stressed the

negative state of the country and pointed to an exploitation by the elites, the hypothesis that

14



Trump’s campaigning caused low SWB is plausible. We investigated whether the data are
consistent with this hypothesis by considering county well-being data collected only before the
start of 2015, well before Trump announced his candidacy (or even entered politics). In that way,
the well-being estimates are unlikely to be the result of the messaging of the Trump campaign.
As can be seen in Table S8, we observe a similar pattern of findings, with low pre-2015 SWB
predicting a higher Trump vote swing, across the domains of SWB and while controlling for
demographic and economic covariates. We thus find no support for the hypothesis that our
main results are attributable to the Trump campaign causing unhappiness in the electorate.®
There is a second sense in which politics may have caused low SWB, rather than low
SWB causing electoral choice. Republican voters may have been unhappy during the Obama
years precisely because their chosen party was not in power, which may have yielded the negative
correlation between SWB and the Trump vote.” The way we set up our main analyses largely
addressed this concern: We focused on the swing toward Trump from what would be expected
from prior Republican vote shares. In other words, the main outcome measure already takes into
account the expected political leaning of the counties. However, to investigate this alternative
explanation more directly, we turned to the individual level: We leveraged a question in the
Gallup Daily Poll on respondents’ general party affiliation. We regressed individual SWB on
individual political party affiliation, and aggregated only the remaining (residualized) variance
in SWB not accounted for by individual political affiliation to the county level. We find that
even after giving individual party affiliation the opportunity to account for individual SWB,
our main findings are reproduced, with low values in all four domains of residualized SWB

significantly predicting the Trump vote (see Table S9).

Populism in the Primaries

To more directly test Hypothesis 2, we assessed whether our SWB measures are predictive
of Donald Trump’s performance in the 2016 Republican presidential primaries. We find in
Table S13 that even among Republican candidates, Donald Trump’s populist candidacy was

supported most strongly in the unhappiest counties of the country. We also examined voting in

8Similarly, we also find consistent results when using pre-2015 county-level SWB as an instrumental variable
for 20152016 county-level SWB in a two-stage least-squares analysis.

9A related concern is that Republicans may have given exaggeratedly negative answers during the Obama
presidency to paint a bleak picture of the state of the country’s happiness. This is similar in nature to a concern
that is often raised in the economic voting literature, whereby partisan bias leads supporters of nonincumbent
parties to give evaluations of the economy that are exaggerated downward (Evans and Andersen, 2006).
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Romney Vote Share in 2012 A (Romney - Rep Avg. 1996-2008)
(1) (2) 3) 4) (5) (6) (7) ®)

Life Evaluation: Today  -5.93*** -2.35%**
(0.59) (0.22)
Life Evaluation: Future -10.25* -3.53"*
(0.67) (0.20)
Positive Affect 0.23 -2.19%**
(0.63) (0.25)
Negative Affect 0.64 2.09***
(0.71) (0.29)
Median Income (In) 5.26*** 5,25 4.42%%* 4.48**  0.60**  0.56™*  0.51"**  0.38**
(0.46) (0.43) (0.49) (0.48) (0.17) (0.17) (0.17) (0.17)
Unemployment Rate -1.15 -0.62 -0.23 -0.33 -0.03 0.20 0.06 0.08
(0.75) (0.68) (0.76) (0.76) (0.21) (0.20) (0.23) (0.23)
Economic Growth -0.59 -0.20 -0.59 -0.58 -0.37* -0.23 -0.36* -0.36*
(0.57) (0.55) (0.59) (0.59)  (0.21)  (0.20)  (0.21)  (0.21)
Racial Animus 1.40** 1.01** 1.65*** 1.63***  0.88***  0.75"*  0.92**  0.91**
(0.56) (0.49) (0.57) (0.57) (0.18) (0.17) (0.19) (0.18)
% Religious 2.08** 1.07** 1.93*** 1.92%%%  1.31%%*  0.95%*  1.29%**  1.22%*

(0.52)  (0.48)  (0.54)  (0.54)  (0.15)  (0.15)  (0.16)  (0.16)
Population Density (In) -10.36™**  -6.82*** -10.57*** -10.64™* -2.36™* -1.15™* -2.60™* -2.65"**

(0.38) (0.46) (0.40) (0.42) (0.15) (0.16) (0.15) (0.15)
Counties 2976 2976 2976 2976 2976 2976 2976 2976
R?2 0.530 0.596 0.499 0.500 0.373 0.438 0.357 0.361

Notes: Robust standard errors in parentheses. State fized effects are included in all models. Within-state R%s
are reported. Each county is weighted in the regression analyses by the number of respondents in the Gallup
poll. All explanatory variables are z-scored such that they have a center of zero and a standard deviation of
one. *p < .10, **p < .05, **p < .01.

Table 2: SWB and the 2012 Presidential Election

the Democratic primaries and investigated the extent to which our county-level SWB measures
are able to predict votes for Bernie Sanders, whose campaign was more populist than that of
his opponent, Hillary Clinton—in the case of Sanders, he advocated for restoring the country
to the will of the people from the exploitation of “the 1%” elites. In Table S14, we show that
lower levels of evaluative SWB and higher levels of negative affect are associated with stronger

vote shares for Sanders. We thus find support for Hypothesis 2 across both political parties.

Study 1(b): County-Level Evidence of SWB and Voting in 2012

Evidence of low levels of SWB being predictive of Trump voting in 2016 are supportive of
both hypotheses 1 and 2. However, because a populist candidate ran against an incumbent,
it is difficult to distinguish between the two predictions that unhappiness will increase anti-
incumbent and populist voting. To more clearly test Hypothesis 1, we thus turned to the 2012
election, where the sitting president ran against a mainstream (i.e., nonpopulist) challenger,

Mitt Romney.
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Data and Methods

We again used the Gallup Daily Poll, but this time looked solely at responses recorded in the
survey during Obama’s first term. We used the same definitions of SWB,' and our empirical
analyses mirror those of the 2016 models. We entered our county-level measures of SWB into a
voting equation predicting (a) the Romney vote share in 2012 and (b) the Romney vote share

compared with the Republican vote share at the previous four presidential elections.

Results

In Table 2, we find that higher levels of evaluative SWB are associated with higher vote shares
for the incumbent president. When predicting the level of the 2012 vote share, neither of our
affective SWB measures is significantly related to the electoral outcome. When considering
the results of the 2012 election compared with historical baselines, we find that all four of our
SWB measures are significantly related to voting. For each of our SWB dimensions, unhappier
counties were more likely to vote for the nonincumbent Republican Party.

We conducted a number of further checks to establish the robustness of these results.
When comparing counties within more restrictive geographical clusters, we continued to find
(Table S21) that unhappier locations more strongly voted against the incumbent president. In
Table S19, we show that the main correlations were robust when including a more exhaustive

set of observable county characteristics, including subjective economic sentiment (Table S20).

Study 1(c): Longitudinal County-Level Evidence

In addition to looking separately at the role of SWB in explaining the outcomes of the 2012
and 2016 presidential elections, we pooled the data to look at both simultaneously. This served
two principal purposes. First, to allay any remaining fears related to omitted variables in the
2016 analysis, we were able to estimate longitudinal models, in which we examined changes in
SWB and voting from 2012 and 2016—and thus looked solely at variation within counties over
time. Second, it enabled us to examine more closely whether the effects of populist and anti-
incumbency voting are additive or not, by comparing the strength of the association between

SWB and Republican voting in 2012 and 2016.

0The purpose questions were added to the Gallup Poll after 2012 and are thus not included here.
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Data and Methods

We first pooled the 2012 and 2016 SWB and voting measures to create a dataset with around
6,000 county—year observations. We estimated weighted least-squares regression equations pre-
dicting a county’s Republican vote share. We controlled for the same set of covariates and
fixed effects as above and included an indicator variable for the year of the election. Our SWB
measures were then interacted with the year indicator.'!

To estimate within-county longitudinal models, we considered the change in SWB from
the first term of Obama’s presidency to the second term. This had the significant benefit of
allowing us to account for any other county characteristics that are constant over time and not
included in our main models (e.g., elements of culture, geography, and climate). The majority
of the variance in SWB is between counties rather than within counties over time (see Figure S5
for estimates of the high within-county autocorrelation of SWB); however, counties do vary over
time, and we used this variation to estimate a regression of the change in Republican vote share
from 2012 to 2016 on the change in SWB over the same period.'? We z-scored the explanatory

change variables such that each A has a mean of zero and a standard deviation of one.

Results

In Table S23, we can see that for each of our four main SWB measures, changes over time are
predictive of changes in Republican voting. For each of the measures, counties that became
unhappier over time swung more strongly toward Donald Trump in 2016. In columns (5) to (8),
this remains the case even when controlling for changes in the state of the county-level economy
over the same period, measured by the changes from 2012 to 2016 in state personal income per
capita and state unemployment rate.

In Figure 4, the slope of the SWB—voting relationship is steeper in 2016 than in 2012.
In Table S22, we show these models, which include the full set of covariates and fixed effects as

in the previous analyses, more fully. Here, we find that the interaction term between the two

" Because affective measures of SWB were not predictive of the 2012 vote share, we limited our analysis here
to our evaluative SWB measures.

12\When splitting the data into two periods in this way, the problem of smaller counties having very low
response rates in the Gallup Daily Poll becomes more acute. Furthermore, longitudinal models are typically
more susceptible to attenuation bias resulting from measurement error. Measurement error typically changes
from period to period, making it more likely that any observed changes are a result of noise. Accordingly, we
restricted the sample in these analyses to include only the 1,328 counties that have at least 150 respondents
during the first period. For robustness, in Figure S6, we tested differing sample size thresholds and find results
that are consistent with our main findings. In line with measurement error biasing estimates toward zero, we
find that relying on counties with high sample sizes increases the magnitude of the relationship between SWB
and voting.
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A Republican Vote Share (2016-2012)

(1) (2) (3) (4) () (6) (7) (8)
A Life Today -1.94%** -1.727%*
(0.52) (0.50)
A Life in 5 Years -2.39%** -2.45%**
(0.62) (0.62)
A Positive Affect -2.01%** -1.92%**
(0.51) (0.50)
A Negative Affect -0.87* -0.63
(0.52) (0.54)
A log Income -1.90**  -1.99**  -1.95** -1.98**
(0.61)  (0.61)  (0.61)  (0.61)
A Unemployment -0.97*  -0.97* -0.94*  -0.87*
(0.49) (0.50) (0.49)  (0.50)
Observations 1328 1328 1328 1328 1328 1328 1328 1328
R? 0.011 0.014 0.011  0.002  0.047 0.052 0.048 0.039

Notes: Robust standard errors in parentheses. Each county is weighted by the average number of respondents
in the Gallup survey across the two periods. The sample is restricted to counties that have at least 150
respondents during the first period. See Figure S6 for sensitivity to using differing sample size thresholds.
*p < .10, **p < .05, ***p < .01.

Table 3: Within-County Analysis

SWB measures and the 2016 year indicator is statistically significant. This suggests that a pop-
ulist candidacy has added pull on unhappy voters over and above a mainstream nonincumbent

candidacy.

Study 2: Individual-Level Evidence of SWB and Incumbent Ap-

proval

The preceding analysis at the county level shows a clear and strong relationship between SWB
and voting outcomes. However, this ecological evidence remains open to the critique that any
observed relationships may simply reflect an ecological fallacy.!> We thus supplemented our
county-level analysis with individual-level evidence. We first looked at presidential approval

(Study 2) and then moved on to individual-level evidence of voting (Study 3).

Data and Methods

While the Gallup Daily Poll did not include a question on voting intention, the Gallup World Poll
included a question on presidential approval between 2010 and 2016. Around 1,000 respondents

were asked on an annual basis about various aspects of their SWB and whether or not they

13That is, even if unhappier counties were much more likely to vote to elect Donald Trump, it may still be that
unhappier individuals were no more likely to have voted for the Republican candidate.
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Figure 4: Life evaluation and voting in 2012 and 2016. Each panel shows the slope of the
relationship between SWB and the Republican Party vote share in 2012 and 2016, from a
pooled analysis in which SWB is interacted with the year. These models include state fixed
effects and a full set of observable covariates. For full reporting of these models, see Table S22.

approve of the current president.

We estimated logistic regression models predicting whether or not the respondent dis-
approved of Barack Obama.'* In all models, we included a rich vector of demographic and
socioeconomic covariates, including age, gender, education, and income, as well as a full set of
state and year fixed effects. We z-scored each of our five dimensions of SWB such that they
have a mean of zero and a standard deviation of one in the sample. For ease of interpretation,

we report exponentiated logistic coefficients, or odds ratios.

Results

Table 4 shows that low levels of life satisfaction predict disapproval of the job being done in office
by Barack Obama. An odds ratio of 0.91 suggests that an increase of one standard deviation in
life satisfaction (equivalent to a shift of around 1.9 points in the 0-10 life ladder) decreases the
likelihood of disapproving of Obama by around 9%, holding constant a range of demographics

such as income, education, and age (see Table S25 for full reporting of all coefficients).

