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ABSTRACT

Climate change is increasing the magnitude and frequency of precipitation extremes. Consequently, grassland community dy-
namics are destabilising and becoming harder to predict since models typically simulate long-term (asymptotic) behaviour, po-
tentially neglecting short-term (transient) behaviour. Here, we use cover data from an experiment performed over 8years to
model short- and long-term responses of three functional groups (grasses, legumes, and non-leguminous forbs) to precipitation
extremes. We use Integral Projection Models (IPMs) and pseudospectral theory to track transient grassland community dynam-
ics driven by response lags and interannual shifts. We show that the cover-class structure and inter-cover-class interactions of
functional groups make them transiently unstable but asymptotically stable, that is, disturbances are initially amplified before
eventually dissipating. We also show that grasses dominate under irrigation, while legumes and forbs dominate under drought.
We demonstrate that the pseudospectra of IPMs enable computationally and data-wise inexpensive assessment of whether tran-
sient dynamics drive community responses to disturbances.

1 | Introduction these increasingly uncertain conditions for a range of data reso-
lutions (Rémer et al. 2024).

Understanding how abiotic disturbances shape communities

is a pressing concern for ecology (Sutherland et al. 2013; Hou
and Wang 2023). Climate change is expected to increase the fre-
quency and severity of disturbances such as precipitation shifts
(Knapp et al. 2015), increasingly destabilising communities
(Gaiizére et al. 2018). Hence, community models must capture

Community models commonly assume all individuals of in-
teracting taxa are identical (de Roos 2020). Thus, these models
often track performance via a single metric (e.g., number of in-
dividuals) and do not incorporate class-structure, that is, how a
trait like size or cover is distributed across individuals (but see
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Moll and Brown 2008; Fujiwara et al. 2011; Barabds et al. 2014;
de Roos 2020; Johnson et al. 2024; Romero et al. 2025). However,
population class-structure can significantly shape communities,
by e.g., determining a community's stability (Romero et al. 2025)
or the niche overlap between species (Frank et al. 2011). Hence,
we need models that explicitly incorporate class-structure to
capture its effect on community stability.

Integral Projection Models (IPMs; Easterling et al. 2000) are
widely used to study structured population dynamics (Levin
et al. 2022). Despite their potential to link interacting species’
vital rates (e.g., survival, growth, reproduction) to population
structures, IPMs have rarely been used in community ecology
(Adler et al. 2010; Kayal et al. 2019; Peirce et al. 2023). This lack
of adoption is partly because modelling interactions between
structured populations is computationally demanding (Rossberg
and Farnsworth 2011) and requires individual-level data
(Freckleton et al. 2011). Thus, to study population-community
interactions using IPMs, these data and computational costs
must be addressed.

Community dynamics can be modelled using IPMs by treat-
ing any species as an ‘individual’, whose ‘cover’ (as a commu-
nity ecologist would quantify in the field) equals its ‘size’ (as
a population ecologist would do in a population; Figure 1a,b;
Ghiselin 1974). In other words, we treat any community as a
‘population of species’. Species experience community pro-
cesses analogous to vital rates (Figure 1c—f). Thus, instead of
representing individual organisms changing in size in a single-
species population (i.e., size-class structure), we use IPMs to
represent individual species changing in cover in a functional
group (i.e., cover class-structure, Figure 1g). To infer inter-
functional-group interactions, we apply the standard theoretical
coexistence approach of measuring how changes in the abun-
dances of functional groups affect each other (Godoy 2019). This
‘species-as-individuals’ perspective has the downside of ab-
stracting important intra-functional-group interactions (Rubio
and Swenson 2024). However, it has the upside of capturing in-
teractions between large numbers of species with a small num-
ber of functional-group parameters (Chalmandrier et al. 2021)
with comparable predictive performance to species-level models
(Tredennick et al. 2017). This ‘species-as-individual’ perspective
is one of our study's main proposals that enables us to analyse
structured community dynamics, by upscaling IPMs from pop-
ulations to communities.

Communities are commonly assumed to exist near equilibrium
(Morozov et al. 2024), a convenience that enables researchers to
predict their long-term (asymptotic) responses to perturbations
(Van Meerbeek et al. 2021). Stability analyses of community
equilibria are typically implemented by examining the eigenval-
ues of the community matrix M, whose entries represent inter-
species interaction strengths (Kot 2001). However, sometimes
more important than asymptotic outcomes are the short-term
(transient) behaviours after perturbation (Mcdonald et al. 2016),
driven by for example, response lags, multiple timescales, or in-
terannual abundance shifts (Hastings et al. 2018). If a commu-
nity is transiently unstable, that is, if it may initially amplify a
perturbation before decaying (Craine and Dybzinski 2013), re-
peated perturbations can drive a community far enough from
its initial equilibrium to escape it (Morozov et al. 2024). For

example, in the US, transient instabilities due to delayed re-
sponses to drought have caused a regime shift from asymptot-
ically stable grasslands to shrublands (Bestelmeyer et al. 2018).

Pseudospectral theory can be used to analyse how perturbations
from equilibrium develop transiently, before asymptotic dynam-
ics take over (Trefethen and Embree 2005). For any disturbance
of magnitude ¢, the e-pseudospectrum of a matrix M is the re-
gion of the complex plane containing the union of eigenvalues
of all structural perturbations of M by size ¢, that is, all matri-
ces M+ E with the matrix norm (i.e., size) of E smaller than €
(Trefethen and Embree 2005). The pseudospectra of M enable us
to calculate a metric that indicates how much a community may
transiently amplify a disturbance (see Methods). Here, for the
first time, pseudospectral theory is used with IPMs to examine
how cover-class structure shapes transient community stability.

Because grasslands frequently experience major disturbances
such as precipitation shifts, they regularly undergo transient dy-
namics out of equilibrium. These dynamics could be explained
either by the community moving among alternative fixed stable
states, or by the community tracking equilibria that are con-
stantly moving (Lohier et al. 2016; Hastings et al. 2018). Hence,
observational data do not offer direct insights into equilibria or
transient dynamics (Dudney et al. 2017; Kleinhesselink 2020).
Nevertheless, long-term empirical studies on grassland com-
munities suggest that they typically fluctuate close enough to
equilibrium that matrix models broadly capture their dynamics
(Wilson and Roxburgh 1992; Yandi et al. 2023).

Thus, to test if our framework accurately captures our study
system, we generate directional hypotheses. From the stress
gradient hypothesis (Bertness and Callaway 1994), interspecific
interactions should be competitive under increased precipitation
and facilitative under drought (Lima et al. 2022). Hence, under
increased precipitation, an equilibrium should be attained where
grasses are more abundant than legumes and non-leguminous
forbs (subsequently ‘forbs’), as grasses typically overshadow
forbs and legumes (Hautier et al. 2009). The greater abundance
of grasses in this case should stabilise the community due to
their ability to quickly grow and recover post-disturbance when
they are not water-limited (Li et al. 2024). Under drought, an
equilibrium should be attained where legumes and forbs are
more abundant than grasses due to their drought-tolerance
(Hallett et al. 2017; Liu et al. 2024), where this drought-tolerance
stabilises the community. If our model produces results consis-
tent with these a priori predictions, that would serve as inter-
nal validation in our model's novel predictions regarding how
stage-structure shapes transient dynamics, which are: (i) These
equilibria should be transiently unstable due to recovery lags
and interannual abundance shifts (Dudney et al. 2017; Fischer
et al. 2020); (ii) Cover-class structure should shape transient in-
stability as species across cover-classes vary by competitiveness
(Hallett et al. 2023).

