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1 Introduction

What is the relationship between inequality and redistribution? Despite its

place at the heart of recent debates in comparative political economy, this re-

mains a highly contested question. Whilst some contemporary studies have

found support for the intuition, building on the early contributions by Romer

(1975) and Meltzer and Richard (1981), that more inequality should be asso-

ciated with more redistribution (Milanovic, 2000; Kenworthy and Pontusson,

2005), others have argued that once various theoretical and empirical caveats

are considered, either there is no relationship at all, or that more inequality is in

fact associated with less redistribution (Iversen and Soskice, 2006, 2009; Moene

and Wallerstein, 2001, 2003; Shelton, 2007). It is not unfair to say, therefore,

that notwithstanding considerable research efforts, our current understanding of

how inequality affects redistribution remains incomplete. This state of the liter-

ature is unsatisfactory, not only from an academic point of view, but also from

a substantive perspective: at a point in time where income inequality — and,

following recent debates both within and outside of academia, if Piketty (2014),

Alvaredo et al. (2013), and Atkinson, Piketty, and Saez (2009) are correct, even

more so wealth inequality — has been on the rise in most advanced industrial

democracies over the last few decades (OECD, 2011), a systematic and clear

understanding of the relationship between inequality and redistribution seems

all the more needed.

To begin at the beginning, if we want to understand how inequality mat-

ters for redistribution, then studying the relationship between inequality and

demand for redistribution is a natural starting point. Yet, in spite of the recent

(and welcome) surge in scholarly attention directed at the determinants of redis-

tribution preferences, important questions remain unanswered, and central but

basic theoretical assumptions disputed. Hence, whilst we do know for certain

that patterns as well as levels of public support for redistribution show con-

siderable variation between countries, and have good evidence to suggest that
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this variation in turn matters for redistributive outcomes (Brooks and Manza,

2006a, 2006b; 2007; Kang and Powell, 2010; Svallfors, 1997, 2004), our current

understanding of what explains this observation is more limited. Are redistri-

bution preferences primarily a matter of material self-interest (Romer, 1975;

Meltzer and Richard, 1985; Iversen and Soskice, 2001; Rehm, 2009), are other-

regarding preferences more important (Shayo, 2009; Fehr and Schmidt, 2006,

Lupu and Pontusson, 2011), or do both type of considerations matter (Dimick,

Rueda, and Stegmueller, 2014; Rueda, 2014)? If macro-level inequality affects

demand for redistribution, which causal mechanisms link it to the micro-level

(Moene and Wallerstein, 2001, 2003; Rueda and Stegmueller, 2014)? And, not

least, how do we explain the widely noted negative association between pop-

ulation heterogeneity and redistribution (Alesina and Glaeser, 2004; Luttmer,

2001; Gilens, 1996, 1999)?

Over the following pages, I develop a theory that seeks to address some of

these questions, I delimit it from alternative arguments, and I show that my

expectations receive preliminary support in an analysis of cross-national survey

data from the Eurobarometer and the European Social Survey. My central ar-

gument is simple. I suggest that inequality can affect redistribution preferences

through two distinct causal mechanisms: first, by altering the distribution of

individuals who have a tax and transfer motive for supporting redistribution,

and second, through an externalities mechanism, by which inequality produces

negative externalities for which redistribution is a possible solution. Whereas

the former mechanism is hardly new, the latter has, with the exception of Rueda

and Stegmueller (2014), widely been overlooked by previous authors. Empha-

sizing the importance of this logic, I focus on fear of crime — as most visible

externality of inequality — and argue that whilst fear of crime can indeed have

a positive effect on demand for redistribution, this effect is contingent on the

level of ethnic or racial heterogeneity in the population. Building on classic eco-

nomic models of crime, as well as on criminological theories about the formation

of attitudes towards alternative crime prevention strategies, I argue that this
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is because fear of crime can give rise to two distinct responses in the realm of

politically relevant preferences: either increased demand for redistribution, or

increased demand for more policing and harsher punishments, and that the level

of population heterogeneity matters because it affects how the choice between

these two options is made.

When taken together, therefore, the main thrust of my argument is that

whilst inequality does indeed matter for redistribution preferences, it matters

more in certain social settings than in others. Although I expect the tax and

transfer mechanism to apply similarly across countries with divergent levels of

heterogeneity, meaning that inequality should have a positive effect on demand

for redistribution, I theorize that the externality mechanism of fear of crime will

play out differently when the population is homogenous compared to when it

is more heterogeneous. In the former case, my argument implies that fear of

crime will give rise to increased demand for redistribution, thus reinforcing the

direct tax and transfer effect. In the latter case, by contrast, I argue that fear of

crime will have no such effects on redistribution preferences, and theorize that it

will instead be associated with increased demand for more policing and harsher

punishments.

In arguing that (i) externalities of inequality are central to the relationship

between inequality and redistribution, and (ii) that the association between fear

of crime, as one such externality, and redistribution preferences is contingent

on the level of population heterogeneity, the argument of this paper challenges

some influential and well-known approaches to the formation of preferences for

redistribution. This ranges from arguments that focus solely on short-term

income maximization (Romer, 1975; Meltzer and Richard, 1981), to those em-

phasizing labour market risks and insurance (Iversen and Soskice, 2001; Estevez-

Abe, Iversen, and Soskice, 2001; Swenson, 2002; Moene and Wallerstein, 2001,

2003; Cusack, Iversen, and Rehm, 2006; Rehm, Hacker, and Schlesinger, 2012),

prospects of upward or downward social mobility (Alesina and Giuliano, 2009;

Alesina and La Ferrera, 2005; Benabou and Ok, 2001; Piketty, 1995; Chec-

11



chi and Filippin, 2004), and even altruism (Shayo, 2009; Lupu and Pontusson,

2011; Rueda, 2014; Dimick, Rueda, and Stegmueller, 2014). In highlighting the

role played by externalities of inequality, my argument implies that these vari-

ous approaches have overlooked a key dimension of the inequality-redistribution

nexus. With the exception of Rueda and Stegmueller (2014) — whose argument

differs from that of this paper on a number of highly consequential points, as

I discuss further below — this represents a novel but arguably fruitful avenue

for research. Moreover, in emphasizing a causal mechanism through which the

level of population heterogeneity conditions the effect of inequality on support

for redistribution, my argument also offers a new model for understanding the

widely debated relationship between ethnicity, race, and redistribution (Alesina

and Glaeser, 2004; Luttmer, 2001; Shayo, 2009; Rueda, 2014; Lupu and Pontus-

son, 2011; Gilens, 1999). To my knowledge, I am the first to argue that racial

and ethnic heterogeneity matter for redistribution preferences through this type

of causal logic.
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2 The Argument

The theoretical argument developed over the following pages makes four points

about the formation of preferences for redistribution, emphasizing the relation-

ships between fear of crime, population heterogeneity, and support for either

redistribution or policing/punishments. I provide a summary of the argument

here, and subsequently develop each point together with their relations to the

existing literature over the pages that follow.

First, in line with most of the previous literature, I accept that tax and

transfer considerations matter for redistribution preferences: that is, I expect

individuals who are net beneficiaries of redistribution (in tax and transfer terms)

to be more supportive of redistribution than individuals who do not have such

a motive for supporting redistribution. This intuition, I take it, is not difficult

to see. Moreover, provided that a key determinant of whether an individual

stands to gain or lose from redistribution is his or her present income, I expect

support for redistribution to decline as an individual’s position in the income

distribution increases, meaning that there is a negative relative income effect on

redistribution preferences. All else equal, therefore, because increasing inequal-

ity generally means that more individuals would benefit from redistribution,

this mechanism implies that inequality should be positively associated with ag-

gregate demand for redistribution.

Second, and more importantly, I argue that this is not the only mecha-

nism linking inequality to redistribution preferences: if macro-level inequality

is associated with negative (or positive) externalities, it follows that individ-

uals can come to support (oppose) redistribution in order to avoid (promote)

such externalities from affecting their own utility (Rueda and Stegmueller, 2014;

Alesina and Giuliano, 2009). Like Rueda and Stegmueller (2014), and drawing

inspiration from classic economic models of crime (Becker, 1968; Ehrlich, 1973;

Bourguignon, 2001), I focus on crime and fear of crime, as a highly visible con-

sequence of inequality. Although alternative mechanisms are possible, including
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negative externalities in education (Perotti, 1996; Galor and Zeira, 1993; Ben-

abou, 1996), or (possibly) positive incentive and productivity effects of high

inequality (Schumpeter, 1943; Welch, 1999; Partridge, 2005; Siebert, 1998; Bell

and Freeman, 2001), these effects are more long-term, and less clearly linked to

inequality compared to crime and fear of crime.

When taken together, these two points imply that inequality affects redistri-

bution preferences through two separate causal mechanisms: (i) through a tax

and transfer logic, effectively increasing the number of individuals who stand to

benefit from redistribution, and (ii) by producing negative externalities, includ-

ing fear of crime, for which redistribution is a possible solution. This theoretical

framework forms the staring point for my main argument.

Third, I depart from the previous literature in arguing that in order to un-

derstand the association between fear of crime and demand for redistribution

— and hence indirectly the relationship between inequality and redistribution

preferences through the externalities mechanism — it is necessary recognize that

redistribution is but one of several means through which fear of crime can be

addressed. Again building on economic models of crime (Becker, 1968; Ehrlich,

1973; 1996; Freeman, 1982; Imrohoroglu et al., 2000), I argue that the most im-

portant alternatives to redistribution in this context are more policing or harsher

punishments, both of which, like redistribution, are determined through poli-

tics. This means that in order to properly delineate the relationship between

fear of crime and redistribution preferences, it is imperative to know how indi-

viduals come to prefer either option: that is, it is necessary to theorize about

when and why fear of crime gives rise to increased demand for redistribution

(and where, as a consequence, more inequality will be linked to more support

for redistribution), and when it instead gives rise to increased demand for polic-

ing and punishment (and hence where the relationship between inequality and

redistribution preferences will not follow). Without this piece of the puzzle, our

understanding of this causal logic arguably remains incomplete.
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Fourth, I suggest that a key determinant of this choice is the level of ethnic or

racial heterogeneity in the population. High population heterogeneity matters,

I argue, both because it makes the causal link between economic disadvantage

and crime less clear, and because it introduces the possibility of prejudicial

attitudes influencing views about the causes of crime, as well as the appropriate

solutions for it. Since these points have important implications for the perceived

efficiency of redistribution and policing/punishment as alternative means to

deal with crime, it is reasonable to expect preferences for either option to be

affected. Moreover, whilst the claim that heterogeneity affects views about crime

along these lines is well established in the relevant criminology and political

sociology literatures (Gilliam and Iyengar, 2000; Hurwitz and Peffley, 2005),

this observation has yet to be incorporated into arguments about crime and fear

of crime in the context of redistribution preferences, despite its importance. To

that end, and building on this logic, I expect the strength of the association

between fear of crime and support for redistribution to decline as the level of

population heterogeneity increases, and in the other direction, the opposite to

hold true for the relationship between fear of crime and support for policing and

punishment.