1YWe drop answers of “Don’t know” from the analysis. This analytical choice does not affect the results of the
paper.
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Disapprove of Obama = 1

(1) (2) 3) (4) ()

Life Today 0.909***
(0.027)
Life in 5Y 0.844***
(0.026)
Positive Affect 0.859***
(0.028)
Negative Affect 1.149***
(0.038)
Purpose 0.897***
(0.029)
Observations 5,356 5,356 4,379 4,379 4,379

Log-Likelihood  -3468.6 -3458.4  -2834.8 -2836.8 -2840.3

Notes: Odds ratios reported from logistic regression models. Robust standard errors in parentheses. Source:
Gallup World Poll July 2010 to July 2016. All models include state and year fized effects, and further controls
for gender, age, age®, education, (log) household income, urban/rural status. SWB variables are z-scored such
that they have a center of zero and a standard deviation of one.

*p < .10, **p < .05, **p < .01.

Table 4: Individual-Level SWB and Presidential Approval

In model (2), we replaced life satisfaction with future life satisfaction in the equation
and, much like in the county-level analysis, find a generally stronger relationship. People with
a higher future life satisfaction are more likely to have supported President Obama. In models
(3) to (5), when looking at both positive and negative affect as well as purpose, we find similarly

that higher levels of SWB increase the likelihood of approval of his leadership.

Study 3(a): Individual-Level Evidence of Life Satisfaction and

Voting in 2016

Evidence of a robust relationship between SWB and presidential approval is suggestive; however,
it may still be the case that people do not in fact vote this way. We thus supplemented this
evidence by turning to a survey conducted around the time of the election, in which actual

voting behavior was recorded.

Data and Methods

We used the American National Election Study (ANES), which in 2012 and 2016 included a life
satisfaction question. Each survey included two waves, one pre- and one postelection. In the

preelection survey, respondents were asked about their demographics, previous voting behavior,
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Voted Trump =1

(1) (2) 3) (4) ()
Life Satisfaction (z-score) 0.823***  0.830** 0.813*** 0.826™ 0.820**
(0.040)  (0.043)  (0.057) (0.063) (0.064)

Gender & Age Yes Yes Yes Yes Yes
Race & Religion FEs Yes Yes Yes Yes Yes
Education FEs No Yes Yes Yes Yes
Income & Employment FEs No Yes Yes Yes Yes
Trust & Ideology No No Yes Yes Yes
2012 Vote Choice FEs No No No Yes Yes
State FEs No No No No Yes
Observations 2,471 2,471 2,471 2,471 2,471
Log-Likelihood -1363.3  -1305.2  -820.1 -651.8  -629.1

Notes: Odds ratios reported from logistic regression models. Robust standard errors in parentheses. Source:
American National Election Survey 2016. The sample is all those who reported voting in the 2016 presidential
election. Life satisfaction is z-scored such that it has a center of zero and a standard deviation of one.

*p < .10, **p < .05, **p < .01.

Table 5: Individual-Level SWB and Voting in 2016

and the question: “All things considered, how satisfied are you with your life as a whole these
days?” Answers were elicited on a 5-point ordinal scale from “not at all” to “extremely.” We
assigned numerical values to these responses and z-scored the variable such that it has a mean
of zero and a standard deviation of one. In secondary analyses, we instead introduced each
ordinal response category separately into the voting equation (rather than assuming a cardinal
measure of life satisfaction).

In the postelection survey, respondents were asked whether they voted, and if so, whom
they voted for. We looked at voters who voted either Republican or Democrat, and created
an indicator variable equal to 1 if the respondent voted for Donald Trump. We estimated
logistic regression models predicting vote choice. In our most basic model, we controlled for
the demographics of respondents, including gender, age group, race, and detailed religious
denomination fixed effects. We then added into the equation more restrictive controls. We began
by including educational attainment, income-band fixed effects, and a series of employment
status fixed effects. We then added in measures of interpersonal trust and a 1-7 ideology
scale, running from extremely liberal to extremely conservative. Finally, indicator variables
were included according to whom the respondent voted for at the previous election (Obama,
Romney, other, or no vote), and a set of state fixed effects such that we compared between

individuals in similar geographical locations.
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Results

Table 5 shows that low levels of life satisfaction predict voting for Donald Trump at the indi-
vidual level. An odds ratio of 0.82, reported in column (1), suggests that an increase of one
standard deviation in life satisfaction (equivalent to an increase of 0.93 on the 1-5 scale) de-
creases the odds of voting for Trump by around 18%. This finding remains stable when adding
in a series of more restrictive control variables in columns (2) to (5). In Table S26, rather than
use the life satisfaction question as a continuous measure, we entered each of the responses as a
separate indicator variable (leaving out “extremely” as the omitted category). Here, we find an
exponentiated logistic coefficient on being “not at all” satisfied with life overall (compared with
“extremely”) of around 2.4. This suggests that being extremely unhappy more than doubles
the odds of voting for Donald Trump.

We again investigated whether our findings are attributable to Republicans being un-
happy precisely because their chosen party was not in power prior to the election (i.e., reverse
causality). We did so by including a lagged dependent variable—which mirrors the logic of
focusing on the Trump vote over and above Republican baselines. We find that the results are
robust to this powerful control.

We also interacted respondents’ previous votes with life satisfaction in the equation. In
Table S28, we see that the impact of low life satisfaction on Trump voting was most pronounced
among previous Obama voters. That is, much of the effect appears to have been driven by
unhappy (previous) Democrats. This is consistent with finding at the ecological level that low
levels of SWB are predictive of a strong swing toward Donald Trump compared with prior

Republican baselines.

Study 3(b): Individual-Level Evidence of Life Satisfaction and

Voting in 2012

We repeated the analysis in an analogous fashion for the 2012 election. As in the county-level
analysis above, this allowed us to more directly test Hypothesis 1, without the complication of
there being a populist candidate involved. Moreover, we pooled the 2012 and 2016 individual-
level data to directly test whether any effect of SWB on voting was stronger in 2016 than in
2012.
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Figure 5: Individual-level SWB and voting in 2012 and 2016.

Notes: Predictive margins are plotted from a logistic regression in which the outcome variable is voting Republican
(vs. Democrat). Source: 2012 and 2016 ANES data, pooled. The regression model also includes demographic
control variables and a full set of state fized effects. N = 6,569.

Data and Methods

We used the 2012 ANES, which as in 2016, included a 5-point life satisfaction question in the
preelection survey and a voting question in the postelection follow-up survey. The empirical
analyses otherwise mirror those of Study 3(a) above. In addition, we pooled the 2012 and 2016
data and estimated a logistic regression model predicting Republican voting. In this model, we
included an indicator variable indicating the year 2016 and interacted this year indicator with

our measure of life satisfaction.

Results

In Table S29, we find that an increase of one standard deviation in life satisfaction is associated
with a decrease of around 10% to 15% in the likelihood of voting for Mitt Romney. This remains
the case even when controlling for a lagged dependent variable (i.e., whom the respondent voted
for in 2008) as well as rich set of demographic, socioeconomic, and ideological characteristics.
Comparing with the coefficients in Study 3(a), we can see that the slope of the relationship is
generally smaller than that observed in the 2016 analysis. Pooling the two election studies, we
are able to show this more formally (Table S30). We find a significant interaction between life
satisfaction and the indicator variable for 2016. We show this difference in slope graphically in

Figure 5.
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Discussion

Drawing on over 2 million responses to the Gallup Daily Poll, we find that levels of SWB
strongly predict the result of the 2016 presidential election at the county level. Decreases in
current and future life satisfaction of one standard deviation are associated with a bump to the
Trump vote share of around four percentage points, over and above what would ordinarily be
expected of a Republican in a given county. That is, if evaluative SWB had been higher by a
(county) standard deviation in Florida, Pennsylvania, or Michigan, these states—and thus, the
United States—would have elected Hillary Clinton in 2016.

While evaluative, hedonic, and eudaemonic measures of SWB are all predictive of the
electoral outcome in 2016, evaluative measures are the most strongly related to both the level
of voting for and the electoral swing toward Donald Trump. This pattern appears robust
under a variety of analytic choices. This provides suggestive evidence that electoral choice is
based more strongly on overall cognitive assessments of welfare than on emotional states, at
least when aggregated over years as in our analyses. In the same vein, it may also suggest
that evaluative dimensions of SWB, in particular, act as common pathways that integrate
psychological processes such as group and status threat. However, caution is warranted with
this preliminary interpretation: Emotions are typically conceptualized as transient states which
fluctuate from moment to moment, and as also affecting behavior on those timescales.'® Our
analytic strategy is thus not well suited to establish the relative importance of emotions (as
typically conceptualized) compared against evaluative measures of SWB, and there is a need
for future research on the issue. Importantly, our results ought not be interpreted as speaking
to the short-term impact of mood states on electoral choice in the days preceding the election
(cf. Healy et al., 2010).

While evaluative, hedonic, and eudaemonic measures of SWB are all predictive of the
electoral outcome in 2016, evaluative measures are the most strongly related to both the level
of voting for and the electoral swing toward Donald Trump. This provides suggestive evidence
that electoral choice is based more strongly on overall cognitive assessments of welfare than
on more transient emotional states. However, it is worth noting that by using spatial averages
taken over a relatively long period of time, the analysis is not well suited to identifying the

immediate effects of emotions on voting.

5Emotional states aggregated over long time scales may also capture trait-level differences in the experience
of affect, such as the negative emotionality associated with neuroticism (see, e.g. Obschonka et al., 2018).
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We distinguished in our theoretical framework between anti-incumbent (Hypothesis 1)
and populist voting (Hypothesis 2). Our analysis of the 2012 election provides a clear test of
the prediction that happier voters will be more likely to vote to reelect incumbent politicians.
The 2016 Trump versus Clinton election suggests a similar finding; however, the issue is more
complex, given that the eventual winner was both nonincumbent and populist. Nevertheless,
our finding that unhappiness was associated with voting for Donald Trump and Bernie Sanders
in their respective primary contests provides direct support for Hypothesis 2. Even among the
challenger party, the least happy counties voted more strongly for the more populist candidate
(Trump), and even among the incumbent party, unhappier areas voted more strongly for the
more populist candidate (Sanders).!

The current findings do not contradict the literature that has established psychological
processes such as group and status threat as predictors of Trump voting or the literature that
has tied economic realities to political choice. On the contrary, this study integrates them
descriptively: We propose that SWB can be understood as a common psychological pathway
to electoral choice. While more specific social psychological and economic accounts may help
to explain why parts of the electorate were unhappy and experienced discontent, our findings
strongly suggest that these processes funnel into differences in SWB—which, in turn, are highly
predictive of voting for (or against) the status quo.

We find, at both the county and individual levels, that the slope of the relationship
between happiness and Republican voting was steeper in 2016 than in 2012. One interpretation
of this is that the two effects predicted in hypotheses 1 and 2 are additive. This provides support
for the idea that unhappiness activates those who would like to replace the incumbent as well as
those who would like to change the elements of the system identified by the populist narrative
as causing unhappiness.

The data we used are observational, and the findings are thus descriptive rather than
causal. Nevertheless, the results appear to be strongly robust to a wide variety of alternative

analytic choices and robustness checks. Importantly, they do not appear to be driven by either

161 our theoretical framework, we focused on the extent to which low levels of SWB contributed to votes
against the status quo, both in terms of the incumbent government as well as “politics-as-normal” in a more
general sense (populism). Whether low SWB voters are voting for change in a forward or a backward direction
is an open question, however, and should form the basis of interesting further research. It may be, for example,
that a vote against the political status quo in 2016 was in a sense a vote against even more change happening
(e.g., a woman becoming president or continuing the legacy of the first black president), as the refrain “make
America great again!” may suggest. Previous work has proposed that Trump voters may have seen the status
quo in 2016 as a continuation of the progressive social change under Barack Obama (Azevedo et al., 2017).
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(a) reverse causality or (b) unobserved heterogeneity. Relying solely on well-being reports prior
to Donald Trump entering the political sphere does not meaningfully change the observed pat-
terns, and the results replicate within counties in longitudinal analyses. Moreover, all of our
county-level results are evident at the individual level and, importantly, hold up when condi-
tioning on a lagged dependent variable (as well as a rich set of other observable characteristics
like income, age, gender, religion, and race). However, future research should look for natural
experiments or adopt longitudinal designs in which the SWB of a cohort of voters is measured
across time and across multiple elections, to establish that the relationships observed in this
study show the same causal patterns. The literature linking SWB to voting is new, and repli-
cations are needed in other contexts to demonstrate that the findings are not specific to the
(recent) U.S. electoral context.

While the literature on SWB and vote choice is relatively new, a more long-standing
literature has examined the relationship between SWB and political ideology and has generally
found that more conservative people report higher life satisfaction.!” Our study overlaps with
this work in its replication of the finding that differences in self-reported SWB between Re-
publicans and Democrats are not fully accounted for by demographic and economic covariates,
religiosity, or income inequality (Tables S9 and S4). We did not explicitly investigate the role
of candidate ideological causes of well-being differences. Rather, we principally focused on the
relationship between SWB and electoral choice, which holds within predominantly Republican
and Democratic counties alike. Most pointedly, in our individual-level analyses, we find that
low life satisfaction predicts Trump voting even when holding constant self-reported ideology
and previous voting behavior, thus reproducing our results even when comparing Republican-
to-Republican and Democrat-to-Democrat voters. Our findings are thus unlikely to be reducible
to differences in SWB between conservatives and liberals, and instead point to a larger pattern
between SWB and electoral choice.