To assess the short- and long-term class-structured stability
of grasslands in response to precipitation shifts with coarse
cover data, we analyse pseudospectra of class-structured com-
munity matrices generated using functional-group IPMs. The
IPMs are parametrised with data from a grassland located at
Wytham Woods (UK; Figure 2a). There, communities with
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FIGURE1 | Legend on next page.

grasses, legumes and forbs were exposed to irrigation, control,
and drought treatments (Figure 2). We test these hypotheses,
to be inferred from our model: (H1.1) Interspecific interactions
will be more competitive under irrigation than control; (H1.2)

i ‘Individual’

| [species] A: 0

{ “Individual’

7' | [species] B: y; + y,'+ y3

Species are ‘individuals’

Interactions will be more facilitative under drought than con-
trol; (H2.1) Under irrigation, grasses will be more abundant
than legumes and forbs; (H2.2) Under drought, legumes and
forbs will be more abundant than grasses; (H3) Communities
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FIGURE1 | Theshiftin perspective from population vital rates to community processes. In this study, we deploy this shift to examine the impacts
of experimentally manipulated precipitation on the cover-class structure and transient dynamics of communities. The shift implies mapping how
vital rates within a population draw analogous processes at the community level. This analogy is drawn by examining single versus multiple species
populations (a, b), and their corresponding shifts in population to community processes (c—f). Further, instead of considering the performance of
individual organisms in a species, we consider the performance of individual species in a functional group (g). (a) Instead of a single-species popu-
lation, here we consider a community as the population. (b) Instead of individual organisms, here we consider species as individuals. (c) Instead of
survival of individuals, we consider persistence of species. (d) Instead of mortality of individuals, we consider local extinction of species. (e) Instead
of growth and shrinkage of individuals, we consider the expansion and contraction of species’ covers. (f) Instead of recruitment of new offspring,
we consider colonisation of new species. (g) Instead of taking organisms as individuals to track how a species changes over time, we take species as
individuals to track how a functional group changes over time. Under the (demographic) perspective of organisms as individuals, organism A experi-
ences mortality (shifting from size x to size 0), organism B experiences growth (from size y to size y’), and organism C is recruited by the population
(initial size z’). Under the perspective of species as individuals, species A experiences local extinction (shifting from cover x, +x, to cover 0), species
B experiences growth (from cover y, +y, to cover y,’+y,’+y,"), and organism C colonises the plot (initial cover z,’). Flower icon by DBCLS https://
togotv.dbcls.jp/en/pics.html is licensed under CC-BY 4.0 Unported https://creativecommons.org/licenses/by/4.0/. All other icons by Daniel Carvalho
https://figshare.com/authors/Plant_Illustrations/3773596 are licensed under CC-BY 4.0 Unported https://creativecommons.org/licenses/by/4.0/.
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FIGURE2 | Schematic of the DroughtNet experimental treatments implemented at RainDrop, Wytham Woods (adapted from Jackson et al. 2024).
(a) Distribution of DroughtNet treatments across the site, spatially arranged into five blocks (A-E). The treatments are: Irrigation (+50% precipitation;
blue), ambient control (green), procedural controls (grey), and drought (—=50% precipitation; orange). Each square represents the 5Xx 5m permanent
plot, and each smaller square within indicates the randomly chosen position of a quadrat from which community data were collected every June
from 2016 to 2023. (b) Photographs of the treatment structures for each treatment, from a ground level (left) and aerial (right) view. (c) Design of each
5x5m permanent plot, which is subdivided into four quarters (each 2.5x2.5m). Percent-cover (abundance) readings for each species were taken
using a 1 X1 m quadrat placed at the centre of the quarter chosen for observation.

will be transiently unstable; (H4) Cover-class structure will
shape transient community stability.

a roof structure with gullies; Figure 2a,b). Within each plot,
we monitored communities within a 1xX1m quadrat placed
in the middle of one of the plot's four quarters (determined
randomly), to avoid edge effects (Figure 2c; following Smith

2 | Materials and Methods
2.1 | Experimental Setup

We conducted our study at the RainDrop (Rainfall and
Drought platform) ecological experiment site (https://www.
ecologicalcontinuitytrust.org/raindrop). The study site is a
calcareous chalkland grassland (Gibson and Brown 1991)
located at the Upper field site at Wytham Woods, in Oxford,
UK (51°46'7.57" N, 1°19’49.58” W, 84-167ma.s.l.; Figure 2a).
The experiment consists of five randomised blocks (A-E) of
four 5x5m treatment plots (n=20 plots): irrigation (+50%
ambient precipitation, via sprinklers), an ambient control (no
treatment and no roof structure), procedural control (a roof
structure with inverted gullies which let all ambient precipi-
tation through), and drought (—50% ambient precipitation, via

et al. 2024).

The procedural control was established to evaluate whether the
shelter structure has any effect beyond the intended precipita-
tion reduction. However, analysis of data from our site shows
that procedural control plots have the same community com-
position and precipitation responses as ambient control plots
(Jackson et al. 2024). Thus, we merge data from procedural and
ambient controls and refer to them as‘control’.

2.2 | Data Collection

Biotic data for three functional groups (grasses, legumes,
and forbs) were collected in the summer (June-July) for
8years (2016-2023) to parametrise our models of cover-class

40f13

Ecology Letters, 2025


https://www.ecologicalcontinuitytrust.org/raindrop
https://www.ecologicalcontinuitytrust.org/raindrop
https://togotv.dbcls.jp/en/pics.html
https://togotv.dbcls.jp/en/pics.html
https://creativecommons.org/licenses/by/4.0/
https://figshare.com/authors/Plant_Illustrations/3773596
https://creativecommons.org/licenses/by/4.0/

structured community stability. The data collected at each
plot included species identification (including functional
group: legume, grass, or forb) and species percent-cover from
0% to 100% (a proxy for abundance). Each year, for each plot
and block, all species in the 1x1m quadrat were identified
during the growing season peak (mid-to-late June). Species
names were recorded following the International Plant Name
Index (IPNI 2024). Percent-cover (referred to subsequently
as ‘abundance’) data were assessed as the average of esti-
mates given by three observers to the nearest +0.5%. Due to
the three-dimensional structure of the community, whereby
covers of different species can overlap, the sum of abundance
values of all species in a quadrat can exceed 100%. After col-
lecting these data, we summed the abundance values of all
species within each functional group separately. We denote
the overall abundance of each functional group k by N,.

2.3 | Model Construction

To test whether interspecific interactions were competitive
under irrigation (H1.1) and facilitative under drought (H1.2), we
constructed models of our community analogues to vital rates
for each of the 3 functional groups X 3 treatments. Using version
1.1-35.5 of the Ime4 package (Bates et al. 2015) in version 4.2.2 of
R (R core team 2022), we constructed generalised linear models
of persistence (continued existence of a species in a plot), expan-
sion (increased cover), and colonisation (new species entering
the plot) for each functional group X treatment condition. These
models are analogous, respectively, to survival, growth/shrink-
age, and reproduction vital rate models for a single-species de-
mographic model (Merow et al. 2014, Figure 1). Colonisation
was treated as independent from the abundance of species
within the quadrat, analogous to the treatment of reproduction
in a demographic model. We tested the effects of inter- and intra-
functional-group interactions on functional-group persistence,
expansion, and colonisation by including overall abundances
of grasses (Ng), legumes (N)) and forbs (Nf) as fixed explanatory
variables. Before analysis, individual abundance, Ng, and N, val-
ues were log transformed to ensure linear and quadratic models
could fit the data. Since N, was zero in two instances, e 120.37%
was added to each N, value before log-transformation. To con-
struct models of persistence, expansion and colonisation, re-
gressions were performed on every possible pair (¢, t+1) of
abundance data. The random effects of years or blocks were
not considered, as they were not included in our IPMs. Under a
given treatment, persistence s,(x) was modelled as a continuous
variable between 0 and 1 using a logit link function, where (x) is
(logged) cover in year ¢ for functional group k, by the base model

where the mean Hyk (x) and standard deviation Tyk (x) were
given by base models

pr— . . 2 .
”g,k(x)_ﬁk,ﬂg,O"'ﬂk,ug,x x"'ﬁk,ug,x2 X "'ﬁk,;tg,Ng Ng
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Colonisation f,(y) was assumed to be lognormally distributed,
and was thus modelled using a Gaussian distribution G (uf, af)
by base models
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where the mean oy and standard deviation ;) were given by
base models
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To test our hypotheses that interactions would be competitive
under irrigation (H1.1) and facilitative under drought (H1.2), we
compared a set of candidate models, constructed using the MuMIn
package (Barton 2024). Equations (1-7) describe our base model
for each candidate model set. The base model included (only for
persistence/expansion) linear and squared abundance of indi-
vidual species of the functional group, and (for colonisation too)
overall abundances of grasses, legumes, and forbs. Our use of
individual species abundances to construct a functional group
model is analogous to using individual organism sizes to construct
a single-species demographic model (Figure 1a,b,g). The candi-
date model set consisted of the base model and all possible models
derived by excluding all possible combinations of the variables of
interest from the base model. For each functional group X treat-
ment, this procedure generated 2°=32 candidate models of per-
sistence and expansion, and 23=8 models of colonisation. From
our candidate model set, models with lowest AICc (within two
units) were identified. Then, the model with lowest AICc that was
biologically plausible (e.g., without infinite growth) were chosen
(see Tables S1-S45). Table S46 shows our final selected models.
For excluded terms, the 3 coefficient was set to 0 in the above equa-
tions. To find support for H1.1, coefficients of N, terms would need
to be negative in functional-group models under irrigation. To find
support for H1.2, coefficients of N, terms would need to be positive
in functional-group models under drought.