Taken as a whole, this argument adds a new and important component

to what has been said by previous authors, and leads to novel expectations

about the relationship between inequality and redistribution preferences through

the externality mechanism of fear of crime. Stated simply, the main thrust

of my argument is that inequality will have different effects on redistribution

preferences in different contexts: whilst fear of crime — and thus indirectly

inequality — will have a positive effect on demand for redistribution as long as

the level of population heterogeneity is low, I expect no such effects when the

level of heterogeneity is high.
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2.1 Short-term tax and transfer maximization

I follow an influential tradition in comparative political economy by assuming

that redistribution preferences are grounded in material self-interest, and that

present labour market income is an important component of such considera-

tions. The most well-known and perhaps simplest statement of this approach

is the model proposed by Romer (1975) and developed by Meltzer and Richard

(1981). On the preferences side, in a simple world where there is no deadweight

loss to taxation and where the labour supply is fixed, this model assumes that

individuals have different productivities which determine their income, that util-

ity depends only on income (measured in units of consumption, since there is no

saving or investment), and that the government distributes an equal lump-sum

transfer to all citizens financed through a linear income tax. Utility is thus given

by some function,

Ui = f(ci) (1)

which is assumed to have the usual well-behaved properties. Following the

notation of Alesina and Giuliano (2009), with individual productivity αi, an

income-tax rate of t, including the redistribution scheme described above in

Eq.(1) gives

ci = (1− t)αi + tᾱ (2)

Ui = f(ci) = f((1− t)αi + tᾱ) (3)

where ᾱ is the mean productivity, or equally, the mean income. It follows that

the optimal choice of t depends on the distance between αi and ᾱ: when αi is

smaller than ᾱ, the preferred tax-rate will be 1, and when αi is smaller than ᾱ,

the optimal tax rate will be 0. In other words, under the assumptions of the

model, all individuals with an income below the mean will prefer the maximum

tax rate with maximum redistribution, whilst all individuals with an income

above the mean will prefer minimum taxation with minimum redistribution.
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Figure 1: Preferences for redistribution in the RMR-model
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In aggregating preferences and linking them to outputs, the Romer-Meltzer-

Richard (hereafter, RMR) model assumes a straightforward median-voter logic,

implying that the preference of the median-income individual determines gov-

ernment policy (Downs, 1957). Allowing for tax disincentives and relaxing the

assumption of a fixed labour supply, meaning that voters below the mean may

prefer an intermediate tax rate, this leads to the well-known expectation that

more inequality should be associated with more redistribution. The micro-level

implications of this are summarized in Figure 1 above.

The general consensus in the macro-level literature, however, is that the

RMR-model does not stand up to empirical scrutiny. Instead, whilst some have

suggested that there might be no systematic relationship at all between inequal-

ity and redistribution, others have argued that the association is in fact negative,

such that more inequality is associated with less rather than more redistribution

(Iversen and Soskice, 2006, 2009; Moene and Wallerstein, 2001, 2003; Lindert,
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2004; Lupu and Pontusson, 2011; Shelton, 2007; for competing arguments, see

Milanovic, 2000; Kenworthy and Pontusson, 2005). To the degree that these ar-

guments are concerned about preferences, moreover, they tend to rely on a logic

where social policy fulfils not only a redistributive but also an insurance func-

tion, and hence emphasize the distribution of labour-market risks rather than

the distribution of income (Iversen and Soskice, 2001; Estevez-Abe, Iversen, and

Soskice, 2001; Gingrich and Ansell, 2012; Rehm, Hacker, and Schlesinger, 2012;

Cusack, Iversen, and Rehm, 2006; Rehm, 2009, 2011).

It is important to remember, however, that the absence of macro-level sup-

port for the RMR-model does not imply that the same necessarily has to hold

true for its micro-level implications. Failing to recognize this is to pass guilt

by association. The electoral system (Iversen and Soskice, 2006), turnout ef-

fects (Boix, 2003; Mahler, 2008; Barnes, 2013; Bartels, 2009), party strategies

(Rueda, 2005, 2007; Evans and Tilley, 2012), second-dimension issues (Scheve

and Stasavage, 2006; Stegmueller, 2013a; Alesina and Glaeser, 2004; Inglehart

and Flanagan, 1987), to name but a few, are all possible explanations for how

the preferences side of the RMR-model can be correct even when its macro-

level implications are not borne out. Empirically, moreover, whilst some studies

using individual-level data have questioned the existence of a negative income

effect on preferences (Kenworthy and McCall, 2008; Huber and Stanig, 2009),

others have found the opposite (Finseraas, 2008; Shayo, 2009; Dimick, Rueda,

and Stegmueller, 2014; McCarty, Poole, and Rosenthal, 2006).

In line with the findings of these latter arguments, I expect support for re-

distribution to decline with an individual’s position in the income distribution.

This is analogous to the implications of the special case of the RMR-model

where the deadweight cost of taxation is allowed to affect preferences across the

entire range of the income distribution, or equally, a model where the inten-

sity of preferences for or against redistribution are theorized to increase with

the relative income distance to the mean. Figure 2 illustrates this expectation

graphically.
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Figure 2: Expectation about income and redistribution preferences
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2.2 Fear of crime and demand for redistribution

Although interesting in its own right, the effect of relative income on redistribu-

tion preferences is not my main concern in this paper: the association between

fear of crime and demand for redistribution, and its relation to population het-

erogeneity. Notwithstanding the expectation that support for redistribution

declines with relative income, there are good reasons for theorizing that tax and

transfer considerations alone cannot account for all the observed variation in

redistribution preferences, either cross-nationally or within countries. On the

macro-level, again, it is simply not the case aggregate demand for redistribution

is a straightforward function of inequality, and on the micro-level, as the empir-

ical analysis of this paper’s argument about relative income shows, support for

redistribution often extends into income-groups who do not have a plausible tax

and transfer motive for demanding redistributive policy (see also, amongst oth-

ers, Rueda, 2014). To understand the formation of redistribution preferences,

it is therefore necessary to look beyond income. In this section, I present the

argument that fear of crime is positively related to demand for redistribution,

before qualifying in the sections that follow.

To explain how inequality affects redistribution preferences beyond a mere

tax and transfer logic, I follow a small set of previous arguments emphasiz-

ing how inequality can feature indirectly in utility functions when inequality is

associated with negative externalities (Alesina and Giuliano, 2009):

Ui = f(ci(. . . , Q)) (4)

∂Ui

∂Q
< 0 (5)

where Q is some measure of inequality. Arguments in this vein thus still ground

redistribution preferences in material self-interest, but differ from the standard

approach in theorizing that that self-interest is, amongst standard variables such

as income and labour supply, a negative function of inequality.
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The argument that inequality can affect utility independently of tax and

transfer effects opens the door for new theories about the relationship between

inequality and redistribution. On a general level: if inequality has a negative

effect on utility through an externalities logic, it is reasonable to expect inequal-

ity to have a positive effect on preferences for redistribution, since redistribution

then is a means for preventing such harmful effects of inequality from obtaining.

Different authors have stressed different mechanisms through which this kind

of association might follow. In economics, an important set of arguments have

emphasized how high-income individuals can come to support redistribution in

order to realize the benefits of better access to higher education for the poor

(Romer, 1990; Alesina and Giuliano, 2009; Perotti, 1996; Benabou, 1996). More

closely related to my own argument, Rueda and Stegmueller (2014) have applied

a similar logic to crime and fear of crime, and argued that if more inequality leads

to more crime and hence more fear of crime, the rich will become more likely

to support redistribution as inequality increases, given that redistribution then

serves to increase their sense of safety. The argument of this paper differs from

that of Rueda and Stegmueller (2014) on two key points. First, I do not assume

that differences in investment horizons conditioned by income imply that fear

of crime only matters for the rich, but rather expect it to matter for individuals

across the range of the income distribution. Second, and more importantly, my

argument suggests that fear of crime will have different effects on redistribution

preferences in different contexts, whereas Rueda and Stegmueller (2014) make

no such claims. These differences will become clearer below.

Theoretically, the claim that inequality matters for redistribution prefer-

ences through the externality mechanism of fear of crime is grounded in one of

the central tenets of economic models of crime and deterrence: that the crime

rate is positively related to the level of inequality. To recapitulate briefly, in

the canonical version of this framework, developed by Becker (1968), potential

criminals rationally evaluate whether to engage in crime. This means that an in-

dividual will commit a crime only if the expected payoff from doing so exceeds
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its opportunity cost, most importantly the reward associated with legitimate

work. A key determinant of these payoffs is level of income inequality. High

inequality means that for the poor, the expected gain from crime is relatively

high (assuming the benefit from crime is proportional to the wealth of society),

whilst the relevant opportunity cost is low. Low inequality, on the other hand,

mean that fewer individuals can expect to earn more from crime than from legal

employment through the labour market. On the cost side of the crime calcu-

lus, moreover, for any level of inequality, the higher the probability of being

caught and the larger the associated cost of punishment, the more discounted

the expected payoff of crime will become. Taken together, therefore, the model

suggests that crime will be a positive function of inequality, but a negative

function of the probability of being caught and the severity of punishment.

Although the evidence is not completely unambiguous, a large empirical

literature has found support for the hypothesis that inequality and crime are

positively related. Fajnzlber, Lederman, and Loayza (2002), to take one of the

most well cited examples, use panel data for 39 countries from the late 1960s

to the mid-1990s to conclude that ‘income inequality, as measured by the Gini

index, has a significant and positive effect in the incidence of crime’ (pp. 25).

Ehrlich (1973), Freeman (1982, 1996), Kelley (2000), and Bourguignon (2001)

also report similar results, amongst many others.

It is important to point out that whilst the discussion above concerns objec-

tive crime rates, it is fear of crime that does the heavy lifting in my argument.