Although we have focused our discussion on the thin-centered ideology of populism and
its principal components of antielitism and people-centrism, it is clear that Donald Trump’s
campaign was also defined by a closely related concept, namely nativism. Further research

may seek to disentangle the effect of SWB on each of these types of candidate (populist and

17Possible explanations range from differences in demographics and cultural values (including religiosity) to the
supposition that conservative system justification protects from the SWB-reducing effects of social and economic
inequalities (Napier and Jost, 2008). Others have pointed to the possibility that measured differences in SWB
are because conservatives merely self-enhance more in self-report (Wojcik et al., 2015).
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nativist). Research in social psychology has shown, for example, that negative emotions such
as fear and anger contribute to support for right-wing, authoritarian candidates (e.g., Jost,
2019; Vasilopoulos et al., 2019). In general, we find the effects of low SWB to have been
stronger in the primaries for Trump than for Sanders (whose populism did not incorporate
an anti-immigrant strand), which provides some initial suggestive evidence for an ideological
asymmetry whereby nativist right-wing populism draws in more unhappy people than left-wing,
nonnativist strands of populism. One potential reason for this is that unhappier people may
welcome simple explanations for their state of unhappiness, particularly ones that place blame
on (external) others (cf. Hameleers et al., 2017) such as immigrants and other minorities.'®
Governments around the world are beginning to set their sights “beyond GDP” and are
increasingly seeing SWB as a complementary measure of progress and a fundamental goal of
public policy (Graham et al., 2018; Krueger and Stone, 2014). Organizations like the OECD,
Furopean Union, and U.S. National Research Council have produced reports and guidelines on
the measurement of SWB, and a number of national statistics offices worldwide have begun to
systematically collect “happiness” data on a large scale (European Commission, 2009; National
Research Council, 2014; OECD, 2013). Increasingly, governments are using these data (a) as an
official measure of national performance, (b) to guide and inform public policymaking decisions,
and (c) as a key outcome measure in the evaluation of government programs (Durand, 2018).
The analyses presented in this paper suggest that this type of SWB data is of clear political
relevance and that using it to guide and evaluate public policy may pay an electoral dividend.
Our analyses also suggest that measuring SWB may be critical for our understanding of recent
changes to the political landscape, as populist politicians in particular appear to capitalize on

low levels of subjective well-being.

18 A potential further reason for the particularly strong relationship between low SWB and Republican voting in
2016 is that in addition to being anti-incumbent in terms of party affiliation and populist in policy stance, Donald
Trump was also new to politics as a politician. This potentially made him even more strongly antiestablishment
in the eyes of voters than a “regular” nonincumbent populist would have been. All of these issues are open to
further research because, in our data and setting, it is difficult to disentangle these effects, given that we have a
limited number of elections and candidates to study.
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Data

Gallup Daily Poll. The Gallup Daily poll surveys a random sample of US adults about
various political, economic, and well-being topics on a daily basis. Between 2008 and 2012,
we are able to observe the SWB of around 1,000 adults per day. At the beginning of 2013,
this changed to around 500 adults per day, yielding a total included sample of N = 2,070,841.
Around 60% of interviews are conducted via cellphone and 40% via landline. Location data
(zip codes) are collected, allowing us to aggregate to counties, core-based statistical areas and
commuting zones. For all of our Gallup-based variables (i.e. SWB and subjective economic
evaluations), we code them at the individual level and then take a county-level linear mean.
Question wordings are as follows.

Life Today. “Please imagine a ladder with steps numbered from zero at the bottom to
10 at the top. The top of the ladder represents the best possible life for you and the bottom of
the ladder represents the worst possible life for you. On which step of the ladder would you say
you personally feel you stand at this time?”

Life in 5 Years. “Please imagine a ladder with steps numbered from zero at the bottom
to 10 at the top. The top of the ladder represents the best possible life for you and the bottom
of the ladder represents the worst possible life for you. On which step do you think you will
stand about five years from now?”

Positive Affect. Mean response to three yes/no (1/0) questions:

e “Did you smile or laugh a lot yesterday?”

e “Did you experience the following feelings during a lot of the day yesterday? How about...
Happiness?”

e “. Enjoyment?”
Negative Affect. Mean response to three yes/no (1/0) questions:

e “Did you experience the following feelings during a lot of the day yesterday? How about...

Sadness?”
o “. . Worry?”
e “..Stress?”

Purpose.'® Mean of: On a 5-point scale, where 5 means strongly agree and 1 means
strongly disagree, please rate your level of agreement with the following items.

e “You like what you do every day.”

e “You learn or do something interesting every day.”

Electoral Data

Electoral data for studies 1(a)-(c) is drawn from the Dave Leip U.S. Presidential General County
Election Results. See https://dataverse.harvard.edu/dataset.xhtml?persistentId=doi:
10.7910/DVN/SUCQ52

19These questions are included only from 2013 onwards.


https://dataverse.harvard.edu/dataset.xhtml?persistentId=doi:10.7910/DVN/SUCQ52
https://dataverse.harvard.edu/dataset.xhtml?persistentId=doi:10.7910/DVN/SUCQ52

Subjective Economic Variables (Gallup Daily Poll)

Economy Today. “How would you rate economic conditions in this country today - - as
excellent, good, only fair, or poor?” Coded onto a 1-4 scale (4=excellent).

Economic Outlook. “Right now, do you think that economic conditions in this coun-
try, as a whole, are getting better or getting worse?” Coded onto a -1 to 1 scale (1=Dbetter).

Demographic Variables

% 654. Source: American Communities Survey, 5 Year Estimates (2011-2015).

% Married. Source: American Communities Survey, 5 Year Estimates (2011-2015).

% Female. Source: American Communities Survey, 5 Year Estimates (2011-2015).

% White. Source: American Communities Survey, 5 Year Estimates (2011-2015).

% Veteran. Source: American Communities Survey, 5 Year Estimates (2011-2015).

Population Density. Source: Census Gazetteer Files (2000).

Racial Animus. Index is drawn from estimates calculated using Google search data
by Stephens-Davidowitz (2014).

Religosity. % Religious. Source: Chetty and Hendren (2018).

Moral Values. Relative importance of universalist vs. communal moral values. Source:
Enke (2020).

Objective Economic Variables

Median Household Income. Annual, election year. Source: U.S. Census Bureau’s Small
Area Income and Poverty Estimate (SAIPE) program.

Unemployment Rate. Annual, election year. Source: Bureau of Labor Statistics
(BLS) .

Economic Growth. Mean of real wage growth and employment growth. The growth
figures refer to the percentage change in real wages per employee and number of jobs in the
county respectively from 2015Q3 to 2016Q3. Source: Quarterly Census of Employment and
Wages (QCEW).

Inequality. Gini coefficient. Source: Chetty and Hendren (2018).

Education. % Some college or more. Source: American Communities Survey, 5 Year
Estimates (2011-2015).

Variable Obs Mean Std. Dev. Min Max
Trump Vote Share 2016 3000 66.74 15.92 8.71 96.75
Trump Vote (- Rep. Avg. 00-12) 3000 7.2 7.03 -16.49  35.35
Trump Vote Share in Primaries 2766 45.89 15.95 0 91.28
Life Today 3000 7 .26 4.73 8.5
Life in 5 Years 3000 7.29 .36 5.3 9
Positive Affect 3000 .85 .03 .59 1
Negative Affect 3000 .27 .05 0 .52
Fudaemonia 2994  4.03 2 1 5
Median Income (In) 3000 10.76 .23 10.04 11.74
Unemployment Rate 3000  5.49 1.93 1.8 24
Economic Growth 3000 2.49 3.95 -35.94  59.09
Racial Animus 3000 61.34 17.71 25.68 154.51
% Religious 3000 .53 18 .02 1.31
Population Density (In) 3000 3.76 1.63 -1.31  11.11

Table S1: Descriptive Statistics



Individuals Mean Std. Dev. Min Max

Life Today 2,030,651 7.06 1.95 0 10

Life in 5 Years 1,942,443 7.53 2.31 0 10
Positive Affect 2,056,087  0.86 0.28 0 1
Negative Affect 2,070,841 0.27 0.35 0 1
Purpose 682,598 4.03 0.98 1 5

Table S2: Individual-Level SWB in the Gallup Daily Poll



1 2 3 4 ) 6 7 8 9 10 11 12 13 14

1 Trump Vote Share 2016 1.00

2 Trump Vote (- Rep. Avg. 00-12) 0.70 1.00

3 Trump Vote Share in Primaries -0.15 0.06 1.00

4 Life Today -0.28 -0.53 -0.22 1.00

5 Life in 5 Years -0.71 -0.v8 -0.09 0.58 1.00

6 Positive Affect 0.05 -0.28 -0.25 0.62 0.23 1.00

7 Negative Affect -0.20 -0.01 0.25 -0.42 0.01 -0.63 1.00

8 FEudaemonia -0.06 -0.30 -0.10 0.54 0.23 0.54 -0.39 1.00

9 Median Income (In) -0.34 -048 0.10 049 047 031 -0.08 0.24 1.00

10 Unemployment Rate 0.00 0.19 039 -0.38 -0.19 -0.38 0.26 -0.21 -0.50 1.00

11  Economic Growth -0.20 -0.26 0.07 0.10 0.19 0.10 -0.01 0.06 0.17 -0.08 1.00

12 Racism Index 0.15 033 0.11 -0.30 -0.21 -0.33 0.19 -0.30 -0.25 0.26 -0.13 1.00

13 % Religious 0.07 0.09 -0.16 0.06 -0.02 0.00 0.04 0.00 0.06 -0.18 -0.22 0.09 1.00
14 Population Density (In) -0.72 -0.56 0.03 0.17 065 -0.14 0.27 -0.10 041 -0.15 0.17 0.08 0.11 1.00

Table S3: Correlation Matrix
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Figure S1: Bivariate Scatterplots. Each county is weighted by the number of respondents in the Gallup Poll
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Figure S2: Spatial Distribution of Subjective Well-Being Across US Counties
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Trump Vote Share in 2016

A (Trump - Rep Avg. 2000-12)