1

Sp(x)=

Expansion g, (x, y) was modelled using a Gaussian distribution
G (Mg,k (), cg,k(x)), where y is the (logged) cover in year t+ 1, by
the base model

— (V- g @)’
86Y) =Gy | pyr(0), 004 (x)) =

204, (%)

o |:
g,k(x) \% 2z

1
1+exp<— [ﬁk,s,0+ﬂk,s,x 'x+ﬂk,s,xz 'x2+ﬁk,s,Ng 'Ng+ﬁk,s,N, .Nl+ﬂk,s,Nf Nf] > ( )

To test our hypotheses about how our treatments would influ-
ence community dynamics (H2.1 and H2.2), we used our mod-
els selected by lowest AICc value to construct IPMs (following
Easterling et al. 2000) for each functional group X treatment.
Our IPMs link the cover-class distribution of individual spe-
cies in a functional group at time ¢ to the cover-class distribu-
tion of individual species at time ¢+ I. For a functional group
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k, the IPM describing the relationship between the number
n, (x, t) of ‘individuals’ (species here) of cover-value x at time
t and the number n, (y, t+ 1) of individuals of cover-value y at
time t+ 1, is

U U
m @, t+1) = / [sk gL, ) + Fr )| e, Dydx = /Kk(x,Y)"k(x, f)dx
T T

®

Here, L=Ilog 1=0 and U=Ilog (100)~4.605 are the lower and
upper bounds of the observed abundance for an individual spe-
cies. These bounds are sufficiently small and large, respectively,
to avoid eviction. The first term s,(x)-g, (%, ») quantifies changes
in abundance (Figure 1le) conditional on persistence (Figure 1c).
The second term f,(y) quantifies colonisation (Figure 1f). The
resulting kernel surface K, (x, y)=s,(x)-g, (x, y) +f,(y) represents
all possible transitions for an individual species from abun-
dance X at time ¢ to abundance y at time ¢+ 1.

To simulate how the influence of each functional group on
the other groups changes over time (H2.1 and H2.2), all three
functional-group IPMs were discretised and run for 300 annual-
length time-steps to find equilibrium values of N,, N, and N, for
each treatment (see Supporting Information). To find support
for H2.1, the equilibrium value of N, under irrigation would
need to be greater than the equilibrium values of N; and N,
Conversely, to find support for H2.2, the equilibrium values of
N, and N, under drought would need to be greater than the equi-
librium value of N,.

2.4 | Pseudospectral Analysis

After completing the IPM simulation runs, we tested our hy-
potheses regarding whether our study system exhibits tran-
sient instability (H3), and on whether cover-class structure
influences transient stability (H4). To test these hypotheses,
for each treatment we performed pseudospectral analysis on
class-structured community matrix models constructed using
our final IPMs (at t=300) for each functional group. To con-
textualise this analysis, we briefly explain pseudospectral the-
ory below.

Pseudospectral theory was first used in ecology by Barabas and
Allesina (2015). This theory analyses how perturbations from
equilibrium develop transiently, before asymptotic dynamics
take over (Trefethen and Embree 2005). Let M be a square ma-
trix, such as an IPM after discretisation (Easterling et al. 2000).
For any small €, the e-pseudospectrum of M is the subset of
the complex plane containing the union of the eigenvalues of
all structural perturbations of M by size €, that is, all matrices
M+ E with the matrix norm of E smaller than € (Trefethen and
Embree 2005). Crucially, pseudospectra enable us to calculate
a lower bound sup__, T, on a community’s potential degree of
transient instability after a dynamical perturbation, i.e., a per-
turbation to an equilibrium of M, before it attains its asymptotic
behaviour (Supporting Information). Here

r,= 28071 ©

€

where p (M) is the largest of the distances between any point
of the e-pseudospectrum and the origin of the complex plane.
Then, sup__, T., is the greatest value T, takes across all possible
€>0. To interpret sup__, T., we illustrate three mock-examples
of pseudospectra in Figure 3. If sup, , T.<1 (Figure 3a), the
community does not exhibit transient instability, i.e., any per-
turbations (here, shifts in composition) immediately decay
(Figure 3b). If sup,, , T.> 1 and no eigenvalue crosses beyond the
unit circle (Figure 3c), the community exhibits transient insta-
bility (Figure 3d), i.e., perturbations may be initially amplified
before decaying. Finally, if an eigenvalue crosses the unit circle
(Figure 3e), the community exhibits transient and asymptotic
instability (Figure 3f), i.e., any perturbations grow indefinitely.

Finally, to determine whether our communities exhibit tran-
sient instability (H3) and whether cover -class-structure
influences community stability (H4), we constructed a cover-
class structured community matrix for each treatment using
the functional-group IPMs for that treatment (Supporting
Information). The cover-class structured community matrix for
each treatment represents interaction strengths between indi-
viduals (species) of any functional group and cover-class with
individuals of any other functional group and cover-class. We
then calculated the pseudospectra for these community matri-
ces using the Eigtools package (Wright 2002). To find support
for H3 and H4, the pseudospectra of the community matrix for
each treatment would need to have sup,_ , T.>1, and the matrix
eigenvalues would have to lay within the unit circle. H3 would
then be supported since sup,_. , T.>1 would indicate transient
instability, while the eigenvalues laying within the unit circle
would indicate asymptotic stability. H4 would then be supported
since different perturbations to the initial cover-class structure
would produce different transient stability outcomes. For exam-
ple, perturbations produced by linear combinations of eigenvec-
tors would be transiently and asymptotically stable. Yet, since
sup, ., T.>1, other perturbations would be transiently unstable
(Trefethen and Embree 2005).

3 | Results
3.1 | Inter-Functional Group Interaction Shifts

Inter-functional-group interaction coefficients were exclusively
negative (and thus competitive) under irrigation (Table 1): in-
creases in the abundance of a functional group suppress the
abundance of another, thus supporting H1.1. Under drought, sev-
eral positive interaction coefficients were recorded, interspersed
with negative coefficients (Table 1). Hence, some facilitative in-
teractions emerged, with species pairs positively impacting each
other. This partially supports H1.2. Specifically, forbs facilitate
the persistence and expansion of legumes and colonisation by
other forbs, while grasses facilitate the expansion and colonisa-
tion of forbs, and colonisation of legumes (Table 1).

3.2 | Predicted Relative Abundances
of Functional Groups

Our functional-group IPM simulations supported our hypoth-
eses about how precipitation shifts would alter communities
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FIGURE3 | Examples of matrices and their pseudospectra that do or do not exhibit transient instability. In (a), the dots represent the eigenvalues
of a community matrix M, and the coloured lines are the boundaries of their e-pseudospectrum, where the colours on the scale to the left represent
the e value for each pseudospectrum. Here, each value € represents the degree of noise that the matrix M of interaction coefficients between cover-
classes and functional groups is subject to due to structural perturbations. The grey dashed line is the boundary of the unit circle, where x> + y* =1,
which represents the threshold between dynamical perturbation expansion and contraction. Here, T, = &2_1 where p (M) is the largest of the
distances between any point of the e-pseudospectrum and the origin of the complex plane. Then, sup_,, T, is the greatest value T, takes across all
possible €> 0. (a) The pseudospectrum for a matrix such that sup__, T.<1. The community corresponding to this matrix is transiently and asymp-
totically stable. (b) A plot of how dynamical perturbations may change for a transiently and asymptotically stable matrix such as the one in panel a.
The y - axis represents the magnitude|| M || (on the log, scale), and the x-axis represents time ¢ following an initial perturbation. Following the blue
line, any perturbations (here, shifts in composition) immediately decay. (c) The pseudospectrum of a matrix such that sup_,, T.> 1 and such that all
eigenvalues all lie within the unit circle. Hence, the community corresponding to this matrix is transiently unstable but asymptotically stable. (d) A
plot of how perturbations may change for a transiently unstable and asymptotically stable matrix such as the one in panel c. Following the blue line,
perturbations in this case may initially amplify before eventually starting to decay once ¢~20. (e) The pseudospectrum of a matrix whose eigenvalues
lay outside the unit circle. The community corresponding to this matrix is transiently and asymptotically unstable, i.e., perturbations grow forever.
(f) A plot for how a perturbation changes for an asymptotically unstable matrix such as the one in panel e. Following the blue line, any perturbation
in this case is amplified exponentially and never decays.