Whilst I accept that fear of crime and the probability of victimization are dis-

tinct, there are good reasons for expecting fear of crime to parallel actual crime

in relation to inequality and policing/punishment in the context of this paper’s

argument. As Rueda and Stegmueller (2014) point out, the claim that fear of

crime matters for redistribution preferences only requires that individuals con-

cerned about crime are aware of actual crime rates, and that they perceive there

to be a relationship between crime and inequality. Importantly, this argument

holds even if the relationship between crime and fear of crime is imperfect.
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To that end, accepting that inequality and fear of crime are positively re-

lated, the relationship between fear of crime and demand for redistribution is

not difficult to see. On the logic outlined above, assuming that fear of crime

negatively affects utility, it follows inequality will feature indirectly in individual

utility functions. Because high inequality promotes fear of crime, high inequal-

ity has negative effect on utility. In the opposite direction, because equality

promotes security, equality has a positive effect on utility. Formally, this can be

written as,

Ui = f(ci(. . . , Ci)) (6)

∂Ui

∂Ci
< 0 (7)

Ci = f(. . . , Qj) (8)

∂Ci

∂Qj
> 0 (9)

where Ci is a measure of fear of crime, and Qj is a measure inequality in country

or region j. Fear of crime can thus give rise to increased support for redistribu-

tion out of purely self-interested reasons. That is, because redistribution lowers

inequality, it follows that increased support for redistributive polices can become

a rational response to increased concern about crime caused by high inequal-

ity. On this logic, therefore, fear of crime should be positively associated with

demand for redistribution.
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2.3 Redistribution, or policing, or punishment?

The above argument about fear of crime and redistribution preferences forms

the foundation for the main theoretical point of this paper. I depart from the

previous literature, however, in relaxing the assumption (whether implicit or

explicit) that individuals concerned about crime will always come to support

more redistribution, whether in conjunction with or instead of more policing or

harsher punishments. As I discuss below, this leads to very different predictions

about the relationship between inequality, crime, and support for redistribution.

That crime is not only the product of inequality but also a function of

the probability of being caught and the cost of punishment is a central fea-

ture of standard economic models of crime, as discussed above. On the theory

side, whereas inequality matters because it affects the relative payoffs associated

with committing a crime versus engaging in some form of legitimate work, the

probability of being caught and the severity of punishments enter the equation

through the cost side, effectively lowering the expected benefit tied to crime.

This means that the more likely criminals are to be captured, and the larger

the associated cost of being convicted, the smaller the group of individuals who

have a rational reason for engaging in crime will become.

As for the proposition that more inequality leads to more crime, empirical

support for the argument that policing (as the probability of being caught) and

the severity of punishments (as the cost associated with being caught) have a

negative effect on crime is also abundant. Most empirical research focuses on

the United States, not least because of difficulties with deriving cross-national

datasets able to overcome possible endogeneity issues. Marvel and Moody

(1996), to take one influential example, conduct a Granger causality analysis

using data for 49 states and 56 cities from a period of more than 20 years, to

conclude that ‘higher police levels reduce most types of crime, particularly at

the city level’, and that ‘the size of the impact is often substantial’ (pp. 640).

Likewise, using an innovative empirical strategy that exploits electoral cycle ef-

fects in levels of police hiring in 59 U.S. cities between 1970 and 1992, Levitt
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(1997, 2002) finds robust evidence for the argument that policing is negatively

related to local crime rates. These studies deal with policing, but similar evi-

dence is also available for the effect on crime of different punishment measures,

whether in the form of fines or imprisonment (Levitt, 1996; Shepherd, 2002; for

a review, see Levitt and Miles, 2007).

Going back to the main concern of this paper, these findings call into question

the assumption that increased support for redistribution is the only possible

response concern about crime amongst voters. Rather, the fact that crime and

by implication fear of crime can be seen as the product of both inequality,

on one side of the equation, as well as policing and punishments, on the other,

suggest that there is a sound theoretical basis for recognizing that concern about

crime can give rise to two distinct responses in the realm of politically relevant

preferences: either increased support for redistribution, or increased support for

more policing and harsher punishments. Although fear of crime can, of course,

be thought to affect preferences for both types of policies, it is important to

emphasize that there is no given reason for assuming that this will always be

the case, or more reasonably, that the preferred balance between the two will be

constant. As the empirical literature stands, however, we simply do not know

when citizens react to concern about crime by supporting more redistribution,

and when they do so by supporting more policing and harsher punishments. In

the following section, I develop a model that seeks to explain this choice.
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2.4 Ethnic and racial heterogeneity

The point emphasized above begs the question of how this choice is determined:

when does fear of crime give rise to increased demand for redistribution, and

when does it give rise to increased support for more policing and harsher punish-

ments? As I have said above, I argue that a key factor influencing this choice is

the level of ethnic or racial heterogeneity in the population. My suggested causal

mechanism works through perceptions about the relative efficiency and cost of

redistribution and policing/punishment as alternative means to deal with crime.

The more homogenous the population is, the more I expect redistribution to be

seen as the preferred solution to crime, and hence the stronger I expect the posi-

tive association between fear of crime and support for redistribution to become.

In contexts of high heterogeneity, by contrast, I theorize that more policing and

harsher punishments will be seen as more efficient than redistribution, implying

that the association between fear of crime and redistribution preferences will be

weaker. I develop this argument in the paragraphs that follow.

First, to see why perceptions of the efficiency of redistribution and polic-

ing/punishment are important, recall that in the model discussed above fear of

crime has an effect on redistribution preferences only because (i) fear of crime

negatively affects utility, and (ii) redistribution is a means to reduce fear of

crime. Hence, preferences for alternative crime prevention measures are indi-

rect: neither redistribution nor more policing or harsher punishments feature

directly in individual utility functions, and demand for either option arises only

because of their expected (negative) effect on fear of crime. This means that in-

dividuals do not intrinsically prefer either redistribution or policing/punishment,

but rather that their demand for either alternative (or the balance between the

two) depends only on their relative efficiency, given some cost, at increasing

perceptions of safety. To understand how the trade-off between redistribution

and policing/punishment is made, therefore, it is necessary to know how beliefs

about the efficiency of either option are formed.
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Of course, in a wholly rational world with perfect information such beliefs

would have no place in my argument, since all that mattered then mattered

would be the actual ability of redistribution and policing/punishment to pro-

duce safety. In the real world, however, things are less clear. As Rueda and

Stegmueller (2014, pp. 11) emphasize, ‘a number of issues makes the compara-

tive costs and benefits of these policies difficult to quantify’, both on the societal

and on the individual level. Aside from the in itself less than straightforward

issue of discerning the relative marginal productivity of either policy option on

crime and fear of crime, this task also includes estimating their more long-run

and indirect relative costs and benefits, a matter which has proven complex

even for academic researchers attempting to do so (Vining and Weimer, 2010;

Roman and Visher, 2009; Western, 2002).

A more reasonable expectation, therefore, is to theorize that what matters

for the choice between redistribution and policing punishment is their perceived

efficiency at reducing crime, which may or may not be accurate ex post facto.

This means that in order to understand how this choice is made, it is necessary

to understand the formation of such perceptions.

I argue that a key factor shaping this trade-off is the level of racial or eth-

nic heterogeneity in the population. The more homogenous the population is,

the more efficient I expect redistribution to be perceived relative to its puni-

tive alternatives; conversely, I expect high levels of population heterogeneity

be associated with an increased preference for policing and punishment. There

are several reasons for expecting ethnicity, race, and crime to be linked along

the lines of this logic: one is that heterogeneity makes the causal link between

inequality and crime less easy to identify, in the sense that it introduces the

possibility that individuals come to perceive heterogeneity as the root cause

of crime rather than economic disadvantage, another is that prejudice towards

members of a different group from one’s own influences how redistribution and

policing/punishment as alternative solutions to crime come to be viewed. A

large and predominantly US-centred literature in criminology and political soci-
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ology has produced firm evidence in support of these expectations. Gilliam and

Iyengar (2000), to take one example, use an experimental setting to manipulate

the racial identity of an alleged perpetrator of murder in a stylized news report,

and find that when the shown suspect is African-American, Whites become sig-

nificantly more likely both to attribute the cause of crime to dispositional factors

(for instance, the belief that ‘some people are just born criminals’) rather than

to inequality, and to support harsher punitive policies. Similarly, Hurwitz and

Peffley (2005) show in a survey experiment that white respondents primed on

the identity of suspects as blacks were significantly more likely to prefer build-

ing more prisons over extending antipoverty programs, and on the observational

side, Unnever, Cullen, and Jones (2008) derive evidence from the 2000 Amer-

ican National Election Survey to corroborate the finding that racial attitudes

significantly condition beliefs about the causes of crime as well as the choice of

crime prevention measures. Peffley, Hurwitz, and Sniderman (1997), Hurwitz

and Peffley (1997), Unnever and Cullen (2010), and Peffley and Hurwitz (2002)

also report similar results, amongst many others (for a review, see Huddy and

Feldman, 2009). In short, the argument that heterogeneity matters for views

about crime and punishment cannot be ignored.

These findings cast serious doubt on the assumption that fear of crime is

necessarily linked to increased support for redistribution, and that this effect is

invariant across social contexts. Instead, they point to the need of theorizing

that fear of crime, and by extension inequality, will have different effects on

redistribution preferences in different places. Incorporating this into the argu-

ment of this paper, I expect that when the level of heterogeneity is low, fear of

crime will indeed be associated with increased support for redistribution. As

the level of heterogeneity increases, however, things will change: redistribution

will gradually come to be seen as a less efficient solution to crime, whilst the op-

posite will hold true for policing and punishment. When heterogeneity is high,

therefore, I expect that whilst fear of crime will have a positive effect on support

for punitive measures, it will have no such effect on demand for redistribution.
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2.5 Hypotheses

Taken together, the above generates the following five testable hypotheses about

the effects of relative income, fear of crime, and population heterogeneity on

preferences for redistribution and law enforcement.

Hypothesis 1: As an individual’s income increases relative to the mean, support

for redistribution will decrease.

Hypothesis 2: When the level of population heterogeneity is low, fear of crime

will have a positive effect on support for redistribution.

Hypothesis 3: As the level of population heterogeneity increases, the positive

effect of fear of crime on support for redistribution will weaken.

Hypothesis 4: When the level of population heterogeneity is high, fear of crime

will a positive effect on demand for more policing and harsher punishments.

Hypothesis 5: As the level of population heterogeneity declines, the positive

effect of fear of crime on demand for more policing and harsher punishments

will weaken.

29



3 Empirical Strategy

To test the above expectations, my main task is to delineate how the effect

of fear of crime on (i) redistribution preferences and (ii) preferences for polic-

ing/punishment varies with the level of population heterogeneity. My key expec-

tation is that the (positive) effect of fear of crime on support for redistribution

will decline in magnitude as the level of population heterogeneity increases (Hy-

pothesis 2 and 3), whilst the opposite holds true for the association between

fear of crime and demand for policing and punishment (Hypothesis 4 and 5).

Moreover, because my theoretical argument implies that redistribution prefer-

ences will be affected by short-term tax and transfer motivations in addition

to externality related concerns, I also expect that relative income is negatively

associated to support for redistribution, all else equal (Hypothesis 1).