1) 2) ®3) (4) (5) (6) (M) 8) 9) (10)
Life Evaluation: Today -2.16™* -1.40%*
(0.29) (0.17)
Life Evaluation: Future -1.63** -0.89***
(0.36) (0.22)
Positive Affect -1.79%* -0.89™*
(0.27) (0.17)
Negative Affect 1.50%* 0.69***
(0.32) (0.20)
Purpose -1.85%* -1.06***
(0.26) (0.16)
Median Income (In) 0.87** 0.75 0.71 0.82* 0.73* 0.52* 0.43 0.41 0.46 0.43
(0.43)  (0.46)  (0.44)  (0.44)  (0.44)  (0.28)  (0.29)  (0.28)  (0.28)  (0.28)
Unemployment Rate 0.70* 0.79* 0.64 0.65 0.72* 0.30 0.36 0.28 0.30 0.32
(0.41)  (0.44)  (0.42)  (0.41)  (0.41)  (0.27)  (0.29)  (0.28)  (0.28)  (0.28)
Economic Growth -0.51%*  -0.52**  -0.52**  -0.55"*  -0.50** -0.18 -0.18 -0.19 -0.20 -0.17
(0.25) (0.26) (0.25) (0.25) (0.25) (0.15) (0.16) (0.15) (0.15) (0.15)
Racial Animus 0.59***  0.60™*  0.58**  0.59™*  0.59***  0.45"*  0.46™*  0.45"*  0.46™*  0.46™*
(0.21)  (0.22)  (0.22)  (0.22)  (0.22)  (0.12)  (0.13)  (0.13)  (0.13)  (0.13)
% Religious 1.52%%* 142" 147 143" 145" 0.61%**  0.54%*  0.57*  0.55%*  0.56™*
(0.26) (0.27) (0.26) (0.26) (0.26) (0.16) (0.16) (0.16) (0.16) (0.16)
Population Density (In) -0.75* -0.14 -0.49 -0.46 -0.54  -1.35%  -0.97*%  -1.14% 111 -1.19%
(0.39) (0.38) (0.38) (0.39) (0.38) (0.25) (0.24) (0.25) (0.25) (0.24)
% Some College or More =538 BT 584 -6.10%F -5.96%F -3.69%F 307 4,050 418" 4.09***
(0.35)  (0.35)  (0.35)  (0.34)  (0.34)  (0.22)  (0.22)  (0.22)  (0.21)  (0.21)
Trade Exposure -0.33* -0.30* -0.26 -0.27 -0.28* -0.06 -0.03 -0.01 -0.02 -0.02
(0.17)  (0.17)  (0.18)  (0.18)  (0.17)  (0.09)  (0.09)  (0.10)  (0.10)  (0.09)
Universalist Moral Values (v Comm) -1.10** -1.13*** -1.12*** -1.15"* -1.09*** -0.67** -0.69"** -0.69*** -0.70*** -0.67***
(0.18)  (0.18)  (0.18)  (0.18)  (0.18)  (0.11)  (0.11)  (0.11)  (0.11)  (0.11)
Gini Coeflicient -0.14 -0.24 -0.26 -0.37 -0.18 -0.06 -0.13 -0.14 -0.20 -0.09
(0.24)  (0.24)  (0.23)  (0.23)  (0.24)  (0.14)  (0.15)  (0.14)  (0.14)  (0.15)
% 65+ 0.08 -0.54** -0.07 0.12 -0.01 0.19 -0.18 0.07 0.16 0.12
(0.25)  (0.26)  (0.25)  (0.26)  (0.25)  (0.15)  (0.15)  (0.15)  (0.16)  (0.15)
% Married 173 1.68™*  1.68%*  1.57%*  1.72"*  0.71***  0.68"*  0.68**  0.63**  0.70"**
(0.39)  (0.42)  (0.40)  (0.41)  (0.40)  (0.24)  (0.25)  (0.25)  (0.25)  (0.25)
% White 725 7200 746 T34 7429 4767 479 4,950 4917 490"
(0.38) (0.40) (0.38) (0.39) (0.38) (0.24) (0.25) (0.25) (0.25) (0.24)
% Female -0.18 -0.10 -0.19 -0.11 -0.17 -0.04 0.00 -0.04 -0.00 -0.03
(0.25) (0.25) (0.25) (0.25) (0.25) (0.15) (0.16) (0.15) (0.15) (0.15)
% Veterans 0.83**  0.95"*  0.89*  1.05™* 0.83** 0.70"™* 0.77"*  0.74**  0.81"* 0.71"*
(0.17)  (0.18)  (0.17)  (0.18)  (0.18)  (0.10)  (0.11)  (0.11)  (0.11)  (0.11)
Net Mig Flow: Internat 0.22 0.24 0.14 0.22 0.23 0.10 0.11 0.06 0.10 0.10
(0.17)  (0.18)  (0.17)  (0.18)  (0.17)  (0.11)  (0.12)  (0.11)  (0.12)  (0.11)
Net Mig Flow: Domestic 0.04 0.10 0.10 0.06 0.05 -0.03 -0.00 -0.01 -0.03 -0.03
(0.21)  (021)  (0.21)  (0.20)  (0.21)  (0.12)  (0.13)  (0.13)  (0.13)  (0.13)
Land Area (milesz) 0.05 0.15 0.12 0.10 0.10 -0.10* -0.04 -0.05 -0.06 -0.07
(0.10)  (0.09)  (0.10)  (0.10)  (0.09)  (0.06)  (0.06)  (0.06)  (0.06)  (0.06)
Latitude S2.54%FF 22,297 L2.23% 2,047 2427 -0.75" -0.57 -0.54 -0.45 -0.65
(0.69)  (0.71)  (0.70)  (0.70)  (0.70)  (0.40)  (0.41)  (0.40)  (0.40)  (0.40)
Longitude 1.60* 2.15%* 1.75% 1.91* 1.78* 0.78 1.12* 0.91 0.99 0.91
(0.95)  (0.96)  (0.95)  (0.97)  (0.94)  (0.66)  (0.67)  (0.67)  (0.68)  (0.65)
% Rural 0.10 0.34 0.09 0.16 0.28 0.04 0.20 0.07 0.10 0.16
(0.32)  (0.33)  (0.32)  (0.32)  (0.32)  (0.20)  (0.20)  (0.20)  (0.20)  (0.20)
Violent Crime 0.54™  0.61***  0.55"  0.63**  0.55**  0.32"*  0.36"™* 0.33** 037" 0.32**
(0.22)  (023)  (0.22)  (0.22)  (0.22)  (0.14)  (0.14)  (0.14)  (0.14)  (0.13)
Republican Vote Share in 2000 8.01%*  7.81™*  8AT™*  8.19™*  8.09™*  -2.82%F 2,94 276" -2.76"*  -2.79"
(0.29) (0.30) (0.29) (0.30) (0.29) (0.18) (0.19) (0.18) (0.18) (0.18)
Counties 2121 2121 2121 2121 2121 2121 2121 2121 2121 2121
R? 0.947 0.946 0.946 0.946 0.946 0.872 0.867 0.868 0.867 0.868

Notes: Robust standard errors in parentheses. State FEs included in all models. Within-state R?s reported.
Each county is weighted by the number of respondents in the Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S4: Robustness to The Inclusion of Additional Covariates



A (Trump - Rep Avg. 2000-12)

(1) (2) (3) (4) () (6) (7) (8) (9) (10)

Life Evaluation: Today -2.39*** -3.00%**
(0.25) (0.45)
Life Evaluation: Future -3.37%** -3.95"**
(0.27) (0.42)
Positive Affect -1.61*** -2.61%**
(0.23) (0.48)
Negative Affect 0.94*** 1.75%**
(0.28) (0.57)
Purpose -1.50*** -2.00%**
(0.22) (0.48)
Median Income (In) -0.31  -0.76** -0.74** -1.02*** -0.97*  -0.34  -0.86** -0.93** -1.35™* -1.34***
(0.28)  (0.24)  (0.28)  (0.27)  (0.27)  (0.42)  (0.37)  (0.41)  (0.40)  (0.39)
Unemployment Rate 1.22%*  1.44**  1.26"*  1.39"*  1.28"** 1.66** 2,47 1.34** 1.58** 1.42**
(0.39) (0.33) (0.40) (0.41) (0.40) (0.66) (0.57) (0.68) (0.72) (0.68)
Economic Growth -0.12 0.02 -0.13 -0.11 -0.12 0.28 0.42 0.26 0.23 0.22
(0.23)  (0.22)  (0.23)  (0.23)  (0.23)  (0.41)  (0.39)  (0.40)  (0.42)  (0.42)
Racial Animus 0.36 0.42* 0.45* 0.49* 0.43 1.34 0.53 1.57* 1.46 1.13
(0.23) (0.23) (0.26) (0.26) (0.27) (0.89) (0.82) (0.87) (0.90) (0.91)
% Religious 0.31 0.01 0.25 0.23 0.26 -0.13 -0.54 -0.30 -0.47 -0.31

(0.25)  (0.24)  (0.26)  (0.27)  (0.26)  (0.38)  (0.34)  (0.38)  (0.40)  (0.38)
Population Density (In) -4.42°% -3.08*" -4.84*** _4.02%** _4.90** _480"* -3.23"* _551** _560"* -5.53**
(0.31)  (0.33)  (0.30)  (0.32)  (0.32)  (0.38)  (0.44)  (0.33)  (0.32)  (0.37)

Observations 2942 2942 2942 2942 2935 1141 1141 1141 1141 1139
Commuting Zone FEs v v v v v

CBSA FEs v v v v v
R? 0.577 0.615 0.547 0.535 0.544 0.641 0.674 0.622 0.609 0.611

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S5: Alternative Spatial Fixed Effects



A (Trump - Rep Avg. 2000-12)
(1) (2) (3) (4) (5)

Life Evaluation: Today -1.78%**
(0.22)
Life Evaluation: Future -2.51%**
(0.29)
Positive Affect -1.46%**
(0.23)
Negative Affect 0.73%**
(0.22)
Purpose -1.25%**
(0.21)
Median Income (In) -0.43*  -0.56™*  -0.61*** -0.77** -0.71***
(0.18) (0.20) (0.18) (0.18) (0.18)
Unemployment Rate -0.18 0.08 -0.29 -0.19 -0.18
(0.26) (0.29) (0.26) (0.26) (0.26)
Economic Growth -0.42**  -0.41*  -0.41"  -0.43*"  -0.44**
(0.18) (0.17) (0.17) (0.18) (0.18)
Racial Animus 0.45***  0.43** 0.41** 0.40** 0.39**
(0.17) (0.17) (0.17) (0.17) (0.18)
% Religious 0.82***  0.58***  0.79***  0.76™*  0.83***
(0.18) (0.19) (0.18) (0.18) (0.18)
Population Density (In) -2.28%% 1,497 2257 2,137 -2.22%%F

(0.19)  (0.21)  (0.19)  (0.20)  (0.20)
Subj Evaluation: Econ Today -3.057 2,98 _3.44**  -3.65"*  -3.62%**

(0.28) (0.28) (0.27) (0.27) (0.27)
Subj Evaluation: Econ Outlook -1.07***  -0.50*  -1.21*** -1.21"** -1.06***

(0.28) (0.29) (0.27) (0.28) (0.28)
Counties 3000 3000 3000 3000 2994
R? 0.707 0.717 0.702 0.695 0.699

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the
Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S6: Inclusion of Subjective Economic Sentiment

10



11

A (Trump - Rep Avg. 2000-12)

Sample Restriction: (1) (2) (3) (4) (5) (6) (7) (8) 9) (10) (11) (12) (13) (14) (15)
Avg GOP Vote 2000-12  <40%  40%-60%  >60% <40%  40%-60%  >60% <40%  40%-60%  >60% <40%  40%-60%  >60% <40%  40%-60%  >60%
Life Evaluation: Today -3.20"*  -3.93"**  -1.63***

(0.71)  (0.38)  (0.24)
Life Evaluation: Future -4.61%  -5.69" 228"

(0.89) (0.32) (0.21)
Positive Affect S2.47FF 275 L1227
(0.91) (0.40) (0.20)
Negative Affect -0.10 1.36*** 0.94
(0.81) (0.48) (0.20)
Purpose -3.45%*F  3.25%  -0.97**
(0.83) (0.41) (0.19)

Median Income (In) 0.63 -0.37 -1.49**  -0.30 -0.02 -1.34%* 0.08 -0.98**  -1.747 -0.29 -1.24% 21,927 0.03 -0.91%  -1.91%*

(0.47) (0.36) (0.25) (0.37) (0.37) (0.23) (0.45) (0.40) (0.26) (0.43) (0.40) (0.26) (0.42) (0.39) (0.26)
Unemployment Rate 1.19* 0.40 0.65 1.46** 0.51 0.72* 1.29** 0.39 0.72 1.57** 0.67 0.74 1.34** 0.59 0.79*

(0.60) (0.56) (0.47) (0.56) (0.61) (0.40) (0.61) (0.66) (0.46) (0.64) (0.70) (0.47) (0.62) (0.64) (0.46)
Economic Growth 0.80 -0.65** -0.45** 1.75* -0.35 -0.53*** 1.11 -0.48 -0.54*** 1.36 -0.59* -0.49** 0.83 -0.52* -0.54***

(1.04) (0.32) (0.20) (1.02) (0.28) (0.19) (1.02) (0.31) (0.20) (1.06) (0.32) (0.20) (1.03) (0.31) (0.20)
Racial Animus 2.06*** 1.11%* 0.55™*  1.86"** 0.85** 0.51%*  2.36™** 1.26*** 0.50**  2.44*** 1.32%* 0.46™  2.31%** 1.19%* 0.49**

(0.72) (0.32) (0.19) (0.67) (0.29) (0.18) (0.77) (0.35) (0.19) (0.80) (0.35) (0.20) (0.76) (0.35) (0.20)
% Religious -1.12% 1.16%* -0.29 -1.22%* 0.51* -0.50"*  -1.10* 0.91%%* -0.30 -1.28% 0.89** -0.39*  -1.16** 1.00%** -0.39*

(0.62) (0.31) (0.20) (0.61) (0.29) (0.19) (0.64) (0.33) (0.20) (0.71) (0.35) (0.21) (0.58) (0.34) (0.20)
Population Density (In) -2.37***  -4.15"*  -4.19*** -0.47 S2.46%FF S3.34%F L2420 _4.29%FF 4217 _1.93% 430" -4.37FF -2.32%%F 457 4350

(0.47) (0.36) (0.34) (0.53) (0.30) (0.30) (0.42) (0.37) (0.35) (0.44) (0.39) (0.35) (0.43) (0.39) (0.35)
Counties 201 1269 1522 201 1269 1522 201 1269 1522 201 1269 1522 200 1267 1519
R? 0.543 0.584 0.647 0.600 0.656 0.663 0.489 0.538 0.634 0.462 0.517 0.629 0.531 0.546 0.629

Notes: Robust standard errors in parentheses. Fach county is weighted by the number of respondents in the Gallup Poll.

Table S7: Differences Across Swing and Safe Counties

*p < 0.10, **p < 0.05, ***p < 0.01.