(H2.1, H2.2). Under irrigation, grasses would be dominant, with higher at t=300 than at t=0. Abundance values at t=0 repre-
an overall abundance roughly an order of magnitude larger than sent the observed average for each functional group X treatment.
forbs and legumes (Figure 4a), thus supporting H2.1. Under

drought, after 7years, forbs would dominate over grasses,

and after 15years, legumes would also dominate over grasses 3.3 | Transient Instability Driven by Cover

(Figure 4c), thus supporting H2.2. However, although our IPMs  Class-Structure

predicted the relative levels of abundance between functional

groups in line with prior work on grasslands, they consistently Our pseudospectral analysis supported H3 by predicting
predicted much higher abundances than empirically observed. that all treatments would be transiently unstable before at-
The overestimation can be observed in Figure 4, since the over- taining long-term stability as indicated by their eigenvalues
all abundance values of all functional group X treatments are (Figure 5a-f). Transient instability was predicted across all
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over (i.e., have a greater overall abundance than) forbs, which in turn
dominate over legumes. (b) Under the control treatment, grasses dom-
inate over legumes, which in turn dominate over forbs. (c) Under the
drought treatment, Legumes dominate over forbs, which in turn dom-
treatments because sup, . ,T.>1 for every community matrix
(Figure 5a,c,e). Then, asymptotic stability was predicted across

groups reach a steady abundance value (i.e., log (N,) changes by <107
by the last 10years. (a) Under the irrigation treatment, grasses dominate

group abundance for each treatment, for 300years. All functional

inate over grasses.

FIGURE 4

all treatments because the eigenvalues of every community
matrix lay within the unit circle (Figure 5a,c,e). Furthermore,
our analysis supported H4 by indicating that, for all treatments,

transient stability depends on cover-class structure. If a pertur-

bation from the initial cover-class distribution consists solely
of e.g., a linear combination of eigenvectors, that perturbation

would be transiently stable. Conversely, since sup, . T.>1, it

1scussion

follows that some perturbations would be transiently unstable.
Using 8years of abundance data on the effects of precipi-
tation shifts on grasslands, we examined how cover-class
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FIGURE 5 | Pseudospectra and eigenvalues of the class-structured community matrix produced using the functional-group IPMs at the end of
the simulation run for each treatment. Panels (a, c), and (e) are the pseudospectra, respectively, for our class-structured community matrices of the
irrigation, control, and drought treatments. Panels (b, d), and (f) are plots of how, respectively, a transiently unstable perturbation may change for
the class-structured community matrix C of the irrigation, control, and drought treatments. The y axis of these plots represents the magnitude || C* ||
on the log,, scale. For every treatment overall (a, c, €), no eigenvalues lie outside the unit circle. Therefore, they are all asymptotically stable—i.e.,
any perturbation is eventually suppressed ast — oo, as indicated by asymptotic decay in plots in b, d, and f. However, the pseudospectra are all such
that sup, ., T.>1 (a, c, €). This implies that every treatment is transiently unstable—i.e., they can all transiently amplify small perturbations, before
perturbations are eventually suppressed, as indicated by the transient amplification seen in plots b, d, and f. To see the values of T, plotted against ¢

for each treatment, see Figure S1.

structure shapes transient community stability using a novel,
relatively low-data method. By examining data from our field
site, we found that interactions between functional groups are
almost exclusively competitive under irrigation, while some in-
teractions are facilitative under drought. Using these data, we
parametrised interlinked functional-group Integral Projection
Models (IPMs; Easterling et al. 2000). Our functional-group
IPM simulations correctly predicted that grasses dominate
over legumes and forbs under irrigation, and that legumes
and forbs dominate over grasses under drought. Most
importantly, by analysing the pseudospectra of the commu-
nity matrices generated from these IPMs, we gained novel
insights into the transient dynamics of grassland communi-
ties. We found that all treatments were transiently unstable,
potentially amplifying perturbations initially before eventu-
ally suppressing them, as predicted by asymptotic eigenvalue
analysis (Kot 2001). Furthermore, we found that the cover-
class structure of communities can shape their transient
stability.

Put together, our findings suggest that grassland community
interactions and equilibria dynamically respond to shifting
precipitation (Lohier et al. 2016; Bektas 2024). Our mod-
els predict that grasslands experience significant shifts in
functional-group composition and cover-class structure as
precipitation levels change, driven by shifts in interactions
between functional group cover-classes (Li et al. 2024; Liu
et al. 2024). Our models also showed that interactions be-
tween functional group cover-classes, as represented by our
class-structured community matrices, drive transient insta-
bility across precipitation levels (Dudney et al. 2017; Hallett
et al. 2023). This transient instability, coupled with asymp-
totic stability, potentially explains how grassland communi-
ties shift their compositions and interactions in response to
changing precipitation while maintaining stability (Fukami
et al. 2005; Fischer et al. 2020).

Our approach includes two key advances. First, we demonstrated
how IPMs can be scaled up from populations to communities.
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We do this by employing a' species-as-individual’ perspective to
overcome the excessive computational and data-collection costs
of demographic analyses, which typically require extensive data
on individual-level trajectories of survival, development, and
reproduction (Salguero-Gomez and Gamelon 2021). This scal-
ing-up offers a comparatively data- and parameter-light tool to
mechanistically understand how community analogues to pop-
ulation vital rates drive emergent patterns such as disturbance-
driven succession or range shifts (Garcia-Cervigon et al. 2021;
Peirce et al. 2023). Furthermore, this scaling-up could be ap-
plied to phenomena for which demographic-level IPMs already
exist, such as forest species colonisation (Zhao et al. 2021;
Drees et al. 2023) and reef responses to extreme weather (Kayal
et al. 2019; Cresswell et al. 2024). Second, the application of
pseudospectral theory to analyse the transient stability of IPM-
derived class-structured community models is new, as previ-
ously they have only been deployed for unstructured community
matrix models (Barabas et al. 2014; Kosti¢ et al. 2016; Caravelli
and Staniczenko 2015). As the usage of IPMs continues to grow
(Levin et al. 2022), their pseudospectra can demonstrate how in-
teractions between e.g., size or cover-classes shape the transient
stability of populations and communities. Indeed, using IPMs
with pseudospectra could enable conservationists to assess class-
structure driven transient instability in vulnerable communities
as an early-warning signal (Oro and Martinez-Abrain 2023).

Pseudospectra offer a valuable complement to eigenvalues for
assessing community properties, by informing us about tran-
sient stability in addition to their asymptotic stability. Revealing
how communities respond in the short- and mid-term to distur-
bances uncovers potentially crucial dynamics that cannot be
observed in asymptotic, eigenvalue-based predictions. If a com-
munity is exposed to a perturbation and is shown via its pseu-
dospectra to exhibit transient instability, further perturbations
could drive the community away from its initial equilibrium to a
new one (Caravelli and Staniczenko 2015). A promising avenue
of future work would be to analyse which perturbation regimes
shift transiently unstable systems far enough from asymptoti-
cally stable equilibria to escape them altogether.

Pseudospectra offer several benefits in relation to alternative
transient instability metrics. Since pseudospectra can be found
for any matrix (Trefethen and Embree 2005), they are easily ap-
plied to existing models. The applicability of pseudospectra to
existing matrix models means they are far less data-intensive
than e.g., demographic models (Tredennick et al. 2017) or mod-
els which reconstruct the geometry of entire dynamical state-
spaces (Sanchez-Pinillos et al. 2024). As large datasets now
exist for IPMs (Levin et al. 2022) and MPMs (Salguero-Goémez
et al. 2015; Salguero-Gdémez et al. 2016), pseudospectra offer
an exciting opportunity for geographically and taxonomically
wide-ranging macroecological assessment of how transient
instability shapes ecosystems. Further, while standard matrix
stability metrics measure outcomes right after a perturbation is
applied (reactivity) and a long time after (asymptotic stability),
pseudospectra give us insight into what happens in between
(Trefethen and Embree 2005). Finally, pseudospectra of struc-
tured population models, like IPMs (Easterling et al. 2000)
and matrix population models (Caswell 2001) can capture the
role that interactions between cover classes play in generating
transient instability (de Roos 2020). By contrast, multivariate

analyses of factors shaping populations use uncoupled linear
models for each population stage without inter-stage interac-
tions (Adler and HilleRisLambers 2008). This model structure
produces uniform stability predictions over the short- and long-
term and thus cannot distinguish short-term instability from
long-term stability (Trefethen and Embree 2005).