The structure of the argument means that I am interested in a cross-level

interaction effect: that is, in how population heterogeneity, as country-level

variable, affects the relationship between fear of crime and preferences for redis-

tribution and policing/punishment on the individual-level. I explore these rela-

tionships using individual-level survey data from the 2002 Eurobarometer 58.0

and the 2010 European Social Survey, which to my knowledge are the only two

cross-national datasets that contain the full range of items necessary to test my

theoretical logic. Importantly, the list of requirements includes a high-quality

measure of income, as well as reliable items tapping into all of fear of crime,

support for redistribution, and attitudes towards law enforcement. To that end,

whilst finding surveys that measure either one is not particularly difficult, the

supply of data that includes all of the above is considerably more limited. Sta-

tistically, I use a ‘two-step’ strategy. I elaborate on this method below, but to

summarize its main features: in the first step, I run separate individual-level

regressions in each country for which I have data, and in the second step, I

regress the estimated coefficients from the first-step country-specific regressions

on the set of macro-level variables, including population heterogeneity.
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At the onset, I want to emphasize that the analysis below should be seen

as a preliminary test of my theoretical argument, rather than as a conclusive

exploration of its empirical implications. Most importantly, the limited avail-

ability of cross-national survey data that meet the necessary requirements mean

that no firm conclusions can (or should) be drawn from the analysis. Moreover,

whilst additional experimental data would have been highly useful for testing

the validity of my theorized causal mechanism linking population heterogeneity

to perceptions about the efficiency of redistribution and policing/punishment

as solutions to fear of crime, the temporal, practical, and (not to say) financial

constrains on this project have limited my ability to generate such data. To

that end, whilst the analysis below is valuable as a first test of my argument,

more remains to be done, not least by me as part of coming DPhil work.

The empirical part of this paper is organized as follows. In the remainder of

this section, I discuss the scope of my argument and empirical analysis, describe

my two-step statistical methodology, and finally deal with the selection and

operationalization of macro-level variables. I then present the results based

on each of the two individual-level datasets in turn: first considering the 2002

Eurobarometer 58.0, and secondly the 2010 European Social Survey.

3.1 Scope of the argument

In line with most of the previous literature on redistribution preferences, I limit

the scope of my argument and empirical analysis to the set of advanced in-

dustrial democracies. There are theoretical as well as empirical considerations

justifying this choice. First, and perhaps most importantly, it is simply not

clear that the same causal mechanisms behind redistribution preferences work

in developed and developing contexts, implying that generalizing explanations

between the two is inherently difficult. Second, it is also the case that the avail-

ability of data required to test my theoretical argument is highly limited outside

of the developed world, a problem that is further compounded by potential is-

sues of item incomparability between developed and developing contexts (King,
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Murray, Salomon, and Tandon, 2003). As such, whilst further efforts aimed

at explaining redistribution preferences outside of advanced industrial settings

would be welcome, I nevertheless take it that limiting the scope of the argument

in this manner is justified.

3.2 Statistical methodology

As is relatively well known, the hierarchical structure of my argument and em-

pirical analysis — with variables on the country-level affecting the relationship

between other variables on the individual-level — raises a number of important

but sometimes thorny methodological issues. Most importantly, not accounting

for the multilevel structure of the data would produce underestimated standard

errors, given that the individual-level observations are not independent.

Generally speaking, there are two main approaches in the contemporary

statistics and econometrics literatures to dealing with the type of argument and

data used in this paper, both of which have been applied extensively in both

political science and economics. One alternative is to estimate random effects

multilevel models by maximum likelihood. Another is to estimate pooled models

with robust standard errors to account for clustering in the data.

Whilst both of these approaches have their merits, there is a worry that

neither performs well under conditions where the number of macro-level units

is small, but the number of observations within each macro-unit is sufficiently

large to be consistently estimated separately. As Huber, Kernell, and Leoni

(2005) point out, the approach to inference in maximum likelihood random ef-

fects models as well as most common cluster correction techniques is asymptotic,

and derived under the assumption that the number of macro-units tends to infin-

ity. This assumption is not necessarily reasonable, however, when the number

of macro-units is small, as it is here. Moreover, the literature gives no clear

guidance as to what macro-level sample size is ‘good enough’. Maas and Hox

(2004), for instance, show that common random intercept maximum likelihood

models typically underestimate standard errors when the number of macro-units
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is less than 50, whilst Stegmueller (2013b) argues that as few as 20 units can

be sufficient when the main interest lies in a cross-level interaction. Other au-

thors have other recommendations (Kreft and de Leeuw, 1998; Rabe-Hesketh

and Skrondal, 2008). Murray, Varnell, and Blitstein (2004) also reach similar

small-sample conclusions with respect to cluster corrected standard errors, and

warn against using such an approach when the number of macro-units is less

than 40. Moreover, as Huber, Kernell, and Leoni (2005, pp. 377) comments,

although a variety of small-sample correction methods for either approach are

available (Fay and Graubard, 2001; Murray, Varnell, and Blitstein, 2004), ‘there

is little consensus about which one to choose, and none is available in any of

the widely available statistical packages’.

To avoid these concerns, I adopt a two-step analytic strategy (Huber, Ker-

nell, and Leoni, 2005; Jusko and Shively, 2005; Lewis and Linzer, 2005; Leoni,

2008). As the term suggests, this involves estimating separate regression models

in two distinct steps. In the first, I run two logit models in each country for

which I have data: one for redistribution and one for policing, as functions of

solely individual-level characteristics. For each country j ∈ {C1, C2, C3, . . . , Cj}

and individual i ∈ j, I thus estimate:

R∗
ij = βj

income(yi − ȳj) + βj
crimeCRIMEi + Wijbj + εij (10)

P ∗
ij = δjincome(yi − ȳj) + δjcrimeCRIMEi + Wijdj + εij (11)

where R∗
ij and P ∗

ij are latent variables (technically, the natural logarithm of

the odds of a positive outcome on the dependent variable) measuring support

for redistribution and law enforcement, and βj
income and δjincome the effect of

relative income (yi − ȳ), where yi is individual income and ȳj the country-

mean income, on such preferences. In turn, the externality-related effect of

fear of crime, CRIMEi, is captured by βj
crime and δjcrime respectively. Wij is

a matrix of individual-level controls and bj and dj their respective coefficients.

In terms of my argument, the short-term tax and transfer effect of inequality
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on redistribution preferences is thus picked up by βj
income, and the remaining

externality related effect, through the micro-logic of fear of crime, is captured by

βj
crime. Given that the number of observations i in each country j is relatively

large, moreover, it follows that each of the βj ’s and the δj ’s can be assumed

to be consistent. The first step thus leaves me with two sets of estimated

country-specific coefficients β̂j
crime and δ̂jcrime, together with their associated

errors, giving the effect of fear of crime on preferences in each country.

The objective of the second step is to estimate the association between these

country-specific coefficients of fear of crime and the country-level variables, in-

cluding population heterogeneity. This implies estimating the equation:

βj
crime = γ1 + γ2HETEROj + Qjb + uj (12)

However, given that the first-stage coefficients are estimates and hence come

with a stochastic component, it follows that Eq.(12) can be written as:

β̂j
crime = βj

crime + vj (13)

β̂j
crime = γ1 + γ2HETEROj + Qjb + uj + vj (14)

To account for this uncertainty about β̂j
crime in estimating Eq.(14), I use the

technique developed by Lewis and Linzer (2005), Huber, Kernell, and Leoni

(2005), and Leoni (2008), using the edvreg (version 6.0) routine for Stata. In

very simple terms, this estimates the second-step regressions by FGLS, and em-

ploys the weighting scheme suggested by Borjas and Sueyoshi (1994) to account

for the two components of the second-stage error term — the first being the

errors carried forwards from the first-stage, and the second being the residual

variance in the second-stage — effectively weighting the estimated coefficients

from the first step regressions by their precision (for useful technical discussions,

see Huber, Kernell, and Leoni, 2005; and Leoni, 2008). In their original article,

Borjas and Sueyoshi (1994) provide evidence from a series of Monte Carlo sim-
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ulations showing that the weighting strategy has good small sample properties,

and gives results that superior to those from standard multilevel specifications

when the number of observations in each macro-unit is sufficiently large to pro-

duce reliable estimates in the first step. This technique has also been employed

in a number of recent publications in political economy, including Gingrich and

Ansell (2012) and Gingrich (2014).

3.3 Macro-level variables

Population heterogeneity

To operationalize population heterogeneity, I use the ethnic fractionalization

index developed by Fearon (2003). Like alternative fractionalization measures

(e.g. Alesina et al., 2003), this index is defined as the probability that two

individuals randomly drawn from the population will not come from the same

ethnic group. Formally the fractionalization score for a country j can therefore

be derived as

FRACj = 1−
n∑

i=1

p2i (15)

where p is the proportion of citizens of country j belonging to group i, and n is

the total number of ethnic groups that together make up the population of j.

This means that high scores represent high population heterogeneity, and that

low scores represent low population heterogeneity. To simplify interpretation, I

transform the scale of the index to range from 0 to 10. Table 1 below reports

the scores assigned to the countries included in my analysis.

The Fearon-index comes with a number of benefits relative to other fraction-

alization indices, the most well known alternative being that of Alesina et al.

(2003). An important difference between the two datasets is the classification

of ethnic groups: whereas the Alesina et al. (2003) index builds directly on the

categorization of ethnic groups as given by the Encyclopaedia Britannica, the

Fearon-index is designed to accommodate the fact that some ethnic divisions

are more salient than others. As Fearon (2003, pp. 198) himself comments, ‘im-
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plicit in the idea of an ethnic group is the idea that member and non-members

recognize the distinction and anticipate that significant actions are or could be

conditioned on it’, implying that to capture the relevant level of heterogeneity in

a country it is ‘natural and perhaps necessary that the right list of ethnic groups

for a country depend on what people in the country identify as the most socially

relevant ethnic groupings’. Accommodating this idea, the list of ethnic divisions

underlying the index used here is developed to correspond to the groupings that

people in a given country would point out as the relevant ethnic divisions, were

they to be surveyed. Whilst this approach, of course, comes with the downside

of having required a judgement call to be made about which groups that are

relevant and which that are not, it also comes with the (arguably outweighing)

benefit of allowing for a closer match between theory and empirics.

Macro-level controls

In addition to the population heterogeneity, I also include the following country-

level controls in the second-step regressions: PPP-adjusted GDP per capita in

units of 10,000 US dollars, the harmonized unemployment rate (both from the

OECD Statistical Database), total net public social expenditure in percent of

GDP (from the OECD SOCX Database), and federalism (dummy for being

federal). Given the small sample size on the macro-level, I deliberately keep the

second-step models parsimonious.
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Table 1: Ethnic fractionalization by country

Country Fractionalization score

Switzerland 5.75

Belgium 5.67

Israel 5.62

Spain 5.02

United Kingdom 3.24

Czech Republic 3.22

France 2.72

Slovenia 2.31

Sweden 1.89

Hungary 1.86

Ireland 1.71

Finland 1.32

Denmark 1.28

Austria 1.26

Norway 0.98

Germany 0.95

Netherlands 0.77

Greece 0.59

Poland 0.47

Portugal 0.40

Italy 0.40

Source: Fearon (2003).