A (Trump - Rep Avg. 2000-12)
(1) (2) (3) (4) (5)

Life Today -3.54***
(0.22)
Life in 5 Years -4.36%*
(0.23)
Positive Affect -2.47%
(0.24)
Negative Affect 1.54***
(0.26)
Purpose -2.03***
(0.21)
Median Income (In) -0.48**F  -0.74**  -0.95"*  -1.21"*  -1.15"*
(0.22)  (0.24)  (0.25)  (0.25)  (0.24)
Unemployment Rate 0.16 0.54 0.11 0.28 0.31
(0.36) (0.40) (0.40) (0.42) (0.40)
Economic Growth -0.57"*  -0.50***  -0.56™** -0.59"** -0.64***
(0.20) (0.19) (0.20) (0.20) (0.20)
Racial Animus 0.98***  0.81™*  1.08***  1.10™**  1.07***
0.19)  (0.19)  (0.21)  (0.21)  (0.22)
% Religious 0.84*** 0.35* 0.74**  0.68***  0.77***

(0.19)  (0.21)  (021)  (0.22)  (0.22)
Population Density (In) -4.02*** -2.17** -4.39"* -4.35™* -4.30***

(0.16)  (0.20)  (0.16)  (0.17)  (0.17)
Counties 3000 3000 3000 3000 2981
R? 0.632 0.662 0.591 0.574 0.581

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the
Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S8: Reverse Causation: SWB measures from < 2015 only
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A (Trump - Rep Avg. 2000-12)
(1) (2) (3) (4) (5)

Life Today -3.05%*
(0.21)
Life in 5 Years -2.88%**
(0.26)
Positive Affect -2.00%**
(0.22)
Negative Affect 2.27%%*
(0.23)
Purpose -1.64***
(0.20)
Median Income (In) -1.50%  -1.377*  -1.39"*  -1.49"* -1.41"*
(0.23)  (0.26)  (0.25)  (0.24)  (0.25)
Unemployment Rate 0.32 0.56 0.23 0.31 0.34
(0.38)  (0.44)  (0.41)  (0.40)  (0.41)
Economic Growth -0.55***  -0.53*** -0.59*** -0.58"** -0.61***
(0.21)  (0.20)  (0.20)  (0.20)  (0.21)
Racial Animus 0.98**  1.00"*  1.09***  1.02***  1.09***
(0.20)  (0.21)  (0.21)  (0.21)  (0.22)
% Religious 0.86***  0.57**  0.79***  0.65"**  0.76***

0.21)  (0.22)  (0.22)  (0.22)  (0.22)
Population Density (In) -4.19"** -3.62*** -4.36"* -4.26™* -4.24**

0.17)  (0.18)  (0.17)  (0.17)  (0.17)
Counties 3000 3000 3000 3000 2983
R? 0.610 0.599 0.581 0.587 0.575

Table S9: Reverse Causation: SWB measures residualized from individual-level observables
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Table S10: Individual-Level SWB Regressions

0 @) ® @ ®
Life Today Life in 5Y Pos Aff  Neg Aff  Purpose

Age 30-39 -0.334*** -0.448**  -0.056***  0.029***  -0.090***
(0.007) (0.008) (0.001) (0.001) (0.007)

Age 40-49 -0.516*** -0.840"*  -0.084***  0.040"**  -0.166"**
(0.006) (0.007) (0.001) (0.001) (0.007)

Age 50-59 -0.539*** -1.247%*  -0.096***  0.027**  -0.163***
(0.006) (0.007) (0.001) (0.001) (0.007)

Age 60+ -0.065*** -1.762**  -0.049"* -0.088***  0.029***
(0.006) (0.007) (0.001) (0.001) (0.006)

Married 0.277*** -0.006 0.039***  -0.005***  0.118***
(0.005) (0.006) (0.001) (0.001) (0.005)

Separated -0.374*** 0.046***  -0.038***  0.103***  -0.050***
(0.012) (0.014) (0.002) (0.002) (0.013)

Divorced -0.167*** -0.099***  -0.011**  0.039***  -0.033***
(0.006) (0.007) (0.001) (0.001) (0.007)

Widowed 0.139*** -0.319***  0.019***  -0.012***  0.079***
(0.006) (0.008) (0.001) (0.001) (0.008)

Domestic partner 0.062*** 0.042*** 0.021***  0.028***  0.076™**
(0.009) (0.010) (0.001) (0.002) (0.009)

High school degree or diploma ~ 0.063*** 0.265*** 0.036***  -0.044*** -0.076***
(0.007) (0.009) (0.001) (0.001) (0.008)

Technical /Vocational school -0.044*** 0.302***  0.035"*  -0.025"** -0.085"**
(0.008) (0.010) (0.001) (0.002) (0.010)

Some college 0.024*** 0.427** 0.041**  -0.023*** -0.082***
(0.007) (0.009) (0.001) (0.001) (0.008)

College graduate 0.222*** 0.543*** 0.045***  -0.031*** -0.044***
(0.007) (0.009) (0.001) (0.001) (0.008)

Post graduate work or degree 0.399*** 0.682*** 0.047***  -0.025"**  0.080***
(0.007) (0.009) (0.001) (0.001) (0.009)

Male -0.311*** -0.305***  -0.016™* -0.043*** -0.033***
(0.003) (0.004) (0.000) (0.001) (0.003)

$720 to $5,999 0.482*** 0.056** 0.033***  -0.043***  0.212***
(0.020) (0.024) (0.003) (0.004) (0.022)

$6,000 to $11,999 0.327*** -0.286***  0.008***  -0.021***  0.094***
(0.015) (0.018) (0.002) (0.003) (0.018)

$12,000 to $23,999 0.490*** -0.139***  0.054***  -0.084***  0.210***
(0.014) (0.017) (0.002) (0.002) (0.017)

$24,000 to $35,999 0.765*** 0.098***  0.088***  -0.132***  0.326™**
(0.014) (0.017) (0.002) (0.002) (0.017)

$36,000 to $47,999 0.967*** 0.274**  0.106™*  -0.157**  0.376***
(0.014) (0.017) (0.002) (0.002) (0.017)

$48,000 to $59,999 1.126%** 0.393*** 0.114**  -0.172***  0.437***
(0.014) (0.017) (0.002) (0.003) (0.017)

$60,000 to $89,999 1.290*** 0.543**  0.123**  -0.184***  0.475***
(0.014) (0.017) (0.002) (0.002) (0.016)

$90,000 to $119,999 1.449*** 0.662***  0.128**  -0.190***  0.508***
(0.014) (0.017) (0.002) (0.003) (0.017)

$120,000 and over 1.618*** 0.775***  0.133***  -0.186™*  0.584***
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(0.014) (0.017) (0.002) (0.002) (0.017)
Party: Lean Republican -0.183*** -0.222***  -0.017***  0.021*"*  -0.084***
(0.005) (0.006) (0.001) (0.001) (0.009)
Independent, no lean -0.199*** -0.080***  -0.035***  0.016™* -0.072***
(0.006) (0.007) (0.001) (0.001) (0.009)
Lean Democrat -0.060*** 0.200***  -0.019"*  0.022"**  -0.088***
(0.005) (0.006) (0.001) (0.001) (0.009)
Democrat 0.041*** 0.349***  -0.012***  0.010*** -0.055***
(0.004) (0.005) (0.001) (0.001) (0.007)
Party Refused -0.038*** 0.063***  -0.017*** 0.010*** -0.080***
(0.005) (0.006) (0.001) (0.001) (0.005)
Month: FEB -0.008 -0.036*** -0.000 0.007***  0.023***
(0.007) (0.009) (0.001) (0.001) (0.008)
MAR 0.003 -0.085*** 0.001 0.008***  0.022***
(0.007) (0.009) (0.001) (0.001) (0.008)
APR 0.003 -0.055***  0.005***  0.003**  0.020"**
(0.007) (0.009) (0.001) (0.001) (0.008)
MAY 0.016** -0.031***  0.006*** -0.002 0.011
(0.007) (0.009) (0.001) (0.001) (0.008)
JUN -0.005 -0.051***  0.005*** -0.002 -0.019**
(0.007) (0.009) (0.001) (0.001) (0.008)
JUL -0.026*** -0.091***  0.005*** -0.002 -0.019**
(0.007) (0.009) (0.001) (0.001) (0.008)
AUG -0.027*** -0.080***  0.003***  0.007*** -0.021***
(0.007) (0.008) (0.001) (0.001) (0.008)
SEP -0.039*** -0.049***  0.003***  0.008*** 0.012
(0.007) (0.009) (0.001) (0.001) (0.008)
OCT -0.038*** -0.084*** 0.002* 0.007*** 0.008
(0.007) (0.009) (0.001) (0.001) (0.008)
NOV -0.016** -0.110***  0.007***  0.003** -0.004
(0.007) (0.009) (0.001) (0.001) (0.009)
DEC -0.005 -0.099***  0.005***  0.012*** -0.027***
(0.008) (0.009) (0.001) (0.001) (0.010)
Observations 1678405 1600917 1705842 1718467 329811
R? 0.085 0.117 0.035 0.059 0.043

Notes: Robust standard errors in parentheses. Source:

*p < 0.10, **p < 0.05, ***p < 0.01.
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A (Trump - Romney) A (Trump - McCain)
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)

Life Evaluation: Today  -2.44*** -2.56***
(0.15) (0.17)
Life Evaluation: Future -2.32%** -3.24%**
(0.17) (0.18)
Positive Affect -1.44%** -1.46***
(0.17) (0.18)
Negative Affect 0.40** 0.59***
(0.17) (0.21)
Purpose -1.64*** -1.78%**
(0.16) (0.18)
Median Income (In) -0.98%**  -1.28"** -1.39"** -1.60*** -1.46™** -0.46*** -0.65"** -0.90*** -1.10*** -0.96***
(0.16) (0.18) (0.18) (0.19) (0.17) (0.17) (0.18) (0.20) (0.20) (0.18)
Unemployment Rate 0.17 0.42 0.17 0.33 0.27 -0.15 0.13 -0.14 -0.00 -0.05
(0.26) (0.31) (0.30) (0.32) (0.29) (0.27) (0.31) (0.31) (0.32) (0.30)
Economic Growth 0.04 0.06 0.01 -0.02 -0.02 -0.20 -0.16 -0.24 -0.27 -0.26
(0.14) (0.13) (0.14) (0.14) (0.14) (0.16) (0.15) (0.16) (0.17) (0.16)
Racial Animus 0.43***  0.37**  0.51™*  0.55*"*  0.47** 0.66**  0.53**  0.74™* 0.77"**  0.69***
(0.14) (0.14) (0.15) (0.15) (0.15) (0.16) (0.15) (0.17) (0.18) (0.17)
% Religious 0.15 -0.13 0.09 0.06 0.13 0.22 -0.15 0.15 0.11 0.19

(0.15)  (0.16)  (0.16)  (0.17)  (0.16)  (0.17)  (0.18)  (0.19)  (0.19)  (0.19)

Population Density (In) -2.78*% -1.74** -3.00*™* -2.91** -2.99** _3.81** -233** _404** -398** -4.04**
(0.11)  (0.16)  (0.11)  (0.12)  (0.11)  (0.14)  (0.17)  (0.14)  (0.15)  (0.15)

Counties 3000 3000 3000 3000 2994 3000 3000 3000 3000 2994
R2 0.665  0.659  0.621  0.606  0.624  0.657 0.687  0.620  0.609  0.624

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S11: Alternative Trump Swing Definitions I



L1

A (Trump - GOP Avg. 2008-12) A (Trump - GOP Avg. 2004-12)
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)

Life Evaluation: Today -2.50*** -2.96***
(0.15) (0.18)
Life Evaluation: Future -2.78%** -3.66%**
(0.17) (0.19)
Positive Affect -1.45%** -2.08***
(0.17) (0.20)
Negative Affect 0.50*** 1.08***
(0.18) (0.22)
Purpose -1 -2.12%**
(0.17) (0.20)
Median Income (In) -0.72%%  -0.96***  -1.14*  -1.35"* -1.21™* -0.53"** -0.76*** -0.96*** -1.22*** _-1.10"**
(0.16)  (0.18)  (0.19)  (0.19)  (0.18)  (0.19)  (0.20)  (0.21)  (0.21)  (0.20)
Unemployment Rate 0.01 0.27 0.02 0.16 0.11 0.01 0.33 -0.03 0.15 0.12
(0.26) (0.31) (0.30) (0.32) (0.30) (0.30) (0.35) (0.34) (0.36) (0.34)
Economic Growth -0.08 -0.05 -0.12 -0.14 -0.14 -0.34**  -0.29*  -0.37"*  -0.41"" -0.41**
(0.14)  (0.14)  (0.15)  (0.15)  (0.15)  (0.17)  (0.16)  (0.17)  (0.18)  (0.18)
Racial Animus 0.54**  0.45***  0.63™*  0.66™* 0.58*  0.82***  0.67***  0.90*** 0.92*** (0.85***
(0.14)  (0.14)  (0.16)  (0.16)  (0.16)  (0.17)  (0.17)  (0.18)  (0.19)  (0.19)
% Religious 0.19 -0.14 0.12 0.09 0.16 0.46*** 0.04 0.39** 0.33* 0.43**

(0.15)  (0.17)  (0.17)  (0.17)  (0.17)  (0.17)  (0.18)  (0.18)  (0.19)  (0.19)
Population Density (In) -3.20%* -2.03** -3.52%% 345"+ 351"+ 370" 203" 401" -3.96** -3.97*

(0.12)  (0.16)  (0.12)  (0.13)  (0.12)  (0.14)  (0.18)  (0.14)  (0.15)  (0.14)
Counties 3000 3000 3000 3000 2994 3000 3000 3000 3000 2994
R2 0674 0687  0.633 0619 0637  0.658  0.690  0.620  0.602  0.618

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S12: Alternative Trump Swing Definitions 11
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Trump Vote Share in 2016 Primaries

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Life Evaluation: Today -4.23"** -3.13**
(0.40) (0.42)
Life Evaluation: Future -3.62%** -3.18%**
(0.38) (0.50)
Positive Affect -3.06%** -1.69***
(0.44) (0.36)
Negative Affect 1.90%** 0.32
(0.48) (0.60)
Purpose -2.50%* -2.39%*
(0.37) (0.41)
Median Income (In) 0.43 -0.17 -0.19 -0.53 -0.45 0.44 -0.32 -0.23 -0.62 -0.36
(0.44) (0.47) (0.47) (0.47) (0.45) (0.43) (0.44) (0.46) (0.47) (0.43)
Unemployment Rate 2474 2.88%* 238 2,62  2.64™* 378 4.04™*  3.85**  3.99***  3.80***
(0.63) (0.71) (0.68) (0.70) (0.68) (0.75) (0.71) (0.76) (0.76) (0.74)
Economic Growth 0.49 0.51 0.45 0.39 0.37 0.97**  1.11™*  0.97* 0.99** 0.95**
(0.31) (0.33) (0.33) (0.33) (0.32) (0.38) (0.38) (0.40) (0.40) (0.40)
Racial Animus 0.53 0.48 0.65* 0.69* 0.62* 1.35%*%  1.46™*  1.48**  1.54™*  1.42"**
(0.35) (0.35) (0.37) (0.37) (0.37) (0.46) (0.47) (0.48) (0.48) (0.47)
% Religious 0.31 -0.16 0.23 0.12 0.26 -0.33 -0.62 -0.40 -0.42 -0.38
(0.43) (0.42) (0.44) (0.45) (0.44) (0.59) (0.56) (0.60) (0.60) (0.60)
Population Density (In) -1.98*** -0.32 -2.43%F* 22,427 2. 32%F 3510 2.38%F 4,06 -4.08"**  -4.16%**
(0.34) (0.43) (0.34) (0.35) (0.36) (0.52) (0.69) (0.55) (0.54) (0.55)
Observations 2766 2766 2766 2766 2761 2702 2702 2702 2702 2697
State FEs v v v v v
Commuting Zone FEs v v v v v
R? 0.353 0.330 0.305 0.284 0.290 0.341 0.339 0.311 0.302 0.320

Table S13: Trump Voting in the 2016 GOP Primaries

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the Gallup Poll.