Our findings are pertinent to recent theoretical work indicating
that size-class structures of populations can significantly influ-
ence the stability of their communities (de Roos 2020). These
works demonstrate that structured populations support more
stable interaction webs than unstructured ones. We showed by
contrast that for our system, coarse cover-class structure at the
functional-group level drives a limited degree of transient insta-
bility. Ecologically, this cover-class structure driven instability is
likely driven by the differences in competitive ability by cover-
class (Hallett et al. 2023). Even in grasslands where functional-
group level composition is stable, shifts often occur between
cover-class structure equilibria, e.g., from equilibria with many
small-cover species to equilibria with a few large-cover species
(Fukami et al. 2005).

We found support for the stress gradient hypothesis (Bertness
and Callaway 1994). Under irrigation, functional groups tend
to suppress each other. Under drought, some functional groups
facilitate each other, although competitive interactions persist.
These results suggest our stress gradient was relatively weak.
Consequently, interaction shifts were possibly limited by weak
stress amelioration and niche differences (Qi et al. 2018). This
aligns with the fact that our study system is very drought toler-
ant, as calcareous grasslands typically are (Fry et al. 2018).

Despite these advances, our model consistently over-predicted
abundance across functional group X treatments. There are at
least five possible explanations: (1) our study site is presently
recovering from the effects of long-term grazing, (2) our model
does not account for inhibitory abiotic effects, (3) our model does
not account for higher-order interactions, (4) our model abstracts
important intra-functional-group interactions, (5) our model
assumes that our communities are near-equilibrium assump-
tions, despite grasslands being frequently out of equilibrium.
For (1), Jackson et al. (2024) showed that at our study site, there
was a treatment-independent increase in species richness with
time. Therefore, models which best fit our data may implicitly
reflect how our grassland communities would develop if their
post-recovery secondary succession never ceases. For (2), poten-
tial abiotic inhibitors include limitations of space or nutrients,
whose physical limitation, prior to any additional limitation
due to inter-functional group interactions, may induce density-
dependence and thus constrain functional-group growth (Craine
and Dybzinski 2013). Without these inhibitors, our simulated
functional groups possibly grew larger than their real-life coun-
terparts before inter-functional group interactions constrained
them (Senthilnathan 2023). For (3), the inclusion of higher-order
interactions, whereby the interaction of two species is mediated
by a third species, produces more realistic coexistence predic-
tions than models with only linear, additive interaction terms
(Mayfield and Stouffer 2017). For (4), Rubio and Swenson (2024)
argue that abstracting interactions to a functional-group level
can cause the interactions of dominant species within the group
to overshadow less dominant ones. Thus, this abstraction may
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lead to overprediction of the functional group's expansion capac-
ity. For (5), few studies have explicitly evaluated how grassland
dynamics conform to near-equilibrium assumptions (Wilson
and Roxburgh 1992). Yet, little work has been done to precisely
determine the range of conditions where near-equilibrium as-
sumptions hold (Roxburgh and Wilson 2000). Hence, future
studies can build upon our framework by (i) implementing it
for a range of ecosystems at differing levels of succession, (ii)
including abiotic constraint terms, (iii) including higher-order
interactions into community analogues of vital rate models, (iv)
incorporating parameters that capture intra-functional group
variance, and (v) examining the range of conditions where near-
equilibrium assumptions hold true for grasslands.

Increasingly, it is recognised that instability is the norm, not
the exception, in ecological communities (Capdevila et al. 2021;
Morozov et al. 2024). Hence, our results provide clear motivation
to examine transient instability further, since it can significantly
shape community outcomes by transiently driving them between
equilibria or out of equilibrium (Hastings et al. 2018; Morozov
et al. 2024). As climate change drives instability in ecosystems
worldwide (Pecl et al. 2017), there is a growing call for treat-
ing ecosystems as'dynamic regimes’ rather than'equilibrium re-
gimes’ (Coulson 2021, Sdnchez-Pinillos et al. 2023). However, in
addressing this call, theory and empirical work have occurred
separately with little interaction (Dakos and Kéfi 2022; Oro and
Martinez-Abrain 2023). Our study bridges this separation by
examining models parametrised by field data (rather than sim-
ulated communities). Future studies should continue bridging
this divide. In an increasingly changing Earth system, the tools
to assess ecological communities must reflect this instability
for a range of data resolutions (Romer et al. 2024) to secure our
mechanistic understanding and conservation practice (Sanchez-
Pinillos et al. 2024).

Author Contributions

Initial conceptualisation was by Roberto Salguero-Gomez with input
from Gyorgy Barabds and Aryaman Gupta. The experimental site was
established by Andy Hector. Data were collected by Aryaman Gupta,
Roberto Salguero-Gémez, Andy Hector, Erola Fenollosa, and Man Qi,
among others (listed in acknowledgements). Aryaman Gupta wrote the
code for the models for this paper with input from Roberto Salguero-
Goémez and Samuel J.L. Gascoigne. Roberto Salguero-Gémez, Benjamin
Wong Blonder, Rachael Thornley, Christina Hernandez, Samuel J.L.
Gascoigne, Erola Fenollosa, and Man Qi assisted in developing the con-
cepts behind our models in greater detail. Aryaman Gupta and Roberto
Salguero-Goémez wrote the first draft. Gydrgy Barabds aided in devel-
oping and refining the mathematical underpinnings of our modelling
framework. All co-authors then assisted in refining and editing the
draft before submission.

Acknowledgements

We thank O. Godoy for feedback in earlier versions of this manuscript.
We also would like to thank N. Fisher, N. Havercroft, and K. Crawford
for field logistic support at Wytham throughout the study, as well as
M. Stone and D. Gowing for their work setting up and supporting the
experiment, and to C. Lawson for her role in the data collection, along-
side J. Jackson, E. Jardine, N. Hawes, and K. Maseyk. A. Hector was
supported by the John Fell Fund and NERC (NE/X013766/1). This
work was funded by the NERC Research Experience Program (REP)
grant to Roberto Salguero-Goémez to host AG, and a NERC Pushing the

Frontiers grant to Roberto Salguero-Gémez (NE/X013766/1). BB was
supported by the US National Science Foundation (DEB-2425575).

Data Availability Statement

The data and code used for this study have been uploaded on Zenodo
(DOI: 10.5281/zeno0do.13896326) and will be restricted so that only
peer-reviewers can access it until the review process is complete. Upon
the publication of this manuscript in a journal, the data will immedi-
ately be made freely available.

Peer Review

The peer review history for this article is available at https://www.webof
science.com/api/gateway/wos/peer-review/10.1111/ele.70182.

References

Adler, P. B, S. P. Ellner, and J. M. Levine. 2010. “Coexistence of
Perennial Plants: An Embarrassment of Niches.” Ecology Letters 13, no.
8:1019-1029. https://doi.org/10.1111/j.1461-0248.2010.01496.x.

Adler, P. B., and J. HilleRisLambers. 2008. “The Influence of Climate
and Species Composition on the Population Dynamics of Ten Prairie
Forbs.” Ecology 89, no. 11: 3049-3060. https://doi.org/10.1890/07-1569.1.

Barabés, G., and S. Allesina. 2015. “Predicting Global Community
Properties From Uncertain Estimates of Interaction Strengths.” Journal
of the Royal Society Interface 12, no. 109: 20150218. https://doi.org/10.
1098/rsif.2015.0218.

Barabas, G., G. Meszéna, and A. Ostling. 2014. “Fixed Point Sensitivity
Analysis of Interacting Structured Populations.” Theoretical Population
Biology 92: 97-106. https://doi.org/10.1016/j.tpb.2013.12.001.

Barton, K. 2024. “MuMIn: Multi-Model Inference (Version 1.48.4) [R].”
https://cran.r-project.org/package=MuMIn.

Bates, D., M. Michler, B. Bolker, and S. Walker. 2015. “Fitting Linear
Mixed-Effects Models Using Ime4.” Journal of Statistical Software 67,
no. 1: 1-48. https://doi.org/10.18637/jss.v067.i01.

Bektas, B. 2024. “Transient Dynamics of Alpine Grasslands Linking
Biodiversity and Ecosystem Functions in a Warming World.” [Ph.D.
Thesis, Universite Grenoble Alpes]. https://hal.science/tel-04850369.

Bertness, M. D., and R. Callaway. 1994. “Positive Interactions in
Communities.” Trends in Ecology & Evolution 9, no. 5: 191-193. https://
doi.org/10.1016/0169-5347(94)90088-4.