Scale transformed to range from 0 to 10.
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4 Analysis: Eurobarometer

I begin by examining the Eurobarometer 58.0. Like other Eurobarometer sur-

veys, this dataset is constructed from data collected though country-administered

phone interviews, in this case conducted in September and October 2002. In

total, 17,401 individuals were interviewed. Accounting for missing data by list-

wise deletion, however, the effective number of observations used in the analysis

below falls to about 10,500, from the following countries: Austria, Belgium,

Denmark, Finland, France, Germany, Greece, Ireland, Italy, Luxembourg, the

Netherlands, Norway, Portugal, Spain, Sweden, and the United Kingdom. De-

scriptive statistics for all individual-level variables are provided in Table 2 below.

4.1 Variables

Dependent variable: Redistribution preferences

To operationalize redistribution preferences, I use a straightforward item asking

respondents whether they ‘tend to agree’ or ‘tend to disagree’ with the statement

that ‘the government should redistribute income from the better-off to the less

well off’. Although the wording of this item differs somewhat from those used

in the ESS and the International Social Survey Programme, I take it that there

is little doubt that the measurement validity if this item is high (Adcock and

Collier, 2001). I code ‘tend to agree’ responses as 1, ‘tend to disagree’ responses

as 0, and all forms of ‘don’t know’ and other non-responses as missing.

Dependent variable: Policing attitudes

The Eurobarometer includes an item that prompts respondents with the state-

ment ‘better policing would reduce crime in my area’, with answers again clas-

sified as ‘tend to agree’ or ‘tend to disagree’. As with the redistribution item, I

code ‘tend to agree’ responses as 1, and ‘tend to disagree’ responses 0.

Various points can be made for and against the usefulness of this item in

relation to my theoretical argument. In particular, a potential problem follows

from the fact that the item asks whether respondents believe that better more
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policing would lead to less crime, as opposed to whether they would prefer to

have better policing, simpliciter. There are good grounds, however, for argu-

ing that this is not a major cause for concern. On my theoretical argument,

population heterogeneity matters precisely because it affects the perceived effi-

ciency of policing/punishment and redistribution as alternative means to deal

with crime, the former of which is arguably very close to what this item taps

into. Admittedly, a remaining problem is the resulting asymmetry between this

item and that measuring support for redistribution: whilst the policing question

directly concerns evaluations of the effectiveness of policing as a means to deal

with crime, the redistribution question taps into generic support for redistribu-

tion from the rich to the poor, without any explicit mention of its relation to

crime. Nevertheless, given the scarcity of alternative and useful survey data on

this very issue, I take it that this item will be sufficient for the current purposes.

Fear of crime

To capture fear of crime, I follow the bulk of the relevant criminology literature,

as well as Rueda and Stegmueller (2014), in employing an item that asks re-

spondents how safe they would feel walking alone through a dark local area at

night, with responses on a four-point ordinal scale from ‘very safe’ to ‘very un-

safe’. Whilst widely used, a possible criticism of this item is that it taps fear of

violent crime, as opposed to fear of property crime. This leads to two potential

problems with respect to my theoretical argument: first, that property crime

and violent crime may have different associations to inequality, and second, that

fear of violent crime has little to do with material self-interest.

I argue that neither of these two points are necessarily problematic. First, to

the extent that inequality only affected property crime but had no relationship

to violent crime, the ambiguity in the type of crime tapped into by this item

would indeed be a problem, since it would then follow that fear of violent crime

should have no direct relevance for redistribution preferences. Existing research

indicates that this is not the case, however. Empirically, numerous studies have
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found support for the proposition that inequality is positively associated not

only to property crime but also to violent crime, implying that a concern about

either — or, for that matter, both — types of crime should have similar effects on

redistribution preferences (Fajnzlber, Lederman, and Loayza, 2002; Kelly, 2000;

Ehrlich, 1973; Freeman, 1982; for a theoretical account, see Bourguignon, 2001).

Second, in response to the claim that fear of violent crime has little to do with

material self-interest, there is a good argument to be made for theorizing that

violent crime, like property crime, has a negative effect on material self-interest

to the extent that being the victim of violent crime has negative economic

consequences. The clearest instance of this is the intuition that victimization is

associated with a loss of expected income, a proposition for which there is ample

empirical evidence (Macmillan, 2000, 2001). On this logic, it again follows that

fear of violent crime and fear of property crime can be seen as equivalents in

the context of my theoretical argument, and hence that the possible ambiguity

in the item remains inconsequential (for general discussions of this item, see

Ferraro and LaGrange, 1987; Hale, 1996).

Relative income

On my argument, income matters because it determines how much a given

individual has to gain or lose from redistribution in tax and transfer terms.

This implies that I am more interested in an individual’s position in the income

distribution than in his or her absolute income. To incorporate this into my

empirical analysis, I follow Rueda and Stegmueller (2014), Rueda (2014), and

Idema and Rueda (2011) in developing an income measure that captures the

relative distance between respondents’ income and the country-mean income.

In the Eurobarometer 58.0, pre-tax and transfer income is recorded in ten

country-specific income bands roughly corresponding to the deciles of each coun-

try’s income distribution. To construct the relative income variable, I first trans-

form each band to its midpoint, and calculate a ‘midpoint’ for the open-ended

top category using the formula developed by Hout (2004). I subsequently cen-
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Table 2: Descriptive statistics

Eurobarometer 58.0 (2002)

Substantive variables Description µ or % σ

Redistribution preferences 1 = Supports redistribution 71.7% –

0 = Does not support redistribution

Policing preferences 1 = More policing would reduce crime 78.5% –

0 = More policing would not reduce crime

Fear of crime 1 = Feel unsafe/very unsafe 29.6% –

0 = Feel safe/very safe

Relative income In 10,000s 2002 PPP-adjusted USD 0 3.284

(See main text for details)

Controls Description

Age Respondent’s age in years 44.9 18.1

Female 1 = Female 53.0% –

0 = Male

Education Age when finished full-time education 18.01 4.5

Unemployment 1 = Unemployed 5.4% –

0 = Not unemployed

Labour market status 1 = Participates in the labour market 49.9% –

0 = Out of the labour market
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tre all country-specific income variables on their means. Given that variation

in price levels imply that the substantive meaning of having an income of some

set amount below or above the mean will vary between countries, I also convert

all figures to units of 10,000 2002 PPP-adjusted US dollars (using conversation

rates from the OECD). This means, in simple terms, that respondents with

identical scores on the relative income variable will be similar in terms of their

purchasing power relative to that of someone with the mean income, even if they

have different incomes in nominal terms. Finally, I merge all country-specific

variables into a single cross-national relative income variable.

Individual-level controls

In addition to the above, I also control for a standard range of individual-level

variables: age (respondents age in years), gender (dummy for being female),

education (age at which the respondent completed full time education), unem-

ployment (dummy for being unemployed), and labour market status (dummy

for being in the labour force).
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4.2 Descriptive patterns

It is useful to begin by considering some initial descriptive patterns that emerge

from the data. Figure 3, first, shows the share of respondents in each country

that support redistribution. As is evident from the figure, whilst support for

redistribution is remarkably widespread in Europe, with an aggregate mean

of 71.7% of respondents supporting redistribution, it is equally clear that this

figure masks a great deal of between-country variation. The argument of this

paper offers a possible explanation for why this is the case.

Whilst informative as an initial characterization of the support base for re-

distribution, Figure 3 does not say much about two points that are central to

my theoretical logic: the existence of a negative relative income effect on redis-

tribution preferences, and the relationship between fear of crime and support

for redistribution. To illustrate the first of these points, Figure 4 shows the

average level of support for redistribution amongst the poor (with an income

Figure 3: Mean support for redistribution by country
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Figure 4: Mean support for redistribution amongst the rich and the poor
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at or below the 10th percentile in the country) and the rich (90th percentile

and above) for each country included in the sample. On a descriptive level, the

data presented in Figure 4 lends considerable support for the argument that

support for redistribution declines as you move up the income distribution: the

poor are more supportive of redistribution than the rich in all countries aside

from Germany, and the average difference between the two groups is just above

ten percentage points. Again, however, there is considerable variation between

countries, with the difference in support for redistribution between the poor and

the rich ranging from 27.3 percentage points in Italy to 5.4 in Belgium.

Moving on from relative income, I have argued that whilst fear of crime

can indeed give rise to increased support for redistribution, this effect will vary

between countries. In the main part of the more systematic empirical anal-

ysis below, it is indeed this variation that I am first and foremost interested

in explaining. To provide an initial illustration of this point, Figure 5 plots

the difference (in percentage points) between the share of respondents who are
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Figure 5: Fear of crime and support for redistribution
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concerned about crime and that supports redistribution, and the share of re-

spondents who are not concerned about crime that supports redistribution.

Two points should be noted about the data presented in Figure 5. First, for all

countries in the sample, support for redistribution is higher amongst those who

are concerned about crime than amongst those who are not concerned about

crime. Prima facie, this lends support to the theoretical argument that fear of

crime can be modelled as an externality of inequality, and that redistribution

can seen as a possible solution for it. Second, and perhaps more importantly,

Figure 5 also makes it exceedingly clear that the association between crime and

redistribution preferences is all but constant across countries. In Luxembourg,

to take one example, the difference between the two groups is about 10.5 per-

centage points; in the Netherlands, it is 6.5 percentage points; and in the UK,

on the opposite end of the spectrum, it is less than half a percentage point. My

argument, again, offers an explanation for why this is the case.
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4.3 Redistribution

Turning to the inferential statistics, I present the analysis of redistribution

preferences based on the Eurobarometer 58.0 in two parts. First, I analyse

individual-level data only, to test the argument that relative income is an im-

portant determinant of redistribution preferences (Hypothesis 1). Second, I turn

to the results of the two-step procedure, and the empirical assessment of the

argument that the relationship between redistribution preferences and fear of

crime is contingent on the level of population heterogeneity (Hypothesis 2 and

Hypothesis 3).

4.3.1 Relative income

To test my expectation about a negative relative income effect on redistribution

preferences, I begin by estimating a pooled individual-level logit model with

support for redistribution as the dependent variable. To account for the clus-

tered structure of the data, moreover, I use Huber-White robust standard errors

clustered to obtain correct error estimates.