*p < 0.10, **p < 0.05, ***p < 0.01.
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Sanders Vote Share in 2016 Primaries

(1) (2) 3) (4) () (6) (7) (8) 9) (10)

Life Evaluation: Today  -0.74** -1.12%*
(0.32) (0.34)
Life Evaluation: Future -1.95%** -1.43***
(0.38) (0.38)
Positive Affect 0.85** 0.12
(0.35) (0.32)
Negative Affect 2.09*** 1.86***
(0.40) (0.37)
Purpose 0.15 0.15
(0.36) (0.37)
Median Income (In) -0.07 0.05 -0.42 -0.05 -0.29 1.31%*  1.08** 0.87** 1.18*  (.88**
(0.38) (0.38) (0.38) (0.38) (0.37) (0.45) (0.43) (0.44) (0.43) (0.44)
Unemployment Rate -3.57F 345 341 3,68 _3.51%FF _2.34% _2.24% _2.26™F  -2.31"**  -2.26™**
(0.54) (0.51) (0.51) (0.55) (0.52) (0.57) (0.56) (0.57) (0.57) (0.57)
Economic Growth 0.70** 0.76** 0.65* 0.74** 0.68** 0.15 0.21 0.15 0.15 0.15
(0.34) (0.33) (0.34) (0.34) (0.34) (0.30) (0.30) (0.31) (0.30) (0.31)
Racial Animus 0.43 0.30 0.51* 0.37 0.49* -0.01 0.01 0.07 0.01 0.08
(0.27) (0.27) (0.27) (0.27) (0.27) (0.40) (0.40) (0.40) (0.40) (0.40)
% Religious -1.31%%* -1.50***  -1.37*  -1.39"**  -1.35"** -1.02*** -1.17*** -1.08"* -1.10"** -1.08***

(0.37)  (0.38)  (0.37)  (0.37)  (0.37)  (0.39)  (0.39)  (0.40)  (0.38)  (0.40)
Population Density (In) -3.15%%* -2.22%** _3.08"* -3.48"* _3.15%* _1.55** _1.00** -1.74** -1.91** -1.74**
(0.25)  (0.30)  (0.25)  (0.26)  (0.26)  (0.34)  (0.39)  (0.34)  (0.33)  (0.34)

Observations 2682 2682 2682 2682 2677 2623 2623 2623 2623 2618
State FEs v v v v v

Commuting Zone FEs v v v v v
R? 0.221 0.236 0.221 0.237 0.219 0.142 0.146 0.134 0.152 0.134

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S14: Sanders Voting in the 2016 Democratic Primaries
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A (Trump - Rep Avg. 2000-12)

(1) (2) (3) (4)

Life Evaluation: Today -1.22%% 1.7 1.7 -1.06%F

(0.20)  (0.19)  (0.20)  (0.17)
% White 3.93**  3.88***  3.88*** 3.7

(0.19) (0.19) (0.19) (0.19)
Median Income (In) -0.10 -0.11 -0.07 -0.01

(0.18)  (0.19)  (0.18)  (0.18)
% Some College or More -3.85%**  _3.86***F  -3.84*** 3.7

(0.20)  (0.20)  (0.20)  (0.21)
Population Density (In) -0.63**  -0.63*** -0.64"* -0.63***

(0.19) (0.19) (0.19) (0.19)
Life Today * White -0.34**

(0.16)
Life Today * Income 0.07

(0.10)
Life Today * Education -0.01
(0.11)
Life Today * Population Density -0.31*
(0.18)

Counties 3000 3000 3000 3000
R? 0.785 0.784 0.784 0.785

Notes: Robust standard errors in parentheses. Fach county is weighted by the number of respondents in the

Gallup Poll. All independent variables are z-scored in order to have a mean of 0 and SD of 1.

**p < 0.05, "**p < 0.01.

Table S15: Differences Across Counties of Different Demographic Make-Ups
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SWB = Life Today SWB = Life in 5 Years SWB = Pos Affect SWB = Neg Affect SWB = Purpose

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
SWB -3.59%  _3.58FF 441 -4.34*** -2.65**  -2.65™*  1.50*** 1.21%* -2.61%%  _2.62%**

(0.22) (0.22) (0.22) (0.21) (0.24) (0.25) (0.26) (0.25) (0.24) (0.24)

SWB? -0.16 -0.11 0.01 0.60*** -0.03
(0.15) (0.13) (0.10) (0.12) (0.12)

Further Controls Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Counties 3000 3000 3000 3000 3000 3000 3000 3000 2994 2994
R2 0.636 0.637 0.672 0.672 0.595 0.595 0.574 0.579 0.591 0.591

Notes: Robust standard errors in parentheses. Fach county is weighted by the number of respondents in the Gallup Poll. Outcome variable in all models is the Republican
vote share in 2016, over party baselines as in columns 6 to 10 of Table 1. Further controls are those included in Table 1. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S16: Testing for Non-Linear Relationships
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Figure S4: Coefficients from Unweighted Regressions

Notes: Solid black lines and their corresponding dashed lines represent the coefficient and 95% Cls from unweighted
regressions of A Vote Share (Trump - Rep Avg.) on the SWB measure in different restricted samples, varying
the threshold for inclusion at differing numbers of respondents in the county. All of these unweighted regressions
include state FEs, demographic, and geographic covariates as in the main manuscript. The grey horizontal line
on each chart represents the coefficient from the equivalent regression on the full sample of counties, weighted by
the number of respondents in each county (as in the main tables).
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B Supplementary Materials for Study 1(b)

Data

Variable definitions and associated coding are the same as in the 2016 analysis. Relevant data
source differences are the following:

e County-level SWB measures are calculated from responses to the Gallup poll between
Obama’s inauguration and the 2012 presidential election.

e Demographic variables from the ACS are drawn from the 2012 5-year estimates.

e Unemployment rate and household income refer to 2012 annual data, from the same
sources as above.

e Economic growth is coded the same as above, but from 2011Q3 to 2012Q3.

e For racial animus and religiosity we do not have time-varying measures, and are thus
drawn from the same source as the 2016 analysis.

Variable Obs Mean Std. Dev. Min Max
Romney Vote Share 2976 60.89 14.85 8.12 96.53
Romney Vote Share (-GOP Avg. 1996-2008) 2976  3.92 6.09 -16.86  38.96
Life Today 2976  6.99 .3 4.71 8.75
Life in 5 Years 2976  7.28 42 4.5 10
Positive Affect 2976 .86 .04 5 1
Negative Affect 2976 .27 .05 0 .67
Median Income (In) 2976 10.68 .23 10 11.69
Unemployment Rate 2976  7.85 2.76 1.1 274
Economic Growth 2976 .18 3.44 -22.75  34.68
Racism Index 2976 61.35 17.75 25.68 154.51
Religosity 2976 .53 18 .02 1.31
Population Density (In) 2976  3.75 1.62 -1.31 11.11

Table S17: Descriptive Statistics
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1 2 3 4 ) 6 7 8 9 10 11 12
1 Romney Vote Share 1.00
2 Romney Vote Share (-GOP Avg) 0.66 1.00
3 Life Today -0.13  -0.27 1.00
4 Life in 5 Years -0.54 -0.58 0.56 1.00
5 Positive Affect 0.18 -0.13 0.53 0.19 1.00
6 Negative Affect -0.14 0.10 -0.42 -0.02 -0.59 1.00
7 Median Income (In) -0.19 -0.29 039 040 0.21 -0.08 1.00
8 Unemployment Rate -0.18 -0.08 -0.39 -0.11 -0.35 0.31 -0.38 1.00
9 Economic Growth -0.00 -0.12 0.18 0.17 0.16 -0.07r 0.21 -0.20 1.00
10 Racism Index 0.0 022 -0.25 -0.20 -0.29 0.18 -0.23 0.21 -0.21 1.00
11  Religosity 0.09 0.24 0.10 -0.02 0.03 0.00 0.08 -0.27 -0.00 0.09 1.00
12 Population Density (In) -0.63 -0.45 0.15 061 -0.16 0.22 041 -0.03 0.06 0.08 0.12 1.00

Table S18: Correlation Matrix: County-Level 2012



Romney Vote Share in 2012 A (Romney - Rep Avg. 1996-2008)
(1) (2) 3) (4) () (6) (7) (8)

Life Evaluation: Today -1.77*** -1.19***
(0.59) (0.21)
Life Evaluation: Future -4.68*** -1.05%**
(0.59) (0.22)
Positive Affect 1.16** -1.68***
(0.52) (0.21)
Negative Affect -1.76*** 1.86***
(0.49) (0.23)
Median Income (In) -2.66™*  -2.57**  -2.85%F  -2.84**  1.08"*  1.03***  1.00"*  0.98"**
(0.74) (0.71) (0.73) (0.73) (0.32) (0.33) (0.31) (0.30)
Unemployment Rate -1.39*  -1.24* -1.22* -1.09* -0.23 -0.15 -0.26 -0.37**
(0.66) (0.64) (0.64) (0.63) (0.19) (0.20) (0.19) (0.18)
Economic Growth -0.26 -0.09 -0.29 -0.28 -0.39** -0.36* -0.38**  -0.40**
(0.43)  (0.42)  (0.43)  (0.42)  (0.19)  (0.19)  (0.18)  (0.19)
Racial Animus 0.95** 0.81* 1.03** 1.05**  0.75%*  0.74™*  0.74**  0.73"**
(0.45) (0.43) (0.45) (0.45) (0.16) (0.17) (0.16) (0.15)
% Religious 0.88"* 0.76* 0.74* 0.79*  0.59™*  0.52***  (0.59"* (.52
(0.44)  (0.43)  (0.44)  (0.44)  (0.15)  (0.15)  (0.14)  (0.14)
Population Density (In) -1.72*** -1.28*** -1.36™* -1.27** -0.37* -0.15 -0.33 -0.39*
(0.51)  (0.46)  (0.49)  (0.49)  (0.22)  (0.21)  (0.21)  (0.21)
% Female -1.49**  -1.35%*  -1.51**  -1.51"* -0.41"* -0.39** -0.44** -0.44***
(0.38) (0.37) (0.38) (0.38) (0.15) (0.15) (0.15) (0.15)
% Married 7.49%*  7.36™ 751 7517 -0.05 -0.05 0.03 0.03
(0.65)  (0.63)  (0.64)  (0.64)  (0.25)  (0.26)  (0.24)  (0.24)
% 65+ 157 257 S1.69%FF -1.92% 1.33**  1.06"**  1.30"**  1.53***
(0.47)  (0.42)  (0.46)  (0.47)  (0.17)  (0.17)  (0.17)  (0.17)
% Some College + -0.45 -0.01 -1.10% 112 -1.74rr S1.84F J1LTT -1.83%
(0.52) (0.50) (0.51) (0.50) (0.19) (0.19) (0.18) (0.18)
% White 6.05***  5.22**  6.22"*  6.49**  1.79**  1.67** 1.917*  1.62***
(0.55)  (0.59)  (0.53)  (0.52)  (0.20)  (0.21)  (0.20)  (0.19)
Inequality 0.03 0.12 -0.05 0.05 0.09 0.08 0.05 -0.07
(0.35) (0.33) (0.38) (0.38) (0.25) (0.26) (0.24) (0.23)
Land Area (miles?) 0.15 0.25 0.17 0.18  -0.20* -0.17 -0.16"* -0.17**
(0.26) (0.25) (0.25) (0.25) (0.07) (0.07) (0.07) (0.06)
Latitude -0.72 -0.90 -0.34 -0.38 0.05 0.15 0.19 0.25
(155)  (1.51)  (1.60)  (1.60)  (0.46)  (0.47)  (0.46)  (0.47)
Longitude 4.84* 4.97* 5.30* 5.38* 1.78** 1.95% 1.80** 1.77%
(2.72) (2.60) (2.79) (2.75) (0.76) (0.76) (0.76) (0.79)
Counties 2976 2976 2976 2976 2976 2976 2976 2976
R? 0.731 0.742 0.730 0.731 0.545 0.542 0.553 0.560