Bestelmeyer, B. T., D. P. C. Peters, S. R. Archer, et al. 2018. “The
Grassland-Shrubland Regime Shift in the Southwestern United States:
Misconceptions and Their Implications for Management.” Bioscience
68, no. 9: 678-690. https://doi.org/10.1093/biosci/biy065.

Capdevila, P, I. Stott, I. Oliveras Menor, et al. 2021. “Reconciling
Resilience Across Ecological Systems, Species and Subdisciplines.”
Journal of Ecology 109, no. 9: 3102-3113. https://doi.org/10.1111/1365-
2745.13775.

Caravelli, F., and P. P. A. Staniczenko. 2015. “Bounds on Transient
Instability for Complex Ecosystems.” PLoS One 11: e0157876. https://
api.semanticscholar.org/CorpusID:14167428.

Caswell, H. 2001. Matrix Population Models: Construction, Analysis,
and Interpretation. 2nd ed. Sinauer Associates.

Chalmandrier, L., F. Hartig, D. C. Laughlin, et al. 2021. “Linking
Functional Traits and Demography to Model Species-Rich
Communities.” Nature Communications 12, no. 1: 2724. https://doi.org/
10.1038/s41467-021-22630-1.

Coulson, T. 2021. “We Live in a Changing World, but That Shouldn't
Mean we Abandon the Concept of Equilibrium.” Ecology Letters 24, no.
1: 3-5. https://doi.org/10.1111/ele.13629.

11 0f 13


https://doi.org/10.5281/zenodo.13896326
https://www.webofscience.com/api/gateway/wos/peer-review/10.1111/ele.70182
https://www.webofscience.com/api/gateway/wos/peer-review/10.1111/ele.70182
https://doi.org/10.1111/j.1461-0248.2010.01496.x
https://doi.org/10.1890/07-1569.1
https://doi.org/10.1098/rsif.2015.0218
https://doi.org/10.1098/rsif.2015.0218
https://doi.org/10.1016/j.tpb.2013.12.001
https://cran.r-project.org/package=MuMIn
https://doi.org/10.18637/jss.v067.i01
https://hal.science/tel-04850369
https://doi.org/10.1016/0169-5347(94)90088-4
https://doi.org/10.1016/0169-5347(94)90088-4
https://doi.org/10.1093/biosci/biy065
https://doi.org/10.1111/1365-2745.13775
https://doi.org/10.1111/1365-2745.13775
https://api.semanticscholar.org/CorpusID:14167428
https://api.semanticscholar.org/CorpusID:14167428
https://doi.org/10.1038/s41467-021-22630-1
https://doi.org/10.1038/s41467-021-22630-1
https://doi.org/10.1111/ele.13629

Craine,J. M., and R. Dybzinski. 2013. “Mechanisms of Plant Competition
for Nutrients, Water and Light.” Functional Ecology 27, no. 4: 833-840.
https://doi.org/10.1111/1365-2435.12081.

Cresswell, A. K., V. Haller-Bull, M. Gonzalez-Rivero, et al. 2024.
“Reproducing Within-Reef Variability in Coral Dynamics With a
Metacommunity Modelling Framework.” bioRxiv: 2024.01.21.576579.
https://doi.org/10.1101/2024.01.21.576579.

Dakos, V., and S. Kéfi. 2022. “Ecological Resilience: What to Measure
and How.” Environmental Research Letters 17, no. 4: 043003. https://doi.
org/10.1088/1748-9326/ac5767.

de Roos, A. M. 2020. “53The Impact of Population Structure on Population
and Community Dynamics.” In Theoretical Ecology: Concepts and
Applications, edited by K. S. McCann and G. Gellner. Oxford University
Press. https://doi.org/10.1093/0s0/9780198824282.003.0005.

Drees, T., B. M. Ochocki, S. L. Collins, and T. E. X. Miller. 2023.
“Demography and Dispersal at a Grass-Shrub Ecotone: A Spatial
Integral Projection Model for Woody Plant Encroachment.” Ecological
Monographs 93, no. 3: e1574. https://doi.org/10.1002/ecm.1574.

Dudney, J., L. M. Hallett, L. Larios, et al. 2017. “Lagging Behind: Have
We Overlooked Previous-Year Rainfall Effects in Annual Grasslands?”
Journal of Ecology 105, no. 2: 484-495. https://doi.org/10.1111/1365-
2745.12671.

Easterling, M. R., S. P. Ellner, and P. M. Dixon. 2000. “Size-Specific
Sensitivity: Applying a New Structured Population Model.” Ecology
81, no. 3: 694-708. https://doi.org/10.1890/0012-9658(2000)081[0694:
SSSAAN]2.0.CO;2.

Fischer, F. M., K. Chytry, J. Tésitel, J. Danihelka, and M. Chytry. 2020.
“Weather Fluctuations Drive Short-Term Dynamics and Long-Term
Stability in Plant Communities: A 25-Year Study in a Central European
Dry Grassland.” Journal of Vegetation Science 31, no. 5: 711-721. https://
doi.org/10.1111/jvs.12895.

Frank, K. T., B. Petrie, J. A. D. Fisher, and W. C. Leggett. 2011.
“Transient Dynamics of an Altered Large Marine Ecosystem.” Nature
477, no. 7362: 86-89. https://doi.org/10.1038/nature10285.

Freckleton, R. P., W. J. Sutherland, A. R. Watkinson, and S. A.
Queenborough. 2011. “Density-Structured Models for Plant Population
Dynamics.” American Naturalist 177: 1-17.

Fry, E. L., J. Savage, A. L. Hall, et al. 2018. “Soil Multifunctionality
and Drought Resistance Are Determined by Plant Structural Traits in
Restoring Grassland.” Ecology 99, no. 10: 2260-2271. https://doi.org/10.
1002/ecy.2437.

Fujiwara, M., G. Pfeiffer, M. Boggess, S. Day, and J. Walton. 2011.
“Coexistence of Competing Cover-Class Structured Populations.”
Scientific Reports 1, no. 1: 107. https://doi.org/10.1038/srep00107.

Fukami, T., T. Martijn Bezemer, S. R. Mortimer, and W. H. van
der Putten. 2005. “Species Divergence and Trait Convergence in
Experimental Plant Community Assembly.” Ecology Letters 8, no. 12:
1283-1290. https://doi.org/10.1111/j.1461-0248.2005.00829.x.

Garcia-Cervigén, A. I., P. F. Quintana-Ascencio, A. Escudero, et al.
2021. “Demographic Effects of Interacting Species: Exploring Stable
Coexistence Under Increased Climatic Variability in a Semiarid Shrub
Community.” Scientific Reports 11, no. 1: 3099. https://doi.org/10.1038/
$41598-021-82571-z.

Gatizere, P., L. L. Iversen, J.-Y. Barnagaud, J.-C. Svenning, and B.
Blonder. 2018. “Empirical Predictability of Community Responses to
Climate Change.” Frontiers in Ecology and Evolution 6: 1-16. https://
doi.org/10.3389/fevo.2018.00186.

Ghiselin, M. T. 1974. “A Radical Solution to the Species Problem.”
Systematic Biology 23, no. 4: 536-544. https://doi.org/10.1093/sysbio/
23.4.536.

Gibson, C. W. D,, and V. K. Brown. 1991. “The Nature and Rate of
Development of Calcareous Grassland in Southern Britain.” Biological

Conservation 58, no. 3: 297-316. https://doi.org/10.1016/0006-3207(91)
90097-S.

Godoy, O. 2019. “Coexistence Theory as a Tool to Understand Biological
Invasions in Species Interaction Networks: Implications for the Study of
Novel Ecosystems.” Functional Ecology 33: 1190-1201. https://doi.org/
10.1111/1365-2435.13343.

Hallett, L. M., L. Aoyama, G. Barabds, et al. 2023. “Restoration Ecology
Through the Lens of Coexistence Theory.” Trends in Ecology & Evolution
38, no. 11: 1085-1096. https://doi.org/10.1016/j.tree.2023.06.004.

Hallett, L. M., C. Stein, and K. N. Suding. 2017. “Functional Diversity
Increases Ecological Stability in a Grazed Grassland.” Oecologia 183,
no. 3: 831-840. https://doi.org/10.1007/s00442-016-3802-3.

Hastings, A., K. C. Abbott, K. Cuddington, et al. 2018. “Transient
Phenomena in Ecology.” Science 361, no. 6406: eaat6412. https://doi.
org/10.1126/science.aat6412.