The results of this exercise are reported in Table 3. Model 1 includes the

relative income variable only, while Model 2 adds the battery of controls (age,

gender, education, unemployment, and labour market status). Model 2 also

includes fear of crime as an independent variable, the estimated effect of which

gives the average across all individuals (and hence across all countries with

varying levels of population heterogeneity) included in the sample. I return to

this effect in detail with the two-step analysis below, but suffice to say that the

estimated effect here is positive — meaning that fear of crime is, on average,

associated with increased support for redistribution — and significant at the

90%-level. In order to simplify comparison with the two-step analysis, Table 3

reports ‘raw’ logit coefficients rather than odds ratios, giving the linear effect

of the covariates on the log-odds of a positive outcome on the dependent vari-

able. Positive coefficients thus indicate a positive effect on the probability of

supporting redistribution, whilst negative coefficients indicate a negative effect.
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Table 3: Individual-level determinants of redistribution preferences

Model 1 Model 2

Relative income -0.0839*** -0.0629***
(0.0109) (0.0113)

Fear of crime – 0.137*
(0.0832)

Age – -0.00200
(0.00272)

Education – -0.0778***
(0.0232)

Female – 0.136**
(0.0631)

Unemployed – 0.184
(0.115)

In labour force – -0.170***
(0.0602)

Constant 0.904*** 1.460***
(0.137) (0.248)

Countries 16 16

Observations 10,360 10,278

BIC 12,090 11,881

Logit regressions.

DV: Support for redistribution.

Reported numbers are logit coefficients.

Robust S.E. clustered by country in parentheses.

Two-tailed significance tests:

*** p<0.01 ** p<0.05 * p<0.1
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A number of interesting points emerge from the results in Table 3. Although

not of importance for the main argument of this paper, several of the control

variables are significant determinants of redistribution preferences, generally in

line with previous findings. Education has a negative effect, as does being in

the labour force, whilst being a woman is positively associated with support

for redistribution. On the other hand, neither the effect of age nor that of

unemployment is significantly different from the null of no effect.

More importantly, the estimated effect of relative income — as the difference

in real terms between a respondent’s income and the mean in the country in

which he or she lives — is negative, and highly significant at the 99% level.

This means that as an individual’s income increases relative to the mean, the

probability of supporting redistribution falls. This result is in line with Hypoth-

esis 1, and the argument that relative income is an important (and negative)

determinant of support for redistribution.

To better illustrate this effect, Figure 6 plots the average predicted probabil-

ity of supporting redistribution for the range of observed values on the relative

income variable, together with 95% confidence intervals. Average predicted

probabilities are calculated by setting the variable of interest (in this case, rel-

ative income) to some given value or range of values, while letting all the other

covariates in the model assume all their observed values, and calculating sep-

arate predictions for all such combinations. These estimated probabilities are

then averaged to produce the average predicted probability.

Figure 6 clearly shows that relative income has an all but negligible effect on

redistribution preferences. As you travel up the sample income distribution —

the percentiles of which are indicated on the x-axis — the probability of support-

ing redistribution significantly declines. At the 5th percentile, corresponding to

an annual income of approximately 32,000 2002 PPP-adjusted USD below the

country-mean, the probability of supporting redistribution is just above 76.3%.

At the median income, at around 8,300 USD below the mean, the corresponding

probability falls to about 73.5%, and at the country-mean (where the relative
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income variable is 0), it is 72.5%. Moving up the income distribution above the

mean, the probability of supporting redistribution then drastically falls, espe-

cially in the top decile: at the 90th percentile it is 65.5% (at 53,400 USD above

the mean), at the 95th percentile (80,000 USD above the mean) it is 61.7%, and

at the 99th percentile (at about 100,000 USD above the mean), it is 58.6%.

Figure 6: Average predicted probabilities of supporting redistribution
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4.3.2 Fear of crime and population heterogeneity

Although interesting in its own right, the relationship between relative income

and redistribution is not the main thrust of my argument: that fear of crime

matters for redistribution preferences, and that this effect varies with the level

of population heterogeneity. As stated in Hypothesis 2 and 3, I expect fear of

crime to be positively associated with support for redistribution when the level

of population heterogeneity is low, but that this effect will decline as the level

of heterogeneity increases. It is to these expectations that I now turn.

To recapitulate very briefly, I test this side of the argument using a two-

step strategy. In the first step, I run separate logit models in each of the 15

countries for which I have data, each similar in specification to Model 2 in Table

3 above. Then, in the second step, I regress the estimated coefficients for fear of

crime from the first-step on the index of ethnic fractionalization, together the

battery of macro-level controls, employing the approach developed by Borjas

and Sueyoshi (1994), Lewis and Linzer (2005), and Huber, Kernell, and Leoni

(2005) to account for the uncertainty in the dependent variable.

I do not report the results of the first-step regressions. Rather, and more

interestingly, Figure 7 plots the estimated coefficients for fear of crime from the

first-step against the level of ethnic fractionalization. The solid line gives the

linear prediction from a bivariate regression estimated on all 15 observations,

and the dashed line the prediction from a regression based on a restricted sam-

ple with Belgium, Spain, and the United Kingdom — as the three countries

with the highest level of fractionalization, and the most apparent outliers —

excluded. Admittedly, these results are ambiguous with respect to my theoret-

ical argument: whereas the bivariate regression line is negative (as expected)

when the outliers are excluded, it is positive when they are not. Likewise, whilst

the bivariate association is not significant at any conventional level when esti-

mated on all observations, it is marginally significant when based on the reduced

sample (β = −0.24, p < 0.10).
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Figure 7: Estimated coefficients from first-step regressions
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To check whether this null finding is robust to the inclusion of other variables,

Table 4 reports the results from the more systematic multivariate second-step

analysis. Given the patterns observed in Figure 7, moreover, I report the results

from three models estimated on different samples of countries, gradually exclud-

ing the outliers noted above. As I have said before, I want to emphasize that an

important limitation of the empirical analysis of this paper is the small number

of countries for which I have the necessary data: here 15, and in total 18 in the

analysis of the ESS below. This has the implication of making the second-step

regressions very sensitive to the behaviour of individual observations, meriting

caution when looking at the results. Moreover, whilst excluding outlying ob-

servations is useful for exploring general patterns and trends, I am aware that

this comes at the cost of making the analysis preliminary in nature. For these

reasons, the analysis developed here should be read as a first and exploratory

test, not as a final one, leaving more work to be done in subsequent research.
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Turning to the results in Table 4, Model 1 includes all countries for which

I have data. Since the second-step models have a linear structure, with the

logit coefficient of fear of crime form the first-step modelled as a function of

the macro-variables, the coefficients in Table 4 give the marginal effect of the

independent variables on β̂crime. Although the effect of ethnic fractionalization

is now in the right direction, it remains just marginally different from zero.

This means that the level of population heterogeneity has no certain effect on

the relationship between fear of crime and support for redistribution, implying

that Hypothesis 2 and 3 do not receive support from the results of Model 1.

Model 2 and Model 3 estimate the same model but exclude the countries with

the highest scores on the fractionalization variable. Model 2 excludes Belgium

and Spain, with fractionalization scores of 5.7 and 5.0 respectively (compared to

the second-step sample median of 1.28), and Model 3 also eliminates the United

Kingdom, with a score of 3.2 (the third highest in the sample). Excluding these

countries greatly increases the significance of the results, as well as the estimated

magnitude of the effect of population heterogeneity on the coefficient for fear

of crime. In Model 2, the effect of fractionalization remains insignificant, but

has the correct sign, and increases about six times in size. When the UK is

excluded in Model 3, by contrast, the effect of ethnic fractionalization becomes

both highly significant at the 99% confidence level, and is estimated to be more

than twice as large as in Model 2. This suggests that as the level of population

heterogeneity increases, the association between fear of crime and support for

redistribution weakens.

These results provide mixed evidence for Hypothesis 2 and 3. On the one

hand, ethnic fractionalization has no significant effect on the coefficient for fear

of crime when estimated on the full set of 15 countries, or when just the two most

obvious outliers — Belgium and Spain — are excluded from the sample. On the

other hand, the estimated effect is both highly significant and in the theorized

direction when the sample is limited to exclude all of Belgium, Spain, and the

UK, as the three countries with the highest levels of ethnic fractionalization.
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Table 4: Second-step results for redistribution

Model 1 Model 2a Model 3b

Ethnic fractionalization -0.0192 -0.116 -0.343***
(0.0375) (0.0849) (0.0857)

Public social expenditure 0.0128 0.0194 0.0544***
(0.0217) (0.0214) (0.0128)

GDP per capita -0.315 -0.314 -0.232*
(0.228) (0.184) (0.122)

Unemployment rate -0.0706* -0.0791** -0.0659**
(0.0340) (0.0319) (0.0234)

Federalism 0.431** 0.311** 0.145
(0.183) (0.132) (0.102)

Constant 1.138 1.191 0.273
(0.926) (0.778) (0.531)

Countries 15 13 12

Adjusted-R2 0.269 0.355 0.717

a: Excludes Belgium and Spain. b: Excludes Belgium, Spain, and the UK.

FGLS Estimated Dependent Variable regressions with Borjas-weights.

DV: β̂crime from first-step regressions (see Figure 7).

Standard errors in parentheses.

Two-tailed significance tests: *** p<0.01, ** p<0.05, * p<0.1
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In order to address the question of whether this stems from purely statistical

reasons or from some more substantive problem, it is necessary to examine

further data beyond what I currently have available. To do so, however, forms

a natural continuation of this paper’s analysis.

Keeping the preliminary nature of this analysis in mind, it is useful to recall

the interactive structure of my argument and empirical analysis when inter-

preting the significant results from Model 3 above: the second-step regressions

model the first-step coefficient on fear of crime as a linear function of the macro-

variables. To illustrate the meaning of the second-step results in individual-level

terms, therefore, it is possible to ‘back-track’ the two-step analysis by substi-

tuting predicted values of β̂crime from the second-step into the first-step model,

and use this to calculate the micro-level meaning of the macro-level results.

To do so, I first use the significant results from Model 3 to calculate predicted

values of β̂crime as a function of ethnic fractionalization, keeping the other co-

variates in the model constant at representative values (the mean for the contin-

uous variables, and the median for the federalism dummy). Second, I estimate

a new individual-level logit model identical in specification to the first-step re-

gressions, on respondents from the twelve countries on which Model 3 is based,

but substitute the estimated coefficient for fear of crime with the predictions

of β̂crime from the second-step. Finally, setting the remaining individual-level

variables to their means (if continuous) or median (if categorical), I use this

model to derive probabilities illustrating how the relationship between fear of

crime and support for redistribution varies with the level of fractionalization.