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the
Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S19: Robustness to Extensive Set of Covariates
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A (Romney - Rep Avg. 1996-2008)
(1) (2) (3) (4)

Life Evaluation: Today -0.98***
(0.22)
Life Evaluation: Future -2.23%**
(0.22)
Positive Affect -1.42%**
(0.23)
Negative Affect 1.46***
(0.27)
Median Income (In) 0.26* 0.34* 0.27* 0.19
(0.15) (0.15) (0.14) (0.14)
Unemployment Rate -0.49**  -0.28%  -0.53"** -0.53***
(0.18) (0.17) (0.18) (0.18)
Economic Growth -0.25 -0.19 -0.24 -0.24
(0.20) (0.20) (0.20) (0.20)
Racial Animus 0.56™*  0.55"*  0.55™*  0.54***
(0.16) (0.16) (0.16) (0.15)
% Religious 1.24%* 1,04 1.23%**  1.18%**
(0.15)  (0.15)  (0.15)  (0.14)
Population Density (In) -1.29%  -0.77* -1.377 -1.40%*
(0.15)  (0.16)  (0.14)  (0.15)
Subj Evaluation: Econ Today -2.09*** 173 211 2,02

(0.27) (0.25) (0.25) (0.25)
Subj Evaluation: Econ Getting Better -1.76*** -1.29*** -1.91*** -1.96"**

(0.22) (0.22) (0.21) (0.21)
Counties 2974 2974 2974 2974
R? 0.456 0.483 0.462 0.465

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the
Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S20: Robustness to Inclusion of Subjective Economics Evaluations
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A (Romney - Rep Avg. 1996-2008)

(1) (2) (3) (4) (5) (6) (7) (8)
Life Evaluation: Today -1.13*** -1.35%**
(0.24) (0.42)
Life Evaluation: Future -2.30%** -2.64%**
(0.24) (0.39)
Positive Affect -1.04%** -2.18%**
(0.23) (0.53)
Negative Affect 1.07** 2.09***
(0.27) (0.64)
Median Income (In) 0.51** 0.41** 0.48** 0.39* 0.34 0.22 0.45 0.23
(0.21)  (0.20) (0.22)  (0.21)  (0.35)  (0.34)  (0.37)  (0.35)
Unemployment Rate 0.03 0.09 0.12 0.13 0.05 0.30 0.08 0.09
(0.30) (0.27) (0.30) (0.30) (0.57) (0.51) (0.55) (0.57)
Economic Growth -0.02 0.02 -0.05 -0.07 0.25 0.34 0.18 0.22
(0.21) (0200 (0.21)  (0.21)  (0.41)  (0.39)  (0.40)  (0.42)
Racial Animus 0.13 0.15 0.15 0.15 -0.36 -0.57 -0.29 0.02
(0.23) (0.22) (0.23) (0.23) (0.88) (0.78) (0.76) (0.88)
% Religious 0.63***  0.43**  0.60***  0.58*** 0.55* 0.34 0.55* 0.40
(0.21) (0200 (0.21)  (0.21)  (0.32)  (0.29)  (0.32)  (0.33)
Population Density (In) -2.76*** -2.02*** -2.90*** -2.94™* -2.94** _2.09"* -3.16"** -3.20***
(0.24) (0.24) (0.23) (0.23) (0.37) (0.40) (0.35) (0.33)
Observations 2919 2919 2919 2919 1125 1125 1125 1125
Commuting Zone FEs v v v v
CBSA FEs v v v v
R? 0.365 0.414 0.360 0.361 0.413 0.455 0.424 0.425

Table S21: Robustness to Alternative Spatial Fixed Effects

Notes: Robust standard errors in parentheses. Fach county is weighted by the number of respondents in the Gallup Poll.

*p < 0.10, **p < 0.05, ***p < 0.01.



C Supplementary Materials for Study 1(c)

Panel Analysis: SWB variable definitions and associated coding are the same as in the 2016
and 2016 analyses. The change in each from Barack Obama’s first to second period in office are
considered. Changes in the state-level economy are measured by changes in state unemployment
rates (drawn from the Bureau of Labor Statistics) and changes in state personal income per
capita (drawn from the Bureau of Economic Analysis).

Pooled Cross-Section Analysis: Variable definitions and associated coding are the
same as in the 2016 and 2016 analyses.
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Figure S5: Within-County Autocorrelation of SWB

Notes: The Gallup Daily Poll sample is split into President Obama’s first and second terms in office. The
correlation between each SWB measure in term I and term II is reported, using different subsamples of the data
depending upon how many respondents are in each county in the survey. Purpose questions were only asked in
the second term of Obama’s Presidency and are thus not included in this exercise.

Note: In the panel analyses, which split the SWB into two periods, the problem of
smaller counties having very low response rates in the Gallup Daily Poll becomes more acute.
Furthermore, longitudinal models are typically more susceptible to attenuation bias resulting
from measurement error.2’ Accordingly, we restrict the sample in these analyses to include only
the 1728 counties that have at least 100 respondents during the first period. For robustness, in
Figure S6 we test differing sample size thresholds, and find results that are consistent with our
main findings.

29Measurement error typically changes from period to period, making it more likely that any observed changes
are a result of noise.
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Figure S6: Varying the Sample Size Threshold

Notes: Solid black lines and their corresponding dashed lines represent the coefficient and 95% Cls from regressions
of A Republican Vote Share (2016-2012) on the z-scored A county-mean SWB measure in different restricted
samples, varying the threshold for inclusion at differing numbers of Gallup Daily Poll respondents in the county
in the first period. In the main analysis we set this threshold to be 150. All regressions are estimated via WLS,
with each county weighted by the mean number of respondents in each county over the two periods.

30



Republican Vote Share

(1) (2) 3) (4)

Year (2016 = 1) -0.70 0.01 -0.26 1.99***
(0.76) (0.69) (0.71) (0.63)
Life Today -5.37FF -4.04%**
(0.39) (0.60)
Life in 5 Years S9.74% J7.82%*F
(0.48) (0.58)
Life Today * 2016 -2.74%*
(0.86)
Life in 5 Years * 2016 -4.20%*

(0.67)
log Household Income 19.23***  19.59*** 19.12*** 19.23***

(1.55)  (1.55)  (1.44)  (1.39)

Unemployment Rate -0.34* -0.26 -0.20 -0.20
(0.20) (0.20) (0.19) (0.18)
Economic Growth -0.15 -0.15 -0.09 -0.08
(0.10) (0.10) (0.09) (0.09)
Racism Index 0.09***  0.10***  0.07***  0.07***
(0.02) (0.02) (0.02) (0.02)
Religosity 11.16***  11.09***  6.92*** 7.22%*
(2.20) (2.19) (2.08) (2.03)
Population Density S7.01%%% -7.03%F -4.90%*F  -4.99***
(0.18) (0.18) (0.22) (0.21)
Counties 5947 5947 5947 5947
R? 0.539 0.542 0.599 0.608

Notes: Robust standard errors in parentheses. Each county is weighted by the number of respondents in the
Gallup Poll. *p < 0.10, **p < 0.05, ***p < 0.01.

Table S22: County-Level 2012 & 2016 Pooled Analysis
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A Republican Vote Share (2016-2012)
(1) 2) 3) 4) () (6) (7) ®)

A Life Today -1.36** -1.15%
(0.49) (0.46)
A Life in 5 Years -0.83* -0.82%
(0.50) (0.47)
A Positive Affect -1.15** -1.24**
(0.44) (0.42)
A Negative Affect -0.86™* -0.66
(0.41) (0.42)
A log Income -1.91%*  -1.94***  -1.96*** -1.93***
(0.58) (0.58) (0.58) (0.57)
A Unemployment Rate -0.95**  -0.95**  -0.96"*  -0.90*
(0.48) (0.48) (0.48) (0.48)
Observations 1614 1614 1614 1614 1614 1614 1614 1614
R? 0.005 0.002 0.004  0.002 0.045 0.043 0.046 0.042

Notes: Robust standard errors in parentheses. SWB measures are calculated by county using only SWB
responses in the Gallup Daily Poll from the 12 months prior to each election in 2012 and 2016 (as opposed
to the whole of each Presidential term, as in the main analysis). Each county is weighted by the average
number of respondents in the Gallup Poll across the two SWB measurement periods. Only counties included
are those with at least 30 respondents in the Gallup Daily Poll during the first period (i.e. between the 5th of
November 2011 and the 5th of November 2012). *p < 0.10, **p < 0.05, ***p < 0.01.

Table S23: Within-County Analysis Using Annual Data
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D Supplementary Materials for Study 2

Data

The Gallup World Poll has surveyed a large number of countries each year, beginning in 2005.

For each county-wave, an independent random sample of around 1,000 respondents is drawn,

and interviewed via the telephone. Since 2010, the survey has included the question we focus

on: “Do you approve or disapprove of the job performance of the leadership of Barack Obama?”
The subjective well-being variables are largely similar.

e Current and Future Life Satisfaction are asked in the same manner as in the Gallup Daily
Poll

e Negative Affect includes yes/no questions on the extent to which people felt yesterday
each of: worry, sadness, stress, anger

e Positive Affect includes yes/no questions on the extent to which people felt yesterday each
of: enjoyment, smile/laughter, well-rested

e Purpose includes yes/no questions on the extent to which people felt yesterday each of:
respected, learned something new

Variable Obs Mean Std. Dev. Min Max
Disapprove of President 5356 .55 D 0 1
Life Today 7362  7.22 1.97 0 10
Life in 5Y 7362  7.74 2.12 0 10
Positive Affect 6241 .79 3 0 1
Negative Affect 6241 .29 3 0 1
Purpose 6241 .79 .28 0 1
Female 7362 49 D 0 1
Age 7362  52.98 19.39 15 100
Elementary School or Less 7362 .02 13 0 1
High School 7362 .52 b 0 1
University 7362 45 b 0 1
Household Income 7362 66,888 904,574 0  7.29e+07
Rural 7362 18 .39 0 1
Small Town 7362 .28 .45 0 1
Large City 7362 .19 .39 0 1
Suburb 7362 31 .46 0 1

Table S24: Descriptive Statistics
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Disapprove of Obama = 1

(1) (2) 3) (4) ()

SWB (z-scores)

Life Today 0.909***
(0.027)
Life in 5Y 0.844***
(0.026)
Positive Affect 0.859***
(0.028)
Negative Affect 1.149***
(0.038)
Purpose 0.897***
(0.029)
Controls
High School 1.756**  1.733*** 1.959***  2.009*** 1.996***
(0.330)  (0.331)  (0.413)  (0.429)  (0.427)
University 1.449* 1.449* 1.604**  1.632**  1.647**
(0.278)  (0.282)  (0.344)  (0.355)  (0.359)
Female 0.703*** 0.707*** 0.685*** 0.678"** 0.693***
(0.041)  (0.041)  (0.044)  (0.044)  (0.045)
Age 1.042%**  1.039***  1.046*** 1.048*** 1.047***
(0.007)  (0.007)  (0.008)  (0.008)  (0.008)
Age? 1.000***  1.000*** 1.000*** 1.000*** 1.000***
(0.000)  (0.000)  (0.000)  (0.000)  (0.000)
In(Income) 1.026 1.024  1.038** 1.037**  1.035*
(0.017)  (0.017)  (0.019)  (0.019) (0.019)
Small Town 0.804**  0.805**  0.786™** 0.781*** 0.779***
(0.068)  (0.068)  (0.073) (0.072) (0.072)
Large City 0.396***  0.400*** 0.414** 0.413*** 0.415***
(0.038)  (0.038)  (0.043)  (0.043)  (0.043)
Suburb 0.611** 0.615"* 0.628*** 0.620™* 0.623***
(0.051)  (0.051)  (0.057)  (0.057)  (0.057)
State FEs Yes Yes Yes Yes Yes
Observations 5,356 5,356 4,379 4,379 4,379
Log-Likelihood -3468.6  -3458.4 -2834.8 -2836.8 -2840.3

Notes: Odds Ratios reported from logistic regression models. Robust standard errors in parentheses. Source:
Gallup World Poll July 2010 to July 2016.
*p < 0.10, **p < 0.05, ***p < 0.01.

Table S25: Individual-Level SWB and Presidential Approval: Full Models
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E Supplementary Materials for Study 3

Data

Data are drawn from the 2012 and 2016 American National Election Studies, time-seres datasets.
Interviews were conducted in the weeks before the general election (the “preelection interview”)
and, in most cases, a second interview was carried out with the same respondent during the
weeks after the election (the “post-election interview”). Interviews were carried out by a mixture
of face-to-face and internet-based means. All of our variables are drawn from the pre-election
survey, apart from the vote choice question, which is recorded after the election has taken place.

Full details of the variables and questionnaire wordings can be found at https://
electionstudies.org/project/2016-time-series-study/. The main question on life satis-
faction is a 5-point survey item (which we treat both cardinally and ordinally in the data) with
the following wording;:

e All things considered, how satisfied are you with your life as a whole these days? Would
you say that you are [extremely satisfied, very satisfied, moderately satisfied, slightly
satisfied, or not satisfied at all / not satisfied at all, slightly satisfied, moderately satisfied,
very satisfied, or extremely satisfied)?