Hautier, Y., P. A. Niklaus, and A. Hector. 2009. “Competition for Light
Causes Plant Biodiversity Loss After Eutrophication.” Science 324, no.
5927: 636-638. https://doi.org/10.1126/science.1169640.

Hou, M., and J. Wang. 2023. “Functional Traits of Both Specific Alien
Species and Receptive Community but Not Community Diversity
Determined the Invasion Success Under Biotic and Abiotic Conditions.”
Functional Ecology 37, no. 10: 2598-2610. https://doi.org/10.1111/1365-
2435.14411.

IPNI. 2024. International Plant Names Index. Royal Botanic Gardens,
Kew, Harvard University Herbaria & Libraries and Australian National
Botanic Gardens.

Jackson, J., S. L. Middleton, C. S. Lawson, et al. 2024. “Experimental
Drought Reduces the Productivity and Stability of a Calcareous
Grassland.” Journal of Ecology 112, no. 4: 917-931. https://doi.org/10.
1111/1365-2745.14282.

Johnson, E. C., T. Dallas, and A. Hastings. 2024. “Determinism vs.
Stochasticity in Competitive Flour Beetle Communities.” arXiv.Org.

Kayal, M., H. Lenihan, A. Brooks, S. Holbrook, R. Schmitt, and B.
Kendall. 2019. “Predicting Coral Community Recovery Using Multi-
Species Population Dynamics Models.” Ecology Letters 22: 605-615.
https://doi.org/10.1111/ele.13203.

Kleinhesselink, A. 2020. “Evidence Is Growing That Alternative Stable
States in Semiarid Grasslands Are the Exception, Not the Rule.” Journal
of Geophysical Research: Biogeosciences 125, no. 5: e2020JG005754.
https://doi.org/10.1029/2020JG005754.

Knapp, A. K., D. L. Hoover, K. R. Wilcox, et al. 2015. “Characterizing
Differences in Precipitation Regimes of Extreme Wet and Dry Years:
Implications for Climate Change Experiments.” Global Change Biology
21, no. 7: 2624-2633. https://doi.org/10.1111/gcb.12888.

Kosti¢, V. R., L. Cvetkovi¢, and D. L. Cvetkovi¢. 2016. “Pseudospectra
Localizations and Their Applications.” Numerical Linear Algebra With
Applications 23, no. 2: 356-372. https://doi.org/10.1002/nla.2028.

Kot, M. 2001. Elements of Mathematical Ecology. Cambridge University
Press.

Levin, S. C., S. Evers, T. Potter, et al. 2022. “Rpadrino: An R Package
to Access and Use PADRINO, an Open Access Database of Integral
Projection Models.” Methods in Ecology and Evolution 13, no. 9: 1923—
1929. https://doi.org/10.1111/2041-210X.13910.

Li, X., X. Zuo, J. Qiao, et al. 2024. “Context-Dependent Impact of
Changes in Precipitation on the Stability of Grassland Biomass.”
Functional Ecology 38, no. 5: 1185-1198. https://doi.org/10.1111/1365-
2435.14539.

Lima, T. R. A., F. R. Martins, B. S. Menezes, et al. 2022. “The Stress
Gradient Hypothesis Explains Plant-Plant Interaction Networks in
Edapho Climatic Gradients.” Acta Oecologica 115: 103831. https://doi.
org/10.1016/j.actao.2022.103831.

12 0f 13

Ecology Letters, 2025


https://doi.org/10.1111/1365-2435.12081
https://doi.org/10.1101/2024.01.21.576579
https://doi.org/10.1088/1748-9326/ac5767
https://doi.org/10.1088/1748-9326/ac5767
https://doi.org/10.1093/oso/9780198824282.003.0005
https://doi.org/10.1002/ecm.1574
https://doi.org/10.1111/1365-2745.12671
https://doi.org/10.1111/1365-2745.12671
https://doi.org/10.1890/0012-9658(2000)081%5B0694:SSSAAN%5D2.0.CO;2
https://doi.org/10.1890/0012-9658(2000)081%5B0694:SSSAAN%5D2.0.CO;2
https://doi.org/10.1111/jvs.12895
https://doi.org/10.1111/jvs.12895
https://doi.org/10.1038/nature10285
https://doi.org/10.1002/ecy.2437
https://doi.org/10.1002/ecy.2437
https://doi.org/10.1038/srep00107
https://doi.org/10.1111/j.1461-0248.2005.00829.x
https://doi.org/10.1038/s41598-021-82571-z
https://doi.org/10.1038/s41598-021-82571-z
https://doi.org/10.3389/fevo.2018.00186
https://doi.org/10.3389/fevo.2018.00186
https://doi.org/10.1093/sysbio/23.4.536
https://doi.org/10.1093/sysbio/23.4.536
https://doi.org/10.1016/0006-3207(91)90097-S
https://doi.org/10.1016/0006-3207(91)90097-S
https://doi.org/10.1111/1365-2435.13343
https://doi.org/10.1111/1365-2435.13343
https://doi.org/10.1016/j.tree.2023.06.004
https://doi.org/10.1007/s00442-016-3802-3
https://doi.org/10.1126/science.aat6412
https://doi.org/10.1126/science.aat6412
https://doi.org/10.1126/science.1169640
https://doi.org/10.1111/1365-2435.14411
https://doi.org/10.1111/1365-2435.14411
https://doi.org/10.1111/1365-2745.14282
https://doi.org/10.1111/1365-2745.14282
https://doi.org/10.1111/ele.13203
https://doi.org/10.1029/2020JG005754
https://doi.org/10.1111/gcb.12888
https://doi.org/10.1002/nla.2028
https://doi.org/10.1111/2041-210X.13910
https://doi.org/10.1111/1365-2435.14539
https://doi.org/10.1111/1365-2435.14539
https://doi.org/10.1016/j.actao.2022.103831
https://doi.org/10.1016/j.actao.2022.103831

Liu, P.,Y.Chi, Z. Huang, D. Zhong, and L. Zhou. 2024. “Multidimensional
Response of China's Grassland Stability to Drought.” Global Ecology and
Conservation 52: €02961. https://doi.org/10.1016/j.gecco.2024.e02961.

Lohier, T., F. Jabot, A. Weigelt, B. Schmid, and G. Deffuant. 2016.
“Predicting Stochastic Community Dynamics in Grasslands Under the
Assumption of Competitive Symmetry.” Journal of Theoretical Biology
399: 53-61. https://doi.org/10.1016/j.jtbi.2016.03.043.

Mayfield, M., and D. Stouffer. 2017. “Higher-Order Interactions Capture
Unexplained Complexity in Diverse Communities.” Nature Ecology &
Evolution 1: 0062. https://doi.org/10.1038/s41559-016-0062.

Mcdonald, J. L., I. Stott, S. Townley, and D. J. Hodgson. 2016.
“Transients Drive the Demographic Dynamics of Plant Populations in
Variable Environments.” Journal of Ecology 104: 306-314. https://doi.
org/10.1111/1365-2745.12528.

Merow, C., J. P. Dahlgren, C. J. E. Metcalf, et al. 2014. “Advancing
Population Ecology With Integral Projection Models: A Practical
Guide.” Methods in Ecology and Evolution 5, no. 2: 99-110. https://doi.
0rg/10.1111/2041-210X.12146.

Moll, J. D., and J. S. Brown. 2008. “Competition and Coexistence With
Multiple Life-History Stages.” American Naturalist 171, no. 6: 839-843.
https://doi.org/10.1086/587517.

Morozov, A., U. Feudel, A. Hastings, et al. 2024. “Long-Living
Transients in Ecological Models: Recent Progress, New Challenges, and
Open Questions.” Physics of Life Reviews 51: 423-441. https://doi.org/10.
1016/j.plrev.2024.11.004.

Oro, D., and A. Martinez-Abrain. 2023. “Ecological Non-Equilibrium
and Biological Conservation.” Biological Conservation 286: 110258.
https://doi.org/10.1016/j.biocon.2023.110258.

Pecl, G. T., M. B. Aratjo, J. D. Bell, et al. 2017. “Biodiversity
Redistribution Under Climate Change: Impacts on Ecosystems and
Human Well-Being.” Science 355, no. 6332: eaai9214. https://doi.org/10.
1126/science.aai9214.