Figure 8 plots the probabilities derived using this method. It should be

emphasized that this is for illustration only, since Stata does not allow me to

calculate uncertainty estimates for the predictions. Yet, it is useful for convey-

ing the meaning of my argument in substantively interesting terms. The solid

line gives the probability of supporting redistribution for an individual who is

not concerned about crime. Given that fractionalization only affects the asso-

ciation between fear of crime and support for redistribution in the model, this
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probability is constant, at about 76%. The dashed line, in turn, plots the prob-

ability of supporting redistribution for an identical individual from an identical

country but who is concerned about crime. The negative slope of the line points

to a central part of what my argument is about: population heterogeneity has

a moderating effect on the association between fear of crime and support for

redistribution. With both the macro- and micro-level covariates kept at repre-

sentative levels, moreover, the probabilities show how the results derived above

imply not only that the effect of fear of crime declines with the level of popula-

tion heterogeneity, but also that the effect even turns negative at high levels of

fractionalization. Again, whilst this implication should be taken with a pinch

of salt, the probabilities in shown in Figure 8 nevertheless make one thing clear:

the claim that population heterogeneity matters for the association between fear

of crime and support for redistribution is highly plausible.

Figure 8: Predicted probabilities of supporting redistribution
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4.4 Policing

To test the other side of my argument — about policing and punishment — I

perform a similar two-step analysis. As discussed above, the dependent variable

used below is coded 1 if a respondent believes that ‘better policing would reduce

crime’, and thus measures respondents’ perception of the relative efficiency of

policing as a means to reduce crime. Although this comes with the drawback

of making comparison with the results for redistribution less straightforward, it

also comes with the benefit of allowing me to tap more directly into my theorized

causal mechanism linking population heterogeneity to preferences for redistribu-

tion and policing, as perceptions of their relative efficiency as alternative means

to deal with crime. Given this, I take it that this choice of variable is justified.

Figure 9 plots the estimated coefficients on fear of crime from the first-

step, and the linear prediction from a bivariate regression of the coefficients on

the index of ethnic fractionalization. The solid line is estimated on the entire

Figure 9: Estimated coefficients from first-step regressions
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sample, whilst the dashed line plots the association when estimated on a sample

that excludes Belgium, Spain, and the UK, as apparent outliers. Although not

perfect, the results are in the general direction implied by my argument. The

linear prediction is positive in both cases (β = 0.08, p < 0.10, and β = 0.39, p <

0.01, respectively), implying that the coefficient on fear of crime increases with

the level of ethnic fractionalization: in other words, fear of crime is more strongly

linked to the belief that better policing would reduce crime when the level of

population heterogeneity is high compared to when it is low.

Table 5 presents the results of the more systematic second-step analysis. I

estimate three models on different samples of countries, following on from the

discussion above: Model 1 includes all 15 countries for which I have data; Model

2 excludes Belgium and Spain, as the two most heterogeneous countries; and

Model 3 also excludes the UK, with the third highest level of fractionalization.

The results in Table 5 are in line with my theoretical expectations. The

estimated effect of ethnic fractionalization is positive and statistically significant

in all three models (at the 99% level in Model 1 and Model 3, and at the 90% level

in Model 2), suggesting that as the level of population heterogeneity increases,

individuals who are concerned about crime become more likely to think that

better policing would be an efficient means to reduce crime. In theoretical

terms, these results thus lend support the claim that population heterogeneity

matters for the perceived efficiency of alternative crime prevention strategies:

the higher the level of heterogeneity, amongst those concerned about crime, the

more widespread the idea that more policing offers a solution.

To illustrate the substantive implications of this result, I follow the same

procedure as in the analysis of redistribution preferences. I first use Model 3 in

Table 5 to calculate predicted values of β̂crime as a function of ethnic fraction-

alization, holding the other variables in the model constant at representative

values (again, at the mean for continuous variables, and at the median for cat-

egorical variables). Second, I estimate a pooled cross-national logit model with

the same specification as the first-step regressions, restricting the sample to re-
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Table 5: Second-step results for policing

Model 1 Model 2a Model 3b

Ethnic fractionalization 0.108*** 0.128* 0.253***
(0.0295) (0.0669) (0.0797)

Public social expenditure 0.0818*** 0.0839*** 0.0614**
(0.0131) (0.0176) (0.0226)

GDP per capita -0.421*** -0.434*** -0.450***
(0.132) (0.139) (0.137)

Unemployment rate -0.0479 -0.0542 -0.0587
(0.0317) (0.0377) (0.0399)

Federalism -0.0879 -0.0703 0.0170
(0.114) (0.137) (0.149)

Constant 0.236 0.238 0.721
(0.549) (0.599) (0.691)

Countries 15 13 12

Adjusted-R2 0.638 0.612 0.627

a: Excludes Belgium and Spain. b: Excludes Belgium, Spain, and the UK.

FGLS Estimated Dependent Variable regressions with Borjas-weights.

DV: β̂crime from first-step regressions (see Figure 9).

Standard errors in parentheses.

Two-tailed significance tests: *** p<0.01, ** p<0.05, * p<0.1
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Figure 10: Probabilities of agreeing that ‘better policing would reduce crime’
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spondents from the countries included in Model 3, and finally substitute the

estimated coefficient on fear of crime with the second-step predictions.

The resulting probabilities are in shown in Figure 10. The solid line repre-

sents the probability of supporting more policing for an individual not concerned

about crime, and the dashed line gives the probabilities for someone with the

same characteristics but who is concerned about crime. Again, the probabilities

in Figure 10 nicely illustrate a central point of my theoretical logic: amongst

those concerned about crime, the probability of thinking that better policing

would be a useful means for reducing crime increases with the level of ethnic

fractionalization. In this setup, moreover, whereas fear of crime always has a

positive impact on views about policing efficacy, the magnitude of this effect

increases considerably as the population grows more heterogeneous. To that

end, whilst no firm conclusions can (or should) be drawn from this analysis,

these results lend initial support for the policing side of my argument.
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5 Analysis: European Social Survey

Given the ambiguity of the above results with respect to my expectations about

redistribution preferences, I proceed re-examine Hypothesis 1 through 3 using

the 2010 European Social Survey. Moreover, given that the ESS has been used

extensively in the previous literature on redistribution preferences, employing it

is further useful for making my results more readily comparable to those of oth-

ers. Limiting the scope of the analysis to OECD countries, the sample includes

respondents from Belgium, Switzerland, the Czech Republic, Germany, Den-

mark, Spain, Finland, France, the United Kingdom, Greece, Hungary, Ireland,

Israel, the Netherlands, Norway, Poland, Sweden, and Slovenia.

5.1 Variables

Dependent variable: Redistribution preferences

To measure redistribution preferences, and in line with other authors using the

ESS for similar purposes (Rueda and Stegmueller, 2014; Rueda, 2014; Finser-

aas, 2008; Rehm, 2009, 2007; Cusack, Iversen, and Rehm, 2006; Stegmueller,

Scheepers, Rossteutscher, and de Jong, 2012; Jaeger, 2006, amongst many oth-

ers), I use an item asking respondents if they ‘strongly agree’, ‘agree’, ‘neither

agree nor disagree’, ‘disagree’, or ‘strongly disagree’ with the statement that

‘the government should reduce differences in income levels’. For simplicity, I

have transformed this into a binary variable with responses in the ‘strongly

agree’ and ‘agree’ categories coded as 1, and all other non-missing responses

as 0. Descriptive statistics for this and the other individual-level variables are

provided in Table 6.

Fear of crime

To capture concerns about crime, I use an item that is virtually identical to that

included in the Eurobarometer 58.0, and used in the empirical analysis above.

This item asks ‘how safe do you – or would you – feel walking alone in this area

after dark’, and records responses on a four-point Linkert-scale from ‘very safe’,
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Table 6: Descriptive statistics

European Social Survey, Round 5 (2010)

Substantive variables Description µ or % σ

Redistribution preferences 1 = Supports redistribution 71.6% –

0 = Does not support redistribution

Fear of crime 1 = Feel unsafe/very unsafe 21.3% –

0 = Feel safe/very safe

Relative income In 10,000 2010 PPP-adjusted USD 0 3.688

(See main text for details)

Controls Description

Age Respondent’s age in years 47.5 18.7

Female 1 = Female 52.3% –

0 = Male

Education Years of completed full-time education 12.0 3.5

Unemployment 1 = Unemployed 7.3% –

0 = Not unemployed

Union member 1 = Union member 19.1% –

0 = Not a union member

Labour market status 1 = Participates in the labour market 89.8% –

0 = Out of the labour market
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through ‘safe’ and ‘unsafe’, to ‘very unsafe’. To simplify interpretation, I convert

this into a binary variable with ‘very unsafe’ and ‘unsafe’ responses coded as 1,

and ‘safe’ and ‘very safe’ responses as 0. For a more detailed treatment of the

merits and drawbacks of this item in the context of my theoretical argument,

see the discussion in Section 4.1 above.

Relative income

I use a similar approach to that described for the Eurobarometer to derive a

measure of relative income, as the difference between a respondent’s income and

the mean income in the country in which he or she resides. Starting with the

2008 wave of the ESS, income is measured in ten non-equal bands (roughly) cor-

responding to the deciles in each country-specific income distribution. To con-

struct the relative income variable, I (i) transform each category to its midpoint,

(ii) use the formula from Hout (2004) to derive a midpoint for the open-ended

top category, (iii) centre all observations on their respective country-means, and

(iv) convert all figures to 10,000s 2010 PPP-adjusted US dollars, using conver-

sion rates from the OECD. Again, this implies that the relative income variable

measures the difference, in real terms, between a respondent’s income and the

country-mean income, with negative values denoting incomes below the mean,

and positive values incomes above the mean.

Individual-level controls

In addition to the substantive variables of interest, I include a battery of stan-

dard control variables on the individual-level: age (respondents age in years),

education (dummy for having attended tertiary education), gender (dummy

for being female), unemployment (dummy for being unemployed), labour force

membership (dummy for being in the labour force), and union membership

(dummy for being a union member).
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5.2 Redistribution

As for the Eurobarometer, I proceed with the analysis of the ESS in two parts:

first, I look at the individual-level determinants of redistribution preferences to

test the expectation about a negative relative income effect (Hypothesis 1), and

second, in what forms the main part of the analysis, I use a two-step strategy to

estimate the effect of population heterogeneity on the association between fear

of crime and support for redistribution (Hypothesis 2 and 3).

5.2.1 Relative income

Thus, I begin the analysis of the ESS data by assessing the expectation that rel-

ative income is an important negative determinant of support for redistribution

on the individual-level. I follow a similar procedure as for the Eurobarometer

data: I estimate individual-level logit models with support for redistribution as

the dependent variable, with relative income together with fear of crime and

the battery of individual-level controls on the right hand side, and use Huber-

White robust standard errors clustered by country to account within-country

error correlations.

The results of the estimated models are reported in Table 7. Model 1 (with-

out controls) and 2 (with controls) are based on the full sample of respondents

from 18 countries, whilst Model 3 (without controls) and Model 4 (with controls)

are estimated on a restricted sample with former Soviet countries excluded.