Voted Trump = 1
(1) (2) (3) (4) (5)

Life Satisfaction (v. Extremely)

Very 1.160 1.164  1.525** 1.516™ 1.513*
(0.153)  (0.162) (0.289) (0.316) (0.323)
Moderately 1.544™*  1.436™ 1.667** 1.582"* 1.619**
(0.214)  (0.211) (0.334) (0.356) (0.376)
Slightly 1.642*  1.752** 2.163"* 2.132"* 2.187**
(0.341)  (0.382) (0.632) (0.691) (0.723)
Not at all 2.406**  2.421**  2.519*  2.364* 2.364*
(0.867)  (0.915) (1.235) (1.214) (1.236)
Gender & Age Yes Yes Yes Yes Yes
Race & Religion FEs Yes Yes Yes Yes Yes
Education FEs No Yes Yes Yes Yes
Income & Employment FEs No Yes Yes Yes Yes
Trust & Ideology No No Yes Yes Yes
2012 Vote Choice FEs No No No Yes Yes
State FEs No No No No Yes
Observations 2,471 2,471 2,471 2,471 2,471
Log-Likelihood -1362.8 -1305.0 -819.4  -651.2 -628.5

Notes: Odds Ratios reported from logistic regression models. Robust standard errors in parentheses. Source:
American National Election Survey 2016. Sample is all those who report voting in the 2016 Presidential
Election.

*p < 0.10, **p < 0.05, ***p < 0.01.

Table S26: Individual-Level SWB and Voting in 2016
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Table S27: Individual-Level 2016: Full Table

Voted Trump = 1

(1) 2) (3) (4) (5)
Life Satisfaction (z-score) 0.823*** (.830***  (.813*** 0.826** 0.820**
(0.040)  (0.043)  (0.057) (0.063) (0.064)
Controls
Male 1.539%** 1. 711%%* 1.231 1.324* 1.279
(0.145) (0.170) (0.165) (0.206) (0.207)
Age 1.013 1.005 0.984 1.024 1.019
(0.016) (0.018) (0.024) (0.028) (0.028)
Age-squared 1.000 1.000 1.000 1.000 1.000
(0.000)  (0.000)  (0.000) (0.000) (0.000)
Race (v. white)
Black 0.019***  0.018%**  0.011%** 0.037*** 0.032%**
(0.006)  (0.006)  (0.005) (0.015) (0.013)
Asian 0.459**  0.478%* 0.459** 0.618 0.551
(0.140)  (0.151)  (0.167) (0.227) (0.220)
Native American 0.115% 0.081* 0.123 0.117** 0.176**
(0.140)  (0.122)  (0.174) (0.110) (0.153)
Hispanic 0.263***  (0.233***  0.150%** 0.179*** 0.160***
(0.047) (0.044) (0.036) (0.048) (0.047)
Other non-Hispanic incl multiple races  0.375%**  (0.392***  (.331%** 0.413%** 0.370%**
(0.095)  (0.100)  (0.109) (0.137) (0.133)
Religion (v. Mainline Protestant)
Evangelical Protestant 3.165%FF 3. 127k 2,032%** 2,005 2.053%F*
(0.546)  (0.560)  (0.464) (0.519) (0.554)
Black Protestant 1.850 1.524 4.001 4.794 6.027*
(1.762)  (1.533)  (3.752) (4.658) (5.557)
Roman Catholic 0.878 0.833 0.760 0.828 0.820
(0.125)  (0.123)  (0.146) (0.194) (0.203)
Undifferentiated Christian 1.934%*F*  1.762%** 1.524* 1.454 1.520
(0.313) (0.299) (0.337) (0.377) (0.403)
Jewish 0.198***  (.212%** 0.515 0.590 0.620
(0.067)  (0.073)  (0.228) (0.368) (0.413)
Other religion 0.455***  (0.497*** 0.503** 0.492* 0.569
(0.108)  (0.124)  (0.169) (0.208) (0.249)
Not religious 0.276***  0.272%**%  (.559%** 0.617* 0.617*
(0.043)  (0.044)  (0.122) (0.154) (0.161)
Education (v. Less than HS) 1.000 1.000 1.000 1.000
HS Diploma 1.597 1.842* 1.568 1.543
(0.457) (0.647) (0.606) (0.608)
Some College 1.434 1.509 1.291 1.285
(0.400) (0.527) (0.495) (0.498)
College Diploma 1.389 1.796* 1.503 1.476
(0.383)  (0.627) (0.572) (0.565)
Postgraduate 0.594* 0.925 0.730 0.712
(0.175)  (0.346)  (0.306) (0.302)
Employment Status (v. working)
Temporarily laid off 1.129 0.513 0.467 0.585
(0.765) (0.452) (0.588) (0.826)
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Unemployed

Retired

Permanently disabled

Homemaker

Student

Income (v. under 5000)

$5000-$9999

$10000-$12499

$12500-$14999

$15000-$17499

$17500-$19999

$20000-$22499

$22500-$24999

$25000-$27499

$27500-$29999

$30000-$34999

$35000-$39999

$40000-$44999

$45000-$49999

$50000-$54999

$55000-$59999

$60000-$64999

$65000-$69999

$70000-$74999

$75000-$79999

$80000-$89999
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0.698
(0.214)
0.726%*
(0.118)
0.492%*
(0.159)

2,369+
(0.572)

0.691

(0.248)

0.449
(0.229)
0.648
(0.272)
0.660
(0.402)
0.443*
(0.185)
0.275*
(0.193)
0.507%*
(0.175)
0.419*
(0.197)
0.334%%
(0.126)
0.266%*
(0.141)
0.426%%*
(0.137)
0.426%*
(0.143)
0.501%*
(0.175)
0.491%*
(0.165)
0.645
(0.210)
0.264 %%
(0.114)
0.488**
(0.159)
0.442%*
(0.165)
0.806
(0.286)
0.387++*
(0.132)
0.720
(0.227)

0.955
(0.365)
0.700
(0.154)
0.478*
(0.181)
1.788%*
(0.595)
0.714
(0.344)

0.407
(0.308)
0.830
(0.415)
0.351%
(0.208)
0.451
(0.227)
0.577
(0.443)
0.564
(0.247)
0.645
(0.384)
0.348**
(0.164)
0.217%*
(0.129)
0.573
(0.230)
0.476*
(0.198)
0.473*
(0.187)
0.603
(0.276)
0.603
(0.239)
0.469
(0.224)
0.471%
(0.191)
0.320%*
(0.153)
0.756
(0.321)
0.506
(0.225)
0.781
(0.317)

0.808
(0.334)
0.672
(0.188)
0.375%*
(0.152)
1.700%
(0.520)
0.555
(0.266)

0.556
(0.345)
0.770
(0.419)
0.479
(0.344)
0.594
(0.304)
0.829
(0.688)
0.615
(0.287)
0.693
(0.465)
0.276%%
(0.136)
0.464
(0.335)
0.591
(0.270)
0.505
(0.241)
0.503
(0.213)
0.660
(0.311)
0.657
(0.283)
0.365%*
(0.170)
0.627
(0.271)
0.352*
(0.196)
0.881
(0.433)
0.302%*
(0.162)
0.790
(0.345)

0.895
(0.372)
0.717
(0.205)
0.365%*
(0.152)
1.772%
(0.534)
0.575
(0.300)

0.653
(0.386)
0.885
(0.468)
0.555
(0.417)
0.711
(0.379)
0.750
(0.644)
0.636
(0.315)
0.814
(0.563)
0.276%*
(0.149)
0.537
(0.370)
0.674
(0.324)
0.570
(0.271)
0.572
(0.247)
0.685
(0.338)
0.761
(0.331)
0.412%
(0.203)
0.708
(0.313)
0.377*
(0.211)
0.978
(0.489)
0.360*
(0.190)
0.905
(0.411)



$90000-$99999 0.569%* 0.580 0.456* 0.479
(0.192)  (0.250) (0.212) (0.230)
$100000-$109999 0.521°%* 0.611 0.427* 0.581
(0.170)  (0.251) (0.189) (0.280)
$110000-$124999 0.356*** 0.385%** 0.270** 0.301%*
(0.119)  (0.167) (0.139) (0.161)
$125000-$149999 0.572* 0.909 0.919 1.085
(0.188)  (0.412) (0.443) (0.536)
$150000-$174999 0.444** 0.438* 0.400* 0.416*
(0.148)  (0.193)  (0.194)  (0.207)
$175000-$249999 0.536* 0.565 0.463 0.454
(0.183)  (0.246)  (0.246)  (0.260)
$250000 or more 0.575 0.602 0.447 0.464
(0201)  (0.302)  (0.236)  (0.261)
Trust People (v. Always)
Most of the time 1.226 1.411 1.610
(0.634) (0.767) (0.940)
About half the time 1.763 1.986 2.319
(0.920) (1.098) (1.374)
Some of the time 1.644 1.800 2.000
(0.860)  (0.998) (1.187)
Never 1.512 1.357 1.354
0.972)  (0.924) (0.969)
Ideology (v. Extremely liberal)
Liberal 0.427 0.437 0.537
(0.275) (0.265) (0.350)
Slightly liberal 2.534* 2.037 2.408
(1.431) (1.132) (1.452)
Moderate, middle of the road 13.308%**  7.144*** 8.934%**
(7.195) (3.645) (4.998)
Slightly conservative 50.961***  15.365***  19.159***
(27.803)  (8.087)  (11.046)
Conservative 420.164%*%*  82.691***  125.786%**
(243.960)  (47.569)  (78.988)
Extremely conservative 395.203*F*  58.968***  (68.128%**
(252.874)  (37.552)  (47.452)
Haven’t thought much about this 18.512%*F*  9.650***  12.082%**
(10.252)  (5.067)  (6.958)
2012 Vote (v. Obama)
Mitt Romney 23.159%**  26.654***
(4.727) (5.800)
Other 13.807***  15.599%**
(7.511) (8.220)
Did not vote 4.985%** 5.585%**
(0.961) (1.136)
State FEs No No No No Yes
Observations 2471 2471 2471 2471 2471
Log-Likelihood -1363.3 -1305.2 -820.1 -651.8 -629.1

Notes: Odds Ratios reported from logistic regressions.
*p < 0.10, **p < 0.05, ***p < 0.01.
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Voted Trump =1

(1) 2)
Subjective Well-Being
Life Satisfaction (z-score) 0.818***  0.667***
(0.058)  (0.068)

2012 Vote (v. Obama)

Romney 91.779***  92.689***
(17.745)  (17.959)
Other 14.593***  15.188***
(7.736) (8.139)
No Vote 8.834***  9.324***
(1.616)  (1.732)
Interactions
Life Sat * Romney 1.633***
(0.290)
Life Sat * Other 1.394
(0.842)
Life Sat * No Vote 1.361**
(0.206)
State FEs Yes Yes
Gender & Age Yes Yes
Race & Religion FEs Yes Yes
Education FEs Yes Yes
Income & Employment FEs Yes Yes
Observations 2,471 2,471
Log-Likelihood -762.2 -757.8

Notes: Odds ratios reported for logistic regressions. Robust standard errors in parentheses. Source: American
National Election Survey 2016. Sample is all those who report voting in the 2016 Presidential Election.
*p < 0.10, **p < 0.05, ***p < 0.01.

Table S28: Individual-Level SWB and Voting in 2016 by 2012 Vote

Voted Romney = 1

(1) (2) 3) (4) ()
Life Satisfaction (z-score) 0.901***  0.852*** 0.797*** 0.866™* 0.865"*
(0.034)  (0.035)  (0.043) (0.060) (0.061)

Gender & Age Yes Yes Yes Yes Yes
Race & Religion FEs Yes Yes Yes Yes Yes
Education FEs No Yes Yes Yes Yes
Income & Employment FEs No Yes Yes Yes Yes
Trust & Ideology No No Yes Yes Yes
2008 Vote Choice FEs No No No Yes Yes
State FEs No No No No Yes
Observations 4,096 4,096 4,096 4,096 4,096
Log-Likelihood -21374  -2078.8 -1374.0 -9374  -904.1

Notes: Odds Ratios reported from logistic regression models. Robust standard errors in parentheses. Source:
American National Election Survey 2012. Sample is all those who report voting in the 2012 Presidential
Election.

*p < 0.10, **p < 0.05, ***p < 0.01.

Table S29: Individual-Level SWB and Voting in 2012
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Voted Repbulican = 1

Lv @ © @
Life Satisfaction (z-score) 0.870***  0.898***  0.836*** 0.879***
(0.040)  (0.003)  (0.024)  (0.017)
Year = 2016 1.036*  1.046*** 1.190*** 1.197***
(0.021)  (0.011)  (0.014)  (0.032)
Life sat * 2016 0.919*** 0.879***
(0.007) (0.021)
Gender & Age Yes Yes Yes Yes
Race & Religion FEs Yes Yes Yes Yes
Education FEs No No Yes Yes
Income & Employment FEs No No Yes Yes
Trust & Ideology No No Yes Yes
Prior Vote Choice FEs No No Yes Yes
State FEs No No Yes Yes
Observations 6,569 6,569 6,569 6,569

Log-Likelihood -3523.3  -3522.4  -1605.9 -1605.0

Notes: Odds ratios reported for logistic regressions. Robust standard errors in parentheses, clustered on year.
Source: American National Election Survey 2012 & 2016, pooled.
*p < 0.10, **p < 0.05, **p < 0.01.

Table S30: Individual-Level SWB and Voting in 2012 & 2016
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