Peirce, J., G. Sandland, D. Schumann, H. Thompson, and R. Erickson.
2023. “Using a Coupled Integral Projection Model to Investigate
Interspecic Competition During an Invasion: An Application to Silver
Carp (Hypophthalmichthys molitrix) and Gizzard Shad (Dorosoma cepe-
dianum).” Letters in Biomathematics 10: 175-184.

Qi, M., T. Sun, S. Xue, W. Yang, D. Shao, and J. Martinez-Lépez. 2018.
“Competitive Ability, Stress Tolerance and Plant Interactions Along
Stress Gradients.” Ecology 99, no. 4: 848-857. https://doi.org/10.1002/
ecy.2147.

R Core Team. 2022. “R: A Language and Environment for Statistical
Computing.” https://www.R-project.org/.

Romer, G., J. P. Dahlgren, R. Salguero-Goémez, I. M. Stott, and O. R.
Jones. 2024. “Plant Demographic Knowledge Is Biased Towards Short-
Term Studies of Temperate-Region Herbaceous Perennials.” Oikos
2024, no. 1: €10250. https://doi.org/10.1111/0ik.10250.

Romero, A. G., C. M. Hernandez, M. Christina Maria, and R. Salguero-
Gomez. 2025. “Population Structure Plays a Key Role in Community
Stability.” EcoEvoRxiv. https://doi.org/10.32942/X2661X.

Rossberg, A. G., and K. D. Farnsworth. 2011. “Simplification of
Structured Population Dynamics in Complex Ecological Communities.”
Theoretical Ecology 4, no. 4: 449-465. https://doi.org/10.1007/s1208
0-010-0088-7.

Roxburgh, S., and J. Wilson. 2000. “Stability and Coexistence in a Lawn
Community: Mathematical Prediction of Stability Using a Community
Matrix With Parameters Derived From Competition Experiments.”
Oikos 88: 395-408. https://doi.org/10.1034/j.1600-0706.2000.880218.x.

Rubio, V. E., and N. G. Swenson. 2024. “On Functional Groups and
Forest Dynamics.” Trends in Ecology & Evolution 39, no. 1: 23-30.
https://doi.org/10.1016/j.tree.2023.08.008.

Salguero-Gomez, R., and M. Gamelon, eds. 2021. Demographic Methods
Across the Tree of Life. Oxford University Press. https://doi.org/10.1093/
050/9780198838609.001.0001.

Salguero-Goémez, R., O. R. Jones, C. R. Archer, et al. 2015. “The
Compadre Plant Matrix Database: An Open Online Repository for Plant
Demography.” Journal of Ecology 103, no. 1: 202-218. https://doi.org/10.
1111/1365-2745.12334.

Salguero-Gomez, R., O. R. Jones, C. R. Archer, et al. 2016. “COMADRE:
A Global Data Base of Animal Demography.” Journal of Animal Ecology
85, no. 2: 371-384. https://doi.org/10.1111/1365-2656.12482.

Sanchez-Pinillos, M., V. Dakos, and S. Kéfi. 2024. “Ecological Dynamic
Regimes: A Key Concept for Assessing Ecological Resilience.” Biological
Conservation 289:110409. https://doi.org/10.1016/j.biocon.2023.110409.

Senthilnathan, A. 2023. “Smaller Is Better in Competition for Space.”
Proceedings of the Royal Society B: Biological Sciences 290: 20230627.
https://doi.org/10.1098/rspb.2023.0627.

Smith, M. D., K. D. Wilkins, M. C. Holdrege, et al. 2024. “Extreme
Drought Impacts Have Been Underestimated in Grasslands and
Shrublands Globally.” Proceedings of the National Academy of Sciences
of the United States of America 121, no. 4: €2309881120. https://doi.org/
10.1073/pnas.2309881120.

Sutherland, W. J., R. P. Freckleton, H. C. J. Godfray, et al. 2013.
“Identification of 100 Fundamental Ecological Questions.” Journal of
Ecology 101, no. 1: 58-67. https://doi.org/10.1111/1365-2745.12025.

Tredennick, A. T., M. B. Hooten, and P. B. Adler. 2017. “Do We Need
Demographic Data to Forecast Plant Population Dynamics?” Methods
in Ecology and Evolution 8: 541-551. https://doi.org/10.1111/2041-210X.
12686.

Trefethen, L. N., and M. Embree. 2005. Spectra and Pseudospectra: The
Behavior of Nonnormal Matrices and Operators. Princeton University
Press.

Van Meerbeek, K., T. Jucker, and J.-C. Svenning. 2021. “Unifying the
Concepts of Stability and Resilience in Ecology.” Journal of Ecology 109,
no. 9: 3114-3132. https://doi.org/10.1111/1365-2745.13651.

Wilson, J. B., and S. H. Roxburgh. 1992. “Application of Community
Matrix Theory to Plant Competition Data.” Oikos 65, no. 2: 343-348.
https://doi.org/10.2307/3545030.

Wright, T. G. 2002. “Eigtool. [Computer Software].” http://www.com-
lab.ox.ac.uk/pseudospectra/eigtool/.

Yandi, S., X. Li, C. Li, P. Yang, Z. Song, and J. Zhang. 2023. “Relationship
Between Species Diversity and Community Stability in Degraded Alpine
Meadows During Bare Patch Succession.” Plants 12: 3582. https://doi.
org/10.3390/plants12203582.

Zhao, W., T. Li, Y. Cui, et al. 2021. “Demographic Performance of a
Pioneer Tree Species During Ecological Restoration in the Soil Erosion
Area of Southeastern China.” Global Ecology and Conservation 32:
€01936. https://doi.org/10.1016/j.gecco.2021.e01936.

Supporting Information

Additional supporting information can be found online in the
Supporting Information section. Data S1.

13 0f 13


https://doi.org/10.1016/j.gecco.2024.e02961
https://doi.org/10.1016/j.jtbi.2016.03.043
https://doi.org/10.1038/s41559-016-0062
https://doi.org/10.1111/1365-2745.12528
https://doi.org/10.1111/1365-2745.12528
https://doi.org/10.1111/2041-210X.12146
https://doi.org/10.1111/2041-210X.12146
https://doi.org/10.1086/587517
https://doi.org/10.1016/j.plrev.2024.11.004
https://doi.org/10.1016/j.plrev.2024.11.004
https://doi.org/10.1016/j.biocon.2023.110258
https://doi.org/10.1126/science.aai9214
https://doi.org/10.1126/science.aai9214
https://doi.org/10.1002/ecy.2147
https://doi.org/10.1002/ecy.2147
https://www.r-project.org/
https://doi.org/10.1111/oik.10250
https://doi.org/10.32942/X2661X
https://doi.org/10.1007/s12080-010-0088-7
https://doi.org/10.1007/s12080-010-0088-7
https://doi.org/10.1034/j.1600-0706.2000.880218.x
https://doi.org/10.1016/j.tree.2023.08.008
https://doi.org/10.1093/oso/9780198838609.001.0001
https://doi.org/10.1093/oso/9780198838609.001.0001
https://doi.org/10.1111/1365-2745.12334
https://doi.org/10.1111/1365-2745.12334
https://doi.org/10.1111/1365-2656.12482
https://doi.org/10.1016/j.biocon.2023.110409
https://doi.org/10.1098/rspb.2023.0627
https://doi.org/10.1073/pnas.2309881120
https://doi.org/10.1073/pnas.2309881120
https://doi.org/10.1111/1365-2745.12025
https://doi.org/10.1111/2041-210X.12686
https://doi.org/10.1111/2041-210X.12686
https://doi.org/10.1111/1365-2745.13651
https://doi.org/10.2307/3545030
http://www.comlab.ox.ac.uk/pseudospectra/eigtool/
http://www.comlab.ox.ac.uk/pseudospectra/eigtool/
https://doi.org/10.3390/plants12203582
https://doi.org/10.3390/plants12203582
https://doi.org/10.1016/j.gecco.2021.e01936

	Distinguishing Short-Term Versus Long-Term Responses in Cover-Class Structured Community Dynamics: A Test With Grassland Drought Response
	ABSTRACT
	1   |   Introduction
	2   |   Materials and Methods
	2.1   |   Experimental Setup
	2.2   |   Data Collection
	2.3   |   Model Construction
	2.4   |   Pseudospectral Analysis

	3   |   Results
	3.1   |   Inter-Functional Group Interaction Shifts
	3.2   |   Predicted Relative Abundances of Functional Groups
	3.3   |   Transient Instability Driven by Cover Class-Structure

	4   |   Discussion
	Author Contributions
	Acknowledgements
	Data Availability Statement
	Peer Review
	References