Overall, the results are very similar to those derived using the Eurobarometer

data, and hence in line with my expectation that relative income is a signifi-

cant negative predictor of support for redistribution. Although the magnitude

of the estimated effect of relative income differs somewhat between the two full

models, with the effect being larger in Model 2 where the set of post-communist

countries are included, it is highly statistically significant (at the 99% level) and

has the correct (negative) sign in all specifications. This means that as relative

income increases, the probability of supporting redistribution declines.
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Table 7: Individual-level determinants of redistribution preferences

Model 1 Model 2 Model 3a Model 4a

Relative income -0.0753*** -0.0611*** -0.0699*** -0.0581***
(0.00891) (0.00884) (0.00863) (0.00900)

Fear of crime – 0.215** – 0.247***
(0.0881) (0.0918)

Age – 0.00608*** – 0.00546***
(0.00179) (0.00211)

Education – -0.0408*** – -0.0318***
(0.00896) (0.00850)

Female – 0.187*** – 0.173***
(0.0382) (0.0433)

Unemployed – 0.263** – 0.199*
(0.124) (0.119)

In labour force – 0.159 – 0.183
(0.0998) (0.115)

Union member – -0.105 – -0.0693
(0.179) (0.185)

Constant 0.940*** 1.006*** 0.851*** 0.833***
(0.137) (0.194) (0.149) (0.217)

Countries 18 18 14 14

Observations 28,411 27,809 22,435 22,061

BIC 33,406 32,421 27,089 26,456

a: Excludes former Soviet countries.

Logit regressions.

DV: Support for redistribution.

Reported numbers are logit coefficients.

Huber-White robust standard errors clustered by country in parentheses.

Two-tailed significance tests: *** p<0.01, ** p<0.05, * p<0.1
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To illustrate this effect, I use the results from Model 4 in Table 7 to calculate

average predicted probabilities of supporting redistribution for different levels

of relative income, as shown in Figure 11. The dashed lines give 95% confidence

intervals for the predictions. The pattern is clear: when relative income goes up,

the probability of supporting redistribution goes down. At the 5th percentile in

the sample income distribution (corresponding to an income of 34,600 2010 PPP-

Adjusted USD per year below the country-mean), the probability of supporting

redistribution is 74.1%. At the median income, at about 7,500 USD below the

mean, the corresponding probability is 71.0%, and at the mean it is about 70%.

Parallel to the results from the Eurobarometer, support for redistribution then

declines rapidly towards the right tail of the income distribution: at the 90th

percentile (21,000 USD above the mean) it falls to 67%, at the 95th percentile

(94,800 USD above the mean) it is 57%, and at the 99th percentile it is 49.9%.

Again, therefore, the argument that relative income is an important determinant

of redistribution preferences is clearly supported by this paper’s analysis.

Figure 11: Average predicted probabilities of supporting redistribution
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5.2.2 Fear of crime and population heterogeneity

With this result in hand, I turn to the empirical analysis of the main argument of

this paper: that the effect of fear of crime on support for redistribution declines

with the level of population heterogeneity. I use the same two-step strategy as

for the Eurobarometer, the main features of which should now be familiar.

Figure 12 plots the estimated coefficients from the set of first-step logit re-

gressions against the ethnic fractionalization variable, together with the bivari-

ate association between the two. Again, these initial results neither contradict

nor provide any particular support for my theoretical argument. Whilst there

is what appears to be a negative linear trend amongst the observations in the

lower half of the fractionalization variable, this does not hold true for the set of

observations with very high fractionalization scores. The bivariate association

is further essentially zero, indicating no association between ethnic fractional-

ization and the individual-level coefficient on fear of crime.

Figure 12: Estimated coefficients from first-step regressions
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To explore these patterns more systematically, Table 8 reports the results

of the second-step multivariate analysis. I report the results of four models,

estimated on different macro-level samples. Model 1 includes all 18 countries

for which I have the prerequisite data. The effect of fear of crime is negative

— in line with my expectations — but not statistically significant. Model 2, in

turn, excludes the four former Soviet countries (the Czech Republic, Slovenia,

Hungary, and Poland) that are now members of the OECD. Given that there is

reason to expect these countries to differ from the remaining and predominantly

West European countries included in the sample on a number of variables with

consequences for redistribution preferences (Corneo and Gruner, 2002), there is

a theoretical rationale for leaving them out. In line with this reasoning, doing so

both increases the magnitude of the negative effect of ethnic fractionalization,

as well as boosts its significance to within the 95% level.

Model 3 additionally excludes Israel, which given both its history of large-

scale immigration of Jews from different ethnic and national backgrounds, and

the contemporary division between Israeli Jews and Israeli Arabs, there is reason

to believe stands out as a special case in my analysis. As expected, therefore,

leaving Israel out further increases the magnitude as well the significance of the

estimated effect of ethnic fractionalization. Model 4, finally, parallels Model 3

in Table 4 by further excluding the countries with the highest scores on the

fractionalization variable: in this case Belgium, Spain, and Switzerland. In line

with the results from the Eurobarometer, this again has the effect of further

increasing the magnitude of the negative effect of fractionalization on β̂crime.

I follow the same procedure as in the above for illustrating the individual-

level implications of these results. First, I use Model 4 in Table 8 to derive

predicted values of β̂crime for different levels of ethnic fractionalization. Sec-

ond, I substitute these predictions into an individual-level logit model with the

same specification as the first-step regressions estimated on respondents from

the countries included in Model 4, and finally use this model to calculate prob-

abilities (keeping all covariates on either level at their mean or median).
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Table 8: Second-step results for redistribution

Model 1 Model 2a Model 3b Model 4c

Ethnic fractionalization -0.0350 -0.0546** -0.0788*** -0.164***
(0.0291) (0.0252) (0.0221) (0.0367)

Public social expenditure -0.00676 -0.00414 0.0071 0.0130
(0.00989) (0.0110) (0.0142) (0.0153)

GDP per capita -0.0914 -0.0609 0.0120 0.00643
(0.0666) (0.0538) (0.0557) (0.0740)

Unemployment rate -0.0214** -0.0164 -0.0083 -0.0116
(0.0101) (0.00970) (0.0101) (0.0170)

Federalism 0.227 0.282* 0.361*** 0.371***
(0.149) (0.141) (0.110) (0.0867)

Constant 0.791* 0.595 0.0066 0.0141
(0.447) (0.438) (0.551) (0.582)

Countries 18 14 13 10

Adjusted-R2 0.087 0.188 0.249 0.330

a: Excludes former Soviet countries. b: Excludes former Soviet countries and Israel.

c: Excludes former Soviet countries, Israel, Belgium, Spain, and Switzerland.

FGLS Estimated Dependent Variable regressions with Borjas-weights.

DV: β̂crime from first-step regressions (see Figure 12).

Standard errors in parentheses.

Two-tailed significance tests: *** p<0.01, ** p<0.05, * p<0.1
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Figure 13 plots the resulting probabilities. The solid line gives the proba-

bility of supporting redistribution for an individual not concerned about crime,

and the dashed line the probabilities for an individual who is concerned about

crime. The negative slope of the dashed line illustrates a key point: the effect of

fear of crime on support for redistribution declines with the level of population

heterogeneity. With the other covariates set to representative levels, moreover,

the probabilities again show how the results imply that fear of crime has di-

vergent effects on redistribution preferences in different contexts. When the

level of population heterogeneity is low, the probability of supporting redistri-

bution is higher for those concerned about crime than for those not concerned

about crime, in line with the logic of my argument. At high levels of hetero-

geneity, however, the opposite holds true: individuals who are not concerned

about crime are more — not less — likely than those who are concerned about

crime of agreeing that the government should reduce differences in income levels.

Overall, these results thus closely parallel those from the Eurobarometer.

Figure 13: Predicted probabilities of supporting redistribution
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6 Conclusion

To conclude this paper, it is useful to outline the substantive relevance of my

theoretical argument and preliminary results, as well as to emphasize their impli-

cations for further research. The main thrust of this paper is as straightforward

as it is important: inequality has differential effects on demand for redistribu-

tion depending on the level of population heterogeneity. In high contexts of low

ethnic heterogeneity, I have argued that more inequality leads to more support

for redistribution, because redistribution is seen to offer a way of reducing con-

cern about crime. When the level of population heterogeneity is high, on the

other hand, inequality has no such effect: instead of leading to more support for

redistribution, fear of crime generates increased support for more policing and

harsher punishments. This context-dependent effect of inequality on support

for redistribution, through the externality mechanism of fear of crime, is the

main take-home message of this paper. Moreover, although the empirical anal-

ysis developed above only preliminary, it has shown that there are good reasons

for thinking both that these expectations are empirically valid, and that their

substantive implication is considerable.

These findings are interesting in at least two important respects. First, they

offer a new way of thinking about the conventional wisdom that more hetero-

geneity is associated with less redistribution. In the previous literature, argu-

ments about heterogeneity have generally taken one of two alternative forms. On

the one hand, Alesina and Glaeser (2004), Luttmer (2001), Shayo (2009), and

others, have suggested that heterogeneity matters because it decreases support

for redistribution amongst the poor, who may refuse to support redistribution

when it would also benefit members of groups other than their own; others, in-

cluding Rueda (2014), Lupu and Pontusson, and Gilens (1999), have emphasized

how heterogeneity amongst the poor makes the non-poor less willing to support

redistribution. My argument offers novel alternative to these well-known claims.

Second, in emphasizing externalities of inequality as a key mechanism linking
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inequality to demand for redistribution, the argument of this paper directs atten-

tion to an important logic that has hitherto been largely overlooked by previous

authors. If externalities of inequality exert an important influence on demand

for redistribution, and if this effect varies with the social and political context, it

follows that a better understanding of this mechanism may help to explain the

unresolved puzzle of why the relationship between inequality and redistribution

is what it is (or is not).

Looking ahead, future research can expand on the argument and findings of

this paper in three separate directions. First, the preliminary empirical analysis

of this paper should be supplemented by one that allows for a stricter and more

systematic empirical test of my argument. To do so, it should rely on data with

a wider scope than that used above, as well test my theorized individual-level

mechanism linking heterogeneity to preferences more explicitly, preferably using

an experimental setup. Second, whilst this paper has dealt with the ‘demand-

side’ of redistribution, it has not considered its ‘supply-side’, as the question

of how preferences are aggregated and translate into actual political behaviour.

Hence, developing my theoretical model to incorporate an aggregation mecha-

nism is a natural continuation of the work begun here. Third, and relatedly,

an interesting issue concerns the extent to which political parties themselves

can be thought to influence the trade-off between redistribution and policing

as alternative means to deal with crime. In a European context, a common

observation is that extreme- and populist-right parties often emphasize a link

between heterogeneity and crime in their political rhetoric. It is not implausible

to expect, therefore, that such parties may have an important influence on the

extent to which fear of crime comes to be associated with support either for

policing/punishment or for redistribution. These are interesting points, which

I look forward to exploring in future DPhil work.
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